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Low carbon building performance in the construction industry: A multi-method approach of system 

dynamics and building performance modelling 

 

Abstract 

The construction industry contributes significantly to energy consumption and carbon emissions. 

Moreover, people spend more time inside buildings, so their health is increasingly influenced by 

indoor environmental conditions. When considered through these lenses, the concept of total 

building performance can span energy consumption, the associated CO2 emissions, and indoor 

environmental quality (IEQ). At the individual project level, building underperformance with 

respect to energy and IEQ is frequent, and the ex post performance gap is partially attributed to the 

construction project management and operations phase of the building lifecycle. This 

underperformance motivates the research of this paper into the construction process outcomes in 

terms of energy performance and IEQ, and ways to reduce the performance gap. The paper 

develops a multi-methodology framework to analyse the effect of building development project 

process on energy performance and IEQ from an operations management perspective. The 

framework couples system dynamics modelling of construction project management to building 

performance modelling. The paper details the way they are coupled, the application steps and data 

requirements, so that they can be applied on a case by case basis. The aim is to combine operations 

management to building performance disciplines and deliver insights for industry practitioners and 

policy makers.  
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Introduction 

Building performance in terms of energy consumption and indoor environmental quality (IEQ) 

becomes increasingly relevant to, and is affected by, climate change due to the high construction 

industry emissions and an increasingly urbanized world. The construction industry consumes 

almost 21% of the world’s delivered energy (EIA, 2017:94), and buildings in the EU account for 

40% of energy consumption and 36% of CO2 emissions (European Commission, 2018). The large 

share of buildings on global emissions and thereby climate change implies that urgent and 

ambitious measures are required for the adoption of state-of-the-art performance standards, in both 

new and retrofit buildings (IPCC, 2014).   

In 2019 the UK government adopted an 100% target of total emissions reduction by 2050 

compared to 1990 levels (Committee on Climate Change, 2019). If this target is to be met, then all 

industrial sectors, including construction, must make substantial progress and lower their total 

environmental impact. This implies a transition, a radical shift in construction practices, and 

knowledge at the project level. Such change departs from incremental improvements and small 

fixes, and requires much faster, radical shifts to new practices that will reduce energy consumption 

and emission in the construction industry (Oreszczyn and Lowe, 2010). The UK target poses a 

considerable transition challenge for the construction industry as behavioural and project factors 

specific to partner interactions related to building design, construction and operation in a 

construction supply chain (CSC), influence directly building quality, energy consumption, and IEQ 

(Bendoly and Swink, 2007; O’Brien et al., 2009; Alencastro et al., 2018; Gram-Hanssen and Georg, 

2018). The challenge is compounded as energy efficiency measures can reduce building energy 

consumption by an estimated 50% to 70% (Zervos et al., 2010:51), but they must avoid unintended 

consequences on IEQ conditions and other performance metrics (Davies and Oreszczyn, 2012; 

Shrubsole et al., 2014; Shrubsole et al., 2018). 

UK government reports have highlighted the need for improvements in the historically 

fragmented UK construction industry (Latham, 1994:25-29; Egan, 1998:18-31). These reports 
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indicate and recommend that improvements in construction project development can be achieved 

through greater alignment at the organisational and operational level between CSC partners and 

construction project clients. Supply chain collaboration has increased in UK construction industry 

since the publication of the reports (Meng, 2013). This resulted in relatively small improvements in 

the energy performance of the existing non-domestic stock, but evidence suggests that the 

performance gap remains between the intended and actual performance in new and refurbished 

buildings1 (Cohen et al., 2001; Menezes et al., 2012; De Wilde, 2014). Thus, the challenge at the 

construction project level persists. 

A fundamental reason for the operational energy performance gap is that building energy 

performance evaluation at design and construction stage is covered by Part L of the Building 

Regulations in the UK (HM Government, 2013), but operational energy use is rarely a project 

objective. When building performance is assessed, it is usually done at design stage, at building 

completion and before handover, due to the short-term and focussed nature of projects (Turner and 

Müller, 2003). The range of project performance assessment criteria has been extended to include 

long term sustainability benefits that have become relevant in current project management practice 

(Huemann and Silvius, 2017; Silvius, 2017)2. Their inclusion is necessary to facilitate the low 

carbon transition of the building industry and climate change mitigation3. The criteria will enable 

CSC partners to focus more on actual project management outcomes, and to improve quality and 

operational energy performance motivated by evidence of which solutions work (Cohen and 

Bordass, 2015). 

Few studies address the link between project partner collaboration and construction project 

performance from different perspectives (Meng, 2012), and building quality and operational 

building performance (Alencastro et al., 2018). This paper is the first attempt to bridge the 

disciplines of project management and building performance through the development of a multi-

                                                 
1 Committee on Climate Change (2014). Meeting carbon budgets – 2014 progress report to parliament. London.  

http://www.theccc.org.uk/publication/meeting-carbon-budgets-2014-progress-report-to-parliament/  
2 Special issue on Sustainable Development & Managing Projects in International Journal of Project Management 
3 Building performance includes energy, emissions related to it, IEQ and also other architectural and functional aspects. 

http://www.theccc.org.uk/publication/meeting-carbon-budgets-2014-progress-report-to-parliament/
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methodology framework that links alignment, coordination, and information sharing between CSC 

partners with project performance, and couples them with final building quality and operational 

building performance. The paper addresses the behavioural and technical aspects of project 

management (Bendoly and Swink, 2007), and integrates them with case-oriented building energy 

and IEQ research in a multi-methodology framework (Mingers and Brocklesby, 1997). Two 

simulation methodologies are coupled in a novel way. First, system dynamics is used to model 

project management and CSC collaboration (Sterman, 2000:55; Lyneis and Ford, 2007; Mingers 

and White, 2010), and second, building physics principles are used to model building performance 

(Hensen and Lamberts, 2011; De Wilde and Augenbroe, 2015).  

The framework is intended for exploration of CSC operations management effects on 

operational building performance, and its application in a case is documented in Papachristos et al. 

(2018a; 2020). The development of the framework thus seeks a theoretically based generality and 

methodological rigour, but also practical relevance as it can be applied on a case by case basis 

(Ketokivi and Choi, 2014). By generality we imply that the application of the framework is not 

restricted by building type, ventilation strategy, or construction project type. Generality is required 

as many countries attempt to implement policies to improve building project performance and 

occupant wellbeing. It is important to note that while the framework is conceptually generic, it has 

to be adjusted for application to the particular characteristics of a project as each project is unique in 

many aspects.  

The combination of methods is dictated by the framework objective to facilitate the 

investigation of the effect of project development dynamics on operational building performance. 

System dynamics (SD) research on project management has produced a class of models (Ford and 

Sterman, 1998a; Han et al., 2013) that provide a good generic basis for the framework to address 

project development dynamics. SD work on construction project management in particular is geared 

towards the investigation of high client value delivery in the construction industry i.e. the delivery 

of high-quality buildings on time and on budget (Atkinson, 1999). SD work explores project 
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dynamics up to project completion and building delivery, but it does not explore their direct 

implications for operational building performance (e.g. Ford and Sterman, 1998a). There is a 

pragmatic difficulty in doing so as the available SD simulation software tools are not suitable for 

simulation of building operation in detail. 

However, the analysis of operational building performance is necessary to assess potential 

reductions in building energy use and carbon emissions. Current building performance modelling 

methods and tools are appropriate for this task, but not for the analysis of project management 

dynamics in the construction supply chain, an issue for which system dynamics modelling and 

simulation work can contribute a solid foundation (Lyneis and Ford, 2007). Thus, to investigate the 

influence of project dynamics on operational building performance, it is necessary to couple system 

dynamics to building performance modelling. 

Our framework is particularly relevant for building projects that include energy performance 

targets, a rising trend in the UK and globally (Sorrell, 2007; Nolden and Sorrell, 2016). The 

framework can function as a post-project review tool to facilitate learning for project partners, and it 

can be adapted also as an education and training tool for academics and practitioners. The 

application of the framework aims to develop lessons and insights to inform relevant policies and 

regulations, to increase the likelihood of successful carbon emission reductions and better IEQ, and 

thus to contribute towards the low carbon transition in the construction industry.  

It should be noted that the evaluation of building performance is not limited to energy and 

indoor environmental quality (Papachristos, 2015; Papachristos et al., 2020). The focus of this 

paper is on energy performance and indoor environmental quality but other aspects of building 

performance such as financial performance, productivity, health and safety could also be evaluated 

(Lai and Man, 2017). Adopting the building systems framework first proposed by Markus et al. 

(1972) for building performance evaluations, energy can be viewed as an input to the building 

system that will affect IEQ as an output of the environmental system. Specifying passive measures 

that reduce a building’s thermal demand can help improve its energy performance. Advances in 



6 

 

thermal comfort theory such as the concept of adaptive thermal comfort (de Dear and Brager, 2002; 

ASHRAE, 2017) allow further reductions in energy use as a result of wider tolerance bands in 

system outputs where natural ventilation is used. The optimisation of building performance 

therefore requires attention to the inputs and outputs of a building’s environmental systems. 

The rest of the paper is structured as follows. The second section provides a brief overview of 

building project simulation and outlines the modelling framework. The third and fourth sections 

outline the framework development, present the system dynamics part of the framework and the 

data requirements for its application and interface to building performance modelling. The fifth 

section discusses limitations and future research, and the last section concludes the paper.  

 

Background of Building Project Simulation Approaches  

Construction Project Simulation  

The application of simulation in the construction sector is a fast-growing field where several supply 

chain frameworks and paradigms are used in CSC simulation research (Abourizk et al., 2011; 

Papadonikolaki and Verbraeck, 2015). A large body of work uses discrete event simulation (DES), 

for example, on the effect of resource delays on construction project completion time (Akhavian 

and Behzadan, 2014), construction supplier logistics and the impact of demand fluctuations on lead 

time and cost efficiency (Vidalakis et al., 2013), the integration of lean and agile principles within 

the offsite construction concept (Mostafa and Chileshe, 2016), and CO2 emissions from on-site 

construction processes (Li et al., 2017). Moreover, simulation approaches are combined in 

applications like construction project logistics and environmental impact assessment of buildings 

(Zhang et al., 2014; Ben-Alon and Sacks, 2017), the integration of building information modelling 

(BIM) and DES (Lu and Olofsson, 2014), and BIM-based scheduling approach for construction 

projects under resource constraints (Liu et al., 2015).  

System dynamics is used for case-based research (Papachristos, 2012; 2018), project 

management (Lyneis and Ford, 2007; Mingers and White, 2010, Sterman, 2000; Willliams, 2002), 
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and supply chain collaboration or competition (e.g. Adamides et al., 2012; Papachristos and 

Adamides, 2014; Papachristos, 2014). System dynamics has been integrated with DES (Moradi et 

al., 2015), fuzzy logic on construction risk allocation (Nasirzadeh et al., 2014), and agent-based 

modelling of public investment feasibility of construction projects (Jo et al., 2015).  

The framework in this paper draws on a distinct literature stream that uses system dynamics 

(SD) for project management research (Lyneis and Ford, 2007). SD research has produced an 

appropriate, generic model structure for project management that is geared to tackle a class of 

problems rather than a single case (Ford and Sterman, 1998a; Forrester, 1961; Han et al., 2013). SD 

has been applied to project litigation cases (Cooper, 1980), the study of client behaviour impact on 

project performance (Rodrigues and Williams, 1998), semiconductor chip development projects 

(Ford and Sterman, 1998a), and planning and management (Park and Peña-Mora, 2003). More 

recent applications include theoretical work on project tasks with multiple defects (Rahmandad and 

Hu, 2010), and research on knock on effects between design and construction stages and 

implications for overall project cost (Parvan et al., 2015). An overview of the evolution of the core 

SD research and project management structures is given in Lyneis and Ford (2007) and Han et al. 

