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CLIMATOLOGY

Persistent urban heat

Dan Li"z*, Linying Wang’, Weilin Liao3, Ting Sun®, Gabriel Katul®, Elie Bou-ZeidG, Bjorn Maronga7'8

Urban surface and near-surface air temperatures are known to be often higher than their rural counterparts, a
phenomenon now labeled as the urban heat island effect. However, whether the elevated urban temperatures are
more persistent than rural temperatures at timescales commensurate to heat waves has not been addressed
despite its importance for human health. Combining numerical simulations by a global climate model with a surface
energy balance theory, it is demonstrated here that urban surface and near-surface air temperatures are signifi-
cantly more persistent than their rural counterparts in cities dominated by impervious materials with large thermal
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inertia. Further use of these materials will result in even stronger urban temperature persistence, especially for
tropical cities. The present findings help pinpoint mitigation strategies that can simultaneously ameliorate the

larger magnitude and stronger persistence of urban temperatures.

INTRODUCTION

Urbanization is arguably one of the most profound human-induced
land cover changes (1, 2), and its imprints on the climate system are
a subject of inquiry and debate (3-5). Most cities experience the
urban heat island (UHI) effect with higher temperatures recorded
compared to surrounding rural areas. Much attention has been
dedicated to the magnitude and diurnal/seasonal variations of
UHIs (6). However, the difference between urban and rural land in
terms of temperature persistence (i.e., the tendency for temperature
anomalies to continue for an extended period) remains unexplored.
Moreover, a mechanistic link between how urbanization alters sur-
face properties and the persistence of temperatures in cities continues
to be elusive.

Addressing these research gaps at timescales of heat waves (i.e.,
multiday extreme temperature events) is of particular importance.
Heat is one of the most important drivers of weather-related mortality
(7, 8). Studies have reported that heat waves are associated with
mortality rates that exceed the anticipated impacts from single hot
days (9, 10). Every 1-day increase in heat wave duration is found to
be associated with an increase of mortality risk by 0.38% in the United
States, and such increases of mortality risk are even higher (2.50%)
in the northeastern United States (11). Understanding how urban
surface characteristics modify the temperature persistence is thus a
prerequisite for quantifying health risks associated with urban heat
waves and developing interventions to reduce heat-related illnesses
in cities.

RESULTS

Quantifying temperature persistence in a global

climate model

The persistence of daily temperature can be quantified using auto-
correlation and spectral analyses (Materials and Methods). In this
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study, we use the near-surface air temperature and radiative surface
temperature (hereafter referred to as surface temperature) simulated
by the Community Earth System Model (CESM) during the period
of 1991-2010 (Materials and Methods). Before applying autocorre-
lation and spectral analyses, the long-term linear trend and the
mean annual cycle of temperature are removed (see Materials and
Methods), yielding daily temperature anomalies. Figure 1 (A and D)
features the globally averaged temporal autocorrelation for near-
surface air temperature and surface temperature, respectively. Re-
sults suggest that both urban and rural near-surface air temperature
and surface temperature anomalies have signatures of a “red-noise”
process (i.e., the autocorrelation decays exponentially), consistent
with Hasselmann’s stochastic climate model results (12, 13) and the
meteorological literature (14, 15). The spectral results are shown in
fig. S1, where signatures of a red-noise process are again observed:
The spectra of both near-surface air temperature and surface tem-
perature approach f* (f indicates frequency) at high frequencies.
The computed autocorrelation and spectra are broadly consistent
with results from prior studies (16, 17), which nonetheless did not
examine the urban-rural contrasts.

For a red-noise process, the decay rate of the temporal autocor-
relation (Fig. 1, A and D) and the peak of the premultiplied spectra
(fig. S1, A and B) can be used to define a characteristic timescale (I")
that quantifies temperature persistence (see Materials and Meth-
ods). In the following, the timescale (I') characterizing the decay
rate of the temporal autocorrelation, which is estimated from lag-1
autocorrelation (see Materials and Methods), will be used (called
the persistence timescale hereafter).

The global averaging of urban and rural results (Fig. 1, A and D)
leads to small urban-rural differences that may indicate similar tem-
perature persistence between urban and rural land. However, this
finding does not imply that urban and rural persistence timescales
are similar at regional and local scales. Figure 1 (B and E) shows the
results for Central America where the urban autocorrelation decays
slower than the rural autocorrelation, implying stronger urban tem-
perature persistence. The reason for the stronger urban temperature
persistence in this region will be discussed later.

To examine temperature persistence at local scales, urban and
rural persistence timescales are estimated at the grid cell level. Be-
fore discussing the spatial pattern of urban-rural difference in the
persistence timescale (Fig. 2), we highlight that most I'" values, for
both urban and rural areas, range between 2 and 6 days (Fig. 1, C
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and F), which are commensurate with the timescale of synoptic
weather variability. Furthermore, Fig. 1 (C and F) demonstrates
the importance of I in the context of heat waves by showing that
the average length of heat events, which are defined as periods when
the daily temperature anomaly is positive and larger than 1 SD (16),
is well correlated with IT".

Red noise or, equivalently, a first-order autoregressive/Markov
model is only an approximation for the full dynamics of daily tem-
perature anomalies (18). Figure 1 shows that the autocorrelation
does not experience a zero-crossing at large lags, indicating the
existence of long-term memory in the temperature time series (19,
20). However, at the timescales of interest (on the order of a few
days), the red-noise approximation reasonably describes the auto-
correlation and spectra (Fig. 1 and fig. S1), consistent with many
meteorological studies on daily fluctuations (21, 22). Further tests
(see Materials and Methods) indicate that the primary findings of
this study remain unaltered when using a decorrelation (or integral)
timescale (23, 24), which is free of the red-noise approximation.

Urban-rural contrasts of temperature persistence
To quantify the local urban-rural difference in temperature persis-
tence, the fractional difference of I' between urban and rural land
within the same grid cell (i.e., the urban-rural difference in I'
normalized by the rural I', or 8I'/T', where & indicates the urban-
rural difference) is computed (Fig. 2, A and B). Comparing Fig. 2A
to Fig. 2B (see also Fig. 2D), it can be concluded that the urban-rural
contrast of surface temperature persistence (Fig. 2B) is larger in
terms of magnitude than its near-surface air temperature counter-
part (Fig. 2A). This finding is expected as surface temperature is di-
rectly affected by surface radiative and biophysical properties. Any
differences in surface radiative and biophysical properties between
urban and rural land are reflected in the surface temperature. On
the other hand, the mixing power of atmospheric turbulence tends
to smear out or blend the effect of surface changes on the near-
surface air temperature.

