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Abstract

In both academic research and policymaking, public sector debt and debt-to-GDP
ratios are relied on for a multitude of important economic, political and
socioeconomic decisions, especially as public sector balance sheets expand to an
unprecedented size in the midst of the 2019–2020 COVID pandemic. The reliance on
available data from reputable sources often overlooks the question of whether the
denominator in this ratio is accurately measured or how well the denominator is
understood by the audience interpreting it. Building on past work in international
financial statistics, and making use of a unique and newly created dataset on media
reporting of public sector debt, the purpose of this article is to examine the quality,
accuracy, interpretation and overall meaningfulness of public sector financial
statistics. The main findings suggest that i) most of the world’s governments still do
not seem to feel sufficient pressure to voluntarily provide comprehensive financial
statistics based on well-defined modern methodological frameworks and ii) high
profile financial statistics, which are reported, have become increasingly numerous
and complicated, making it difficult for non-experts to know which is most
appropriate in the context of their analysis.

Keywords: Public finance statistics, Economic measurement, Public debt,
Government debt, Politics of statistics
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Introduction

In July of 1990, William Easterly and Stanley Fischer published a short article in the

World Bank Research Observer entitled ‘The Economics of the Government Budget

Constraint’, which ended with a one-page appendix on ‘Problems of Measurement’ and

began with the sentence:

“International comparisons of fiscal data are plagued by the variations in method-

ology and the lack of comprehensive coverage of the public sector. Definitions of deficits

change from country to country and even over time in the same country.” (Easterly and

Fisher 1990)

Less than 1 year later, in 1991, Mario Blejer and Adrienne Cheasty published a fairly

extensive review of analytical and methodological approaches to measuring fiscal defi-

cits, ranging from accounting principles covered in national accounts methodology to
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their economic interpretation and meaning (Blejer and Cheasty 1991, also see Kotlikoff

1988). It seemed, in the early 1990s, that mainstream economics was beginning to take

measurement issues in public sector financial data more seriously.

Thirty years after the publication of these articles, with significant advances being

made in terms of technological, methodological and statistical knowledge in the broad

field of financial accounting, researchers, policymakers and media outlets may have rea-

sonably expected to raise the bar on the quality and comprehensiveness when it came

to the communication of financial statistics, especially where they have meaningful im-

pacts on policy outcomes and/or the wider public’s opinion regarding a government’s

management of the public purse. Additionally, it should be expected that communica-

tion of public sector financial statistics such as government debt, in high quality jour-

nals, government reports and media stories would consider the possibility that they

were comparing apples, oranges or lemons prior to advertising simple comparisons or

generalized parametric results (‘garbage-in, garbage-out’). Focusing on ‘government’ or

‘public sector’ debt, the purpose of this article is to explore theoretical and empirical is-

sues that continue to plague the availability, usability and meaning of public finance

data in 2020. The results suggest that public sector financial statistics still lack transpar-

ency and consistency in most countries, especially in the case of public corporations

that make up very large proportions of the economy in many emerging and developing

countries. Additionally, for countries that are prolific financial statistics reporters, these

have taken on a variant of ‘Goodhart’s Law’,1 where indicators that become important

benchmarks adapt a wide variety of definitions to dilute or confuse the meaning of any

single number or definition.

The remainder of this article is structured as follows: Section II will provide a short

overview of the measurement and interpretation of public sector financial statistics, in-

cluding a discussion of the implications concerning economic and financial analysis.

Section III will discuss the mixed methods used in the article, including an inter-

national comparison of public finance statistics from a variety of international databases

and a quantitative analysis of media articles in the UK focusing on debt, using a newly

created dataset. Section IV will discuss the results from both the case studies of inter-

national public finance statistics and regression results from the new dataset. Section V

will consider some the political implications that come with the low levels of reporting

and draw conclusions from the discussions.

Theoretical framework: measurement and interpretation public sector financial

statistics

What is the public sector?