(2013). These studies focus on client value of project performance in terms of quality, cost, and on 

time delivery (Atkinson, 1999). They aim to provide insights into the causes of work disruption and 

project overruns during project development but do not explore the direct implications of CSC on 

operational building performance and IEQ. 

The required project performance improvements to deliver high quality, high performance 

buildings, can be facilitated by less industry fragmentation and better CSC partner relations 

(Latham, 1994:76; Egan, 1998:8-9). These have certain precedents: the goal alignment of project 

partners and client, the trust between them, and information sharing. Antecedents include the 

achievement of firm competitive advantage in the industry and the delivery of client value (Bendoly 

and Swink, 2007; Hanson et al., 2011; Wong et al., 2012). The effects of partner alignment, 

coordination and information exchange, and building quality, on total building performance are 
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arguably important, but have yet to be integrated in recent modelling and simulation work on 

construction project management (Rahmandad and Hu, 2010; Han et al., 2013; Parvan et al., 2015) 

with the exception of Papachristos et al. (2020).  

In an attempt to address this issue, the focus of the analysis on physical project work must be 

complemented with a focus on CSC project partner collaboration, industry fragmentation effects, 

and operational building performance. The typically short-term nature of projects (Turner and 

Müller, 2003; Geraldi et al., 2011), requires a behavioural perspective where project management 

agents use decision rules with emphasis on CSC integration, and short-term reaction to short term 

feedback (Cyert and March, 1963; Bendoly and Swink, 2007; Gavetti et al., 2012). The behaviour 

and interactions of CSC partners in design, construction and operation project stages influence also 

the building quality, its long-term energy consumption, and Indoor Environmental Quality (IEQ) 

(Alencastro et al., 2018; Bendoly and Swink, 2007; Gram-Hanssen and Georg, 2018; O’Brien et al., 

2009; Shrubsole et al., 2019). SD work explores project dynamics up to project completion and 

building delivery, but it does not explore their direct, operational performance implications (e.g. 

Ford and Sterman, 1998a). There is a pragmatic difficulty in doing so as the available SD 

simulation software tools are not suitable for simulation of building operation in detail. 

However, this is a necessary addition to the analysis as the behaviour and interactions of CSC 

partners in design, construction and operation project stages influence also the building quality, 

long-term energy consumption, and Indoor Environmental Quality (IEQ) (Alencastro et al., 2018; 

Bendoly and Swink, 2007; Gram-Hanssen and Georg, 2018; O’Brien et al., 2009; Shrubsole et al., 

2019). The next section discusses relevant building performance modelling work. 

Building Performance Simulation  

A building performance model (BPM) represents the building’s physical properties and 

operational conditions, and facilitates the evaluation of potential building performance in key areas 

such as energy use and IEQ. BPM uses physical governing equations and engineering first 

principles to link these components and simulate building performance under certain climatic 
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conditions. Simulation is usually carried out for a full year to evaluate building energy demand and 

thermal response across seasons. A weather file with hourly resolution can be used to represent the 

climatic conditions of the site for dynamic building performance simulation. This can help identify 

the climatic design potential and appropriate passive measures that will reduce energy use and 

carbon emissions of a building at the early design phase. 

A BPM can be used at various construction project stages to: (i) evaluate building design 

performance under various scenarios, identify the major determinants of building performance and 

inform construction design decisions (Lomas and Eppel, 1992; Azar and Menassa, 2012), (ii) assess 

the trade-offs between design choices that are subject to uncertainty (Ahmad and Culp, 2006), (iii) 

generate the operational baseline performance of a proposed final building design under given 

technical specification, operating conditions, climatic data, and uncertainty especially where there is 

a contractual obligation to meet operational targets (MacDonald, 2002; EVO, 2012), (iv) reproduce 

the operational building performance once the building is commissioned and in use.  

The operational baseline performance facilitates the identification of underperformance areas 

through the comparison between the projected and real building operational performance (Norfolk 

et al., 1994; Petersen and Hviid, 2012; Burman et al., 2014; Jain et al., 2017). However, BPMs do 

not facilitate analysis of operational building performance in terms of CSC project management 

processes, so few studies assess the impact of poor-quality project management and defects on the 

energy performance of buildings (Alencastro et al., 2018). This is why system dynamics (SD) is 

used for case-based research on project management (Lyneis and Ford, 2007; Mingers and White, 

2010; Sterman, 2000; Williams, 2002), and building physics modelling for building performance 

simulation (Hensen and Lamberts, 2011). SD has been combined with Building Performance 

Modelling (BPM) and simulation only in Papachristos et al. (2020), and the rest of this paper 

documents in detail the framework applied in this study. 

 

[Figure 1 near here] 
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Framework Development  

The framework has been developed using research team expertise in building physics, construction 

project management, and system dynamics. Framework development benefitted from an 

exploratory case study of an office building commissioned in 2014 in the UK. The case was 

selected as high energy performance targets were set at the start of the project to achieve a Display 

Energy Certificate (DEC) A rating as part of the contract (Papachristos et al., 2018a; 2018b; 2020). 

The case was the first to follow a four-year, Soft Landings approach where project partners try to 

improve building energy performance (De Wilde, 2014). The case, thus, offered empirical data with 

which to investigate and quantify the effects of project partner collaboration on operational building 

performance, and validate framework development. 

Detailed knowledge about building performance was developed by two research team 

members with building physics expertise. They discussed with project architects, engineers, and 

contractors, visited the building and conducted four rounds of interviews with the facilities 

management team during 2016–2017. The experts developed in-depth knowledge of performance 

issues in the building as they developed and calibrated a building physics model on monitored 

building performance data. The model-based analysis showed that the building is close to reaching 

DEC A performance after its commission, and pointed to performance issues in nine building areas 

(Papachristos et al., 2020). 

The knowledge and prior experience of building physics experts in the research team was the 

basis to assess the project development process. They provided expert judgement and sanity checks 

during the development of the SD project management model, and input estimates for the SD model 

scenario tests. Their input was complemented by system dynamics experts of the research team 

through hour-long, semi structured interviews with seven industry experts. Five were partners in the 

building project and participated in a stakeholder workshop that provided the opportunity to 

juxtapose the content of their interviews with a retrospective discussion of the project management 
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process and develop a shared view about aspects of partner collaboration during project 

development (Papachristos et al., 2020). 

The input of the building stakeholders to the framework highlighted the trade-offs that project 

partners faced during the construction stages e.g. project engagement, energy testing and resource 

commitment, which modulated the relation between project management and operational building 

performance (Papachristos et al., 2020). The case-based knowledge, the analysis of this relation and 

ways to improve operational building performance served as a bedrock to framework development. 

Owing to the approach taken, the framework is primarily oriented to retrospective case application 

to explore the relation between project development and total building performance, and identify 

ways to improve it. 

 

 

The Proposed Modelling Framework 

The framework is designed for the study of construction project management and building energy 

and IEQ performance, and the ways they can be improved. It adopts a flow view of production in 

CSC (Vrijhoef and Koskela, 2000) and uses Case Project Input (Figure 1) which has two 

components: (i) CSC related input, and (ii) building performance gap. The gap is derived from 

identified building defect areas where monitored operational building performance deviates from 

the brief and design targets. This is an established and applied definition in the UK especially 

during the early stages of post-occupancy and when a building has reached its steady mode of 

operation (Cohen et al., 2001). Longer-term performance will also be affected by factors such as 

deterioration in thermal performance, building maintenance effects, and future climate change (de 

Wilde et al., 2011). However, addressing the defects that are directly linked to the construction 

project at the early stages of post-occupancy helps to achieve an energy efficient baseline for long-

term performance. A building physics analysis determines the performance gap and validates it 

through BPM for each of the building performance areas that are relevant to energy and IEQ 

performance (e.g. energy or various aspects of IEQ such as thermal comfort and indoor air quality).  
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The core logic of the SD Project Management Model part of the framework draws on prior 

SD work (Ford and Sterman, 1998a; Parvan et al., 2015). It involves project task workflows with 

the corresponding flows of defects4 that arise in the project, and the decision making logic of 

project partners that drives these flows in, and between, project stages and influences building 

quality. This logic is influenced by CSC partner collaboration dynamics. The SD part is calibrated 

to the performance gap and uses case related input to explore how construction project management 

can improve building quality and thus building performance (see sections 4.2-4.6 in Papachristos et 

al. (2020) for an example). The SD part generates Building Quality Indices for the case building 

that are used as input for the building performance model that simulates building operation. The 

underlying assumption is that building quality is a proxy for building performance (Alencastro et 

al., 2018). The following sections discuss in detail the 4 framework elements (Figure 1) and its 

application: (1) the Case Project Input, (2) the SD part, (3) its Building Quality Indices output, and 

(4) and the BPM. The uniqueness of building projects raises some data availability requirements 

and calibration issues that are acknowledged where appropriate in framework development.  

[Figure 1 near here] 

 

Case project input: Construction supply chain and building performance modelling 

Relevant CSC input data include project management data: the building project time line and 

delivery dates, partner resources build up, the number and duration of the planned stages and their 

work scope. The project scope describes the amount of work required to complete each phase of 

development (Ford and Sterman, 1998a). These input data are also used to validate the SD part for a 

particular building case. Further required information concerns the initial partner alignment in a 

stage and between stages, as well as information exchange in and between stages. This qualitative 

                                                 
4 Semantics note: tasks and defects are standard terms in the SD project management literature. Defects lead to a 

deviation in project performance. In the building science literature deviation from project performance arises from 

technical defects, and/or deviation from set value parameters. Acknowledging the difference, the terms defects and 

deviation are used interchangeably in the text.  
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information is elicited from direct engagement with project partners through workshops and/or 

interviews (Ford and Sterman, 1998b). 

BPM is used to assess the actual building performance gap relative to the project design 

targets. This is done through the comparison of the operational to the projected baseline building 

performance that facilitates identification of performance gap building areas (Norford et al., 1994; 

Petersen and Hviid, 2012; Burman et al., 2014; Jain et al., 2017). The BPM represents the physical 

properties and operational conditions of the building e.g. geometry, thermal characteristics of 

building fabric, building systems e.g. heating, ventilation and air condition systems (HVAC), and 

operating conditions as separate components (Figure 2). At the building operation stage, the BPM 

design stage assumptions are updated and the BPM part of the framework is calibrated with data on 

real operational conditions: the occupancy pattern and equipment use, heating and cooling set 

points, climatic conditions, and operating hours of the building services. The systematic collection 

of operational condition data (Van Dronkelaar et al., 2016), and building modeller education (Imam 

et al., 2017) can help reduce model input errors and uncertainties.  

[Figure 2 near here] 

The BPM part of the framework simulates building performance for a full year to evaluate the 

operational annual building energy use, IEQ, and thermal response across all seasons. The 

available, monitored, operational data for energy and IEQ can then be used for building diagnostics 

and optimisation (Haberl and Bou-saada, 1998; Raftery et al., 2011; Lam et al., 2014). Monitored 

data along with onsite observations and semi structured stakeholder interviews help to identify the 

building areas with a performance gap and its causes. They can be used as the input to calibrate the 

BPM part to reproduce accurately the actual building energy use and IEQ.  

Advances in monitoring strategies and cost-effective wireless sensors enable the collection of 

large amounts of data for BPM calibration to the real building performance with errors that are 

significantly lower than the calibration criteria widely used in the industry such as ASHRAE 

guideline limits (ASHRAE, 2014). The permissible hourly error range between BPM output and 
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real performance is 10% and 30% respectively for the Normalised Mean Bias Error (NMBE), and 

the Coefficient of Variation of the Root Mean Square Error (CVRMSE), while the corresponding 

monthly errors are 5% and 15%. Error is calculated with equation 1 and 2: 

𝑁𝑀𝐵𝐸 =   
∑ (𝑦𝑖

𝑛
𝑖=1 −�̂�𝑖)

(𝑛−1)×�̅�
 × 100 (1) 

𝐶𝑉𝑅𝑀𝑆𝐸 = 100 ∙ [∑
(𝑦𝑖 − �̂�𝑖)²

(𝑛−1)
 𝑛

𝑖=1 ]
1/2

�̅�⁄  (2) 

 

Where 𝑦𝑖 is the monitored hourly or monthly energy use, �̂�𝑖 is the hourly or monthly energy use 

derived from the simulation model, �̅� is the average hourly or monthly energy use for the 

monitoring period, and 𝑛 is the number of data points used (n=8,760 for hourly calibration, n=12 

for monthly calibration). In addition to energy use performance, the BPM model will also be 

calibrated against key IEQ data such as operative temperatures and carbon dioxide concentration 

levels (proxy for indoor air quality). 

