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Immune checkpoint therapy (ICT) provides substantial clinical benefits to cancer patients,

but a large proportion of cancers do not respond to ICT. To date, the genomic underpinnings

of primary resistance to ICT remain elusive. Here, we performed immunogenomic analysis of

data from TCGA and clinical trials of anti-PD-1/PD-L1 therapy, with a particular focus on

homozygous deletion of 9p21.3 (9p21 loss), one of the most frequent genomic defects

occurring in ~13% of all cancers. We demonstrate that 9p21 loss confers “cold” tumor-

immune phenotypes, characterized by reduced abundance of tumor-infiltrating leukocytes

(TILs), particularly, T/B/NK cells, altered spatial TILs patterns, diminished immune cell

trafficking/activation, decreased rate of PD-L1 positivity, along with activation of immuno-

suppressive signaling. Notably, patients with 9p21 loss exhibited significantly lower response

rates to ICT and worse outcomes, which were corroborated in eight ICT trials of >1,000

patients. Further, 9p21 loss synergizes with PD-L1/TMB for patient stratification. A “response

score” was derived by incorporating 9p21 loss, PD-L1 expression and TMB levels in pre-

treatment tumors, which outperforms PD-L1, TMB, and their combination in identifying

patients with high likelihood of achieving sustained response from otherwise non-responders.

Moreover, we describe potential druggable targets in 9p21-loss tumors, which could be

exploited to design rational therapeutic interventions.
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Immune checkpoint therapy (ICT) has revolutionized cancer
care, leading to remarkable response and improved survival in
some patients1. Yet, a large proportion of cancers do not

respond to the approved immune checkpoint inhibitors (e.g.
those targeting PD-1, PD-L1, CTLA-4), especially as
monotherapy2. It is therefore important to elucidate the
mechanistic basis of unresponsiveness to ICT. A key factor
leading to primary resistance to ICB is the exclusion or absence/
paucity of pre-existing T-cell infiltration in tumors, characteristics
of the so-called “non-T-cell-inflamed” or “cold” tumors3,4. “Cold”
tumor-immune phenotypes can be attributed to many factors
including loss of tumor antigen expression, defective recruitment
of antigen presenting cells (APCs), absence of antigen presenta-
tion, absence of or failed T-cell priming/activation, and impaired
T-cell trafficking (i.e. failure to infiltrate the tumor beds)2,4.
Cellular mechanisms such as activated cancer-associated fibro-
blasts (CAFs)5,6 and other suppressive immune cells7,8 that ren-
der the tumor microenvironment less permeable to CD8 T cells
have also been described. In addition, recent studies have
demonstrated that activation of tumor-intrinsic oncogenic path-
ways including β-catenin9, TGF-β5,6, and PI3K-AKT-mTOR7,8

signaling pathways can promote T-cell exclusion. A higher bur-
den of copy number loss has also been linked to poor response to
CTLA-4 and PD-1 blockade in patients with melanoma10.
However, a universal, tumor-cell intrinsic mechanisms that
confer “cold” tumor-immune phenotypes and modulate respon-
ses to ICT have not been systematically studied, particularly in
the context of large-scale cancer cohorts and clinical trials of ICT.

By increasing the activity of the immune system, ICT can
trigger severe immune-related adverse events11. Since response
rates for ICT are generally low in cancer patients, identifying a
non-responder prior to ICT is crucial for: (1) choosing effective
therapy for patients with limited treatment and survival time
window; (2) sparing patients from unnecessary toxicities; and (3)
reducing treatment-related costs. Currently, clinically validated
biomarkers that predict response to ICT include high micro-
satellite instability (MSI-H, occurs in only ~4% of human
cancer)12,13, tumor-cell PD-L1 expression14, and tumor muta-
tional burden (TMB)15–17. However, in some large-scale ICT
trials, no significant association was observed between levels of
tumor-cell PD-L1 expression or TMB and clinical outcomes6,18.
Stratification by PD-L1 expression or TMB alone is insufficient to
identify responders and non-responders in some tumor types17.
A composite of PD-L1 expression and TMB showed improved
but suboptimal performance in identifying patients (e.g., with
non-small cell lung cancer, NSCLC) who could achieve durable
clinical benefit and was not sufficient to identify patients that are
most likely fail to respond to (or derive no benefit from) ICT17,
highlighting the need for more robust approaches for identifying
new biomarkers.

Since homozygous deletion of the chromosomal region 9p21.3
(hereafter referred to as 9p21 loss) represents one of the most
frequent somatic copy number alterations (SCNAs) that occur in
human cancers19–21, attention has been focused on its role in cell
cycle regulation due the loss of CDKN2A/B in the 9p21 locus.
However, the role of 9p21 loss in the modulation of tumor-
immune milieu and responses to ICT has not been comprehen-
sively investigated, especially in the context of large cohorts of
patients receiving ICT.

Here, we perform integrated immunogenomic analysis of
clinical specimens from TCGA study and ICT trials across var-
ious cancer types and demonstrate 9p21 loss as a ubiquitous
genomic correlate of the “cold” tumor-immune phenotype and
primary resistance to ICT. Based upon this finding, we propose a
pan-cancer biomarker to predict lack of response to ICT that may

guide stratification of cancer patients for appropriate clinical
management.

Results
9p21 loss is frequently observed in human cancer and asso-
ciated with shorter survival. We first analyzed the frequency of
9p21 loss across 33 TCGA (The Cancer Genome Atlas) studies
(n= 10,435 patients, Supplementary Data 1 and 2) using genomic
and transcriptomic datasets from the TCGA program. Among
genes mapping to the chromosomal region 9p21.3, CDKN2A was
most frequently deleted (13.5%), followed by MTAP (9.3%)
(Fig. 1a, b). In addition to homozygous deletion (HD), loss of
heterozygosity (9p21 LOH) due to hemizygous deletion of
CDKN2A and MTAP was observed in 24.6% and 27.8% of can-
cers, respectively (Fig. 1b). While only subtle changes (vs. wild
type) were observed in mRNA expression of CDKN2A/MTAP in
9p21-LOH tumors, homologous deletion of the genes in tumor
cells led to a marked decrease in their mean gene expression levels
in bulk tumor tissues (Fig. 1c). CDKN2A and MTAP were
~100 kb apart on 9p21.3 and commonly co-deleted in human
cancers (Fig. 1a). Approximately 9.2% of cancers exhibited
homozygous co-deletion of CDKN2A and MTAP, 3.7% of cancers
had CDKN2A HD with wildtype or heterozygous MTAP, and
0.1% of cancers had MTAP HD with wildtype or heterozygous
CDKN2A (Fig. 1c, e). Twelve cancer types with frequent (>10%)
9p21 loss were selected for subsequent analyses (Fig. 1e and
Supplementary Data 3). In 7 out of these 12 cancer cohorts, the
frequency of 9p21 loss varied greatly across previously defined
molecular subtypes (Fig. 1f and Supplementary Fig. 1).

We next determined the pan-cancer prognostic significance of
9p21 loss (Fig. 1g, h and Supplementary Figs. 2–3). Consistently
in multiple TCGA cancer cohorts, patients whose tumors had
homozygous co-deletion of CDKN2A/MTAP and those who had
HD of either gene had significantly shorter survival (Fig. 1g), with
no statistical difference observed in the overall survival (OS) time
among these three groups (Supplementary Fig. 2). The differences
in OS time remained significant in individual cancer cohort and
when stratified by previously defined molecular subtypes (Fig. 1i
and Supplementary Fig. 3) and after adjustment for potential
confounding factors such as SCNA burden and TMB (Supple-
mentary Fig. 4). In addition, although LOH of 9p21 did not lead
to massive changes in CDKN2A/MTAP expression (Fig. 1c), it
conferred significantly shorter OS in comparison with tumors
with diploid/wildtype 9p21 (9p21-WT) (Fig. 1g and Supplemen-
tary Fig. 5). The genomic loci of type I interferon gene cluster,
located ~320 kb upstream of MTAP on 9p21 (Fig. 1a), is often co-
deleted with CDKN2A/MTAP in a subset of cancers. Survival
analysis stratified by CNV status of CDKN2A/MTAP and type I
interferon genes showed no statistical difference in OS time
among the groups (Supplementary Fig. 6).

9p21 loss correlates with “cold” tumor-immune phenotypes in
TCGA Cancers. We next assessed the immunomodulatory effects
of 9p21 loss on TME (Fig. 2). According to published data, the
spatial organization of tumor-infiltrating lymphocytes (TILs) is
an important pathological feature of tumor with prognostic
values22. A recent pan-cancer study of TIL patterns derived from
standard pathology cancer images analysis revealed high degrees
of spatial heterogeneity across TCGA cancers23. To examine
whether 9p21 loss influences TIL density and spatial lymphocytic
patterns, we analyzed the TIL map structure patterns character-
ized by Saltz et al.23 (Fig. 2a), which were available for 4337
TCGA cancers from 13 cancer types (Supplementary Data 4
and 5). Our analysis was focused on six cancer types [melanoma
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(SKCM), bladder (BLCA), pancreatic (PAAD) and gastric
(STAD) cancer, lung adeno- (LUAD), and squamous-cell carci-
noma (LUSC)] that had frequent 9p21 loss (>10%). Overall, we
observed decreased density of TILs (fewer TIL patches) in 9p21-
loss tumors compared to 9p21-WT tumors. For example, there
was a trend towards decreased proportion of the “brisk diffuse”
structural pattern (with diffusely infiltrative TILs scattered

throughout at least 30% of the area of the tumor) in 9p21-loss
tumors when compared to 9p21-WT tumors, particularly in
LUAD, STAD, and SKCM (Fig. 2b), whereas the “non-brisk,
multi-focal” pattern (with loosely scattered TILs present in <30%
but >5% of the area of the tumor) was increased in SKCM and
STAD with 9p21 loss. We also observed a trend towards
decreased proportion of the “non-brisk focal” pattern (with TILs
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scattered throughout <5% but >1% of the area of the tumor) in
SKCM with BRAF hotspot mutations (Supplementary Fig. 7), and
increased proportion of the “brisk band-like” pattern (with TILs
mostly localized to the invasive margin of the tumor without
entering the tumor body) in 9p21-loss LUAD with somatic EGFR
or STK11 mutations (Supplementary Fig. 7). Interesting, we
observed gradient changes in the spatial TILs patterns that cor-
respond to progressive copy number loss of 9p21 (from WT to
LOH then to HD) in LUAD, STAD, and SKCM (Fig. 2b and
Supplementary Fig. 7), supporting the regulatory interplay
between 9p21 loss and the spatial immune landscape of cancer.

To further examine the role of 9p21 loss in shaping immune cell
abundance and cellular composition, we performed immune
deconvolution analysis of the bulk RNA-seq data from TCGA by
applying MCP-counter24, CIBERSORT25, and CIBERSORTx26

the same way as described in our recent studies27,28. Consistently
across most (10/12) cancer types with frequent 9p21 loss (versus
9p21-WT tumors), we observed remarkable decrease in abun-
dance of B cells, T cells, NK cells, T follicular helper cells, memory
CD4 T cells, CD8 T-cells, and cytotoxic lymphocytes revealed by
both MCP-counter and CIBERSORTx, and such changes
remained significant in stratified analysis based on previously
defined molecular subtypes (Fig. 2c, d, Supplementary Fig. 8 and
Supplementary Data 6). In line with this observation, the
leukocyte fractions inferred from DNA methylation signatures29,
the richness and diversity of immune cell receptor repertoires, in
particular the T-cell receptor (TCR) CDR3 repertoire derived
from RNA-seq data were decreased significantly in a subset of
tumors with 9p21 loss (Fig. 2e and Supplementary Fig. 8). In
contrast, in GBM, esophageal carcinoma (ESCA), and EGFR-
mutant LUAD, we observed distinct features showing significantly
increased abundance of myeloid dendritic cells (DCs), neutrophils,
and fibroblasts (Fig. 2c) in 9p21-loss tumors and this observation
was also supported by independent analysis of marker gene
expression. For example, we analyzed myeloid DC subsets
including plasmacytoid dendritic cells (pDCs), LAMP3+DCs,
cDC1, and cDC230 and observed an overall decrease in all DC
subsets in 9p21-loss tumors, except the cDC2 population, which
was enriched in the esophageal squamous-cell carcinoma
(ESCA_ESCC) and EGFR-mutant LUAD with 9p21 loss (Supple-
mentary Fig. 10a). Consistently, the expression levels of CD1C, a
marker of cDC2 subset, were significantly increased in 9p21-loss
ESCA_ESCC and EGFR-mutant LUAD (Supplementary Fig. 10b).