Globally, the urban-rural difference in temperature persistence
can be either positive or negative. The negative 8I'/I" values for
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Fig. 1. Daily urban and rural near-surface air and surface temperature anomalies exhibiting red-noise behavior. (A to C) Near-surface air temperature. (D to
F) Surface temperature. (A and D) The global average temporal autocorrelation (AC) as a function of lag () for urban (red) and rural (blue) temperature anomalies.
The average is performed over all grid cells that have urban fractions larger than 0.1% (4241 in total). The black line is the theoretical result for a red-noise process
(an exponential decay with a decay rate of 1/T'). (B and E) Similar to (A) and (D) but for averages over Central America (latitude: 7°N to 18°N, longitude: 82°W to
118°W). (C and F) Relation between I" and the average length of heat events, which are defined as periods when the daily temperature anomaly is positive and
larger than 1 SD during the study period (1991-2010). Data in (C) and (F) include both urban and rural results and are for all grid cells that have urban fractions
larger than 0.1%. The color in (C) and (F) indicates data density. The upper and lower bounds in (A), (B), (D), and (E) represent the 95% confidence intervals for the
spatial mean AC values. The 95% confidence intervals are small because of the very large sample size.
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Fig. 2. The urban-rural differences of near-surface air temperature and surface temperature persistence timescales and their relations with urban thermal iner-
tia. (A) Urban-rural difference of near-surface air temperature persistence quantified by 8I'/T" (the urban-rural difference in the persistence timescale normalized by the
rural persistence timescale, where & represents the urban-rural difference, namely, urban minus rural). The stippled regions are those with significant urban-rural differ-
ences of lag-1 autocorrelation at the 95% confidence level. (B) Urban-rural difference of surface temperature persistence quantified by 8I'/T. The stippled regions are
those with significant urban-rural differences of lag-1 autocorrelation at the 95% confidence level. (C) Thermal inertia of urban impervious materials (y, unit: 10* J
m2K™! 5-1/2) as used in the climate model. (D) Urban-rural differences of temperature persistence (8I'/T") as a function of the thermal inertia of urban impervious materi-
als (, unit: 10* Jm=2K™" s7"2) in grid cells with significant urban-rural differences of lag-1 autocorrelation at the 95% confidence level. The large dots/circles in (D) are bin

averages, and the shading indicates the SD in each bin.

near-surface air temperature (Fig. 2A) are mostly insignificant. In
places where 0T is significant for both near-surface air temperature
(Fig. 2A) and surface temperature (Fig. 2B), urban near-surface air
temperatures exhibit 10 to 40% higher persistence than their rural
counterparts, and that number rises to 100 to 200% for urban sur-
face temperatures. Central America, West Africa, and India experi-
ence the largest increases in urban near-surface air temperature
persistence compared to their rural surroundings. This pattern is
consistently observed across different seasons (fig. S2).

Why do Central America, West Africa, and India show the stron-
gest urban-rural difference in terms of near-surface air temperature
persistence? This is because the climate model prescribes large ther-
mal inertia or thermal effusivity (p, unit: 10* T m2 K s7?) for
urban impervious materials over these regions (Fig. 2C). The strong
correlations between 8I'/I" and thermal inertia of urban impervious
materials are evidenced by Fig. 2D (coefficient of determination
R* = 0.86 and 0.63 for near-surface air temperature and surface tem-
perature, respectively). In particular, the roofs in these tropical re-
gions (Central America, West Africa, and India) are treated by the
climate model as corrugated metal roofs with little or no insulation
(25), which have exceptionally large thermal inertia (fig. S3). Known
for their affordability, durability, weather resistance, ease of installa-
tion, and low maintenance, metal roofs are extensively used in tropi-
cal regions. Consequently, their impact on the urban-rural difference
of temperature persistence is particularly evident in areas like Central
America, West Africa, and India.

Lietal, Sci. Adv. 10, eadj7398 (2024) 10 April 2024

A surface energy balance theory

The positive correlations between 8I'/T" and the thermal inertia of
urban impervious materials are physically intuitive and can be ex-
plained by a one-dimensional surface energy balance theory (see
Materials and Methods). The surface energy balance model yields

Q
=1ra’’

where Iy is a forcing timescale and the nondimensional Q param-
eter represents the importance of thermal inertia relative to en-
ergy dissipative mechanisms including sensible heat transfer, latent
heat transfer, and radiative heat transfer. While the forcing timescale
is identical for both urban and rural areas, the Q parameter differs
between urban and rural areas. Even without a priori defining the
exact magnitude of I'; the surface energy balance theory predicts
that as the thermal inertia of cities increases (e.g., using materials
such as steel and dense concrete), the urban Q parameter increases,
leading to stronger urban surface temperature (and near-surface air
temperature) persistence. This is in qualitative agreement with re-
sults shown in Fig. 2D.

Within the confines of the surface energy balance theory, the
thickness of the urban impervious material that determines its
extrinsic thermal mass plays a secondary role relative to that of the
material’s intrinsic thermal inertia. This is also consistent with the
climate model results. An examination of the relation between
the climate model-simulated 8I'/I" values and the thickness of
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impervious material prescribed by the climate model suggests that
the simulated 8I'/I" shows negative correlations with the thickness
of roofs. This counterintuitive and unphysical result is because the
corrugated metal roofs, which give rise to the large I'/T" values, are
relatively thin; this correlation is therefore not indicative of a caus-
ative link. Furthermore, the climate model-simulated 8I'/T" shows
no correlations with the thermal mass of roofs, which takes the
material thickness into account. This finding shows that thermal
inertia (rather than thermal mass) is the key control of daily tem-
perature persistence.

The surface energy balance theory further provides a framework
for analyzing how various environmental and meteorological fac-
tors such as urban morphology, vegetation fraction, wind speed,
and air temperature might affect I (e.g., through altering energy dis-
sipative mechanisms like sensible, latent, and radiative heat trans-
fer). The fact that we focus on the role of thermal inertia in the
analysis of climate model results does not imply that other factors
do not play a role. However, since climate models inevitably have
uncertainties in their inputs and parameterizations, comprehensive-
ly exploring the role of all possible factors affecting dI'/I" goes be-
yond the scope of this work. Nevertheless, two important points are
highlighted here: (i) Some uncertainties in the climate model may
be partially compensated for when analyzing differences between
urban and rural areas within the same grid cell, and (ii) the linkage
between larger thermal inertia of urban impervious materials and
stronger urban surface (and near-surface air) temperature persis-
tence, which is simulated by the climate model, can be elucidated
through the surface energy balance analysis. The agreement be-
tween the climate model results and the surface energy balance
theory provides credibility to the findings reported here.