Since its formal inception in the early twentieth century Great Depression era, the

national accounts community has continued to provide clear methodological guidelines

for the economically/socially important distinctions between public sector corporations

(central banks, public banks, government-controlled utilities, etc.) and the general gov-

ernment (central/sub-national/social security funds). In fact, the international bench-

mark System of National Accounts (SNA) and IMF Manual on Government Finance

Statistics (GFSM) have both been updated twice (1993 and 2008; 2001 and 2014, re-

spectively) since the publication of the articles mentioned at the beginning of this

1See Goodhart 1975.
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article. From this technical perspective, modern foundations break down the public sector

as broadly consisting of four independent sets of institutions: i) central government, ii)

local/state governments, iii) social security funds and iv) public corporations (nonfinancial

and financial SOEs). Figure 1 shows a simple illustrative breakdown of the public sector

based on modern international standards (United Nations, 2009, Eurostat 2013).

Differences in institutional constraints and actor objectives within the public sector

will be particularly pronounced in large and diverse countries with significant govern-

ment involvement in the market economy. For example, the minister of sports will very

likely have very different objectives as compared with the mayor of a small village or a

board member of the government-controlled electricity corporation or the fund man-

ager for a public social security fund. Because of this heterogeneity, some experts have

argued that “… the public sector environment is itself so highly heterogeneous that it

cannot be treated as one for accounting purposes, and generalizations cannot be made

which embrace the whole of the sector” (Barton 1999). Looking at Fig. 1, it is evident

that the use of consolidated public sector statistics may have no meaningful economic

or political interpretation and should be rarely used in media, academic or time series

analytical work.

Measurement and interpretation of the public sector is further complicated by its

sheer volume: “ … appropriate and adequate accounting for state and local government

units involves a far more complex set of interrelationships, to be reported to a more di-

verse set of users with a greater variety of interests and needs than exists in business

accounting and reporting” (Mautz 1981). Some examples for general government are

the United States, in which there exist 50 state governments and approximately 90,0002

local governments, and China, in which there are approximately 678,500 villages.3 In

the case of the latter, this volume grows significantly when we consider the other side

of the public sector, government-controlled corporations (Benito, Goldeng, and Grun-

feld 2008; Boycko, Shleifer, and Vishny 1996; Bruton, Peng, Ahlstrom, Stan, and Xu

2015; Caprio, Fiecher, litan, and Pomerleano 2004).4

In short, to characterize ‘government’ or ‘the public sector’ as one homogenous

unit—as is often done in empirical and theoretical work—with the same motivation,

capacity, methodology and overall objective, defies a large collection of empirical evi-

dence. For example, within the political science/political economy literature, there ex-

ists a vast amount of research explaining the complicated web of unique roles within

government and public corporations including the important distinction and relation-

ship between central and subnational actors and objectives (Tiebout 1956; Oates 1972;

Oates 2008; Ebel and Yilmaz 2002; Rodden 2004; among many others). This can also

be seen by the growth of high-quality academic journals devoted to local government

over the past 20 years, along with the growing number of real-world experiments and

peer-reviewed articles dedicated to fiscal decentralization.

Why is this important for financial and economic analysis?

A great deal of research has accumulated since the early 2000s, emphasizing and em-

pirically validating the role of transparency for attracting capital, reducing fiscal risk

premiums and reducing capital flight (Alesina et al. 1992; Christofides et al. 2003;

238,910 general purpose governments, 38,266 special district governments and 12,880 public school systems.
3See IMF Government Finance Statistics Yearbook Institutional Tables (2017).
4For a more in-depth discussion of public corporations, see Appendix B.
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Glennerster and Shin 2003; Stockman 2004; Cady 2005; Gelos and Wei 2005; Cady and

Pellechio 2006; Bernoth and Wolff 2008; Hallerberg and Wolff 2008). Uncertainties

about actual levels of public sector debt can lead to a variety of unpleasant shocks to

economies and subsequent downgrades from credit rating agencies. For example, a lack

of transparency and uncertainties about tax collection capacity has been found to lead

to higher spreads or interest payments on newly issued debt (Dell'Erba et al. 2013; Elgin

and Uras 2013; Gelos and Wei 2005; Glennerster and Shin 2003; Hallerberg and Wolff

2008; Bernoth and Wolff 2008) and information asymmetries between credit rating

agencies and government debt levels have been shown to lead to economic instability

and have detrimental socioeconomic effects in terms of unemployment, growth rates

and income inequality (Tamegawa 2016; Coccia 2017).

