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Abstract 

 

Background and Objectives: Multiple biomarkers have been suggested to measure 

neurodegeneration (N) in the AT(N) framework, leading to inconsistencies between studies. We 
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investigated the association of five N biomarkers with clinical progression and cognitive decline in 

individuals with subjective cognitive decline (SCD). 

 

Methods: We included individuals with SCD from the Amsterdam Dementia Cohort and SCIENCe 

project, a longitudinal cohort study (follow-up 4±3y). We used the following N biomarkers: CSF total 

(t)-tau, medial temporal atrophy visual rating on MRI, hippocampal volume (HV), serum 

neurofilament light (NfL) and serum glial fibrillary acidic protein (GFAP). We determined correlations 

between biomarkers. We assessed associations between N biomarkers and clinical progression to 

mild cognitive impairment or dementia (Cox regression), and MMSE over time (linear mixed models). 

Models included age and sex, CSF abeta (A), and CSF p-tau (T) as covariates, in addition to the N 

biomarker. 

 

Result: We included 401 individuals (61±9y, 42%F, MMSE28±2, vascular comorbidities 8-19%). N 

biomarkers were modestly to moderately correlated (range r -0.28 – 0.58). Serum NfL and GFAP 

correlated most strongly (r 0.58, p<0.01). T-tau was strongly correlated with p-tau (r 0.89, p<0.01), 

although these biomarkers supposedly represent separate biomarker groups. All N biomarkers 

individually predicted clinical progression, but only HV, NfL and GFAP added predictive value beyond 

abeta and p-tau (HR 1.52 (95%CI 1.11-2.09); 1.51 (1.05-2.17); 1.50 (1.04-2.15)). T-tau, HV and GFAP 

individually predicted MMSE slope (range beta -0.17 – -0.11, p<0.05), but only HV remained 

associated beyond abeta and p-tau (beta -0.13 (SE 0.04), p<0.05). 

 

Discussion: In cognitively unimpaired elderly, correlations between different N biomarkers were only 

moderate, indicating they reflect different aspects of neurodegeneration and should not be used 

interchangeably. T-tau was strongly associated with p-tau (T), which makes it less desirable to use as 

measure for N. HV, NfL and GFAP predicted clinical progression beyond A and T. Our results do not 
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allow to choose one most suitable biomarker for N, but illustrate the added prognostic value of N 

beyond A and T. 

 

Classification of evidence: This study provides Class II evidence that HV, NfL and GFAP predicted 

clinical progression beyond A and T in individuals with SCD. 
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Introduction 

 

In recent years, there has been a major change in the definition of Alzheimer’s disease (AD). 

Formerly, the core criteria of AD diagnosis were based on clinical symptoms.1 In 2018, a research 

framework has been put forward by the NIA-AA in which every individual is classified based on 

specific biomarkers in the AT(N) classification.2 In this framework, the term ‘Alzheimer’s disease’ 

refers to the presence of abnormal amyloid-beta accumulation and neurofibrillary tau tangles, i.e. 

‘A’, measured by CSF abeta or amyloid PET, and ‘T’, measured by CSF phosphorylated tau (p-tau) or 

tau PET. The AT(N) construct is independent of the cognitive stage of the individual, which makes it 

possible to identify AD in cognitively normal individuals. The ‘N’ in the AT(N) classification represents 

neurodegeneration. Neurodegeneration can have many different causes and is not specific for AD. 

Therefore, neurodegenerative markers are not necessary for the diagnosis, but rather have been 

suggested to provide pathologic staging information and predictive value. Proposed biomarkers of N 

include atrophy on MRI, hypometabolism on fluorodeoxyglucose (FDG) PET or CSF total tau (t-tau).2 

In addition, blood-based biomarkers are now available and have been suggested as non-invasive 

alternative markers for N.2-4  

 

Allowing different biomarkers as indicator of a biomarker group implies that they can be used 

interchangeably and measure the same pathological process. For the A and T biomarker group, this 

assumption holds fairly well, with moderate to high agreement and relatively high correlation 

coefficients between markers within A and T, respectively.5-7 N biomarkers, however, are poorly 

correlated and show inadequate agreement.6,8-11 Furthermore, the fact that N biomarkers are 

suggested to provide staging information implies that individuals with a higher degree of 

neurodegeneration are assumed to deteriorate faster. However, there are only a few studies that 

directly compared different N biomarkers in their association with clinical progression or cognitive 
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decline over time. Most are hampered by small sample sizes, and none have directly compared 

blood-based biomarkers to CSF and imaging biomarkers yet.10,12-15 

 

It is difficult to determine which modality captures ‘neurodegeneration (N)’ most accurately, because 

there is no gold standard available. However, it should capture a different process than the 

accumulation of amyloid-beta (A) or fibrillary tau (T), as otherwise the addition of N would have no 

added value in the AT(N) classification. Furthermore, if different N biomarkers indeed capture the 

same process, correlations between N biomarkers should be higher than correlations between A and 

N, or T and N biomarkers. Finally, as N provides staging information, it should have some clinical 

correlate. In early disease stages especially, it is important to be able to accurately predict future 

deterioration, for both the individuals themselves and clinical trial recruitment, since these could still 

potentially benefit from disease modifying therapies. Therefore, our aims were (1) to compare the 

different N biomarkers CSF total (t)-tau, medial temporal atrophy (MTA) visual rating on MRI, 

hippocampal volume (HV), serum neurofilament light (NfL) and serum glial fibrillary acidic protein 

(GFAP) to each other and to markers of A and T, and (2) to determine their predictive value for 

clinical progression and cognitive decline beyond A and T, in a sample of cognitively normal 

individuals with subjective cognitive decline (SCD).  
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Methods 

 

Study population 

We included 401 individuals with SCD from the Amsterdam Dementia Cohort (ADC) and SCIENCe 

project (Subjective Cognitive Impairment Cohort).16,17 The SCIENCe project is a substudy of ADC and 

prospectively follows individuals with SCD. Individuals were referred to our memory clinic because of 

cognitive complaints by their general physician, a geriatrist or a neurologist, and underwent an 

extensive diagnostic workup, including a physical, neurological and neuropsychological evaluation. In 

a multidisciplinary consensus meeting, all individuals received the label SCD when they performed 

within normal limits on a neuropsychological assessment, and criteria for mild cognitive impairment 

(MCI), dementia, or other neurological or psychiatric diseases that could potentially cause cognitive 

complaints, were not met. At follow-up, diagnoses were re-evaluated as SCD, MCI, AD dementia or 

other types of dementia. Clinical progression was defined as progression from SCD to MCI or 

dementia. Inclusion criteria for the current study were baseline SCD diagnosis, availability of follow-

up information (≥ 2 diagnoses), availability of CSF, and availability of MRI and/or serum biomarkers 

within one year of diagnosis.  