Similarly, elevated marker gene expression for fibroblasts and
neutrophils in 9p21-loss ESCA_ESCC and EGFR-mutant LUAD
was also consistent with increased fibroblast abundance inferred
by MCP-counter (Supplementary Fig. 10c, d). In addition, we also
observed increased fractions of M2-like macrophages in sarcoma
(SARC), IDH-wildtype LGG, and GBM (Supplementary Fig. 11).
These results indicate that the immunomodulatory effects of 9p21
loss on TME (e.g. depletion of B/T cells or enrichment of myeloid
or stromal cells) varied depending on the cancer type.

Moreover, we performed correlation analysis to examine
whether 9p21 loss affects PD-L1 expression. A significant positive
correlation was observed between gene expression of CD274 (PD-
L1) and CDKN2A/MTAP in a subset of TCGA cancers
(Supplementary Fig. 12), which indicates decreased PD-L1
expression in cancers with 9p21 loss. Similar analyses were also
performed in 9p21-LOH cancers. Compared to the 9p21-WT
tumors, we observed a similar trend (significant but with less
magnitude) in the changes of immune cell abundance and cellular
compositions as seen in the 9p21-loss tumors, such as decreased
abundance of B, T, CD8 T, NK cells and cytotoxic lymphocytes,
increased fractions of macrophages, and reduced TCR CDR3
repertoire abundance and diversity (Supplementary Fig. 13), as
well as decreased PD-L1 expression (Supplementary Fig. 14).

To further understand the biological processes associated with
the cold immune phenotypes in cancers with 9p21 loss, gene set
enrichment analysis (GSEA) was employed for functional
enrichment analyses of tumors in TCGA, focusing on 41 curated
immune-related gene sets (Supplementary Data 7). Compared to
9p21-WT tumors, 9p21-loss tumors demonstrated a significant
decrease in a number of immune-related pathways including
antigen processing and presentation, BCR/TCR signaling, inter-
feron alpha/beta/gamma-mediated immune response, CTLs
pathway, and such changes were ubiquitous in 9 out of 12
examined cohorts, with exception of GBM, LGG, and ESCA
(Supplementary Fig. 15 and Supplementary Data 8). Consistently,
we observed a similar trend (significant but at lower magnitude)
in the changes of immune pathway activity in 9p21-LOH tumors
(Supplementary Fig. 16).

Finally, to further elucidate the potential mechanisms that
govern the cold immune phenotypes in 9p21-loss cancers, we
further analyzed the expression of a list of immunomodulatory
genes including the cytokines/chemokines regulating immune cell
trafficking, T-cell co-stimulatory genes, inhibitory immune

Fig. 1 9p21 loss is frequently observed in human cancer and associated with significantly shortened survival. a Schematic view of the chromosomal
region 9p21.3 showing genes mapped to this focal region, their relative genomic locations, and frequency of 9p21 homozygous deletion (HD) observed in
human cancer, based on data from the TCGA studies. b Pie charts showing the relative proportions of different types of somatic copy number variations
(SCNAs) identified in MTAP and CDKN2A, respectively. The genomic data of 10,435 tumors from the TCGA program were analyzed. WT wildtype and
diploid, LOH loss of heterozygosity (hemizygous deletion), HD homozygous deletion, Gain copy number gain or amplification. c The mRNA expression
levels of MTAP (left) and CDKN2A (right) were markedly reduced in tumors with homozygous deletion of the genes. The Numbers of biologically
independent samples were labeled on the violinplots. P values were calculated by two-sided Wilcoxon rank-sum test and adjusted for multiple testing. Box,
median ± interquartile range; whiskers, 1.5× interquartile range. ***P value < 0.001. Exact P values were P < 2 × 10−16 for all comparisons. d (left) The
relationship of different types of SCNAs between MTAP and CDKN2A and their relative frequencies (right). Mut mutation. e The landscape of 9p21 SCNAs
across TCGA cohorts. The colors are the same as shown in the panel d. (bottom) Histogram showing the fraction of different types of 9p21 SCNAs (as
defined in panel d) across TCGA cancer types (see Supplementary Data 1 for a complete list). (top) Line plot showing the fraction of MTAP and CDKN2A
specific events and co-deletions. f Representative tumor types demonstrating great variation in the frequencies of 9p21 loss across previously defined
molecular subtypes (see Supplementary Data 2 for the abbreviations of disease codes). P values were calculated by two-tailed Fisher’s exact tests. g The
prognostic significance of 9p21 loss at pan-cancer level in TCGA cohorts. A total of 10,283 patients with available survival data were included in survival
analysis. The line colors are the same as shown in the panel d. Log-Rank P values and the median overall survival time (in months) are shown. mo, months.
h Univariate Cox regression analysis of 9p21 loss for overall survival across 12 TCGA cohorts with frequent 9p21 loss (>10%, see Supplementary Data 3).
Numbers within the parentheses indicate the sample size. P values were calculated by Cox proportional hazards (PH) regression model. Error bars indicate
the estimated 95% confidence interval of the hazard ratio. i Representative examples showing that 9p21 loss is associated with significantly shortened
overall survival in individual cancer cohorts. The cancer type, molecular subtype, sample size, and Log-Rank P values are labeled on each plot. P values were
calculated by two-sided Log-rank test.
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checkpoints, genes regulating T-cell activation, expansion and
differentiation, and immune suppression (Supplementary Data 9).
Among them, 20 genes showed significant differences in their
expression levels between the 9p21-loss and 9p21-WT tumors in
at least one tumor type/subtype (Fig. 2f). We observed increased
expression of 5 immune suppressive genes including PVR
(CD155), TGFB1, NT5E (CD73), VEGFA, and CD276 (B7-H3)

in 9p21-loss tumors across multiple tumor types/subtypes when
compared to 9p21-WT tumors. The ligand CD155 expressed on
tumor cells can interact with its receptors on immune cells (e.g.
T cells, NK cells) and exert an inhibitory signal31. Recently,
stromal TGFβ signaling has been linked to T-cell exclusion from
human and mouse tumors6,32. CD73 encodes an immune
checkpoint mediator that is highly expressed on tumor or
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stromal cells in TME and it functions to catalyze AMP to
adenosine, which subsequently impairs anti-tumor T-cell
responses33. Numerous studies have highlighted a direct or an
indirect impact of VEGFA on the T-cell-based
immunosuppression34. B7-H3 inhibits APCs and stimulates
Tregs which results in IL-2 suppression. In contrast, the
expression of genes regulating immune cell trafficking (e.g.,
CXCL13, CXCL9, XCL2, CCL5), T-cell activation and clonal
expansion (e.g., CD27, CD28, ICOS, IL21, IL2) were massively
decreased in 9p21-loss tumors across multiple cancer types/
subtypes (Fig. 2f). Among them, CXCL9 is crucial for recruiting
immune T cells into the TME35, XCL2 plays a role in recruitment
of DCs36, and CXCL13 can recruit both T cells and B cells into
tumor tissues to enhance tumor immunity35. Taken together,
downregulation of these immunomodulatory factors regulating
immune cell recruitment, T-cell activation and clonal expansion
alongside with upregulation of the immune suppressive signaling
can collectively lead to “cold” immune phenotypes in 9p21-loss
tumors.

9p21 loss is associated with primary resistance to anti-PD-1/
PD-L1 monotherapy: data from eight solid tumor cohorts.
Given the evidence that “cold” tumors are unlikely to respond to
immunotherapy, we therefore hypothesized that patients whose
pre-treatment tumors harboring 9p21 loss may demonstrate
primary resistance to immune checkpoint inhibitors and hence
manifest low clinical response rates to ICT. To determine the
impact of 9p21 loss on clinical outcomes in patients treated with
ICT, we performed integrated analyses of the immunogenomic
and clinical data of patients receiving ICT (monotherapy) from
8 solid tumor cohorts (>1000 patients) (Table 1 and Supple-
mentary Data 10).

First, we screened the clinical trial database of Institute for
Personalized Cancer Therapy (IPCT) at MD Anderson Cancer
Center and identified 561 patients whose pre-treatment cancers
had 9p21 loss (Fig. 3a), which was determined by the SCNA
profiles derived from the FoundationOne CDx panel and/or
MTAP protein expression by immunohistochemistry (IHC).
Among these patients, 71 received anti-PD-1/PD-L1 monother-
apy and 48 had response data available for review. Six patients
were further filtered out due to rare cancer types, leading to a
group of 42 patients with 9p21 loss. Concurrently, we identified
another group of patients (n= 52) who received anti-PD-1/PD-
L1 monotherapy and whose pre-treatment cancers were 9p21-
WT with largely matched cancer type, gender and therapy as the
control cohort, resulting in a solid tumor cohort consisting of 94

patients (Fig. 3a and Supplementary Data 11) for subsequent
analysis. The clinical responses were assessed by the Response
Evaluation Criteria in Solid Tumors (RECIST) version 1.1
guideline. We categorized the solid tumors into ICT “responsive”
(including melanoma, lung, renal, head and neck, and esophageal
cancers that have PD-1/PD-L1 therapy already FDA-approved)
and ICT “refractory” (including breast, pancreatic, and prostate
cancer, and glioblastoma that have no FDA-approved ICT)
cohorts, and performed comparative analysis between the 9p21-
WT and 9p21-loss tumors within each cohort. For the cohort of
ICT “responsive” tumors, 27% of patients in the control group
(with 9p21-WT tumors) achieved complete or partial response
(CR/PR), whereas the response rate dropped to 4% (>6-fold
decrease, P= 0.030) in patients whose pre-treatment tumors
harboring 9p21 loss (Fig. 3b). For ICT “refractory” tumors, the
disease progression (PD) rate increased 1.9-fold (94% vs. 50%,
P= 0.005) in patients whose pre-treatment tumors had 9p21 loss
compared to those with 9p21-WT tumors (Fig. 3c).

We next assessed the impact of 9p21 loss on clinical responses
to ICT in four published melanoma cohorts: the high-risk
resectable melanoma cohort from Helmink et al.27, the two
metastatic melanoma cohorts from Liu et al.37 and Gide et al.38,
respectively, and the unresectable or advanced melanoma from
Riaz et al.39. (Fig. 3d, e and Supplementary Figs. 17–18; and
Supplementary Data 10). As the transcriptomic data were
available and easily accessible for all these cohorts, we inferred
9p21 status based on expression levels of CDKN2A and MTAP:
tumors with expression levels of both CDKN2A and MTAP below
their group medians were classified as “lo_lo” (CDKN2A_MTAP:
lo_lo), and tumors with expression levels of both genes above
their group medians were classified as “hi_hi” (CDKN2A_MTAP:
hi_hi). For all four cohorts, patients received ICT as monotherapy
(without prior history of ICT) and with immunogenomics data
generated on pre-treatment tumors were selected (Supplementary
Data 10). For the high-risk resectable melanoma cohort with
limited sample size27, we observed significant differences in the
response rates to Nivolumab monotherapy between the hi_hi and
lo_lo groups (Fig. 3d). The data showed a trend towards greater
RECIST response in the hi_hi group (Fig. 3e). Consistently,
similar trend was observed in three additional melanoma cohorts
(Supplementary Figs. Supplementary Data 17–18). Patients whose
pre-treatment tumors had low expression of both CDKN2A and
MTAP (lo_lo) showed on average 2.7-fold lower response rate to
ICT, compared to that observed in the hi_hi group. To increase
the statistical power, we further examined the impact of 9p21 loss
on clinical response to ICT in melanoma patients by combining

