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Abstract1 

           Adapting a personality-related measure to another language promotes 

personality theories through cross-cultural studies and enhances the fairness of 

testing. This thesis aims to adapt and validate different personality-related 

measures for use in the Kuwaiti population. Starting with a scoping review in 

Kuwait, the results pointed out two important conclusions: a) newly developed 

personality paradigms (e.g., trait emotional intelligence and belimp theory) were 

given less attention by researchers than their conventional counterparts such as 

the Big Five, and b) explicit measures dominated the field of personality 

assessment. Accordingly, we adapted two explicit measures (Trait Emotional 

Intelligence Questionnaire – Short Form and belimp inventory) and one implicit 

measure (Big Five IAT), following the ITC (2017) guidelines. In addition, we 

attempted to construct the first implicit trait EI assessment through the trait EI 

IAT. To this end, we conducted several pilot investigations with a total sample of 

493 participants followed by two main studies (n1 = 1458, n2 = 314). For the 

adaptation of the TEIQue-SF, the findings supported a bi-factor structure, with 

robust psychometric properties. For the belimp inventory, we proposed a new 

factor structure comprising three clusters of life domains, which was supported 

by our data. Further, we introduced implicit personality assessment in Kuwaiti 

psychology, developing appropriate and robust measures to assess it (Big Five 

 
1 The editorial ‘we’ is used throughout the thesis for clarity of expression. The thesis was written solely by 
me, although I gratefully acknowledge the input of my supervisors in some of the ideas and their 
expression herein. 
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and trait EI IATs). Overall, we believe the present thesis makes a significant and 

much needed contribution to the broad domains of personality and 

psychometrics in Kuwait. 
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Impact Statement 

The dissertation presents significant contributions to both academic and 

non-academic communities. The primary focus of the project is to adapt and 

validate personality-related measures for use in the Kuwaiti population, but the 

findings have far-reaching implications in local, regional, and international 

psychology literature. The academic contributions are theoretical, 

methodological, and practical, expanding the current literature on trait EI, belimp 

theory, and implicit personality assessment by including results from Kuwait, an 

under-represented country in the world literature. These results offer an 

opportunity for cross-cultural studies to researchers around the world. The 

methodology used, including scoping reviews and comprehensive adaptation 

guidelines, can help researchers advance their research in Kuwait and 

comparable countries. 

The contributions to academic practice cannot be isolated from those 

mentioned above. The validated measures adapted and constructed in this 

dissertation can help researchers assess different personality constructs 

accurately. Furthermore, the findings can benefit individuals and organizations. 

For Kuwaiti individuals, a validated adaptation of the TEIQue-SF to assess their 

emotion-related self-perceptions can help them understand their trait EI better 

and improve it to experience positive outcomes. The introduction of a non-typical 

measurement method, IAT, to assess their implicit personality, can also benefit 
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individuals by providing a novel tool to understand where they stand in terms of 

the construct of interest. 

For Kuwaiti organizations, the dissertation provides a reliable and valid 

measure to assess different personality constructs accurately. The findings also 

show the importance of trait EI in the workplace and how it relates to different 

job-related outcomes. The comprehensive tool to assess belimp theory can help 

with behavior modification in numerous settings, including clinical, educational, 

and organizational. Organizations are urged to pay more attention to personality 

aspects and introduce policies to better understand their employees' 

personalities. 

Overall, the dissertation presents significant contributions to both 

academic and non-academic communities, including theoretical, methodological, 

and practical implications. The findings can help researchers around the world 

understand personality constructs in Kuwait and comparable countries, benefit 

individuals by providing them with validated measures to understand their trait EI 

and implicit personality and urge organizations to pay more attention to 

personality aspects in the workplace. 
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Chapter 1: Introduction to the Dissertation 

The main goals for the current dissertation are to: a) review what personality-

related measures have been adapted and used in Kuwait; b) adapt and 

psychometrically validate explicit personality-related instruments (self-report 

measures; belief-importance theory (belimp) inventory and the Trait Emotional 

Intelligence Questionnaire – Short Form (TEIQue-SF); c) adapt and 

psychometrically validate an implicit measure of the Big Five (Big Five 

Personality Implicit Association Test; IAT); and d) develop a new trait emotional 

intelligence IAT. 

In line with these aims, four studies were conducted. The first study aimed to 

present a scoping review of adapted personality-related measures in Kuwait. The 

scoping review identifies deficits in the literature and provides us with a rationale 

for the rest of the dissertation as well as safeguards for its originality. 

The rest of the studies concerned the adaptation of the TEIQue-SF to 

Kuwaiti-Arabic, belimp inventory, and the Big Five Personality IAT. We also 

discuss an initial effort to construct the first trait EI IAT measure in the 

international literature. These studies present investigations of the psychometric 

properties of the foregoing measures in Kuwaiti samples. 

In the final chapter of this dissertation, we present a summary, along with 

implications for theory, methodology, and policy and practice as well as avenues 

for future research on the topics we have investigated. 
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1.1–Background to the Research 

In this section, we will introduce the fields of the study, which will be later 

discussed in more detail in Chapter 2. 

1.1.1–Scoping review 

 Shibayama and Wang (2020) conceptulised originality as the degree to 

which research provides subsequent findings that have not been presented in the 

existing literature. Thus, it is one of the most important criteria for a successful 

dissertation. One way to ensure that, is through literature scoping review, which 

refers to a systematic approach to scientific literature searches for the purpose of 

identifying knowledge gaps (Arksey & O’Malley, 2005). 

To elaborate, we wanted to identify what personality-related measures 

have been adapted specifically for use in Kuwait. Studying personality within a 

specific culture is important because it allows us to understand how cultural 

norms and values shape an individual's personality traits, and how those traits in 

turn influence behaviour and interactions within that culture. It also allows for 

comparisons to be made across cultures, which can provide insight into the 

universality and cultural specificity of personality characteristics. With that being 

said, researchers will not be able to study the aforementioned without a reliable 

and valid measure. 

In addition, we wanted to collect information about the most widely studied 

constructs along with their measurement instruments (using explicit or implicit 

measures) and information about what adaptation procedures were followed by 
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researchers. Furthermore, we wanted to summarise the approaches toward 

assessing the psychometric properties of these measures. Noteworthy, we did 

not aim to produce any synthesised result (e.g., effect size) such as is the case in 

systematic reviews and meta-analyses. 

Thus, the scoping review was a more appropriate approach than 

systematic review as suggested by Munn et al. (2018) for the purposes 

mentioned above. We followed Arksey and O’Malley’s (2005) five-stage 

framework for scoping reviews: 1) specifying our questions; 2) identifying 

relevant studies; 3) selecting studies based on certain inclusion criteria; 4) 

charting the information obtained from the included studies; and 5) reporting the 

findings. 

1.1.2–Cultural adaptations of measures 

 Cultural adaptations of personality measures have been very popular in 

the last couple of decades among personality reseacrhers. One is the increasing 

interest in cross-cultural comparisons across different personality constructs. 

Also, it enhances the fairness in testing and allow participants to take the tests in 

their preferred languages (Hambleton & Patsula, 1998). Although it is a clearly 

growing literature, yet there is no global consensus on the best cultural 

adaptation guidelines for researchers (Epstein et al., 2015). 

Researchers use the two terms, “translate” and “adapt”, to describe the 

process of transferring a test from its original language to another. The 

International Test Commission (ITC, 2017) argued that the two terms are distinct. 
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Specifically, the term “adapt” is broader and refers to a set of systematic 

procedures followed by researchers to make a test accessible for individuals with 

different backgrounds (e.g., who speaks another mother language than the 

original test language). 

Consequently, the ITC (2017) published comprehensive test adaptation 

guidelines to organise the adaptation practice among international researchers. 

These guidelines are detailed, as we will show in the next chapter, covering six 

important categories from decisions to be made prior to the adaptation process, 

to validating the scores obtained with the adapted measure. It is also worth 

noting that these guidelines are accompanied by a checklist proposed by 

Hernández and colleagues (2020), to clarify any ambiguities in the guidelines. 

After our careful review and consideration of the literature on cultural 

adaptation (e.g., AERA, APA, & NCME, 2014; Beaton et al., 2000; Epstein et al., 

2015; ITC, 2017), we decided to rely on the ITC (2017) guidelines to culturally 

adapt our identified measures. This was to ensure that we are following 

systematic, well-established procedures. Moreover, we wanted to show that the 

ITC (2017) guidelines are applicable and suitable for future cultural adaptations 

projects. 

1.1.3–Explicit and implicit personality 

 Self-report measures are the most popular in personality psychology field. 

In this type of measures, we ask the participant to directly answer a specific 

question, so that inferences about his personality can be made. This direct 
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measurement method is scientifically viewed as an explicit measure, loosely 

corresponding to the explicit aspect of personality, which is one’s deliberate and 

conscious views about their personality.  

Not surprisingly, numerous personality paradigms rely on these self-report 

measures such as the Big Five factor of personality (Costa & McCrae, 2008) and 

the four-factor model of trait EI (Petrides, 2009). Thus, explaining the importance 

of such measures in the field of personality psychology. In Chapter 3, we will 

show that this type of measurement methods is also the most popular in Kuwait. 

However, in this dissertation, we will focus on the under-researched constructs 

and adapt their corresponding explicit measures in Kuwait (e.g., TEIQue-SF and 

Belimp inventory). 

 In another measurement method (e.g., implicit association tests; IAT), we 

ask the participant to perform a certain task, so that inferences can be made 

based on his performance on the task. This method is scientifically viewed as an 

implicit measure, corresponding to the implicit aspect of personality, which refers 

to one’s unconscious personality. 

 The most popular implicit measure is the IAT (Greenwald et al., 1998). 

This test was originally developed to assess implicit attitudes and was not meant 

for implicit personality. That is until Greenwald and Farnham (2000) introduced it 

to the field of personality assessment. In this dissertation, we aim to introduce 

this measurement method to the Kuwaiti population. 
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1.1.4–Psychometric properties of measures 

 The quality of devices used in medical diagnosis is always a concern 

because these devices play a crucial role in the patient’s health-related 

decisions. One way to assess device quality is through comparing the results 

from multiple devices that are meant to measure the same attribute (e.g., blood 

pressure). In psychology, this process is referred to as the assessment of the 

psychometric properties of a measure. To elaborate, the psychometric properties 

of a measure refer to the quality of results obtained from that measure (Hubley & 

Zumbo, 2013). It is important to check these properties because the implications 

that can be drawn based on certain measures are highly affected by them (Furr, 

2011). 

 The most common psychometric properties are dimensionality, reliability, 

and validity of the scores obtained by the measure. Simply put, VandenBos 

(2007) defined dimensionality as the number of dimensions represented by 

certain items in a psychological construct. There are several ways to assess the 

dimensionality of a measure as we will elaborate in Chapter 2. 

 The latter two terms, reliability, and validity are features of scores obtained 

by a certain measure. That is, how reliable/valid is this score that is obtained 

using a certain measure. There are also several ways to assess the two as we 

will discuss in Chapter 2. 

 Because this dissertation is aiming to adapt and validate some 

personality-related measures in Kuwait, we will examine the psychometric 
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properties of each of them along the chapters. This step is important as further 

implications will be suggested by the end of this dissertation, specially, for 

practice and policy makers. That is to make sure that we are introducing novel 

measures with acceptable qualities (i.e., psychometric properties) to the Kuwaiti 

population. 

1.2–Research Problem 

 As we will show in chapter three, there is a dearth of evidence related to 

the adaptation of well-established personality related measures to Kuwaiti-

Arabic. In fact, much of the attention has been paid to measures concerning 

psychological constructs like Anxiety, Shyness, and Depression. This is why we 

are not only aiming to adapt measures of newer constructs, but also aiming to 

focus on well-established personality paradigms. For example, the concept of 

emotional intelligence has been introduced to the Kuwaiti psychology field in 

several studies (e.g., Al-Nasser & Al-Enezy, 2018; AlDosiry et al., 2016; 

Alkhadher, 2007), however, these studies either relied on the ability model or the 

mixed model of emotional intelligence. 

 Belimp theory has not yet been introduced to Kuwaiti psychology. In fact, 

this theory has only been studied in the United Kingdom, and therefore, we are 

considering the belimp inventory in our dissertation to introduce it to the Kuwaiti 

psychology field, but also to contribute to the development of the theory, more 

broadly, by testing it in a different population. 
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 Our scoping review results revealed that researchers have only been 

adapting explicit-nature personality and psychological measures. In fact, we 

could not identify any implicit-personality related studies in the literature in 

Kuwait. One potential reason for that is the lack of implicit measures in Kuwait. 

This explains why we are interested in adapting (e.g., Big Five IAT) and 

constructing (e.g., trait EI IAT) implicit-nature personality measures, which will 

also introduce the concept of implicit personality to the Kuwaiti psychology field. 

1.3–Overview of Methodology 

 Throughout this dissertation, we applied a mixed-method design for the 

purposes of this project. For example, qualitative approaches were implemented 

for the scoping review and for the cultural adaptation process, while quantitative 

approaches were implemented to assess the psychometric properties of the 

adapted measures, SEM, and hypotheses testing. This research design provides 

a more holistic understanding of the research by exploring it from multiple 

perspectives. Additionally, it can also help to address limitations in one type of 

research method by complementing it with another method. 

 Different sampling methods were also implemented, depending on the 

purpose of the study. For instance, we used a purposive sampling method to 

recruit participants to our pilot studies, as we wanted to ensure that our pilot 

sample comprises participants with an acceptable knowledge level. 

 We used a convenience sampling method to recruit our main study’s 

sample (i.e., university-level students) for two main reasons. The first is because 
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our planned statistical analyses for the main study (e.g., bi-factor modelling in 

Study 1 of Chapter 4) demanded a large sample size (Bader et al., 2022; Wolf et 

al., 2013). The second is related to the COVID-19 lockdown restrictions in Kuwait 

at the time. Obviously, some of our measures (e.g., Big Five IAT, and trait EI IAT) 

required certain applications to work, and participants should be able to access a 

computer (or a laptop) to perform the IAT tasks as of Chapter 6. Due to these 

restrictions, we were only able to access university students in Kuwait for this 

particular study.  

Finally, we used a non-proportional quota sampling method to recruit our 

professionals sample for Study 2 of Chapter 4. This is because we wanted to 

ensure that our sample comprises a sufficient number of participants per 

profession group. Although we tried to maintain the balancing between the 

groups, it is worth mentioning that we did not apply a proportional quota sampling 

method here because we were not able to identify the exact population size for 

each group. 

1.4–Outline of the Dissertation 

 The layout of the present dissertation resembles the overall aim of the 

dissertation, as conducted through different research designs and samples. The 

chapters included in this dissertation are summerised as follows: 

1.4.1–Chapter 2: Literature Review 

 This chapter covers the literature on scoping reviews, cultural adaptation 

practices, relevant personality theories and paradigms, such as belief-importance 
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(belimp) theory, trait emotional intelligence, and the Big Five factors of 

personality. Also, we present the theoretical basis for implementing different 

approaches in this project, such as the scoping review at the beginning of the 

project, and certain psychometric data analytic approaches (e.g., why omega 

may be preferable instead of alpha as an index of internal consistency for the 

global trait EI score). 

1.4.2–Chapter 3: Adapted Personality-Related Measures in Kuwait – A 

Scoping Review 

 This chapter explores the personality measures adapted for use in Kuwait. 

In addition, we reviewed the adaptation guidelines used by the researchers to 

adapt and assess the psychometric properties of the relevant measures. The 

findings presented in this chapter guided us toward novel and original 

personality-related measures that are currently unavailable to Kuwaiti 

psychologists. Accordingly, these measures will be adapted and validated in the 

subsequent chapters for use in Kuwait. 

1.4.3–Chapter 4: Adapting and Exploring the Psychometric Properties of 

the Kuwaiti Trait Emotional Intelligence Questionnaire – Short Form 

(TEIQue-SF) 

 This chapter comprises three studies: a pilot investigation with a total of 

200 participants, Study 1 including 1458 university-level students, and Study 2 

including 314 professionals. The aims of this chapter were to adapt the original 

TEIQue-SF into Kuwaiti-Arabic, and to validate it for use in Kuwaiti population. 
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The findings presented in this chapter were aligned with the relevant literature, 

thus supporting the proposed factorial structure of the measure for use in Kuwait. 

The measure adapted in this chapter will then be used as a criterion in the 

following chapters to fulfil their aims. 

1.4.4–Chapter 5: Adapting and Exploring the Psychometric Properties of 

the Kuwaiti Belimp Inventory 

 This chapter comprises two studies: a pilot investigation with a total of 138 

participants, and the main study including 1458 university-level students. The 

aims of this chapter were to adapt the original belimp inventory into Kuwaiti-

Arabic, and to validate the measure for use in Kuwaiti population. In addition, we 

aimed to test the central belimp theory using the adapted measure. The findings 

presented in this chapter will feed into the existing belimp theory literature in 

unique ways as we will show in the chapter. 

1.4.5–Chapter 6: Introducing Implicit Association Tests of Personality to 

Kuwait 

 The main aim of this chapter is to introduce the concept and measures of 

implicit personality to the Kuwaiti population. It comprises different pilot studies 

with a total sample size of 155 participants along with a main study of 1458 

university-level students. We adapted and validated the Big Five IAT and trait EI 

IAT for use in Kuwaiti samples. The findings revealed that the two aspects (i.e., 

explicit and implicit) of personality represent two distinct personality constructs, 
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not necessarily related, which is aligned with some findings in the literature. The 

implications and future directions were discussed at the end of the chapter. 

1.4.6–Chapter 7: Summary of the Research 

 The last chapter of this dissertation provides a chapter-by-chapter recap. 

Briefly, we discuss the main conclusions, implications, and recommendations for 

theory, methodology, policy makers, and future research. 
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Chapter 2: Literature Review 

2.1–Introduction 

 The present chapter summarise the literature review on the key concepts 

covered in this dissertation. Firstly, we introduce the scoping review methodology 

and contrast it with systematic reviews and meta-analytic studies. We also 

discuss the appropriateness of this methodology for our specific purposes, which 

are: 1) Identifying the personality constructs that have been researched in 

Kuwait, 2) Identifying the personality measures that have been adapted into 

Kuwaiti Arabic, and 3) Identifying the adaptation designs that researchers have 

followed in Kuwait. 

 Then, we discuss the concept of measure’s cultural adaptation. Briefly, we 

compare and contrast the most popular guidelines in the field (e.g., Beaton et al., 

2000; Bonomi et al., 1996; Guillemin et al., 1993; ITC, 2017) to identify the most 

suitable and comprehensive for our project. We consider current standards for 

educational and psychological testing (AERA, APA, & NCME, 2014) to ensure 

that our cultural adaptation design is aligned with them. 

