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Notwithstanding current heavy dependence on gas-ﬁred electricity generation in the Eastern
African Power Pool (EAPP), hydropower is expected to play an essential role in improving
electricity access in the region. Expansion planning of electricity infrastructure is critical to
support investment and maintaining balanced consumer electricity prices. Variations in water
availability due to a changing climate could leave hydro infrastructure stranded or result in
underutilization of available resources. In this study, we develop a framework consisting
of long-term models for electricity supply and water systems management, to assess the
vulnerability of potential expansion plans to the effects of climate change. We ﬁnd that
the most resilient EAPP rollout strategy corresponds to a plan optimised for a slightly wetter
climate compared to historical trends. This study demonstrates that failing to climate-proof
infrastructure investments can result in signiﬁcant electricity price ﬂuctuations in selected
countries (Uganda & Tanzania) while others, such as Egypt, are less vulnerable.
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he uncertainty in projections of global precipitation and
temperature has been widely discussed in the literature1,2.
For the period 2010–2050, the average Climate Moisture
Index (CMI), a measure of aridity that combines the effect of
rainfall and temperature—across the different General Circulation Model (GCM) outputs from the two Coupled Model InterComparison Projects (CMIP3 and CMIP5)—reﬂects a wide range
of uncertainty for the African continent’s major River Basins3.
This potential range of future climates has long-term impacts on
the electricity generation sector; with water levels for hydropower
generation and cooling requirements in thermoelectric power
plants being the most affected4. The term climate, in this
assessment, refers to a consistent set of temperature and precipitation projections. Amongst the CMI values for the illustrated
African basins, the sub-basins of the Nile River display high levels
of uncertainty (Nile Equatorial Lakes) and some of the driest
projections (Eastern Nile)5. Despite the Eastern Nile sub-basin
contributing almost 80% of the river’s total annual ﬂow, the
White Nile (originating from the Nile Equatorial lakes) provides
nearly all of the ﬂow during approximately four months in a
year—which make its contribution signiﬁcant. Countries like
Uganda depend 100% on the White Nile for its hydropower
infrastructure.
A majority of countries in the Nile basin region have low
electriﬁcation rates6. With an expected increase of 50% in the
population by 20307 and accounting for the well-documented
link between electriﬁcation and development, the countries have
an imperative to improve electricity access and reliability. With a
mandate to increase access to electricity, and develop a strategy
for the optimum use of energy and ﬁnancial resources in the
region by stimulating cross-border collaboration, an InterGovernmental Memorandum of Understanding (IGMOU) was
signed by ten countries that lie along the Nile River, to form the
EAPP.
The EAPP8 consists of Rwanda, Djibouti, Tanzania, Kenya,
Burundi, Uganda, Sudan, Ethiopia, Egypt, and Libya. South
Sudan was part of the EAPP when united with Sudan and is
expected to re-join the group soon; hence, Sudan—in this article
—refers to both present-day Sudan and South Sudan. All except
Libya lie either partially or entirely inside the Nile River Basin,
hence Libya is not considered in this study. In addition to the
growing residential water demand and irrigation water requirements, a signiﬁcant share of the electricity generation infrastructure in the region relies on water from the River Nile.
With an installed hydropower generation capacity of 8.7 GW
and additional planned capacity of 22 GW in the pipeline, hydro
infrastructure contributes to more than 50% of the electricity
generation in many EAPP countries and is expected to continue
playing a decisive role in the Power Pool’s energy system9,10.
Most of these investments in large hydropower plants are made
under the assumption that precipitation patterns will resemble
historical trends. Therein lies a severe risk. Any change in water
availability could leave this infrastructure stranded or result in
lost opportunity cost in not taking advantage of higher water
availabilities.
In recent literature, expansion of electricity infrastructure in
the EAPP countries has been discussed without giving climate
uncertainty due consideration. The latest EAPP master plan10
analyses the sensitivities in hydropower production for speciﬁc
dry, wet and driest year combinations based on historical hydro
inﬂows. Kammen et al.11 discuss the inherent risks involved in
relying heavily on hydropower expansion to improve energy
access in East Africa. Though detailed, these studies consider the
energy system in isolation from other water reliant systems. They
do not take into consideration other sectors, which compete for
the same water resource, namely: agriculture, industries and
2