Fig. 2 9p21 loss is associated with ‘cold’ tumor-immune phenotypes. a Schema showing the patterns of spatial distribution of TILs defined by a previous
TCGA study by Saltz et al. b Gradient changes in the spatial TILs patterns among 9p21-WT tumors, 9p21-LOH tumors, and 9p21-loss tumors were
observed, which corresponded to progressive copy number loss of 9p21. The plots of three representative cancer types are shown (see more details in
Supplementary Fig. 7). The FDR q-values did not reach significance level at 0.05. c 9p21 loss in shaping the immune cell abundance and cell composition in
tumor microenvironment. Immune deconvolution was performed by applying MCP-counter24 to the bulk RNA-seq data, similarly as described in our recent
studies27,28. The data is shown for 12 TCGA cohorts (14 molecular subtypes) with frequent 9p21 loss (>10%, see Supplementary Data 3). The bubble plot
is drawn using computed log2-transformed fold change (9p21-Loss vs. 9p21-WT) and adjusted p-values (FDR q-value). The size of the bubble indicates
statistical difference, the bigger the more significant. The color of the bubble indicates change in the immune cell abundance in 9p21-loss tumors (vs. 9p21-
WT), with blue denotes depletion and red denotes enrichment. d Box plots of representative examples selected from the panel c (see more details in
Supplementary Fig. 8). P values were calculated by two-sided Wilcoxon rank-sum test. Number of samples: B cells in HNSC_HPV-: WT (n= 57); Loss
(n= 135); T cells in SKCM: WT (n= 71); Loss (n= 112); CD8 T cells in HNSC_HPV-: WT (n= 57); Loss (n= 135); CD8 T cells in PAAD: WT (n= 40); Loss
(n= 44); CTLs in PAAD: WT (n= 42); Loss (n= 44); CTLs in STAD: WT (n= 163); Loss (n= 46). Box, median ± interquartile range; whiskers, 1.5×
interquartile range. e The richness and diversity of T-cell receptor (TCR) repertoire was decreased in tumors with 9p21 loss in multiple TCGA cohorts. The
diversity of TCR repertoire is indicated by the Shannon entropy. The color of the bars indicates the significance level of changes in 9p21-loss tumors (vs.
9p21-WT). f Changes in immunomodulatory gene expression in 9p21-loss tumors in comparison with 9p21-WT tumors. A list of 28 immunomodulatory
genes (see a full list in Supplementary Data 9) were analyzed and the most significant ones are shown. The color of the bubble corresponds to Log2 fold
change in gene expression levels in 9p21-loss tumors (vs. 9p21-WT), with blue denotes decrease and red denotes increase in 9p21-loss tumors.
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these four datasets together, similarly as described in a previous
study40. In this combined melanoma cohort (n= 134), 22% of
patients in the lo_lo group achieved CR/PR following pembro-
lizumab or nivolumab monotherapy, and the response rate was
2.7-fold lower in the hi_hi group (60%, P= 0.0004) (Fig. 3f, left).
The difference in response rate remained significant in individual
pembrolizumab or nivolumab subpopulations (Fig. 3f, right).

We next sought to evaluate the validity of these findings across
additional cancer types in a large independent series. We first
assessed the metastatic urothelial cancer (mUC) cohort from MD
Anderson Cancer Center, which is composed of 86 patients who
received pembrolizumab (n= 64) or atezolizumab (n= 22) mono-
therapy (Fig. 4a and Supplementary Data 12). Eighty of 86 patients
with available response and follow-up data were considered in
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subsequent analysis. Due to data availability, the protein level
positivity of MTAP was used as a surrogate biomarker of 9p21 loss
based upon the observations that p16 does not stain well by IHC;
TCGA genomics data showed that all of the MTAP-HD bladder
cancers were also CDKN2A-HD (Fig. 1d, e); and HD ofMTAP led to
a marked decrease in its mean gene expression levels in bulk tumor
tissues (Fig. 1c) which was further reflected at the protein level. The
MTAP protein level positivity status was determined through a
CLIA-certified IHC test. MTAP positivity was performed on the
baseline biopsies and based on which, patients were stratified into
MTAP positive (MTAP+, n= 58) and MTAP negative (MTAP−,
n= 22) groups. PD-L1 IHC staining in tumor cells was performed in
a subset of patients, showing a trend of decreased fraction of PD-L1
positivity in tumors of the MTAP- group (Fig. 4b). Overall, 9% (2/22)
of patients in the MTAP− group achieved CR/PR following
pembrolizumab or atezolizumab monotherapy, which was more
than three times lower than that observed in the MTAP+ group
(29%, P= 0.078). On the contrary, the fraction of patients that
experienced disease progression was significantly increased in the
MTAP− group as compared to that in the MTAP+ group (86% vs.
53%, Fisher’s Exact test two-sided, P= 0.009) (Fig. 4c left and
Supplementary Fig. 19a). The difference in response and disease
progression rates were marginal in individual pembrolizumab or
atezolizumab cohort (Fig. 4c middle and right and Supplementary
Fig. 19b). Furthermore, patients of the MTAP- group exhibited
significantly reduced survival for both the progression-free survival
(PFS) and disease-specific survival (DSS), compared to those of the
MTAP+ group (Fig. 4d), and the difference in survival probability
remained significant in individual pembrolizumab and atezolizumab
cohorts (Supplementary Fig. 19c, d).

The association between 9p21 loss and lack of response to ICB
was further corroborated in a large cohort of non-small-cell lung
cancer (NSCLC) patients from Rizvi et al.17. Among 240 patients,
151 were LUADs, received PD-1/PD-L1 monotherapy and had
both genomic and response data available for subsequent analysis
(Fig. 4e and Supplementary Data 13). The copy number status of
9p21 was determined using genomic data from the MSK-
IMPACT panel41. PD-L1 protein expression on tumor cells was
available for 55 patients, of whom 33 (60%) had negative PD-L1
staining. PD-L1 expression at a high intensity (≥10%) was present
in 29% of samples in 9p21-WT tumors, however, it was not
detected in 9p21-loss tumors (Fig. 4f). Compared to the 9p21-WT
group, patients in the 9p21-loss group showed more than 4-fold
decrease (7% vs. 29%, likelihood-ratio chi-squared test,
P= 0.048) in the rate of durable clinical benefit (DCB), defined
by the original study17 (Fig. 4g) and reduced PFS (Fig. 4h). It was
shown in the original study that patients with low TMB (lower
than the group median) had a 20% rate of DCB, compared to a
36% rate with high TMB17 (Supplementary Fig. 20a), whereas the
presence of 9p21 loss was associated with a lower rate of DCB
(Fig. 4i), independent of the TMB level (Supplementary Fig. 20b):

patients with high TMB and 9p21 loss had a 17% rate of DCB and
none of the patients (0/8) with low TMB and 9p21 loss had DCB.
Similarly, patients with PD-L1 negativity had a 18% rate of DCB,
compared to a 36% rate with PD-L1 positivity (≥1% expression)
(Supplementary Fig. 20c), whereas none of the patients (0/6) with
9p21-loss tumors, irrespective of PD-L1 expression levels, had
DCB (Fig. 4k). Given the fact that 10% of patients with low TMB
and PD-L1 negative staining achieved DCB in the original study
(Supplementary Fig. 20d), these results suggest that 9p21 loss may
serve as a biomarker that can compensate for other biomarkers
including PD-L1 expression and TMB level, particularly in
identifying NSCLC patients that are unlikely to benefit from PD-
1/PD-L1 monotherapy. In line with this, we showed that patients
whose pre-treatment tumors had 9p21 loss, irrespective of TMB
level or PD-L1 expression, had a shorter PFS (Fig. 4j, l), indicating
the potential value of 9p21 loss as a biomarker for poor outcome
in the setting of PD-1/PD-L1 monotherapy.

Finally, these findings were replicated in an additional large-
scale phase-2 trial (IMvigor210) investigating PD-L1 blockade
(atezolizumab) in metastatic urothelial cancer (mUC) patients.
RNA-seq and PD-L1 staining data generated on the pre-
treatment tumors with overall response data available (n= 298,
Supplementary Data 14) were downloaded from the prior
published report by Mariathasan et al.6. 9p21 status was inferred
based on transcriptional expression levels of both CDKN2A and
MTAP, the same as described above in the melanoma cohorts.
We stratified CDKN2A/MTAP expression into increasing quar-
tiles and first examined whether changes in CDKN2A/MTAP
expression were associated with TME immune cell composition,
PD-L1 expression on immune and tumor cells and the immune
phenotypes. The abundance of CD8 T-cells, NK cells, cytotoxic
lymphocytes inferred by MCP-counter (Supplementary Data 15),
and the relative proportion of M1-like macrophages estimated by
CIBERSORT (Supplementary Data 16) was significantly lower in
tumors with low (Q1) than those with high (Q4) CDKN2A
expression (Supplementary Fig. 21a). PD-L1 mRNA expression
was downregulated in tumors of the lo_lo group (Supplementary
Fig. 21b). PD-L1 protein expression levels on both immune and
tumor cells measured by IHC staining were decreased in the lo_lo
group, especially in tumors with low (Q1) CDKN2A expression
(Fig. 5a, left). In addition, the fraction of “inflamed” immune
phenotype was significantly lower in low (Q1) than those with
high (Q4) CDKN2A expression (Fig. 5a, right).

We next examined how decreasing cut points of CDKN2A/
MTAP expression affects response rates to anti-PD-L1 (atezoli-
zumab) treatment. When MTAP/CDKN2A expression levels were
stratified into decreasing quantiles, CR/PR rates dropped
significantly with diminished levels of MTAP/CDKN2A expres-
sion (Fig. 5b, left and middle) and a composite of CDKN2A plus
MTAP expression further segregated patients by their response
rates (hi_hi: 32% versus lo_lo: 12%, P= 7.0e-5) (Fig. 5b, right), as

Fig. 3 9p21 loss is associated with immune resistance to anti-PD-1/L1 monotherapy in solid tumors. a–c the MDA (MD Anderson Cancer Center) solid
tumor cohort (n= 94 patients). a Schematic view of the information collection and analysis flow. b 9p21 loss is associated with lack of response to anti-PD-
1/L1 monotherapy in the ICT “responsive” tumor cohort. The response rates (percentages of CR/PR) were compared between the two groups. c 9p21 loss
is associated with disease progression following anti-PD-1/L1 monotherapy in the ICT “refractory” tumor cohort. The progression rates (percentages of PD)
were compared between the two groups. P values were calculated by two-tailed Fisher’s exact tests. d, e the high-risk resectable melanoma cohort from
Helmink et al. hi_hi, tumors with mRNA expression levels of both CDKN2A and MTAP above the group median and lo_lo, tumors with expression levels of
both genes below the group median. d Comparison of the response rates (percentages of CR/PR) to ICT between the hi_hi and lo_lo groups. P values were
calculated with two-sided Fisher-exact test. e Waterfall plot showing the RECIST response calculated based on the percentage of change in tumor volume
relative to baseline. P value was calculated using the two-sided Mann–Whitney U test. f The combined melanoma cohort from 4 studies (see Table 1 and
Supplementary Data 10 for details). The response rates were compared between the hi_hi and lo_lo groups for all patients together (left), and in individual
patient subpopulations receiving nivolumab (middle) and pembrolizumab (right), respectively. P values were calculated using the two-tailed Fisher’s
Exact tests.
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well as survival in the setting of atezolizumab therapy (Fig. 5c,
Supplementary Fig. 21d). Multivariable Cox regression analysis
showed that 9p21 loss was a strong prognosticator of short
survival, independent of other variables such as immune cell PD-
L1 expression or TMB levels (Fig. 5d).

We further assessed whether 9p21 loss can synergize with D-L1
expression or TMB in identifying non-responders to atezolizumab

(Fig. 5e). Patients with high PD-L1 expression (≥5%, IC2+) on
immune cells and high CDKN2A/MTAP expression (hi_hi) in their
pre-treatment tumors had the best response rate (36%), and those
with low PD-L1 expression (<5%, IC0/1) on immune cells but high
CDKN2A/MTAP expression in their pre-treatment tumors also
responded well (30%), whereas those with low PD-L1 expression on
immune cells and low CDKN2A/MTAP expression exhibited the
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lowest response rate (4.6%, 4/87), which was 7.8-fold lower than that
in the first group −high immune cell PD-L1 expression and high
CDKN2A/MTAP expression in tumor cells, and 3.7-fold lower than
the rate in PD-L1-low patients that stratified solely based on the
immune cell PD-L1 expression. Similarly, patients with low TMB and
low CDKN2A/MTAP expression in their pre-treatment tumors had
only a 3.5% (2/58) rate of CR/PR, which was 12.9-fold lower than
that in the best group (high TMB and high CDKN2A/MTAP
expression, 45%), and 3.4-fold lower than the rate in TMB-low
patients stratified solely based on TMB levels.

To evaluate the translational relevance of the findings, a logistic
regression model was built with these three factors (9p21, PD-L1
expression on immune cells, TMB) and tested in the mUC cohort
from Mariathasan et al.6, which showed marginal significance for
all three variables (P= 0.05, 0.06, 0.05, respectively). We then
built a “response score” incorporating these factors and stratified
patients into 3 groups, with high3,4, intermediate1,2, and low(0)
response score. Our data demonstrated that only 2.4% (1/42) of
patients with a response score= 0 had a response, whereas 14%
(11/78) of patients with a response score of 1–2 and 46% (36/78)
of patients with a response score of 3–4 achieved CR/PR,
respectively (P= 8.7e-8, Fig. 5e, right). This model allowed us to
stratify patients into a bottom group (response score= 0) that
composed of patients who were nearly exclusive non-responders
(CR/PR: 2.4%, 1/42), a middle group (response score= 1–2) that
exhibited ~6-fold (CR/PR: 14%, 11/78) higher response rate than
patients in the bottom group, and a top group (response
score= 3–4) that showed ~20-fold (CR/PR: 46%, 36/78) higher
response rate than patients in the bottom group, i.e., composed of
patients who derived the greatest therapeutic benefit from ICT.

