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Summary
Visual neuroscience has long sought to determine the
extent to which stimulus-evoked activity in visual cortex depends on attention and awareness. Some influential theories of consciousness maintain that the
allocation of attention is restricted to conscious representations [1, 2]. However, in the load theory of attention [3], competition between task-relevant and taskirrelevant stimuli for limited-capacity attention does
not depend on conscious perception of the irrelevant
stimuli. The critical test is whether the level of attentional load in a relevant task would determine unconscious neural processing of invisible stimuli. Human
participants were scanned with high-field fMRI while
they performed a foveal task of low or high attentional
load. Irrelevant, invisible monocular stimuli were simultaneously presented peripherally and were continuously suppressed by a flashing mask in the other eye
[4]. Attentional load in the foveal task strongly modulated retinotopic activity evoked in primary visual cortex (V1) by the invisible stimuli. Contrary to traditional
views [1, 2, 5, 6], we found that availability of attentional capacity determines neural representations
related to unconscious processing of continuously
suppressed stimuli in human primary visual cortex.
Spillover of attention to cortical representations of invisible stimuli (under low load) cannot be a sufficient
condition for their awareness.
Results and Discussion
Participants viewed a central letter stream presented
binocularly at fixation and performed tasks of either
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low (monitoring for a single pop-out feature) or high
(monitoring for ‘‘conjunctions’’ of letter shape and color
features) attentional load in separate 20 s blocks (see Experimental Procedures and Figure 1B). During task performance, low-contrast tool images were presented continuously to one eye in two of the four visual quadrants
(either on the 45 or 135 diagonal throughout a block)
while high-contrast, rapidly changing masks were presented to the other eye in all four quadrants (Figure 1A).
This configuration produces prolonged continuous flash
suppression (CFS) and resultant invisibility of the monocular images [4, 7]. The strength of the tool images
was chosen per participant for both load conditions on
the basis of a prescanning session that established the
stimulus contrast that generated chance performance
in the low-load condition (see Experimental Procedures).
We established the invisibility of the tool stimuli during
scanning by requiring participants to make two-alternative forced choices as to which diagonal had the tool
images at the end of each 20 s block. Performance
was consistently indistinguishable from the chance level
in both load conditions (Figure 2A). Note that here we
use a strict criterion for establishing invisibility. Because
the tool images were displayed in the same locations
throughout each block, correct detection could be
made even if participants momentarily detected a fragment of the hidden objects.
Load manipulation at fixation was effective; reaction
times were significantly longer in the high- (versus low-)
load conditions (Figure 2B). We proceeded to analyze
the fMRI data to determine whether load manipulation
affected processing of the task-irrelevant invisible tool
stimuli. First, we identified voxels corresponding to the
retinotopic location of the quadrants in early visual cortex (V1, V2, and V3) by using a quadrant localizer (see
Experimental Procedures; see also Figure S1 in the
Supplemental Data available online). Then for each
quadrant in each participant, we selected the subset
of voxels whose activity reflected the retinotopic representation of the invisible tool images by comparing
those blocks in which an invisible stimulus (plus CFS
mask) was present in a particular quadrant with those
in which only the CFS mask was present (in which
case the invisible stimuli were on the opposite diagonal;
see Experimental Procedures). Note that in this way the
voxel-selection contrast is independent of and orthogonal to the load conditions.
Responses to the presence (versus absence) of the
invisible objects in retinotopic V1 were significantly reduced under high load in the central task (Figure 2C;
one-tailed paired t test, t(6) = 5.834; p < 0.001). The
same analyses for V2 and V3 showed similar trends,
but these did not reach statistical significance (for V2,
t(6) = 1.319 and p = 0.12; for V3, t(6) = 1.774 and p =
0.063; one-tailed paired t test; see Figure S2). These
findings clearly demonstrate that even subliminal retinotopic activity evoked by invisible stimuli in human
primary visual cortex depends on attentional capacity.
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Figure 1. Stimulus Configuration Used in the
Experiment
(A) A continuous central RSVP task was combined with presentation of invisible, taskirrelevant stimuli in the periphery. While
a subject wore red-blue anaglyph glasses,
the nondominant eye was presented with
low-contrast red line drawings of two objects
in two of the four visual-field quadrants along
the 45 or 135 diagonal. The dominant eye
was presented with four highly salient, highcontrast, and rapidly changing blue masks,
one in each of the four quadrants.
(B) Rapid serial visual presentation (RSVP)
task at the fovea. Depending on task instruction, the same pseudorandom stream of
colored letters served as both the low-load
(detection of ‘‘pop out’’ target letter ‘T’ irrespective of its color) and high-load (detection
of specific ‘‘conjunctions’’ of letter form and
color, i.e., white N and blue Z) tasks.