Further increases in urban near-surface air

temperature persistence

How urban I" will change if the thermal inertia of cities is further
increased because of the continuing replacement of vegetation with
impervious materials with large thermal inertia, such as steel and
dense concrete, is now explored. The fractional increase in I" or
AT'/T (the increase in I" normalized by the baseline I') is computed.
Here, A refers to a change over the urban land due to increased
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Fig. 3. The relation between AT'/T" with AQ/Q in the uniform city simulations.
NH and SH stand for the Northern Hemisphere and the Southern Hemisphere,
respectively. Only grid cells with significant urban-rural differences of lag-1 auto-
correlation at the 95% confidence level are considered. The large dots are bin aver-
ages, and the error bars indicate the SDs.
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urbanization and is different from § that indicates the urban-rural
difference. From the surface energy balance theory, it can be shown
that AI'/T is independent of I'y due to the normalization, increases
with AQ/Q when AQ/Q is small (with stronger increasing trends in
places with smaller Q values), and approaches a constant when
AQ/Q is large (see Materials and Methods).

These behaviors are shown in Fig. 3, which depicts how further
increases in thermal inertia of cities cause increases in I for the
urban near-surface air temperature. In this analysis, cities are made
of uniform building morphology and thermal properties globally to
circumvent any uncertainties in the input data of these properties in
the climate model, and the thermal inertia of impervious materials
over urban land is gradually increased (see Materials and Methods).
As predicted by the surface energy balance theory, the computed
AT'/T first increases with AQ/Q and then approaches a plateau. The
increasing trend and concomitantly the plateau value are higher in
the tropics (20 S to 20 N), compared to the extratropics (20° to 65°)
in both Northern Hemisphere and Southern Hemisphere.

The fact that the increase of AI'/T" with AQ/€Q is not spatially
uniform in simulations with globally uniform buildings is an impor-
tant result. It demonstrates that urban thermal inertia (or more
broadly urban morphologies and properties) is not the only factor
affecting AI'/T, confirming an earlier point. Here, it is clear that the
background climate also plays a role. The stronger increase of AI'/T"
with AQ/Q in tropical regions implies that the baseline Q values are
smaller in the tropics than in other regions (Eq. 17). A plausible
explanation is that the latent heat transfer efficiency is larger in the
tropics with abundant rainfall (26), which leads to smaller baseline
Q values. This stronger increase of AI'/T" with AQ/Q in tropical
regions also explains the significantly positive 8I'/I" values in south-
eastern Asia in the control simulation (Fig. 2, A and B), although the
thermal inertia of urban impervious materials in this region is not
particularly large when compared to hotspots like Central America,
West Africa, and India (Fig. 2C). Overall, these results suggest that
the much stronger urban temperature persistence in the tropics
compared to rural surroundings (Fig. 2, A and B) is not only related
to the large thermal inertia of urban impervious materials pre-
scribed by the input data (e.g., in regions like Central America, West
Africa, and India) but also caused by the inherent stronger sensitivity
of I' to changes in thermal inertia in the tropics.

With a ninefold increase in Q (e.g., from light wood to dense
concrete or from asphalt to steel), I" increases by 18 to 20% in the
extratropical region (Fig. 3). To put these numbers in context, a
linear relation between I' and heat wave lengths as suggested by
Fig. 1C would imply that heat wave lengths are also increased by
18 to 20%, which amounts to about 0.36 to 0.6 days since most heat
waves are on the order of 2 to 3 days (11). This corresponds to an
increase of mortality risk by 0.14 to 0.23% based on data for the
United States (11). In the tropical region, the increase of mortality
risk is even higher (0.34 to 0.51%) due to the much larger increase in
I" (45% for a ninefold increase of Q; see Fig. 3). More worryingly, the
longest heat waves will be extended the most.

DISCUSSION

With the climatological UHIs (6) and potential synergistic interac-
tions between heat waves and UHIs (27), it is already understood
that urban temperatures will be much higher than rural tempera-
tures during heat waves. Here, it is demonstrated that the large
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thermal inertia of urban impervious materials also leads to more
persistent daily temperature anomalies in cities. Further increases in
urban thermal inertia associated with continuing urbanization will
cause even stronger urban temperature persistence. Cities in the
tropical region are particularly prone to the effect of increasing ther-
mal inertia when quantified by the fractional increase in the persis-
tence timescale.

Urban heat mitigation often focuses on reducing the magni-
tude of temperature, especially the daytime maximum tempera-
ture. If so, it may appear plausible that increasing thermal inertia
would reduce the daytime maximum temperature by storing more
heat in the impervious materials (3-5). However, the consequence
of increasing the thermal inertia is twofold: an increase in the
nighttime minimum temperature (3-5) and an increase in the
temperature persistence as shown here. The former effect of in-
creasing thermal inertia at the diurnal scale has long been recog-
nized (6), but the latter effect of increasing thermal inertia at the
multiday timescale is the key finding offered here. Heat mitigation
strategies that can simultaneously reduce the daytime maximum
temperature and the thermal inertia should be considered. In light
of these findings, replacing roofs that have exceptionally high
thermal inertia such as noninsulated steel or dense concrete roofs
with white roofs made of materials with lower thermal inertia is
recommended.

Other solutions that may ameliorate urban temperature persis-
tence include shading approaches (by trees or other means) that
intercept solar radiation and release most of it rapidly into the air
rather than storing it. A similar effect can be attained by solar panels
but only if they are separated from the underlying roofs with an
open-air space to reduce conductive storage. Roofs that enhance
the latent heat transfer efficiency, such as blue and green roofs, are
also possible but more costly alternatives. Water and wet soils also
have large thermal inertia, and thus, blue and green roofs need to
be properly designed to prevent any potential prolongation of
temperature hazards. When achieving both goals (reducing the
daytime maximum temperature and thermal inertia) is not pos-
sible, city planners need to quantify the benefits and penalties of
proposed urban heat mitigation strategies not only at the diurnal
timescale but also at longer (weather) timescales.