The accuracy and transparency of public sector debt also have implications when

considering the design of sustainable fiscal systems, and adherence to and legitimacy of

fiscal rules (Barro, 1974, 1979; Stockman 2001, 2004, 2010) and have been found to

have a significant effect on economic growth where high debt burdens (90% in ad-

vanced and 60% in emerging markets) have produced notably lower growth as com-

pared with low debt burden countries (Reinhart and Rogoff 2010). Finally, the existence

of several different branches within the general government and public sector, which

have a variety of objectives and constraints, makes detailed and accurate financial statis-

tics a necessity for assessing their performance and holding them accountable to the

public.

These contributions suggest that transparency, consistency and comprehensiveness of

public finance data are not simply an academic thought exercise but can have signifi-

cant impacts on macroeconomic performance, access to international capital markets,

credit ratings, adherence to fiscal rules, growth rates, incomes inequality and public

sector accountability. In short, the way we compare and interpret public sector finance

data makes a meaningful difference when considering economic, political and socioeco-

nomic outcomes.

Methodology

This article adopts a mixed methods approach to examine the quality, accuracy, in-

terpretation and overall meaningfulness of public sector debt statistics produced by na-

tional authorities. First, we look at international comparisons of debt statistics from the

Fig. 1 The Public Sector
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most popular data providers, focusing on the availability, consistency and quality of

published data, mainly public sector debt and deficits. To do this, we draw on compari-

sons across a wide range of countries (Australia, Japan, Iceland, Greece, Democratic of

the Congo, Venezuela, Argentina, Republic of Congo and South Africa). The case study

evidence is complimented by general evidence of inconsistencies, which are provided in

Appendix F.

Second, we look more closely at the communication of public sector debt statistics in

the UK by focusing on the variety of official public sector debt data and how these

numbers are interpreted and communicated by the media. We differentiate between

primary data users and secondary data consumers. ‘Primary users’ (academics, policy-

makers, rating agencies, etc.) will likely take advantage of publicly available official in-

formation provided by the Office for National Statistics (ONS), which is regarded by

international standards in terms of their methodological capacity, transparency and in-

dependence from political meddling. A wider audience of passive, ‘secondary con-

sumers’ of public sector data from media outlets will more likely rely on the media to

inform their opinions about the government’s fiscal performance. This means that a de-

gree of consistency should be expected between the terminology used by media outlets

and the metrics they report to convey accurate messages to the public about the public

sector’s financial position.

To understand how accurate and consistent the language and debt data are in the

UK, we coded a unique dataset with a total of 2398 news articles from 10 of the largest

national media outlets over the 2008–2018 period.5 From these articles, there were over

80 different types of specific terminology used for debt, most of which can be classified

into 6 main categories, as shown in Table 1.

Using these data, we ran a series of simple regressions to test i) whether there exists

any media bias in terms of the level of debt reported by media outlets, and ii) whether

media outlets differentiate between different definitions of debt in their articles. To es-

timate whether any systematic difference (media bias) exists for each of the media out-

lets, we ran an OLS regression with year fixed effects:

debtit ¼ � þ � t þ � 1Telegraph þ � 2Mail þ � 3Times þ � 4Express

þ � 5Independent þ � 6Guardian þ � 7Mirror þ � 8Sun

ð1Þ

where debtit is the reported debt figure (in Bn pounds) for media outlet i at time t;

Telegraph, Mail, Times, Express, Independent, Guardian, Mirror, Sun are dummy vari-

ables identifying the reporter of debt; � is our benchmark (intercept) representing other

media outlets from those mentioned above; � t captures year fixed effects and � 1, � 2, � 3,

� 4, � 5, � 6, � 7, � 8 are unknown parameters to be estimated representing potential media

bias.