 

MMSE was assessed annually and was used as longitudinal measure of global cognition. Education 

was rated using the Dutch Verhage system.18 

 

Biomarkers 

We used all biomarkers both as continuous and dichotomous measures. We used CSF abeta 

(continuous and dichotomous, abnormal <813 pg/mL) or amyloid PET (dichotomous, visual 

assessment) as biomarker for A. When both amyloid PET and CSF abeta were available, the PET result 

was used. We used CSF p-tau (abnormal >52 pg/mL) as biomarker for T. We compared five different 

N biomarkers: CSF t-tau (abnormal >375 pg/mL), MTA score (abnormal ≥ 1), HV, serum NfL and 
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serum GFAP. We used a cut-off value of ≥ 1 for MTA score instead of age-dependent cut-off values, 

to be consistent with thresholds for the other biomarkers, which are also age-independent.19 For HV, 

NfL and GFAP, no established cut-off values were available. Because of varying rates of N+ in 

literature12,20, we pragmatically took the 75th and 90th percentile for NfL and GFAP, and the 10th and 

25th percentile for HV, which provides the reader with a range of possible effects sizes. Hence, for HV, 

NfL and GFAP, we chose two dichotomous definitions per biomarker. The following describe the 

procedures used to obtain these measures. 

 

A lumbar puncture was performed between the L3/L4, L4/L5 or L5/S1 intervertebral space to obtain 

CSF, which was subsequently collected in polypropylene tubes.21 Levels of abeta1-42, tau 

phosphorylated threonine 181 (p-tau) and total tau were measured using sandwich ELISA’s (Innotest 

beta-amyloid1-42, Innotest PhosphoTAU-181p and Innotest hTAU-Ag).22 CSF abeta levels were corrected 

for the drift that occurred over the years.23 

 

For 79 individuals, amyloid PET was performed using the tracers [18F]Florbetapir (n=13), 

[18F]Florbetaben (n=48), [18F]Flutemetamol (n=7) or [11C]-PIB (Pittsburgh compound-B, n=11). An 

intravenous cannula was used to administer the tracers. The following systems were used to acquire 

the PET scans: Gemini TF PET-CT, Ingenuity TF PET-CT, and Ingenuity PET/MRI (Philips Healthcare, 

Best, The Netherlands). For [18F]Florbetaben24 and [18F]Flutemetamol25 imaging, a static scanning 

protocol was used, for [18F]Florbetapir17 and [11C]PIB imaging26, a dynamic scanning protocol. A 

trained nuclear medicine physician visually rated all scans as ‘positive’ or ‘negative’, according to the 

radiotracer specific product guidelines. 

 

Structural MRI 3D T1-weighted images (n=366 (89%)) were acquired as part of routine patient care 

from nine different systems. The acquisition parameters are described in eText 1. An experienced 

neuroradiologist reviewed all scans. T1-weighted images were used for visual rating of medial 
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temporal lobe atrophy (MTA; range 0-4). Scores for the left and right sides were averaged.27 

Hippocampal volume was estimated using FMRIB Software Library (FSL) FIRST (v5), as described 

previously.28 The FIRST algorithm first registers the 3D T1-weighted images to the Montreal 

Neurological Institute 152 template. Next, it uses a subcortical mask for segmentation based on 

shape models and voxel intensities to obtain hippocampal volumes. Hippocampal volumes were 

normalized for head size using the V-scaling factor from SIENAX29, and left and right sides were 

averaged. All images were visually inspected for registration or segmentation errors. 

 

Non-fasted EDTA serum samples (n=296 (72%)) were obtained through venipuncture and centrifuged 

on average within 2 hours from collection, at 1800g, 10 minutes at room temperature, before 

immediate storage at -80 oC until analysis. Serum GFAP and NfL levels were measured using the 

commercially available SimoaTM GFAP Discovery Kit (Quanterix) and the SimoaTM NF-Light Advantage 

Kit (Quanterix) according to manufacturer’s instructions and with on-board automated sample 

dilution.4 All samples were measured in duplicates with good average intra-assay %CV. 

 

Standard protocol approvals, registrations, and patient consents 

The research is conducted in accordance with ethical consent by VU University and the Helsinki 

Declaration of 1975. For all individuals included in the study, written informed consent was available. 

 

Statistics 

All analyses were performed in R version 4.0.3. We first used all biomarkers as continuous measures 

(abeta, p-tau, t-tau, MTA, HV, NfL and GFAP). Since the AT(N) classification is based on dichotomous 

variables, we repeated all analyses with dichotomized biomarkers (A, T, Nt-tau, NMTA, NHV25, NHV10, 

NNfL75, NNfL90, NGFAP75, NGFAP90). CSF p-tau, t-tau, serum NfL and GFAP were log transformed due to non-

normality. For Cox proportional hazards models and linear mixed models, continuous predictors 
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were transformed to z-scores for comparability of effect sizes, and HV was inverted, so that for all 

variables higher values indicates worse. 

 

We first compared demographic and clinical variables between individuals that remained stable, and 

those that progressed to MCI or dementia during follow-up, using t-test, Mann-Whitney U test and 

chi-square where appropriate. To assess correlations between biomarkers, we used Pearson 

correlation analysis (CSF abeta, p-tau and t-tau, MTA score, HV, and serum NfL and GFAP). We 

additionally used partial correlation to adjust for age and sex. 

 

We then investigated the associations between biomarkers and clinical progression using Cox 

proportional hazards analyses, with progression to MCI or dementia as outcome. We ran four 

different models, with a cumulative number of predictors. We first ran analyses with continuous N 

biomarkers as single predictors (model 1). We then added age and sex as covariates (model 2). Then 

we added CSF abeta as covariate (model 3), and finally, also CSF p-tau (model 4). In models with MTA 

and HV, scanner type was additionally added as covariate. Separate analyses were performed for 

each of the N biomarkers t-tau, MTA, HV, NfL and GFAP. Finally, for exploration purposes, we 

combined multiple N biomarkers in one model, entering all N biomarkers that were significantly 

associated with the outcome in model 4, simultaneously. 