MATERIALS AND METHODS

Numerical simulations

The numerical experiments are conducted using the CESM version
2.0.1 (28). The land component of CESM2.0.1 is the Community
Land Model (CLM) version 5 (29). Within each land grid cell,
CLM allows for multiple land units including vegetated, crop,
urban, glacier, and lake. The processes over the urban land unit are
parameterized by the urban surface scheme of the CLM, called the
CLM—Urban (CLMU). The CLMU conceptualizes the urban en-
vironment as a two-dimensional canyon that includes five facets
(roof, sun-shaded wall, sun-lit wall, pervious ground, and impervi-
ous ground), of which four are impervious (roof, sun-shaded and
sun-lit walls, and impervious ground). The CLMU parameterizes
radiative, turbulent, and land surface processes within the canyon
and aggregates the fluxes from different facets. Details about the
CLMU model can be found elsewhere (28, 30-34). The CLMU in-
puts, including building morphology and thermal properties, are
supplied by a global dataset (25).

Lietal, Sci. Adv. 10, eadj7398 (2024) 10 April 2024

We use CESM to conduct global land-only (uncoupled from the
atmospheric model) simulations. On the basis of an initial condition
provided by CESM (that has been spun up), we run the CLM model
at 0.9 latitude by 1.25 longitude for another 84 years of spin-up by
recycling the 1990-2010 Global Soil Wetness Project Phase 3 atmo-
spheric forcing (29) four times. We finally conduct multiple 21-year
runs using the same atmospheric forcing from 1990 to 2010, initial-
ized by the 84-year spin-up run, and our analysis focuses on the
20-year period from 1991 to 2010 from these final runs.

Two such sets of final simulations are conducted here. In the first
set (called the control simulation), we do not alter any CLMU inputs
but simply output all needed variables at the daily scale. The control
simulation results are used for Figs. 1 and 2 and figs. S1 to S4. In the
second set (called the uniform city simulations), we modify the
CLMU input data so that all urban grid cells globally have the same
building morphological and thermal properties representing those
of the northeastern United States. Within the second set of simula-
tions, we conduct a baseline run and five additional sensitivity runs
with increased urban thermal inertia (by multiplying the heat ca-
pacity and thermal conductivity of all impervious facets by factors
of 2, 5, 10, 20, and 50, respectively). AI'/I" and AQ/Q in Fig. 3 are
computed as the differences between the sensitivity runs and the
baseline run normalized by the results in the baseline run.

There are two reasons that the building morphological and ther-
mal properties data are taken to be those representing the northeast-
ern United States. First, the mortality numbers used here are from
the United States, including the northeastern United States. Second,
regardless of where these properties are taken from, the uniform city
simulations are idealized simulations that are not meant to represent
the real world but to test causal connections predicted by the surface
energy balance theory. We expect that results from such simulations
with other building properties agree with the theory.

Near-surface air temperature and surface temperature

Both urban and rural near-surface air temperatures (sometimes also
termed surface air temperature or 2-m air temperature) are direct
outputs from CLM. Within each grid cell where the urban fraction
exceeds 0.1%, the urban near-surface air temperature is computed
by CLMU for the urban land unit. For each land grid cell, the rural
near-surface air temperature is an average for the vegetated and crop
land units. The vegetated land unit might contain up to 15 different
plant functional types and bare soil.

Urban and rural surface temperatures are inferred from the in-
coming longwave radiation (LWj,, W m™2) and outgoing longwave

e 11/4
radiation (LW oy, W m™2) as T, = [w

surface emissivity and o is the Stefan-Boltzmann constant (5.67 X
107* W m~2 K~4). For consistency with prior work (3), the urban
and rural surface emissivity values are set to be 0.88 and 0.96,
respectively.

, where ¢ is the

Autocorrelation
The autocorrelation (AC) is computed as

T T (t+7)
o7

AC(7) =

where T’ is the daily temperature anomaly computed with the long-
term linear trend and the mean annual cycle subtracted, the overbar
denotes the time mean, T denotes the time lag (unit: days), and 67, is the
variance of T'. The mean annual cycle is the variation of temperature as
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a function of the day of the year but independent of the year and is
computed as the average over 1991-2000. Sensitivity tests are conducted
by only subtracting the mean annual cycle (but keeping the long-term
linear trend), and the findings are not altered.

Spectrum

The spectrum is computed using Welch’s method with segments of
length 2° days and 50% overlap between different segments.
Spatial averaging

The spatially averaged AC values in Fig. 1 are calculated using Fisher
z transformation. We transform AC values to their respective z values,
compute the mean (and the 95% confidence intervals) of the z
values, and then back-transform the mean (and the 95% confidence
intervals) of the z values to obtain the mean (and the 95% confi-
dence intervals) of the AC values, following prior work (16). The
95% confidence intervals are generally small because of the very
large sample size.

A surface energy balance theory for daily
temperature persistence
The surface energy balance equation provides a theoretical basis for
understanding how thermal inertia and various heat transfer mech-
anisms affect the persistence of surface temperature anomalies. It
offers a direct physical connection between land surface properties
and temperature persistence across different climatic zones.

The one-dimensional (or vertical) surface energy balance equa-
tion can be written as (35, 36)

SW(1 —a) +eLW,, = H + LE+ G + ecT? (1)

where SWj, and LWj, are the incoming shortwave and longwave
radiation (W m™2), respectively; a and € are the surface albedo and
emissivity (unitless), respectively. The right-hand side of Eq. 1 in-
cludes four dissipative or energy loss terms (viewed from the surface
perspective): the sensible heat flux (H, W m™?), the latent heat flux
(LE, W m™2), the ground heat flux or heat storage (G, W m~?), and
the emitted longwave radiation by the surface (esT?, W m™2), which
is expressed using the Stefan-Boltzmann law where o is the Stefan-
Boltzmann constant (5.67 X 107 W m™ K™*) and T, is the surface
temperature (K). Here, the emitted longwave radiation is rearranged
to the right-hand side of the surface energy balance equation, in-
stead of the left-hand side as in textbooks (35, 36). This reformula-
tion emphasizes that each term on the right-hand side of Eq. 1 is a
function of T;. In contrast, the terms on the left-hand side of Eq. 1
are assumed to be external (atmospheric) forcing onto the land sur-
face and are not directly affected by T..

To proceed, each term on the right-hand side of Eq. 1 is written
as a linear function of T;. For example, a bulk parameterization is
used for the sensible heat flux (35) given by

H= pCp(Ts - Ta)

Ta

2

where p is the air density (kg m™), ¢, is the heat capacity of dry air
at constant pressure (J kg_1 K™Y, T, is the air temperature (K), and
1, is the aerodynamic resistance to convective heat transfer (s m™)
that depends on a range of factors such as the wind speed and ther-
mal stratification of the near-surface atmosphere. This bulk param-
eterization for sensible heat flux can thus be written as follows

H=MT,+Cy (3)
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where A = pcy/r, and Cy = —AgT, represent the slope and the inter-
cept of the linear relation between H and T, respectively.