The results allow for a test of whether systematic differences exist between media

outlets when reporting debt statistics:

Ho1 : � 1 = � 2 = � 3 = � 4 = � 5 = � 6 = � 7 = � 8 (no media bias)

5The Daily Telegraph (626 articles), Daily Mail (584 articles), The Times (311 articles), The Express (212
articles), The Independent (201 articles), The Guardian (178 articles), Daily Mirror (122 articles), The Sun
(110 articles), Daily Star (25 articles), and the Observer (24 articles).

Seiferling Financial Innovation           (2020) 6:37 Page 5 of 17



HA1 : � 1 � � 2 � � 3 � � 4 � � 5 � � 6 � � 7 � � 8 (media bias)

Moving to the terminology used by media outlets, we can test for whether differences

are taken into account when reporting ‘national’, ‘public’, ‘government’, ‘country’ and

‘public net’ debt statistics:

debtit ¼ � þ � t þ � 1national þ � 2public þ � 3government þ � 4country; ð2Þ

where debtit is the reported debt figure (in Bn pounds) for media outlet i at time t;

national, public, government, country are dummy variables recording the reporter of

debt; � is our benchmark (intercept) representing net public debt; � t captures year fixed

effects and � 1, � 2, � 3, � 4 are unknown parameters to be estimated.

The results allow for a test of whether systematic differences exist within media out-

lets when using different terminology relating to debt statistics:

Ho2 : � 1 = � 2 = � 3 = � 4 (no differentiation between different terminology)

HA2 : � 1 � � 2 � � 3 � � 4 (differentiation between different terminology)

Results

International comparison of public sector debt

Previous studies on data comparability from different international organizations

characterized some of the differences that emerged as requiring “Herculean investigat-

ing to understand” (Bloch and Fall 2015). These critiques are not unique to any one na-

tional government or international organization as inconsistencies can be found across

all sources. In Herrera and Kapur (2007), they find that

“The IMF's primary statistical publication, International Financial Statistics, provides

many instances where the data of the same year in books from different years do not

match. Similarly, there are sometimes unexplained discrepancies between the print and

electronic versions. This problem is by no means unique to the IMF. The World Bank of-

fers data on GNP per capita growth rates for countries where underlying GNP data do

not exist; they also report the share of agriculture in GDP for countries with non-existent

GDP estimates.” (Kapur et al. 1997)

Table 1 Terminology and number of articles on government/public sector debt (2008–2018). (Bn
Pounds and %GDP)

Terminology Articles Mean debt (bn) Standard deviation

‘National Debt’ (Bn) 1218 1301.2 666.4

‘National Debt’ (%GDP) 439 72.6 21.9

‘Government Debt’ (Bn) 157 1176.8 448.5

‘Government Debt’ (%GDP) 133 72.8 24.9

‘Public Debt’ (Bn) 125 1088.2 426.7

‘Public Debt’ (%GDP) 123 69.3 17.9

‘Public Net Debt’ (Bn) 96 1270.5 911.8

‘Public Net Debt’ (%GDP) 77 66.4 17.0

‘Country’s Debt’ (Bn) 52 1428.1 361.3

‘Country’s Debt’ (%GDP) 36 84.5 80.4

‘Net Debt’ (Bn) 26 1006.0 328.5

‘Net Debt’ (%GDP) 30 56.6 16.6
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More recent work on balance of payments statistics has concluded that “errors have

persisted or grown worse despite ambitious harmonization programs”, and the “best

data now available are sometimes conflicting or otherwise obviously deficient and thus

require cautious handling and … may be substantially affected by the choice made be-

tween alternative data sources and by the assumptions made about the causes of ob-

served discrepancies” (Linsi and Mügge 2019). To get an idea of the quality,

comprehensiveness and transparency of public sector financial statistics, we began by

looking at the most prevalent sources, including the World Bank and the IMF.6 By fo-

cusing on public sector deficits and debt, arguably the most common benchmark indi-

cators and most cited in the media, this work can be seen as complimentary to other

valuable contributions, which have focused on the quality of public debt statistics

(Bloch and Fall 2015) and balance of payment statistics (Herrera and Kapur 2007; Dam-

gaard and Elkjaer 2017; Linsi and Mügge 2019).