Because the invisible stimuli were presented in two of
the four quadrants and were clearly separated from the
foveal representation of the fixated letters in the attentional task, we could ascertain that the attentional modulations found were specific to representations of the
suppressed images (rather than foveal representations
of the central task stimuli). Moreover, because we
have shown that attentional load modulates V1 response associated with the presence (versus absence)
of the invisible stimulus (namely, an interaction between
load and V1 response to the invisible stimulus), the results clearly show specific effects of load on the neural
processing of the invisible stimuli.
Furthermore, within the same voxels that responded
to the presence of invisible stimuli, BOLD responses elicited by the CFS mask alone (i.e., in the quadrants with
no suppressed stimulus) were not significantly affected
by load (p > 0.40 for V1, V2, and V3; see Figure S3). This
provides further confirmation that the load modulation
observed was specific to the neural representations of
the suppressed stimuli.
Thus, our new findings clearly demonstrate that the
effects of attentional load are not confined to neural representations that have reached conscious awareness
and extend load theory to the case of neural V1 processing that does not invoke conscious perception. Previous
behavioral results are inconclusive with regard to the
role of attentional load in unconscious perception. Unconscious priming effects can be eliminated with tasks
of high attentional load [8, 9] as long as the prime stimulus is uncued [9]. However, because priming effects
are measured via the influence of certain stimulusresponse associations on reaction times, these effects
may reflect the impact of attention on the strength of

motor-response associations for unconscious stimuli
(see [10–12] for recent evidence for this account). As
such, these studies remain inconclusive with regard to
the question of whether attentional load determines
early unconscious perceptual representations such as
those mediated by retinotopic V1 activity (as here).
Previous functional-imaging studies have shown that
high perceptual load in a task modulates activity related
to task-irrelevant stimuli in primary visual cortex [13, 14].
However, it is controversial whether V1 activity reflects
unconscious [15, 16] or conscious perception [17–19].
Indeed, some have even claimed that V1 activity related
to feedback from extrastriate cortices serves as the
arbiter of conscious awareness [20]. The present findings are the first to show that neural processes involved
in the retinotopic registration of stimulus presence in V1
depend on availability of attentional capacity, even when
they do not invoke any conscious experience. These
findings challenge previous suggestions that attention
and awareness are one and the same [5, 6] or that attention acts as the gate-keeper to awareness [1, 2]. Importantly, our new findings that the level of attentional load
in a central task determines retinotopic V1 responses
to invisible stimuli clarify both that unconscious processing depends on attentional capacity (which is reduced in
conditions of high load) and that availability of attentional
capacity for stimulus processing (in the low load conditions) cannot be a sufficient condition for awareness.
Experimental Procedures
Participants
Seven healthy volunteers (four female; mean age of 26.5 years; range
of 22–34 years) gave written informed consent to participate in the
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Figure 2. Experimental Results
(A) In both load conditions, localization of the
tool images occurred at the level of chance
(50%; one-sample t test; p = 0.919 and
0.737 for low and high loads, respectively).
Individual analyses also confirmed that none
of the participants were better than chance.
(B) Reaction time for RSVP target detection
as a function of load. Observers were significantly slower under high-load conditions
(paired t test; t(6) = 5.792; p = 0.001).
(C) Differential V1 BOLD response to invisible
images under high and low loads. The y axis
shows the percent signal change, averaged
over the selected V1 voxels, for suppressedstimulus presence minus absence. Data are
plotted for each participant (lines) as well as
the group means (bars). All error bars indicate
1 standard error of the mean.