Linking the calibrated BPM to the SD part of the framework rests on the assumption that if 

the calibrated BPM results are within ASHRAE error limits, then the BPM part can reproduce the 

actual energy use and IEQ with reasonable accuracy. It should be possible to identify in the input 

data any statistically significant defect or shortcoming in building design, construction, or operation 

that compromises energy and IEQ. The development of the SD part is discussed next indicating 

where and how this information is used. 

 

The proposed system dynamics project management part of the framework  

Building projects involve CSC partners that operate and interact in, and across project stages, and 

they are involved in the project’s management of physical and information flows. The SD part is 

based on a simplified CSC where individual organizational actors are aggregated to the 

organizational level, and CSC organizations are aggregated to the stage level (Love et al., 2004). 
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Thus, the CSC consists of design, construction, and operation-client stages (Figure 3, top) each with 

an aggregate partner team and related responsibilities.  

Intra and inter-stage CSC flows of tasks and defects are based on the work of Ford and 

Sterman (1998a). Tasks are subject to Quality Testing at each stage to find defects that might be 

reworked in-stage, or returned to upstream stages for rework. Information exchange between project 

partners improves work quality and defect detection. A modification to Ford and Sterman (1998a) is 

introduced to increase realism to real construction practice. An additional task flow highlighted in 

solid grey lines in Figure 3, is used to account for workarounds that are released to downstream 

stages. 

Project partners may choose to do workarounds to compensate for errors caused by time 

pressure or other limitations, rather than engage with upstream stages to find a collaborative 

solution that requires more coordination and time (Morrison, 2015; Aljassmi et al., 2016). In this 

way, construction issues are solved or “patched” onsite without consulting with designers. 

Workarounds are often problematic because quality assurance, or other standards are usually not 

followed. When they are released to subsequent stages without being fully considered and resolved 

they can lower the final building quality and performance. The conceptual CSC in Figure 3 is 

formalized in an SD stock and flow structure with an additional co-flow structure to track defect 

flows (Sterman, 2000:497-500).  

 

[Figure 3 near here] 

 

The task and defect related flows have a decision and control logic which is quite complex in a real 

world context, due to the multi organizational nature of construction projects, different partner goals 

and levels of coordination and information sharing (Atkinson, 2002; Sommerville, 2007; Davidson, 

2009). The requirements on time, cost, quality, and building performance, and their inter-relations 

increase further project complexity (Baccarini, 1996; Baskhi et al., 2016).  
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As a result of complexity, project partners may have a different understanding about project 

scope and the nature of organizational relations which are critical to project success in construction 

and other industries (Songer and Molenaar, 1997; Molenaar and Songer, 1998; Autry and Golicic, 

2010; Laan et al., 2011). The effect of complexity on project performance is exacerbated by CSC 

fragmentation, for example in the UK building industry, that arises from extensive subcontractor 

use, a low understanding of project dynamics and low incentives to ensure high levels of building 

performance (Vrijhoef and Koskela, 2000; Briscoe and Dainty, 2005; Bendoly, 2014; 

Papadonikolaki and Wamelink, 2017). 

The delivery of a high-quality building requires some form of CSC coordination, moderated 

by partner alignment, to facilitate work inspection/checking, workflow control and defect rework. 

Goal alignment creates shared interests across partners and motivates them to commit to 

cooperative behaviour, communication and mutual support (March and Simon, 1958; Jap and 

Anderson, 2003). The communication of goals, partner responsibilities and exchange of other 

project related information may increase project performance and building quality, and reduce the 

performance gap (De Wilde, 2014). Thus, it is necessary to account for alignment and information 

exchange effects in the SD model (see Papachristos et al. (2020) for an example). 

 

System Dynamics Development 

The development of the SD construction project structure draws on the reviewed literature, and on 

the detailed, working paper version of Ford and Sterman (1998a)5. It is important to note that a 

dedicated BPM will be required to assess accurately the performance gap in each building case 

because building projects are unique. The SD stock and flow structure and assumptions may also 

need to be revisited as the appropriate aggregation level of the SD part may differ between cases, 

depending on project specific procurement routes, CSC partners and their roles, and data 

                                                 
5 Available from https://dspace.mit.edu/bitstream/handle/1721.1/2644/SWP-3943-36987273.pdf?sequence=1   

(accessed 27/03/2018) 

https://dspace.mit.edu/bitstream/handle/1721.1/2644/SWP-3943-36987273.pdf?sequence=1
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availability. Thus, the generic SD structure developed here cannot be considered as the final version 

of a fully-fledged model. The SD structure will have to be revisited for application to a specific case 

and it will have to be calibrated to the performance gap of the case as illustrated in Papachristos et 

al. (2020). The underlying interface logic between the two models is still expected to apply, and the 

core project management structure in the SD part should be valid owing to the numerous domains it 

has been successfully applied to (Lyneis and Ford, 2007).  

 

Partner alignment  

Organizational alignment research spans the strategic management, supply chain management and 

project management literatures, and links organizational activities with strategy and competitive 

advantage (Powell, 1992; Williams and Samset, 2010; Hanson et al., 2011; Wong et al., 2012; 

Samset and Volden, 2016). Alignment is the extent to which there is mutual agreement among 

organizations regarding their positions-roles and resultant flows of work in a collective endeavour 

such as a project. Different organizations may have different end goals in mind, so project 

participation is conceptually distinct from partner alignment (Adner, 2017). Alignment motivates 

partner behaviour towards operational goals that provide a rationale for prioritization and resource 

allocation in project management. Alignment requires a consensus on strategic goals, cause and 

effect mechanisms, and actions at the operational level (Hanson et al., 2011).  

Alignment applies to single organizations but also extends across CSC partners centred 

around a construction project value proposition. Alignment emerges out of client building 

requirements, their interaction with CSC partners and their supplier requirements, the causal link to 

the delivery of project results and the long-term benefits after the project is terminated (Briscoe et 

al., 2004; Vachon et al., 2009). Requirements about partner behaviour in a project depend partly on 

whether expectations were met in previous projects (Molenaar et al., 1999; Laan et al., 2011). The 

perception of prior partner expectations for a new project constitutes a mental model, that when it is 
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clear and shared it can facilitate information sharing, critical discussion, CSC partner coordination, 

and problem resolution (Dietrich et al., 2010; Bendoly, 2014).  

In the model, intra-stage alignment 𝐴𝑖 reflects the level of shared partner goals in stage i. 

Alignment values range from zero to one, where zero represents a state of CSC fragmentation 

where project partners just participate and do the minimum necessary to deliver the project. A value 

of one represents a state of complete alignment where project partners operate as a single 

organization from project start to finish, they establish or share the same organizational routines and 

procedures and as such there is a common perception of problems that arise, related knowledge, and 

ways to address them. 

An initial level of alignment 𝐴𝑖
𝑜, may exist based on potential prior collaboration among 

partners. The level of 𝐴𝑖
𝑜 and the way it develops in each stage and across stages can be elicited 

through project partner interviews (Ford and Sterman, 1998b). Alignment is dynamic as partners 

make sense of a project and work towards its delivery as they cope with ambiguity, uncertainty and 

complexity (Weick, 1995). Intra-stage alignment 𝐴𝑖 inter alia increases with stage duration that 

allows more partner interaction. 𝐴𝑖 is a stock that accumulates with the overlap of stage partner 

activities that facilitate engagement Ei, but faces diminishing returns with stage duration Li. 𝐴𝑖 is 

also considered to erode as partner engagement approaches planned stage duration Di and other 

projects become more pressing (eq. 3), or with partner conflict. Suppressing time subscript t for 

clarity, Ai is given by:  

𝐴𝑖 = ∫ (𝐴𝑖
𝑜 +

𝐸𝑖

𝐿𝑖
−

𝐴𝑖

𝐷𝑖
) 𝑑𝑡

𝑡

𝑜
 (3) 

𝐴𝑖: intra-stage alignment (unitless) 

Ei: partner overlap of activities (unitless) 

Li: stage duration (months) 

Di: stage duration (months) 

Inter-stage alignment 𝐴𝑖𝑗 between stage i and j reflects the level of shared goals across project 

stages e.g. the joint pursuit of high building quality. An initial level of alignment 𝐴𝑖𝑗
𝑜  may exist from 
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prior project partner collaboration. It implies that project partners are willing to receive and rework 

defects from downstream stages to improve building quality. It is assumed that intra-stage partner 

behaviour is sufficiently visible in the project and considered in subsequent reciprocal partner 

behaviour (Bendoly and Swink, 2007), thus 𝐴𝑖𝑗 is assumed to increase with 𝐴𝑖 and 𝐴𝑗 and is given 

by: 

𝐴𝑖𝑗 = 𝐴𝑖 ∙ 𝐴𝑗 + 𝐴𝑖𝑗
𝑜  (4) 

𝐴𝑖𝑗: Inter-stage alignment between stage i and j (unitless) 

𝐴𝑖𝑗
𝑜 : Initial level of alignment (unitless) 

Alignment is an important precedent for coordination and information exchange, to reduce defects 

and rework, and increase CSC performance (Briscoe et al., 2004; Kache and Seuring, 2014; 

Alencastro et al., 2018). Project partner interactions are generally coordinated by the contracts they 

sign, but information and behavioural aspects influence their daily operations (Love et al., 2002; 

Ford and Sterman, 2003). Partners exchange information to coordinate their activities, understand 

project dynamics, handle operational and technical issues, and deliver client value (Bendoly, 2014; 

Jingmond and Agren, 2015). Information facilitates transparency between CSC partners, high 

responsiveness and low uncertainty, collaborative planning and risk management (Frohlich and 

Westbrook, 2002; Barratt, 2004; Soosay et al., 2008; Wong et al., 2012).  

The flow of relevant information can affect partner behaviour in each project stage. Partners 

with a shared understanding of project dynamics are more likely to appreciate the value of specific 

information, and supply it in a timely manner to the appropriate partners (Bunderson, 2003). 

Information availability might increase project performance as the shared understanding of the 

project dynamics coordinates partner responses to unanticipated events (Daft and Macintosh, 1981; 

Bendoly and Swink, 2007; Wong et al., 2012). Project defects are reduced by learning through 

feedback from work processes, and discussion between project partners (Love et al., 2008; Lopez et 

al., 2010; Bendoly, 2014). 
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Project information flows can be quite complex (Baldwin et al., 1999). To simplify them, it is 

assumed that alignment influences information exchange once partners engage in project task work, 

and the flow of project information as it is made available to them (Tribelsky and Sacks, 2010; 

2011). The initial partner communication to establish the project scope before its start, is not 

modelled explicitly. To operationalise the model, it is assumed that a unit piece of information is 

required to perform a unit task without any defects, and the delivery of a building area requires 100 

tasks in each project stage and an associated maximum of 100 units of information 𝐼𝑖
𝑚𝑎𝑥. It is 

further assumed that intra-stage communication flow 𝐶𝑖 increases with alignment Ai, and Ei. 