Likewise, for latent heat flux, the parameterization used is given
by (37, 38)
va[q*(Ts) - qu]

Ta

LE=p )
where L, is the latent heat of vaporization (J kg_l), q*(T;) is the satu-
rated specific humidity (kg kg™") at the surface temperature and can
be linked to the saturated water vapor pressure (Pa) at the surface
temperature, or e*(T;), through ¢*(T;) = 0.622¢*(T)/P; P is the mean
air pressure (Pa) at the surface; and g, is the air-specific humidity
(kgkg™") and similarly can be linked to the air water vapor pressure,
or e, through g, = 0.622¢,/P. The P parameter is a dimensionless
quantity (varying between 0 and 1) that reduces the actual evapo-
transpiration value from its potential value due to either dry soils or
stressed vegetation. The latent heat flux as expressed in Eq. 4 is a
function of T;. However, the relation is not linear since the saturated
water vapor pressure (e*) is related to T; exponentially through the
Clausius-Clapeyron relation. Nonetheless, the Clausius-Clapeyron
relation can be linearized to yield

LE= AT+ Cig (5)

eT)—e Pey

= is th
A, 2l 0.622L, s the

where Mg = XHEA,J, Cig=Mg|-T, +

psychometric constant, A, = % |7 is the derivative of e* with re-
spect to temperature evaluated at the air temperature, and e*(T,)
is the saturated water vapor pressure at the air temperature. For
ground heat flux, the force-restore model (39-41) is used, linking G

to T; through

G

dT,
¢ + m(Ts - Tdeep) ] (6)

__m
_\/_2_0)[‘1

where p is the thermal inertia or thermal eftusivity (J m 2K 'sY 2

and can be computed asp = 4 /kC;,,, where k is the thermal conduc-

tivity (J m' K 'sand Ciy is the ground volumetric heat capacity
(J m™ K™'); @ is the angular frequency of the forcing [e.g., ® = 21/
(24 x 3600) = 7.27 x 107> rad s~ for diurnal forcing and ® =
21/365 = 0.0172 rad day ™" for annual forcing], and thus, ®™" repre-
sents a forcing timescale; Tyeep is the deep ground temperature taken
at a depth that is unaffected by the thermal wave at the forcing times-
cale. The force-restore model was originally developed for soil/veg-
etated surfaces with stable Tqeep at a sufficient depth. For building
surfaces such as roofs and walls, application of the force-restore
model assumes that energy storage over the timescale of interest is
limited more severely by the thermal properties (volumetric heat
capacity and thermal conductivity) than by the thickness and that
the building interior temperature varies at a much slower rate than
the surface temperature.

Here, the forcing timescale is assumed to be identical for both
urban and rural areas. However, the exact magnitude of the forcing
timescale is not essential for two reasons. First, the analysis focuses
on the normalized persistence timescale difference (see, e.g., Figs. 2,
A and B, and 3). Because of this normalization, the main findings are
not affected by the exact magnitude of the forcing timescale. Second,
the surface energy balance model is primarily used as a diagnostic
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tool (i.e., rather than a prognostic model) for interpreting the climate
model results. Since this work analyzes daily temperature fluctua-
tions, the forcing timescale must be longer than the diurnal scale
(although its exact magnitude is not needed for our analysis). The
focus on daily temperature fluctuations, instead of sub-daily tem-
perature fluctuations, alleviates the complexity associated with con-
sidering multiple forcing timescales. For example, the diurnal forcing
needs to be further included if some sub-daily temperatures (e.g.,
daily maximum or minimum temperature) were to be studied (41).
Previous work found that the persistence of sub-daily tempera-
tures differs from that of daily mean temperature (42). However,
no theory that can adequately describe the persistence of sub-daily
temperatures has been developed. Developing such a theory and
exploring the persistence of sub-daily temperatures are left for future

investigations.
Equation 6 can be rewritten as
p [ dT, drT,
G:\/ﬁ I +(D(T5_Tdeep) =g Ff T +A;T, 4+ Cg

(7)
where Ag = p\/g, Iy= o~ ! (the forcing timescale), and Cg =
_}VGTdeep

The emitted longwave radiation involves the surface temperature
to the fourth power, which can also be linearized to give

T~ TH+4TX(T, - T,) (8)
Hence, the emitted longwave radiation can be simplified to
0T, & My T + Crrw )
where Ay = 4e0T?, Cypy = — ZXELW T,
Substituting Eqgs. 3, 5, 7, and 9 into Eq. 1 yields
drT, 1
=-=T,+C 10
dt r (10)
where
Q
= —7o1r 11
1+Q 7 (11)

C= (eI [SWin(1 — &) + eLW;, — Cyy — Crg — Cg — Cprw]. Here
Ag _Ag

I VI W W W (12)

Q is a dimensionless parameter that quantifies the importance of
thermal inertia (Ag) relative to three other heat dissipative mecha-
nisms including sensible heat transfer, latent heat transfer, and ra-
diative heat transfer (A\o = A + ALg + Agiw).

The derivations so far largely follow a previous study (38) that
examined the relative efficiencies of the four mechanisms on the
right-hand side of Eq. 1 in dissipating surface temperature anoma-
lies. However, the prior work (38) did not introduce the concept of
temperature persistence within this surface energy balance frame-
work, which is the primary focus of this study and is elaborated on
in the next section.

The interpretation and estimation of I

When T; is decomposed into a mean component (T;) and a fluctuat-
ing component (T), it can be shown from Eq. 10 that

dTS’ 1 T
T

(13)
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where C’ is the fluctuating component of C. Given the focus on the
daily temperature persistence, the mean annual cycle is treated as
the mean and the daily temperature anomalies are treated as the
fluctuations. For the remaining derivation, we drop the prime sym-
bol for notational convenience and state that T; is the temperature
anomaly and C is the forcing anomaly.

If C is white noise, it can be shown that T; is red noise. This is
essentially Hasselmann’s stochastic climate model (12, 13), which
has been widely used to study sea surface temperature anomalies
(43, 44). For a red noise process (also called a first-order autoregres-
sive or Markov model), the stationary temporal autocorrelation is

AC(T) =7 (14)

where 7 is the time lag (with a unit of days). It is clear that I" charac-
terizes the decay rate of the temporal autocorrelation, which explains
why T’ is a good indicator for the daily temperature persistence. It
can also be shown that the normalized spectrum of T; follows the
Lorentz spectrum

Er(f) _ 4/T
2 amf4l?