In accordance with this, survival analysis showed that patients
with low CDKN2A/MTAP expression in their pre-treatment
tumors had poor outcome, demonstrating that our proposed
composite of 9p21 status plus PD-L1 or TMB can better stratify
patients (Fig. 5f).

Taken together, our analyses of 757 patients across different
tumor types (Table 1) demonstrate that 9p21 loss is associated
with poor clinical response to ICT in the group of patients who
would otherwise already have poor prognosis, further high-
lighting the urgent needs of identifying other potential therapeu-
tic targets, which is explored in the following section.

Therapeutic vulnerabilities and potential targets in tumors
with 9p21 loss. In an attempt to develop alternative strategies to
overcome ICT resistance and poor clinical outcomes in patients with
9p21-loss cancers, we explored potential druggable targets by mining
the available biological datasets. We first analyzed bulk RNA-seq data
generated on the pre-treatment tumors from patients in the mUC

cohort by Mariathasan et al.6. Differential gene expression (DEG)
analysis focusing on a curated list of ~500 genes (including known
and emerging viable immunomodulatory targets and other druggable
targets of cancer, see Supplementary Data 17) identified 26 sig-
nificantly upregulated genes (expression FC > 1.2 and adjusted P-
value < 0.05) in tumors with low CDKN2A/MTAP expression (lo_lo
tumors) (Fig. 6a and Supplementary Data 18). Among them, some
are promising therapeutic targets in cancer immunotherapy such as
TGF-β signaling (TGFB1, SMAD3)6,42,43, Siglec-15 (SIGLEC15)44,45,
CEACAM146,47, VEGFA48, and other druggable targets such as
PRMT149–51, and pyruvate kinase M2 (PKM)52–54, and glucose
transporter 1 (SLC2A1/GLUT1)55,56. Consistently, we observed strong
negative correlations between mRNA expression of MTAP/CDKN2A
and many of these upregulated genes (Fig. 6b and Supplementary
Data 19), and interestingly, these genes were significantly upregulated
in the pre-treatment tumors of the lo_lo group that progressed fol-
lowing atezolizumab therapy (Fig. 6c).

To examine whether these potential targets are widely
applicable to other cancer types with 9p21 loss, we performed a
pan-cancer analysis of these ~500 genes (Supplementary Data 20)
focusing on 12 cancer types that showed frequent 9p21 loss
(Supplementary Data 3). We found that some druggable targets
such as TGF-β signaling, CDK6, PRMT1, Siglect-15, CD73
(NT5E), glucose transporter 1 (SLC2A1/GLUT1), TIGIT pathway
CD155/CD112 (PVR/NECTIN2), PKM, the TWEAK receptor
Fn14 (TNFRSF12A)57,58, and VTCN1 (B7-H4) were present in
multiple cancer types, demonstrating significant inverse correla-
tion with CDKN2A/MTAP expression (Fig. 6d, e and Supple-
mentary Data 19) and/or upregulated in tumors with 9p21 loss
(Fig. 6f), while some others were tumor-type specific such as
CEACAM1, IDO1, and SIRPa. These results indicate that tumors
with 9p21 loss should be treated as a heterogenous group and
necessitate tailored therapy, due to the differential expression of
these druggable targets across distinct tumor types/subtypes.

Discussion
9p21 loss is one of the most frequent SCNAs observed in human
cancers19–21. However, the molecular consequences of 9p21 loss,
in particular, its role in modulating the tumor-immune micro-
environment and consequently, patient response to ICT, are not
fully characterized. In this study, we systematically characterized
9p21 loss in large independent datasets from TCGA and 8 clinical
trials of immune checkpoint inhibitors across various cancer
types. High-dimensional integration of the molecular, immuno-
genomic, and clinical data allowed us to elucidate how 9p21 loss
shapes the anti-tumor-immune response and influences efficacy
of ICT. We demonstrated that 9p21 loss is associated with
“cold” tumor-immune phenotypes, primary resistance to immune

Fig. 4 9p21 loss is associated with immune resistance to anti-PD-1/L1 monotherapy in large metastatic urothelial cancer (mUC) and advanced non-
small-cell lung cancer (NSCLC) cohorts. a–d the MDA mUC cohort. A total of 86 mUC patients who received either pembrolizumab or atezolizumab
monotherapy were included and 80 patients with available response and MTAP IHC data were taken into subsequent analyses. Samples were collected
prior to ICT. a Schematic view of the information collection and analysis flow. b Decreased trend of PD-L1 stain positivity in MTAP-negative tumors. Colors
in this plot indicates the four categories of PD-L1 IHC staining results. c MTAP loss is associated with primary resistance to ICT and disease progression
following pembrolizumab or atezolizumab monotherapy. P values were calculated using the two-tailed Fisher’s Exact tests by comparing the rates of
disease progression (percentages of PD) between two groups. d MTAP loss is associated with worse progression-free survival (PFS) and disease-specific
survival (DSS) in mUC patients received pembrolizumab or atezolizumab monotherapy. e–l the MSK NSCLC cohort from Rizvi et al.17. e Schematic view of
the information collection and analysis flow. A total of 151 LUAD patients received PD-1/L1 as monotherapy with available genomic and response data were
included in subsequent analyses. f Decreased trend of PD-L1 positivity in tumors with 9p21 loss. Colors in this plot indicates the categorized PD-L1 IHC
staining results. g 9p21 loss is associated with a lower rate of DCB (response defined and shorter PFS (h). DCB, durable clinical benefit, defined as
complete/partial response or stable disease that lasted >6 months by the original study17 (the detailed classification of CR, PR, SD, PD were not available).
NDB no durable benefit. Integration of 9p21 status with TMB (i, j) or PD-L1 expression (k, l) in patient stratification for response and PFS. TMB tumor
mutation burden. PD-L1 expression was measured by immunohistochemistry staining by the original study. P value in panel H was calculated with two-
sided Log-rank test. P values in panels g, i and k were calculated by two-tailed Fisher’s exact tests.
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checkpoint inhibitors and poor outcomes following ICT. Primary
resistance to ICT is a significant barrier to efficacy in current
treatment of cancer2, and elucidation of the molecular cues may
thus facilitate the design of effective therapeutic interventions to
improve clinical outcomes.

We demonstrate that 9p21-loss tumors were immunologically
“cold”, exhibiting much lower densities of TILs, reduced

abundance of tumor-infiltrating immune cells of both the adap-
tive (e.g. B and T cells) and innate (e.g. NK cells) immune sys-
tems, altered spatial TILs patterns, shifted immune cell
compositions, impaired TCR, antigen presentation, interferon
signaling, and a lower rate of PD-L1 positivity. Such alterations in
TME were consistently observed across 9 out of 12 tumor types
analyzed in this study, suggesting a global phenomenon in the
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setting of data heterogeneity. The “cold” immune phenotypes in
9p21-loss cancers were likely attributed to both the down-
regulation of factors regulating immune cell recruitment, T-cell
activation, clonal expansion, and the upregulation of immune
suppressive pathways. For example, expression of CXCL13,
CXCL9, XCL2, CCL5, cytokines regulating immune cell recruit-
ment and CD27, CD28, ICOS, IL21, the stimulatory signaling of
T-cell activation and clonal expansion were significantly
decreased, whereas expression of PVR (CD155), TGFB1, NT5E
(CD73), VEGFA, CD276 (B7-H3) the immune suppressive genes
were upregulated in 9p21-loss cancers. At the metabolic level, the
association between 9p21 loss and cold immune phenotypes is
also supported by several lines of experimental evidence. For
example, it has been shown in cancer cell lines that MTAP loss
(present in >99% of tumors with CDKN2A loss) results in an
accumulation of the metabolite 5′-methylthioadenosine (MTA) in
tumor cells and the extracellular environment. MTA is a structural
analog of the negative immune regulator adenosine that acts
through the adenosine A2B receptor (ADORA2B)59–61. Published
reports indicate that tumor-derived MTA metabolite acts to
suppress T-cell functions62 and to inhibit arginine methylation of
STAT1, thus leading to diminution of the biological responses to
interferons (IFNs)63, which is essential for T-cell function and PD-
L1 expression. Other than impaired T-cell function and interferon
signaling, MTAP loss has been shown to promote the immuno-
suppressive alternative activation of M2-like macrophages in GBM
cell lines64. In addition, CDKN2A deletion leads to constitutive
CDK4/6 activity, which is although best known for its function in
promoting cell cycle progression, emerging evidence indicates its
roles in regulating T-cell biology65. CDK4/6 have been shown as
master regulators of the immune resistance program in melanoma
and inhibition of CDK4/6 represses the resistance program and
improves responses to ICT in vivo66. Taken together, these various
mechanistical insights highlight an intimate link between 9p21
loss and unfavorable reprogramming of the TME.

Another important finding of this study is that 9p21 loss is
strongly associated with primary resistance to ICT. Despite uti-
lizing different approaches to infer 9p21 copy number status
limited by the availability of genomic, transcriptomic, or IHC
data, our integrated analysis of the immunogenomic and clinical
data from 8 clinical trials (~800 patients) with anti-PD-1/PD-L1
therapy consistently show a compelling relationship between
9p21 loss and reduced clinical response rates. The response rate

to ICT was decreased significantly in large-scale independent
studies such as the mUC, advanced NSCLC, and miscellaneous
solid tumor cohorts, as well as the combined melanoma cohorts.
Compared to 9p21-WT tumors, 9p21-loss tumors exhibited on
average a 2.8-fold lower response rate to ICT. Notably, 9p21 loss
may serve as a potential biomarker that synergize with PD-L1
expression and TMB (outperforms PD-L1 or TMB alone or in
combination), in identifying both patients who have great
potential to benefit from ICT and the likely non-responders. The
ability of stratifying patients to match a specific therapy through
clinical biomarkers has several important implications encom-
passing improved overall therapeutic efficacy, reduction of eco-
nomic burden. What’s more importantly, identification of
potential non-responders prior to ICT can guide early and more
effective interventions in these patients by targeting other
potential druggable vulnerabilities of the tumors.

9p21 loss correlates with the worst prognosis across both TCGA
cancers and other public cohorts receiving ICT. Therefore, there is
an unmet need to develop effective therapies for this patient
population that accounts for 13% of patients with cancer. With the
available datasets, we identified multiple potential druggable targets
(Fig. 6g) including TGF-β signaling6,42,43, CDK6, PRMT149–51,
CD73, glucose transporter 155,56, Siglec-1544,45, TIGIT pathway,
VEGFA48, pyruvate kinase M2 (PKM2)52–54, and B7-H4 (VTCN1)
that were upregulated in multiple cancer types, and CEACAM1,
IDO1, and SIRPa that were tumor-type specific. Further preclinical
and functional studies are warranted to assess their therapeutic
potential and build rationale for developing effective combination
therapies. These results also highlight the heterogeneous nature of
9p21-loss tumors which necessitate tailored therapy.