Suppressing t, 𝐶𝑖 is given by: 

𝐶𝑖 = 𝑚𝑖𝑛(𝐸𝑖 ∙ 𝐴𝑖, 𝐼𝑖
𝑚𝑎𝑥 − 𝐼𝑖) (5) 

𝐶𝑖: intra-stage communication flow (information units per month) 

𝐼𝑖
𝑚𝑎𝑥: maximum information per stage i (information units) 

𝐼𝑖: information per stage i (information units) 

Ei: partner overlap of activities (unitless) 

𝐴𝑖: intra-stage alignment (unitless) 

 

The amount of change in project understanding relates to the amount of shared information 𝐼𝑖 in 

stage i (Daft and Macintosh, 1981). 𝐼𝑖 is defined as the stock of information that is gathered and 

interpreted by stage partners. Some quantitative information will tend inevitably to become out of 

date as the project progresses i.e. information has a relatively short half-life (Samset and Volden, 

2016). It is assumed that intra-stage information 𝐼𝑖 erodes inversely proportional to Ai, and stage 

duration 𝐷𝑖 which is determined by project time line. Suppressing t, Ii is given by: 

𝐼𝑖 = ∫ (𝐶𝑖 −
𝐼𝑖

𝐴𝑖×𝐷𝑖
) 𝑑𝑡

𝑡

0
 (6) 

𝐼𝑖: information per stage i (information units) 

𝐶𝑖: intra-stage communication flow (information units per month) 

Di: stage i duration (months) 
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𝐴𝑖: intra-stage alignment (unitless) 

 

The reciprocal nature of information exchange between stages i and j suggests a multiplicative 

relation. It is assumed that inter-stage communication 𝐶𝑖𝑗 increases with 𝐴𝑖𝑗, 𝐶𝑖, and 𝐶𝑗, and a fuzzy 

min function models information exchange at the limit, when task specific information may be 

exhausted. Suppressing t, 𝐶𝑖𝑗 is given by:  

𝐶𝑖𝑗 = 𝑚𝑖𝑛(𝐶𝑖 ∙ 𝐶𝑗 ∙ 𝐴𝑖𝑗 , 𝐼𝑖𝑗
𝑚𝑎𝑥 − 𝐼𝑖𝑗  )  (7) 

𝐶𝑖𝑗 : inter-stage communication between stages i, j (information units per month) 

𝐴𝑖𝑗: Inter-stage alignment between stage i and j (unitless) 

𝐼𝑖𝑗: information exchanged between stages i, j (information units) 

 

The stock of inter-stage information 𝐼𝑖𝑗 depends on 𝐶𝑖𝑗 and it is assumed to erode as a stage 

approaches its deadline 𝐷𝑖. Suppressing t, 𝐼𝑖𝑗 is given by:  

𝐼𝑖𝑗 = ∫ (𝐶𝑖𝑗 −
𝐼𝑖𝑗

𝐴𝑖𝑗×𝐷𝑖
) 𝑑𝑡

𝑡

0
 (8) 

 

Project control and rework 

Rework in projects is work that has to be repeated and can arise from defects in project execution or 

from client requirement changes that may affect operational building performance (Love and 

Edwards, 2004; Lopez et al., 2010; De Wilde, 2014). Defects arise out of poor workmanship, lack 

of quality management systems, client scope changes, lack of supply chain coordination, and 

insufficient resources and information to execute tasks correctly (Josephson, 2002; Love et al., 

2009; Aljassmi and Han, 2013). For example, a frequent defect cause in the design stage is mis-

communication about building performance goals between client and design team members (De 

Wilde, 2014). Defects are often generated in one stage and detected in later stages, where they often 

have some knock-on effect (Sommerville, 2007; Alencastro et al., 2018). Design defects are usually 
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identified in construction through internal quality assurance checkpoints, material inspections, and 

internal and/or external audits.  

The number of project defects is widely used as a quality indicator in the building industry. 

Defects can range from few to thousands, and several defect classifications exist (Alencastro et al., 

2018). Each building project is unique so tasks, defects and building areas with a performance gap 

need to be identified on a case by case basis e.g. heating system, lighting, acoustics, IEQ. An array 

in the SD part accounts for tasks and defects that correspond to building areas, and facilitates the 

interface with the BPM that allows a fine-grained building performance analysis in operation (see 

Table 1 in Papachristos et al. (2020) for an example). 

Rework is inversely proportional to the quality of information stocks which is assumed to 

increase with 𝐼𝑖𝑗 (Tribelsky and Sacks, 2011). For example, low information quality and accuracy in 

construction drawings, can result in incorrect interpretation and unnecessary amendments when the 

team working on-site proceeds with outdated information (Alencastro et al., 2018). The rate of 

defect generation 𝐺𝑖 per building area 𝑎 in stage i depends on the stage contribution 𝑃𝑖 to defects 

per area α that affect its building quality, the information 𝐼𝑖𝑗, the total number of tasks per building 

area 𝑊𝑡𝑜𝑡𝑎𝑙, and the rate of work completion 𝑅𝑖. 𝑃𝑖 is a two-dimensional, arrayed input (stages x 

building areas) to the framework with values that range from zero to 100%. It allows the 

representation of interdependent defects across project stages and expert knowledge is required to 

provide realistic range estimates, as 𝑃𝑖 will vary depending on the nature of the building and the 

project development route (see Papachristos et al. (2020) for an example). 

Tasks are assumed to be small enough to be defective or correct but not partially defective 

(Ford and Sterman, 1998a:37)6. It is assumed that inter-stage information exchange provides the 

necessary detail to complete tasks and thus reduce defect generation. Intra and inter-stage work 

concurrence is important for 𝑅𝑖, and can be elicited from project partners following Ford and 

Sterman (1998a). Suppressing t and 𝑎 for clarity, 𝐺𝑖 is given by: 

                                                 
6 This assumption also becomes more accurate as task size becomes smaller. 
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𝐺𝑖 = 𝑅𝑖 ∙ 𝑃𝑖 ∙ (1 − 𝐼𝑖𝑗/𝑊𝑡𝑜𝑡𝑎𝑙) (9) 

𝐺𝑖: rate of defect generation per area α in stage i (tasks per month) 

𝑊𝑡𝑜𝑡𝑎𝑙: total number of tasks per building area (tasks) 

𝑃𝑖: stage contribution to defects that affect building quality of area α (unitless) 

𝑅𝑖: rate of work completion (tasks per month) 

𝐼𝑖𝑗: information exchanged between stages i, j (information units) 

The intra-stage defect discovery rate 𝐹𝑗 per area 𝑎 in stage j depends on the number of completed 

tasks to test 𝑊𝑗, the level of testing thoroughness 𝐻𝑗, 𝑃𝑗 and quality assurance 𝑄𝑗 which is subject to 

resource constraints. Partner resource build up in each project stage, follows Ford and Sterman 

(1998a)7. 𝐻𝑗 is a two-dimensional, arrayed input (stages x building areas) to the framework with 

values range from zero to 100%, just like 𝑃𝑗. 𝐻𝑗 will vary depending on the nature of the building 

and the project development route, so it is elicited from workshops with project partners and 

building physics experts that have analysed building performance and can trace issues to particular 

project stages (see Papachristos et al. (2020) for an example). For example, if a building area in the 

design stage has an impact on more than one area in the construction or operation stage, it is 

possible to account for such effects with a two-dimensional array in the input for the SD part. 

Suppressing t and 𝑎 for clarity, 𝐹𝑗 is given by: 

𝐹𝑗 = 𝑚𝑖𝑛(𝑄𝑗, 𝑊𝑗 ∙ 𝐻𝑗 ∙ 𝑃𝑗) (10) 

𝐹𝑗: intra-stage defect discovery rate per area 𝑎 in stage j (tasks per month) 

𝑄𝑗: quality assurance (tasks per month) 

𝑊𝑗: the number of tasks to test (tasks per month) 

𝐻𝑗: the level of testing thoroughness per area α in stage i (unitless) 

𝑃𝑗 : the contribution of stage j to generating defects per area α 

                                                 
7 See working paper version pages 11-22 
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The defects discovered in building area α in stage j that are attributed to defects in upstream stage i 

depend on the proportion 𝑃𝑖𝑗 of defects to tasks that flow from stage i to j, and the proportion 𝑘𝑗 of 

defects possible to rework in stage j. Suppressing t and α, 𝐹𝑗𝑖 is given by:  

𝐹𝑗𝑖 = 𝑚𝑖𝑛(𝑊𝑗 , 𝑄𝑗 − 𝐹𝑗 ∙ 𝑃𝑖𝑗 ∙ 𝐻𝑗) ∙ (1 − 𝑘𝑗) (11) 

𝑃𝑖𝑗: the proportion of defects to tasks that flow from stage i to j 

𝑘𝑗: the proportion of defects that is possible to rework in stage j 

𝑘𝑗 is specific to the procurement root used in a building development project and requires input 

from building experts to estimate its value. It is assumed that information 𝐼𝑖 and 𝐼𝑖𝑗 can improve the 

quality testing thoroughness 𝐻𝑗 in stage j (Tribelsky and Sacks, 2011:96-97). Suppressing t and α, 

𝐻𝑗 is given by: 

𝐻𝑗 = 𝑚𝑖𝑛 (1, (𝐻𝑂𝑗 + (𝐼𝑖 ∙ 𝐼𝑖𝑗)/𝑊𝑡𝑜𝑡𝑎𝑙
2 ))  (12) 

𝐻𝑗: quality testing thoroughness in stage j (unitless) 

𝐻𝑂𝑗: the initial testing thoroughness level per area α in stage j (unitless) 

 

𝐻𝑂𝑗 is elicited similarly to 𝑃𝑖. 𝐹𝑗 increases the stock of defective tasks 𝑊𝐹𝑗 found in stage j. Some 

known defects in each stage will not be corrected due to resource and time shortages. When a 

project stage nears its completion most partner resources are reassigned to other projects as the 

project has already generated most of the expected revenue. The use of workarounds rather than 

project rework is more likely as each project stage approaches completion, due to cost, time and 

resource constraints that follow an s-curve (Macleamy, 2004). 

The s-curve 𝑆𝑗  is modelled with a standard logistic curve for each stage and calibrated for 

each stage based on expert input. 𝑆𝑗 can account for resource, costs, and time pressure related 

constraints when there is insufficient project information. To account for stage constraints, the 
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defect rework rate is based on Ford and Sterman (1998a)8, and is multiplied by (1 − 𝑆𝑗). The inter-

stage defect return rate 𝑅𝑗𝑖 from stage j to i is subject to 𝑘𝑗, inter-stage alignment 𝐴𝑖𝑗, and 𝑆𝑗. 

Suppressing t and α, 𝑅𝑗𝑖 is given by: 

𝑅𝑗𝑖 = 𝐴𝑖𝑗 ∙ 𝑊𝐹𝑗 ∙ (1 − 𝑆𝑗)/𝑡𝑖𝑗   (13) 

𝑅𝑗𝑖: inter-stage defect return rate per area α from stage j to i (tasks per month) 

𝑡𝑗𝑖 : defect return delay from stage j to i (months) 

𝑆𝑗 : level of resource, costs, and time pressure limitations (unitless) 

𝑊𝐹𝑗: the stock of defective tasks per area α found in stage j (tasks) 

When 𝑆𝑗 becomes 1 then all remaining defects flow downstream to account for knock on effects on 

final building quality. The final quality of a building area relative to design targets is assumed to be 

directly proportional to the ratio of residual defects over the number of project tasks completed for 

the area in the finished building. The ratio is the quality index deviation of a building area from its 

baseline design operational quality, and it is the basis for the interface with the building 

performance model. 

