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Abstract 

Mental health research grapples with research waste and stunting of field progression caused by varied and 

inconsistent outcome measurement across studies and clinical settings which means there is no common language for 

considering findings. Whilst recognizing there are no gold standard measures and all existing ones are flawed in one 

way or another, anxiety and depression research is spearheading a common metrics movement to harmonize 

measurement, with several recent initiatives recommending the consistent use of specific scales to allow read across 

in terms of measurement between studies. For this approach to flourish, however, common metrics must be acceptable 

and adaptable to a range of contexts and populations and access should be as easy and affordable as possible globally, 

including in very low resource settings. Within a measurement landscape dominated by fixed proprietary measures 

and with competing views of what should be measured, this poses a range of challenges. In this personal view we 

consider tensions between affordability, sustainability, consistency, and adaptability that, if not addressed, may risk 

undermining the common metrics agenda. We outline a three-pronged way forward that involves funders taking more 

direct responsibility for measure development and dissemination; a move towards managing measure dissemination 

and adaptation via open access measure hubs; and transitioning from fixed questionnaires to item banks. We argue 

that it is time to start thinking of mental health metrics as 21st-century tools to be co-owned and co-created by the 

mental health community with support from dedicated infrastructure, coordinating bodies, and funders. 
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Introduction 

The design and provision of evidence-based mental health care depends on the availability of reliable, valid, 

and clinically relevant outcome data—both in research studies and as part of measurement-based care (1). While much 

of medical research relies on established biomarkers or accepted metrics (e.g., Body Mass Index), reliable bio markers 

are yet to be identified for all common mental health conditions (2). In their absence, a variety of psychometric scales 

serve to capture symptom clusters, functional impairment, quality of life, or overall well-being.  

Over 280 scales have been developed over the past century to capture depressive symptoms alone (3); a recent 

scoping review of youth depression trials identified 19 different instruments used to measure depression symptom 

severity across 30 trials (4); and another review identified 30 different instruments used to assess anxiety symptoms 

in children and youth across 257 clinical trials and observational studies (5). There is a high degree of inconsistency 

in the types of symptoms assessed by different scales (6,7). A review of 126 questionnaires used to screen for common 

mental health conditions showed low rates of cross-scale symptom similarity, which ranged from 29% for bipolar 

disorder to a maximum of 58% for obsessive-compulsive disorder (7). The psychometric properties of different 

instruments also vary, as do assessment timelines and the informants who are consulted (i.e., clinicians, parents, and 

children/youth). The result is a “Tower of Babel”-like evidence base that hampers the synthesis and comparability of 

research findings via meta-analyses, pooled data analysis, or the benchmarking of outcomes across services or 

systems. The result is research waste (2,4,8–10), and the stunting of progress in mental health research, including for 

common conditions like anxiety and depression (4,6,8–10). 

Several recent initiatives have aimed to overcome this state of fragmentation by recommending core metrics 

or Core Outcome Sets (COS) that should be administered, as a minimum, across all research studies or practice settings 

for a given condition (11,12). The International Consortium for Health Outcomes Measurement (ICHOM) has 

convened several working groups to develop COS for use in mental health care settings. As of March 2021, ICHOM 

sets were available for anxiety and depression in children, youth, and adults (5,13), as well as psychotic disorders, 

personality disorders and addiction in adolescents and adults (https://www.ichom.org/standard-sets/#mental-health). 

Efforts to develop COS specifically for clinical trials of youth and adult depression treatments are ongoing (10,14). In 

addition, leading mental health funders have agreed on a set of common metrics for mental health that should be 

measured in all studies conducted with their support (15), and UNICEF has led an initiative to identify, adapt, and 

validate consensus measures for adolescent mental health for use in population surveys worldwide (16).  

Scales recommended by COS and similar initiatives are typically selected based on specific feasibility and/or 

psychometric criteria. The exact criteria may vary depending on the intended use context (e.g., trials versus 

measurement-based care), but they often include a consideration of affordability. Affordability is an important factor 

in ensuring the widest possible uptake of common metrics, as cost is one important barrier to the implementation of 

measurement-based care in practice settings (17–20), and can also influence the selection of measurement scales in 

clinical trials or population surveys.  
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All authors of this commentary have been involved in one or several of the above-mentioned common metrics 

initiatives. Through this involvement and conversations with tool developers, we have come to realize that within a 

measurement landscape dominated by fixed, proprietary, and copyrighted scales, the double aim of promoting 

consistency and affordability brings inherent tensions related to the adaptability and sustainability of common metrics. 