Although this study is focused on 9p21 loss, we note that across
multiple cancer cohorts, hemizygous deletion (9p21 LOH) is also
associated with significantly shorter survival, reduced T-cell
abundance and TCR repertoire diversity, lower abundance of T,
B, CD8 T cells, cytotoxic lymphocytes, and lower rate of PD-L1
positivity, but with less magnitude compared to the corre-
sponding levels observed in the 9p21-loss tumors. 9p21 LOH may
also influence patient response to ICT, as indicated in the mUC
cohort showing that the rates of CR/PR diminished significantly
with decreasing MTAP/CDKN2A expression. A recent clinical
trial investigating nivolumab in advanced clear cell renal cell
carcinoma (ccRCC) demonstrated that 9p21 deletion (LOH)
(n= 57) was associated with worse outcomes with PD-1

Fig. 5 Validation of the translational impact of 9p21 loss on ICT in large-scale metastatic urothelial cancer (mUC) cohort. Patients were from the
IMvigor210 trial investigating Atezolizumab (anti-PD-L1) blockade in the mUC cohort (n= 298 patients). Pre-treatment samples were collected for bulk
RNA-seq and immune profiling and the data was downloaded from a published study from Mariathasan et al.6. a The proportions of immune (left) and
tumor (middle) cells that were positive for PD-L1 staining (by SP142 immunohistochemistry) were significantly lower in tumors with decreased CDKN2A
expression (top and bottom quantiles, Q4 vs. Q1), and the fraction of “inflamed” immune phenotype (right) was also significantly lower in low (Q1) than
those with high (Q4) CDKN2A expression. The immune phenotypes were defined by CD8 IHC staining by the original study. P values were calculated by
two-tailed Fisher’s exact tests. b (left, middle) The CDKN2A and MTAP expression levels, respectively, were stratified into decreasing quantiles, and the
response rates (percentages of CR/PR) decreased significantly with decreasing MTAP/CDKN2A expression. (right) CDKN2A and MTAP co-expression
patterns can better stratify patients for response (hi_hi, tumors with mRNA expression levels of both CDKN2A and MTAP above the group median, n= 124,
and lo_lo, tumors with expression levels of both genes below the group median, n= 127), and overall survival (c) following PD-L1 blockade by
Atezolizumab. P values in panel b were calculated by two-tailed Fisher’s exact tests. P value in panels c was calculated with two-sided Log-rank test.
d Multivariable Cox regression analysis showing that 9p21 loss was a strong prognosticator of short survival, independent of other variables listed. Cox
proportional hazards (PH) regression model was used to calculate the Hazard Ratio (HR), the 95% confidence interval (95%CI) and P values. Error bars
indicate the estimated 95%CI of the HR. Number of samples: CDKN2A_MTAP, lo_lo (n= 127), hi_hi (n= 124); Tumor-cell PD-L1, High (n= 42), Low
(n= 255); Immune cell cell PD-L1, High (n= 102), Low (n= 195); TMB, High (n= 120), Low (n= 114); Sex, Male (n= 233), Female (n= 65); Tobacco use,
Smoker (n= 32), and non-smoker (n= 266). e 9p21 status can compensate PD-L1 expression and TMB in identifying the responders and non-responders
to Atezolizumab and showed significant correlates with survival (f). The cut off of PD-L1 expression was 5% as suggested by the original study, and the
median value of TMB was used to split patients into TMB-high and TMB-low groups. Patients without PD-L1 IHC data (n= 1) and those without TMB data
(n= 64) were excluded from corresponding analysis. Response scores were calculated by incorporating three factors (9p21, PD-L1 expression on immune
cells, TMB), which stratified patients into three groups, with high3,4, intermediate1,2, and low(0) response score. Log-Rank P values and the median overall
survival time (in months) are shown. mo months. P values in panel e, f were calculated by two-tailed Fisher’s exact tests.
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blockade, however 9p21 LOH was enriched in the infiltrated
tumors18. Homozygous deletion of 9p21 was not observed in this
cohort (0%) and rarely seen in the TCGA (2.9%) ccRCC cohorts,
but 9p21 LOH occurs frequently in both cohorts, with a fre-
quency of 25.6% and 26.7%, respectively. However, given that
9p21 LOH did not lead to massive changes in MTAP/CDKN2A
expression but conferred significantly shorter overall survival, we

further conducted a systematic screening of genes, including both
coding and non-coding ones, located at the 9p21.3 locus (n= 31,
Supplementary Data 21) to identify targets for the phenotypic
correlates. Our integrative analysis showed that among these 31
genes, CDKN2A and MTAP were the only two genes displaying
significant correlation with tumor-immune phenotypes, patient
responses to ICT, and patient survival (Supplementary Fig. 22).
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We therefore speculate that phenotypic changes observed in
9p21-LOH tumors could be partially due to the haploinsuffi-
ciency of CDKN2A, as described in a previous study67. Given the
fact that 9p21 LOH is generally an arm-level event which is
different from the focal 9p21 loss, we also acknowledge that other
genes located elsewhere on chromosome 9p may have some
functional relevance, e.g. CD274 (encoding the PD-L1) at 9p24.1,
which may be co-lost along with 9p21 in some patients. Never-
theless, further investigation will be needed to elucidate the
detailed mechanisms. It is noteworthy that most of the potential
druggable targets identified in 9p21-loss tumors were also sig-
nificantly increased in 9p21-LOH tumors (though less magni-
tude) in comparison with 9p21-WT tumors (Supplementary
Fig. 23). Across TCGA cancer studies, tumors with 9p21 LOH
account for 25% of patients with cancer, which highlights a
broader population of cancer patients who may potentially benefit
from 9p21-directed risk stratification and tailored therapies.

Finally, it is important to note that this study was focused on
characterizing the molecular consequences and phenotypic cor-
relates of a frequent SCNA event, 9p21-loss, in human cancer,
and it was not designed to screen for the best SCNA event cor-
relating with ICT therapy success. There is no doubt that com-
paring 9p21-loss with other frequent SCNA events can help better
define its clinical significance, however in this study, such analysis
was limited due to the availability of the genomic datasets. In the
mUC cohort from Mariathasan et al., we were able to compare
9p21 loss with other known factors associated with ICT therapy
response reported by a recent study68. As expected, the levels of
TMB, Clonal TMB, APOBEC and UV signatures, CD8A, CXCL9
and CXCL13 expression were associated with superior response,
whereas the presence of 9p21 loss, especially downregulation of
CDKN2A/MTAP expression, was the most significant marker
associated with inferior response (Supplementary Fig. 24).

In summary, our data demonstrate that 9p21 loss is a pan-
cancer genomic determinant of the cold immune phenotypes and
contributes to primary resistance to ICT. 9p21 loss can serve as a
potential biomarker of inferior response to ICT and guide patient
stratification for therapy and the development of alternative
therapeutic interventions.

Methods
Patient cohorts, clinical characteristics, sample collection, and filtering
MDA metastatic urothelial cancer (mUC) cohort (n= 80). Consecutive patients
from MD Anderson Cancer Center who were treated with atezolizumab or

pembrolizumab as monotherapy between December 2016 and July 2019 were
included in this retrospective analysis. All patients signed an informed consent for
use of clinical data for research purposes. This study was approved by the Internal
Review Board of MD Anderson Cancer Center. Patient eligibility criteria included
histologically confirmed urothelial carcinoma, presence of metastatic disease,
treatment with at least one dose of atezolizumab or pembrolizumab, and with
available clinical and imaging data prior to initiation of atezolizumab or pem-
brolizumab. Patients enrolled in any clinical trial investigating atezolizumab or
pembrolizumab during the study period were excluded. Initially, 86 mUC patients
were identified, 6 of them who had no available PET/CT images for response
evaluation were excluded. Finally, a total of 80 mUC patients were identified and
included in this study, including 22 patients who received Atezolizumab mono-
therapy and 58 patients who received pembrolizumab monotherapy. 9p21 status
was determined through a CLIA-certified immunohistochemistry (IHC) test of
MTAP positivity by IHC staining. An experienced nuclear medicine radiologist
(Y.L), blinded to genomic and clinical data, performed tumor measurements using
Response Evaluation Criteria in Solid Tumors version 1.1 (RECIST 1.1). Disease-
specific survival (DSS) was calculated from the date of first diagnosis of metastasis
until recoded death from UC. Progression-free survival (PFS) was calculated from
the time of first subsequent immunotherapy dose infusion to the date of radi-
ological progression or death, whichever occurred first. Clinicopathological char-
acteristics of the patients are summarized in the Supplementary Data 12.

MDA solid tumor cohort (n= 94). To determine the impact of 9p21 loss on clinical
outcomes in patients treated with immune checkpoint inhibitors, we screened the
clinical trial database of Institute for Personalized Cancer Therapy (IPCT) at MD
Anderson and identified 561 patients with 9p21 loss. 9p21 copy number status was
determined based on the copy number profiles inferred from the targeted Foun-
datioOne CDx panel (through standard bioinformatics pipeline) and/or MTAP
protein expression indicated by MTAP immunohistochemistry staining. Pre-
treatment tumors with homozygous deletion of 9p21 (i.e. CDKN2A/B homozygous
deletion) and/or loss of MTAP protein expression were classified as 9p21-loss and
tumor with diploid 9p21 and MTAP stain positive were classified as 9p21-WT.
Among 561 patients with 9p21 loss, 71 received anti-PD-1/PD-L1 monotherapy
and 48 of them had response/follow-up data available for review. Using the same
database, we tried to match (largely but not completely) the cancer type, gender,
age, therapy received, and lines of therapy of patients included in the 9p21-loss
group, and identified a group of patients (n= 52) who were treated with anti-PD-
1/PD-L1 monotherapy and whose pre-treatment tumors were 9p21-WT as the
control. Six patients were filtered out from the 9p21-loss group due to rare cancer
types, leading to a cohort of 94 patients (9p21-Loss= 42, 9p21-WT= 52). The
diagnosis of the disease was verified independently by experienced pathologists and
the response was confirmed by an experienced radiologist by reading the PET/CT
images following the Response Evaluation Criteria in Solid Tumors (RECIST)
version 1.1 guideline. A detailed summary of 94 patients was provided in the
Supplementary Data 11.

Public datasets, data processing, sample selection and filtering
TCGA datasets. The DNA copy number and bulk mRNA-seq expression data
(normalized) generated by The Cancer Genome Atlas (TCGA) Program on 33
tumor types were downloaded from the NCI Cancer Genomic Data Commons
(NCI-GDC: https://gdc.cancer.gov). The mRNA-seq expression data were pro-
cessed and normalized by the NCI-GDC bioinformatics team using their

Fig. 6 Therapeutic vulnerability and potential immunotherapy targets in tumors with 9p21 loss. a–c Identification of potential immunotherapy targets in
the mUC cohort from Mariathasan et al.6. a Differentially expressed immune-related genes in the CNKN2A_MTAP: lo_lo tumors. A curated list of ~500
genes (including known and emerging viable immunomodulatory targets and other druggable targets of cancer and cytokines, see Supplementary Data 17
for the complete list) were analyzed the most significant genes that upregulated in the lo_lo group (except CD274 which was downregulated) were labeled
on the plot. Two vertical lines indicate gene expression fold change (lo_lo vs. hi_hi) >1.2 and <−1.2, respectively, and the horizontal line indicates the
adjusted P value (FDR q-value) of 0.05. P values were calculated by two-sided Wilcoxon rank-sum test. The color of the dot represents the FDR (q-value)
levels. b Spearman correlation analysis identified potential immunotherapy targets that were reversely correlated with CDKN2A/MTAP expression, i.e.
upregulated in tumors with low CDKN2A/MTAP expression. The Spearman correlation ecoefficiency is shown on the x axis and the bars are color coded by
FDR q-value. Two vertical lines indicate Spearman’s ρ <−0.2 and <−0.4, respectively. The color of the bar represents the FDR (q-value) levels. c Box plots
showing representative genes displayed in panels a and b. The expression levels were compared in the pre-treatment tumors between the lo_lo and hi_hi
groups and stratified by patient’s response status (SD and PD). Sample size: SD, hi_hi (n= 24), lo_lo (n= 18); PD, hi_hi (n= 57), and lo_lo (n= 67). P
values were calculated by two-sided Wilcoxon rank-sum test. Box, median ± interquartile range; whiskers, 1.5× interquartile range. d–f Identification of
potential immunotherapy targets in the TCGA cohorts. d Spearman correlation of gene expression with CDKN2A/MTAP across 12 TCGA cohorts (14
molecular subtypes) with frequent 9p21 loss (>10%, see Supplementary Data 3). The size of the bubble represents the correlation levels. The color of the
bubble represents the FDR levels. Red: positive correlation. Blue: negative correlation. e Scatter plots showing representative genes displayed in the panel d.
The cancer type and molecular subtype, Spearman correlation ecoefficiency and FDR q-value are labeled on each plot. Error bands indicate the estimated
interval of correlation level. f Box plot showing VTCN1 (B7-H4) expression between the 9p21-loss and 9p21-WT groups. Sample size: STAD_All, WT
(n= 171), Loss (n= 50); STAD_CIN, WT (n= 45), Loss (n= 39); ESCA_All, WT (n= 32), Loss (n= 64); ESCA_ESCC, WT (n= 12), Loss (n= 52);
LUAD_All, WT (n= 162), and Loss (n= 87). Box, median ± interquartile range; whiskers, 1.5× interquartile range. g Schema summaries the immunological
modulation of 9p21 to the TME and potential immunotherapy targets identified in this study.
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transcriptome analysis pipeline. The clinical annotation of TCGA patients were
downloaded from recent TCGA Pan-cancer studies69,70. The patients whose sur-
vival data were not available (n= 152) were excluded from survival analysis. The
copy number status of CDKN2A, MTAP, and Interferon genes was determined
based on the gene-level copy number calls (downloaded from NCI-GDC) inferred
by the GISTIC algorithm71. The copy number status at chromosomal region 9p21
was carefully investigated and based on which, samples were classified into dif-
ferent groups. Briefly, the tumors with wildtype and diploidy 9p21 were classified
into the “9p21-WT” group, which was used as control for subsequent analysis.
Tumors that had LOH (loss of heterozygosity) at both CDKN2A and MTAP loci
were classified into the “9p21-LOH” group, and tumors had homozygous deletion
(HD) of either CDKN2A or MTAP were classified into the “9p21-Loss” group. The
copy number status of interferon-alpha family genes was also evaluated and based
on which, the samples were further classified into subgroups. The Supplementary
Data 1 provides a full list of TCGA samples and their corresponding cancer types
and 9p21 status included in this study. The spatial organization of tumor-
infiltrating lymphocytes (TILs) and TIL map structure patterns for n= 4337
tumors from 13 tumor types were downloaded from Saltz et al.23. The Supple-
mentary Data 4 provides a full list of these tumors with 9p21 status.