(15)
where Er is the energy spectrum of T, 67, is the variance of T, and f
is the frequency (with a unit of day™"). Equation 15 indicates that
the normalized T; spectrum approaches f ~* at high frequencies (red
noise) and f % at low frequencies (white noise). The transition of the
two scaling laws occurs at a frequency of 1/(2xl"), corresponding to
a timescale of ~I". Again, this demonstrates that I" is an important
timescale characterizing the dynamics of T;. An alternative way of
identifying the transitional frequency (or the transitional timescale)
is to use the normalized, premultiplied spectrum fE;.(f) / 67, whose
peak is reached at the transitional frequency.
Hence, I" can be estimated from lag-1 autocorrelation AC(1) as

I'= {-In[AC(D)]}™! (16)

We could also estimate I" using the premultiplied spectrum, but
identifying the peak of the premultiplied spectrum can be ambigu-
ous. We choose to use the decay of the autocorrelation to estimate I'
for its simplicity and following recent studies (16, 43). In the analysis
of numerical simulation results, a significant urban-rural difference
in I" indicates that the difference in AC(1) between urban and rural
areas is significant at the 95% confidence level. This significance is
determined using a two-tailed test, which uses z scores derived from
the Fisher transformation.

Changes in I" due to further increases in urban thermal inertia
From Eq. 11, changes in Q (represented by AQ) over urban land will
cause a change in I (represented by AI'). We are particularly interested
in the fractional change in I" due to fractional changes in Q. When AQ
is sufficiently small

Al' < 1 >AQ
r \1+Q/ Q
This expression states that AI'/T" increases with AQ/Q when AQ/Q
is small and the increasing trend is stronger in places with smaller
Q. On the other hand, Eq. 11 indicates that as Q — o, I" = I't. In
other words, when Q is sufficiently large, any additional increase in
€ will no longer cause I to increase. This is understandable as when
the thermal inertia is large enough, any further increase in thermal
inertia will no longer cause temperature persistence to increase.

(17)
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On the basis of Eq. 12, fractional changes in Q can be further
linked to fractional changes in thermal inertia through
AQ _Ahg  Ahy Adhg  Ap

Q Ag Ao Ag B
Here, we have implicitly assumed that increases in thermal inertia
will not cause Ag to change strongly because Ag is primarily con-
trolled by sensible, latent, and radiative heat transfer efficiencies that
are, to a leading order, not sensitive to changes in thermal inertia.
The surface energy balance model as a diagnostic tool
The correspondence and difference between the surface tempera-
ture in the surface energy balance model and the surface tempera-
ture simulated by the climate model requires further clarification.
The surface energy balance model is a one-dimensional model for a
homogeneous surface, and thus, the surface temperature represents
a bulk temperature. In contrast, the surface temperature simulated
by the climate model is an “averaged” or “aggregated” surface tem-
perature of multiple surfaces/facets since the climate model considers
the energy balances for multiple surfaces/facets for both urban and
rural land. As a result, the surface energy balance model can be
viewed as a simplified version of the climate model and a diagnostic
tool for understanding the persistence of surface temperature simu-
lated by the more complicated climate model (45).

The air temperature in the surface energy balance model is also
different from the near-surface air temperature simulated by the cli-
mate model. The air temperature in the surface energy balance model
is a forcing for the bulk surface and thus better corresponds to the
atmospheric forcing temperature used to drive the climate model in-
stead of the simulated near-surface air temperature. In contrast, the
near-surface air temperature simulated by the climate model can be
viewed as an interpolated temperature between the surface tempera-
ture and the atmospheric forcing temperature (either following the
well-established Monin-Obukhov similarity theory or some empirical
parameterizations or a combination of both). Hence, with the atmo-
spheric forcing anomalies viewed as white noise, the day-to-day vari-
ability of near-surface air temperature simulated by the climate model
largely follows the day-to-day variability of surface temperature simu-
lated by the climate model, but damped by the mixing power of atmo-
spheric turbulence (45). This provides the theoretical basis for using
the surface energy balance model to qualitatively diagnose the persis-
tence of near-surface air temperature simulated by the climate model.

(18)

A decorrelation timescale that does not invoke the

red-noise approximation

A decorrelation (or integral) timescale can be defined without a
priori assuming that temperature anomalies follow a red-noise pro-
cess, as follows (23, 24)

Ty=1+2 (19)

M=

( 1- 1% )AC(L)

L=1

where L is the lag ranging from 1 to N and AC(L) is the autocorrela-
tion at lag L. Unlike the I" estimated from lag-1 autocorrelation,
which indicates short-term memory, the decorrelation timescale T,
encodes all the information about the autocorrelation, including
long-term memory effects (14).

Figure S4 shows the results for 8T,/T, computed with N = 90.
The broad pattern of 8T,/T, remains similar to 8I'/T", although T,
and I are different. Hence, the main conclusions here are not affected
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by the red-noise approximation. Note that for continuous time
series with N — oo, T, =142 I;o AC(t)dr. For the specific choice
of an exponential autocorrelation function usually associated with a
first-order autoregressive process, To = 1 + 2I'.

Supplementary Materials
This PDF file includes:
Figs. S1to S4

REFERENCES AND NOTES

1. E.Kalnay, M. Cai, Impact of urbanization and land-use change on climate. Nature 423,
528-531 (2003).

2. L.M.Zhou, R. E. Dickinson, Y. H. Tian, J. Y. Fang, Q. X. Li, R. K. Kaufmann, C. J. Tucker,

R. B. Myneni, Evidence for a significant urbanization effect on climate in China.
Proc. Natl. Acad. Sci. U.S.A. 101, 9540-9544 (2004).

3. L.Zhao, X. Lee, R. B. Smith, K. Oleson, Strong contributions of local background climate to
urban heat islands. Nature 511, 216-219 (2014).

4. D.Li,W.Liao, A. J. Rigden, X. Liu, D. Wang, S. Malyshev, E. Shevliakova, Urban heat island:
Aerodynamics or imperviousness? Sci. Adv. 5, eaau4299 (2019).

5. G.Manoli, S. Fatichi, M. Schlapfer, K. L. Yu, T. W. Crowther, N. Meili, P. Burlando, G. G. Katul,
E. Bou-Zeid, Magnitude of urban heat islands largely explained by climate and
population. Nature 573, 55-60 (2019).

6. T.R.Oke, G. Mills, A. Christen, J. A.Voogt, in Urban Climates (Cambridge Univ. Press, 2017).

7. S.Hajat, T. Kosatky, Heat-related mortality: A review and exploration of heterogeneity.

J. Epidemiol. Community Health 64, 753-760 (2010).

8. R.Basu, J. M. Samet, Relation between elevated ambient temperature and mortality: A
review of the epidemiologic evidence. Epidemiol. Rev. 24, 190-202 (2002).

