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& Methodology
The model building framework presented in the following diagram is based on well- ReSU ItS and Learn | ngS

established approacheslil.
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system inputs u(t) and the measurable outputs y(t) * imitations on the data available. Tested with respect to a t-distribution
The following tests are considered to check identifiability conditions on the Results interpretation: correlation > 0.99 | [WIth (Naqca — Ng) degrees of freedom.
model parameters: a-priori structural identifiability and a-posteriori for parameters is symptom practical Interpretation: a reliable estimate Is
practical identifiability. [2] Qon-identiﬁabi“ty_ / @ntlfled by Lo, > tref /
« Structural identifiability: differential algebra approach
* Practical identifiability: correlation matrix and analysis of variances in the . . . 4 /~ Correlation matrix

Fisher Information Matrix Variance -

K estimates /

Corr = {r;}

Covariance matrix |™ V..
— l
Vo ={V;;} =H* Tij = V]V
ijj
L] Case study / /
3-0']:|;ref B 7__
/ Foliar uptake of pesticides e I B |
Act O - - - 20-
Oln(zg:\e/zlent g Q% . Many phenom_er_1a |n:\3/olved In the foliar : N -
O Adiuvant o > uptake of p_estludes[ I $15 7
——— Qe . Absorption 1.0
N \ - Diffusion
i INTERFACE o ) 05
- Equilibrium at interfaces |
LEAF TISSUE i
/ - Metabolism 0ot | N e e [ LIA 1 L
- DROP- STORE- DROP- DROP- CUT- TIS-
- VOlatlllty drop-  store-  dorp-  drop-  cut- i ~1.00 STORE DROP  CUT  LOSS TIS LOSS
- Photostability / " wodel parameters model parameters
| © Future works
Data understanding _ _ _ —
_ _ | \ The analyses showed that the model complexity achievable is strongly limited by the
The experimental data are obtained by spraying the formulated product system observability. Future works will include:
(Al + co-formulants) on whole plants. The variability observed in the data . Reformulation of non-identifiable models
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In the dataset used for this study the collected measurements of are * Proceeding with model discrimination and model-based design of experiments
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Tissue extract: the samples are macerated with a solvent
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