Three of the most popular international sources of debt statistics are the IMF’s

World Economic Outlook (WEO), the IMF Government Finance Statistics Yearbook

(GFSY) and the World Bank’s World Development Indicators (WDI). All of these data-

bases produce relatively aggregate data for the central and general governments. As

concluded in Jaimovich and Panizza (2010), the availability of government financial

data from international sources remains surprisingly poor, especially in terms of com-

parability and comprehensiveness. This is especially true in the case of public corpora-

tions (state-owned enterprises), where comprehensive debt statistics are virtually non-

existent amongst emerging and developing countries (neither WEO nor GFSY cover

public corporations). For example, in 2017, there were 38 countries reporting gross

debt data for general government in GFSY, 43 countries reporting gross debt in WDI

and 188 countries reporting gross debt for general government in WEO (relative to 31,

40 and 136, respectively, in 2000).

To get a better idea of the variety of definitions for government debt and comparabil-

ity across databases, we looked at publicly available data for Australia, Japan, Iceland,

and Greece, shown in Fig. 2 below.

The differences in reported data are surprisingly large. For example, gross debt for

the Japanese general government in WEO is over 20% of GDP larger than gross general

government debt in GFSY (as discussed above) and general government gross debt is

over 30% of GDP lower in Colombia.7 The mean difference when comparing WEO and

GFSY general government is Š 7.1% of GDP with a large standard deviation of 8.4.8 As

noted in section II, these differences can have significant impacts on analytical

exercises.

Some of the differences in levels of reporting between WEO and GFSY/WDI can be

explained by the different objectives, clients and purposes of these databases.9 WEO

has very good availability compared with GFSY, making it more widely used in analyt-

ical work, but the data are not compiled in a systematic way and often is limited in, or

unclear about, coverage. The data can be provided by a variety of sources, some of

6Note that public sector financial statistics are also available for global subsets of countries from BIS and
OECD.
7See Appendix F for overall discrepancies between databases.
8Ibid.
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whom may lack the statistical capacity or resources to compile debt statistics according

to a predefined methodology or may lack the necessary resources to do so. Government

debt data from GFSY follow strong methodological guidelines but availability continues

to be limited and definitions of debt become more varied and complicated. Other dif-

ferences in Fig. 2 can be explained by technical details in the metadata.10 There is also

the potential for data to diverge due to i) differing data sources (administrative records,

individual ministries, surveys, etc.), ii) differing levels of legal backing for the collection

of data, iii) adherence to differing compilation manuals, iv) differing valuation methods

and accounting principles and v) differing classification of units within the public sector

(Damgaard and Elkjaer 2017; Linsi and Mügge 2019). The challenge comes when non-

expert data users or media outlets compare these or report them inaccurately in the

news.

10For example, as world leaders in the compilation of public finance statistics, Australia and Iceland are two
of the few countries who report pension liabilities in IMF’s GFSY database. This explains the large differences
between D3 and D4 for both central and general government. WEO generally does consider pension
liabilities as part of debt, which would explain the large differences between GFSY D4 and WEO gross debt.
In the case of Japan, WEO debt data are reported on an unconsolidated basis (do not eliminate intra public
sector commitments) while GFSY debt data are reported as consolidated. Noting the high level of within
public sector exposures (central bank social security fund holding of government debt), unconsolidated
measures will produce significantly higher levels as compared with measures, which eliminate these public
sector entities. Japan is also one of the only countries in the world reporting debt on an unconsolidated basis
making cross country comparisons not possible. Finally, the large discrepancy in 2011 for Greece can be
explained by the valuation of debt, where WEO is valued at face value (Maastricht) and GFSY is valued at
market value.
11See WEO metadata (https://www.imf.org/en/Publications/SPROLLS/world-economic-outlook-databases).
12Additional discrepancies have been found in research on data quality for DRC: “between 1981 and 1986,
the IMF’s GDP estimates for Zaire were about 60% of those of the World Bank” (Herrera and Kapur 2007).