9. S.Hajat, B. Armstrong, M. Baccini, A. Biggeri, L. Bisanti, A. Russo, A. Paldy, B. Menne,

T. Kosatsky, Impact of high temperatures on mortality. Epidemiology 17, 632-638 (2006).

10. B.G. Anderson, M. L. Bell, Weather-related mortality: How heat, cold, and heat waves
affect mortality in the United States. Epidemiology 20, 205-213 (2009).

11. B.G. Anderson, M. L. Bell, Heat waves in the United States: Mortality risk during heat
waves and effect modification by heat wave characteristics in 43 U.S. communities.
Environ. Health Perspect. 119,210-218 (2011).

12. K.Hasselmann, Stochastic climate models Part |. Theory. Tellus 28, 473-485 (1976).

13. C.Frankignoul, K. Hasselmann, Stochastic climate models .2. Application to sea-surface
temperature anomalies and thermocline variability. Tellus 29, 289-305 (2022).

14. H.Von Storch, F.W. Zwiers, Statistical Analysis in Climate Research (Cambridge Univ. Press,
2002).

15. S.G. Dobrovolski, Stochastic Climate Theory: Models and Applications (Springer Science &
Business Media, 2013).

16. J.Y.Li, D.W.J. Thompson, Widespread changes in surface temperature persistence under
climate change. Nature 599, 425-430 (2021).

17. S.Lovejoy, D. Schertzer, The Weather and Climate: Emergent Laws and Multifractal Cascades
(Cambridge Univ. Press, 2018).

18. R.W.Katz, Statistical evaluation of climate experiments with general circulation models:
A parametric time series modeling approach. J. Atmos. Sci. 39, 1446-1455 (1982).

19. A.Bunde, J. F. Eichner, J. W. Kantelhardt, S. Havlin, Long-term memory: A natural
mechanism for the clustering of extreme events and anomalous residual times in climate
records. Phys. Rev. Lett. 94, 048701 (2005).

20. E.Koscielny-Bunde, A. Bunde, S. Havlin, H. E. Roman, Y. Goldreich, H.-J. Schellnhuber,
Indication of a universal persistence law governing atmospheric variability. Phys. Rev. Lett.
81,729-732(1998).

21. A.Kirdly, I. M. Janosi, Stochastic modeling of daily temperature fluctuations. Phys. Rev. E
Stat. Nonlin. Soft Matter Phys. 65, 051102 (2002).

22. |.Bartos, |. Janosi, Atmospheric response function over land: Strong asymmetries in daily
temperature fluctuations. Geophys. Res. Lett. 32, (2005).

23. K.E.Trenberth, Some effects of finite sample size and persistence on meteorological
statistics. Part I: Autocorrelations. Mon. Weather Rev. 112, 2359-2368 (1984).

24. K.E.Trenberth, Some effects of finite sample size and persistence on meteorological
statistics. Part II: Potential predictability. Mon. Weather Rev. 112, 2369-2379 (1984).

25. T.L.Jackson, J.J. Feddema, K. W. Oleson, G. B. Bonan, J. T. Bauerc, Parameterization of
urban characteristics for global climate modeling. Ann. Assoc. Am. Geogr. 100, 848-865
(2010).

26. L.Wang, M. Huang, D. Li, Where are white roofs more effective in cooling the surface?
Geophys. Res. Lett. 47, €2020GL087853 (2020).

27. D.Li, E. Bou-Zeid, Synergistic interactions between urban heat islands and heat waves:
The impact in cities is larger than the sum of its parts. J. App. Meteorol. Climatol. 52,
2051-2064 (2013).

8of9

%20z ‘0T |1dy uo uopuoaba|joD A1sleAlun e Blo'aous os Mamm//:sdny Woly papeojumoq



SCIENCE ADVANCES | RESEARCH ARTICLE

28. G.Danabasogluy, J. F. Lamarque, J. Bacmeister, D. A. Bailey, A. K. DuVivier, J. Edwards,

L. K. Emmons, J. Fasullo, R. Garcia, A. Gettelman, C. Hannay, M. M. Holland, W. G. Large,
P. H. Lauritzen, D. M. Lawrence, J. T. M. Lenaerts, K. Lindsay, W. H. Lipscomb, M. J. Mills,
R. Neale, K. W. Oleson, B. Otto-Bliesner, A. S. Phillips, W. Sacks, S. Tilmes,

L. van Kampenhout, M. Vertenstein, A. Bertini, J. Dennis, C. Deser, C. Fischer,

B. Fox-Kemper, J. E. Kay, D. Kinnison, P.J. Kushner, V. E. Larson, M. C. Long, S. Mickelson,
J. K. Moore, E. Nienhouse, L. Polvani, P. J. Rasch, W. G. Strand, The community earth
system model version 2 (CESM2). J. Adv. Model. Earth Syst. 12, e2019MS001916 (2020).

29. D.M. Lawrence, R. A. Fisher, C. D. Koven, K. W. Oleson, S. C. Swenson, G. Bonan, N. Collier,

B. Ghimire, L. van Kampenhout, D. Kennedy, E. Kluzek, P. J. Lawrence, F. Li, H. Y. Li,

D. Lombardozzi, W. J. Riley, W. J. Sacks, M. J. Shi, M. Vertenstein, W. R. Wieder, C. G. Xu,

A. A. Ali, A. M. Badger, G. Bisht, M. van den Broeke, M. A. Brunke, S. P. Burns, J. Buzan,

M. Clark, A. Craig, K. Dahlin, B. Drewniak, J. B. Fisher, M. Flanner, A. M. Fox, P. Gentine,

F. Hoffman, G. Keppel-Aleks, R. Knox, S. Kumar, J. Lenaerts, L. R. Leung, W. H. Lipscomb,

Y. Q. Ly, A. Pandey, J. D. Pelletier, J. Perket, J. T. Randerson, D. M. Ricciuto, B. M. Sanderson,
A.Slater, Z. M. Subin, J. Y. Tang, R. Q. Thomas, M. V. Martin, X. B. Zeng, The community land
model version 5: Description of new features, benchmarking, and impact of forcing
uncertainty. J. Adv. Model Earth Syst. 11, 4245-4287 (2019).

30. K.W.Oleson, G.B.Bonan, J. Feddema, M. Vertenstein, C. S. B. Grimmond, An urban
parameterization for a global climate model. Part I: Formulation and evaluation for two
cities. J. App. Meteorol. Climatol. 47, 1038-1060 (2008).