experiment, which was approved by the local ethics committee. All
participants were naı̈ve to the purpose of the experiment and had
normal color vision and normal or corrected-to-normal visual acuity.
Foveal Attentional Load Task
A continuous stream of rapid serial visual presentation (RSVP) of letters colored blue or white was displayed at fixation (Figures 1A and
1B). Participants monitored for targets (low-load condition, ‘‘T’’ of
either color; high-load condition, blue ‘‘Z’’ and white ‘‘N’’—but not
the opposite conjunctions of color and letter shape) within a stream
of 20 successive letters randomly chosen from T, N, Z, M, L, K, and W
and randomly colored blue or white (Arial, font size = 25; visual angle:
1 ) and responded by pressing a button. Each letter was presented
for 250 ms followed by a 750 ms blank period. Based on previous
work [14, 21, 22], we reasoned that detecting the target letter ‘T’
(irrespective of its color) involves detecting a single ‘‘pop-out’’ form
feature and requires low levels of attentional demand, whereas monitoring for letters of similar form (N and Z) while also looking for a specific color for each imposes higher levels of attentional load. This
allowed us to use the exact same pseudorandom stream of central
stimuli (reshuffled for each run) for both high and low loads (Figure 1B). Target items in one condition appeared as distracters in
the other condition with the same frequency. Within each block,
2–4 targets were embedded in the sequence so that the number of
detected targets would not lead to predictability.
Invisible Images and Continuous-Flash Suppression
For each block, two line drawings of man-made tools were randomly
chosen from a subset of the Snodgrass-Vanderwart set [23]. When
invisible, objects in this category can evoke measurable fMRI activation in the human dorsal visual stream [7]. Throughout each block,
two such images were displayed in two diagonally opposite quadrants (Figure 1A, left). Blue CFS stimuli were then superimposed
on the four quadrants. CFS stimuli consisted of maximum-contrast,
rapidly flashing (10 Hz), randomly placed geometrical shapes; contours and moving dots alternated with occasional uniform blue
patches covering the whole quadrant. Participants viewed these
composite images with red-blue anaglyph eyeglasses such that
the red images and the blue CFS stimuli were exclusively presented
to the nondominant and dominant eye, respectively. To enhance

sensitivity to invisible objects, we added an additional feature to
the CFS: within each block, the contrast of the invisible objects
fluctuated (with a frequency of approximately 0.2 Hz) between
zero and the participant-specific, subthreshold maximum (see ‘‘Procedure’’ section) so that adaptation was avoided. This provided
frequent (yet still invisible) transient onsets of the suppressed image.
Stimuli with multiple onsets drive the BOLD signal more strongly
than steady stimuli. All visual stimuli were back projected by an
LCD projector (NEC LT158) on a screen that was viewed in a mirror
mounted on the MRI head coil (total display size 26 3 22 of visual
angle, 1024 3 768 pixel screen resolution, 60 Hz refresh rate,
background luminance = 11 Cd/m2). Stimuli were generated with
the Cogent Toolbox (Cogent, www.vislab.ucl.ac.uk/Cogent/) for
MATLAB (Mathworks).
Procedure
Each block started with a blank screen and a fixation point displayed
in the center for 500 ms. The central RSVP and the peripheral CFS
then started simultaneously and were presented for 20 s. During
the block, participants performed the RSVP task. At the end of the
block, a brief (2000 ms) display in which the quadrants along 45
and 135 diagonal were labeled 1 and 2, respectively, appeared.
Subjects reported which diagonal they thought most likely contained the invisible images by pressing one of two keys. The actual
location of the invisible objects was randomized across blocks.
Each experimental run started with task instructions followed by
eight blocks of the same load type; new instructions were then
displayed, and each participant completed another eight blocks,
altogether lasting 572 s. Consecutive blocks were separated by
a 15 s blank display with a fixation point in the center. Each participant completed four to six runs in a counterbalanced order.
Prior to scanning, each observer participated in a short (15 trials
for each load condition) staircase threshold-estimation procedure
outside the scanner. Using an accelerated stochastic approximation
method [24], we obtained a rough estimate of suppressed stimulus
Michelson contrast that enabled around 75% correct localization.
Once inside the scanner, each participant completed 3–5 practice
runs (approximately 30 min altogether) starting with maximumcontrast, clearly visible red images embedded in the CFS so that
the subject became familiarized with the scanner conditions. Then
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contrast was reduced to 67% of the previously estimated threshold
under low load. Performance accuracy was monitored at the end of
each practice run, and contrast was modified to reach the maximum
contrast for which the participant still performed no better than
chance in the 2-AFC localization task. It is worth noting that, except
for the practice run, participants’ subjective reports remained completely unaffected by these modifications, and they reported no
awareness of hidden objects after debriefing.

diagonal). We selected either the peak voxel for this contrast or
the upper twentieth percentile of the most active voxels (yielding,
on average, n = 4.5, 5, and 4.0 voxels/quadrant for V1, V2, and V3,
respectively); results were qualitatively the same (and statistically
significant) for either selection criterion, so for the results presented
here, the latter criterion is used. Note that the voxel selection
process described here is independent of the contrast of interest
between high and low attentional loads.