domestic households. The formulation of policies and infrastructure investment decisions without considering all relevant
sectors, coherently and consistently, could have severe impacts12.
In the case of Mauritius, Howells et al.13 found that such oversights could lead to inconsistent policy advice with counterintuitive repercussions. A similar study conducted on a regional
scale for the Iberian Peninsula14 illustrates the need for such
inter-sectoral studies.
Aggressive urbanisation, irrigation expansion plans and variable
release from upstream hydropower plants across the power pool
could result in ﬂuctuating water availability for downstream
countries. This may result in geopolitical conﬂicts; which are not
new to the Nile River Basin15–17. Therefore, there is a need to
examine energy and water use coherently to assess power pool
infrastructure resilience to the effects of a changing climate. To
address this issue, we develop a framework, soft-linking two models
—ﬁrst, a long-term electricity expansion model of the EAPP, formulated in an open-source platform18,19—second, a water systems
management model of the Nile River Basin developed using a
widely used water balance management framework20,21. We then
calibrate the water system model to historical stream ﬂows using
data from multiple locations along the Nile River. The calibrated
model is then subjected to harmonised precipitation and temperature projections using downscaled, bias-corrected, GCM outputs from the CMIP3 and CMIP5 suite of models22. Two decision
criteria—a mini-max regret criterion and a variant of the domain
criterion—are employed to identify the most resilient adaptation
strategy for the EAPP.
Our results indicate that the most resilient EAPP rollout
strategy corresponds to a plan optimised for a slightly wetter
climate compared to historical trends. We highlight the importance of cross-border electricity trade in mitigating climate
change impacts on the power system of the EAPP. Failing to
climate-proof electricity infrastructure in the EAPP countries
could result in ﬂuctuations in consumer electricity prices, which
might be a hindrance to economic development in the region.
Results
Baseline and perfect foresight expansion strategies. Figure 1
illustrates the geographic scope of this study. The expansion plans
from the Program for Infrastructure Development in Africa
(PIDA)23 along with country-level energy, water, and irrigation
master plans were combined to form a database, which served
as reference data for the modelling framework; referred to as
PIDA+. We developed a sequence of runs—of the energy and
water models—for a range of climates to assess expansion plan
performance. This sequence consisted of three types of model
runs; ﬁrst, a baseline run that simulates a case where the climate
follows a historical pattern. Second, perfect foresight adaptation
(PF) runs that identify the cost-optimal expansion plan for each
climate. The PF runs simulate a case where the energy planners
know which future climate will occur and have the ability to
adapt: (a) either up- or down-size selected hydropower infrastructure while (b) investing in alternative technologies to ensure
the security of supply and reduce the cost of electricity generation,
and (c) exploring electricity trade options with neighbouring
countries. Third, no-adaptation (NA) runs that ﬁx the infrastructure rollout from each PF run and simulate the impact of
different climates.
Our baseline results indicate that, if the future climate is
expected to be similar to historical patterns, the investments in
hydropower for the PIDA+ expansion plan (2015–2050) are
expected to be in the range of USD2010 75 billion. Comparatively,
the entire power sector investments for the same period are
expected to reach USD2010 2.3 trillion. These numbers are
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Fig. 1 The Nile River Basin and the EAPP countries. The Nile River Basin spreads across countries in East Africa, which constitute an institution called
the Eastern African Power Pool (EAPP)

interesting considering that, in the same period, the share of
hydropower in the total electricity generation mix is signiﬁcant,
close to 21%. Despite the share of natural gas in total electricity
generation dropping from 72% in 2015 to 52% in 2050, it is still
expected to play an essential role in the power pool’s electricity
mix. Egypt is expected to contribute up to 76% of total natural gas
consumption in 2050, as it has access to potentially vast local
natural gas resources. It is assumed that this gas can be extracted
at competitive costs. Towards the second half of the modelling
period (post-2030), higher electriﬁcation rates would also see
countries like Ethiopia, Tanzania, and Uganda taking advantage
of local renewable-based electricity generation potential, including hydropower.
Figure 2 highlights the importance of both non-hydro renewables and nuclear power in the EAPP’s generation mix. Note that
the latter is restricted to Egypt where a high domestic baseload
electricity demand can accommodate the bulk generation of
current nuclear power plants. Finally, it is salient that the cost of
electricity generation increases, both nationally and on a power
pool scale, due to higher shares of fossil fuels in systems that were
previously hydro-dependent, e.g., Tanzania. This highlights the
potential for beneﬁcial effects from increased renewables in
resource-rich countries, particularly for hydropower, provided
water availability remains reliable. Results for hydropower
dependent countries, in Fig. 2, reﬂect the impact of variation in
annual water availability on the cost of electricity generation. The
total installed capacity and the electricity generation mix for all
analysed climates, in each of the EAPP countries, highlight the
importance of hydropower in this region of Africa (Supplementary Figures 1–14).
However, infrastructure development faces deep uncertainty, as
the future climate remains unknown. Our NA model runs
address this uncertainty by maintaining the PIDA+ roll-out
constant while varying future levels of water availability under
different climates. Only a limited set of expensive diesel-based
electricity generation options is allowed to contribute to the loss