 

SD Interface with BPM 

The SD part of the framework generates Quality Index Deviation values for the building defect 

areas that exhibit performance deviations and can lead to performance gap. A value of zero for a 

particular building area indicates no deviation from design intent and there is no upper limit for the 

indices. The building areas are used to interface with the BPM and they are categorised under defect 

categories as per CIBSE AM11 (see Table 1 in Papachristos et al. (2020) for a case-based example 

of building areas). Each defect category has associated building defect areas that can be modelled in 

any building simulation software9. For example, building geometry and zoning include total areas 

                                                 
8 See eq. 30 in the working paper version of Ford and Sterman (1998), available from: 

https://dspace.mit.edu/bitstream/handle/1721.1/2644/SWP-3943-36987273.pdf?sequence=1 (accessed16/01/2018) 
9 The list of building defect areas under each defect category is based on EnergyPlus software 

https://dspace.mit.edu/bitstream/handle/1721.1/2644/SWP-3943-36987273.pdf?sequence=1
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and volumes, conditioned areas, window to wall ratio, and solar shading. Construction 

characteristics and material properties include wall U-value, window U-value, window G-value, 

roof U-value, floor U-value, and thermal mass. Internal heat gains include occupant density, 

lighting load (max), lighting control, equipment load (max), and equipment control. Ventilation and 

air infiltration include mechanical ventilation systems (maximum/minimum ventilation rates; 

specific fan powers; heat recovery system efficiency; control settings; infiltration rate) and natural 

ventilation systems (maximum/minimum air change rates; infiltration rate; control settings e.g. 

temperature and carbon dioxide settings for automated control)  

Space conditioning systems include thermostat setting (setpoint), capacity, efficiency, fan 

power and efficiency, pump rating and efficiency, chilled water inlet/outlet temperatures, hot water 

inlet/outlet temperatures, and terminal unit efficiency. Occupancy patterns and behaviour 

(schedules) include number of occupants, occupancy schedule, heating operation schedule, cooling 

operation schedule, mechanical ventilation operation schedule, natural ventilation operation 

schedule, lighting operation schedule, and equipment operation schedule. 

The areas are compiled from a semi-structured literature review on sensitivity of building 

simulation models and analysis of performance gap root causes in different building types (BSI, 

2008; Hopfe and Hensen, 2011; Manfren et al., 2013; Yang and Becerik-Gerber, 2015; Faggianelli 

et al., 2017). The areas that contribute to the performance gap are identified and validated on a case 

by case basis during the BPM calibration. All the independent inputs that are responsible for the 

performance gap are linked to one of the defect categories and areas. They form the SD array of 

interface parameters to the BPM (see Table 1 in Papachristos et al. (2020) for an example). 

Each of the interface parameters uses a single numeric value to represent the percentage 

deviation of a defect area from its baseline value e.g. system efficiency values. This deviation is the 

baseline quality index to which the SD part is calibrated to (see section 4.1 in Papachristos et al. 

(2020) for an example). An extra step is therefore required to transform the single quality index the 

SD part generates into BPM input and vice versa for SD calibration. For example, all occupancy 
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schedule values change with time, or occupancy density changes with zone functions. The 

transformation could involve the exposed surface area averages for fabric elements; zone area 

weighted average calculation for activity and load values, and day type or annual averaging for 

schedule type elements. An appropriate data processing technique should be used to ensure that all 

data is suitably transformed. Table 1 lists building defect areas and their corresponding percentage 

Quality Index Deviation from the ongoing exploratory case used for framework development10. For 

example, an area with lower operational performance relative to the design stage target is the 

heating system efficiency. In this case, the input parameter to the BPM is the Coefficient of 

Performance (COP) of the heating system.  

 

[Table 1 near here] 

 

The Quality Index Deviation values derived through the building physics analysis are used to 

calibrate the SD model. An assumption for SD calibration is that the strength γ of knock-on effects 

𝑁𝑖𝑗 of defects from stage i to j per building performance area α is greater than one, in line with 

theory (Lyneis and Ford, 2007) and evidence (Parvan et al., 2015). 𝑁𝑖𝑗 depends on the sum of 

undiscovered defects 𝑇𝑢𝑖 and known defects 𝑇𝐹𝑖 normalized against the initial design scope 𝑇𝑡𝑜𝑡𝑎𝑙 

per building area per stage, and γ. The SD part is calibrated by optimising simultaneously γ for all 

building areas to minimise the performance gap error of SD output per building area α (see model 

calibration section in Papachristos et al. (2020)). Supressing α, 𝑁𝑖𝑗 is given by:  

𝑁𝑖𝑗 = (1 + (𝑇𝑢𝑖 + 𝑇𝐹𝑖)/𝑇𝑡𝑜𝑡𝑎𝑙)
𝛾−1  (14) 

 

The calibrated SD part is then used to explore a range of project management scenarios based on 

particular case characteristics. The scenario output is fed back to the BPM and building operation is 

                                                 
10 This is currently under submission and has been presented at International System Dynamics Conference 2018, 

Iceland. 
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simulated for a year to generate results for energy consumption for each fuel in terms of kWh, 

electricity and gas costs or costs associated with any other fuel used as a source of energy, CO2 

emissions related to energy use can also be calculated using CO2 conversion factors for each fuel 

(kg CO2/kWh). The conversion factors currently implemented in the UK are provided in BRE 

(2014, Table 12, p225). 

 

Summary of building performance and system dynamics interface 

The framework couples two modelling methodologies and requires substantial investment in time 

and effort to collect data, adapt and calibrate the models to a particular case and use them for 

analysis. Energy performance is used as the key performance metric for the description of the 

framework. In principle additional metrics such as IEQ can also be used as and when required, for a 

review see Lai and Man (2017). Figure 4 details the steps involved in the framework (as shown 

previously in Figure 1) and its application (Papachristos et al., 2020). The framework application 

process starts with case project data and building analysis in a BPM to determine building defects 

and establish their underlying causes. 

Case Project Input includes the performance gap between the real and design intent 

performance in a building case (Figure 4, step 1). The design intent is established from the final as-

built BPM of the building, or documentation on input data and energy performance. For the real 

performance, a robust energy performance calibration protocol is selected, or defined, such as 

ASHRAE Guideline 14 (2014). When the building reaches its steady mode of operation post-

occupancy, building operation data are captured for at least one full year with installed sensors and 

the Building Management System (BMS). The BPM is then calibrated based on these data. If the 

initial design model is not available, a new model is developed in a building modelling tool11. The 

building operation input data in the calibrated BPM part are compared against the design intents. 

                                                 
11 DesignBuilder software with EnergyPlus © as the simulation engine is the tool that our research team has significant 

experience in, but in principle any other tool could be used. 
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The output data of the BPM part are compared against the design intent performance model to 

establish the performance gap.  

Part of the case project input are the defects and performance deviations in building areas, that 

are needed to determine the number of array elements required in the SD part (Figure 4, steps 2, 3). 

The building operation input data to BPM that may lead to underperformance can indicate defects in 

the execution of technical specifications or deviations of actual operating conditions from the 

design assumptions used (e.g. higher heating set point and longer occupancy hours). The calibrated 

BPM enables the identification of the technical defects and deviations in building operating 

conditions. It is critical for building experts to investigate and understand the defect root causes and 

to revisit the assumptions made for operational conditions in the underlying project construction 

process stages that led to deviations. For example, biased assumptions made in the design stage to 

lower energy consumption and ensure that certain energy and sustainability ratings are met.  

The causes of identified technical defects and deviations in operating conditions can be 

generally first order: specific technical issues that directly caused the defect or issues that led to 

deviations in assumptions, or second order: underlying process issues that led to the first order 

issues. The causes are identified by: (i) a joint post-occupancy evaluation of the building with the 

design and construction teams and users, and (ii) an independent building performance evaluation to 

review the design and construction documentations, identify the performance gap causes in-

operation, and establish the underlying issues. A hybrid approach is often used in practice where 

independent evaluators identify first order causes, and stakeholders are engaged via semi-structured 

interviews and workshops to identify second order causes.  

The building experts can then provide evidence-based estimates on the contribution of each 

stage to final building quality (𝑃𝑖) and the quality assurance thoroughness in each stage (𝐻𝑗) based 

on the type of the contract, project official gateways, information available from design, 

construction, and commissioning documents, and feedback received from stakeholders (Figure 4, 

step 4). These estimates form part of the SD model input. 
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Adjustments to the SD model variables and/or structure may be necessary depending on the 

construction project characteristics and input from the experts or project stakeholders (Figure 4, step 

5). Adjustments to the SD part require, each time, structural and behavioural validation based on 

empirical data in line with best practices in the SD field (Barlas, 1996; Sterman, 2000:843). The 

changes implemented to the SD part to adjust it to a project case can be documented to facilitate 

transparency (Rahmandad and Sterman, 2012; Martinez-Moyano and Richardson, 2013). Then the 

SD part is calibrated to the documented performance gap of the building areas (Figure 4, step 6).  

The analysis of the performance gap provides insights into case specific scenario exploration 

of factors that may influence the performance gap (Figure 4, steps 7, 8) such as different CSC 

partner alignment, and different project control and rework. The SD part generates Building Quality 

Indices that are the input for the BPM to simulate operational performance and generate annual 

energy demand, cost, and CO2 emissions (Figure 4, steps 9, 10) that are contingent on several 

factors (Ye et al., 2018) 

 

[Figure 4 near here] 

 

Discussion, Limitations and Future Work  

The multi-methodology framework developed in this paper aims to explore the link between 

building quality and building performance, and between project partner relations and construction 

project performance. The integration and operationalization of project partner alignment and 

information flows in the SD part is a theoretical extension of the generic, multi stage project 

management model (Ford and Sterman, 1998a). The stock and flow structure can facilitate the 

assessment of project collaboration related effects on building operational performance and CO2 

emissions that are hampered by fragmentation in the UK and elsewhere12. Published results from 

the application of the framework to a UK case study illustrate the potential benefits of increased 

                                                 
12 The intended application context as part of the funded research project concerns UK and China. 
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alignment in the construction supply chain (Papachristos et al., 2020). If project partners and actors 

in the construction industry are incentivized to align more while they operate in projects then this 

would contribute to the low carbon transition in the construction sector.  

The novel methodological integration of SD and BPM in a single framework enables the 

detailed assessment of operational building performance on a case by case basis. This is a useful 

extension for climate change mitigation that was missing in system dynamics and project 

management literature. The framework, thus, has the required theoretical generality and situational 

grounding, while being methodologically rigorous and practically relevant to both fields (Ketokivi 

and Choi, 2014).  

The framework can function as a post-project review tool, or as an education and training tool 

for academics and practitioners. It can facilitate strategic learning for stakeholders involved in 

construction projects as it is done often with SD project management models (Lyneis and Ford, 

2007). The added value is that the framework can facilitate the analysis of gains in operational 

building performance in terms of project performance analysis. The long-term aim is to produce 

research that will alter the way industry insiders and policy makers view CSC collaboration, so that 

CSC partners then consider seriously incentive mechanisms in procurement routes that permit 

sufficient, timely and accurate information for CSC governance to deliver gains in operational 

building performance. The aim is to inform relevant policy and regulations through case-based 

research, to increase the likelihood of successful carbon emission reductions and better IEQ, and 

thus to contribute towards the low carbon transition in construction industry. 

Data availability on project time and cost will influence the application of the framework in 

the UK and elsewhere. The proposed modelling framework has certain case specific information 

requirements that may impact its intended use and successful application. First, limited access to 

key project stakeholders may compromise the assessment of project partner alignment and 

communication flows, of partner interactions across stages, and of possible adjustments to the SD 

for a specific building case. Second, the number of tasks for each building area in each stage has to 
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be accounted for, or estimated, on a case by case basis. This depends on information availability 

even if it is in relative terms e.g. heating system might require more tasks than lighting equipment 

in total over the project duration.  

Third, project resource data granularity depends on project partner access which can be a 

challenge due to the multi organizational nature of projects. A concomitant difficulty is resource 

prioritization and allocation to the project under study vis a vis other projects the partners are 

involved in over time. Resource availability at the end of a project stage is also important to 

capture. This information can be captured through interviews but if information availability is low, 

then s-curves can be calibrated through expert judgement for each stage to account for resource 

constraints. Accurate resource availability information will increase the realism of the analysis and 

enable a better assessment of the information exchange and collaboration effect on building quality. 