Fig. 2 Government Debt in Australia, Japan, Iceland and Greece
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Moving to some of the more conspicuous data that are not easy to explain with tech-

nical details, we looked at the four cases of the Democratic Republic of the Congo,

Venezuela, Argentina and Republic of the Congo in Fig. 3. Government deficits are not

always equal to changes in government debt (Seiferling 2013; Seiferling and Tareq

2015) but the two measures should, in most cases, be very closely aligned. For example,

where a country runs a large deficit, we would expect that country to incur a significant

amount of new debt. In the case of DRC, we can see impressive fluctuations in changes

in debt over the 2000–2011 period with deficits that do not reflect these changes. In

the case of Venezuela, similar trends appear with the central government running high

deficits while, at the same time, paying down debt. In the case of Argentina and Repub-

lic of the Congo, there are periods where debt changes are extremely large compared

with much smaller net lending/borrowing over the same periods. The metadata for

these two countries describe net lending/borrowing and gross debt as coming from the

same source (Ministry of Finance) and measuring the same parts of general govern-

ment, making the discrepancies difficult to explain.,1112

For public corporations, debt data are even more scarce. Two of the most compre-

hensive public sector debt databases are the new IMF Public Sector Balance Sheet data-

base (PSBS) and the World Bank Quarterly Public Sector Debt Statistics database

(QPSD). Coverage from both databases is very limited with little progress in terms of

the number of reporters over the 2000–2019 period. For example, in 2018, there were

26 countries reporting data for public financial corporations (including central banks)

and 24 countries reporting data for nonfinancial public corporations in QPSD (relative

to 21 and 19 in 2009, respectively).

As was the case with government debt data, there are large discrepancies between da-

tabases when comparing gross debt statistics for financial and nonfinancial public cor-

porations. Figure 4 below shows available data from the IMF Public Sector Balance

Sheet database and World Bank’s Quarterly Public Sector Debt Statistics database for

financial public corporations and nonfinancial public corporations in Japan and South

Africa, where discrepancies can be as high as over 150% of GDP.

Explaining these discrepancies is more challenging than was the case with govern-

ment debt in Fig. 2. The IMF database metadata for Japanese public financial corpora-

tions state of the stock data, “Annual national accounts for 2016 published in the

Cabinet Office website. No data adjustments”, and the World Bank metadata for Japan

state, “Data are not consolidated. Data are at Market Value.” Neither of these provide

any obvious clues to explain the large discrepancies in Japanese public corporation debt

data. In the case of South Africa, for public financial corporations, the metadata are

much more comprehensive but do not clearly explain where differences would

emerge.13 The overall variation in public sector debt statistics across databases is sig-

nificantly larger than those found for general government, with mean differences of Š

34.2% of GDP with a standard deviation of around 43.2 for public sector financial cor-

porations and a mean difference of Š 15.9% of GDP with a standard deviation of 6.2 for

public sector nonfinancial corporations.

11See WEO metadata (https://www.imf.org/en/Publications/SPROLLS/world-economic-outlook-databases).
12Additional discrepancies have been found in research on data quality for DRC: “between 1981 and 1986,
the IMF’s GDP estimates for Zaire were about 60% of those of the World Bank” (Herrera and Kapur 2007).
13See Appendix C.
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There are two major themes that emerge here. The first is the surprisingly low num-

ber of countries that produce systematic public sector financial statistics (mainly debt)

based on strong methodological foundations, with little progress having been achieved

over the twenty-first century for both the central government and public corporations.

The quality of existing data is also questionable for some countries, given the lack of

comparability and consistency. Second, for countries that do report, a variety of defini-

tions and compilation practices allow for a wide variety of interpretations of what gov-

ernment or public sector debt actually is. It is this scenario that we will explore further

by looking at how the wider public interprets the various definitions of public sector

debt in the UK.