of hydro generation. Large build-out of new coal or gas is not
permitted. In our labelling, we refer to dry or wet climate futures.
Note that these are cumulatively drier or wetter in the period
2015–2050 for the entire Basin, rather than systematically dry or
wet across all months and years (Supplementary Figures 15–16).
Climate resilience of expansion strategies. The non-adaptation
of the electricity sector is expected to affect different EAPP
countries to varying degrees. Countries like Egypt and Kenya,
which are expected to rely on gas, geothermal, and coal for the
security of their electricity supply, are barely affected. In the NA
scenario for the driest climate, Egyptian consumers are expected
to face a cumulative change in the expenditure of approximately
+1% over the modelling period (2017–2050) when compared to
the baseline. This is due to the low share of hydro-generation in
Egypt. Conversely, Uganda and Tanzania could expect costs
to vary across ranges of −18% to +28%, and −5% to +23%
respectively between the wettest and driest climates when compared to the baseline (cumulatively between 2017–2050). Figure 3
compares the cost of electricity generation across three strategies:
the baseline expansion strategy under historical climate trends,
no–adaptation strategy under the driest climate and the most
resilient adaptation strategy. The most resilient strategy has the
lowest value among the calculated maximum ﬁnancial regrets for
all the analysed climate futures. It illustrates the yearly variation
in the cost of electricity generation for Uganda, Tanzania, and
Egypt. Also noticeable are the substantial ﬂuctuations in electricity cost under the no adaptation scenarios. By emphasising the
variability of climatic impacts in different countries, it inherently
reﬂects the resilience or vulnerability of the current electricity
infrastructure to climate change (Supplementary Figures 17–19).
An important insight from the analysis is that the most
resilient strategy is the one planned for a wetter climate. This
would not have been intuitively expected prior to this analysis;
the strategy has the lowest value for the maximum regret
across the different climate futures (Supplementary Note 1). Note
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Fig. 2 Baseline electricity generation in the EAPP. a Combined electricity generation in the EAPP (TWh) plotted along with the cost of generating electricity
(USD/kWh). b Electricity generation mix in Tanzania (%) and the cost of electricity generation (USD/kWh). c Electricity generation mix in Ethiopia (%)
and the cost of electricity generation (USD/kWh). d Electricity generation mix in Uganda (%) and the cost of electricity generation (USD/kWh). The
electricity generation graphs correspond to the baseline scenario, where the precipitation and temperature projections correspond to a historical climate
pattern in the respective countries

b

0.1

Annualised cost of electricity
generation (USD/kWh)

Annualised cost of electricity
generation (USD/kWh)

a

0.08
0.06
0.04
0.02
0

0.1
0.08
0.06
0.04
0.02
0

2020

2025

2030

2035

2040

2045

2050

2020

2025

2030

Year

c

2035

2040

2045

2050

Year

Annualised cost of electricity
generation (USD/kWh)

0.1
0.08
Baseline
0.06

Best adaptation strategy
No adaptation (driest climate)

0.04
0.02
0
2020

2025

2030

2035

2040

2045

2050

Year

Fig. 3 Impact of climate on the cost of electricity generation. The ﬁgures illustrate the annualised cost of electricity generation (USD/kWh) for three
scenarios: the baseline, a no-adaptation strategy for the driest climate and the most resilient adaptation strategy for three countries—a Uganda,
b Tanzania, c Egypt

4

NATURE COMMUNICATIONS | (2019)10:302 | https://doi.org/10.1038/s41467-018-08275-7 | www.nature.com/naturecommunications

ARTICLE

NATURE COMMUNICATIONS | https://doi.org/10.1038/s41467-018-08275-7

80

60

Worst case strategy
Most resilient strategy

40

20

EAPP (total)

Uganda

Tanzania

Sudan

Rwanda

Kenya

Ethiopia

Egypt

−20

Djibouti

0

Burundi

Difference in cumulative consumer
electricity expenditure (%)

100

Fig. 4 Impact of adaptation strategies on electricity expenditure. The cumulative consumer electricity expenditure under the most resilient and the worst
(no adaptation-driest climate) strategy are compared against the baseline. The zero line (0%) refers to the expenditure in the baseline. The accumulation
period is from 2017–2050

that the most resilient strategy includes adaptation across all three
sectors—energy, water, and agriculture. In this paper, we
highlight only the performance indicators relevant to the
electricity infrastructure. Full results from the study including
other performance indicators are available in Cervigini et al.3.
Figure 4 compares the cumulative consumer electricity
expenditure for the most resilient strategy to the worst-case
scenario (NA strategy for the driest climate) expressed as a
percentage difference from the baseline for selected EAPP
countries. Average change on a power-pool scale is small and
reﬂects the fact that Egypt—the country with the highest
electricity demand in the EAPP—tends to drive power-pool level
performance indicators. Ethiopia and Uganda stand to beneﬁt the
most from choosing the most resilient strategy over their
respective worst case options, with cumulative electricity
expenditure, over 2017–2050, dropping from +27% to +1%
and from +28% to −18.5% respectively relative to the baseline.
These translate to savings of approximately USD2010 19 billion
and USD2010 4 billion in consumer expenditure in Ethiopia and
Uganda respectively. In the case of Tanzania, despite having
sizable amounts of fossil fuel in the generation mix, a drier
climate leads to increased electricity imports as large quantities of
fossil investment in the short period is not allowed. These risk
causing electricity price ﬂuctuations if proper import power
purchase agreements and sufﬁcient transmission infrastructure
are not in place.
Cross-border electricity trade for climate change mitigation.
Results across all scenarios place Ethiopia as a major electricity
exporter by 2040, trading on average 30 TWh annually or 15% of
its yearly electricity generation. Figure 5 illustrates the cumulative,
power pool level, electricity trade (2017–2050) under PF driest
and wettest climates, highlighting the signiﬁcant impact that
variations in regional climate have on net power ﬂows. Under the
driest climate (Fig. 5a), Ethiopia would export about 415 TWh to
Sudan which, in turn, exports 245 TWh (59%) to Egypt. Under
the wettest climate (Fig. 5b), though Ethiopia exports about 600