If such information is not available then it is still possible to carry out a more aggregate analysis and 

claim that resource related quality effects in each stage have been captured, albeit implicitly in 

expert input on quality and testing thoroughness.  

Fourth, the identification and validation of the root causes of performance gap, and the defect 

areas, is based on analysis on the initial, calibrated BPM. The calibration criteria used in ASHRAE 

Guideline 14 are statistical indices and can also be met with changing BPM inputs that might not 

relate to the actual defect areas. It is important to validate the energy model calibration changes and 

the defect areas identified with onsite monitoring data and detailed technical reviews to avoid 

misjudgement on building defect areas. 

Four potential future developments are envisaged for the framework. First, the introduction of 

partially defective tasks in the SD part to increase realism with respect to workarounds. They can be 

partially defective but may still support the functionality of the systems they are part of and pass 

quality assurance. Second, account explicitly for the flip side of workarounds: value engineering 

and potential partner conflicts that may arise around it. This will facilitate exploration of CSC 



33 

 

collaboration and adversarial relation dynamics on project cost, time, quality and operational 

performance.  

Third, the assumptions on partner alignment and partner aggregation in CSC stages can be 

explored in more depth. Model disaggregation is used often in system dynamics (Sterman, 

2000:214-216), and it would require a more detailed study of intra- and inter-stage interactions, and 

their precedents. Such a study could be facilitated by following closely a project from its start to 

monitor and establish the characteristics of partner communication. The interview guides used 

should also be adapted to the needs of the research each time.  

Fourth, project partner alignment could be unpacked to make it more relevant for policy 

making purposes. Future SD development could elaborate on the alignment and information sharing 

effect on project quality contingent on project novelty, size, complexity and difficulty, and unpack 

the absorptive, adaptive and restorative capacities of project partners (Yan and Dooley, 2013; Zhu 

and Mostafavi, 2017). This development will allow exploration of project complexity induced 

disruptions without sole reliance on expert estimates on the contribution of each stage to building 

quality and the level of testing thoroughness that implicitly account for this.  

The exploration of alignment effects on building performance in the third and fourth points, 

could emphasize the importance of project governance and the mix of regulations, economic 

incentives, procurement routes, and information to improve performance (Williams and Samset, 

2010; Samset and Volden, 2016). This would shift attention from project management and delivery 

per se onto the broader issues of the project’s benefits, utility, impacts and effects. To facilitate this 

kind of study the framework could be applied in a case with a focus on empirical validation of 

traditional vs design and build contractual arrangements to assess how different procurement routes 

would perform in a case. In this respect an interesting avenue of inquiry would be project budgeting 

(Kaka, 1994; MacSporran and Tucker, 1996; Lai, 2010), and embodied carbon emissions (Kahn et 

al., 2014). 
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Further development of the framework could explore the potential overlap and integration 

with Building Information Modelling (BIM), a methodology with technological, agential and 

managerial components (Oraee et al., 2017). Significant BIM related cost reduction benefits and 

time savings are reported in the literature, but there could be additional benefits too (Bryde et al., 

2013). BIM can facilitate the exchange of information and data between various stages of design, 

construction and building operation in support of the framework presented in this article. This is a 

fruitful direction for development as a systematic consideration of the managerial aspects of BIM-

enabled sustainable design is missing in the literature (He et al., 2017). For example, an issue is the 

lack of coordination among people, tools, deliverables, and information requirements.  

The potentially successful adoption of BIM in the industry generates the need to improve 

management practices and stakeholder relations. For example, in BIM-enabled sustainable building 

design in early project stages, environmental sustainability considerations are often treated as an 

add-on to building design, following ad hoc processes for their implementation. As a result, the 

most common problem to achieve a sustainable building outcome is the absence of the right 

information at the right time to make critical decisions (Zanni et al., 2017).  

Conclusion 

The motivation for this study is the large share of the construction industry and building 

performance to total CO2 emissions, and related health effects (i.e. IEQ). Meeting the emission 

reduction targets set by most developed and developing nations requires significant emissions 

reductions across all sectors, including construction. This implies a transition, a radical shift in 

construction practices, and knowledge at the project level. This requires a framework that facilitates 

the analysis of the management process of new building development projects, and the subsequent 

in-depth analysis of the implications for operational building performance. To enable this, a 

modelling framework is developed that couples two methodologies and two disciplines: operations 

management and system dynamics and building physics and building performance. The framework 

is of particular benefit in building project contracts that include building performance targets.   
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The project management SD part of the framework integrates three behavioural concepts of 

project operations management: partner alignment, coordination and information sharing. They 

account for the social aspects and motivations of project partners to deliver a high-quality building. 

The SD model is coupled to a building performance model which is calibrated and used to 

reproduce the operational building performance, its CO2 emissions, and indoor environmental 

quality, and facilitate a detailed assessment of the areas where a performance gap exists. The SD 

model uses case specific information and expert-based input to reproduce this performance gap. 

Subsequently, the model can be used to explore project governance interventions that span the 

alignment, coordination and information sharing among project partners. Simulation results can 

provide a detailed picture of project governance effects on operational building performance, 

through the interface with the building performance model. 

The developed framework is relevant to industry partners in the construction industry as it 

adopts a supply chain perspective. It can provide the trigger for CSC project partners to think and 

act strategically to overcome industry fragmentation, through operations management. The 

framework can be the basis to consider voluntary coordination mechanisms that permit accurate and 

timely information sharing across the CSC and evaluate their building performance implications. 

The novelty of the modelling framework lies in its use to project development studies, with a 

particular focus on the implications of project management on total building performance. The 

modelling framework is a first step to explore this effect in detail. Future research should seek to 

apply this framework to construction projects and develop insights for policy making.  

Data Disclosure statement 

No potential conflict of interest was reported by the authors. 

Data Availability statement 

Data available on request from the authors 

Acknowledgements  



36 

 

The authors gratefully acknowledge the financial support from ‘The ‘Total Performance’ of Low 

Carbon Buildings in China and the UK’ (‘TOP’) project funded by the UK EPSRC (Grant code: 

EP/N009703/1). Corresponding research carried out in China is funded by NSFC China 

(51561135001). 

 

References 

Abourizk, S., Halpin, D., Mohamed, Y., Hermann, U., 2011. Research in modeling and simulation 

for improving construction engineering operations. Journal of Construction Engineering and 

Management 137, 843-852. 

Adamides, E., Papachristos, G., Pomonis, N. 2012. Critical realism in supply chain research: 

Understanding the dynamics of a seasonal goods supply chain. International Journal of 

Physical Distribution & Logistics Management 42(10), 906 – 930. 

Adner, R., 2017. Ecosystem as structure: An actionable construct for strategy. Journal of 

Management 43, 39-58. 

Ahmad, M., Culp, C.H., 2006. Uncalibrated building energy simulation modeling results. 

HVAR&R Research 12, 1141-1155. 

Akhavian, R., Behzadan, A.H., 2014. Evaluation of queuing systems for knowledge-based 

simulation of construction processes. Automation in Construction 47, 37-49. 

Alencastro, J., Fuertes, A., de Wilde, P., 2018. The relationship between quality defects and the 

thermal performance of buildings. Renewable and Sustainable Energy Reviews 81, 883-894. 

Aljassmi, H., Han, S., 2013. Analysis of causes of construction defects using fault trees and risk 

importance measures. Journal of Construction Engineering and Management 139, 870-880. 

Aljassmi, H., Han, S., Davis, S., 2016. Analysis of the complex mechanisms of defect generation in 

construction projects. Journal of Construction Engineering and Management 142, 04015063. 

ASHRAE, 2014. Measurement of Energy, Demand, and Water Savings. The American Society of 

Heating, Refrigerating and Air-Conditioning Engineers (ASHRAE). 

ASHRAE, 2017. ANSI/ASHRAE Standard 55: Thermal Environmental Conditions for Human 

Occupancy, American Society of Heating, Refrigerating and Air-Conditioning Engineers. 

Atkinson, A.R., 2002. The pathology of building defects; a human error approach. Engineering, 

Construction and Architectural Management 9, 53-61. 

Atkinson, R., 1999. Project management: cost, time and quality, two best quesses and a 

phenomenon, its time to accept other success criteria. International Journal of Project 

Management 17, 337-342. 

Autry, C.W., Golicic, S.L., 2010. Evaluating buyer–supplier relationship–performance spirals: A 

longitudinal study. Journal of Operations Management 28, 87-100. 

Azar, E., Menassa, C., 2012. A comprehensive analysis of the impact of occupancy parameters in 

energy simulation of office buildings. Energy and Buildings 55, 841-853. 

Baccarini, D., 1996. The concept of project complexity - a review. International Journal of Project 

Management 14, 201-204. 

Baldwin, A.N., Austin, S.A., Hassan, T.M., Thorpe, A., 1999. Modelling information flow during 

the conceptual and schematic stages of building design. Construction Management and 

Economics 17(2), 155-167. 

Barlas, Y., 1996. Formal aspects of model validity and validation in system dynamics. System 

Dynamics Review 12(3), 183-210. 

Barratt, M., 2004. Understanding the meaning of collaboration in the supply chain. International 

Journal of Supply Chain Management 9, 30-42. 



37 

 

Baskhi, J., Ireland, V., Gorod, A., 2016. Clarifying the project complexity construct: Past, present 

and future. International Journal of Project Management 34, 1199-1213. 

Ben-Alon, L., Sacks, R., 2017. Simulating the behavior of trade crews in construction using agents 

and building information modeling. Automation in Construction 74, 12-27. 

Bendoly, E., 2014. System dynamics understanding in projects: information sharing, psychological 

safety, and performance effects. Production and Operations Management 23, 1352-1369. 

Bendoly, E., Swink, M., 2007. Moderating effects of information access on project management 

behavior, performance and perceptions. Journal of Operations Management 25, 604-622. 

BRE, 2014. The government’s standard assessment procedure for energy rating of dwellings. 

Garston, Watford, UK. 

Briscoe, G., Dainty, A., 2005. Construction supply chain integration: an elusive goal? International 

Journal of Supply Chain Management 10, 319-326. 

Briscoe, G.H., Dainty, A.R.J., Milet, S.J., Neal, R.H., 2004. Client led strategies for construction 

supply chain improvement. Construction Management and Economics 22, 193-201. 

Bryde, D., Broquetas, M., Volm, J.M., 2013. The project benefits of Building Information 

Modelling (BIM). International Journal of Project Management 31, 971-980. 

BSI, 2008. Energy performance of buildings - Overall energy use and definition of energy ratings 

BS EN 15603. 

Bunderson, J.S., 2003. Recognising and utilizing expertise in work groups: A status characteristics 

perspective. Administrative Science Quarterly 48, 557-591. 

Burman, E., Mumovic, D., Kimpian, J., 2014. Towards measurement and verification of energy 

performance under the framework of the European directive for energy performance of 

buildings. Energy 77, 153-163. 

CIBSE, 2015. Building performance modelling. London: The Chartered Institution of Building 

Services Engineers. 

Cohen, R., Bordass, B., 2015. Mandating transparency about building energy performance use. 

Building Research & Information 43, 534-552. 

Cohen, R., Standeven, M., Bordass, B., Leaman, A., 2001. Assessing building performance in use 

1: the Probe process. Building Research & Information 29, 85-102. 

Committee on Climate change 2019. https://www.theccc.org.uk/our-impact/reducing-the-uks-

emissions/ (accesed 31/12/2019) 

Cooper, K.G., 1980. Naval ship production: a claim settled and a framework built. Interface 10, 20-

36. 

Daft, R.L., Macintosh, N.B., 1981. A tentative exploration into the amount and equivocality of 

information processing in organizational work units. Administrative Science Quarterly 26, 

207-224. 

Davidson, C., 2009. The challenge of organizational design for manufactured construction. 