Public datasets of anti-PD-1/L1 clinical trials. A total of six additional public
datasets were downloaded from published studies (Table 1). The MSK advanced
NSCLC cohort (n= 151): The genomic, PD-L1 expression, and clinical data of
n= 240 non-small-cell lung cancer (NSCLC) patients were downloaded from Rizvi
et al.17. Among 240 patients, 186 were lung adenocarcinoma (LUAD) and 27 of
them received combinational therapy. The patients with lung adenocarcinoma
(LUAD), received anti-PD-1/L1 monotherapy and with response data available
(n= 151) were then selected for subsequent analysis (Supplementary Data 13). The
9p21 copy number status was determined using the GISTIC copy number calls
downloaded from cBioPortal. Somatic mutations identified by the targeted MSK-
IMPACT panel41 were carefully reviewed and two tumors with truncating muta-
tions in CDKN2A were further excluded. PD-L1 protein expression score (by IHC
staining) was available for 55 tumors, of whom 22 had ≥1% expression. For tumor
mutation burden (TMB) analysis, tumors with TMB greater than the group median
were categorized into “TMB-high” group and that with TMB less than the group
median were categorized into “TMB-low” group. The efficacy was assessed by
RECIST 1.1 and durable clinical benefit (DCB) was defined by the original study as
partial response/stable disease that lasted >6 months17. A detailed summary of
patients and corresponding immunogenomic features was provided in the Sup-
plementary Data 13.

The mUC cohort from IMvigor210 trial (n= 298): The clinical, bulk RNA-seq, and
immune profiling data including PD-L1 protein expression in tumor and immune cells
and tumor-immune phenotypes were downloaded from Mariathasan et al.6 by
following the link (http://research-pub.gene.com/IMvigor210CoreBiologies). The
genomic data was not available and 9p21 status was inferred based on the
transcriptional expression levels of both CDKN2A and MTAP. The tumors with high
(above group median) expression of both CDKN2A and MTAP (hi_hi), and that with
low (below group median) expression of both CDKN2A and MTAP (lo_lo) were taken
into subsequent analysis. PD-L1 protein expression in tumor and immune cells (by
SP142 IHC staining) was available for 297 out of 298 tumors, of whom 102 had ≥5%
expression and 112 had ≥1% expression in immune cells, and 42 had ≥5% expression
and 17 had ≥1% expression in tumor cells. The immune phenotype data defined by
CD8 IHC was available for 244 out of 298 patients. The TMB data was available for 234
patients. A detailed summary of patients and corresponding immunogenomic features
was provided in the Supplementary Data 14. To demonstrate the translational relevance
of 9p21 loss in the mUC cohort, we built a response score incorporating all 3 factors
(9p21, TMB, PD-L1), where a subject gets 2 points for high TMB (because the
regression coefficient for TMB is twice the magnitude of the coefficients for the other
factors), 1 point for high expression of CDKN2A and MTAP (hi_hi), and 1 point for
high immune cell PD-L1 expression (≥5%, IC2+).

The metastatic melanoma cohort (n= 58) from Liu et al.: The clinical and bulk
RNA-seq data were downloaded from Liu et al.37. Among 144 patients, 60 received
ipilimumab before anti-PD-1 treatment and 84 were ipilimumab-naïve. Patients
(n= 2) with mixed response and tumors (n= 7) with ultra-high mutation burden
(>1500 nonsynonymous mutations) were excluded. The 58 ipilimumab-naïve
tumor specimens collected prior to pembrolizumab or nivolumab monotherapy
were then selected. The 9p21 status was inferred based on the transcriptional
expression levels of both CDKN2A and MTAP: tumors with expression levels of
both CDKN2A and MTAP below the group median were classified as “lo_lo”, and
tumors with expression levels of both genes above the group median were classified
as “hi_hi”. The best overall response rate (per RECIST 1.1 criteria) were compared
between the lo_lo and hi_hi groups.

The metastatic melanoma cohort (n= 41) from Gide et al.: The clinical data was
downloaded from Gide et al.38, and the FASTQ files were downloaded from EBI
(URL: https://www.ebi.ac.uk/ena/browser/home, accession number PRJEB23709).
STAR 2-pass alignment (v2.7.2b)72 was performed with default parameters to
generate RNA-seq BAM files. Gene-level expression quantification was performed
using HTSeq-count (v0.11.0)73. The raw read counts generated from HTSeq-count
were normalized into fragments per kilobase of transcript per million mapped
reads (FPKM) using the RNA-seq quantification approach suggested by the
bioinformatics team of NCI Genomic Data Commons (GDC; https://

gdc.cancer.gov/about-data/data-harmonization-andgeneration/genomic-data-
harmonization/high-level-data-generation/rna-seq-quantification). Among 120
patients, 63 were treated with anti-PD-1 (pembrolizumab or nivolumab)
monotherapy and 13 out of 63 were excluded due to lack of RNA-seq data. Among
these 50 patients, 9 cases with pre-treatment tumor samples unavailable were
further excluded, resulting 41 patients for subsequent analyses. The 9p21 status was
inferred based on the transcriptional expression levels of both CDKN2A and
MTAP: tumors with expression levels of both CDKN2A and MTAP below the
group median were classified as “lo_lo”, and tumors with expression levels of both
genes above the group median were classified as “hi_hi”.

The high-risk resectable melanoma cohort (n= 12): the clinical, response, and
RNA-seq were downloaded from our recent studies27,74. The 12 baseline samples
prior to nivolumab monotherapy were selected. Similarly, as described above, the
9p21 status was inferred based on the transcriptional expression levels of both
CDKN2A and MTAP. The response was assessed by RECIST 1.1 criteria74.

The unresectable or advanced melanoma cohort (n= 23) from Riaz et al.: the
clinical, response, and RNA-seq of this unresectable/advanced melanoma cohort
were downloaded from Riaz et al.39. (GSE91061). Among 109 samples (51 pre-
treatment and 58 on-treatment) from 65 patients, the 51 pre-nivolumab biopsies
(from 51 patients) were selected. Patients progressed on ipilimumab prior to
nivolumab therapy (n= 26) and those lack of response data (n= 2) were further
excluded, resulting a cohort of 23 patients from downstream analyses. The
9p21 status was inferred based on the transcriptional expression levels of both
CDKN2A and MTAP as described above. Tumor response for patients was defined
by RECIST v1.1 by the original study.

Analysis of bulk RNA-seq data
Immune deconvolution. The R package MCP-counter24 was applied to the nor-
malized log2-transformed expression matrix to infer the absolute abundance scores
for eight major immune cell types (B lineage, T cells, CD8 T cells, cytotoxic
lymphocytes, NK cells, monocytic lineage, myeloid dendritic cells, and neu-
trophils), endothelial cells, and fibroblasts. In addition, another computational
approach CIBERSORT25 was applied to the normalized RNA-seq data to estimate
the relative proportions of 22 immune cell subpopulations using compartment-
specific gene expression signatures. For TCGA cohorts, the CIBERSORT decon-
volution results, TCR richness and Shannon entropy derived from bulk RNA-seq
data, and the leukocyte fraction inferred from DNA methylation signatures were
downloaded from a recent TCGA PanCanAtlas study69. The deconvolution results
from MCP-counter and CIBERSORT were compared between the 9p21-loss and
9p21-WT groups using Wilcoxon rank-sum test. We applied the
Benjamini–Hochberg method to correct the P-values and the false discovery rate
(FDR q-values) were calculated.

Differential gene expression and pathway enrichment analysis. Wilcoxon rank-sum
test was used to identify differentially expressed genes between the 9p21-loss and
9p21-WT groups. A cutoff gene expression fold change of ≥1.2 or ≤−1.2 and a
FDR q-value of <0.05 was applied to select the most significant DEGs. For pathway
analysis, the curated gene sets of 41 immune signaling pathways (from the Biocarta,
Hallmark, KEGG, PID, Reactome databases) (Supplementary Data 7) were
downloaded from the Molecular Signature Database (MSigDB: http://
software.broadinstitute.org/gsea/msigdb/index.jsp). Single-sample gene set enrich-
ment analysis (ssGSEA) was applied and pathway scores were calculated for each
sample using the GSVA software package75. The pathway scores were then com-
pared between the 9p21-loss and 9p21-WT groups. Pathway enrichment analysis
was done with the limma R software package. A cutoff fold change of ≥1.2
or ≤−1.2 and a FDR q-value of < 0.05 was applied to select the most significantly
enriched signaling pathways.

Survival analysis. For survival analysis, including overall survival (OS),
progression-free survival (PFS), and disease-specific survival (DSS), we used the
log-rank test to calculate P-values between the stratified patient groups (e.g. 9p21-
loss, 9p21-LOH, 9p21-WT, hi_hi, lo_lo) and the Kaplan-Meier method to plot
survival curves. The numbers at risk, median survival times or times since treat-
ment were calculated for each group. The survival data of TCGA patients were
downloaded from a recent TCGA Pan-cancer study70. For other public datasets,
the survival data were downloaded from their corresponding published studies.
The patients whose survival data were not available were excluded from survival
analysis. Cox proportional hazards (PH) regression model was used to calculate the
Hazard Ratio (HR), the 95% confidence interval (95%CI), and P values.

Statistical analysis. In addition to the bioinformatics approaches described above,
Fisher’s Exact test was applied to determine the proportion differences between
groups, and Spearman’s correlation analysis was used to identify genes significantly
correlated with CDKN2A/MTAP expression. The logistic regression model was
used to calculate the correlation between the potential biomarkers and patient
response. All other statistical analyses were performed using statistical software R
v3.4.3. JMP Pro (v14) was used for data visualization and illustration. To control
for multiple hypothesis testing, we applied the Benjamini-Hochberg method to
correct P-values and the false discovery rates (q-values) were calculated. All
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statistical significance testing in this study was two-sided and results were con-
sidered statistically significant at P-values or FDR q-values < 0.05. When a P value
reported by R (v3.4.3) was smaller than 2e-16, it was reported as “P < 2 × 10−16”.

Reporting summary. Further information on research design is available in the Nature
Research Reporting Summary linked to this article.

Data availability
For TCGA cohorts, the genomic and clinical data can be retrieved from NCI Genomic
Data Commons (NCI-GDC: https://gdc.cancer.gov). For the melanoma cohorts from
Helmink et al. (GSE120575) and Riaz et al. (GSE91061), the data can be obtained from
the Gene Expression Omnibus (GEO) database [https://www.ncbi.nlm.nih.gov/geo/].
Data of the Urothelial cancer cohort from Mariathasan et al. (mUC IMvigor210 trial) can
be downloaded from http://research-pub.gene.com/IMvigor210CoreBiologies. Data of
the MSKCC advanced NSCLC cohort from Rizvi et al. can be obtained from the
cBioPortal [https://www.cbioportal.org/]. The clinical response data of MDA solid tumor
cohort and MDA metastatic urothelial cancer cohort were shared in Supplementary
Data 11 and 12, respectively. The data that support the main findings of this study are
provided in Supplementary Data 3, 4, 6, 8,11–16, 18–20. For MDA mUC cohort and
MDA solid tumor cohort, the patient related data (sex, age, diagnosis, and date of last
follow up) not included in the paper are subjected to patient confidentiality. Further
information and requests should be directed to and will be fulfilled by the Lead Contact,
Dr. Linghua Wang (LWang22@mdanderson.org). All requests for data and materials will
be promptly reviewed by The University of Texas MD Anderson Cancer Center to verify
if the request is subject to any intellectual property or confidentiality obligations. Any
data and materials that can be shared will be released via a Material Transfer Agreement.