TWh of electricity to Sudan only 108 TWh (18%) are further
directed to Egypt. This represents a drop both in absolute ﬂow to
Egypt, now relying on 228 TWh additional domestic hydropower,
and in relative terms, increasing Sudan’s levels of net imports. It
also shows that Sudan will absorb available and cheap power to
displace its gas-based electricity generation and harmonise its
domestic electricity cost. These results support the message that
irrespective of climate, the availability of electricity trading
infrastructure stands to play a signiﬁcant role in balancing electricity prices within the EAPP.
Discussion
The effects of a drier climate in upstream Nile countries like
Uganda, Tanzania and Burundi could be mitigated when the
Democratic Republic of Congo’s Grand Inga complex is developed, and investments are made in inter-country transmission
infrastructure24. The climate-related risk involved in establishing
this infrastructure is expected to be low as a majority of GCM
projections suggest the Congo basin to be less affected by
potential drying. This is evident from the comparison of the CMI
values for the Congo Basin to the other analysed River Basins
(Supplementary Figure 20).
The results from this study should, however, be treated with
caution. Despite implementing a detailed representation of both
electricity and water infrastructure, some uncertainties such as
future electricity demand and fuel prices are not explored.
Spalding-Fecher et al.25,26 take the case of the Southern African
Power Pool (SAPP) to illustrate that applying an ambitious sustainable pathway similar to SSP1 (Shared Socio-Economic Pathways) would result in 8 out of the 12 Southern African nations
shifting from coal and hydro-based generation to solar PV. A
slightly less optimistic outlook could be expected for the EAPP
after taking into consideration grid integration and storage costs.
Also, ﬂuctuations in fossil fuel prices have a signiﬁcant impact in
the region, especially with Egypt’s dependence on natural gas.
With prospects of new gas ﬁnds (Zohr gas ﬁeld)27, EAPP
dynamics could be altered to rely on Egyptian gas as security
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against a drop in hydropower generation in the event of climate
change. The price of other fossil fuels is, however, not stationary
either. Though we consider an increasing fossil fuel price derived
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from the EAPP master plan, a sudden change in oil and coal
prices in countries like Tanzania and Kenya could, despite the
cost assumptions in the model, change the generation mix signiﬁcantly towards renewable-based power. In this study, for all
generic power plants, we consider a capital cost that does not
change over time in the modelling system. The values correspond
to the initial technology-speciﬁc capital costs used in all four
scenarios mentioned in IRENA’s analyses of the SAPP28. Hence,
as expected, implementation of learning rates for renewable
technologies will affect the generation mix of the power pool,
as illustrated in the supplementary material (Supplementary
Note 2).
An analysis reveals that introducing a reduction in technology
costs due to learning rates will replace electricity generation from
fossil fuel power plants and not from hydropower. The analysis
demonstrates that electricity trade based on inexpensive hydropower infrastructure will continue to play a signiﬁcant role in
the power pools generation mix (Supplementary Figures 21–24).
Of course, the effects of a progressively dry climate could result
in higher—non-hydro—renewable penetration, which needs to
be explored in detail. Despite the relevance of uncertainties discussed above, it was a deliberate choice of this study to keep
capital costs constant to help with tractability of climate change
impacts on the electricity infrastructure, with a primary focus on
hydropower plants.
Though the study considered an advanced set of renewable
technology options along with site-speciﬁc costs for hydropower plants, it did not explore new ﬂexible options, such as
grid-level storage. This could, however, be game changing in
mitigating climate change by absorbing electricity from intermittent renewables on a large scale and dispatching it when
necessary29. Another fundamental issue that is beyond the
scope of this study is the geopolitical debate in the East African
region regarding the sharing of waters of the River Nile. Egypt
had temporarily dropped out of the power pool due to regional
conﬂicts related to water sharing30,31. We would, also, like to
highlight that this study does not take the variability in
weather-induced solar and wind power generation into consideration to maintain the tractability of climatic impact on
hydropower generation. Though not explored in this article, in
addition to the electricity infrastructure’s resilience, water stress
that could potentially arise from any of the analysed climate
futures could also be calculated with this framework. Those
stresses could then be evaluated (using different allocation
priorities) to determine the vulnerability of the users. Moreover,
with deﬁned user vulnerability, the efﬁcacy of speciﬁc resilience
measures could be evaluated.
To conclude, it is interesting to note that both decision criteria
used in this study converge to the same resilient strategy (Supplementary Note 1). This study suggests that, for the analysed
climate futures, the regret for energy planners of the EAPP
resulting from planning for a drier climate future is higher than
the one resulting from increasing investment in hydropower; that
is, planning for a slightly wetter than realised climate. Of course,
the results will need validation on a local scale from country-level
analysis with higher spatial and temporal resolution. Nevertheless, from the climate futures analysed in this study, the need
to climate-proof electricity infrastructure in the EAPP is clear.
The region requires a rapidly expanding electricity supply infrastructure to enable access to electricity services for all and support
the EAPP countries in their path towards industrialisation. Failure to consider alternative climate futures may result in vulnerable electricity expansion planning, leading to ﬂuctuations in
consumer electricity prices.