31. K.W.Oleson, G. B. Bonan, J. Feddema, M. Vertenstein, An urban parameterization for a
global climate model. Part II: Sensitivity to input parameters and the simulated urban
heat island in offline Simulations. J. App. Meteorol. Climatol. 47, 1061-1076 (2008).

32. K.W.Oleson, G.B.Bonan, J. Feddema, T. Jackson, An examination of urban heat island
characteristics in a global climate model. Int. J. Climatol. 31, 1848-1865 (2011).

33. K.W.Oleson, Contrasts between urban and rural climate in CCSM4 CMIP5 climate change
scenarios. J. Climate 25, 1390-1412 (2012).

34. K.W.Oleson, J. Feddema, Parameterization and surface data improvements and new
capabilities for the community land model urban (CLMU). J. Adv. Model. Earth Syst. 12,
€2018MS001586 (2020).

35. J.R. Garratt, The Atmospheric Boundary Layer. Cambridge Atmospheric and Space Science
Series (Cambridge Univ. Press, 1992), xviii, p. 316 pp.

36. R.B.Stull, An Introduction to Boundary Layer Meteorology (Kluwer Academic Publishers,
1988), 670 pp.

37. W.Brutsaert, Hydrology: An Introduction (Cambridge Univ. Press, (2012), 605 pp.

38. S. M. Bateni, D. Entekhabi, Relative efficiency of land surface energy balance components.
Water Resour. Res. 48, (2012).

39. C.M.Bhumralkar, Numerical experiments on the computation of ground surface temperature
in an atmospheric general circulation model. J. App. Meteorol. Climatol. 14, 1246-1258 (1975).

40. A.K.Blackadar, Modeling the nocturnal boundary layer, in Proceedings of the Third
Symposium on Atmospheric Turbulence, Diffusion, and Air Quality (American
Meteorological Society, 1976).

Lietal, Sci. Adv. 10, eadj7398 (2024) 10 April 2024

41. R.E.Dickinson, The force-restore model for surface temperatures and its generalizations.
J. Climate 1, 1086-1097 (1988).

42. M. Pattantyus-Abraham, A. Kirdly, . M. Janosi, Nonuniversal atmospheric persistence:
Different scaling of daily minimum and maximum temperatures. Phys. Rev. E Stat. Nonlin.
Soft Matter Phys. 69, 021110 (2004).

43. H.Shi, F-F.Jin, R. C.J. Wills, M. G. Jacox, D. J. Amaya, B. A. Black, R. R. Rykaczewski,
S. J. Bograd, M. Garcia-Reyes, W. J. Sydeman, Global decline in ocean memory over the
21st century. Sci. Adv. 8, eabm3468 (2022).

44. C.Deser, M. A. Alexander, M. S. Timlin, Understanding the persistence of sea surface
temperature anomalies in midlatitudes. J. Climate 16, 57-72 (2003).

45. Y.Qin, W. Liao, D. Li, Attributing the urban-rural contrast of heat stress simulated by a
global model. J. Climate 36, 1805-1822 (2023).

Acknowledgments: The work used resources of the National Energy Research Scientific
Computing Center (NERSC), a U.S. Department of Energy Office of Science User Facility located
at Lawrence Berkeley National Laboratory, operated under contract no. DE-AC02-05CH11231.
We also acknowledge the high-performance computing support from Cheyenne (https://doi.
0rg/10.5065/D6RX99HX) and Derecho (https://doi.org/10.5065/qx9a-pg09) provided by
NCAR'’s Computational and Information Systems Laboratory, sponsored by the National
Science Foundation. Funding: This research was supported by the U.S. Department of Energy,
Office of Science, as part of research in MultiSector Dynamics, Earth and Environmental System
Modeling Program. D.L. acknowledges support from the U.S. National Science Foundation
(NSF-ICER-1854706) and the Alexander von Humboldt Foundation. W.L. is supported by the
National Natural Science Foundation of China (grant 42271419).T.S. is supported by UKRI
NERC Independent Research Fellowship (NE/P018637/2). E.B.-Z. is supported by the U.S. Army
Research Office under contract W911NF2010216 and by Princeton’s Innovation Fund for
Exploratory Energy Research. G.K. acknowledges support from the U.S. National Science
Foundation (NSF-AGS-2028633) and the U.S. Department of Energy (DE-SC0022072). Author
contributions: D.L.: Conceptualization, investigation, methodology, resources, funding
acquisition, data curation, validation, supervision, formal analysis, software, project
administration, visualization, writing—original draft, and writing—review and editing. L.W.:
Investigation and software. W.L.: Validation, software, and visualization. T.S.: Conceptualization
and writing—review and editing. G.K.: Conceptualization, methodology, and formal analysis.
E.B.-Z.: Conceptualization, methodology, and writing—review and editing. B.M.: Writing—
review and editing. Competing interests: The authors declare that they have no competing
interests. Data and materials availability: All data needed to evaluate the conclusions in the
paper are present in the paper and/or the Supplementary Materials. The code can be found at
https://doi.org/10.5281/zenodo.10710139 and https://github.com/IMMM-SFA/li-etal_2023_SA.

Submitted 13 July 2023
Accepted 7 March 2024
Published 10 April 2024
10.1126/sciadv.adj7398

90of9

%20z ‘0T |1dy uo uopuoaba|joD A1sleAlun e Blo'aous os Mamm//:sdny Woly papeojumoq


https://doi.org/10.5065/D6RX99HX
https://doi.org/10.5065/D6RX99HX
https://doi.org/10.5065/qx9a-pg09
https://doi.org/10.5281/zenodo.10710139
https://github.com/IMMM-SFA/li-etal_2023_SA

	Persistent urban heat
	INTRODUCTION
	RESULTS
	Quantifying temperature persistence in a global climate model
	Urban-rural contrasts of temperature persistence
	A surface energy balance theory
	Further increases in urban near-surface air temperature persistence

	DISCUSSION
	MATERIALS AND METHODS
	Numerical simulations
	Near-surface air temperature and surface temperature
	Autocorrelation
	Spectrum
	Spatial averaging

	A surface energy balance theory for daily temperature persistence
	The interpretation and estimation of Γ
	Changes in Γ due to further increases in urban thermal inertia
	The surface energy balance model as a diagnostic tool

	A decorrelation timescale that does not invoke the red-noise approximation

	Supplementary Materials
	This PDF file includes:

	REFERENCES AND NOTES
	Acknowledgments