Received: 23 November 2020; Accepted: 2 September 2021;

References
1. Wei, S. C., Duffy, C. R. & Allison, J. P. Fundamental mechanisms of immune

checkpoint blockade therapy. Cancer Discov. 8, 1069–1086 (2018).
2. Sharma, P., Hu-Lieskovan, S., Wargo, J. A. & Ribas, A. Primary, adaptive, and

acquired resistance to cancer immunotherapy. Cell 168, 707–723 (2017).
3. Jiang, P. et al. Signatures of T cell dysfunction and exclusion predict cancer

immunotherapy response. Nat. Med. 24, 1550–1558 (2018).
4. Bonaventura, P. et al. Cold tumors: a therapeutic challenge for

immunotherapy. Front. Immunol. 10, 168 (2019).
5. Tauriello, D. V. F. et al. TGFbeta drives immune evasion in genetically

reconstituted colon cancer metastasis. Nature 554, 538–543 (2018).
6. Mariathasan, S. et al. TGFβ attenuates tumour response to PD-L1 blockade by

contributing to exclusion of T cells. Nature 554, 544–548 (2018).
7. Peng, W. et al. Loss of PTEN promotes resistance to T cell-mediated

immunotherapy. Cancer Discov. 6, 202–216 (2016).
8. Toso, A. et al. Enhancing chemotherapy efficacy in Pten-deficient prostate

tumors by activating the senescence-associated antitumor immunity. Cell Rep.
9, 75–89 (2014).

9. Spranger, S., Bao, R. & Gajewski, T. F. Melanoma-intrinsic beta-catenin
signalling prevents anti-tumour immunity. Nature 523, 231–235 (2015).

10. Roh, W. et al. Integrated molecular analysis of tumor biopsies on sequential
CTLA-4 and PD-1 blockade reveals markers of response and resistance. Sci.
Transl. Med. 9 https://doi.org/10.1126/scitranslmed.aah3560 (2017).

11. Das, S. & Johnson, D. B. Immune-related adverse events and anti-tumor
efficacy of immune checkpoint inhibitors. J. Immunother. Cancer 7, 306
(2019).

12. Bonneville, R. et al. Landscape of microsatellite instability across 39 cancer
types. JCO Precis. Oncol. https://doi.org/10.1200/PO.17.00073 (2017).

13. Le, D. T. et al. PD-1 blockade in tumors with mismatch-repair deficiency. New
Engl. J. Med. 372, 2509–2520 (2015).

14. Cogdill, A. P., Andrews, M. C. & Wargo, J. A. Hallmarks of response to
immune checkpoint blockade. Br. J. Cancer 117, 1–7 (2017).

15. Rizvi, N. A. et al. Cancer immunology. Mutational landscape determines
sensitivity to PD-1 blockade in non-small cell lung cancer. Science 348,
124–128 (2015).

16. Snyder, A. et al. Genetic basis for clinical response to CTLA-4 blockade in
melanoma. New Engl. J. Med. 371, 2189–2199 (2014).

17. Rizvi, H. et al. Molecular determinants of response to anti-programmed cell
death (PD)-1 and anti-programmed death-ligand 1 (PD-L1) blockade in
patients with non-small-cell lung cancer profiled with targeted next-
generation sequencing. J. Clin. Oncol. 36, 633–641 (2018).

18. Braun, D. A. et al. Interplay of somatic alterations and immune infiltration
modulates response to PD-1 blockade in advanced clear cell renal cell
carcinoma. Nat. Med. 26, 909–918 (2020).

19. Beroukhim, R. et al. The landscape of somatic copy-number alteration across
human cancers. Nature 463, 899–905 (2010).

20. Cox, C. et al. A survey of homozygous deletions in human cancer genomes.
Proc. Natl. Acad. Sci. USA. 102, 4542–4547 (2005).

21. Taylor, A. M. et al. Genomic and functional approaches to understanding
cancer aneuploidy. Cancer Cell 33, 676–89.e3 (2018).

22. Fridman, W. H., Pages, F., Sautes-Fridman, C. & Galon, J. The immune
contexture in human tumours: impact on clinical outcome. Nat. Rev. Cancer
12, 298–306 (2012).

23. Saltz, J. et al. Spatial organization and molecular correlation of tumor-
infiltrating lymphocytes using deep learning on pathology images. Cell Rep.
23, 181–93.e7 (2018).

24. Becht, E. et al. Estimating the population abundance of tissue-infiltrating
immune and stromal cell populations using gene expression. Genome Biol. 17,
218 (2016).

25. Newman, A. M. et al. Robust enumeration of cell subsets from tissue
expression profiles. Nat. Methods 12, 453–457 (2015).

26. Newman, A. M. et al. Determining cell type abundance and expression from
bulk tissues with digital cytometry. Nat. Biotechnol. 37, 773–782 (2019).

27. Helmink, B. A. et al. B cells and tertiary lymphoid structures promote
immunotherapy response. Nature 577, 549–555 (2020).

28. Wang, R. et al. Multiplex profiling of peritoneal metastases from gastric
adenocarcinoma identified novel targets and molecular subtypes that predict
treatment response. Gut 69, 18–31 (2020).

29. Thorsson, V. et al. The immune landscape of cancer. Immunity 48,
812–30.e14 (2018).

30. Cheng, S. et al. A pan-cancer single-cell transcriptional atlas of tumor
infiltrating myeloid cells. Cell 184, 792–809.e23 (2021).

31. Molfetta, R. et al. CD155: a multi-functional molecule in tumor progression.
Int. J. Mol. Sci. 21, https://doi.org/10.3390/ijms21030922 (2020).

32. Tauriello, D. V. F. et al. TGFβ drives immune evasion in genetically
reconstituted colon cancer metastasis. Nature 554, 538–543 (2018).

33. Yu, M. et al. CD73 on cancer-associated fibroblasts enhanced by the A(2B)-
mediated feedforward circuit enforces an immune checkpoint. Nat. Commun.
11, 515 (2020).

34. Bourhis, M., Palle, J., Galy-Fauroux, I. & Terme, M. Direct and indirect
modulation of T cells by VEGF-A counteracted by anti-angiogenic treatment.
Front. Immunol. 12, 616837 (2021).

35. Chen, K. et al. Chemokines in homeostasis and diseases. Cell Mol. Immunol.
15, 324–334 (2018).

36. Böttcher, J. P. et al. NK cells stimulate recruitment of cDC1 into the tumor
microenvironment promoting cancer immune control. Cell 172, 1022–37.e14
(2018).

37. Liu, D. et al. Integrative molecular and clinical modeling of clinical outcomes
to PD1 blockade in patients with metastatic melanoma. Nat. Med. 25,
1916–1927 (2019).

38. Gide, T. N. et al. Distinct immune cell populations define response to anti-PD-
1 monotherapy and anti-PD-1/anti-CTLA-4 combined therapy. Cancer Cell
35, 238–55.e6 (2019).

39. Riaz, N. et al. Tumor and microenvironment evolution during
immunotherapy with nivolumab. Cell 171, 934–49.e16 (2017).

40. Davoli, T., Uno, H., Wooten, E. C. & Elledge, S. J. Tumor aneuploidy correlates
with markers of immune evasion and with reduced response to immunotherapy.
Science 355, https://doi.org/10.1126/science.aaf8399 (2017).

41. Zehir, A. et al. Mutational landscape of metastatic cancer revealed from
prospective clinical sequencing of 10,000 patients. Nat. Med. 23, 703–713 (2017).

42. Ungefroren, H. Blockade of TGF-beta signaling: a potential target for cancer
immunotherapy? Expert Opin. Ther. Targets 23, 679–693 (2019).

43. Ganesh, K. & Massague, J. TGF-beta inhibition and immunotherapy:
checkmate. Immunity 48, 626–628 (2018).

44. Poh, A. Siglec-15: an attractive immunotherapy target. Cancer Discov. 10, 7–8
(2020).

45. Wang, J. et al. Siglec-15 as an immune suppressor and potential target for
normalization cancer immunotherapy. Nat. Med. 25, 656–666 (2019).

46. Tam, K. et al. Assessing the impact of targeting CEACAM1 in head and neck
squamous cell carcinoma. Otolaryngol. Head Neck Surg. 159, 76–84 (2018).

47. Dankner, M., Gray-Owen, S. D., Huang, Y. H., Blumberg, R. S. & Beauchemin,
N. CEACAM1 as a multi-purpose target for cancer immunotherapy.
Oncoimmunology 6, e1328336 (2017).

48. Yang, J., Yan, J. & Liu, B. Targeting VEGF/VEGFR to modulate antitumor
immunity. Front. Immunol. 9, 978 (2018).

49. Kryukov, G. V. et al. MTAP deletion confers enhanced dependency on the
PRMT5 arginine methyltransferase in cancer cells. Science 351, 1214–1218 (2016).

50. Fedoriw, A. et al. Anti-tumor activity of the type I PRMT inhibitor,
GSK3368715, synergizes with PRMT5 inhibition through MTAP loss. Cancer
Cell 36, 100–14.e25 (2019).

51. Srour, N., Mersaoui, S. Y. & Richard, S. M-TAP dance: targeting PRMT1 and
PRMT5 family members to push cancer cells over the edge. Cancer Cell 36,
3–5 (2019).

NATURE COMMUNICATIONS | https://doi.org/10.1038/s41467-021-25894-9 ARTICLE

NATURE COMMUNICATIONS |         (2021) 12:5606 | https://doi.org/10.1038/s41467-021-25894-9 | www.nature.com/naturecommunications 17

https://gdc.cancer.gov
https://www.ncbi.nlm.nih.gov/geo/query/acc.cgi?acc=GSE120575
https://www.ncbi.nlm.nih.gov/geo/query/acc.cgi?acc=GSE91061
https://www.ncbi.nlm.nih.gov/geo/
http://research-pub.gene.com/IMvigor210CoreBiologies
https://www.cbioportal.org/
https://doi.org/10.1126/scitranslmed.aah3560
https://doi.org/10.1200/PO.17.00073
https://doi.org/10.3390/ijms21030922
https://doi.org/10.1126/science.aaf8399
www.nature.com/naturecommunications
www.nature.com/naturecommunications


52. Alves-Filho, J. C. & Palsson-McDermott, E. M. Pyruvate kinase M2: a
potential target for regulating inflammation. Front. Immunol. 7, 145 (2016).

53. Vander Heiden, M. G. et al. Identification of small molecule inhibitors of
pyruvate kinase M2. Biochem Pharmacol. 79, 1118–1124 (2010).

54. Zahra, K., Dey, T., Ashish, Mishra, S. P. & Pandey, U. Pyruvate kinase M2 and
cancer: the role of PKM2 in promoting tumorigenesis. Front. Oncol. 10, 159
(2020).

55. Zambrano, A., Molt, M., Uribe, E. & Salas, M. Glut 1 in cancer cells and the
inhibitory action of resveratrol as a potential therapeutic strategy. Int. J. Mol.
Sci. https://doi.org/10.3390/ijms20133374 (2019).

56. Chan, D. A. et al. Targeting GLUT1 and the Warburg effect in renal cell
carcinoma by chemical synthetic lethality. Sci. Transl. Med. 3, 94ra70
(2011).

57. Winkles, J. A. The TWEAK-Fn14 cytokine-receptor axis: discovery, biology
and therapeutic targeting. Nat. Rev. Drug Discov. 7, 411–425 (2008).

58. Ye, S. et al. Enavatuzumab, a humanized anti-TWEAK receptor monoclonal
antibody, exerts antitumor activity through attracting and activating innate
immune effector cells. J. Immunol. Res. 2017, 5737159 (2017).

59. Limm, K., Wallner, S., Milenkovic, V. M., Wetzel, C. H. & Bosserhoff, A. K.
The metabolite 5′-methylthioadenosine signals through the adenosine
receptor A2B in melanoma. Eur. J. Cancer 50, 2714–2724 (2014).

60. Keyel, P. A. et al. Methylthioadenosine reprograms macrophage activation
through adenosine receptor stimulation. PLoS ONE 9, e104210 (2014).

61. Munshi, R., Clanachan, A. S. & Baer, H. P. 5′-Deoxy-5′-methylthioadenosine:
a nucleoside which differentiates between adenosine receptor types. Biochem.
Pharmacol. 37, 2085–2089 (1988).