Construction Innovation 9, 42-57. 

Davies, M., Oreszczyn, T., 2012. The unintended consequences of decarbonising the built 

environment: A UK case study. Energy and Buildings 46, 80-85. 

De Dear, R.J., Brager, G.S., 2002. Thermal comfort in naturally ventilated buildings: revisions to 

ASHRAE Standard 55. Energy and Buildings 34(6), 549-561. 

De Wilde, P., 2014. The gap between predicted and measured energy performance of buildings: A 

framework for investigation. Automation in Construction 41, 40-49. 

De Wilde, P., Augenbroe, G., 2015. Energy Modelling. In: Mumovic, D., Santamouris, M. (Eds.), A 

Handbook of Sustainable Building Design & Engineering. Routledge, Abingdon, UK. 

De Wilde, P., Tian, W., Augenbroe, G., 2011. Longitudinal prediction of the operational energy use 

of buildings. Building and Environment 46, 1670-1680. 

Dietrich, P., Eskerod, P., Dalcher, D., Sandhawalia, B., 2010. The dynamics of collaboration in 

multipartner projects. Project Management Journal 41, 59-78. 

Egan, J., 1998. Rethinking Construction. Department of the Environment, London. 

EIA, 2017. International Energy Outlook 2017. U.S. Energy Information Administration. 



38 

 

European Commission, 2018. Buildings. https://ec.europa.eu/energy/en/topics/energy-

efficiency/buildings accessed 1/5/2018. 

EVO, 2012. International performance measurement and verification protocol, concepts and options 

for determining energy and water savings. volume 1. Efficiency Valuation Organization 

(EVO). http://www.evo-world.org, pp. Accessed 12 07, 2013. 

Faggianelli, G.A., Mora, L., Merheb, R., 2017. Uncertainty quantification for Energy Savings 

Performance Contracting: Application to an office building. Energy and Buildings 152, 61-72. 

Ford, D.N., Sterman, J.D., 1998a. Dynamic modeling of product development processes. System 

Dynamics Review 14, 31-68. 

Ford, D.N., Sterman, J.D., 1998b. Expert knowledge eliciation to improve formal and metnal 

models. System Dynamics Review 14, 309-340. 

Ford, D.N., Sterman, J.D., 2003. The liar's club: concealing rework in concurrent development. 

Concurrent Engineering: Research and Applications 11, 211-219. 

Frohlich, M.T., Westbrook, R., 2002. Arcs of integration: an international study of supply chain 

strategies. Journal of Operations Management 19, 185-200. 

Gram-Hanssen, K., Georg, S., 2018. Energy performance gaps: promises, people, practices. 

Building Research & Information 46, 1-9. 

Haberl, J.S., Bou-saada, T.E., 1998. Procedures for calibrating hourly simulation models to the 

measured building energy and environmental data. Journal of Solar Energy Engineering 120, 

193-204. 

Han, S., Love, P., Peña-Mora, F., 2013. A system dynamics model for assessing the impacts of 

design errors in construction projects. Mathematical and Computer Modelling 57. 

Hanson, J.D., Melnyk, S.A., Calantone, R.A., 2011. Defining and measuring alignment in 

performance management. International Journal of Operations and Production Management 

31, 1089-1114. 

He, Q., Wang, G., Luo, L., Shi, Q., Xie, J., Men, X., 2017. Mapping the managerial areas of 

building information modeling (BIM) using scientometric analysis. International Journal of 

Project Management 33, 670-685. 

Hensen, J., Lamberts, R. (Eds.), 2011. Building Performance Simulation for Design and Operation. 

Spoon Press, London. 

HM Government, 2013. Conservation of fuel and power in new buildings other than dwellings, The 

Approved Document Part L2A. Crown Copyright 2014. ISBN 978 1 85946 745 9. 

Hopfe, C.J., Hensen, J.L.M., 2011. Uncertainty analysis in building performance simulation for 

design support. Energy and Buildings 43, 2798-2805. 

Huemann, M., Silvius, G., 2017. Projects to create the future: Managing projects meets sustainable 

development. International Journal of Project Management 35, 1066-1070. 

Imam, S., Coley, D.A., Walker, I., 2017. The building performance gap: Are modellers literate? 

Building Services Engineering Research & Technology 38, 351-375. 

IPCC, 2014. Climate Change 2014: Mitigation of Climate Change. Contribution of Working Group 

III to the Fifth Assessment Report of the Intergovernmental Panel on Climate Change In: 

Edenhofer, O., Pichs-Madruga, R., Sokona, Y., Farahani, E., Kadner, S. , Seyboth, K., Adler, 

A., Baum, I., Brunner, S., Eickemeier, P., Kriemann, B., Savolainen, J., Schlömer, S., von 

Stechow, C., Zwickel, T., Minx, J.C. (Ed.). Cambridge University Press, Cambridge, United 

Kingdom and New York, NY, USA. 

Jain, N., Burman, E., Mumovic, D., Davies, M., Tindale, A., 2017. Improving the energy 

performance contracting process by managing technical risks and uncertainties using building 

performance simulation: Lessons from a case study in the UK. The 15th International 

Conference of International Building Performance Simulation Association, San Fransisco, 

USA. 

Jap, S.D., Anderson, E., 2003. Safeguarding interorganizational performance and continuity under 

ex post opportunism. Management Science 49, 1684-1701. 



39 

 

Jingmond, M., Agren, R., 2015. Unravelling causes of defects in construction. Construction 

Innovation 15, 198-218. 

Jo, H., Lee, H.L., Suh, Y., Kim, J., Park, Y., 2015. A dynamic feasibility analysis of public 

investment projects: An integrated approach using system dynamics and agent-based 

modeling. International Journal of Project Management 33, 1863-1876. 

Josephson, P.E., 2002. Illustrative benchmarking rework and rework costs in Swedish construction 

industry. Journal of Managment in Engineering 18, 76-83. 

Kache, F., Seuring, S., 2014. Linking collaboration and integration to risk and performance in 

supply chains via a review of literature reviews. International Journal of Supply Chain 

Management 19, 664-682. 

Kaka, A.P. 1994. Contractors’ financial budgeting using computer simulation, Construction 

Management and Economics 12(2), 113-124.  

Kahn, M.E., Kok, N., Quigley, J.M. 2014. Carbon emissions from the commercial building sector: 

The role of climate, quality, and incentives. Journal of Public Economics 113, 1-12. 

Ketokivi, M., Choi, T., 2014. Renaissance of case research as a scientific method. Journal of 

Operations Management 32, 232-240. 

Laan, A., Noorderhaven, N., Voordijk, H., Dewulf, G., 2011. Building trust in construction 

partnering projects: An exploratory case-study. Journal of Purchasing and Supply 

Management 17, 98-108. 

Lai, J.H.K. 2010. Operation and maintenance budgeting for commercial buildings in Hong Kong. 

Construction Management and Economics 28(4), 415-427. 

Lai, J.H.K., Man, C.S. 2017. Developing a performance evaluation scheme for engineering facilities 

in comemrical buildings: State-of-the-art review. International Journal of Strategic Property 

Management 21(1), 41-57. 

Lam, K.P., Zhao, J., Ydstie, E.B., Wirick, J., Qi, M., Park, J., 2014. An EnergyPlus Whole Building 

Energy Model Calibration Method for Office Buildings Using Occupant Behavior Data 

Mining and Empirical Data. ASHRAE/IBSPA Building Simulation Conference, Atlanta. 

Latham, M., 1994. Constructing the Team: Joint review of Procurement and Contractual 

Arrangements in the United Kingdom Construction Industry. HMSO, London. 

Li, H.X., Zhang, L., Mah, D., Yu, H., 2017. An integrated simulation and optimization approach for 

reducing CO2 emissions from on-site consturfiotn process in cold regions. Energy and 

Buildings 138, 666-675. 

Liu, H., Al-Hussein, M., Lu, M., 2015. BIM-based integrated approach for detailed construction 

scheduling under resource constraints. Automation in Construction 53. 

Lomas, K.J., Eppel, H., 1992. Sensitivity analysis techniques for building thermal simulation 

programs. Energy and Buildings 19, 21-44. 

Lopez, R., Love, P.E.D., Edwards, D.J., Davis, P.R., 2010. Design error classification, causation, 

and prevention in construction engineering. Journal of Performance of Constructed Facilities 

24, 399-408. 

Love, P.E.D., Edwards, D.J., 2004. Forensic project management: The underlying causes of rework 

in construction projects. Civil Engineering and Environmental Systems 21, 207-228. 

Love, P.E.D., Edwards, D.J., Irani, Z., 2008. Forensic project management: An exploratory 

examination of the causal behaviour of design-induced errors. IEEE Transactions in 

Engineering Management 55, 234-247. 

Love, P.E.D., Edwards, D.J., Smith, J., Walker, D.H.T., 2009. Divergence or congruence? A path 

model of rework for building and civil engineering projects. Journal of Performance of 

Construction Facilities 23, 480-488. 

Love, P.E.D., Holt, G.D., Shen, L.Y., Li, H., Irani, Z., 2002. Using system dymamics to better 

understand change and rework in construction project management systems. International 

Journal of Project Management 20, 425-436. 

Love, P.E.D., Irani, Z., Edwards, D.J., 2004. A seamless supply chain management model for 

construction. International Journal of Supply Chain Management 9, 43-56. 



40 

 

Lu, W., Olofsson, T., 2014. Building information modeling and discrete event simulation: Towards 

an integrated framework. Automation in Construction 44. 

Luo, Z., Yang, L., Liu, J. 2016. Embodied carbon emissions of office building: A case study of 

China's 78 office buildings. Building and Environment 95, 365-371. 

Lyneis, J.M., Ford, D.N., 2007. System dynamics applied to project management: a survey, 

assessment, and directions for future research. System Dynamics Review 23. 

MacDonald, I.A., 2002. Quantifying the effects of uncertainty in building simulation. University of 

Strathclyde. 

Macleamy, P. 2004. Collaboration, Integrated Information, and the Project Lifecycle in Building 

Design, Construction and Operation. The Construction Users RoundTable. 

http://www.lcis.com.tw/paper_store/paper_store/CurtCollaboration-20154614516312.pdf 

(accessed 16/1/2018) 

MacSporran, C., Tucker, S.N. 1996. Target budget levels for building operating costs. Construction 

Management and Economics 14(2), 103-119.  

Manfren, M., Aste, N., Moshksar, R., 2013. Calibration and uncertainty analysis for computer 

models – A meta-model based approach for integrated building energy simulation. Applied 

Energy 130, 627-641. 

March, J.G., Simon, H.A., 1958. Organizations. Wiley, New York. 

Markus, T., Whyman, P., Morgan, J., Whitton, D., Maver, T., Canter, D., Fleming, J. 1972. 

Building Performance. London: Applied Science. 

Martinez-Moyano, I.J., Richardson, G.P., 2013. Best practices in system dynamics modeling. 

System dynamics Review 29(2), 102-123. 

Menezes, C., Cripps, A., Bouchlaghem, D., Buswell, R., 2012. Predicted vs. actual energy 

performance of non-domestic buildings: using post-occupancy evaluation data to reduce the 

performance gap. Applied Energy 97, 355-364. 

Meng, X., 2012. The effect of relationship management on project perfomance in construction. 

International Journal of Project Management 30, 188-198. 

Meng, X., 2013. Change in UK construction: Moving toward supply chain collaboration. Journal of 

Civil Engineering and Management 19, 422-432. 

Mingers, J., Brocklesby, J., 1997. Multimethodology: towards a framework for mixing 

methodologies. Omega 25, 489-509. 

Mingers, J., White, L., 2010. A review of the recent contribution of systems thinking to operational 

research and management science. European Journal of Operational Research 207, 1147-

1161. 

Molenaar, K., Songer, A.D., 1998. Model for public sector design-build project selection. Journal of 

Construction Engineering and Management 124, 467-479. 