 In addition, we present key personality paradigms and theories that can be 

tested by the measures adapted in this project. These are, the belief-importance 

(belimp) theory, Petrides’ (2009) four-factor model of trait EI, and Costa and 

McCrae’s (2008) five-factor model of personality. Furthermore, we introduce the 

implicit association tests (IATs) for use in assessing implicit personality. Thus, we 

present the key differences between explicit and implicit personality, and how 
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each construct is measured. We also show how the personality-related implicit 

association tests are designed and presented to participants. Also, we discuss 

how IAT scores are obtained and interpreted. 

 Finally, we summarise the relevant literature regarding evaluating the 

psychometric properties of the measure. Specifically, we will contrast between 

several ways to assess a measure’s factorial structure (e.g., exploratory and 

confirmatory factor analysis). We also introduce another novel approach in the 

form of exploratory structural equation modelling. Lastly, we briefly discuss the 

concepts of reliability and validity, so that all of the data-analytic procedures 

implemented in our study are justified. 

2.2–Scoping Review 

2.2.1–Introduction to Scoping Review 

 One way to identify new topics and developments within a field is to 

search the literature. Scoping reviews offer a systematic approach to searching 

literature and identifying new research topics or gaps. Further, they are 

considered transparent methods for summarising the literature. Although this 

approach is increasingly popular in systematic literature searches, there is no 

universal definition for it (Arksey and O’Malley, 2005; Pham, 2014). However, 

scoping reviews are a technique for mapping literature in an effort to gain 

knowledge. 
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2.2.2–Scoping Review Framework 

 Arksey and O’Malley (2005) adopted a five-stage framework for scoping 

reviews. The first stage identifies the research questions and guides the 

construction of search strategies for the study. For example, if the goal is to 

identify the measures adapted in Kuwait, several terminologies related to the 

term ‘measure’ may exist, such as tests, instruments, and scales. In the second 

stage, the goal is to identify relevant studies. This stage searches different 

sources, such as electronic databases, reference lists, electronic journals, 

existing networks, and relevant organisations and conferences, for published and 

unpublished studies. The third stage concerns the study selection. This stage 

considers the inclusion and exclusion criteria for each study located in the 

previous stage. The fourth stage charts the data and records study-related 

information, such as details about the authors, constructs being measured, and 

the study results. The final stage aims to organise, summarise, and report the 

results. Unlike meta-analyses, this stage does not include the synthesis of a 

single value from different studies (Munn et al., 2018). Instead, the goal is to 

answer research questions that are qualitative in nature. Notably, there is an 

optional consultation exercise stage that is used to validate the scoping review 

findings. 

2.2.3–When to Use Scoping Review? 

Munn et al. (2018) proposed six indications designating the scoping 

review more appropriate than a systematic review. The first indication is that the 
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researcher aims to identify available evidence in a specific field. For example, a 

researcher may aim to identify tests used to measure anxiety levels in healthy 

adults. The second indication is the aim to illustrate the definitions in the 

literature. For instance, a researcher may aim to uncover definitions of ‘test 

adaptation’ by others in the field. The third indication is the aim to survey specific 

literature to uncover methods of research within the field. Expressly, the 

researcher aims to determine the adaptation procedures followed by others to 

identify any methodological inconsistencies. The fourth indication is the aim to 

identify factors related to a specific concept. The fifth indication is the aim to 

identify and analyse gaps within the field. For example, a research goal may be 

to identify what has not been performed during the test adaptation process. The 

last indication is the scoping review serving as a forerunner to a systematic 

review. If each of Munn et al.’s (2018) indications are satisfied, the scoping 

review should be chosen over the systematic review. 

In short, a scoping review aims to provide an overview or map of the 

existing literature on a particular topic, research area, or question of interest. It is 

a preliminary form of synthesis that aims to identify the breadth of available 

evidence, key concepts, theories, gaps in research, and types of evidence 

sources. Scoping reviews are particularly useful when examining emerging or 

complex topics where the literature may be heterogeneous or limited. 

While a systematic review, on the other hand, is a rigorous and 

comprehensive synthesis of primary research studies that aims to answer a 
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specific research question. It involves a systematic and transparent process of 

searching, selecting, appraising, synthesizing, and analyzing the available 

evidence. Systematic reviews employ strict methodological criteria to minimize 

bias and increase the reliability of the findings. 

 To ensure the originality of this research project, a scoping review on 

adapted personality-related measures in Kuwait was executed. This review 

follows the five-stage framework proposed by Arksey and O’Malley (2005). The 

aim of this scoping review is twofold: 1) to identify personality-related instruments 

adapted in Kuwait, and 2) to establish adaptation designs that are actively 

followed. Of note, this review does not aim to produce synthesised results to 

answer a specific question, as systematic reviews and meta-analyses intend. 

2.2.4–Why Does the Adaptation of a Measure Matter? 

One may question why not using any existing Arabic adapted measure in 

Kuwait, rather than focusing on adapting the measures within the Arabic Kuwaiti 

context. In short, using any non-Kuwaiti Arabic measures in Kuwait is not feasible 

for many reasons (Wrobel, 2015). First, the Arabic language is a collection of 

several formal and informal dialects (Abdul-Mageed, 2018; Habash, 2010). Each 

dialect has its own peculiarities of expressions that may not be expressible or 

understandable in other dialects depending on the geographic region (Zibb, 

2012). Where in such case, every item has its own significance and can affect 

the meaning of the item. Second, Kuwait is in the Arabian Peninsula that 

comprises multiple cultures (Harb, 2015). Cultural differences may lead to 



 40 

different psychometric properties. Furthermore, every population (i.e., culture) 

has its own unique norms. Researchers focusing on individuals’ interpretations 

will not be able to perform meaningful comparisons, if the norms do not exist 

within the intended culture. Consequently, adapting the measures with respect to 

each culture following a systematic way should be considered, rather than using 

a general measure for every culture. 

2.3–Cultural Adaptation Practices 

2.3.1–Introduction to Cultural Adaptation Practices 

 Over the last decades, there has been a considerably increasing interest 

in developing multi-language versions of the personality-related testing materials. 

Hambleton and Patsula (1998) anticipated this increasing interest as the 

international exchanges of tests are becoming more common, and the interest in 

cross-cultural research and international comparative studies is growing. 

Subsequently, researchers working with non-English speaking populations tend 

to translate and adapt established English language tests, as the majority of 

personality-related tests are originally developed in English. 

The two terms, “translate” and “adapt”, are often used in the literature to 

reflect the process of developing a test in one language from an established test 

to a second language. However, the two terms are distinct (ITC, 2017). The 

former means expressing the word in a foreign language. In contrast, the latter 

means making something suitable for a new use and possibly requiring some 

modifications. It is clear that the term adapt is a broader concept when it comes 
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to test development activities, as it refers to the “changes in tests that are made 

to increase a test’s accessibility for individuals who otherwise would face 

construct-irrelevant barriers on the original test” (AERA, APA, & NCME, 2014, p. 

215). Where the term translate is merely one of the test adaptation activities. In 

this introduction, the focus will be on test adaptation, which requires a 

combination of processes, including the translation (Borsa et al., 2012; 

Hambleton, 2001), to yield a test with comparable psychometric properties as the 

original. 

Adapting a test has advantages over developing a new one. For instance, 

it allows for cross-cultural comparative studies, where researchers can compare 

data from different samples and different backgrounds. Furthermore, it enables 

people to take tests in their preferred language, which boosts the validity and 

fairness of the assessment, in return (Hambleton & Patsula, 1998), as individuals 

are increasingly likely to live in multicultural and multilingual communities 

(Ercikan & Por, 2020). 

Even with the exponential increase in test adaptation practices, no global 

consensus has been reached on methodological guidance. One possible reason 

for this is dearth of empirical evidence on best adaptation practices. A review of 

thirty-one guidelines carried out by Epstein et al. (2015) concluded that there is 

no consensus regarding best guidance when adapting a test into another 

language due to lacking empirical evidence. The International Test Commission 

(ITC) started a project in 1994 to set a number of guidelines to provide a 
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methodological approach for researchers within the field. A later revised version 

of Guidelines for Translating and Adapting Tests (ITC, 2017) seems to be the 

most comprehensive work the ITC has done on the practice so far. The first 

edition of their guidelines was published by Van der Vijver and Hambleton 

(1996). The early edition received several helpful reviews (e.g., Jeanrie & 

Bertrand, 1999; Hambleton, 2001; Hambelton et al., 2004; Tanzer & Sim, 1999), 

which were addressed and considered to improve the guidelines in the second 

edition (ITC, 2017). 

2.3.2–Guidelines for Adapting Tests 

 The test adaptation process is habitually viewed as simple as translating 

the original test into another language of interest. This view neglects the fact of 

the cultural differences that may exist when translating a test into a different 

language. As a result, this will lead to some sources of error in the results (i.e., 

invalidity), which will be discussed in detail later, and may present biases in the 

results (Herdman et al., 1998). 

 Guillemin and his colleagues (1993) proposed cultural adaptation 

whenever differences among the culture, language, and/or country of use exist in 

the population of interest. With that being said, the cultural adaptation process 

should be applied whenever the test is administered on the targeted population 

that is different than the source population in, at least, one of the previously 

mentioned aspects (i.e., culture, language, and country). As mentioned before, 

there is no global consensus on the best guidance when considering test 
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adaptation. However, the most recent and used guidelines reviewed for this 

matter, are sharing commonalities with respect to the adaptation stages, in which 

they endeavour to ensure the equivalency among the adapted and the source 

tests (Beaton et al., 2000; ITC, 2017). Figure 1 illustrates the six stages proposed 

by the ITC (2017) and the three stages proposed by Beaton et al. (2000). These 

stages are broader than the popular forward and backward judgmental designs 

set by Guillemin et al. (1993) and Bonomi et al. (1996), which focus on forward 

and back-translation, reviewing the two versions, and pretesting them. 

Figure 1 

The Adaptation Stages Purposed by Beaton et al. (2000) and the ITC (2017) 

 
Note. Stages written in italic are shared between the two sources, while non-italic 
are mentioned only in the ITC (2017) 
 
 Beaton and her colleagues (2000) outlined a set of six-stage guidelines for 

the cross-cultural adaptation process, which is the most cited work within the field 

to date. The first stage is the forward translation, where two bilingual translators 

should be involved to translate the instrument from the source language to the 

target language. In the next stage, the two initial translations are synthesised to 
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produce a single common translation. Then, this common translation is going to 

be back-translated by two translators resulting in two back-translated versions. In 

the fourth stage, an expert committee comprised of methodologists, content-

specific and language professionals, and translators, will review all previously 

done works and will resolve any discrepancies among them to achieve the 

equivalence between the source and the target versions in four aspects of 

equivalency. The first aspect is semantic equivalence, where the committee will 

check whether the words in the two versions have the same meaning and that 

there are no grammatical difficulties. The second aspect is idiomatic equivalence, 

where the committee will develop a new item with a similar meaning when there 

are words or items that are difficult to translate (i.e., colloquialisms or idioms). 

The third aspect is experiential equivalence, where the committee will check 

whether the item is capturing something that exists in the target culture. The last 

aspect is conceptual equivalence, where the committee will make sure that the 

words hold the same conceptual meaning between the source and the target 

cultures. By the end of the fourth stage, a pre-final version of the adapted 

instrument created by the expert committee will be ready for the fifth stage, i.e., 

pretesting. In the pretesting stage, ideally, thirty to forty participants are asked to 

complete the instrument and interviewed to probe about what they thought about 

the meaning of each item. 

An additional process of statistical analysis to scrutinize the psychometric 

properties of the instrument is highly recommended by the authors (Beaton et al., 
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2000). Reichenheim and Moraes (2007) referred to this process as the 

measurement equivalence aspect of equivalency. Measurement equivalence is 

ensured by evaluating the dimensional structure, the reliability, and both the 

construct and the criterion validity of the translated instrument. In the final stage, 

all of the reports and documents done in the previous stages should be 

submitted to the developer of the instrument. Beaton and her colleagues (2000) 

believe that a reasonable translation can be assumed if the stages were followed 

and documented properly, without any further objective assessment of the target 

version. These six stages outlined by Beaton et al. (2000) are still within the 

same guidelines' framework proposed by Guillemin et al. (1993) and Bonomi et 

al. (1996), which were mentioned earlier. This framework is sufficient if adapting 

a test for use in another culture is our main focus. However, if the goal is to 

conduct a cross-cultural comparative study, further steps must be taken 

(Hambleton & Patsula, 1998). The further steps focus on gathering empirical 

evidence supporting the validity of the adapted test. 

 A more comprehensive and recent work on the instrument adaptation 

process guidelines was done by ITC (2017), resulting in a total of eighteen 

guidelines classified into six categories (Table 1). Each guideline on the ITC 

(2017) is stated clearly, contrary to were these not stated clearly purposed by 

Beaton and her colleagues (2000). Furthermore, each guideline is explained in 

full detail and suggestions for practice are provided, too. 
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Table 1 

ITC’s (2017) Categories and Guidelines 

Category Guidelines 
Stage 1: Pre-Condition (1) Obtain the necessary permission from the 

holder of the intellectual property rights relating to 
the test before carrying out any adaptation. 
(2) Evaluate that the amount of overlap in the 
definition and content of the construct measured 
by the test and the item content in the populations 
of interest is sufficient for the intended use (or 
uses) of the scores. 
(3) Minimize the influence of any cultural and 
linguistic differences that are irrelevant to the 
intended uses of the test in the populations of 
interest. 

Stage 2: Test 
Development 

(4) Ensure that the translation and adaptation 
processes consider linguistic, psychological, and 
cultural differences in the intended populations 
through the choice of experts with relevant 
expertise. 
(5) Use appropriate translation designs and 
procedures to maximize the suitability of the test 
adaptation in the intended populations. 
(6) Provide evidence that the test instructions and 
item content have similar meaning for all intended 
populations. 
(7) Provide evidence that the item formats, rating 
scales, scoring categories, test conventions, 
modes of administration, and other procedures 
are suitable for all intended populations. 
(8) Collect pilot data on the adapted test to enable 
item analysis, reliability assessment and small-
scale validity studies so that any necessary 
revisions to the adapted test can be made. 

Stage 3: Confirmation (9) Select sample with characteristics that are 
relevant for the intended use of the test and of 
sufficient size and relevance for the empirical 
analyses. 
(10) Provide relevant statistical evidence about 
the construct equivalence, method equivalence, 
and item equivalence for all intended populations. 
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Category Guidelines 
(11) Provide evidence supporting the norms, 
reliability and validity of the adapted version of the 
test in the intended populations. 
(12) Use an appropriate equating design and data 
analysis procedures when linking score scales 
from different language versions of a test. 

Stage 4: Administration (13) Prepare administration materials and 
instructions to minimize any culture- and 
language-related problems that are caused by 
administration procedures and response modes 
that can affect the validity of the inferences drawn 
from the scores. 
(14) Specify testing conditions that should be 
followed closely in all populations of interest. 

Stage 5: Score Scales 
and Interpretation 

(15) Interpret any group score differences with 
reference to all relevant available information. 
(16) Only compare scores across populations 
when the level of invariance has been established 
on the scale on which scores are reported. 

Stage 6: Documentation (17) Provide technical documentation of any 
changes, including an account of the evidence 
obtained to support equivalence, when a test is 
adapted for use in another population. 
(18) Provide documentation for test users that will 
support good practice in the use of an adapted 
test with people in the context of the new 
population. 

 

 The first category (i.e., section) is the Pre-Condition. This category covers 

some decisions to be made before proceeding with the adaptation process. For 

example, researchers should contact the holder of intellectual property rights in 

order to grant permission. Also, the researcher should check whether the 

construct of interest exists in the target culture. Finally, minimising the influence 

of the cultural and linguistic characteristics irrelevant to the construct that the test 

is intended to measure at an early stage. 
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 The second category is Test Development. This category focuses on the 

actual test adaptation process. Researchers should ensure that the adaptation 

process considers not only the linguistic differences of the test but also the 

psychological and cultural differences within the target population. This process 

must be done by at least one expert who is familiar with the languages, cultures, 

content of the test, and general principles related to the testing field. Moving on 

to the translation process, the researcher should use the appropriate translation 

design to maximise the functional equivalence rather than focusing on the literal 

equivalence of the test. The two common designs at this stage are the forward 

translations and the back translations. At a later stage, the researcher should 

provide evidence that the test instructions, item content, item formats, rating 

scales, scoring categories, test conventions, modes of administration, and all 

other related procedures are suitable for the target population. Finally, a pilot 

study using the adapted test should be done to allow for item analysis, reliability 

assessment, and small-scale validity. The ITC recommended a modest sample 

size (e.g., 100) for such procedures, in which the researcher can carry out a 

classical item analysis study to procure information about the item and scale 

levels. Also, it will allow the researcher to carry out a reliability analysis using 

coefficient alpha or coefficient omega for polytomous items. 

 The third category is Confirmation. This category outlines the guidelines 

for compiling empirical evidence on the equivalence, reliability, and validity of the 

test. The first guideline suggests selecting a sufficient sample size with the 
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relevant characteristics for the intended use of the test. Secondly, the researcher 

should present tests’ equivalency evidence with statistics for all intended 

populations. Three different aspects of test equivalency should be assessed: 

construct equivalence, method equivalence, and item equivalence. Assessing the 

equivalence for each aspect quantitatively and qualitatively is substantial. 

Quantitatively, different methods shall be used to assess the equivalence for 

each aspect. For instance, construct equivalence can be assessed by comparing 

the factorial structure of the original and the adapted tests. While method 

equivalence can be assessed using the analysis of covariance (ANCOVA). 

Whereas item equivalence can be studied by the differential item functioning 

(DIF) analysis. On the other hand, several qualitative approaches can be 

performed to assess the equivalence of each aspect, such as observations, 

interviews, focus groups, and open-ended questions’ surveys. Finally, the 

researcher should provide evidence supporting the norms, reliability, and validity 

of the adapted test, as the evidence of the original test does not apply to the 

adapted one automatically. 

Test Administration is the fourth category. In this category, the ITC guides 

researchers toward preparing the administration and instruction materials to 

minimise any cultural or lingual problems that are caused by misunderstanding 

the test procedures, which, in return, can affect the validity of the results obtained 

from the adapted test. 



 50 

The fifth category is Score Scales and Interpretation. This category 

discusses the interpretation of any group score differences and the score’s 

comparisons among different populations. The research question plays a 

fundamental role when it comes to the group’s scores differences interpretations. 