 

Next, we investigated the relationship between the different N biomarkers and MMSE over time 

using linear mixed models. We ran four different models with a cumulative number of covariates, 

similar to the models described for the Cox analyses. We first used the N biomarker, time and N 

biomarker*time as predictors (model 1). Next, we added age and sex as covariates (model 2). To 

account for the putative modifying effect of age and sex on rate of decline, we additionally added the 

interaction terms age*time and sex*time to model 2. Then we added CSF abeta and abeta*time as 

covariates (model 3) and finally, also CSF p-tau and p-tau*time (model 4). In models with MTA and 
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HV, scanner type was additionally added as covariate. We included a random intercept and random 

slope. 

 

We repeated the analyses with dichotomous N biomarkers. We visualized AT(N) distributions for 

different N biomarkers using bar graphs. We ran Cox proportional hazards models similarly to models 

with continuous N biomarkers, except dichotomized N biomarkers were used as predictors, as well as 

dichotomized A and T biomarkers when they were added as covariates in models 3 and 4. We 

visualized the associations between N biomarkers and clinical progression to MCI or dementia using 

Kaplan Meier curves. All analyses were corrected for multiple testing using the false discovery rate 

(FDR). FDR corrected p-values <0.05 were considered significant. 

 

Data availability 

Data used within the article may be shared upon reasonable request. 
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Results 

 

Baseline demographics 

The 401 individuals were on average 61±9 years old, 167(42%) were female, and 153(39%) were 

APOE ε4 carriers (Table 1). At follow-up, 64(16%) individuals progressed to MCI or dementia (29(7%) 

to MCI, 23(6%) to AD dementia and 12(3%) to non-AD dementia). Individuals who progressed to MCI 

or dementia were on average older, had a lower baseline MMSE score and were more often APOE ε4 

carrier. Additionally, they had lower values for abeta, higher values for p-tau, t-tau, MTA, NfL and 

GFAP, and smaller hippocampal volume. 

 

Correlations between N biomarkers 

The different N biomarkers were modestly to moderately correlated (range r -0.28 – 0.58, Figure 2A). 

Serum markers NfL and GFAP correlated most strongly (r 0.58, p <0.01). P-tau and t-tau, representing 

different AT(N) biomarker groups (T and N respectively), were very strongly correlated (r 0.89, p 

<0.01). Overall, the correlation coefficients between the different biomarkers for N were in a similar 

range as the correlation coefficients between the different biomarkers for N on the one hand, and 

biomarkers for A and T on the other hand (r -0.43 – 0.33, excluding the correlation between p-tau 

and t-tau). After adjusting for age and sex, drastically lower coefficients were observed (Figure 2B).  

 

Risk of progression to MCI or dementia 

We investigated the predictive value of the different N biomarkers using Cox proportional hazards 

analyses. The mean follow-up duration was 3.8 years (± 2.8 years). In uncorrected models, t-tau, 

MTA, HV, NfL and GFAP all predicted clinical progression to MCI or dementia (Table 2, model 1). After 

adding covariates in model 2 (age and sex), 3 (abeta, age and sex) and 4 (abeta, p-tau, age and sex), 

hazard ratios were attenuated. Model 4 showed that HV, NfL and GFAP added predictive value to 

abeta and p-tau. T-tau also predicted MCI or dementia in models 1 to 3, but was not entered in 
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model 4 due to collinearity between t-tau and p-tau. In an additional explorative analysis, we added 

the three N markers HV, NfL and GFAP simultaneously in a model in addition to abeta and p-tau, 

since these biomarkers added predictive value in model 4. In this model, only HV remained 

significantly associated with clinical progression to MCI or dementia (HR 1.45 (SE 1.01 – 2.09)). The 

associations for NfL (0.94 (0.56 – 1.59)) and GFAP (1.40 (0.86 – 2.29)) were attenuated (n=258 due to 

varying availability rates for N biomarkers).  

 

Results of the analyses for complete cases only (n=256) were overall similar, although not all 

associations survived FDR correction (eTable 1). 

 

Cognitive decline over time 

We estimated change in MMSE over time using linear mixed models. In total, 1196 MMSE scores of 

399 participants individuals were available, with missing values for two individuals (334 ≥ 2 visits; 

range 1-17, median 3 visits). No associations between any N biomarkers and baseline MMSE scores 

were observed in our sample of cognitively normal elderly. Table 3 shows the results for the 

interaction between the N biomarkers and time, which reflects the effect of each of the N 

biomarkers on MMSE slope. In both uncorrected models (model 1) and models corrected for age and 

sex (model 2), t-tau, HV and GFAP predicted MMSE slope. T-tau and HV also added predictive value 

to abeta (model 3), but only HV added predictive value beyond abeta and p-tau (model 8). Results 

were similar for analyses with complete cases (n=256, eTable 2). 

 

Dichotomous N biomarkers 

The proportion of N+ individuals, and hence the distribution of AT(N) categories, strongly depended 

on the definition of N (Figure 2). Proportions of N+ varied between 10% (NHV10, NNfL90, NGFAP90), and 

25% (NHV25, NNfL75, NGFAP75). For Nt-tau and NMTA, proportions of N+ were about 22%. N+ was more 
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common in A- compared to A+ individuals for NMTA or NHV, and more common in A+ compared to A- 

individuals for NGFAP. For NNfL and Nt-tau, frequencies of N+ were similar between A+ and A-.  

 

Cox proportional hazards analyses using dichotomous N biomarkers to predict clinical progression to 

MCI or dementia provided overall similar results to analyses with continuous biomarkers, for models 

1 and 2 (Table 4). However, only Nt-tau and NHV25 added predictive value to A, and only NHV25 added 

value beyond A and T. Figure 3 visualizes the combined effect of A and N status for each N on risk of 

clinical progression in four-level variables (A-N-, A-N+, A+N-, A+N+). 

 

Classification of evidence 

This study provides Class II evidence that HV, NfL and GFAP predicted clinical progression beyond A 

and T in cognitively unimpaired elderly individuals with SCD. 
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Discussion 

 

In a sample of cognitively normal individuals with SCD, we found modest to moderate correlations 

and low concordance between the N biomarkers t-tau, MTA, HV, NfL and GFAP. N biomarkers HV, 

NfL and GFAP each predicted clinical progression, and had predictive value in addition to abeta and 

p-tau. Therefore, we recommend HV, NfL or GFAP as biomarkers for N. The tight correlation between 

t-tau and p-tau precludes the use of the former as a marker of a different biomarker category than 

the latter. 