Public sector debt statistics in the UK

An initial challenge when assessing public sector debt in the UK from a primary per-

spective is the variety of definitions that exist, especially after the 2008 bailout of private

sector banks and the subsequent Bank of England (BoE) creation of the Asset Purchasing

Facility (APF). The complications that were created for public sector balance sheets from

government nationalization of banks (RBS, NorthernRock) and BoE quantitative easing

via the APF were enormous. Because of the vast expansion of public sector balance sheets,

there was both a desire and analytical justification to ‘redefine’ public sector debt away

from international benchmarks. This led to the official publication of eight different types

of public sector debt that are made available to the public.14

The magnitude of differences across these definitions can be quite large, especially

after 2008. Figure 5 shows the magnitude of these difference over the 1997–2019

period, comparing official ONS data with annual debt data disseminated by inter-

national organizations, mainly the IMF and the World Bank.

Fig. 3 Net Lending/Borrowing and Changes in Gross Debt in DRC, Venezuela, Argentina and Republic of
Congo (% GDP)
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Discussion and conclusion

The results in this article raise several political, economic and socioeconomic ques-

tions. If accurate financial statistics are important for economic analysis, attracting cap-

ital, reducing risk premiums, accessing capital markets and preventing capital flight,

why do problems with data quality continue to exist? Herrera and Kapur (2007) at-

tempt to answer this question by focusing on two political factors, the incentives and

capabilities of data actors. In terms of capabilities, data collection and accurate compil-

ation are costly and complicated. Increases in the budget for statistical capacity are also

not likely to sway the electorate in countries where pressing needs exists in education

and infrastructure, making it difficult to finance high quality statistics. Incentive struc-

tures for producing comprehensive and accurate data are also limited, especially among

politicians who make the final call on borrowing decisions. This means that, even if a

country possesses a strong statistical capacity, there may also exist a culture of fear of

punishment and/or material gains from reporting politically favorable statistics.

Similar political concerns have been raised in the Linsi and Mügge (2019) analysis of

balance of payment statistics, finding that growing defects in financial statistics were

consequential for global politics by projecting an apparent consistency of published

data. This “false projection” can have important implications when considering that the

IMF, World Bank, credit rating agencies can “make data driven decisions which can

change nations economic fortunes” by manipulating short term access to international

capital markets (Linsi and Mügge 2019). A further barrier to reliable statistics comes

from the fact that statistical agencies are often not independent from government. Stat-

istical agencies are often located within government ministries, making them prone to

political meddling. This becomes problematic where a conflict of interest may exist be-

tween politicians who can gain cheap short-term access to capital markets by fabricat-

ing favorable financial statistics (until the hidden parts are discovered).

From a socioeconomic perspective, poor or fabricated data tend to produce inconsist-

ent and misguided policy responses to real-world problems. These create not only in-

formation asymmetries between citizens and government but also information

asymmetries that hamper long-term access to capital markets, and influence credit rat-

ing agencies when assessing credibility of borrowers. As noted in section II, the asym-

metries have been shown to lead to economic instability and produce detrimental

socioeconomic effects in terms of unemployment, growth rates and income inequality

(Tamegawa 2016; Coccia 2017).

Despite a heighted attention since the early 1990s, most of the world’s governments

still do not seem to feel sufficient pressure to voluntarily provide comprehensive finan-

cial statistics based on well-defined modern methodological frameworks. This is espe-

cially worrying, given the increasingly large stocks of debt being built up by

governments and public corporations since the 2008 financial crisis and, again, to miti-

gate the downturn from the COVID pandemic in 2019–2020. Creating viable solutions

to this persistent problem is of heightened importance in the midst of large-scale finan-

cial transactions and public sector debt accumulation taking place in both advance and

emerging/developing economies to alleviate the multitude of challenges posed by

COVID. As governments and public corporations rapidly expand their balance sheets,

the community of creditors and citizens who will ultimately bear the consequences of

fabricated, corrupted or uncomprehensive financial statistics will need to increase the
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pressure on officials to release more accurate and reliable data and to remove political

conflicts of interest by creating independent statistical institutions.
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