Not surprisingly, numerous interpretations can be explained for the group 

differences due to the cultural and lingual differences among the participants. On 

the other hand, comparisons among different populations should not be made 

unless the measurement invariance evidence has been established. 

Measurement invariance indicates the nonexistence of the construct, method, 

and item biases in the adapted test. The two guidelines within this category urge 

researchers to be cautious when comparing the groups' scores and interpreting 

the findings. 

The last category is Documentation. Beaton et al. (2000) suggested 

documenting each stage in their guidelines, where it can help to track what has 

been performed and what changes have been made during that stage. This 

category appeared in the most two acceptable guidelines within the field, 

manifesting the importance of the documentation process in the adaptation as 

important as how the translation and other activities are. Moreover, Hernández et 

al. (2020) pointed out the necessity to document each step to support the quality 

of adaptation results. More strictly, Gudmundsson (2009) mentioned that one 

could not claim the existence of the adapted test unless the process followed 
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certain steps, where each step is documented properly. Yet, the documentation 

process is often neglected in practice. 

A criterion checklist has been proposed by Hernández and her colleagues 

(2020) to overcome any issues related to the ambiguity of the ITC guidelines 

when applying them in practice. Also, for each criterion, a number of acceptable 

levels of accomplishment have been suggested. When developing the checklist, 

the researchers pointed out two important issues to be addressed by future 

researchers when adapting a test following the ITC’s guidelines. First, each 

guideline must be considered unless it is not applicable; if it is not applicable, a 

justification should be made. Second, there are minimum requirements that must 

be satisfied when adapting a test, and these requirements are affected and 

increased by whether decisions are made based on the test scores and how 

important these decisions are. The minimum requirement for concluding the level 

of satisfaction is described in the document that can be found at 

https://www.cop.es/pdf/ITC-guidelines-for-test-adaptation-CRITERION-

CHECKLIST.pdf. 

2.3.3–Standards for Educational and Psychological Testing and Test 

Adaptation 

 The comprehensive work of The American Educational Research 

Association (AERA), American Psychological Association (APA), and National 

Council on Measurement in Education (NCME) Standards for Educational and 

Psychological Testing (AERA, APA, & NCME, 2014) provides standards for 
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those who are interested in the testing field, which allow them to develop, 

evaluate, assess the psychometric properties for their intended test uses. Our 

review identified a total of eleven standards (Table 2) related to the test 

adaptation process, where ten of them are directly related to the test adaptation 

process, and one is indirectly related. This number reveals how the adaptation 

process has evolved in the recent decade, compared to the three standards back 

in 1985 (Hambleton & Patsula, 1998). The eleven standards altogether provide a 

framework for considering the sources of error in the adaptation process. 

 Following the standards sequence as discussed in the Standards for 

Educational and Psychological Testing (AERA, APA, & NCME, 2014), the first 

standard, Standard 2.10, states the need for reliability and precision analyses 

whenever significant changes are done to the original test. 

Moving to the fairness in testing chapter, which includes six standards out 

of the eleven related to the test adaptation procedures. This number of standards 

is not surprising as boosting the fairness in testing is one of the advantages of 

the test adaptation process. Standard 3.2 states the test developers’ 

responsibility to minimise any source of construct-irrelevant errors when 

measuring a construct, such as linguistic, communicative, cognitive, cultural, 

physical, or any other source of error. Standard 3.9 states the test developers’ 

responsibility to develop test accommodations, such as addressing individuals’ 

specific needs (e.g., linguistic, cultural), to remove any source of construct-

irrelevant error by the test takers. Standard 3.10 states the need to document 
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everything related to the test accommodations, when applied, by test developers. 

Standard 3.11 states the need to provide evidence of the validity of score 

interpretation for intended uses of the adapted test. Standard 3.12 states the 

need to describe the methods used to establish the efficiency of the adapted test 

and to document the empirical or logical evidence for the validity of test score 

interpretations. The last standard in this chapter is Standard 3.13, which states 

the need to administer a test in the language that is most relevant and 

appropriate for the test taker, except if the purpose of the test is to measure 

language proficiency. Moving on to the next standard, Standard 4.4 states the 

need to describe the content and psychometric specifications for each version of 

the test, when any changes are permitted, and consequently, the implications of 

these changes on score interpretations derived from different versions. Standard 

5.7 states the need to provide empirical evidence of the comparability of scores 

between the adapted and the original test. Standard 7.6 states the need to 

document the adaptation procedures, the demographics of translators, the 

samples of test-takers used in the process, and reliability and validity evidence, if 

feasible. The last standard of our review is specifically meant to be for 

psychological testing; Standard 10.5 states the need to take into account the 

individual differences, including but not limited to linguistic differences, when 

using a test to assess psychological constructs. Even more, it states that if no 

normative nor validity studies are available for the intended population, test 

interpretations should be presented as hypotheses rather than conclusions. 
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Table 2 

Standards for Educational and Psychological Testing Related to Test Adaptation 

Chapter Standard 
Reliability/Precision and 
Errors of Measurement 

2.10. When significant variations are permitted in 
tests or test administration procedures, separate 
reliability/precision analyses should be provided 
for scores produced under each major variation if 
adequate sample sizes are available. 

Fairness in Testing 3.2. Test developers are responsible for 
developing tests that measure the intended 
construct and for minimizing the potential for 
tests’ being affected by construct-irrelevant 
characteristics, such as linguistic, communicative, 
cognitive, cultural, physical, or other 
characteristics. 
3.9. Test developers and/or test users are 
responsible for developing and providing test 
accommodations, when appropriate and feasible, 
to remove construct-irrelevant barriers that 
otherwise would interfere with examinees’ ability 
to demonstrate their standing on the target 
constructs. 
3.10. When test accommodations are permitted, 
test developers and/or test users are responsible 
for documenting standard provisions for using the 
accommodation and for monitoring the 
appropriate implementation of the 
accommodation. 
3.11. When a test is changed to remove barriers 
to the accessibility of the construct being 
measured, test developers and/or users are 
responsible for obtaining and documenting 
evidence of the validity of score interpretations for 
intended uses of the changed test, when sample 
sizes permit. 
3.12. When a test is translated and adapted from 
one language to another, test developers and/or 
test users are responsible for describing the 
methods used in establishing the adequacy of the 
adaptation and documenting empirical or logical 
evidence for the validity of test score 
interpretations for intended use. 
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Chapter Standard 
3.13. A test should be administered in the 
language that is most relevant and appropriate to 
the test purpose. 

Test Design and 
Development 

4.4. If test developers prepare different versions 
of a test with some change to the test 
specifications, they should document the content 
and psychometric specifications of each version. 
The documentation should describe the impact of 
differences among versions on the validity of 
score interpretations for intended uses and on the 
precision and comparability of scores. 
 

Scores, Scales, Norms, 
Score Linking, and Cut 
Scores 

5.7. When standardized tests or testing 
procedures are changed for relevant subgroups 
of test takers, the individual or group making the 
change should provide evidence of the 
comparability of scores on the changed versions 
with scores obtained on the original versions of 
the tests. If evidence is lacking, documentation 
should be provided that cautions users that 
scores from the changed test or testing procedure 
may not be comparable with those from the 
original version. 
 

Supporting 
Documentation for Tests 

7.6. When a test is available in more than one 
language, the test documentation should provide 
information on the procedures that were 
employed to translate and adapt the test. 
Information should also be provided regarding the 
reliability/precision and validity evidence for the 
adapted form when feasible. 
 

Psychological Testing 
and Assessment 

10.5. Tests selected for use in psychological 
testing should be suitable for the characteristics 
and background of the test taker. 
 

 

2.3.4–Test Adaptation Error Sources 

 After reviewing the standards, the sources of error affecting the 

equivalency of the outcome compared to the original version in the test 
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adaptation process can be classified into three broad categories as suggested by 

Hambleton and Patsula (1998): (1) cultural/language differences, (2) technical 

designs and methods, and (3) factors affecting results interpretations. In the 

following paragraphs, each category will be discussed in detail. 

2.3.4.1–Cultural and Language Differences. The adaptation process is 

usually viewed as a literal translation, word for word, from the source language to 

the target language. This view fails to ensure the equivalence between the 

source test and the adapted one, culturally and lingually. Focusing on the literal 

translation may lead to identifying any linguistic discrepancies between the two 

forms. However, cultural differences between the source population and the 

target population cannot be identified. For example, focusing on the literal 

translation of the term “get into someone’s shoes”, which appears in one of the 

Trait Emotional Intelligence Questionnaire’s (TEIQue) items (Petrides, 2009), 

does not take into account the fact that this term is incomprehensible in Arabic. 

Therefore, looking for other alternatives leading to the intended meaning should 

be considered from a cultural perspective for such terms. 

To gather enough evidence to claim that the two forms are equivalent, 

researchers should consider several steps based on the ITC guidelines rather 

than only focusing on the literal translation step. Foremost, one should ensure 

that the intended construct, measured by a certain test, does exist in the target 

population. For instance, the psychological androgyny construct (Bem, 1974) 

might be accepted in many western countries but not in conservative Islamic 
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countries such as Kuwait. Therefore, such constructs have not been presented in 

these countries. Furthermore, the construct should be perceived in the same 

manner across adaptations. Second, each language version should be 

administered in an identical way. This is not limited to the method of test delivery 

(e.g., paper and pencil, or online), but also includes familiarisation of the 

participant with the test materials and clarifications of the test instructions before 

the test (Gregory, 2014). Third, items and responses formats should be equally 

appropriate in the two versions. For instance, rating scales are common within 

the psychology research fields in Kuwait, whereas, implicit association tests are 

not. Hence, researchers interested in applying implicit association tests should 

consider providing clear instructions on performing the test for the participants to 

eliminate any errors due to the test format. Last, but not least, the social 

desirability in responses is one of the factors affecting the validity of the results. 

For example, being religious in Kuwait is socially desirable, compared to the 

USA, as discussed by Abdel-Khalek and Lester (2012). 

2.3.4.2–Technical Designs and Methods. Several error sources can 

arise by the adaptation methodology, which may affect the validity of the results. 

Obviously, errors may arise when researchers adapt a test that was not intended 

to be used in another language or culture. Moreover, much consideration should 

be taken when choosing translators, as translation is one of the main procedures 

in test adaptations. Being proficient in the two languages is not a sufficient factor 

for choosing the translators; being familiar with the target population’s culture is a 



 58 

major advantage. Furthermore, when considering the translation procedure, the 

existence of several dialects within a population may lead to misunderstanding 

the translated word if handled improperly. Also, considering the translation 

designs, such as forward and backward translations, Hambleton and Patsula 

(1998) argued that the back translation designs may lead to substantial errors in 

the adapted test, even though it was the most popular at that time. A study done 

by Behr (2016) provided empirical evidence that the back translation method fails 

to ensure the equivalency between the original and the adapted tests. It reveals 

that the back-translation outcomes are contrasted when more people are 

involved in the process and inconsistency in detecting the presumed flaws 

appears. Consequently, errors in the actual translation may remain undiscovered 

by mainly relying on back-translation methods. Finally, the equivalency between 

the source and adapted tests will still be questionable if researchers did not 

establish the empirical analyses. Many statistical methods can be used to 

provide empirical evidence for the construct, method, and item equivalency 

(Sireci et al., 2005), which can be used to detect any potential errors after field-

testing. Approaches to assess the construct, method, and item equivalency are 

shown in Table 3. 
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Table 3 

Approaches to Assess the Construct, Method, and Item Equivalency  

Equivalency Source Possible Approaches 
Construct Subject matter experts 

Exploratory Factor Analysis 
Confirmatory Factor Analysis 
Multidimensional scaling 
Comparison of nomological networks 

Method – Sample Bias Analysis of covariance 
Randomized-block designs 
Regression Analysis 
Partial correlation 

Method – Instrument Bias Monotrait-multimethod studies 
Collateral information 
Examination of change (retesting participants) 

Item Differential item functioning (DIF) 
 

2.3.4.3–Confounding Factors Affecting the Interpretations of Results. 

In the results stage, sources of error related to confounding variables may arise. 

Specifically, when the cross-cultural results are interpreted in a way to claim that 

one population is better than the other. One example is when the researcher 

intends to claim that the population of one country is smarter than that of another 

country based on the IQ results of samples drawn from the two countries. 

Another example will be if the study is intended to understand the differences in 

anxiety levels between two populations. Many variables can confound the results 

of the two examples, such as socioeconomic status, educational level, quality of 

life, etc. Therefore, precautions should be considered when interpreting the 

results from the two versions of the test, especially when the researcher aims to 

compare different populations. Consequently, researchers should consider 
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controlling possible confounders statistically using the appropriate statistical 

analysis methods. 

2.3.5–Addressing the Error Sources 

Failing to address the foregoing sources of error may result in 

inequivalence, invalid results, and result misinterpretations. Accordingly, two 

major aspects should be considered during the adaptation process to minimise 

the effect of these errors in practice: (1) documentation and (2) empirical 

evidence. 

2.3.5.1–Documentation. Documentation plays a significant role across 

the different stages of the test adaptation process. In fact, Documentation not 

only provides information about the adapted test for future test users but also 

allows them to track the whole procedures and considerations taken in each step 

of the test adaptation process. In the scope of addressing the error sources, 

Documentation can be used to lay down the procedures’ quality arguments by 

the test adapter. For example, the test adapter may argue that the appropriate 

translation design has been applied and the outcome is satisfactory. However, 

this argument cannot be claimed without documenting what has been done 

during the whole translation process. Clearly, Documentation is one of the test 

adaptation’s fundamental steps that allows test adaptors to track their work in 

earlier stages. On the other hand, it allows critics to follow whether proper 

considerations were taken within each step. Therefore, any future flaws can be 

specified and resolved easily. Besides the final report and the adapted test 
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information documents, each step of the adaptation process must be well-

documented. 

2.3.5.2–Empirical Evidence. Carrying out an empirical analysis on the 

data gathered from the adapted instrument is a fundamental procedure of the 

adaptation process to ensure both the item-level and scale-level equivalency 

between the original and the adapted instrument. Several statistical approaches 

can be applied to gather empirical evidence as there is no one approach without 

shortcomings (Hambleton, 2001). For instance, classical and item response 

theory item analyses can be performed to scrutinise the psychometric properties 

of the scale, as suggested by Geisinger (1994). By applying the two theories, 

researchers can evaluate the response biases and whether they exist similarly 

among the original and the adapted instruments through as simple as examining 

the frequency distributions or by more complicated procedures such as 

Differential Item Functioning (DIF); (Holland & Wainer, 2012). Furthermore, the 

reliability of the scale and subscale scores among the original and the adapted 

instruments must be compared to examine whether any differences in response 

styles exist due to issues related to the adaptation process. In addition, factor 

analysis must be performed to examine the structure of the adapted instrument 

and whether it is different from the original one. In fact, any differences in the 

factorial structure of the instrument between the original and the adapted 

instruments may indicate that the adaptation process has flaws. After satisfying 

the criteria related to the earlier statistical techniques, several validity studies 
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using the adapted instrument must be done to build on the empirical evidence 

that ensures the measurement equivalency along with the previously mentioned 

techniques (Reichenheim & Moraes, 2007). 

2.4–Belief-Importance Theory 

2.4.1–Introduction 

 According to belief-importance (belimp) theory, personality traits affect the 

individual tendency to perceive convergences and divergences between their 

belief that they can achieve goals and the importance that they place on them 

(Petrides, 2011a; Petrides, 2011b). In turn, the belimp process offers a significant 

improvement in the ability to predict behaviour over any existing personality 

inventory. 

The belief term is similar to the expectancy for success in Bandura’s self-

efficacy theory. In his theory, Bandura (1997) differentiated between two kinds of 

expectancy beliefs: outcome and efficacy expectations (Eccles & Wigfield, 2002). 

The former concerns the beliefs that certain behaviours will lead to certain task-

related goals, whereas the latter concerns the beliefs about whether an individual 

can perform the necessary behaviour, sufficiently, towards the goal. The key 

difference between the two is that an individual can believe that a certain 

behaviour will lead to achieving a certain goal (outcome expectation) yet cannot 

believe that they can perform this action effectively (efficacy expectation). 

Indeed, Bandura’s work is a task-specific expectation and has been applied to 

behaviour in many life domains (Bandura, 1997). However, belimp theory can be 



 63 

viewed as a confidence in achieving success in multiple life domains to predict 

individual behaviour. 

 The importance term is similar to the task value construct proposed by 

Eccles et al. (1983) in their expectancy–value (EV) theory. Roughly, it reflects the 

attainment value that concerns the importance of doing well (Leaper, 2011). As 

with Bandura’s work, EV theory is task-specific, concerning the motivation 

derived by the expectations for success and task value constructs to achieve in a 

particular domain. Meanwhile, belimp theory does not only concern a specific life 

domain but multiple life domains. 

2.4.2–Understanding the Belimp Plane 

 The belimp plane (Figure 2) consists of two coordinates, one is 

conceptualised as belief (i.e., y-axis) and the other one as importance (i.e., x-

axis). The two coordinates are orthogonal, as shown in Figure 2. However, the 

two coordinates will correlate in practice, given how people tend to invest in goals 

that they value more, which consequently increases their self-belief (Bandura, 

1997). 
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Figure 2 

The Belimp Plane 

 
Note. Reprinted from “An application of belief-importance theory with reference to 
trait emotional intelligence, mood, and somatic complaints,” by K. V. Petrides, 
2011b, Scandinavian Journal of Psychology,52(2), 162. Copyright 2011 by K. V. 
Petrides. Reprinted with permission. 
 
 The two coordinates are affected by certain personality traits. 

Consequently, the individual’s location on the belimp plane is determined by 

them. Belimp theory hypothesises that conscientiousness and introversion 

personality aspects confer a tendency to move towards the symmetry axis (i.e., 

diagonal line). Meanwhile, the neuroticism and trait emotional intelligence 

aspects confer a tendency to diverge from the symmetry axis. This divergence 
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creates residuals that can be either positive, as in the case where the belief is 

higher than the importance, or negative, when the importance is higher than the 

belief. 

 Four quadrants are conceptualised within the belimp plane, each of which 

roughly corresponds to one personality dimension and is also associated with a 

specific discriminator trait that helps distinguish it from their adjacent quadrants. 

Nonetheless, these discriminator traits cannot be treated as a key trait for their 

quadrant. 

The top left quadrant in Figure 2, called the Hubris quadrant, corresponds 

to trait emotional intelligence. It suggests unconventionality, as individuals tend to 

believe that the major life domains are unimportant to them, even though they 

believe that they can succeed in them. Individuals in this quadrant tend to have a 

high belief that they can attain goals but place low importance on these goals. 