 

We extend on former observations that different markers of N are not necessarily closely correlated. 

The low correlation between N biomarkers likely contributes to the often discordant biomarker 

results in the AT(N) classification.6,9,12,15 We add blood-based biomarkers to the comparison, showing 

similarly modest associations with the N biomarkers in other modalities, and also similarly strong 

associations with clinically relevant outcomes. Although at a population level, the overall qualitative 

pattern of biomarker frequencies remains rather stable regardless of the type of biomarkers used9, it 

becomes problematic when researchers and clinicians treat the different N biomarkers as if they 

were identical. For prediction modeling at the individual patient level, the prognosis for an individual 

will vary considerably depending on the choice of N biomarker. The choice of N biomarker will also 

have an effect on the design of therapeutic trials, as well as the potential implementation of the 

AT(N) classification in the clinic. Studies investigating the AT(N) classification that use different 

definitions of their biomarkers, cannot be directly compared. 

 

We found low to modest correlations and low concordance between different N biomarkers, which is 

largely in line with literature.6,10,12,30,31 One possible explanation for this is that although all N 

biomarkers capture a certain aspect of neurodegeneration, the underlying biological processes that 

lead to specific N biomarker abnormalities are far from identical. T-tau and NfL reflect the severity of 
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neuroaxonal injury, atrophy on MRI reflects loss of the neuropil, and GFAP reflects astrocyte 

activity.2,32-34 Literature suggests these processes all have a different longitudinal trajectory, for 

example, NfL and t-tau abnormality likely precede HV abnormality and t-tau eventually reaches a 

plateau.35-38 This means correlations between N biomarkers of different processes are probably 

dependent on disease stage. However, MTA and HV were also poorly correlated, which is remarkable 

considering both HV and MTA aim to measure a similar process. We found a correlation coefficient of 

-0.24, which is relatively low and slightly lower than coefficients found in literature (range r -0.27 to -

0.54).39-41 This low correlation could be due to the fact that the MTA score is partly influenced by the 

volume of the surrounding CSF spaces, which means it reflects hippocampal atrophy as well as global 

and subcortical atrophy.42 Furthermore, being cognitively normal, most individuals in our sample had 

an MTA score of 0, which reflects that the variability for this measure is probably too small to be a 

meaningful N biomarker in such a very early sample. In addition, the correlation coefficients between 

N biomarkers were in a similar range as the correlation coefficients between N biomarkers on the 

one hand, and A and T biomarkers on the other hand. This is in line with another study which found 

moderate correlations between biomarkers of different pathophysiological categories.6 This implies 

that the underlying neurodegeneration processes are almost as different to each other, as they are 

different to processes underlying the A and T biomarker category. Overall, the low correlation 

coefficients illustrate that N biomarkers cannot be used interchangeably in the AT(N) classification. 

 

We found that HV, NfL and GFAP predicted clinical progression, and HV predicted MMSE slope, 

beyond abeta and p-tau. Former studies that investigated the AT(N) classification often used only 

one biomarker for A, T and N respectively, and showed that overall, the AT(N) classification was 

associated with clinical progression and cognitive decline.20,43-47 From these studies, the predictive 

value per individual biomarker cannot be discerned and thus cannot be used to choose the optimal N 

biomarker. Literature regarding the comparison between different N biomarkers is more scarce. 

There is, however, some support that HV is associated with cognitive decline and progression more 
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strongly than t-tau.13-15 Although in our study, we found t-tau as individual biomarker also predicted 

clinical progression and cognitive decline, the high correlation with p-tau hampers the addition of t-

tau to a model with abeta and p-tau, making it a less desirable biomarker to use in the AT(N) 

classification. NfL and GFAP have both been shown to be related to baseline cognition, cognitive 

decline and clinical progression as individual predictors, but have not yet been studied extensively in 

comparison to other N biomarkers.3,48-50 In a former study, we found GFAP was more strongly related 

to clinical progression and cognitive decline than NfL, which is in line with our current study.4 We 

found both GFAP and NfL predicted clinical progression beyond abeta and p-tau, but NfL was not 

associated with MMSE decline. A potential explanation for this difference in association is that NfL is 

a better marker for monitoring disease progression while its value does not lie in predicting future 

cognitive decline.4 Differences could also be related to the fact that clinical progression to MCI or 

dementia is a binary outcome measure, while MMSE decline is a continuous measure with possibly a 

higher degree of measurement variation. Clinical progression might be a more sensitive measure 

with more clinical relevance. In contrast to NfL, GFAP was associated with MMSE decline, although 

associations were attenuated when additionally adjusting for abeta and/or p-tau. Of all N biomarkers 

we used, GFAP was associated most strongly with abeta, which could explain the attenuated 

estimates when abeta was added as covariate. MTA was not associated with clinical progression after 

correcting for covariates, nor with MMSE decline. Although we previously showed a dose response 

pattern with MTA as N20, the small variability in MTA within cognitively normal individuals makes it 

too crude a measure to accurately predict decline. Overall, we show there is room for improved 

prediction beyond abeta and p-tau, using HV, NfL and GFAP as N biomarkers. 

 

Limitations of the present study include that the list of N biomarkers examined is not exhaustive. For 

example, FDG-PET or other MRI atrophy measures have also been suggested as suitable N markers. 

Although the list of putative N biomarkers is long, we chose to use a variety of N biomarkers 

obtained by three different modalities that are widely used in literature, which makes our study 
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relevant to the field. Another limitation is that the sample sizes somewhat differed for each N 

biomarker. This might have led to differences in outcome. However, when we repeated the analyses 

in the sample with complete data, results were similar, indicating their robustness (eTables 1 and 2). 

Furthermore, our sample consisted of individuals with SCD presenting at a memory clinic, and the 

results might not be directly translatable to a community based setting or to other disease stages. 

Nonetheless, individuals with SCD can be considered an especially clinically relevant group, that 

might particularly benefit from the AT(N) classification system to grade their degree of underlying 

pathology. These are the individuals who present to a memory clinic because of worries about their 

cognition, and for this group AT(N) prediction modelling can make a relevant contribution. Another 

limitation is the lack of optimal cut-off values for HV, NfL and GFAP. Instead, we pragmatically used 

cut-off values obtaining a 10% and 25% N positivity rate, to provide a range of the true effect sizes. 