Molenaar, K., Songer, A.D., Barash, M., 1999. Public-sector design/build evolution and 

performance. Journal of Management Engineering 15, 54-62. 

Moradi, S., Nasirzadeh, F., Golkhoo, F., 2015. A hybrid SD-DES simulation approach to model 

construction projects. Construction Innovation 15, 66-83. 

Morrison, B., 2015. The problem with workrounds is that they work: The persistence of resource 

shortages. Journal of Operations Management 39-40, 79-91. 

Mostafa, S., Chileshe, N., 2016. Lean and agile integration within offsite construction using discrete 

event simulation. Construction Innovation 16, 483. 

Nasirzadeh, F., Khanzadi, M., Rezaie, M., 2014. Dynamic modeling of the quantitative risk 

allocation in construction projects. International Journal of Project Management 2014, 3. 

Nolden, C., Sorrell, S., 2016. The UK market for energy service contracts in 2014-2015. Energy 

Efficiency 9, 1405-1420. 

Norford, L.K., Socolow, R.H., Hsieh, E.S., Spadaro, G.V., 1994. Two-to-one discrepancy between 

measured and predicted performance of a 'low-energy' office building: insights from a 

reconciliation based on the DOE-2 model. Energy and Buildings 21, 121-131. 



41 

 

O’Brien, W.J., Formoso, C.T., London, K.A., Vrijhoef, R., 2009. Introduction. In: O’Brien, W.J., 

Fromoso, C.T., Vrijhoef, R., Kerry, L.A. (Eds.), Construction supply chain management 

handbook. Taylor & Francis Group, London. 

Oraee, M., Hosseini, M.R., Papadonikolaki, E., Palliyaguru, R., Arashpour, M., 2017. Collaboration 

in BIM-based construction networks: A bibliometric-qualitative literature revew. International 

Journal of Project Management 35, 1288-1301. 

Oreszczyn, T., Lowe, R., 2010. Challenges for energy and buildings research: objectives, methods 

and funding mechanisms. Building Research & Information 38, 107-122. 

Papachristos G. 2012. Case study and system dynamics research: Complementarities, pluralism and 

evolutionary theory development. 30th International Conference of the System Dynamics 

Society, St Gallen, Switzerland online proceedings. 

Papachristos, G., Adamides, E. 2014. Internal supply-chain competition in remanufacturing: 

operations strategies, performance and environmental effects. International Journal of 

Logistics Systems and Management 19(2), 187 – 211. 

Papachristos, G. 2014. Transition inertia due to competition in supply chains with remanufacturing 

and recycling: A systems dynamics model. Environmental Innovation and Societal 

Transitions 12, 47-65. 

Papachristos, G. 2015. Household electricity consumption in the Netherlands: A model-based 

policy analysis. Energy and Buildings 86, 403-414. 

Papachristos, G. 2018. A mechanism based transition research methodology: Bridging analytical 

approaches. Futures 98, 57-71.  

Papachristos G., Jain J., Burman E., Zimmerman N., Mumovic D., Davies M. 2018a. Project 

management operations and building performance in the construction industry: A multi 

method approach applied in a UK public office building. In proceedings of the 36th 

International System Dynamics Conference, 6th-10th August, Reykjavik, Iceland. 

Papachristos G., Jain J., Burman E., Zimmerman N., Mumovic D., Davies M. 2018b. Project 

management operations and building performance in the construction industry: A multi 

method approach applied in a UK public office building. In proceedings of the 36th 

International System Dynamics Conference, 6th-10th August, Reykjavik, Iceland. 

Papachristos, G., Jain, N., Burman, E., Zimmermann, N., Mumovic, D., Davies, M., Edkins, A. 

2020. Low carbon building performance in the construction industry: A multi-method 

approach of project management operations and building energy use applied in a UK public 

office building. Energy and Buildings 206, 109609. 

Papadonikolaki, E., Verbraeck, A., 2015. Modelling and simulation research for construction supply 

chains. In: Martens, B., Mahdavi, A., Scherer, R. (Eds.), eWork and eBusiness in 

Architecture, Engineering and Construction. Taylor and Francis, London, pp. 615-622. 

Papadonikolaki, E., Wamelink, H., 2017. Inter- and intra-organizational conditions for supply chain 

integration with BIM. Buildling Research & Information 45, 649-664. 

Park, M., Peña-Mora, F., 2003. Dynamic change management for construction: introducing the 

change cycle into model-based project management. System Dynamics Review 19, 213-242. 

Parvan, K., Rahmandad, H., Haghani, A., 2015. Inter-phase feedbacks in construction projects. 

Journal of Operations Management 39-40. 

Petersen, S., Hviid, C., 2012. The European Energy Performance of Buildings Directive: 

comparison of calculated and actual energy use in a Danish office building. IBPSA-England 

First Building Simulation and Optimisation Conference (BSO 2012), Loughborough, pp. 43-

48. 

Powell, T.C., 1992. Organizational alignment as competitive advantage. Strategic Management 

Journal 13, 119-134. 

Raftery, P., Kean, M., Costa, A., 2011. Calibrating whole building energy models: Detailed case 

study using hourly measured data. Energy and Buildings 43, 3666-3679. 

Rahmandad, H., Hu, K., 2010. Modeling the rework cycle: capturing multiple defects per task. 

System Dynamics Review 26, 291-315. 



42 

 

Rahmandad, H., Sterman, J.D., 2012. Reporting guidelines for simulation based research in social 

sciences. System Dynamics Review 28(4), 396–411. 

Rodrigues, A., Williams, T., 1998. System dynamics in project management: assessing the impacts 

of client behavior on project performance. Journal of Operation Research Society 49, 2-15. 

Samset, K., Volden, G.H., 2016. Front-end definition of projects: Ten paradoxes and some 

reflections regarding project management and project governance. International Journal of 

Project Management 34, 297-313. 

Shrubsole, C., Macmillan, A., Davies, M., May, N., 2014. 100 Unintended consequences of policies 

to improve the energy efficiency of the UK housing stock. Indoor and Built Environment 23, 

340-352. 

Shrubsole, C., Hamilton I.G., Zimmermann, N., Papachristos, G., Broyd T., Burman, E., Mumovic, 

D., Zhu, Y., Lin, B., Davies, M. 2019. Bridging the gap: the need for a system thinking 

approach in understanding and addressing energy and environmental performance in 

buildings. Indoor Building Environment 28(1), 100-117. 

Silvius, G., 2017. Sustainability as a new school of thought in project management. Journal of 

Cleaner Production 166, 1479-1493. 

Sommerville, J., 2007. Defects and rework in new build: an analysis of the phenomenon and 

drivers. Structural Survey, 391-407. 

Songer, A.D., Molenaar, K.R., 1997. Project characteristics for successful public sector design-

build. Journal of Construction Engineering and Management 123, 34-40. 

Soosay, C.A., Hyland, P.W., Ferrer, M., 2008. Supply chain collaboration: capabilities for 

continuous innovation. International Journal of Supply Chain Management 13, 160-169. 

Sorrell, S., 2007. The economics of energy service contracts. Energy Policy 35, 507-521. 

Sterman, J.D., 2000. Business dynamics: Systems thinking and modelling for a complex world. 

McGraw-Hill, New York, US. 

Tribelsky, E., Sacks, R., 2010. Measuring information flow in the detailed design of construction 

projects. Research in Engineering Design 21, 189-206. 

Tribelsky, E., Sacks, R., 2011. An empirical study of information flows in multidisciplinary civil 

engineering design teams using lean measures. Architectural Engineering and Design 

Management 7, 85-101. 

Turner, J.R., Müller, R., 2003. On the nature of the project as a temporary organization. 

International Journal of Project Management 21, 1-8. 

Vachon, S., Halley, A., Beaulieu, M., 2009. Aligning competitive priorities in the supply chain: the 

role of interactions with suppliers. International Journal of Operations and Production 

Management 29, 322-340. 

Van Dronkelaar, C., Dowson, M., Spataru, C., Mumovic, D., 2016. A review of the regulatory 

energy performance gap and its underlying causes in non-domestic buildings. Frontiers in 

Mechanical Engineering 1, 1-14. 

Vidalakis, C., Tookey, J.E., Sommerville, J., 2013. Demand uncertainty in construction supply 

chains: a discrete event simulation study. Journal of the Operational Research Society 64, 

1194-1204. 

Vrijhoef, R., Koskela, L., 2000. The four roles of supply chain management in construction. 

European Journal of Purchasing & Supply Management 6, 169-178. 

Weick, K.E., 1995. Sensemaking in organizations. Sage Publishers, London. 

Williams, T., Samset, K., 2010. Issues in front-end decision making on projects. Project 

Management Journal 41, 38-49. 

Wong, C., Skipworth, H., Godsell, J., Achimugu, N., 2012. Towards a theory of supply chain 

alignment enablers: a systematic literature review. International Journal of Supply Chain 

Management 17, 419-437. 

Yan, T., Dooley, K.J., 2013. Communication intensity, goal congruence, and uncertainty in buyer-

supplier new product development. Journal of Operations Management 31, 523-542. 



43 

 

Yang, Z., Becerik-Gerber, B., 2015. A model calibration framework for simultaneous multi-level 

building energy simulation. Applied Energy 149, 415-431. 

Ye, H., Ren, Q., Shi, L., Song, J., Hu, X., Li, X., Zhang, G., Lin, T., Xue, X. 2018. The role of 

climate, construction quality, microclimate, and socio-economic conditions on carbon 

emissions from office buildings in China. Journal of Cleaner Production 171, 911-916. 

Zanni, M.A., Soetanto, R., Ruikar, K., 2017. Towards a BIM-enabled sustainable building design 

process: roles, responsibilities, and requirements. Architectural Engineering and Design 

Management 13, 101-129. 

Zervos, A., Lins, C., Muth, J., 2010. Rethinking 2050: A 100% renewable energy vision for the 

European Union. European Renewable Energy Council. 

Zhang, H., Zhai, D., Yang, Y.N., 2014. Simulation-based estimation of environmental pollutions 

from construction processes. Journal of Cleaner Production 76, 85-94. 

Zhu, J., Mostafavi, A., 2017. Discovering complexity and emergent properties in project systems: A 

new approach to understanding project performance. International Journal of Project 

Management 35, 1-12. 

 

 

  



44 

 

2. SD Project Management Model

4. Building Performance Model

Decisions: CSC Project Partners 

Building 
Characteristics

Total Building 
Performance

Flows: Information, Tasks, Defects

3. Building Quality Indices

1. Case Project Input: CSC & BPM

Partner Interaction: Alignment

 
Figure 1 The multi-method modelling framework 
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Figure 3 Conceptualization of project stage physical flows between design and construction 
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Figure 4. Overview of framework application steps 
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Table 1 Examples of building areas with performance issues drawn from a building case study 
SD 

Array 

Element 

Building Area BPM Input Actual Building Defect Remarks 

Quality 

Index 

Deviation 

1 
Heating System 

Efficiency 
COP value of 

heating system 

Undersized heating 

terminals, inadequate heat 

exchange surface area in 

hot water buffer vessels 

COP parameter 

represents the 

aggregated system 

performance  

0.17 

2 
Lighting power 

density 

Lighting load per 

unit area 

Increased lighting loads 

than designed 
Direct Input Parameter 0.6 

3 

Office 

equipment power 

density 

Office equipment 

load per unit area 

Increased small power 

loads than designed 
Direct Input Parameter 0.25 

4 Ventilation 

Ventilation 

Control: 

Maximum CO2 

Concentration 

Faulty sensors in the 

building leading to 

increased CO2 

concentration 

The defect in the sensors 

can be represented by 

artificially changing the 

maximum CO2 

concentration control. 

0.50 

5 Occupancy hours 
Occupancy 

Schedule hours 
Building used for longer 

hours than designed 
Direct Input Parameter 0.81 

 