The top right quadrant, the Motivation quadrant, corresponds to the 

personality trait of conscientiousness personality, which related to conventionality 

and diligence. Individuals high on this trait normally tend to achieve in what they 

view as important in the majority of life domains. Those falling into this quadrant 

tend to have high belief that they can attain goals and also set high importance 

on these goals. 

The bottom right quadrant, the Depression quadrant, corresponds to the 

personality trait of neuroticism. It suggests modesty as it requires for one to admit 

low confidence in achieving certain goals, even though such goals are important, 
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in most of life domains. The well-being trait is a key discriminating trait for 

differentiating between this quadrant and the motivation quadrant above. 

Individuals in this quadrant tend to have low belief scores but high importance 

scores. 

The last quadrant located in the bottom left is the Apathy quadrant and 

corresponds to personality trait of introversion. It suggests detachment because it 

entails disinterest in major life domains although this may be coupled with 

carelessness. 

Two different types of the belimp plane can be identified: the conditional 

and the master belimp plane. The conditional plane can be viewed as a life-

domain specific plane. Thus, there is potentially a belimp plane for every life 

domain. The master plane is only one, which represents the average of the 

conditional planes across all life domains. Accordingly, conditional planes can be 

either concordant or discordant with respect to the master belimp plane. For 

example, individuals showing high importance and beliefs (i.e., individuals in the 

Motivation quadrant) with respect to goals in related multiple life domains may 

not necessarily treat every life domain in the same manner. 

The degree of concordance between the conditional and master planes is 

an empirical question, contingent on the individual himself. The degree of 

concordance between the conditional plane and other criteria can be estimated 

conceptually. For instance, criteria such as the job performance construct will be 

more likely to be concordant with the life domain of work. These concordant 
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planes are considered as significant predictors of behaviour, as they carry 

substantial information on the individual and the relevant context. 

2.4.3–Belimp Inventory 

 Only one instrument has been developed to measure the belimp 

outcomes and to posit individual position on the belimp plane. The questionnaire 

is developed in English by Petrides (2011a) and covers 15 life domains with a 

total of 150 questions. Specifically, for each life domain, it comprises five 

questions concerning the participant’s belief that certain goals can be achieved 

by them and five matching questions concerning the importance they set on 

these goals. The participants are asked to answer each question by giving a 

percentage score ranging from 0% (absolutely unimportant) to 100% (absolutely 

important) for the questions concerning goal importance, and 0% (minimum 

confidence) to 100% (maximum confidence) for the questions concerning the 

belief in reaching a particular goal. To our knowledge, there have been no 

published adaptations of the inventory in other cultures or languages. This could 

explain why this theory did not receive much attention in the literature, especially 

in the eastern constituent of the world. Therefore, we are aiming in this 

dissertation to culturally adapt the belimp inventory into Arabic for use in the 

middle east, specifically Kuwait, as will be seen in Chapter 5. 

 The number of items is relatively high, and that is due to the number of life 

domains included in the questionnaire. Petrides (2011a) accounted for several 

considerations when constructing this questionnaire to test the theory. The first 
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consideration was the inclusion of broader life domains instead of narrower ones. 

This allowed for mental aggregation across multiple domains, which in turn could 

overcome the influences of any personality traits on a specific domain. The 

second consideration concerned the individual differences in belief and 

importance. Explicitly, the life domain must elicit individual differences in the 

belief and importance; otherwise, it will result in a skewed distribution. Finally, the 

life domains must be appealing and within the individual’s control. For instance, it 

is not ideal to ask individuals about their belief that their government can support 

poor people (e.g., I really believe that my government can support poor people). 

2.4.4–Considerations and Strategies for Testing Belimp Theory 

 Testing allows for further understanding of the overall framework. For 

belimp theory, three considerations must be satisfied to achieve a valid resultant 

test (Petrides, 2011a). The first is the sample size. The nature of the theory 

necessitates a large sample size for testing. Second, researchers should 

consider including multiple life domains. This is required for increasing the 

reliability of determining an individual’s position on the master belimp plane. The 

last consideration concerns the belief and importance with respect to 

coordinating for operationalisation. A high internal consistency of .80 and above 

is desired. Moreover, a small number of items must be included per coordinate, 

to avoid undesirably long scales. 

 Three different statistical procedures can be used to test belimp theory. 

Every approach varies in terms of focus and hence has unique requirements, 
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advantages, and disadvantages; researchers must be aware of them before 

choosing the appropriate testing approach. Nonetheless, all approaches can be 

applied to both the whole plane and the outer region data. However, the outer 

regions of the belimp plane are less affected by quadrant migration, and 

consequently, they are expected to offer clearer results (Petrides, 2010). 

The first approach is through the one-way ANOVA technique, followed by 

post-hoc tests, if applicable. This approach is the simplest in nature and less 

sample-size demands compared with the others. In this approach, participants 

are divided into four groups, representing the four belimp plane quadrants, 

derived from the 2 x 2 table combining the high and low scores on the two belimp 

coordinates (more details can be found in Petrides, 2011a, in the section on 

strategies for testing belimp theory). 

The second approach is through moderated multiple regression. This 

approach demands a larger sample size, and it is used to relate the individual 

belimp positions with other dependent variables, which cannot be handled by the 

ANOVA approach. In this approach, the two belimp coordinates and their 

multiplicative interaction will serve as regressors in the statistical model. 

The third approach is through latent variable modelling. This approach 

demands the largest sample size but takes the measurement error in the 

variables into account. 
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2.4.5–Empirical Testing of Belimp Theory 

 Given that belimp theory is grounded on personality traits, based on its 

postulation, personality traits have been linked to the belimp coordinates. The 

first empirical study (Petrides, 2010) tested the central hypotheses of belimp 

theory by including a single life domain, namely, the life domain of appearance. 

Petrides (2010) advanced 12 hypotheses, two of which are based on the trait 

emotional intelligence, and the others on the Big Five and their facets. Petrides 

(2010) used the three earlier mentioned statistical approaches to test the theory. 

First, with the ANOVA approach, Petrides (2010) performed 12 one-way 

ANOVAs corresponding to the number of hypotheses. The results suggested that 

all of the differences among the belimp quadrants were significant. Ten 

hypotheses were fully supported, whereas two, on the Motivation and Apathy 

quadrants, were partially supported. The Motivation quadrant had the second 

highest score on conscientiousness, after the Hubris quadrant; the Apathy 

quadrant had the second lowest score on the trait emotional intelligence 

questionnaire-short form sociability factor, after the Depression quadrant. 

As hypothesised, participants in the hubris Quadrant scored higher 

compared with counterparts in the Motivation quadrant on unconventionality; the 

Motivation quadrant group scored higher than the Depression quadrant group on 

the well-being factor of trait emotional intelligence; the Depression quadrant 

group scored lower than the Apathy quadrant group on the trait EI well-being; 
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and the Apathy quadrant group scored lower than the Hubris quadrant group on 

sociability. 

Second, Petrides (2010) conducted moderated multiple regression and 

latent variable modelling to analyse the data on neuroticism. The results showed 

that the greater the negative residuals on the belimp plane (i.e., the importance is 

greater than the belief), the higher the neuroticism levels. This finding is aligned 

with belimp theory, albeit limited to a single life domain. Consequently, the 

replication of this result should be studied with other life domains to support and 

contribute to the theory. 

 Petrides and Frederickson (2011) tested belimp theory based on another 

life domain (academic achievement). They performed eight one-way ANOVAs to 

test eight different hypotheses. Six of them were fully supported and two were 

partially supported. In the case of the two hypotheses, the focal group, relative to 

the other groups, always scored second, instead of first. Specifically, the Hubris 

quadrant group scored second on global trait emotional intelligence after the 

Motivation quadrant group, while the apathy quadrant group scored the second 

lowest on the extraversion scale. Both results were expected, given the difficulty 

of injecting the diverse personality dimensions onto the belimp quadrants. Taking 

the trait emotional intelligence as an example, the optimism and stress 

management facets are closer to the hubris quadrant than to the motivation 

quadrant, whereas achievement striving and assertiveness are closer to the 

motivation quadrant than to the hubris one. 
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 In a later work, Petrides (2011b) conducted two studies to test belimp 

theory. The first study was limited to the single life domain of financial security, 

and the second one addressed this limitation by including two different life 

domains (attractiveness and popularity). The two studies were designed to test 

several hypotheses related to belimp theory through the ANOVA approach. For 

most of the hypotheses, the results yielded clear and consistent outcomes 

regardless of the included life domain. For example, the apathy quadrant group 

always scored the lowest on the trait emotional intelligence for sociability, no 

matter the life domain included in the analysis. Petrides (2011b) also found a 

strong significant association between the belimp classifications from the two 

different life domains included in study 2, supporting one of the belimp theory 

postulations. Clearly, the belimp classifications are irrespective of the life domain 

included and no conflicts should be expected. 

 A relatively more recent work by Petrides and Furnham (2015) included 

four different life domains to extend the previous findings. Two of the life domains 

had been used earlier (appearance and financial security), and the other two 

were included for the first time to test the theory (family and friends). The 

additional domains help illustrate that the belimp classifications are not a function 

of the life domain, as proposed by belimp theory. Petrides and Furnham (2015) 

relied on the ANOVA approach to test the theory. Five different classifications 

were made based on each life domain (i.e., four life domains) and a global one 

consisting of all four life domains through aggregation. Several hypotheses were 
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tested per classification. The results showed that most of them were fully 

supported, and few were partially supported. Notably, the focal group always 

scored second (instead of first) in the partially supported hypotheses, as in 

Petrides and Frederickson (2011). Furthermore, more hypotheses were fully 

supported when the analysis was carried out based on the global plane. 

Consequently, the inclusion of more life domains, when testing belimp theory, 

tend to help support the main belimp theory, as expected. However, the same 

could also lead to different classifications for each individual, which would be 

based on the life domain. Furthermore, the final hypothesis in Petrides and 

Furnham (2015) concerned the overlap in classifications between the four life 

domains. The overlap among the domains was significant, except for that 

between friends and appearance. This result along, with the results from Petrides 

(2011b), provides evidence that the belimp classifications will overlap based on 

different life domains, leading to a stable classification at the individual level. 

 To conclude from earlier findings, we would expect that the Hubris 

quadrant will have the highest score on global trait EI; Motivation quadrant will 

have the highest scores on Big Five conscientiousness and the Self-control 

factor of trait EI; Depression quadrant will have the highest score on Big Five 

neuroticism and the lowest on global trait EI; and the Apathy quadrant will have 

the lowest score on Big Five extraversion and the Sociability factor of trait EI. 
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2.4.6–Clustering the Broad Life Domains of Belimp 

 For practical reasons, we believe that there is a need to categorise life 

domains included in the belimp inventory to a manageable number before 

proceeding to any statistical testing. Indeed, the number of higher-order life 

domains and the justification of each domain within it are empirical issues. In a 

meta-analytic study, Cummins (1996) found that the number of general life 

domains identified by different researchers ranged from 3 to 24 domains. 

 Raphael et al. (1996) presented three general life domains as aspects of 

people’s concept, namely, Being, Becoming, and Belonging. Although the three 

general domains were originally proposed and widely applied within people with 

disabilities (Hensel, 2001; Jones et al., 2018; Livingston & Rosenbaum, 2008; 

Raphael et al., 1996; Raphael et al., 2001). Yet, we believe that this holistic 

model can be extended to individuals without disabilities, and therefore, we will 

retain them in the current dissertation. 

 More specifically, according to Raphael et al. (1996) the domain of Being 

refers to who the person is. It includes three sub-domains: physical being, 

psychological being, and spiritual being. We believe that the aging, financial, 

health, leisure, and spirituality domains can be fitted within the Being domain.  

The domain of Belonging refers to the person’s fit with the surrounded 

environment. It includes three sub-domains: physical belonging, social belonging, 

and community belonging. We believe that appearance, family, friends, 

relationships, and social domains can be fitted within the Belonging domain. 
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The domain of Becoming refers to the person’s dedicated activities toward 

his goals. It includes three sub-domains: practical becoming, leisure becoming, 

and growth becoming. We believe that the habit, happiness, legacy, motivation, 

and success domains can be fitted within the Becoming domain. Noteworthy, the 

leisure sub-domain of becoming represents a set of activities that lead to stress 

reduction. While the leisure domain in the belimp inventory concerns how long 

someone dedicates to leisure in his life, which represents who the person is more 

than what he seeks to be. This is why we proposed that leisure domain can be 

fitted under the Being domain, but not the Becoming domain. 

 In his later review on life domains, Cummins (2005) argued that, generally, 

most domains selected by researchers are not theoretically justified and 

empirically tested. This issue is of special interest, and consequently, in this 

study we will apply confirmatory factor analysis (CFA) to test our proposed life 

domain clusters. 

2.5–Trait Emotional Intelligence 

2.5.1–Introduction 

 The emotional intelligence (EI) construct has been extensively researched 

since the 1990s, with various measures used to assess the construct (O'Connor 

et al., 2019). Petrides and Furnham (2000) distinguished two distinct EI 

constructs based on their measurement method, namely trait EI and ability EI. 

The latter, known as the cognitive-emotional ability, is concerned with emotion-

related cognitive abilities that should be measured using maximum performance 
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tests and theoretically belongs to the cognitive ability domain (Petrides, 2011c). 

In contrast, the trait EI, known as trait emotional self-efficacy, is defined as a 

constellation of self-perception located at lower levels of personality hierarchies 

(Petrides et al., 2007). Unsurprisingly, this distinction between the two constructs 

was supported by empirical findings (Brannick et al., 2009). The researchers 

found that ability EI and trait EI measures did not correlate. Furthermore, the 

ability EI measure did not correlate with personality scales, while the trait EI 

measure did. In this project, we focus on the trait EI. 

2.5.2–Trait EI Construct 

 In simple words, trait EI is concerned with people's perceptions of their 

emotional abilities and is assessed through self-report questionnaires. As noted 

earlier, the key difference between the two constructs (i.e., trait EI and ability EI) 

is how they operationalise. The ability EI is based on the maximum performance 

tests, such as IQ tests, with correct and wrong answers. It is troublesome 

because of the subjectivity of emotional experiences. Contrarily, the trait EI 

operationalisation is straightforward because it includes self-perceptions and 

dispositions aligned with the subjective nature of emotions. Consequently, the 

number of trait EI models and measures exploded, providing an impression that it 

is an easy business. However, anyone with basic psychometrics knowledge 

knows that it is not. 
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2.5.3–Trait EI Models 

 Several models underlying the EI construct framework were proposed 

since the term was first introduced by Salovey and Mayer (1990). The two 

researchers postulated that EI consists of several adaptive abilities such as 

appraisal and expression, regulation, and utilisation of emotions in solving 

problems. However, they revised their model (Mayer & Salovey, 1997) to 

emphasise the cognitive components of the construct and conceptualise it 

regarding potential intellectual and emotional growth. 

 Salovey and Mayer viewed EI as an ability-based construct (i.e., cognitive 

in nature); however, Bar-On (2004) argued it. The latter defines EI as “an array of 

non-cognitive capabilities, competencies, and skills that influence one’s ability to 

succeed in coping with environmental demands and pressures” (page. 14). Bar-

On studied the personality characteristics that determine one’s life success 

beyond any cognitive intelligence. The researcher identified five broad 

dimensions: intrapersonal skills, interpersonal skills, adaptability, stress 

management, and general mood. However, this model was revised by Bar-On in 

2000 and relabelled to a model of emotional and social intelligence. 

 Later, Petrides and Furnham (2001) content-analysed notable EI model 

and relevant constructs to derive their first sampling domain that specifically 

underlies the trait EI construct. This step was crucial to operationalise any 

psychological construct (Cattell, 1973). Their sampling domain comprised 15 

facets (Table 4): adaptability, assertiveness, emotional appraisal towards self 
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and others, emotion expression, emotion management toward others, emotion 

regulation, low impulsiveness, relationship skills, self-esteem, self-motivation, 

social competence, stress management, trait empathy, trait happiness, and trait 

optimism. This model is the most scientifically acceptable trait EI model 

compared to other models because the above step was bypassed when the 

construct was defined in the earlier models (e.g., Bar-On, 2004; Salovey & 

Mayer, 1990). 
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Table 4 

The Adult Sampling Domain of Trait Emotional Intelligence 

Factors Facets High scores view themselves as .. 
Well-being   
 Trait happiness ...cheerful and satisfied with their 

lives 
 Trait optimism ...confident and likely to ‘‘look on 

the bright side’’ of life 
 Self-esteem ...successful and self-confident 
Self-control   
 Emotion regulation …capable of controlling their 

emotions 
 ...capable of controlling 

their emotions 
...capable of controlling their 
emotions 

 Impulsiveness (low) ...reflective and less likely to give 
in to their urges 

Emotionality   
 Emotion expression ...capable of communicating their 

feelings to others 
 Emotion perception (self 

and others) 
...clear about their own and other 
people’s feelings 

 Relationships ...capable of maintaining fulfilling 
personal relationships 

 Trait empathy ...capable of taking someone 
else’s perspective 

Sociability   
 Assertiveness ...forthright, frank, and willing to 

stand up for their rights 
 Emotion management 

(others) 
...capable of influencing other 
people’s feelings 

 Social awareness ...accomplished networkers with 
superior social skills 

Auxiliary 
facets 

  

 Adaptability ...flexible and willing to adapt to 
new conditions 

 Self-motivation ...driven and unlikely to give up in 
the face of adversity 

 
Note. Adapted from “Technical manual for the Trait Emotional Intelligence 
Questionnaires (TEIQue)”, by Petrides, K. V., 2009, p. 13, London, UK: London 
Psychometric Laboratory. 
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2.5.4–Trait EI Measures 

 The first trait EI measure was the Trait Meta-Mood Scale (TMMS) 

proposed by Salovey and colleagues (1995). This measure was loosely based on 

Salovey and Mayer’s model (1990), which views it as a subset of social 

intelligence involving the ability to monitor one’s own and others’ feelings and 

emotions to guide one’s thinking and actions. The measure produces scores on 

three factors but not a global score. The three factors are attention to emotion, 

emotional clarity, and emotion repair. This measure does not cover the entire trait 

EI sampling domain and unintentionally ignores many core facets of the trait EI 

construct. 

  The second measure, which we will further discuss, is most commonly 

used in the literature. The Bar-On Emotional Quotient Inventory (EQ-i) (Bar-On, 

2004) comprises 15 subscales and five higher-order factors: interpersonal, 

intrapersonal, adaptation, stress management, and general mood. It covers the 

sampling domain of trait EI better than the early TMSS measure. However, unlike 

TMSS, the theoretical background of the EQ-i is ambiguous. It has been 

converted from a well-being inventory to a trait EI measure. This ambiguity leads 

to many limitations surrounding this inventory, starting from its factorial structure. 