Below we discuss how these tensions play out in current models of measure development and dissemination, and how 

they could ultimately undermine the goals of the common metrics agenda. We then suggest a three-pronged way 

forward. While these questions are of relevance to the wider field of mental health research, we will focus on anxiety 

and depression metrics for children and youth as a case example. 

A Landscape of Fixed and Proprietary Measures 

Measurement scales typically consist of a fixed set of items that can be summed to a total score (or several 

subscale scores), and are usually copyrighted to guarantee developers adequate monetary or non-monetary (e.g., 

attribution) compensation in exchange for allowing others to utilize their intellectual property (21). Scales come with 

varying conditions for reuse, modification, translation, and further dissemination (Table 1). Reliable costing, and 

licencing information is often difficult to find, and may be hidden behind the paywalls of commercialized measure 

catalogues. Researchers and practitioners who use or adapt a measure without adhering to licencing terms risk legal 

pursuits, barriers to publishing the resulting research, or calls to retract already published research (28,29).  

Table 1. Levels of Cost and Control over Outcome Measures in Mental Health as of March 2021 

Use 

incurs 

a fee a 

Controls are placed 

on tool adaptation, 

translation and/or 

dissemination 

Description of the Dissemination Model Example 

Yes Yes Cost and control: A limited set of manuals and questionnaires can be purchased from the 

copyright holder at a cost. Permission must be obtained to reproduce any copyrighted 

material. 
 

See: https://www.pearsonassessments.com/footer/permissions---licensing.html  

Beck Youth 

Inventories TM  

(22) (managed 
by Pearson)  

Case by 

case 
Yes Partially free use; limited usage: The free use, copy and reproduction of HoNOSCA 

materials without express permission is allowed for care providers within the United 

Kingdom’s National Health Service and “in other countries such as Australia, New 

Zealand and Switzerland, where HoNOS has been mandated for use to support 
assessment and outcome monitoring in public and private sector mental health services.”. 

Otherwise, explicit permission must be obtained from the Royal College of Psychiatrists.  

 
Developer consent is needed to copy, distribute, or adapt the scale for non-commercial 

use: “The following acts may not be performed without the consent of the Royal College 

of Psychiatrists: Copying the work; Renting or otherwise issuing copies of the work to the 

public; Adapting the work [e.g. changes to the wording of items, scaling of items, 

addition or deletion of items or changes in the order of items].” 
 

See: https://www.rcpsych.ac.uk/events/in-house-training/health-of-nation-outcome-scales 

 

HoNOSCA 
(23) (managed 

by the Royal 

College of 
Psychiatrists)  

No No Free for all users and usages: Tool is in the public domain, and free for any use: “All 

PHQ, GAD-7 screeners and translations are downloadable from this website and no 

permission is required to reproduce, translate, display or distribute them”.  
 

See: https://www.phqscreeners.com/select-screener 

GAD-7 and 

PHQ-9 (24,25) 

(managed by 
Pfizer Inc.) 

https://www.pearsonassessments.com/footer/permissions---licensing.html
https://www.rcpsych.ac.uk/events/in-house-training/health-of-nation-outcome-scales
https://www.phqscreeners.com/select-screener
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Use 

incurs 

a fee a 

Controls are placed 

on tool adaptation, 

translation and/or 

dissemination 

Description of the Dissemination Model Example 

No Yes Free use, limited usage: Free for non-commercial use but users are required to sign a 

user agreement.  
 

Written permission required for modification, adaptation, or translation: “User shall not 

modify, abridge, condense, translate, adapt, recast or transform the 
WHODAS 2.0 in any manner or form, including but not limited to any minor or 

significant change in wording or organization, or administration procedures, of the 

WHODAS 2.0. If User thinks that changes are necessary for its work, or if translation is 
necessary, User must obtain written approval from WHO in advance of making such 

changes.” [Paragraph within the user agreement form]. 
 