NATURE COMMUNICATIONS | (2019)10:302 | https://doi.org/10.1038/s41467-018-08275-7 | www.nature.com/naturecommunications

ARTICLE

NATURE COMMUNICATIONS | https://doi.org/10.1038/s41467-018-08275-7

Methods
A framework to link energy and water models. This study is based on a framework involving two analytical modelling tools. The ﬁrst is a detailed energy
systems model of the Eastern Africa Power Pool (EAPP) covering the electricity
generation mix in each of the constituent countries. The second is a water
systems model of the Nile River basin. The two were soft linked to assess the
resilience of water and energy infrastructure to a changing climate. WEAP, the
Water Evaluation, And Planning system is used to develop the detailed water
systems model (henceforth referred to as the water model) of the Nile River
Basin20 and is a widely applied integrated water management model reﬁned over
the past 20 years. The electricity sector expansion model (henceforth referred to
as the energy model) was developed using OSeMOSYS, the Open Source energy
MOdelling SYStem18 (Supplementary Note 3). It considers a comprehensive
technology portfolio inclusive of region-speciﬁc renewable and fossil fuel based
electricity generation options (Supplementary Figure 25). Existing, committed
and planned electricity generation technologies with site-speciﬁc representation
for hydropower plants are included in the power pool model (Supplementary
Figures 26–29, Supplementary Note 4). New hydroelectric plants are always
chosen from the list of identiﬁed projects; no generic hydropower plant options
are considered. Other generation options are represented using an aggregate
total for their category (e.g., onshore wind, grid-connected solar photovoltaics
(PV), rooftop solar PV to name a few) and were afforded varying ﬂexibility to
install new capacity under different scenarios. The OSeMOSYS framework
represents all generation and transmission infrastructure using separate technologies. The EAPP energy model includes over 150 site-speciﬁc hydropower
plants as well as additional electricity generation options (Supplementary
Table 1). In total, this represents approximately 500 technologies forming a tencountry power pool model. The energy model has a detailed temporal resolution
of 48-time slices (steps) and captures monthly water availability, at the hydropower plant level, across the different precipitation patterns of the river basin32.
Renewable energy potentials for each country are obtained from the latest
estimates by the International Renewable Energy Agency (IRENA)33. Each of the
countries can trade electricity-using technologies that represent the transmission
infrastructure. Any expansion of the existing transmission system is chosen from
a list of identiﬁed or planned projects. Hydropower plants represented in the
energy model are also included in the water model with or without reservoirs, as
applicable. In addition, the water model contains a detailed representation of the
other water and agriculture (irrigation) infrastructure. Flow regulation constraints from country-speciﬁc water management reports are also taken into
account.
Climatic representation. To simulate different climates, the water model is
parameterised using bias-corrected and spatially disaggregated (BCSD) precipitation and temperature projections from an ensemble of climate projections.
GCM outputs exhibit systematic errors (biases) due to the limited spatial resolution, simpliﬁed physics and thermodynamic processes to name a few. Biascorrection is one of the commonly used calibration techniques to minimise the
bias in climate model outputs, which are inputs for models that assess the impact
of climate change34. The projections use the results from two classes of climate
models: namely the CMIP3 and CMIP5 from the IPCC Assessment Report 4
(AR4) and 5 (AR5) respectively35,36. The baseline uses data from the Terrestrial
Hydrology research group at Princeton University for the period from
1948–200837,38. The BCSD process results in 121 different climate futures
spanning three emission scenarios from the AR4 namely: A1, A1B, A2; and two
representative concentration pathways from AR5 namely: RCP4.5 and RCP8.5.
The two RCPs are chosen to represent medium and high emission scenarios.
Running the water and energy models over 121 different futures, with monthly
time resolution for the former but longer time intervals for the latter is
computationally intensive. Hence, a representative subset of six climate futures is
therefore chosen to represent a good sample of the range of precipitation and
temperature outcomes inferred from the 121 climates (Supplementary Note 5). The
climate futures are ranked based on their CMI averaged over the modelling period,
and a simple algorithm is developed to choose six cases which span over different
percentile ranges (Supplementary Table 2)22,39.
Evaluation of climate resilience. The models are linked using the water availability for hydropower generation provided by the water model on a plantspeciﬁc basis; this availability is translated into capacity factors for the electricity
expansion model under each climate. In turn, a separate Matlab based optimisation framework40 uses the cost of generating electricity from the energy model
to produce a list of adaptation options for up- or down-sizing selected hydropower infrastructure. In this framework, water requirements for domestic use
and agriculture take precedence over hydropower generation. As a result,
adjusted power plant capacities in the water model cascade into updated values
for hydropower capacity factors in the energy model (Supplementary Note 6).
The framework for evaluating the impacts of climate on the energy sector
involves three types of energy model optimisation runs, detailed as the following
—ﬁrst, the baseline run, where the water and energy models are run assuming
that historical climate patterns repeat over the modelling period. All planned