To elaborate, Petrides and Furnham (2001) studied the factorial structure of this 

measure, and the empirical analysis showed no evidence for higher-order 

structure as believed by the measure’s developer. Unsurprisingly, this inventory 

includes several trait EI irrelevant facets such as problem-solving, relating 
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testing, and independence. Further, it ignores several relevant trait EI dimensions 

such as emotion perception, expression, and regulation. 

 The third measure is the Schutte Emotional Intelligence Scale (SEIS; 

Schutte et al., 1998). Like TMMS, the theoretical framework of this measure was 

based on Salovey and Mayer’s (1990) EI model framework. Therefore, this 

measure is threatened by the same limitation of trait EI domain incompleteness 

because it is only based on the three factors model. 

 The last measure is one of our adaptation interests, the Trait Emotional 

Intelligence Questionnaire (TEIQue; Petrides, 2009). This measure receives 

much attention when measuring the trait EI because it is based on the 

scientifically sound sampling domain proposed by Petrides and Furnham (2001) 

and the trait EI theory, which conceptualises the construct as a personality trait 

located at the lower levels of personality hierarchies. 

2.5.5–Trait Emotional Intelligence Questionnaire (TEIQue) 

 As noted earlier, the TEIQue was developed following strong scientific 

procedures. The measure construction started with defining the sampling domain 

of the construct through content analysis. Specifically, the content analysis 

targeted the earlier EI models (i.e., Bar-On, 2004; Salovey & Mayer, 1990) and 

various cognate constructs (e.g., alexithymia, affective communication, emotional 

expression, and empathy), where 15 facets were identified at the end (Petrides, 

2009). Afterwards, the items were developed to cover every facet in the construct 

sampling domain, maintaining every item belongs to one facet only. The whole 
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process included 153 items, providing scores on 15 facets. Out of these, 13 

facets loaded onto four oblique factors: well-being (trait optimism, happiness, and 

self-esteem), self-control (emotion regulation, low impulsiveness, and stress 

management), emotionality (trait empathy, emotion perception, emotion 

expression, and relationships), and sociability (emotion management, 

assertiveness, social awareness). The remaining two facets, adaptability and 

self-motivation, were loaded onto the global trait EI score directly (Figure 3). 

The participants were asked to answer each statement on a 7-point Likert scale, 

ranging from completely disagree to completely agree. This scientifically 

developed measure exists in many forms and languages because researchers 

worldwide are keen to contribute to the trait EI theory by studying the construct 

globally with a reliable measure. 

Figure 3 

The TEIQue Factorial Framework Based on Petrides’ (2009) Model 
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2.5.6–Other TEIQue Forms and Versions 

 The TEIQue exists in four different forms, and each form exists at least in 

two versions. A brief description of each version is presented in Table 5. The 

original TEIQue is the long measure comprising 153 items, measuring scores on 

15 different facets, 4 factors, and a global trait EI score, which also exists in a 

shorter form (a.k.a. TEIQue-SF). The TEIQue-SF is a 30-items form based on 

the original long TEIQue in which two items from every facet were selected 

based on their correlations with the corresponding total facet scores. This form 

can be used in research with limited experimental time and funds (e.g., PhD 

projects). Recent research showed that the two forms yielded the same results 

(Laborde et al., 2016; Laborde et al., 2017). However, unlike the original long-

form, the short form doesn’t provide any facet scores. Besides, due to the fewer 

number of items, the four factors extracted from this measure had lower internal 

consistencies compared to the same factors in the longer form (Petrides, 2009). 

 The earlier TEIQue form was developed to measure the construct in the 

adult population until Petrides and colleagues (2006) modified TEIQue to 

measure the same construct in adolescents between 13 and 17 years. The 

TEIQue-AAF, the full form of TEIQue, measures the same construct and yields 

scores on the same facets and factors. The short form of this version is the 

TEIQue-ASF which comprises 30 short statements and derives scores on the 

factors level and the global level, but not on the facet level. 
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 Another version was developed for collecting other-ratings (i.e., observer-

ratings). The TEIQue 3600 comprises 153 items, measuring 15 distinct facets, 4 

factors, and a global trait EI, asking the observer to assess the male or female 

ratees. This version does not reflect the trait EI but can be viewed as a rated EI 

measure. Like other versions, this version exists in two forms, the -SF and the -

FB forms. The TEIQue 3600-SF is the short form of the original one comprising 

30-items and deriving scores on the factor and global levels only. The other form, 

TEIQue 3600-FB, is slightly different in format compared to the other versions 

and forms. In the -FB form, the participant (in this case the observer) is asked to 

rate a certain ratee in each of the 15 facets in percentages instead of the usual 7-

point Likert scale. 

 The last is the TEIQue-CF version. This version aims to assess the 

emotion-related facets of personality in children between 8 and 12 years. This 

measure comprises 75 items covering 9 facets and a global trait EI score. Unlike 

the regular TEIQue versions, the -CF version is based on another sampling 

domain that has been specifically developed for children (Mavroveli et al., 2008). 

This version exists in one short form, the TEIQue-CSF. The short-form comprises 

36 items that can derive a global trait EI score between 8 and 12 years old. 
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Table 5 

A Brief Description of Different TEIQue Forms 

Scale Age n Facetsa Factorsb Globalc Completion 
Time 

Response 
Format 

TEIQue Adult 153 15 4 Yes 25 min 7-Likert-type 
TEIQue-SF Adult 30 0 4 Yes 5 min 7-Likert-type 
TEIQue-AF 13-17 

years 
153 15 4 Yes 25 min 7-Likert-type 

TEIQue-ASF 13-17 
years 

30 0 4 Yes 5 min 7-Likert-type 

TEIQue 360° Not 
Specified 

153 15 4 Yes 20 min 7-Likert-type 

TEIQue 360°-SF Not 
Specified 

30 0 4 Yes 5 min 7-Likert-type 

TEIQue 360°-FB Not 
Specified 

15 0 4 Yes 5 min Percentages 

TEIQue-CF 8-12 
years 

75 0 9 Yes 25 min 5-Likert-type 

TEIQue-CSF 8-12 
years 

36 0 0 Yes 10-15 min 5-Likert-type 

Note. n = number of items 
a The number of possible facets scores that can be obtained 
b The number of possible factors scores that can be obtained 
c Whether a global trait EI score can be obtained 
 
 
2.5.7–TEIQue Translations 

 As the interest in trait EI literature grows exponentially among 

researchers, exploring the trait EI characteristics across cultures and between 

countries emerged. The original English TEIQue has been translated into 27 

different languages (https://psychometriclab.com/translations-of-teique/). 

However, the norms for this measure is only available in 17 countries: Australia, 

Austria, Belgium, Brazil, Canada, China, Croatia, Cyprus, France, Germany, 

Greece, Italy, Norway, Poland, Spain, the UK, and the USA (Petrides, 2009). 
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Clearly, there are different norms for countries that share the same 

language. For instance, for Australia, Canada, the UK, and the USA, the norms 

are different even though the English language version was applied to these 

countries. It indicates that the norms are language-independent but depend on 

the culture and the country, as discussed in the cultural adaptation literature 

review. Some items were replaced, rephrased, or reordered during the 

adaptation process to reflect the intended culture before exposing them to the 

participants (Deniz et al., 2013; Martskvishvili et al., 2013; Jolić-Marjanović & 

Altaras-Dimitrijević, 2014; Shahzad et al., 2014; Ulutas, 2019). 

Additionally, to ensure the cross-cultural factorial stability of TEIQue, many 

international academics collaborated and formally reported their adaptations’ 

findings with other languages in peer-reviewed journals. The international 

research with different TEIQue translations supported the 4-factors model 

proposed by Patrides and Furnham (2001) using different factor analyses 

techniques (e.g., confirmatory factor analysis, exploratory factor analysis, and 

exploratory structural equation modelling; see Table 6). 
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Table 6 

Published Translations of TEIQue 

Study Details Factor Analysis Cronbach’s Alphaa,b 
Study Measure Language Method Factor

s  
Global WB SC EM SO 

Abe et al., 2012 TEIQue-
SF 

Japanese/Japan CFA 4 .87 .75 .65 .62 .71 

Al-Dassean, 2023 TEIQue-
SF 

Arabic/Jordan CFA 4 .91-.87 .81-.72 .53-.38 .68-.61 .54-.58 

Aluja et al., 2016 TEIQue Catalan/Spain CFA & EFA 4 .95 .91 .87 .89 .86 
Andrei et al., 2016 TEIQue Italian/Italy CFA 4 .86 .84 .57 .71 .77 
Ashouri et al., 2021 TEIQue Iranian/Iran EFA 4 .95 .90 .80 .86 .69 
Chirumbolo et al., 2019 TEIQue Italian/Italy ESEM 4 .86 .70 .69 .78 .82 
Deniz et al., 2013 TEIQue-

SF 
Turkish/Turkey CFA & EFA 4 .81 .72 .70 .66 .70 

Di Fabio et al., 2016 TEIQue Italian/Italy CFA 4 .96 .93 .81 .92 .80 
Feher et al., 2019 TEIQue-

SF 
Mandarin/China CFA 4 .88 .82 .65 .65 .47 

Freudenthaler et al., 2008 TEIQue German/Austria CFA & EFA 4 .96 .94 .86 .90 .88 
Gökçen et al., 2014 TEIQue Chinese/Hong 

Kong 
EFA 4 .91 .75 .82 .80 .82 

Hjalmarsson & Dåderman, 2022 TEIQue-
SF 

Swedish/Sweden NA NA .86 .55 .81 .61 .86 

Jacobs et al., 2015 TEIQue-
SF 

German/German
y 

CFA 4 .88 .85 .67 .58 .62 

Jolić-Marjanović & Altaras-Dimitrijević, 
2014 

TEIQue Serbian/Serbia CFA & EFA 4 .95 .80 .82 .78 .80 

Kryukova & Shestova, 2020 TEIQue-
SF 

Russian/Russia CFA & EFA 4 .80 .77 .67 .57 .65 

Martskvishvili et al., 2013 TEIQue Georgian/Georgia EFA 4 .87 .82 .71 .69 .78 
Mikolajczak et al., 2007 TEIQue French/Belgium EFA & 

Parallel 
Analysis 

4 .94 - 
.95 

.91 - 

.91 
.85 - 
.87 

.86 - 

.90 
.86 - 
.87 

Perazzo et al., 2020 TEIQue-
SF 

Portuguese/Brazil ESEM 4 .88 .85 .65 .64 .60 

Pérez-Díaz & Petrides, 2021 TEIQue-
SF 

Spanish/Chile CFA & ESEM 4 .90 .84 .81 .63 .41 

Rahimi, 2019 TEIQue Persian/Iran CFA 4 .87 .75 .59 .66 .72 
Sánchez-Ruiz et al., 2020 TEIQue English/Lebanon CFA & EFA 4 .86 .81 .75 .68 .78 
Shahzad et al., 2014 TEIQue-

SF 
Urdu/Pakistan NA NA .89 NA NA NA NA 

Stamatopoulou et al., 2016 TEIQue-
SF 

Greek/Greece NA NA .89 .78 .60 .64 .75 

Szczygiel et al., 2015 TEIQue-
SF 

Polish/Poland NA NA .90-.87 NA NA NA NA 

Ulutas, 2019 TEIQue Turkish/Turkey EFA & CFA 4 .91 .85 .70 .76 .84 
Zuanazzi et al., 2022 TEIQue Portuguese/Brazil EFA 4 .90 .86 .79 .76 .80 

Note. TEIQue = Trait Emotional Intelligence; TEIQue-SF = Trait Emotional 
Intelligence – Short Form; NA = Not Available; ESEM = Exploratory Structural 
Equation Modelling; EFA = Exploratory Factor Analysis; CFA = Confirmatory 
Factor Analysis; TEIQue = Trait Emotional Intelligence Questionnaire; TEIQue-
SF = Trait Emotional Intelligence Questionnaire – Short Form; WB = Well-being; 
SC = Self-control; EM = Emotionality; SO = Sociability 
a. Whenever there are two values in the cell, the first one is based on the male 

sample and the second one is based on the female sample. 
b. Omega coefficient was used instead of Cronbach’s alpha when the number is 

in italics. Test-retest reliability is used when the number is in bold. 
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Further, the internal consistency as an indicator of the reliability was 

assessed through Cronbach’s alpha, except for one study that used omega 

indices (Pérez-Díaz & Petrides, 2021). The internal consistency indices ranged 

from.80 to.96, showing an extraordinary reliability level of the overall scale. 

However, on the factor’s level, some troublesome internal consistency 

indices were noted. For example, the well-being factor had a Cronbach’s alpha 

of.55 when it was translated to Swedish (Hjalmarsson & Dåderman, 2022), and 

the self-control factor had a Cronbach’s alpha of.57 and.59 when translated to 

Italian (Andrei et al., 2016) and Persian (Rahimi, 2019), respectively. Further, the 

emotionality factor had a Cronbach’s alpha of.58 when it was translated to 

German and was applied in Germany (Jacobs et al., 2015) and.57 when 

translated to Russian (Kryukova & Shestova, 2020). Lastly, the sociability factor 

showed the relatively lowest Cronbach’s alpha value of.47 when it was translated 

to Mandarin and applied in China (Feher et al., 2019) and.41 when it was 

translated to Spanish and applied in Chile (Pérez-Díaz & Petrides, 2021). 

Although the previously mentioned reliability indices may sound 

problematic, it should not doubt the credibility of the TEIQue psychometric 

properties for three main reasons. First, the results are sample-specific in each 

country and cannot be generalised to other countries. Second, the relatively low 

Cronbach’s alpha values were not noted in a regular pattern across different 

translations, and some only appeared in two translations at maximum. Third, it 

could also potentially be a feature of poor adaptation practice. Therefore, 
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researchers should continue studying the psychometric properties for more 

TEIQue translations within each country and publish them to contribute to the 

TEIQue international research. Moreover, future research must consider re-

studying the measure within broader samples across each country (i.e., without 

over studying the students’ samples). 

Finally, and noteworthy, exploratory factor analysis was used in some 

studies to examine the factor-level compatibility between the translated and 

original versions. The results of a few studies showed inconsistent factor-level 

loadings, where facets are loaded on different factors compared to the theoretical 

model (Table 7). For instance, the adaptability facet, which does not load on any 

factor based on the original model, is loaded on the self-control factor 

(Mikolajczak et al., 2007; Ulutas, 2019). Likewise, the self-motivation facet does 

not load on any factor in the original model; however, in some translations, it 

loads on the well-being factor (Mikolajczak et al., 2007; Ulutas, 2019) and in 

others on the emotionality factor (Martskvishvili et al., 2013). Further, few studies 

reported the self-esteem facet under the sociability factor while it was theorised 

under the well-being factor (Mikolajczak et al., 2007; Martskvishvili et al., 2013; 

Sánchez-Ruiz et al., 2020). Additionally, the low impulsiveness facet is loaded on 

the emotionality factor instead of the self-control factor (Mikolajczak et al., 2007; 

Martskvishvili et al., 2013). 
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Table 7 

Facets Loading on Different Factors in Different Translations of TEIQue 

Translation Facet Original 
Factor 

Adapted 
Factor 

English/Lebanon    
 Self-esteem Well-being Sociability 
French/Belgium    
 Adaptability*  Self-control 
 Impulsiveness (low) Self-control Emotionality 
 Self-esteem Well-being Sociability 
 Self-motivation*  Well-being 
Georgian    
 Impulsiveness (low) Self-control Emotionality 
 Self-esteem Well-being Sociability 
 Self-motivation*  Emotionality 
Portuguese/Brazil    
 Adaptability*  Self-control 
 Self-motivation*  Well-being 
Turkish    
 Adaptability*  Self-control 
 Emotional 

Expression 
Emotionality Sociability 

 Self-motivation*  Well-being 
* This facet did not load on any factor but loaded on the Global trait EI directly. 
 
2.5.8–The relationship between trait EI and Sociodemographic Variables 

 As any other personality trait, trait EI could correlate with certain 

sociodemographic variables. These correlations may be different from one 

country or culture to another. Thus, particular attention has been paid to these 

correlations in different countries such as Chile, Greece, Italy, Japan, Serbia, 

United Kingdom, and United States. Clearly, less attention has been paid to the 

Kuwaiti culture, and therefore, we are aiming to fill this gap in the TEIQue 

literature concerning these correlations within Kuwaiti samples. 
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 2.5.8.1–Age. Several studies across different countries examined the 

relationship between TEIQue factors and age. The results emerged from these 

studies were inconsistent as some of them reported a positive relationship (e.g., 

Lin et al., 2013, in United States; Petrides & Furnham, 2006, in the United 

Kingdom; Stamatopoulou et al., 2016, in Greece), while a negative relationship 

was observed in another (Jolić-Marjanović & Altaras-Dimitrijević, 2014, in 

Serbia). Pérez-Díaz et al. (2021) merged data from four countries: Brazil, Chile, 

Italy, and United Kingdom, and found no relationship. 

2.5.8.3–Citizenship status. One study looked at the trait EI differences 

among citizens and non-citizens in Japan (Abe et al., 2013). They found that 

non-citizens (A sample comprises Taiwanese, Thais, and Indonesians, living in 

Japan) scored higher than their Japanese counterparts on global trait EI. The 

effect size in this study was not reported. We believe that this area is under-

researched, and we are aiming to contribute to it by examining the differences 

among citizens and non-citizens in Kuwait. 

2.5.8.3–Gender. Examining the gender differences in trait EI received 

more attention in the TEIQue literature than other sociodemographic variables. 

This is not surprising because researchers wanted to examine whether “IQ is 

male, and EQ is female” is true in different countries. In short, we can say that 

this claim is not accurate. 

In fact, several studies concluded the opposite, where males scored 

higher than females on global trait EI (Chirumbolo et al., 2019, in Italy; Petrides, 
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2009, in United Kingdom; Perazzo et al., 2020, in Brazil). In these studies, the 

effect sizes were medium to low, suggesting that the differences can be due to 

the constitution of the sample. The majority of studies, however, concluded that 

the global trait EI differences were not significant among the two gender groups 

(Abe et al., 2018, in Japan; Jolić-Marjanović & Altaras-Dimitrijević, 2014, in 

Serbia; Lin et al., 2013, in United States; Martskvishvili et al., 2013, in Georgia; 

McKinley et al., 2014, in United States; Pérez-Díaz & Petrides, 2021, in Chile; 

Sánchez-Ruiz et al., 2010, in United Kingdom; Siegling et al., 2012, in Canada; 

Stamatopoulou et al., 2016, in Greece). 