See: https://www.who.int/classifications/icf/WHODAS_2_0_UserAgreement_v2011.pdf  

WHODAS 2.0 

(26) (managed 
by the WHO)  

No Yes Free use, collaborative ongoing development: “All English and Spanish versions of 

PROMIS […] are publicly available for [single] use without licensing or royalty fees for 

individual research or individual clinical use”.  

 
“User agrees not to adapt, alter, amend, abridge, modify, condense, make derivative 

works, or translate HealthMeasures Instruments without prior written permission from the 

Provider. In cases where permission is granted, User will be expected to evaluate the 
impact of approved modifications.” 

 

“clinical researchers are encouraged to submit de-identified data for collaborative analysis 
and reporting. […] Clinical researchers are strongly encouraged to collaborate with 

HealthMeasures investigators when applying these items and banks to their research”. 

 
See: http://www.healthmeasures.net/images/PROMIS/Terms_of_Use_HM_approved_1-

12-17_-_Updated_Copyright_Notices.pdf 

 

PROMIS (27) 

(managed by a 

network of 

primary 
research sites 

and 

coordinating 
centres)  

Note. GAD-7: Generalized Anxiety Disorder 7-item Scale; HoNOSCA: Health of the Nation Outcome Scales for Children and Adolescents; PhQ-
9: Patient Health Questionnaire; PROMIS: Patient-Reported Outcomes Measurement Information System; WHO: World Health Organization; 

WHODAS 2.0: World Health Organization Disability Schedule 2.0. 

a Refers to non-commercial use. 

Affordability and Sustainability 

Those seeking to select a measure for use in a research study or measurement-based care system face the 

challenge of identifying the most suitable tool from a wide array of choices. Psychometric systematic reviews and 

meta-analyses provide comparisons of measurement properties that can help with scale selection (eg., 30,31). 

Feasibility of use in a given target context is another important selection criterion, and within this, the scale’s 

affordability (20,32). For example, clinical services or community-based providers may only have limited resources 

(if any) earmarked for measurement-based care (20). Within universities, research projects may require free measures 

due to limited funding (e.g., for student and trainee projects). For researchers and practitioners in lower- and middle-

income countries (LMIC), the cost of commercially available measures may be prohibitive, especially if the tool is 

costed with reference to the purchasing power of users in high-income countries. On the grounds of equity and in 

order to build a diverse and inclusive evidence base, core metrics for research and measurement-based care should 

have the highest-possible level of affordability (28). 

 

https://www.who.int/classifications/icf/WHODAS_2_0_UserAgreement_v2011.pdf
http://www.healthmeasures.net/images/PROMIS/Terms_of_Use_HM_approved_1-12-17_-_Updated_Copyright_Notices.pdf
http://www.healthmeasures.net/images/PROMIS/Terms_of_Use_HM_approved_1-12-17_-_Updated_Copyright_Notices.pdf
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 Many commonly used mental health measures and gold-standard diagnostic tools can be purchased for a fee, 

from commercial publishers. Within child and adolescent psychiatry for example, the widely used Beck Youth 

Inventories Second Edition (BYI-II; 22) measures are held by the educational publisher Pearson. As of March 2021, 

a starter kit of BYI-II tools including a manual and 25 paper-based inventory booklets could be purchased for $360.10 

US dollars (33). Time, staff, and financial resources are usually required for the initial conception, design, and 

validation of a measurement scale (34), and developers may face additional costs associated with a scale’s ongoing 

management and dissemination. By making a scale commercially available, developers shift a part of these costs onto 

users. User fees may also compensate for the provision of physical administration kits or further measure development 

although how exactly licence fees are utilized is rarely disclosed.  

At the same time, a number of proprietary scales are provided at no cost to non-commercial users by individual 

developers, research groups, foundations, or organizations (Table 1), and several systematic reviews and repositories 

provide helpful catalogues of such freely available measures (20,32). However, “free” scales vary in the extent to 

which they are truly free or open for use, with varying restrictions placed on the user’s right to modify, translate, or 

distribute them. Some tools are available in the public domain and may be used, modified, and distributed without 

limit and without seeking explicit permission to do so, while other tools may only be modified or translated with 

explicit permission from the developers (Table 1). While the exact terms of use are not always clearly articulated, the 

use of these scales typically does not require financial contributions from non-commercial users. 