infrastructure investments that are either committed or under construction
(according to PIDA+) are assumed available for electricity generation in their
respective years. To compensate for shortfalls in the electricity supply, the model
is free to choose from a limited list of country-speciﬁc electricity generation
options. Moreover, countries are also able to import electricity from their
neighbours through existing or planned transmission lines. No unplanned
transmission lines are made available to provide conservative estimates of trade
capacities. Second (in perfect foresight (PF) adaptation runs), the energy model
is run for the six chosen climate scenarios. The runs have perfect foresight, and
the energy system can adapt to changes in water availability in the respective
climates. The water availability is communicated between the water and the
energy model using capacity factors. Each of these runs has different monthly
and plant-speciﬁc capacity factors for each year during the modelling period.
Hence, in dry years, the models can choose electricity generation options that
minimise the overall system cost based on resource availability in the respective
countries. That is, the electricity expansion model can substitute reduced
hydropower availability with other electricity generation options and trade in a
dry climate future and vice-versa. This soft-linking routine is iterated twice for
each climate to converge towards an optimal hydropower infrastructure within
the realm of possible size conﬁgurations. Third (in no-adaptation (NA) Runs),
the energy model is run to simulate the effects of not adapting. They consider the
infrastructure roll-out resulting from a PF run (for each climate scenario) and
assess its performance across the ﬁve chosen climate futures it is not designed
for. The PF expansion plan for each climate future is thus an NA strategy for the
remaining ﬁve climates. In each alternate future, shortfalls in generation due to
lack of water for hydropower can be satisﬁed only with rapidly deployable, yet
expensive, diesel-based generation options. These runs, therefore, are used to
evaluate the performance of each PF infrastructure rollout across the ensemble
of climates.
For each climate, the Net Present Value (NPV) of cumulative consumer
expenditure from each of the NA runs is compared against the best expansion
strategy for that climate (PF strategy) to estimate the so-called ﬁnancial regret
of ill-ﬁtting infrastructure portfolios (Supplementary Tables 3 and 4). It must
be noted that these regret numbers are calculated across all climate futures
using information from both the power sector expansion model (EAPP) and
the water management (WEAP) model. Summarising the full regret-matrix,
each climate is characterised by—ﬁrst, the strategy that has the lowest worst-case
regret (mini-max criterion41) across all the assessed climates. Second, the strategy
that had the lowest 75th percentile regret across all climate futures (Domain
criterion42).
The mini-max criterion assumes a high-risk aversion approach to selecting a
strategy to avoid extreme adverse outcomes, but there is a possibility that the
chosen strategy is disproportionately inﬂuenced by extreme cases. The second
approach (a variant of the domain criterion) is less sensitive to the extremes. This
methodology, called Robust Decision Making43 has been successfully applied in
similar settings related to water and wastewater management, and ﬂood risk
assessments to support decision making under high levels of uncertainty44–46.
Code availability. The OSeMOSYS code, used to develop the EAPP energy model,
is available on a GitHub repository.

Data availability
The base data used to construct the EAPP energy model is available as part of
the supplementary material (Supplementary Tables 5–15). A model ﬁle, of the
EAPP’s electricity system, developed for this study has been deposited in the following Zenodo data repository47. All relevant source data for the ﬁgures in the
main article and the supplementary material are also available in the same
repository.

Received: 14 December 2017 Accepted: 23 December 2018

References
1.
2.
3.

4.

Maslin, M. & Austin, P. Uncertainty: Climate models at their limit? Nature
486, 183–184 (2012).
Weaver, A. J. & Zwiers, F. W. Uncertainty in climate change. Nature 407,
571–572 (2000).
Cervigni, R., Liden, R., Neumann, J. E. & Strzepek, K. M. Enhancing the
Climate Resilience of Africa’s Infrastructure: The Power and Water Sectors.
https://openknowledge.worldbank.org/handle/10986/21875, (The World
Bank, 2016).
Van Vliet, M. T. H., Wiberg, D., Leduc, S. & Riahi, K. Power-generation
system vulnerability and adaptation to changes in climate and water resources.
Nat. Clim. Change 6, 375–380 (2016).

NATURE COMMUNICATIONS | (2019)10:302 | https://doi.org/10.1038/s41467-018-08275-7 | www.nature.com/naturecommunications

7

ARTICLE
5.
6.

7.
8.
9.

10.

11.

12.

13.
14.

15.
16.

17.

18.
19.

20.

21.

22.

23.

24.

25.

26.
27.
28.

29.

30.