On the factor-level, males consistently scored higher than females on the 

Self-control and Sociability factors of trait EI (Chirumbolo et al., 2019; Jolić-

Marjanović & Altaras-Dimitrijević, 2014; Martskvishvili et al., 2013; McKinley et 

al., 2014; Perazzo et al., 2020; Siegling et al., 2012; Stamatopoulou et al., 2016). 

While females showed higher Emotionality scores than males (Chirumbolo et al., 

2019; McKinley et al., 2014; Siegling et al., 2012). Thus, we would expect the 

same in our Kuwaiti sample. 

2.5.8.4–Marital status. As citizenship status and trait EI, trait EI 

differences among different marital status groups are overlooked. Pérez-Díaz et 

al. (2021) examined the trait EI differences among different marital status in 

Chile, Italy, and United Kingdom. They found that married participants scored 

significantly higher than others in Chile and Italy, but not the United Kingdom, on 
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global trait EI. The findings in Chile and Italy in their study were consistent with 

the earlier findings in Greece (Stamatopoulou et al., 2016). 

2.5.8.5–University majors. Although TEIQue literature is growing in the 

academic field, only few studies concerned the trait EI differences across 

university majors. Sánchez-Ruiz et al. (2010) found that students in Arts majors 

had numerically higher global trait EI scores than other majors. In another study, 

Sánchez-Ruiz et al. (2013) found that psychology students scored had higher 

trait EI scores than their counterparts in other majors such as computer sciences, 

business, electrical engineering, and accounting. Taking the findings from these 

two studies, we believe that students in Arts majors will have higher trait EI 

scores than their counterparts in Science majors. 

2.5.9–The relationship between trait EI and Job-related Variables 

 Employees’ emotions play a crucial part in the workplace (Ashkanasy & 

Dorris, 2017). Evidence from the field of Organisational Psychology and 

Behaviour suggest that positive emotions influence workplace success-related 

variables, such as creativity, work engagement, coping, teamwork, and 

collaboration (Diener et al., 2020). Further evidence in the form of meta-analysis 

by Shockley et al. (2012) revealed that negative emotions were associated with 

harmful organisational behaviours. In fact, earlier findings from the decision-

making field showed that people's behaviour is determined by the emotions they 

expect to experience in the future or those they have experienced previously 

(Mellers et al., 1999). These effects have also been investigated with reference 
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to trait emotional intelligence theory to which we now turn (Sevdalis, Petrides & 

Harvey, 2007). 

 Several studies found that trait EI predicts many job-related variables such 

as job performance (Joseph et al., 2015; Li et al., 2018; O'Boyle et al., 2011), job 

satisfaction (Hubscher-Davidson, 2016; Ignat & Clipa, 2012; Li et al., 2018; 

Naderi Anari, 2012; Platsidou, 2010; Schutte & Loi, 2014), and organisational 

commitment (Nikolaou & Tsaousis, 2002; Petrides & Furnham, 2006; Salami 

2008). Yet these either focused exclusively on a single professional group (e.g., 

teachers) or pooled together multiple professions without regard to their unique 

characteristics. In the present dissertation, we will contribute to the existing body 

of the trait EI literature by including different and previously uninvestigated 

professions. 

2.5.9.1–Job Performance. Job performance is one of the most 

researched concepts within organisational settings, and one of the key variables 

included in our study. Motowidlo (2003) viewed job performance as a set of 

behaviours carried out by an individual that the organisation expects in a period 

of time. In one meta-analytic study, O’Boyle et al. (2011) found that trait EI is a 

very strong predictor of job performance with clear incremental validity over 

cognitive ability and the Five Factors of personality. In fact, Sackett et al. (2021) 

found, in a recent meta-analytic study, that trait EI is the best personality-related 

predictor of job performance. 
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2.5.9.2–Job Attitudes. Other job-related variables included in our project 

are job satisfaction, organisational commitment, and job attitudes. Job 

satisfaction can be viewed as how people feel about their job and several 

aspects related to it (Spector, 1997). While organisational commitment is viewed 

as people’s psychological bond to the organisation and how they persist in 

sacrificing for this organization (Allen & Meyer, 1990). 

Judge and Kammeyer-Mueller (2012) argued that job attitude is a 

multifaceted construct composed of several job-related attitudes such as job 

satisfaction and organisational commitment. Thus, job attitudes can be viewed as 

a hierarchical evaluation of one’s feelings toward their job (i.e., job satisfaction) 

and one’s attachment to their job (i.e., organisational commitment). For this, we 

will view job attitudes as a latent variable represented by both job satisfaction 

and organizational commitment throughout this project. 

Miao and colleagues (2016) studied the relationship between EI and job 

attitudes concepts (e.g., job satisfaction and organisational commitment). Their 

meta-analytic study found that self-reported trait EI was positively related to job 

attitudes. Thus, participants with higher trait EI generally tend to have higher job 

satisfaction and organisational commitment. 

Researchers started their investigation on the causal relationship between 

job attitudes and job performance in the '70s (e.g., Sheridan & Slocum, 1975; 

Siegel & Bowen, 1971; Wanous, 1974). Since then, most studies have shown 

that job performance and positive job attitudes (e.g., job satisfaction and 
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organisational commitment) were positively correlated. Yet, the causal 

relationship between them was inconclusive. Explicitly, does job performance 

increase job attitudes, or it is the other way around? Riketta (2008) conducted a 

meta-analytic regression to answer this question. The results of his study 

favoured the idea that positive job attitudes influenced job performance, but not 

the other way around. Therefore, we will retest this view in the current project. 

It is worth to mention that none of the foregoing meta-analyses has 

included results from Kuwait. Two reasons may potentially explain that. One is 

related to the fact that relevant studies may have been published in Arabic only, 

making them inaccessible to English researchers. The other reason could be the 

lack of studies in Kuwait. Either way, there is a noticeable lack of studies in 

Kuwait published in English and can be globally reached by interested people. 

As in most countries, two job providers exist in Kuwait: the government 

and the private sectors. The Central Statistical Bureau (CBS) of Kuwait (2021) 

reported that three-quarters of the employees in the government sector are 

Kuwaitis, while they only represent 4.5% of the employees in the private sector 

(CBS, 2014a, b). This discrepancy can be due to the salary paid by each sector 

compared to the job nature, working hours, and job security. Excluding the 

military sector from their report, CBS showed that 56% of the employees in the 

government sector are females, in which most of them are working in the Ministry 

of Education. Further, the report showed that most employees in the government 
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sector are between 25 and 44 years old. The results were similar in the private 

sector. 

In the present project, we are contributing to the literature by studying the 

relationship between trait emotional intelligence, job attitudes, and job 

performance in different professions within Kuwait. We will also present a 

starting-up trait EI profile for each profession for future researchers who wish to 

investigate these profiles for any purpose. 

2.6–The Five Factor Model of Personality 

2.6.1–Introduction 

 Undoubtedly, the five-factor model of personality, known as the Big Five, 

is the most popular personality model. Although the origin of this model is 

unclear, it is obvious that this model emerges based on Cattel’s system that 

depends on the factor analytic approach (for further details, see Digman, 1990). 

The researcher showed that the five-factor model was robust in many studies 

following the factor analytic approach. In other words, much of what is meant by 

the term personality is explained by the five-factor model. 

Nevertheless, the factor names and their interpretations were inconsistent 

among the researchers. For example, Norman’s (1963) five factors were 

surgency, agreeableness, conscientiousness, emotional stability, and culture. 

While Costa and McCrae’s (2008) most popular five factors were extraversion, 

agreeableness, conscientiousness, neuroticism, and openness to experience. 

Frequently, there is a global consensus on factors’ labels: I. Extraversion or 
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surgency; II. Friendliness or agreeableness; III. Conscientiousness; IV. 

Neuroticism or emotional stability; and V. Openness to experience or intellect. 

2.6.2–Costa and McCrae’s Five-Factor Model of Personality 

Costa and McCrae (2008) developed an inventory to assess the five 

factors of personality in 1985, known as the NEO-Personality Inventory (NEO-

PI). This inventory was limited to facet scales for Neuroticism (N), Extraversion 

(E), and Openness (O) factors only. Later, the two researchers developed the 

Revised NEO Personality Inventory (NEO-PI-R) in 1992 to add facet scale for the 

two remaining factors: Agreeableness (A) and Conscientiousness (C). The NEO-

PI-R provided an in-depth facets and factors levels’ personality assessment as it 

comprises 240 items. However, long measures are less practical when it comes 

to the personality assessment, especially, in survey research, due to the 

limitations of time. Accordingly, a shorter form of the NEO-PI family has been 

developed by the researchers comprising 12-items for each factor making up the 

total to 60 items. This shortened version is known as the NEO Five-Factor 

Inventory (NEO-FFI). We used this shortened form in our study due to the 

circumstances relating to our project (i.e., limited time and funding resources). 

Weiner and Greene (2017) summarised the interpretations of each factor in their 

Handbook of Personality Assessment (See table 11.4 in Chapter 11). 

Soon after the revised version appeared, several translations were made 

that led to a growing body of international personality research (for more details, 

see Costa & McCrae, 2008). The inventory has been translated into more than 



 99 

25 languages and culturally adapted in more than 50 cultures across all 

continents (McCrae & Terracciano, 2005). 

2.6.3–The Big Five and Trait EI 

 Many studies concerned the relationship between the Big Five factors and 

trait EI, measured by the TEIQue (Freudenthaler et al., 2008; Pérez-González & 

Sanchez-Ruiz, 2014; Perazzo et al., 2020; Petrides et al., 2010; Robinson et al., 

2020; Siegling et al., 2015; Van der Linden et al., 2012; Vernon et al., 2008). This 

is not surprising because trait EI is viewed as a personality trait and studying its 

relationship with a well-established trait taxonomy such as the Big Five model 

should be a concern. 

 Several studies concerned the level of overlap between the Big Five and 

trait EI (Petrides et al., 2010; Siegling et al., 2015; Vernon et al., 2008). By 

regressing global trait EI scores on the Big Five factors, the researchers found 

that the Big Five factors, jointly, explained, at least, 50% of the global trait EI 

variance. Thus, a 50% overlap between the Big Five and trait EI is expected. 

 In more detail, Neuroticism always showed the strongest correlation 

among the other Big Five variables with the global trait EI. Extraversion and 

Conscientiousness also showed a relatively stronger correlations with the global 

trait EI, compared to Agreeableness and Openness. Thus, we would expect the 

same pattern in our study when the Big Five and global trait EI is concerned. 
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2.7–Implicit Personality Measures 

2.7.1–Introduction 

 Historically, psychologists interested in studying the personality 

differences among individuals relied on self-report measures (e.g., Big Five and 

TEIQue). These measures are direct and scientifically categorised under explicit 

measures. Explicit measures assess mental structures and processes accessible 

through introspection (James & LeBreton, 2012). In other words, participants are 

asked directly to respond to items concerning their explicit needs, motives, 

values, and traits. For example, when you ask people directly how they feel 

about a product, you are using an explicit question. 

 In contrast, when you do not ask people directly about their feeling but 

assess their behaviour or how they perform a task (e.g., whether they come back 

to buy the same product again), you are using an indirect method. This indirect 

measurement method is referred to as implicit measure. Implicit measures are 

contrary to their explicit counterparts in which the earlier assess the mental 

structures and processes that are inaccessible through introspection (James & 

LeBreton, 2012). Accordingly, one may define implicit measures as an indirect 

assessment tool that people may be unaware of or are unwilling to report 

(Rudman, 2011). Undoubtedly, response latencies are the most common implicit 

measure during the last decade. 

 In response to latency studies, researchers are interested in measuring 

the reaction times when participants perform a certain task. Thus, the 
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participants are not asked about their feelings, instead, they focus on performing 

an objective task in which inferences are drawn from their timed performance. 

Implicit association tests (IAT; Greenwald et al., 1998) are the most common 

response latency that relies on reaction times to assess different personality 

aspects such as attitudes and traits (see section 2.7.2, for further details). Their 

main advantage over their explicit counterparts is that they are less susceptible 

to faking (Steffens, 2004; Vecchione et al., 2014). It is obvious as people tend to 

distort their explicit feelings, attitudes, or traits to present themselves to others 

favourably. Accordingly, IAT is developed to make it hard for participants to 

control their responses (i.e., to fake their responses) and reveal things that 

people may not even know that they possess. 

 Petrides and Furnham (2000) studied the EI construct and pointed out that 

different measurements lead to different constructs (e.g., trait EI vs. ability EI). 

We also argued that the implicit and explicit measures refer to two different 

personality-related constructs: implicit personality and explicit personality. 

Although one method (i.e., implicit measure) overcomes the disadvantages of the 

other (i.e., explicit measure), we believe that they complement each other and 

neither one is superior. As suggested by James and LeBreton (2012), 

researchers should study both aspects to develop a comprehensive 

understanding of one’s personality and the consequential behaviours or 

constructs. More importantly, Lane and colleagues (2007; p.67-68) presented a 

table comprising the correlation indices between an implicit measure and its 
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corresponding explicit measure from several studies. They showed that the 

correlation between the implicit and its corresponding explicit measure was weak 

in the majority of studies. Therefore, we would expect similar weak correlation in 

our study in Chapter 6. 

2.7.2–Implicit Association Test 

 The IAT was introduced by Greenwald and colleagues (1998) to assess 

implicit attitudes. Two years later, Greenwald and Farnham (2000) introduced 

this measurement method to the personality field. The key concept behind the 

IAT is that inferences about one’s attitudes, feelings, or traits are based on 

reactions time (i.e., the time taken to perform the task). The logic behind relying 

on reaction times is based on the idea that people perform better (i.e., with speed 

and accuracy) when the task is aligned with their cognitive associations. In other 

words, when the task demands conflict with one’s automatic mental links, the test 

takers are slowed down and make more mistakes. In short, it is based on the 

association between the participant’s reaction time to categorise stimuli related to 

two pairs of concepts: target and attribute. 

The IAT test comprises five separate categorisation tasks, represented by 

seven blocks. In the first categorisation task (Block 1), the participant is asked to 

sort words relating to the concepts (e.g., Me and Others) into categories. In the 

second task (Block 2), participants are asked to perform the same sorting task, 

but this time with different concepts (e.g., Emotionality and Logicality). In the third 

task (Blocks 3 and 4), the categories are combined in a way that presents two 
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concepts on the left of the screen, while the other two on the right (e.g., Me + 

Emotionality and Others + Logicality). In the fourth task (Block 5), the placement 

of the concepts presented in Block 2 switches (e.g., Logicality on the left and 

Emotionality on the right) and the participant is asked to perform the same 

sorting task. In the fifth task (Blocks 6 and 7), all concepts are combined again, 

but in a different combination than in Blocks 3 and 4 (e.g., Me + Logicality and 

Others + Emotionality). A schematic overview of these blocks is presented in 

Figure 4 using one of the trait EI sub-IATs from our study, which was based on 

the guidelines by Lane et al. (2007). 

In concepts such as the Big Five and trait EI, several IATs, each called 

sub-IAT, are used to assess the underlying constructs. For instance, the Big Five 

IAT consists of five sub-IATs corresponding to the five constructs representing 

the Big Five (Costa & McCrae, 2008). Similarly, the trait EI IAT consists of four 

sub-IATs corresponding to the four factors of trait EI (Petrides, 2009). 

In both concepts, the first categorisation task was only presented in the 

first sub-IAT and eliminated from the following sub-IATs for two reasons. First, 

the participant has already been introduced to the concepts related to the first 

categorisation task (i.e., Me + Others) which is one of this IAT’s aims. Second, to 

avoid adding unnecessary trials that lead to longer tests, as adding these trials 

will result in including 140 more trials. Clearly, adding these trials will increase 

the likelihood of respondent fatigue (Ben-Nun, 2008), which can threaten the 

validity of our results. 
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Figure 4 

Schematic overview of the IAT 

 

Figure 5 

Illustration of Emotionality-Logicality IAT 

 
Note. English translations in quotation marks were not shown to participants. 
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2.7.3–Building IAT Blocks 

 As shown in Figure 4, the IAT comprises seven blocks. In Block 1, the 

participants are asked to rapidly classify stimulus (in our case, a word) into the 

concept me (by pressing the left assigned key “E” in English keyboard and “ث” in 

Arabic keyboard) and others (by pressing the right assigned key “I” in English 

keyboard and “ ـھ ” in Arabic keyboard). The same task is repeated in Block 2 with 

two different concepts, emotionality and logicality. In Block 3, the previous two 

tasks are combined, and the participants are asked to perform the classification 

task with two concepts on each side; when the stimulus belongs to the concepts 

me or emotionality, the participant will have to press the left key. The same task 

is performed in Block 4 but with more trials. In Block 5, the task in Block 2 is 

reversed. The participants will press the left key if the stimulus belongs to the 

logicality concept and the right key for the emotionality concept. In the last two 

blocks, Block 6 and 7, the concepts are reversed from Blocks 3 and 4, and 

participants are asked to perform the same classification task. 

 Several considerations must be concerned when constructing an IAT. The 

first consideration is related to defining the construct because this will affect the 

choices of the categories in the next stage. Many categories have an obvious 

comparison category, such as me and others categories, in our study. However, 

in some cases, choosing the comparable category is not an obvious step. In such 

cases, it is advised to use a mutually exclusive category from the same domain. 

For example, Grumm and Collani (2007) used extraversion and introversion 
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categories in their study. Therefore, we followed the advice to use an approach 

to choose the appropriate categories in our study (See Grumm & Collani (2007) 

p. 2215 for further examples). 

 After choosing the appropriate categories, the IAT developer must ensure 

that the stimuli under each category are well-chosen. Lane et al. (2007) stated 

stimuli matter when they discussed the contradictory attitudes toward America 

when the category America was presented by the names of certain presidents 

compared to flag images and other common sightseeing. Furthermore, they 

suggested avoiding negated stimuli because participants tend to take more time 

to process the negations and classify it properly, which indeed affects the 

response time. We believe that the stimuli must undergo pilot testing in which 

participants should be given the four categories and a shuffled list of all stimuli 

and asked to perform the classification task. By doing this, we can ensure 

whether the stimuli list under each category is appropriate. 

 An illustration of one of the categorisation tasks used in our trait EI IAT is 

shown in Figure 5. As can be seen, two different colours are used for targets and 

attribute categories. It helps to reduce the task ambiguity when two pairs are 

shown on a certain task instead of one category on each side, as suggested by 

Lane et al. (2007). 

 Another stimuli-related concern is the number of stimuli used under each 

category. The first aspect involves whether an equal number of stimuli should be 

used under each category. This aspect is under-researched within the field; 
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however, we see no clue in including the unequal number of stimuli under each 

category. The second aspect is related to the appropriate number of stimuli. 