Additionally, we used continuous N biomarkers in all models. However, different cut-off values would 

probably have resulted in slightly different results. Last, we had a mean follow-up duration of 3.8 

years and our sample had a relatively young age. Together, this could explain the low percentage of 

individuals with clinical progression to MCI or dementia, which limits the power to detect 

associations with N biomarkers. Furthermore, MMSE has a ceiling effect in cognitively normal 

individuals and perhaps our relatively short follow-up time hampered the finding of associations. 

Since all N biomarkers reflect different aspects of neurodegeneration, they could also have different 

associations with cognitive tests measuring specific cognitive domains. It would be interesting to 

investigate associations with other neuropsychological tests, but that is beyond the scope of this 

study since our aim was to assess the association between N biomarkers and disease progression in 

general. Strengths include the relatively large sample size of this well-defined cohort. 

 

Concluding, correlations between different N biomarkers were low in a sample of cognitively normal 

individuals, indicating they may not reflect the same underlying pathology. T-tau was strongly 

associated with p-tau, and thereby disqualified as measure for N in this context. Our results show HV, 
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NfL and GFAP predicted clinical progression, and have added value beyond abeta and p-tau. 

However, our results do not allow to choose one most suitable biomarker for N. 
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Table 1. Demographics 

 N available Total Stable 

N=337 

(84%) 

Progression 

N=64 

(16%) 

Age, mean±SD1 401 60.9±8.5a,b 60±8.4 66±7.3 

Sex, n female (%)2 401 167 (42%) 141 (42%) 26 (41%) 

Education, median[IQR]3 398 6[5-6] 6[5-6] 6[4-6] 

MMSE, mean±SD3 399 28.3±1.6a,b 28.4±1.5 27.8±1.6 

APOE carriership, n (%)2 388 153 (39%)a,b 115 (35%) 38 (61%) 

Hypertension, n (%)2 401 78 (19%) 67 (20%) 11 (17%) 

Hypercholesterolemia, n 

(%)2 

401 

34 (8.5%) 30 (8.9%) 4 (6.2%) 

Diabetes Mellitus, n (%)4 401 31 (7.7%) 30 (8.9%) 1 (1.6%) 

BMI > 30, n (%)2 317 42 (13%) 37 (14%) 5 (10%) 

CSF abeta, mean±SD1 401 1031.5±259.5a,b 1072.2±238 817.0±264.4 

CSF p-tau, mean±SD3 401 49.9±24.2a,b 46.5±20.2 67.8±33.8 

CSF t-tau, mean±SD3 401 313.7±223.2a,b 278.1±165.1 501±358.4 

MTA score, median[IQR]3 364 0[0-0.5]a 0[0-0.5] 0[0-1] 

N available (%)   305 (90.5%) 59 (92.2%) 

HV, mean±SD1 361 4.7±0.6a,b 4.8±0.6 4.5±0.5 

N available (%)   303 (89.9%) 58 (90.6%) 

Serum NfL, mean±SD3 296 10.9±5.8a,b 10.2±5.6 14.3±5.7 

N available (%)   245 (72.7%) 51 (79.7%) 

Serum GFAP, mean±SD3 296 206.4±129.9a,b 190.8±124.9 281.1±128.6 

N available (%)   245 (72.7%) 51 (79.7%) 

Total follow-up time, 

mean±SD3 

401 3.8±2.8a,b 3.6±2.7 4.5±3.2 

Time to diagnosis, mean±SD 64   3.0±2.9 



22 
 

Individuals are classified in the ‘Progression’ group if they showed clinical progression to mild cognitive 

impairment or dementia during follow-up. MRI was available for n=366, there were some missing values for 

MTA score (n=364) and HV (n=361) due to registration and segmentation errors. MMSE = mini-mental state 

examination, MTA = medial temporal atrophy, HV = hippocampal volume, NfL = neurofilament light, GFAP = 

glial fibrillary acidic protein. 1 t-test, 2 chi-square test, 3 Mann-Whitney U test, 4 Fisher’s exact test, a p <0.05, b 

FDR corrected p <0.05  

 

  

Number of visits, 

median[IQR]3 

399 3[2-4]a,b 2[2-3] 4[3-6] 
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Table 2. Risk of MCI or dementia for continuous N biomarkers 
 

 

Data shown are hazard ratio (95% confidence interval) as estimated by Cox proportional hazards analyses 

(outcome: clinical progression to mild cognitive impairment or dementia). Predictors: model 1: 

neurodegeneration biomarker; model 2: neurodegeneration biomarker, age and sex; model 3: abeta, 

neurodegeneration biomarker, age and sex; model 4: abeta, p-tau, neurodegeneration biomarker, age and sex. 

In models with MTA and HV, scanner type was additionally added as covariate. P-tau, t-tau, NfL and GFAP were 

log transformed, abeta and hippocampal volume were inverted, all biomarkers were z-transformed. MTA = 

medial temporal atrophy, HV = hippocampal volume, NfL = neurofilament light, GFAP = glial fibrillary acidic 

protein. T-tau was not entered in model 4 due to collinearity between t-tau and p-tau. a p <0.05. b FDR 

corrected p <0.05. 

 

 

  

  Model 1 Model 2 Model 3 Model 4 

Biomarker n     

T-tau 401 2.32 (1.86 - 2.88)a,b 2.12 (1.67 - 2.70)a,b 1.74 (1.36 - 2.23)a,b  

 Abeta    1.98 (1.50 - 2.63)a,b  

 P-tau      

MTA 364 1.34 (1.06 - 1.69)a,b 1.02 (0.78 - 1.34) 0.97 (0.74 - 1.28) 1.00 (0.76 - 1.33) 

 Abeta    2.43 (1.79 - 3.31)a,b 2.18 (1.60 - 2.96)a,b 

 P-tau     1.42 (1.07 - 1.89)a,b 

HV 361 1.55 (1.17 - 2.07)a,b 1.36 (0.99 - 1.87) 1.43 (1.06 - 1.95)a,b 1.52 (1.11 - 2.09)a,b 

 Abeta    2.58 (1.88 - 3.54)a,b 2.25 (1.65 - 3.07)a,b 

 P-tau     1.49 (1.14 - 1.94)a,b 

NfL 296 1.92 (1.51 - 2.46)a,b 1.61 (1.18 - 2.21)a,b 1.42 (1.00 - 2.01) 1.51 (1.05 - 2.17)a,b 