The free availability of some measurement scales might convey the impression that there is no marginal cost 

involved in controlling and coordinating their use. Yet, as highlighted above, ongoing support and monitoring is often 

needed to ensure that a measure is used appropriately, that is, in line with licencing terms; in ways that are 

methodologically sound; and under minimal risk of harm to respondents. Ongoing inputs may be needed to handle 

user queries, and to support and monitor other researchers’ efforts to further validate or adapt the scale. While initial 

development is often funded through a research grant, activities related to the ongoing dissemination and oversight of 

measurement scales might not be explicitly funded.  

Developers of freely available scales may currently be protected by the fragmentation of the field’s attention 

across the many different existing options. However, if the common metrics movement were to succeed at centring 

measurement efforts around a small set of free common metrics, interest and support needs would likely grow 

exponentially. Where no continuous sources of funding are available, this may cause a dilemma for non-commercial 

providers struggling to meet this increased demand with the infrastructures and resources currently at their disposal. 

While the affordability of commercially licenced measures is comparatively poor from the users’ point of view, these 

licencing models are sustainable for providers because they cover ongoing costs. This raises questions about how the 

field can ensure that a common metrics agenda centred around affordable measures is equitable and sustainable for 

users and providers alike. 
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Consistency and Adaptability 

Common metrics initiatives such as COS aim to advance the field by integrating and harmonizing the evidence 

base, to enable comparisons, benchmarking, and syntheses of data across studies and clinical settings (5,9). Consistent 

use of a core set of scales (or items) across studies can facilitate the pooling of effect sizes in meta-analyses, and the 

pooling and linking of datasets as part of integrative data analysis projects that provide enhanced statistical power and 

allow for the investigation of new research hypotheses (35–37). In measurement-based care, the tracking of 

harmonized outcome indicators can enable comparisons between services and mental health systems, thus helping 

with the identification of best practice examples. In order to maintain comparability within a landscape of fixed 

measures, it is important that the recommended scales be used consistently and without substantial modification across 

studies and settings. 

At the same time, many mental health scales have been developed in North America or Europe, in specific 

clinical settings, and the evidence base relating to their reliability and validity in other contexts (eg, LMIC; population-

based surveys) is only gradually emerging. In turn, many measures that assess functional impairment or health-related 

quality of life were originally developed for use with populations in physical health care settings, or in non-clinical 

populations, and may require adaptation for meaningful use in mental health contexts.  

More generally, there are important opportunities for strengthening measurement scales based on feedback 

from researchers, practitioners, and lived-experience experts. Currently, measurement is based on imperfect scales, 

some of which have been widely used for decades. For example, the Children’s Depression Rating Scale−Revised 

(CDRS-R) (38) is the symptom measure that is most widely used across trials for youth depression treatments (39). 

However, a recent systematic review and evidence appraisal using the COnsensus-based Standards for the selection 

of health Measurement INstruments (COSMIN) guidelines shows that the evidence supporting the CDRS-R’s 

measurement properties is weak and based on only six studies (40). In many cases, common metrics initiatives are 

therefore basing their recommendations on measures that are considered “good enough” rather than gold standard 

(2,5).  

This is a compromise made to kick-start a common metrics movement and accelerate learning about optimal 

approaches to harmonization. It is based on the understanding that common metrics should be assessed as a minimum, 

but can be complemented flexibly with additional scales, which can help identify any issues, idiosyncrasies, or 

limitations of the recommended tools (41). To avoid a premature centring of measurement around tools that may later 

reveal important flaws, it is vital to pilot them in a variety of populations and contexts, and to adapt or exchange them 

if needed. For example, the implementation of ICHOM outcome sets is overseen by steering groups with a mandate 

to periodically review evidence from pilot studies and consider whether any measurement recommendations should 

be revised. At present, however, the fixed nature of most scales is a barrier to adaptation, as their revision or 

replacement may compromise the comparability of data collected across different time points or populations.  
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The proprietary nature of many existing scales is another barrier to adaptability. Commercially licenced 

measures often cannot be easily modified by users for applications in new populations or contexts. Control over the 

measure is often firmly centralized with the licence holder, which can mean foregoing opportunities for more dynamic 

and collective improvement efforts. While the scope for adaptation is comparatively low, this model provides 

maximum consistency, ensuring that only official versions of a scale are in circulation. Developers providing their 

tool at no cost often allow greater leeway for adaptation by considering collaborations, while at the same time striving 

to preserve the highest possible consistency. As discussed above, this two-fold effort may require considerable 

resources, especially if the relevant measurement scales find themselves at the heart of a common metrics movement. 