Several studies using different numbers of stimuli (e.g., as low as four and as 

high as 25 stimuli) concluded that stimuli number does not affect the magnitude 

effect nor the reliability of the scores (Greenwald et al., 1998; Nosek et al., 2005). 

 Furthermore, the IAT comprises three single-categorisation practice 

blocks (Blocks 1, 2, and 5) and four double categorisation critical blocks (Blocks 

3, 4, 6, and 7). We followed the suggestions in the literature (Greenwald et al., 

1998; Nosek et al., 2005; Lane et al., 2007) to include 20 trials in Blocks 3 and 6 

and 40 trials in Blocks 4 and 7. In Block 5, we included 40 trials to reduce the first 

combined pair effect on the IAT scores because participants would show greater 

IAT effects for whichever combined pair is shown first (i.e., order effect; Nosek et 

al., 2005; Schnabel et al., 2008). Also, the IAT was designed through Qualtrics to 

counterbalance the double categorisation blocks among participants. 

 Last, as suggested by Lane et al. (2007), we included error feedback to 

the participants whenever the stimulus is wrongly classified (i.e., a red “X” 

appears in the middle of the screen). The participant is instructed to press the 

other key to correct his response, and an error penalty is added to his recorded 

response time. 

2.7.4–The Logic behind IAT 

 In IAT, the task response time is the measurement core, and all 

conclusions are based on it. As stated earlier, when the IAT was first presented, 



 108 

it was presumed that the participant would perform the classification task more 

accurately and faster if the associated categories shared the same keys on the 

keyboard. 

 For that logic, the response time for each task is recorded and stored. 

Afterwards, the differences in the responses time to a certain pairing of the target 

and attribute (e.g., Me + Emotionality and Others + Logicality) are compared to 

the reversed set (e.g., Me + Logicality and Others + Emotionality). This 

comparison estimates the association strength between the two sets of pairing. 

To elaborate, if the task response time is faster for the first set, we can conclude 

that the relative association in the first set is stronger than the other set. Hence, 

the participants reflect an implicit preference to view themselves as emotional 

over being logical. 

2.7.5–Scoring and Interpreting IAT Effects 

 At early stages, researchers reported the IAT effects as the differences in 

mean response time between two combined pairings (i.e., Blocks 4 and 7) until 

Greenwald and colleagues (2003) introduced an improved scoring algorithm 

(called D) that overcomes all early IAT scoring methods issues. D is the 

difference in mean response time between the IAT’s two combined tasks (e.g., 

Me + Emotionality and Me + Logicality), divided by its associated (i.e., inclusive) 

standard deviation. They also recommended deleting all trials greater than 

10,000 milliseconds (i.e., very slow) and all subjects for which more than 10% of 
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their trials have a response time lesser than 300 milliseconds (i.e., button 

mashers). 

Lane et al. (2007) pointed out five advantages of using D. First, D 

minimises the correlation between the IAT effects and individuals’ mean 

response time. Second, it minimises the effect of the IAT blocks’ order. Third, it 

minimises the effect of IAT experience on selecting new IATs. Fourth, it retains 

higher internal consistency values. Last, it maximises the correlations between 

the corresponding implicit and explicit measures. Further, Rudman (2011) 

pointed out that it reduced the unwanted error variance caused by individual 

differences in performing the task and cognitive skills. Therefore, D is used 

throughout this study during IAT use. 

The IAT D score is called an IAT effect size. Rudman (2011) suggested 

that the D statistic estimates IAT effect size magnitude and the values of.15, .35, 

and .60 correspond to small, medium, and large effect sizes, respectively. 

Further, the D statistic can be transformed into a more familiar effect size 

measure, Cohen’s d, dividing D by the sample’s standard deviation. 

2.8–Evaluating Psychometric Properties 

2.8.1–Introduction 

 Hubley and Zumbo (2013) defined Psychometrics as the field of study that 

focuses on the theory and techniques associated primarily with the measurement 

(i.e., quantifying) of constructs, including the measures’ development, 

interpretation, and evaluation. In other words, psychological measures are 
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necessary to test various psychological theories, and the psychometrics field 

ensures the quality of these measures. In particular, adequate psychometric 

quality of the measure has crucial implications on any interpretation drawn from 

psychological research and their meaning. For instance, based on the 

psychometric theory, the correlation between any two variables is affected by 

one of the measure’s psychometric properties related concept, the reliability 

(Furr, 2011). Therefore, the psychometric properties of the measurement quality 

should be questioned before drawing any implications from psychological 

studies. Specifically, researchers should examine some basic psychometric 

properties that threaten the measurement quality such as dimensionality, 

reliability, and validity. 

2.8.2–Dimensionality and Factorial Structure 

 In psychology, dimensionality is defined as the number of dimensions 

applied in measuring a construct (VandenBos, 2007). In other words, it reflects 

the number of variables (i.e., factors) assessed by certain items. Some measures 

are unidimensional (i.e., single-factor), with all items reflecting a single variable 

(e.g., Rosenberg Self-Esteem Scale; O'Brien, 1985). While other measures are 

multidimensional (i.e., two or more factors) in which a specific set of items 

reflects multiple psychological variables (e.g., TEIQue-SF; Petrides, 2009). 

 Usually, when a set of items is used to measure a certain psychological 

construct, researchers aggregated their scores in practice to obtain what is called 

a global or total score. However, this score is psychologically meaningless unless 
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the correlation between the items is examined. In short, the items must correlate 

with each other to conclude that they share a common psychological construct. 

Similarly, for a multidimensional measure, the correlation between different 

variables (i.e., factors) must be examined before creating a global score for the 

overall psychological construct. 

Thompson (2004) argued that examining the factorial structure of a 

measure is significant to evaluate the score validity, specifically, the construct 

validity. He also argued that the same procedure would lead to an empirically 

driven theory development based on the nature of constructs. Researchers 

developed several dimensionality evaluation (i.e., factor analysis) methods to 

address the importance of the factorial structure of a measure, such as 

exploratory factor analysis (EFA), confirmatory factor analysis (CFA), and a blend 

of CFA and EFA approaches known as exploratory structural equation modelling 

(ESEM). 

2.8.3–Exploratory Factor Analysis and Confirmatory Factor Analysis 

 As the name suggests, EFA is used when the goal is to explore the 

substantive number of factors that can be extracted based on the data. It is in 

contrast to CFA, in which the researcher’s goal is to confirm the number of 

factors suggested by the literature. Researchers apply EFA when the intended 

measure is relatively new within the field and under-researched. While CFA is 

used when the measure’s factorial structure across many studies emerges over 

time to confirm the factorial structure in other settings or samples. For example, 
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applying EFA would lead to a meaningless interpretation when researchers are 

using methods to test the factorial structure of TEIQue-SF because its factorial 

structure is well-established across nations and cultures. Therefore, applying 

CFA will be much more appropriate. 

 Broadly, EFA is a data-driven method that explores the inter-item 

correlations to identify which set of items are strongly correlated with each other 

but weakly with others (Brown, 2015; Furr, 2011). This set of items is believed to 

represent a psychological dimension (i.e., factor). Therefore, if all items are 

highly correlated, the measure is unidimensional, and if more than two sets exist 

the measure is multidimensional. 

  Contrarily, CFA is a hypothesis-driven type structural equation modelling 

(SEM) that confirms the factorial model suggested by the literature (Brown, 2015; 

Cai, 2013). Similar to EFA, it examines the correlations between the items, 

leading to a number of factors. However, in CFA, researchers specify the number 

of factors before the analysis compared to the EFA, where no specifications are 

made. Further, the item correlation patterns are also within the scope in CFA. 

Accordingly, CFA requires a stronger empirical foundation to guide the factorial 

structure of the measure. 

 Widaman (2012) argued that CFA can be viewed as a restricted form of 

EFA because of the parameters estimated through the analysis. In CFA, the 

parameter estimation is restricted and guided by the theory and prior research, 

and therefore, the model accepts a limited orientation of the factors. While in 
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EFA, an infinite number of alternative factor orientations can result from the 

model because of the unrestricted parameter estimation. 

Upon fitting the best model describing the factorial structure of a measure, 

researchers report parameter estimates such as the item’s factor loadings, inter-

factor correlations, and error variances (Furr, 2011). These parameter estimates 

give a deeper insight into the factorial structure and the psychometric properties 

of the measure. For example, factor loadings show the degree to which each 

item is linked to a certain factor (Cai, 2013; Furr, 2011); therefore, researchers 

can identify any problematic items by examining these estimates. 

Despite the clear differences between the two-factor analysis approaches, 

Browne (2001) argued that the CFA approach was often used for exploratory 

purposes. In some cases, the specified measurement model, which is tested 

through CFA, is not well-fitted, and therefore, some modifications could be made 

to the measurement model. Consequently, Browne preferred EFA rather than 

CFA. Furthermore, many researchers argued that many measures used within 

the personality field were well-defined using the EFA but not supported by the 

CFA approach (Church & Bruke, 1994; Marsh et al., 2009; McCrae et al., 1996). 

This is because the CFA relies on a restrictive approach when the factor loadings 

are estimated in which every item loads only and exclusively on one factor. This 

approach is too restrictive for personality research, where some items can load 

on two or more factors if the two factors are highly correlated. Therefore, there is 
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a need to develop a less restrictive factor analysis approach that combines the 

theoretical framework of both CFA and EFA. 

2.8.4–Exploratory Structural Equation Modelling 

 Exploratory structural equation modelling (ESEM) is a relatively new 

approach that integrates both CFA and EFA within the same approach (see 

Asparouhov & Muthén, 2009 for more details). With the ESEM approach, some 

factors are specified according to the CFA approach, while others are according 

to the EFA approach. Not only selecting the two approaches as they are, but 

ESEM also has some technical advantages over the CFA and EFA approaches 

to overcome their limitations (Brown, 2015). For instance, ESEM is the most 

appropriate approach to analyse the factorial structure of multidimensional 

measures in a large sample, such as the case of the present dissertation (Marsh 

et al., 2010). Additionally, with ESEM, personality measurement researchers 

have access to typical SEM parameters estimates along with their associated 

standard error and goodness-of-fit statistics (Asparouhov & Muthén, 2009; Marsh 

et al., 2009; Marsh et al., 2014). 

2.8.5–Model Fit Statistics 

 Regardless of which method is used to evaluate the factorial structure of a 

measure (i.e., measurement model), researchers follow the same path to 

examine the overall adequacy of a model (Furr, 2011). Fit indices are used as a 

measure of overall measurement model adequacy in the CFA context to 

determine how many factors to retain. Although these fit indices are commonly 
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used in the context of CFA and SEM in general, many researchers used them 

within the EFA context, as pointed out by Finch (2020). 

Hair et al. (2010) categorised model fit indices into three types: A) 

Absolute fit indices, B) Incremental fit indices, and C) Parsimony fit indices. The 

absolute fit indices are direct measures of how well the proposed model fits the 

sample data. Incremental fit indices are measures of the estimated model’s fit 

compared to a baseline model (e.g., null model). The last group of fit indices are 

parsimony fit indices, which are designed to provide a balance between model fit 

and complexity. Table 8 presents a summary of the most-commonly used fit 

indices of each type. 

Table 8 

Different Types of Fit Indices 

Category Index Notes 
Absolute fit 
indices 

𝜒! Not applicable for large sample sizes and greater 
number of observed variables 

 GFI Affected by sample size due to its effect on sampling 
distributions 

 RMSEA Corrects for model complexity and sample size 
 SRMR Useful for comparing fit across models 
   
Incremental 
fit indices 

CFI Relatively insensitive to model complexity 

 TLI Kind of conceptually similar to CFI but it is not 
normed 

   
Parsimony 
fit indices 

AGFI Less used because of sensitivity to sample size and 
model complexity 

 PNFI Used to compare between one model to another, 
with a higher values indicating better fit 

Note. 𝜒! = Chi-square, GFI = Goodness-of-fit index, RMSEA = Root mean square error 
of approximation, SRMR = Standardised root mean residual, CFI = Comparative fit 
index, TLI = Tucker Lewis index, AGFI = Adjusted goodness-of-fit index, PNFI = 
Parsimony normed fit index. 
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 Notwithstanding the work in the SEM field, the acceptable values for fit 

indices remain a controversial issue. In the early 90s, several researchers 

suggested guidelines for acceptable (i.e., cutoff) fit values. For example, a 

nonsignificant 𝜒! value suggests an acceptable fit, CFI > .90 (Hu & Bentler, 

1995), and RMSEA < .08 (Browne & Cudeck, 1992). While in a later work, Hu 

and Bentler (1999) suggested another cutoff value for CFI and that a value equal 

or greater than .95 can be used (along with several different indices) to argue 

that the proposed model fits the observed data. 

 Clearly, evidence supporting both positions created a conflict on which 

cutoffs both researchers and reviewers should rely on. In more recent work, Hair 

and colleagues (2010) explicitly argued that neither .90 nor .95 (as an acceptable 

cutoff for CFI) are “magic” values to distinguish between good and bad models. 

Accordingly, they suggested reporting multiple indices from different types so did 

Hu and Bentler (1999). This is because reporting a single fit index, even with a 

stricter cutoff value, is not better than reporting the 𝜒! value alone (Marsh et al., 

2004). 

 Furthermore, researchers should consider both sample size and model 

complexity when choosing the appropriate cutoff (Hair et al., 2010; Weston & 

Gore Jr, 2006). Research with larger samples and less complex models may 

require stricter criteria. Hair et al. (2010) provided characteristics of different fit 

indices representing acceptable fits for different model situation. These 

characteristics are summarised in Table 9. For example, if the research is based 
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on a sample of 1000 participants and a three-construct model with 15 indicators, 

then evidence of a good fit would be significant 𝜒!, a CFI of at least .92, and 

RMSEA less than .07. This would not apply to research with a sample size of 200 

and a single construct with 6 indicators. Therefore, careful consideration should 

be paid by researchers to their study characteristics before interpreting fit indices. 

Table 9 

Characteristics of Different Fit Indices Demonstrating Goodness-of-Fit Across 

Different Model Situations 

 N < 250 N > 250 

m ≤ 12 12 < m < 30 m ≥ 30 m ≤ 12 12 < m < 30 m ≥ 30 

𝝌𝟐 Insignificant 

p-values 

expected 

Significant 

p-values 

even with 

good fit 

Significant 

p-values 

expected 

Insignificant 

p-values even 

with good fit 

Significant 

p-values 

expected 

Significant 

p-values 

expected 

CFI or TLI .97 or better .95 or better Above .92 .95 or better Above .92 Above .90 

SRMR Biased, use 

other indices 

.08 or less 

(with CFI of 

.95 or 

higher) 

Less than 

.09 (with 

CFI above 

.92) 

Biased, use 

other indices 

.08 or less 

(with CFI 

above .92) 

.08 or less 

(with CFI 

above .92) 

RMSEA Values < .08 

with CFI = .97 

or higher 

Values < 

.08 with CFI 

of .95 or 

higher 

Values < 

.08 with CFI 

above .92 

Values < .07 

with CFI of 

.97 or higher 

Values < 

.07 with CFI 

of .92 or 

higher 

Values < 

.07 with CFI 

of .90 or 

higher 

Note. Adapted from “Multivariate data analysis”, by J. F. Hair, C. B. William, J. B. 
Barry, and E. A. Rolph, 2010, p. 647, Upper Saddle River, NJ: Prentice Hall. 
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 Finally, we can conclude that determining whether a certain model is good 

or bad is not a straightforward practice. In contrast, it is easier to determine 

whether one model is better than another in the case of multiple models. Taking 

CFI as an example, a CFI of .95 is definitely better than a CFI of .85 for a similar 

model (Hair et al., 2010). Thus, if multiple alternative models exist, researchers 

can retain the model with a better fit as long as it is theoretically meaningful. 

2.8.9–Reliability 

 Commonly, reliability refers to the degree to which the observed score 

variance reflects the true score variance, or in other words, to which extent the 

observed scores are free from measurement error (Furr, 2011; Hubley & Zumbo, 

2013; Geisinger, 2013). Statistically, it can also be viewed as the repeatability 

and consistency of the scores. Each of the earlier definitions is approached (i.e., 

estimated) differently and referred to different reliability perspectives. 

2.8.9.1–Methods of Estimating Reliability. Several methods can be 

used to estimate the reliability of a score on a certain measure. In general, these 

methods are based on two main models to test the reliability: the parallel testing 

model and the sampling domain model (see Geisinger et al., 2013, p. 24). 

The two methods, i.e., the test-retest and alternate forms reliability, are 

alike when they are both considered as examples of the parallel test model. The 

two methods concern the stability of scores by examining the similarity of the 

individual scores on two different conditions (i.e., occasions or comparable 

forms). They differ from each other in two ways; first, the same measure is used 
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on two occasions in the test-retest method, but two comparable forms of the 

same measure are administered in the alternate forms. Second, the time 

between the two occasions is longer when the test-retest method is used than 

the alternate forms. 

Different methods based on the sampling domain model estimate the 

reliability of scores through the consistency concept. In contrast to the two 

previously mentioned parallel model methods, internal consistency methods do 

not administrate two measures or the same measure twice. However, they rely 

on the level of agreement (i.e., consistency) among different parts within the 

same test (Furr, 2011). 

Generally, the internal consistency methods are divided into two main 

techniques: split-half and item homogeneity techniques (Geisinger, 2013). The 

split-half technique was developed earlier than the item homogeneity technique, 

and in general, it is less complex. In short, the logic behind the split-half 

technique is to divide the test into two halves by matching or alternating the items 

(e.g., dividing into odd and even numbers) and then correlate the scores of the 

two halves. A higher correlation between the two halves is considered an 

acceptable reliability level. However, the correlation between the two halves 

represents the reliability of each half, not the overall measure. Therefore, an 

adjustment known as the Spearman-Brown formula is used to compute the split-

half reliability (Geisinger, 2013). Although the reliability computations for the split-

half technique are simple, dividing a measure into two halves is not a 
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straightforward procedure. Due to the subjective nature of this procedure, the 

results of the reliability estimates may be inconsistent, depending on how you 

divide the measure. 

In the homogeneity of items technique, there is no need to split the 

measure into halves. This approach looks at the consistency in all items on a 

certain measure without dividing them. By this, researchers overcome one of the 

vital disadvantages of the split-half technique, the reliability estimates 

inconsistency. No matter which item homogeneity indices (i.e., reliability 

coefficients) have been used, the estimates of reliability will be identical, given 

the same dataset. 