8

NATURE COMMUNICATIONS | https://doi.org/10.1038/s41467-018-08275-7

Siam, M. S. & Eltahir, E. A. B. Climate change enhances interannual variability
of the Nile river ﬂow. Nat. Clim. Change 7, 350–354 (2017).
Mentis, D. et al. Lighting the World: the ﬁrst application of an open source,
spatial electriﬁcation tool (OnSSET) on Sub-Saharan Africa. Environ. Res. Lett.
12, 085003 (2017).
UNDESA. World Population Prospects—Population Division https://esa.un.
org/unpd/wpp/Download/Standard/Population, United Nations, (2017).
EAPP-The Eastern African Power, http://eappool.org/about-eapp, (2011)
Platts. Platts- World Electric Power Plants Database. World Electric Power
Plants Database (2016). http://www.platts.com/Products/
worldelectricpowerplantsdatabase, (2016)
Ea. Energy Analyses (Energinet.dk), EAPP REGIONAL POWER SYSTEM
MASTER PLAN-2016, http://www.ea-energianalyse.dk/projects-english/
1332_development_regional_master_plan.html, (2016).
Kammen, D. M., Jacome, V., and Avila, N. A Clean Energy Vision for East
Africa: Planning for Sustainability, Reducing Climate Risks and Increasing
Energy Access. https://rael.berkeley.edu/publication/a-clean-energy-vision-ofthe-east-african-power-pool (2015).
Holman, I. P., Rounsevell, M. D. A., Harrison, P. A. & Dunford, R. W.
Climate change impact modelling needs to include cross-sectoral interactions.
Nat. Clim. Change 6, 885 (2016).
Howells, M. et al. Integrated analysis of climate change, land-use, energy and
water strategies. Nat. Clim. Change 3, 621–626 (2013).
Pereira-Cardenal, S. J. et al. Assessing climate change impacts on the Iberian
power system using a coupled water-power model. Clim. Change 126,
351–364 (2014).
Paisley, R. K. & Henshaw, T. W. Transboundary governance of the Nile River
Basin: Past, present and future. Environ. Dev. 7, 59–71 (2013).
Arjoon, D., Mohamed, Y., Goor, Q. & Tilmant, A. Hydro-economic risk
assessment in the eastern Nile River basin. Water Resour. Econ. 8, 16–31
(2014).
Nile Basin Initiative. State of the River Nile Basin Report. Chapter 4Opportunities and Challenges of the Growing Nile Population. http://nileis.
nilebasin.org/content/state-river-nile-basin-report, (NBI, 2012).
Howells, M. et al. OSeMOSYS: The Open Source Energy Modeling System.
Energy Policy 39, 5850–5870 (2011).
Broad, O., Sridharan, V., Howells, M. Annex D3- The Eastern African Power
Pool: Energy Modeling Assumptions, Data and Results. in Enhancing the
Climate Resilience of Africa’s Infrastructure: The Power and Water Sectors 219,
https://openknowledge.worldbank.org/handle/10986/21875, (The World
Bank, 2016).
Yates, D., Sieber, J., Purkey, D. & Huber-Lee, A. WEAP21—A demand-,
priority-, and preference-driven water planning model. Water Int. 30,
487–500 (2005).
Elshamy, M., et al. Annex C4- Nile River Basin. in Enhancing the
Climate Resilience of Africa’s Infrastructure: The Power and Water Sectors 219,
https://openknowledge.worldbank.org/handle/10986/21875, (The World
Bank, 2016).
Boehlert, B., Strzepek, K. M., Groves, D., Hewitson, B. & Jack, C. Climate
Change Projections in Africa-Chapter 3. in Enhancing the Climate Resilience
of Africa’s Infrastructure: The Power and Water Sectors 219, https://
openknowledge.worldbank.org/handle/10986/21875, (The World Bank, 2016).
Sofreco consortium. Africa Energy Outlook 2040: Study on Programme for
Infrastructure Development in Africa (PIDA). https://www.afdb.org/ﬁleadmin/
uploads/afdb/Documents/Project-and-Operations/PIDA%20Study%
20Synthesis.pdf, (Afdb, African Union, NEPAD, 2012).
Taliotis, C., Bazilian, M., Welsch, M., Gielen, D. & Howells, M. Grand Inga to
power Africa: Hydropower development scenarios to 2035. Energy Strategy
Rev. 4, 1–10 (2014).
Spalding-Fecher, R., Joyce, B. & Winkler, H. Climate change and
hydropower in the Southern African Power Pool and Zambezi River Basin:
System-wide impacts and policy implications. Energy Policy 103, 84–97
(2017).
Spalding-Fecher, R. et al. Electricity supply and demand scenarios for the
Southern African power pool. Energy Policy 101, 403–414 (2017).
Siddig, K., Grethe, H. & Abdelwahab, N. The natural gas sector in postrevolution Egypt. J. Policy Model. 38, 941–953 (2016).
IRENA. Southern African Power Pool: Planning and Prospects for Renewable
Energy. http://irena.org/DocumentDownloads/Publications/SAPP.pdf,
(IRENA, 2013).
Few, S., Schmidt, O., Gambhir, A. Electrical energy storage for mitigating
climate change. https://www.imperial.ac.uk/media/…/2526_Energystorage_BP-20_24p_lores_4.pdf, (2016).
Sadoff, C. W. & Grey, D. Beyond the river: the beneﬁts of cooperation on
international rivers. Water Policy 4, 389–403 (2002).