62. Henrich, F. C. et al. Suppressive effects of tumor cell-derived 5′-deoxy-5′-
methylthioadenosine on human T cells. Oncoimmunology 5, e1184802 (2016).

63. Mowen, K. A. et al. Arginine methylation of STAT1 modulates IFNalpha/
beta-induced transcription. Cell 104, 731–741 (2001).

64. Landon, J. et al. MTAP loss correlates with an immunosuppressive profile in
GBM and its substrate MTA stimulates alternative macrophage polarization.
bioRxiv https://doi.org/10.1101/329664 (2019).

65. Wells, A. D. & Morawski, P. A. New roles for cyclin-dependent kinases in T
cell biology: linking cell division and differentiation. Nat. Rev. Immunol. 14,
261–270 (2014).

66. Jerby-Arnon, L. et al. A cancer cell program promotes T cell exclusion and
resistance to checkpoint blockade. Cell 175, 984–97.e24 (2018).

67. Chapman, E. J., Harnden, P., Chambers, P., Johnston, C. & Knowles, M. A.
Comprehensive analysis of CDKN2A status in microdissected urothelial cell
carcinoma reveals potential haploinsufficiency, a high frequency of
homozygous co-deletion and associations with clinical phenotype. Clin.
Cancer Res. 11, 5740–5747 (2005).

68. Litchfield, K. et al. Meta-analysis of tumor- and T cell-intrinsic mechanisms of
sensitization to checkpoint inhibition. Cell 184, 596–614.e14 (2021).

69. Thorsson, V. et al. The immune landscape of cancer. Immunity 48,
812–30.e14 (2018).

70. Liu, J. et al. An integrated TCGA pan-cancer clinical data resource to drive
high-quality survival outcome analytics. Cell 173, 400–16.e11 (2018).

71. Mermel, C. H. et al. GISTIC2.0 facilitates sensitive and confident localization
of the targets of focal somatic copy-number alteration in human cancers.
Genome Biol. 12, R41 (2011).

72. Dobin, A. et al. STAR: ultrafast universal RNA-seq aligner. Bioinformatics 29,
15–21 (2013).

73. Anders, S., Pyl, P. T. & Huber, W. HTSeq-a Python framework to work with
high-throughput sequencing data. Bioinformatics 31, 166–169 (2015).

74. Amaria, R. N. et al. Neoadjuvant immune checkpoint blockade in high-risk
resectable melanoma. Nat. Med. 24, 1649–1654 (2018).

75. Hanzelmann, S., Castelo, R. & Guinney, J. GSVA: gene set variation analysis
for microarray and RNA-seq data. BMC Bioinform. 14, 7 (2013).

Acknowledgements
We thank all the patients who generally provided their biospecimens and information for
this research. We are grateful to Mariathasan S., Rizvi H., Riaz N., Gide T.N., Liu D. and
their teams and the TCGA Pan-Cancer Analysis Working Groups for kindly sharing
their genomic datasets. L.W. is supported in part by the start-up research fund and the
institutional research grant (IRG) awards provided by U.T. MD Anderson Cancer
Center, the Andrew Sabin Family Fellowship provided by the Andrew Sabin Family
Foundation. This study was also supported by the Doris Duke Clinical Scientist Devel-
opment Award (#2018097) to J.G. and L.W., the MD Anderson Physician Scientist
Award, Khalifa Physician Scientist Award, Andrew Sabin Family Foundation Fellows
Award, MD Anderson Faculty Scholar Award, the David H. Koch Center for Applied
Research of Genitourinary Cancers, R01 CA254988, Wendy and Leslie Irvin Barnhart
Fund and Joan and Herb Kelleher Charitable Foundation provided to J.G. Figs. 3a, 4a, e,
and 6g were created with BioRender.com.

Author contributions
Conception and design: L.W. and J.G. Acquisition of data (downloading of public
datasets, data and information collection from patients, data generation): G.H., L.W.,
G.Y., J.R., K.T., J.W., J.C., F.N., C.C., B.S., C.S. and K.L. Analysis and interpretation of
data (bioinformatics and biostatistics, computational analysis): L.W., G.H., D.H., E.D.,
R.S., J.R., J.G., R.W., O.A., M.D., S.Zhao., S.Zhang., C.C. and J.A. Pathology review and
review of PET/CT images: C.G., A.H., B.C. and Y.L. Writing, review, and/or revision of
the manuscript: L.W., G.H., J.G., J.R., A.F., O.A., W.P., K.B., G.P., A.S.-R. and H.K. Study
supervision: L.W.

Competing interests
J.G. serves as an Advisory Committee Member for CRISPR Therapeutics, Infiniti, Jounce
Therapeutics, Polaris and Seagen, as a consultant for AstraZeneca, Janssen, Pfizer, and
Symphogen. J.G. is supported by the Doris Duke Clinical Scientist Development Award
(#2018097), the MD Anderson Physician Scientist Award, Khalifa Physician Scientist
Award, Andrew Sabin Family Foundation Fellows Award, MD Anderson Faculty Scholar
Award, the David H. Koch Center for Applied Research of Genitourinary Cancers,
Wendy and Leslie Irvin Barnhart Fund, and Joan and Herb Kelleher Charitable Foun-
dation. JAW reports compensation for speaker’s bureau and honoraria from Imedex,
Dava Oncology, Omniprex, Illumina, Gilead, PeerView, Physician Education Resource,
MedImmune, and Bristol–Myers Squibb. J.R.A. reports non-financial support and rea-
sonable reimbursement for travel from European Journal of Cancer, Vall d’Hebron
Institut of Oncology, Chinese University of Hong Kong, SOLTI, Elsevier, GLAX-
OSMITHKLINE, receiving consulting and travel fees from Novartis, Eli Lilly, Orion
Pharmaceuticals, Servier Pharmaceuticals, Peptomyc, Merck Sharp & Dohme, Kelun
Pharmaceutical/Klus Pharma, Spectrum Pharmaceuticals Inc, Pfizer, Roche Pharma-
ceuticals, Ellipses Pharma, NovellusDx, Ionctura and Molecular Partners (including
serving on the scientific advisory board from 2015-present), receiving research funding
from Blueprint Pharmaceuticals, Bayer and Novartis, and serving as investigator in
clinical trials with Spectrum Pharmaceuticals, Tocagen, Symphogen, BioAtla, Pfizer,
GenMab, CytomX, KELUN-BIOTECH, Takeda-Millenium, GLAXOSMITHKLINE,
IPSEN and travel fees from ESMO, US Department of Defense, Louissiana State Uni-
versity, Hunstman Cancer Institute, Cancer Core Europe, Karolinska Cancer Institute
and King Abdullah International Medical Research Center (KAIMRC), Molecular
Partners. JAW serves as a consultant/advisory board member for Roche/Genentech,
Novartis, AstraZeneca, GlaxoSmithKline, Bristol–Myers Squibb, Merck, Biothera Phar-
maceuticals, Ella Therapeutics, and Microbiome DX. JAW also receives research support
from GlaxoSmithKline, Roche/Genentech, Bristol–Myers Squibb, and Novartis, all out-
side of the submitted work. A.S.R. serves as an advisory board member for AstraZeneca,
Bavarian Nordic, Genentech, Janssen, Merck Sharp and Dohme, Mirati, Nektar Ther-
apeutics, and Seattle Genetics. A.S.R. receives research support from Bristol–Myers
Squibb, Janssen, Merck Sharp and Dohme, Nektar Therapeutics. H.K. receives funding
from Johnson and Johnson.

Additional information
Supplementary information The online version contains supplementary material
available at https://doi.org/10.1038/s41467-021-25894-9.

Correspondence and requests for materials should be addressed to Jianjun Gao or
Linghua Wang.

Peer review information Nature Communications thanks Ryan Sullivan and the other,
anonymous, reviewer(s) for their contribution to the peer review of this work.

Reprints and permission information is available at http://www.nature.com/reprints

Publisher’s note Springer Nature remains neutral with regard to jurisdictional claims in
published maps and institutional affiliations.

Open Access This article is licensed under a Creative Commons
Attribution 4.0 International License, which permits use, sharing,

adaptation, distribution and reproduction in any medium or format, as long as you give
appropriate credit to the original author(s) and the source, provide a link to the Creative
Commons license, and indicate if changes were made. The images or other third party
material in this article are included in the article’s Creative Commons license, unless
indicated otherwise in a credit line to the material. If material is not included in the
article’s Creative Commons license and your intended use is not permitted by statutory
regulation or exceeds the permitted use, you will need to obtain permission directly from
the copyright holder. To view a copy of this license, visit http://creativecommons.org/
licenses/by/4.0/.

© The Author(s) 2021

ARTICLE NATURE COMMUNICATIONS | https://doi.org/10.1038/s41467-021-25894-9

18 NATURE COMMUNICATIONS |         (2021) 12:5606 | https://doi.org/10.1038/s41467-021-25894-9 | www.nature.com/naturecommunications

https://doi.org/10.3390/ijms20133374
https://doi.org/10.1101/329664
https://doi.org/10.1038/s41467-021-25894-9
http://www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
www.nature.com/naturecommunications


1Department of Genomic Medicine, The University of Texas MD Anderson Cancer Center, Houston, TX, USA. 2Department of Genitourinary
Medical Oncology, The University of Texas MD Anderson Cancer Center, Houston, TX, USA. 3Department of Nuclear Medicine, The University
of Texas MD Anderson Cancer Center, Houston, TX, USA. 4Department of Investigational Cancer Therapeutics, The University of Texas MD
Anderson Cancer Center, Houston, TX, USA. 5Tumour Immunogenomics and Immunosurveillance Laboratory, University College London Cancer
Institute, London, UK. 6Department of Biostatistics, The University of Texas MD Anderson Cancer Center, Houston, TX, USA. 7Department of
Pathology, The University of Texas MD Anderson Cancer Center, Houston, TX, USA. 8Department of Medicine, Epidemiology and Population
Science, Baylor College of Medicine, Houston, TX, USA. 9Department of Translational Molecular Pathology, The University of Texas MD
Anderson Cancer Center, Houston, TX, USA. 10Department of Clinical Cancer Prevention, The University of Texas MD Anderson Cancer Center,
Houston, TX, USA. 11Department of Surgical Oncology, The University of Texas MD Anderson Cancer Center, Houston, TX, USA. 12Department of
Biology and Biochemistry, University of Houston, Houston, TX, USA. 13Department of Gastrointestinal Medical Oncology, The University of Texas
MD Anderson Cancer Center, Houston, TX, USA. 14Cancer Evolution and Genome Instability Laboratory, The Francis Crick Institute, London, UK.
15Cancer Research UK Lung Cancer Centre of Excellence, University College London Cancer Institute, London, UK. 16The University of Texas MD
Anderson Cancer Center UTHealth Graduate School of Biomedical Sciences (GSBS), Houston, TX, USA. 17These authors contributed equally:
Guangchun Han, Guoliang Yang. 18These authors jointly supervised this work: Linghua Wang, Jianjun Gao, Jordi Rodon Ahnert.
✉email: jgao1@mdanderson.org; LWang22@mdanderson.org

NATURE COMMUNICATIONS | https://doi.org/10.1038/s41467-021-25894-9 ARTICLE

NATURE COMMUNICATIONS |         (2021) 12:5606 | https://doi.org/10.1038/s41467-021-25894-9 | www.nature.com/naturecommunications 19

mailto:jgao1@mdanderson.org
mailto:LWang22@mdanderson.org
www.nature.com/naturecommunications
www.nature.com/naturecommunications

	9p21 loss confers a cold tumor immune microenvironment and primary resistance to immune checkpoint therapy
	Results
	9p21 loss is frequently observed in human cancer and associated with shorter survival
	9p21 loss correlates with “cold” tumor-immune phenotypes in TCGA Cancers
	9p21 loss is associated with primary resistance to anti-PD-1/PD-L1 monotherapy: data from eight solid tumor cohorts
	Therapeutic vulnerabilities and potential targets in tumors with 9p21 loss

	Discussion
	Methods
	Patient cohorts, clinical characteristics, sample collection, and filtering
	MDA metastatic urothelial cancer (mUC) cohort (n = 80)
	MDA solid tumor cohort (n = 94)
	Public datasets, data processing, sample selection and filtering
	TCGA datasets
	Public datasets of anti-PD-1/L1 clinical trials
	Analysis of bulk RNA-seq data
	Immune deconvolution
	Differential gene expression and pathway enrichment analysis
	Survival analysis
	Statistical analysis

	Reporting summary
	Data availability
	References
	Acknowledgements
	Author contributions
	Competing interests
	Additional information