A third model, in which measures are fully in the public domain and open to modification and adaptation by anybody 

without control from a developer or provider meets criteria of affordability, sustainability, and adaptability, but 

provides no assurance of consistent use, which might undermine their utility as common metrics (Figure 1).  

There is an obvious tension between the desire to enable iterative adaptation, on the one hand, and to preserve 

consistency in a scale’s characteristics and administration, on the other hand. Similarly, there is a tension between 

desires for adaptation, and the licencing and copyright terms attached to proprietary measures, which may prohibit 

modifications. These tensions are difficult to reconcile within a framework of fixed and proprietary measures. Figure 

1 visually illustrates our subjective understanding of the trade-offs involved in current models of measure development 

and dissemination in relation to affordability, sustainability, adaptability, and consistency. A “low” rating indicates 

that we perceive a comparatively small chance of providing the relevant attribute within the given development and 

dissemination model, or a high chance of providing only a limited amount. A “medium” rating indicates that we 

perceive there to be a medium chance of providing the attribute, or that it might be provided to some extent. A “high” 

rating indicates that we perceive a comparatively high chance of providing the relevant attribute within the given 

development and dissemination model. “Variable” ratings indicate that whether or not an attribute is likely to be 

achieved depends on the specificities of the given development and dissemination model.  
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Where to Go from Here? A Three-Pronged Way Forward 

It is our view that the inherent tensions between affordability and sustainability, consistency, and adaptability 

of fixed proprietary measures pose an important barrier to the successful implementation of the common metrics 

agenda in mental health. A focus on affordability without consideration of sustainability will likely be ineffective, as 

providers may find themselves unable to uphold free distribution models in the face of increasing demand for user 

support. In turn, a focus on sustainability without consideration of affordability would fall short on equity of access 

and the representativeness of the ensuing evidence base (28). As the common metrics agenda aims to generate a more 

inclusive, integrated, and higher-quality evidence base while still promoting harmonization, the competing needs for 

adaptation and consistency must also be considered. Hereafter, we outline a three-pronged approach as one possible 

avenue towards providing a better balance of affordability, sustainability, consistency, and adaptability in measure 

development and dissemination (Figure 2), and towards moving the development and dissemination of common 

metrics into the 21st century. 

 

Changing the Funding and Dissemination Model for Proprietary Measures. Several funders, such as the 

National Institutes of Health (NIH) and the Wellcome Trust require that the funded research findings—and in some 

cases the underlying data—be shared via open access publishing or the deposition in accessible databases or 

repositories (28). Funders may want to extend such requirements to any measurement tools developed with their 

support, by either allowing researchers to budget for anticipated dissemination or maintenance costs in their initial 

grant applications, or by developing a mechanism for renewing funding for the maintenance and oversight of freely 

distributed metrics periodically. Funders might even establish systems whereby individual developers can transfer the 

responsibility for measure dissemination to the funder, who may then earmark resources and develop mechanisms for 

ongoing oversight. This model offers limited scope for dynamic scale adaptation, and is not inherently sustainable as 

it requires ongoing investment and commitment from funders. It does, however, provide relatively high affordability 

and scale consistency, and may enhance sustainability in the short term within a landscape of fixed proprietary scales. 

Learning from Data Science: A Measure Hub Model. We propose that in the longer term, the field may 

need to shift its mindset from seeing measurement scales as fixed and proprietary, to thinking of measures as evolving 

tools or “code” that should be co-owned and co-created by the user community, including researchers, practitioners, 

and lived-experience experts. There may be opportunities for learning from pioneering work in the computer sciences 
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and statistics, and from open science approaches where it is thought that that openly available tools facilitate high-

quality research practices and increase research efficiency (42).  

For example, in the computer sciences, the Open Science Grid is a consortium of stakeholder communities 

(e.g., researchers, IT providers, software developers, educators) that share computing resources to advance scientific 

practice (43). Similarly, computer scientists and statisticians freely share code through platforms such as GitHub 

(https://github.com/). Developers can licence their code with a variety of licencing models that provide different levels 

of control and attribution, including permissive free software licences that impose minimal restrictions on use and 

distribution (e.g., BSD licences). The hub enables developers to monitor who is using their code and how it is being 

adapted. As such it provides a sophisticated and highly regulated model of version control, which may help reconcile 

adaptation and consistency—at least to a degree.  