fMRI Acquisition and Analysis
Data were acquired with a 3T Allegra MRI scanner (Siemens Medical
Systems). For the main experiment, four to six runs of 275 volumes
were collected per participant (32 axial slices; TR = 2.08 s; resolution
3 3 3 3 3 mm). We acquired a T1-weighted volume to allow coregistration of functional data with the individual participants’ structural
scans. In a second session, we collected two runs of 165 volumes
for the same participants for retinotopic mapping and two runs of
160 volumes for quadrant localization. During the retinotopicmapping runs, participants viewed standard checkerboard stimuli
that covered the horizontal and vertical meridians.
We analyzed fMRI data by using SPM2 (http://www.fil.ion.ucl.ac.
uk/spm). We discarded the first five images of each run to allow
for magnetic-saturation effects. The remaining images were realigned, resliced, coregistered to the individual participants’ structural
scans, and spatially smoothed with a narrow Gaussian kernel of
5 mm full-width half-maximum (we smoothed only for the main experiment data). The data were high-pass filtered (the cut-off frequency
was 0.0083 Hz) so that low-frequency signal drifts would be removed, and data were then submitted to a within-participant analysis with a voxel-wise general linear model (GLM) that comprised four
delayed boxcar waveforms for each scanning run so that the mean
activity evoked by each of the four combinations of experimental
conditions as well as the motion correction parameters (as effects
of no interest) could be extracted.
Regions of interest corresponding to early visual cortex (V1, V2,
and V3) were identified for each participant (Figure S1, top panel)
according to conventional meridian mapping methods [25–27];
Fourier analyses in SPM2 and segmentation and cortical flattening
in mrGray (http://white.stanford.edu/wbrian/mri/segmentUnfold.
htm) were used. In order to localize the retinotopic locations corresponding to our CFS stimuli (with or without invisible tool images
presented in the other eye), we used a two-stage procedure. First,
we employed an independent quadrant localizer. Participants maintained fixation while checkerboard patterns were displayed in two of
the four quadrants (Figure S1, middle right and bottom right panels).
Black and white squares within each checkerboard pattern alternated at a frequency of 10 Hz. In each stimulated quadrant, the pattern covered the same area as did the blue CFS stimulus in the main
experiment (Figure 1A). Patterns were displayed either along the 45
(Figure S1, middle right) or the 135 (Figure S1, bottom right) diagonal for blocks of 20 s followed by 20 s of no stimulation. Each
scanning run of 160 volumes consisted of eight blocks (four for
each diagonal), and two runs were collected for each participant.
These data were used for localizing peripheral voxels within each
region of interest. For example, voxels corresponding to the topographic representation of the lower left quadrant (these were clustered in dorsal right V1, V2, and V3) were most responsive to stimuli
aligned to 45 diagonal (Figure S1, middle panel). Conversely, within
the same hemisphere, there were clusters in ventral V1, V2, and V3
that were most responsive to the opposite stimulus geometry (Figure S1, bottom panel). By superimposing statistical parametric
maps extracted from the quadrant localizer on top of regions of
interest (V1, V2, and V3) identified by meridian mapping and selecting the regions of overlap (schematically circumscribed in Figure S1
by dotted ellipses), we identified subregions corresponding to each
quadrant. Having thus identified the retinotopic regions corresponding to the visual-field locations where the CFS stimuli (with or without
invisible monocular tool images) were presented, we then further selected the subset of voxels that responded to invisible tool images.
We achieved this by finding, for each contrast, those voxels for
which activity (assessed via the GLM procedure described above)
was greater in blocks where an invisible tool stimulus was present
in that quadrant than in those blocks where it was not present
(and where the tool stimuli were present instead on the opposite