 Abeta    2.24 (1.59 - 3.15)a,b 1.96 (1.41 - 2.72)a,b 

 P-tau     1.52 (1.14 - 2.03)a,b 

GFAP 296 2.40 (1.81 - 3.19)a,b 2.03 (1.46 - 2.82)a,b 1.58 (1.09 - 2.30)a,b 1.50 (1.04 - 2.15)a,b 

 Abeta    2.09 (1.46 - 3.00)a,b 1.90 (1.34 - 2.68)a,b 

 P-tau     1.44 (1.07 - 1.94)a,b 
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Table 3. Risk of cognitive decline for continuous N biomarkers 
 

 

Results shown are beta (SE) as estimated by linear mixed models. Outcome is MMSE score. Predictors: model 

5: neurodegeneration, time, neurodegeneration*time; model 6: variables included in model 5, age, sex, 

age*time and sex*time; model 7: variables included in model 6, CSF abeta and abeta*time; model 8: variables 

included in model 7, CSF p-tau and p-tau*time). In models with MTA and HV, scanner type was additionally 

added as covariate. Betas represent the interaction between neurodegeneration biomarker and time, which 

corresponds to the cognitive slope. P-tau, t-tau, NfL and GFAP were log transformed, abeta and hippocampal 

volume were inverted, all biomarkers were z-transformed. MTA = medial temporal atrophy, HV = hippocampal 

volume, NfL = neurofilament light, GFAP = glial fibrillary acidic protein. T-tau was not entered in model 4 due to 

collinearity between t-tau and p-tau. a p <0.05. b FDR corrected p <0.05 

 

 

  

 Model 1 Model 2 Model 3 Model 4 

Biomarker Beta (SE) Beta (SE) Beta (SE) Beta (SE) 

T-tau -0.17 (0.04)a,b -0.15 (0.04)a,b -0.14 (0.04)a,b  

 Abeta   -0.11 (0.04)a,b  

 P-tau     

MTA -0.06 (0.04) -0.04 (0.05) -0.04 (0.05) -0.04 (0.04) 

 Abeta   -0.14 (0.04)a,b -0.12 (0.04)a,b 

 P-tau    -0.12 (0.04)a,b 

HV -0.11 (0.04)a,b -0.13 (0.05)a,b -0.13 (0.04)a,b -0.13 (0.04)a,b 

 Abeta   -0.13 (0.04)a,b -0.12 (0.04)a,b 

 P-tau    -0.11 (0.04)a,b 

NfL -0.06 (0.05) -0.05 (0.06) -0.01 (0.06) -0.02 (0.06) 

 Abeta   -0.11 (0.05)a -0.09 (0.05) 

 P-tau    -0.16 (0.05)a,b 

GFAP -0.15 (0.05)a,b -0.14 (0.06)a,b -0.11 (0.06) -0.10 (0.06) 

 Abeta   -0.08 (0.05) -0.06 (0.05) 

 P-tau    -0.16 (0.05)a,b 
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Table 4. Risk of MCI or dementia for dichotomous N biomarkers 
 

 

Data shown are hazard ratio (95% confidence interval) as estimated by Cox proportional hazards analyses 

(outcome: clinical progression to mild cognitive impairment or dementia). Predictors: model 1: dichotomized N 

biomarker; model 2: dichotomized N, age and sex; model 3: dichotomized A, N, age and sex; model 4: 

dichotomized A, T, N, age and sex. In models with MTA and HV, scanner type was additionally added as 

covariate. MTA = medial temporal atrophy, HV 25 = hippocampal volume, threshold 25th percentile, HV 10 = 

hippocampal volume, threshold 10th percentile, NfL 75 = neurofilament light, threshold 75th percentile, NfL 90 = 

neurofilament light, threshold 90th percentile, GFAP 75 = glial fibrillary acidic protein, threshold 75th percentile, 

GFAP 90 = glial fibrillary acidic protein, threshold 90th percentile. T-tau was not entered in model 4 due to 

collinearity between t-tau and p-tau. a p <0.05. b FDR corrected p <0.05. 

 

 

 

  

   Model 1 Model 2 Model 3 Model 4 

Biomarker  n     

T-tau  401 4.95 (2.99 - 8.22)a,b 3.68 (2.16 - 6.25)a,b 2.47 (1.40 - 4.36)a,b # 

MTA  364 1.74 (0.98 - 3.08) 0.90 (0.47 - 1.71) 0.84 (0.42 - 1.66) 0.85 (0.43 - 1.68) 

HV 25 361 2.60 (1.49 - 4.54)a,b 2.03 (1.13 - 3.67)a,b 2.22 (1.22 - 4.04)a,b 2.27 (1.24 - 4.16)a,b 

 10 361 1.94 (0.91 - 4.12) 1.31 (0.57 - 3.01) 1.89 (0.84 - 4.26) 1.96 (0.87 - 4.39) 

NfL 75 296 3.50 (2.00 - 6.11)a,b 1.98 (1.04 - 3.78)a 1.40 (0.73 - 2.68) 1.42 (0.74 - 2.71) 

 90 296 2.54 (1.30 - 4.96)a,b 1.48 (0.72 - 3.04) 1.04 (0.51 - 2.11) 1.07 (0.53 - 2.17) 

GFAP 75 296 4.01 (2.26 - 7.10)a,b 2.32 (1.20 - 4.49)a,b 1.10 (0.53 - 2.29) 1.03 (0.49 - 2.16) 

 90 296 4.69 (2.52 - 8.74)a,b 2.89 (1.48 - 5.66)a,b 1.68 (0.86 - 3.27) 1.68 (0.87 - 3.25) 
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Figure 1. Correlations between N biomarkers 

 

Heatmaps showing correlations between different biomarkers. A. Correlation coefficients (Pearson), B. 

Correlation coefficients (partial correlation, adjusted for age and sex). P-tau, t-tau, NfL and GFAP were log-

transformed. MTA = medial temporal atrophy, HV = hippocampal volume, NfL = neurofilament light, GFAP = 

glial fibrillary acidic protein. 
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Figure 2. Distribution of AT(N) profiles according to different definitions of neurodegeneration 

 

Distribution of AT(N) profiles for different definitions of neurodegeneration. MTA = medial temporal atrophy, 

HV 25 = hippocampal volume, threshold 25th percentile, HV 10 = hippocampal volume, threshold 10th 

percentile, NfL 75 = neurofilament light, threshold 75th percentile, NfL 90 = neurofilament light, threshold 90th 

percentile, GFAP 75 = glial fibrillary acidic protein, threshold 75th percentile, GFAP 90 = glial fibrillary acidic 

protein, threshold 90th percentile. 
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Figure 3. Kaplan Meier curves visualizing clinical progression within AN classification 

 

Kaplan Meier curves visualizing clinical progression to mild cognitive impairment or dementia for different 

definitions of neurodegeneration (A. T-tau, B. MTA, C. HV 25, D. NFL 75, E. GFAP 75). Survival is visualized by 

constructing a four-level variable of dichotomous amyloid and neurodegeneration status (A-N-, A-N+, A+N-, 

A+N+). MTA = medial temporal atrophy, HV 25 = hippocampal volume, threshold 25th percentile, NfL 75 = 

neurofilament light, threshold 75th percentile, GFAP 75 = glial fibrillary acidic protein, threshold 75th percentile. 