An open access measure hub in mental health could facilitate the sharing of non-commercial measurement 

scales, and their flexible adaptation for use in new settings and populations. The Wikiversity Evidence Based 

Assessment Portfolios already compile information related to mental health scales, which can be edited and expanded 

collaboratively by Wikiversity users (44). However, the portfolios do not currently host the scales themselves, or help 

with version control or the coordination of adaptation efforts. Other instrument repositories helpfully compile copies 

of free instruments where available, in addition to providing information on their measurement properties (20). 

However, existing repositories may not always be exhaustive or up-to-date, as highlighted by a recent review:  

“the measures contained in each repository often did not overlap and were not always updated with the latest 

versions of the measure. Repositories varied in how they selected measures to include; some required authors 

to self-submit and self-report on the measure’s psychometric evidence, others gathered experts to recommend 

measures for inclusion. The dynamic nature of these repositories suggests that the landscape of freely available 

measures may shift quickly; however, in the absence of a single, coordinated effort to house pragmatic 

measures, these repositories are unlikely to keep pace with advancing science.” (p.11) (20). 

To “keep pace with advancing science,” a more centralized and dynamic measure hub may be needed that can 

be updated by the user community itself. A centralized hub model can aid with sustainability by easing the cost and 

effort required for overseeing measure dissemination, where the hub provides a transparent track record of use, 

validation, and adaptation efforts. The onus for providing technical support and answering user queries could be 

shifted, at least partly, from individual developers onto the wider user community through open discussion boards and 

forums. Finally, a hub model might reduce the risk of inadequate or unauthorized use, by providing clear and 

transparent licencing terms. On the downside, while enabling more transparent version control, the hub model 

prioritizes adaptation over consistency, meaning that the number of different versions in circulation would likely 

increase, and comparability decline. There would also be no monetary compensation for a developer’s initial 

development efforts and intellectual property, which may deter some from disseminating their tools in this way.   
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Moving from Fixed Measures to an Item Bank Model. While a centralized, open-access measure hub can 

make the adaptation and use of free measures easier and more dynamic, initial scale creation still lies with an individual 

developer or research team. Although a scale might be adaptable, it would remain a largely fixed tool. An alternative 

model that maximizes the potential for dynamic measure creation is a move from fixed scales to item banks and 

personalised assessment based on Item Response Theory (IRT) and Computerized Adaptive Testing (CAT) (45).  

Item banks contain a large number of questionnaire items that, through use of IRT models, have been calibrated 

to assess a specific construct, such as depression or anxiety, at a certain level of difficulty (or severity). Using CAT, 

individual items can be selected flexibly to create tailored assessments that locate individuals more precisely and more 

rapidly on the construct continuum of interest than fixed scales that were created using classical test theory (CTT) 

(46,47). CAT-based item bank approaches enable consistent scoring across varying item combinations. As a result, it 

is possible to develop short forms that are tailored to specific populations, and still generate scores that are directly 

comparable (46), thus providing a way out of the adaptability-versus-consistency dilemma.   

The National Institutes of Health’s (NIH) Patient-Reported Outcomes Measurement Information System 

(PROMIS) is an item bank that was calibrated to capture patient-reported outcomes across a range of chronic health 

conditions. PROMIS items are assembled from existing measures via literature searches, reviewed through 

consultation with key stakeholders (including lived-experience experts), and subject to psychometric testing and 

validation. The PROMIS network is organized around several primary research sites, with a statistical coordinating 

centre managing the development and validation of items, and providing a data management and storage system.  

To date, PROMIS has not replaced proprietary fixed measurement scales in much of child and youth anxiety 

and depression research, although relevant item banks and short forms are available (48). PROMIS measures were 

developed and calibrated as “non-disease-specific scales” to assess emotional health (including anxiety and 

depression) in individuals with chronic health conditions, rather than specifically for the purpose of clinical mental 

health assessment (p. 2196) (43). In addition, while printout short forms are available, personalised assessment via 

CAT requires digital administration, which is not (yet) feasible in all contexts. Although more sustainable than free 

measure distribution via individual developers, PROMIS does not have inbuilt sustainability as substantial inputs and 

resources by the PROMIS network, and hence continued external funding, are required to maintain the item bank. 