Supplemental Data
Three supplemental figures are available online at http://www.
current-biology.com/cgi/content/full/17/6/509/DC1/.
Acknowledgments
This research was supported by a Graduate School Research Scholarship (UK) and an Overseas Research Scholarship (UK) to B.B., by
the Wellcome Trust (N.L. and G.R.). We wish to thank Richard
Sylvester and John-Dylan Haynes for their generous help and Luiz
Pessoa and two anonymous reviewers for their constructive
comments.
Received: October 14, 2006
Revised: January 13, 2007
Accepted: January 15, 2007
Published online: March 8, 2007
References
1. Block, N. (1996). How can we find the neural correlate of consciousness? Trends Neurosci. 19, 456–459.
2. Lamme, V.A. (2003). Why visual attention and awareness are
different. Trends Cogn. Sci. 7, 12–18.
3. Lavie, N. (2005). Distracted and confused?: Selective attention
under load. Trends Cogn. Sci. 9, 75–82.
4. Tsuchiya, N., and Koch, C. (2005). Continuous flash suppression
reduces negative afterimages. Nat. Neurosci. 8, 1096–1101.
5. Baars, B.J. (2005). Global workspace theory of consciousness:
Toward a cognitive neuroscience of human experience. Prog.
Brain Res. 150, 45–53.
6. Mandler, G. (2005). The consciousness continuum: From
‘‘qualia’’ to ‘‘free will.’’ Psychol. Res. 69, 330–337.
7. Fang, F., and He, S. (2005). Cortical responses to invisible
objects in the human dorsal and ventral pathways. Nat. Neurosci. 8, 1380–1385.
8. Chun, M.M., and Jiang, Y. (1998). Contextual cueing: Implicit
learning and memory of visual context guides spatial attention.
Cognit. Psychol. 36, 28–71.
9. Naccache, L., Blandin, E., and Dehaene, S. (2002). Unconscious
masked priming depends on temporal attention. Psychol. Sci.
13, 416–424.
10. Dehaene, S., Naccache, L., Le, C.G., Koechlin, E., Mueller, M.,
haene-Lambertz, G., van de Moortele, P.F., and Le, B.D.
(1998). Imaging unconscious semantic priming. Nature 395,
597–600.
11. Kentridge, R.W., Heywood, C.A., and Weiskrantz, L. (2004).
Spatial attention speeds discrimination without awareness in
blindsight. Neuropsychologia 42, 831–835.
12. Sumner, P., Tsai, P.C., Yu, K., and Nachev, P. (2006). Attentional
modulation of sensorimotor processes in the absence of perceptual awareness. Proc. Natl. Acad. Sci. USA 103, 10520–
10525.
13. O’Connor, D.H., Fukui, M.M., Pinsk, M.A., and Kastner, S. (2002).
Attention modulates responses in the human lateral geniculate
nucleus. Nat. Neurosci. 5, 1203–1209.
14. Schwartz, S., Vuilleumier, P., Hutton, C., Maravita, A., Dolan,
R.J., and Driver, J. (2005). Attentional load and sensory competition in human vision: Modulation of fMRI responses by load at
fixation during task-irrelevant stimulation in the peripheral visual
field. Cereb. Cortex 15, 770–786.
15. Crick, F., and Koch, C. (1995). Are we aware of neural activity in
primary visual cortex? Nature 375, 121–123.

Attentional Load Modulates Unconscious Processing
513

16. Haynes, J.D., and Rees, G. (2005). Predicting the orientation of
invisible stimuli from activity in human primary visual cortex.
Nat. Neurosci. 8, 686–691.
17. Pascual-Leone, A., and Walsh, V. (2001). Fast backprojections
from the motion to the primary visual area necessary for visual
awareness. Science 292, 510–512.
18. Ress, D., and Heeger, D.J. (2003). Neuronal correlates of perception in early visual cortex. Nat. Neurosci. 6, 414–420.
19. Super, H., Spekreijse, H., and Lamme, V.A. (2001). Two distinct
modes of sensory processing observed in monkey primary
visual cortex (V1). Nat. Neurosci. 4, 304–310.
20. Silvanto, J., Cowey, A., Lavie, N., and Walsh, V. (2005). Striate
cortex (V1) activity gates awareness of motion. Nat. Neurosci.
8, 143–144.
21. Lavie, N. (1995). Perceptual load as a necessary condition for
selective attention. J. Exp. Psychol. Hum. Percept. Perform.
21, 451–468.
22. Treisman, A., and Gormican, S. (1988). Feature analysis in early
vision: Evidence from search asymmetries. Psychol. Rev. 95,
15–48.
23. Snodgrass, J.G., and Vanderwart, M. (1980). A standardized set
of 260 pictures: Norms for name agreement, image agreement,
familiarity, and visual complexity. J. Exp. Psychol. [Hum. Learn.]
6, 174–215.
24. Kesten, H. (1958). Accelerated stochastic approximation. The
Annals of Mathematical Statistics 29, 41–59.
25. Sereno, M.I., Dale, A.M., Reppas, J.B., Kwong, K.K., Belliveau,
J.W., Brady, T.J., Rosen, B.R., and Tootell, R.B. (1995). Borders
of multiple visual areas in humans revealed by functional magnetic resonance imaging. Science 268, 889–893.
26. Wandell, B.A. (1999). Computational neuroimaging of human
visual cortex. Annu. Rev. Neurosci. 22, 145–173.
27. Wandell, B.A., Chial, S., and Backus, B.T. (2000). Visualization
and measurement of the cortical surface. J. Cogn. Neurosci.
12, 739–752.