31. Egypt pulls out of regional power pool as it protests use of. The East African
Available at: http://www.theeastafrican.co.ke/news/Egypt-pulls-out-of-powerpool-as-it-protests-use-of-Nile-waters/2558-3065704-x4qbu2z/index.html,
(2016)
32. UNESCO. Discharge of selected rivers of Africa = Débit de certains cours d’eau
d’Afrique., http://trove.nla.gov.au/work/21611737?selectedversion=NBD11938888,
(UNESCO, 1995).
33. IRENA. Estimating the Renewable Energy Potential in Africa: A GIS-based
approach. http://www.irena.org/DocumentDownloads/Publications/
IRENA_Africa_Resource_Potential_Aug2014.pdf, (IRENA, 2014).
34. Brekke, L., Thrasher, B. L., Maurer, E. P. & Pruitt, T. Downscaled CMIP3 and
CMIP5 Climate Projections Release of Downscaled CMIP5 Climate
Projections, Comparison with Preceding Information, and Summary of User
Needs, https://gdo-dcp.ucllnl.org/downscaled_cmip_projections/
…/downscaled_climate.pdf, (2013).
35. IPCC. Climate Change 2007: Synthesis Report. Contribution of Working
Groups I, II and III to the Fourth Assessment Report of the Intergovernmental
Panel on Climate Change [Core Writing Team, Pachauri, R. K. and Reisinger,
A. (eds.)], http://www.ipcc.ch/publications_and_data/ar4/syr/en/frontmatter.
html, (IPCC, 2007).
36. Niang, I. & Ruppel, O. C. The Fifth Assessment Report (AR5) of the United
Nations Intergovernmental Panel on Climate Change (IPCC)-Chapter 22Africa, https://www.ipcc.ch/pdf/assessment-report/ar5/wg2/drafts/fd/
WGIIAR5-Chap22_FGDall.pdf, (2014).
37. Terrestrial Hydrology Research Group @ Princeton University, Global
Meteorological Forcing Dataset for land surface modelling, http://hydrology.
princeton.edu/data, (2014)
38. Shefﬁeld, J., Goteti, G. & Wood, E. F. Development of a 50-Year highresolution global dataset of meteorological forcings for land surface modeling.
J. Clim. 19, 3088–3111 (2006).
39. Neumann, J. E., Lempert, R. J., Groves, D. G. Climate Scenarios and
Representative Climates- Appendix E. in Enhancing the Climate Resilience of
Africa’s Infrastructure: The Power and Water Sectors, https://openknowledge.
worldbank.org/handle/10986/21875, (The World Bank, 2016).
40. Neumann, J. E. Annex B- Perfect Foresight Adaptation Modeling
Methodology. in Enhancing the Climate Resilience of Africa’s Infrastructure:
The Power and Water Sectors, https://openknowledge.worldbank.org/handle/
10986/21875, (The World Bank, 2016).
41. Savage, L. J. The Foundations of Statistics Reconsidered, The Regents of the
University of California, https://projecteuclid.org/euclid.bsmsp/1200512183,
(1961).
42. Schneller, G. O. & Sphicas, G. P. Decision making under uncertainty: Starr’s
domain criterion. Theory Decis. 15, 321–336 (1983).
43. Lempert, R. J., Popper, S. W. & Bankes, S. C. Shaping the Next One Hundred
Years: New Methods for Quantitative, Long-Term Policy Analysis. https://www.
rand.org/pubs/monograph_reports/MR1626.html, (RAND corporation,
2003).
44. Groves David, G. et al. Developing Key Indicators for Adaptive Water
Planning. J. Water Resour. Plan. Manag. 141, 05014008 (2015).
45. Fischbach, J. R. et al. Robust Stormwater Management in the Pittsburgh
Region. https://www.rand.org/pubs/research_reports/RR1673.html, (2017)
46. Lempert, R., et al. Ensuring Robust Flood Risk Management in Ho Chi Minh
City. https://doi.org/10.1596/1813-9450-6465, (The World Bank, 2013)
47. Sridharan, V., Broad, O., Shivakumar, A. & Howells, M. Data for the Eastern
African power pool's energy systems model, developed in OSeMOSYS, https://
doi.org/10.5281/zenodo.2428081, (2018).

Acknowledgements
This work was primarily supported by the World Bank (contract number 8004717) and
their funders—Agence Française de Développement (Afd). We would also like to thank
the Swedish research councils— Vetenskapsrådet and Formas (grant number 942-20151304)—for their support.

Author contributions
V.S. developed the energy models described in this article. V.S., O.B., A.S. and B.B.
performed the climate scenario iterations and contributed to the overall methodology.
M.H., H.-H.R. and C.T. provided valuable inputs to develop the energy model. R.C.,
J.E.N., K.M.S., M.H., B.B., R.L., D.G.G. developed the methodology of the study. B.B.
performed the bias-correction and downscaling of climate scenarios. R.L. and D.G.G.
developed the robust decision-making analysis (RDM) component of the study. B.J.
and A.H.-L. developed the water models for this study and contributed to the overall
methodology. V.S., O.B., A.S., M.H., C.T., H.-H.R., B.B. and D.G.G. were involved
in paper writing and editing.

NATURE COMMUNICATIONS | (2019)10:302 | https://doi.org/10.1038/s41467-018-08275-7 | www.nature.com/naturecommunications

NATURE COMMUNICATIONS | https://doi.org/10.1038/s41467-018-08275-7

Additional information
Supplementary Information accompanies this paper at https://doi.org/10.1038/s41467018-08275-7.
Competing interests: The authors declare no competing interests.
Reprints and permission information is available online at http://npg.nature.com/
reprintsandpermissions/
Journal peer review information: Nature Communications thanks Ludovic Gaudard and
the other anonymous reviewers for their contribution to the peer review of this work.
Peer reviewer reports are available.
Publisher’s note: Springer Nature remains neutral with regard to jurisdictional claims in
published maps and institutional afﬁliations.

ARTICLE

Open Access This article is licensed under a Creative Commons
Attribution 4.0 International License, which permits use, sharing,
adaptation, distribution and reproduction in any medium or format, as long as you give
appropriate credit to the original author(s) and the source, provide a link to the Creative
Commons license, and indicate if changes were made. The images or other third party
material in this article are included in the article’s Creative Commons license, unless
indicated otherwise in a credit line to the material. If material is not included in the
article’s Creative Commons license and your intended use is not permitted by statutory
regulation or exceeds the permitted use, you will need to obtain permission directly from
the copyright holder. To view a copy of this license, visit http://creativecommons.org/
licenses/by/4.0/.
© The Author(s) 2019

NATURE COMMUNICATIONS | (2019)10:302 | https://doi.org/10.1038/s41467-018-08275-7 | www.nature.com/naturecommunications

9