 

 



29 
 

References 

 
1. McKhann GM, Knopman DS, Chertkow H, et al. The diagnosis of dementia due to Alzheimer's 
disease: recommendations from the National Institute on Aging-Alzheimer's Association workgroups 
on diagnostic guidelines for Alzheimer's disease. Alzheimers Dement. 2011;7(3):263-9. 
2. Jack CR, Bennett DA, Blennow K, et al. NIA-AA Research Framework: Toward a biological 
definition of Alzheimer's disease. Alzheimer's & Dementia. 2018;14(4):535-62. 
3. Rajan KB, Aggarwal NT, McAninch EA, et al. Remote Blood Biomarkers of Longitudinal 
Cognitive Outcomes in a Population Study. Ann Neurol. 2020;88(6):1065-76. 
4. Verberk IMW, Laarhuis MB, van den Bosch KA, et al. Serum markers glial fibrillary acidic 
protein and neurofilament light for prognosis and monitoring in cognitively normal older people: a 
prospective memory clinic-based cohort study. The Lancet Healthy Longevity. 2021. 
5. Landau SM, Lu M, Joshi AD, et al. Comparing PET imaging and CSF measurements of Aβ. 
Annals of neurology. 2013;74(6):826-36. 
6. Illan-Gala I, Pegueroles J, Montal V, et al. Challenges associated with biomarker-based 
classification systems for Alzheimer's disease. Alzheimers Dement (Amst). 2018;10:346-57. 
7. La Joie R, Bejanin A, Fagan AM, et al. Associations between [(18)F]AV1451 tau PET and CSF 
measures of tau pathology in a clinical sample. Neurology. 2018;90(4):e282-e90. 
8. Alexopoulos P, Kriett L, Haller B, et al. Limited agreement between biomarkers of neuronal 
injury at different stages of Alzheimer's disease. Alzheimers Dement. 2014;10(6):684-9. 
9. Jack JCR, Wiste HJ, Weigand SD, et al. Different definitions of neurodegeneration produce 
similar amyloid/neurodegeneration biomarker group findings. Brain. 2015;138(12):3747-59. 
10. Toledo JB, Weiner MW, Wolk DA, et al. Neuronal injury biomarkers and prognosis in ADNI 
subjects with normal cognition. Acta Neuropathol Commun. 2014;2:26. 
11. Vos SJB, Gordon BA, Su Y, et al. NIA-AA staging of preclinical Alzheimer disease: discordance 
and concordance of CSF and imaging biomarkers. Neurobiol Aging. 2016;44:1-8. 
12. Mattsson-Carlgren N, Leuzy A, Janelidze S, et al. The implications of different approaches to 
define AT(N) in Alzheimer disease. Neurology. 2020;94(21):e2233-e44. 
13. Ottoy J, Niemantsverdriet E, Verhaeghe J, et al. Association of short-term cognitive decline 
and MCI-to-AD dementia conversion with CSF, MRI, amyloid- and (18)F-FDG-PET imaging. 
Neuroimage Clin. 2019;22:101771. 
14. Yu JT, Li JQ, Suckling J, et al. Frequency and longitudinal clinical outcomes of Alzheimer's 
AT(N) biomarker profiles: A longitudinal study. Alzheimers Dement. 2019;15(9):1208-17. 
15. Guo Y, Li HQ, Tan L, et al. Discordant Alzheimer's neurodegenerative biomarkers and their 
clinical outcomes. Ann Clin Transl Neurol. 2020;7(10):1996-2009. 
16. van der Flier WM, Scheltens P. Amsterdam Dementia Cohort: Performing Research to 
Optimize Care. J Alzheimers Dis. 2018;62(3):1091-111. 
17. Slot RER, Verfaillie SCJ, Overbeek JM, et al. Subjective Cognitive Impairment Cohort 
(SCIENCe): study design and first results. Alzheimers Res Ther. 2018;10(1):76. 
18. Verhage F, Van Der Werff JJ. [AN ANALYSIS OF VARIANCE BASED ON THE GRONINGER 
INTELLIGENCE TEST SCORES]. Ned Tijdschr Psychol. 1964;19:497-509. 
19. Rhodius-Meester HFM, Benedictus MR, Wattjes MP, et al. MRI Visual Ratings of Brain 
Atrophy and White Matter Hyperintensities across the Spectrum of Cognitive Decline Are Differently 
Affected by Age and Diagnosis. Frontiers in Aging Neuroscience. 2017;9:117. 
20. Ebenau JL, Timmers T, Wesselman LMP, et al. ATN classification and clinical progression in 
subjective cognitive decline: The SCIENCe project. Neurology. 2020;95(1):e46-e58. 
21. Teunissen CE, Tumani H, Engelborghs S, et al. Biobanking of CSF: International 
standardization to optimize biomarker development. Clinical Biochemistry. 2014;47(4):288-92. 
22. Duits FH, Prins ND, Lemstra AW, et al. Diagnostic impact of CSF biomarkers for Alzheimer's 
disease in a tertiary memory clinic. Alzheimers Dement. 2015;11(5):523-32. 