This is reflected in limitations to affordability, compared with freely distributed measures: While English and Spanish 

language fixed scales were available from PROMIS at no cost as of March 2021, translations did incur a distribution 

fee of $800 USD per instrument and language (https://www.healthmeasures.net). A review fee was charged for quality 

assuring new translations and for ensuring that they were harmonized across languages. The relatively slow uptake of 

the PROMIS measures for the purpose of clinical mental health assessment suggests a need to further examine the 

widespread feasibility of centring common metrics initiatives around item bank and IRT models. 

In the meantime, IRT offers opportunities for harmonizing and comparing scores obtained from fixed legacy 

measures, which could help smoothen the transition from a fixed to a more dynamic measurement landscape. Using 
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IRT, items from existing fixed scales can be calibrated within the same measurement model used by an item bank, 

which allows linking the scores of legacy scales to a common underlying scoring metric. The scores of different scales 

can then be compared via crosswalk tables (see prosetta-stone.org) or online resources (see common-metrics.org). 

Relevant studies have been conducted using PROMIS as a common metric for several common depression and anxiety 

scales as part of the PROsetta Stone project (50–53). Once a linkage is established, comparability can be preserved 

when there is a need to move from one fixed scale to another. The continued development of such models and the 

linkage of additional scales may eventually offer a perspective for creating common metrics that are independent from 

individual instruments, without requiring the use of a single common instrument, and without sacrificing the 

comparability of legacy data. Funders could support this transition by requiring that any newly developed or adapted 

fixed scales be calibrated onto an existing measurement model. 

Looking Ahead 

To overcome the current state of data fragmentation in mental health research and to promote the creation of a 

consistent, diverse, and inclusive evidence base, it is important to centre research efforts around common metrics that 

are affordable to avoid the emergence of a new line of fragmentation driven by cost. The latter would also undermine 

efforts to enhance the quality of the evidence base, by making the most suitable tools the purview of a comparatively 

small group of researchers and practitioners with the necessary monetary resources.  

Recent common metrics and Core Outcome Set initiatives in anxiety and depression research (5,13,15,16) have 

recommended measures like the Generalized Anxiety Disorder 7-item Scale (GAD-7; 24), the Patient Health 

Questionnaire (PHQ-9; 25); the World Health Organization Disability Schedule 2.0 (WHODAS 2.0) 12-item short 

form (26), and the Revised Children’s Anxiety and Depression Scale 25-item short version (54). While these were 

selected for being freely available at the time of selection (amongst other criteria), there is no guarantee that they will 

be provided at no cost indefinitely, especially if developers or providers begin to feel overburdened by increasing 

demand for support. While it was considered that these measures were “good enough” (2) for now, they may reveal 

important limitations, once piloted across a greater variety of contexts and settings. To base the common metrics 

movement on the best-possible measurement scales, it is vital that adaptation, modification, and tailoring to specific 

populations is possible, without undermining the overarching aim of harmonization. The future of the common metrics 

agenda may lie in moving beyond fixed proprietary measurement scales towards models that provide greater scope 

for dynamic adaptation and tailoring, while maintaining the necessary degree of consistency. Item banks, IRT, and 

CAT will likely play a central role in this effort.  

As a field, we need to rethink how measure development and dissemination can be organized within a common 

metrics framework. No single model is likely to resolve the outlined tensions between affordability, sustainability, 

adaptability, and consistency today. We have discussed a three-pronged way forward that involves revisiting current 

models for the dissemination of fixed proprietary measures, and considering opportunities for the development of 

more dynamic assessments. Rather than thinking of measures as 20th-century manuscripts or instruments, it may be 
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helpful to start thinking of them as the equivalent of 21st-century tools or computation code that can be co-owned and 

co-created by the wider research community with support from dedicated infrastructure, coordinating bodies, or 

funders. Funders have already started to agree the key building blocks of a common metrics toolbox (55). The next 

step is to help support the wider mental health science community to start building from these to create free and 

flexible metrics in ways that are sustainable and also preserve comparability and consistency.
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