30 
 

23. Tijms BM, Willemse EAJ, Zwan MD, et al. Unbiased Approach to Counteract Upward Drift in 
Cerebrospinal Fluid Amyloid-beta 1-42 Analysis Results. Clin Chem. 2018;64(3):576-85. 
24. de Wilde A, van Maurik IS, Kunneman M, et al. Alzheimer's biomarkers in daily practice 
(ABIDE) project: Rationale and design. Alzheimers Dement (Amst). 2017;6:143-51. 
25. Zwan MD, Bouwman FH, Konijnenberg E, et al. Diagnostic impact of [(18)F]flutemetamol PET 
in early-onset dementia. Alzheimers Res Ther. 2017;9(1):2. 
26. Ossenkoppele R, Zwan MD, Tolboom N, et al. Amyloid burden and metabolic function in 
early-onset Alzheimer's disease: parietal lobe involvement. Brain. 2012;135(7):2115-25. 
27. Scheltens P, Leys D, Barkhof F, et al. Atrophy of medial temporal lobes on MRI in "probable" 
Alzheimer's disease and normal ageing: diagnostic value and neuropsychological correlates. J Neurol 
Neurosurg Psychiatry. 1992;55(10):967-72. 
28. Patenaude B, Smith SM, Kennedy DN, et al. A Bayesian model of shape and appearance for 
subcortical brain segmentation. Neuroimage. 2011;56(3):907-22. 
29. Smith SM, Zhang Y, Jenkinson M, et al. Accurate, robust, and automated longitudinal and 
cross-sectional brain change analysis. Neuroimage. 2002;17(1):479-89. 
30. Gangishetti U, Christina Howell J, Perrin RJ, et al. Non-beta-amyloid/tau cerebrospinal fluid 
markers inform staging and progression in Alzheimer's disease. Alzheimers Res Ther. 2018;10(1):98. 
31. Mattsson N, Cullen NC, Andreasson U, et al. Association Between Longitudinal Plasma 
Neurofilament Light and Neurodegeneration in Patients With Alzheimer Disease. JAMA Neurol. 
2019;76(7):791-9. 
32. Khalil M, Teunissen CE, Otto M, et al. Neurofilaments as biomarkers in neurological disorders. 
Nature Reviews Neurology. 2018;14(10):577-89. 
33. Yang Z, Wang KKW. Glial fibrillary acidic protein: from intermediate filament assembly and 
gliosis to neurobiomarker. Trends in neurosciences. 2015;38(6):364-74. 
34. Zetterberg H. Review: Tau in biofluids - relation to pathology, imaging and clinical features. 
Neuropathol Appl Neurobiol. 2017;43(3):194-9. 
35. Palmqvist S, Insel PS, Stomrud E, et al. Cerebrospinal fluid and plasma biomarker trajectories 
with increasing amyloid deposition in Alzheimer's disease. EMBO Mol Med. 2019;11(12):e11170. 
36. Jack CR, Jr., Knopman DS, Jagust WJ, et al. Tracking pathophysiological processes in 
Alzheimer's disease: an updated hypothetical model of dynamic biomarkers. Lancet Neurol. 
2013;12(2):207-16. 
37. McDade E, Wang G, Benzinger TLS, et al. LONGITUDINAL BIOMARKER CHANGES IN 
AUTOSOMAL DOMINANT ALZHEIMER'S DISEASE FROM THE DIAN STUDY. Alzheimer's & Dementia. 
2017;13(7, Supplement):P879-P80. 
38. Lleó A, Alcolea D, Martinez-Lage P, et al. LONGITUDINAL CEREBROSPINAL FLUID BIOMARKER 
TRAJECTORIES ALONG THE ALZHEIMER'S DISEASE CONTINUUM: A MULTICENTRE EUROPEAN STUDY. 
Alzheimer's & Dementia. 2017;13(7, Supplement):P924. 
39. Clerx L, van Rossum IA, Burns L, et al. Measurements of medial temporal lobe atrophy for 
prediction of Alzheimer's disease in subjects with mild cognitive impairment. Neurobiol Aging. 
2013;34(8):2003-13. 
40. Falgàs N, Sánchez-Valle R, Bargalló N, et al. Hippocampal atrophy has limited usefulness as a 
diagnostic biomarker on the early onset Alzheimer's disease patients: A comparison between visual 
and quantitative assessment. Neuroimage Clin. 2019;23:101927. 
41. Velickaite V, Ferreira D, Lind L, et al. Visual rating versus volumetry of regional brain atrophy 
and longitudinal changes over a 5-year period in an elderly population. Brain Behav. 
2020;10(7):e01662. 
42. Knoops AJ, van der Graaf Y, Appelman AP, et al. Visual rating of the hippocampus in non-
demented elders: Does it measure hippocampal atrophy or other indices of brain atrophy? The 
SMART-MR study. Hippocampus. 2009;19(11):1115-22. 
43. Altomare D, de Wilde A, Ossenkoppele R, et al. Applying the ATN scheme in a memory clinic 
population: The ABIDE project. Neurology. 2019;93(17):e1635-e46. 



31 
 

44. Burnham SC, Coloma PM, Li QX, et al. Application of the NIA-AA Research Framework: 
Towards a Biological Definition of Alzheimer's Disease Using Cerebrospinal Fluid Biomarkers in the 
AIBL Study. J Prev Alzheimers Dis. 2019;6(4):248-55. 
45. Jack CR, Jr, Wiste HJ, Therneau TM, et al. Associations of Amyloid, Tau, and 
Neurodegeneration Biomarker Profiles With Rates of Memory Decline Among Individuals Without 
DementiaAmyloid, Tau, and Neurodegeneration Biomarker Profiles and Memory Decline In 
Individuals Without DementiaAmyloid, Tau, and Neurodegeneration Biomarker Profiles and Memory 
Decline In Individuals Without Dementia. JAMA. 2019;321(23):2316-25. 
46. Soldan A, Pettigrew C, Fagan AM, et al. ATN profiles among cognitively normal individuals 
and longitudinal cognitive outcomes. Neurology. 2019;92(14):e1567-e79. 
47. Grøntvedt GR, Lauridsen C, Berge G, et al. The Amyloid, Tau, and Neurodegeneration (A/T/N) 
Classification Applied to a Clinical Research Cohort with Long-Term Follow-Up. J Alzheimers Dis. 
2020;74(3):829-37. 
48. Teitsdottir UD, Jonsdottir MK, Lund SH, et al. Association of glial and neuronal degeneration 
markers with Alzheimer's disease cerebrospinal fluid profile and cognitive functions. Alzheimers Res 
Ther. 2020;12(1):92. 
49. de Wolf F, Ghanbari M, Licher S, et al. Plasma tau, neurofilament light chain and amyloid-β 
levels and risk of dementia; a population-based cohort study. Brain. 2020;143(4):1220-32. 
50. Mielke MM, Syrjanen JA, Blennow K, et al. Plasma and CSF neurofilament light: Relation to 
longitudinal neuroimaging and cognitive measures. Neurology. 2019;93(3):e252-e60. 

 