Cronbach’s alpha (Cronbach, 1951), also known as coefficient alpha, is 

the most common item homogeneity index in the literature. Alpha uses the inter-

item correlations to estimate the reliability of scores on a certain measure. This 

index is useful in estimating the reliability of scores measured on an interval or 

ratio scale. Thus, it is often used to investigate the reliability of scores on 

personality measures using Likert scales. Further, it is sometimes used to assess 

the unidimensionality of a measure; however, this is considered one of the 

misuses of coefficient alpha (Revelle & Zinberg, 2008; Schmitt, 1996). Cronbach 

argued that the two terms, internal consistency and homogeneity, refer to two 

different aspects of the measure, and they are often mixed in the literature. The 

internal consistency refers to the correlation between items, and it is necessary 

for homogeneity but not sufficient. Homogeneity refers to the unidimensionality of 
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a group of items. Therefore, in short, Cronbach’s alpha can never be viewed as a 

unidimensionality index but an index to estimate the internal consistency of the 

measure. 

Another misuse of Cronbach’s alpha is reporting it when the measure is 

multidimensional. Cronbach’s alpha underestimates the reliability if the inter-item 

correlation matrix used in the computations is not of a unit rank, in other words, 

not unidimensional (Cronbach, 1951; Schmitt, 1996), which is the case of most 

personality measures. Reise and colleagues (2013) showed that Cronbach’s 

alpha overestimates the reliability of scores obtained by multidimensional 

measure. Therefore, psychometricians developed more powerful reliability 

estimates for multidimensional measures (e.g., TEIQue-SF) such as McDonald’s 

hierarchical omega (𝜔") (McDonald, 2013; Zinbarg et al., 2005). Technically, the 

McDonald’s hierarchical omega represents the degree to which scores reflect a 

variation on a single common factor, such as estimating the precision of the 

global trait EI scores from the TEIQue-SF. Revelle and Zinbarg (2008) showed 

that 𝜔" was more accurate than other reliability indices (e.g., Cronbach’s alpha) 

in estimating the reliability of scores obtained from multidimensional measures. 

Therefore, it is recommended to estimate the reliability through 𝜔" when 

examining a multidimensional measure, while Cronbach’s alpha for 

unidimensional measures. 
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2.8.10–Validity 

 Validity refers to the degree to which a measure is used to assess a 

supposed construct. In other views, it refers to the accuracy and precision of a 

measure in assessing the supposed construct. It means it is about the level of 

evidence (i.e., strong versus weak), not all or none. It also concerns the 

measure’s scores, apart from the measure itself. Therefore, researchers should 

pay attention to the validity interpretations (Sierci & Sukin, 2013). 

 Evaluating the validity of a measure is an important step concerning its 

psychometric properties, like assessing the dimensionality and reliability. Even 

with robust dimensionality and reliability scores, a poor level of validity 

compromises the psychometric properties of the measure (Furr, 2011). 

 Numerous types of measurement validity exist that can be divided into the 

following three broad categories: content-related, criterion-related, and construct-

related validity (Sierci & Sukin, 2013). 

 2.8.10.1–Content-related Validity. Content-related validity refers to the 

degree to which the measure’s content is relevant and representative of the 

construct of interest (VandenBos, 2007). For instance, if the measure is designed 

to assess the trait emotional intelligence, content validity indicates how well-

representative the items within the measure are. Not only the items but content 

validity concerns all elements related to the measure, such as the instructions, 

response formats, and scoring instructions (Haynes et al., 1995). For example, 

the content validity of an IAT type measure will be compromised if it is used to 
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assess the explicit nature of the construct. Therefore, it is important to survey the 

field experts concerning the content validity of the measure. 

 2.8.10.2–Criterion-related Validity. Criterion-related validity refers to the 

degree to which our measure of interest is related to another well-established 

measure (i.e., criterion; VandenBos, 2007). Statistically, the correlation 

coefficient between our measure and the criterion can be viewed as the criterion 

validity coefficient (Hubley & Zumbo, 2013). The larger the correlation coefficient 

is, the better criterion-related evidence we retain. 

 Overall, the criterion-related validity evidence can be either predictive or 

concurrent. As the name suggests, predictive validity refers to the degree to 

which a score on our measure of interest can predict a score on a criterion 

measure (i.e., at a later date). While concurrent validity refers to the degree to 

which a score on our measure of interest is related to a current criterion (i.e., at 

the same time or nearly the same time). 

 Several statistical procedures can be used to quantify criterion-related 

validity. A simple way to approach concurrent validity is by simple correlational 

analysis. Correlation analysis assesses the relationship between two numeric 

values, in our case, the scores on our measure of interest and the scores on the 

criterion measure. The direction of the relationship (i.e., positive or negative) 

would be based upon the literature and how the two measures are expected to 

correlate. Notably, this approach can be used to quantify the concurrent validity 

but not the predictive validity due to the Pearson’s correlation coefficient’s nature. 
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Laborde et al. (2016) studied the concurrent validity of the long and short forms 

of TEIQue through this method. 

 Regression Analysis is a more advanced method used to assess the 

correlation between variables (i.e., concurrent validity) or how one variable 

predicts another outcome (i.e., predictive validity). This method has been widely 

used to evaluate the criterion-related validity of the long and short forms of 

TEIQue (Frederickson et al., 2012; Gardner & Qualter, 2010; Siegling et al., 

2015). 

 2.8.10.3–Construct-related Validity. Construct-related validity refers to 

the degree to which a measure is capable of measuring a construct (VandenBos, 

2007). For example, if a researcher develops a measure to assess the global trait 

EI, the construct validity of the measure is the extent to which the measure 

exclusively assesses global trait EI as opposed to other related constructs. 

 Three main aspects related to the construct-related validity are factor 

analysis, convergent validity, and divergent validity. Factor analysis is one of the 

techniques used to retain the construct-related validity and has been covered 

earlier. The other two aspects, convergent and divergent validity, involves 

comparing our measure with the existing measure that concerns the same 

construct. 

 Convergent validity refers to the extent to which a score on our measure 

of interest is strongly correlated with a similar measure (VandenBos, 2007). 

Evidence of the convergent validity can be retained through a simple bivariate 
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correlation (i.e., simple associations) or regression (i.e., associations after taking 

other covariates into account), depending on the nature of the relationship. A 

high correlation between our and the other measures for the same construct is 

expected. However, concerning the construct validity, some may argue why we 

would develop a new measure if it is highly correlated with another measure for 

the same construct. We believe that in some cases (e.g., less money or time 

resources), having alternative measures for the same construct is useful. 

Furthermore, Laborde et al. (2016) showed that the short and long forms of the 

TEIQue yielded the same results. This evidence helps researchers with less time 

and financial resources to use the shorter form of TEIQue (i.e., TEIQue-SF) 

instead of the long one to achieve their research goals. 

 Contrarily, divergent (i.e., discriminant) validity refers to the extent to 

which our measure diverges from another measure of the different construct 

(VandenBos, 2007). Both factor analysis method and correlation analysis can be 

done to assess divergent validity. A poor correlation is assumed between our 

measure and the other construct-irrelevant measure. However, this poor 

correlation could be due to the low-reliability levels of one of the measures (Furr, 

2011). Hence, one should check the reliability of the measures during the validity 

assessment through correlation analysis. Furr (2011) also pointed out the effect 

of skewness on correlations. The researcher argued that correlations between 

unequally distributed measures tend to be smaller than their equally distributed 
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counterparts. Therefore, the effect of skewness should be considered whenever 

correlations are of interest throughout the project. 
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Chapter 3: Adapted Personality-related Measures in Kuwait: A Scoping 

Review 

3.1–Abstract 

Scoping reviews are considered as a useful method to provide a comprehensive 

overview of a specific topic. We used this method in our study to search the 

personality-related measures’ adaptation literature within the Kuwaiti-Arabic 

context to identify the most researched constructs and measures. The scoping 

review followed the Arksey and O’Malley’s (2005) five-stage framework. Eight 

different key terms were searched through seven different databases to identify 

the relevant literature. Fifteen articles were included in our final review after 

meeting our inclusion criteria. These articles comprise 30 different personality-

related measures’ adaptation. The results show that depression and shyness 

were the most researched constructs by researchers. Also, the majority of 

measures were adapted before 10 years. Concerning the adaptation procedures, 

forward and back translations along with the expert committee were the most 

three practices followed by researchers. For the purpose of our PhD project, we 

will consider adapting the measures that were not adapted before. Furthermore, 

we will follow the ITC (2017) guidelines during the adaptation to ensure the best 

degree of equivalency. 
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3.2–Introduction 

The primary goals of our review are to explore which personality-related 

instruments have been adapted in Kuwait and which adaptation procedures (i.e., 

guidelines) have been followed. The first goal is to narrow our focus on 

constructs, and the instruments used to measure them, which are given less 

attention in Kuwait, taking into account their importance in the field of personality 

(e.g., trait emotional intelligence). The second goal concerns identifying best 

practices for adapting psychometric instruments and overcoming any potentially 

relevant issues documented by the authors. Accordingly, the following questions 

guided our review: 

1. What personality-related constructs have been researched in Kuwait? 

2. What personality-related measures have been adapted in Kuwait? 

3. What test adaptation procedures have been used in the field of personality in 

Kuwait? 

3.3–Methods 

3.3.1–Identifying relevant studies 

 The search terms were posed in both the Arabic and English languages to 

capture the personality instrument literature. This search approach has been 

used based on Arksey and O’Malley’s (2005) suggestion of using wide definition 

of keywords to cover the available literature, broadly. A Kuwaiti psychometrician 

was consulted to advise about the terminology used in this context in Kuwait 

along with identifying the appropriate databases. The key terms used in our 
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Arabic databases search were “instrument adaptation”, “test adaptation”, “scale 

adaptation”, “intervention adaptation”, “instrument translation”, “test translation”, 

“scale translation” and “intervention translation”. The same key terms have been 

used in our English databases search with the addition of the word “Kuwait”. The 

following Arabic databases were searched: Al Manhal, Dar AlMandumah, and 

Kuwait University’s Library system. While the English databases were SCOPUS, 

Psych INFO, Web of Science, and the University College London’s Library 

system. The search process was rolling between April 2021 and October 2022 to 

keep our studies record as updated as possible. 

3.3.2–Study Selection 

 Two inclusion criteria were applied to capture the literature that answers 

our questions. The first criterion was to include studies where personality-related 

instruments were adapted or translated. The personality instruments are those 

measuring personality-related constructs listed in the Measures of Personality 

and Social Psychological Constructs (Boyle et al., 2015). The constructs are 

limited to the those of Hope, Optimism, Anger, Hostility, Life Satisfaction, Self-

Esteem, Trait of Confidence, Affect Dimension, Alexithymia, Empathy, 

Resiliency, Psychological Well-Being, Sensation Seeking, Trait Emotional 

Intelligence, Adult Attachment, Social Evaluation, Forgiveness, Values and Moral 

Personality, Religiosity, Dark Personality, and Perfectionism. The second 

criterion was to include studies done in Kuwait, or within the Kuwaiti context. 

There are no criteria for the article’s language, time period, sample, nor the 
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adaptation design. We also included all types of articles, irrespective of whether 

the article has been peer-reviewed, published, or not. Including unpublished and 

non-peer-reviewed articles in our review is the best available practice to 

overcome any issues related to publication bias. This is because it affects the 

validity of our systematic search as it results in an over-representation of positive 

or significant findings, leading to a skewed or inaccurate understanding of the 

true state of the research on a given topic. 

 Using the key terms in our search, 550 articles were identified. An 

additional 48 articles were identified through the references of the articles 

identified by our initial search. The titles and abstracts of 357 articles were 

reviewed and resulted in excluding 261 articles due to irrelevance. The full text of 

the remaining 96 articles was assessed to check whether our inclusion criteria 

were met. Thirty-four articles were excluded from our review due to applying an 

early adapted measure in their studies. Furthermore, 47 articles were excluded 

after assessing the full text because they failed to meet our inclusion criteria. 

Specifically, 21 articles were excluded because the measures did not concern 

personality-related constructs and another 26 were excluded because they either 

adapted the measure in another country (i.e., not Kuwait or Kuwaiti context) or 

the authors used an Arabic measure. This process resulted in the inclusion of 15 

articles to our scoping review. In total, these articles comprised 30 different 

measures. The article selection process is illustrated in Figure 6. 
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Figure 6 

PRISMA Flow Diagram for Article Selection 

 
 
3.3.3–Data charting, collation, and analysis 

This is the fourth stage of the scoping review framework proposed by 

Arksey and O’Malley (2005). Information about the authors, the study type, the 

intended construct, and the original measure is represented in Table 10. Further 

information about the adapted measure itself, such as the measure type (i.e., 

explicit or implicit), the response format, the number of factors, and the number 

of items is presented in Table 11. Finally, information concerning the adaptation 
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procedures, the original sample size, the psychometrics properties, and any 

comments during the adaptation process, if exist, is presented in Table 12. 

The data were extracted from the studies by the researcher and imported to 

Microsoft Excel 2021, version 16.72 (Microsoft Corporation, 2021) for coding. 

Frequencies and percentages were used to summarize the data and were 

calculated using R, version 4.0.5 (RStudio, 2021). 
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Table 10 

Information About Studies Retained from our Scoping Review 

Author Study Type Original 
Measure 

Original Author Construct 

Abdel-khalek & 
Albana (2014) 

Article TAS Bagby et al. Alexithymia 

Abdel-Khalek & 
Aljawhary (2014) 

Article BFQ-C Brabaranelli et al. Children Personality 

Abdel-Khalek et al. 
(2003) 

Article OHQ Argyle & Hills Happiness 

Alansari (1993) Dissertation IAS Leary Shyness 
SRS Jones & Russell Shyness 
Shyness 
Scale 

Cheek & Buss Shyness 

SADS Eatson & Friend Shyness 
Alansari (1997) Article NEO-FFI-S Costa & McCrae Personality 
Alansari (1998) Article BDI-IA Beck & Steer Depression 
Alansari (2002) Book 

Chapter 
BHS Beck et al. Hopelessness 
DES Izard et al. Emotions 
RSS Cheek & Melchior Shyness 
LOT Scheier & Craver Life Orientation 
STAI- Form Y Spielberger et al. Anxiety 
STAXI Spielberger Anger 
ESQ Cattel & Curran Emotional States and 

Moods 
EPQ Eysenck & Eysenck Personality 

Al-Balhan (2006) Article CDI Kovacs Children Depression 
Al-Sammak (1994) Dissertation STAI-State A Spielberger Anxiety 

BDI Beck et al. Depression 
Al-Sammak (2019) Article S-I Test Maslow et al. Psychological 

Security 
Alsalman & Alansari 
(2019) 

Article BSSI Beck & Steer Suicide Ideation 

Hadi et al. (2006) Article DTS Davidson et al. PTSD 
CDI Kovacs Children Depression 
RCMAS Reynolds & 

Richmond 
Children Anxiety 

BDI Beck et al. Depression 
TAI Spielberger & 

Sydeman 
Anxiety 

Scull (2015) Article EFI Subkoviak et al. Forgiveness 
  TRIM McCullough et al. Negative Motivations 
  DAQ Denson, Pedersen, 

& Miller 
Aggression 

Note. BDI = Beck Depression Inventory, BFQ-C = Big Five Questionnaire – Children, BHS = Beck 
Hopelessness Scale, BSSI = Beck Scale for Suicide Ideation, CDI = Children's Depression 
Inventory, DAQ = Displaced Aggression Questionnaire, DES = Differential Emotions Scale, DTS 
= Davidson Trauma Scale, EFI = Enright Forgiveness Inventory, EPQ = Eysenck Personality 
Questionnaire, ESQ = Eight State Questionnaire, IAS = Interaction Anxiousness Scale, LOT = 
Life Orientation Test, NEO-FFI-S = NEO Five-Factor Inventory-3, OHQ = Oxford Happiness 
Questionnaire, RCMAS = Revised Children's Manifest Anxiety Scale, RSS = Revised Shyness 
Scale, S-I = Security-Insecurity, SADS = Social Avoidance and Distress Scale, SRS = Social 
Reticence Scale, STAI = The State-Trait Anxiety Inventory, STAXI = State-Trait Anger Expression 
Inventory, TAI = Trait Anxiety Inventory, TAS = Toronto Alexithymia Scale, TRIM = 
Transgression-related Interpersonal Motivations inventory. 
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Table 11 

Information About Measures Included in our Retained Studies 

Adapted Measure Measure Type Response Format Factors Items 
BDI-IAa Explicit (Self-report) 4-points-Likert 4 21 
BDIb Explicit (Self-report) 4-points-Likert 1 20 
BDIc Explicit (Self-report) 4-points-Likert 1 21 
BFQ-C Explicit (Self-report) 5-points-Likert 5 65 
BHS Explicit (Self-report) Yes/No 4 20 
BSSI Explicit (Self-report) 3-points-Likert Not Clear* 21 
CDId Explicit (Self-report) 3-points-Likert 3 27 
DAQ Explicit (Self-report) 7-points-Likert 3 31 
DES Explicit (Self-report) 4-points-Likert 7 30 
DTS Explicit (Self-report) 5-points-Likert 3 17 
EFI Explicit (Self-report) 6-points-Likert Not Clear* 60 
EPQ Explicit (Self-report) Yes/No 4 91 
ESQ Explicit (Self-report) 4-points-Likert 8 96 
IAS Explicit (Self-report) 5-points-Likert 5 15 
LOT Explicit (Self-report) 5-points-Likert 3 10 
NEO-FFI-S Explicit (Self-report) 5-points-Likert 5 60 
OHQ Explicit (Self-report) 6-points-Likert 1 8 
RCMAS Explicit (Self-report) Yes/No Not Clear* 37 
RSS Explicit (Self-report) 5-points-Likert 3 18 
S-I Test Explicit (Self-report) Yes/No/Sometimes 2 26 
SADS Explicit (Self-report) Yes/No 8 28 
Shyness Scale Explicit (Self-report) 5-points-Likert 2 9 
SRS Explicit (Self-report) 5-points-Likert 5 22 
STAI-Form Y Explicit (Self-report) 4-points-Likert 2 18 
STAI-State A Explicit (Self-report) 4-points-Likert 1 20 
STAXI Explicit (Self-report) 4-points-Likert 2 20 
TAI Explicit (Self-report) 5-points-Likert 4 20 
TAS Explicit (Self-report) 5-points-Likert 3 20 
TRIM Explicit (Self-report) 5-points-Likert 3 18 

Note. BDI = Beck Depression Inventory, BFQ-C = Big Five Questionnaire – Children, BHS = Beck Hopelessness Scale, BSSI = Beck Scale for 
Suicide Ideation, CDI = Children's Depression Inventory, DAQ = Displaced Aggression Questionnaire, DES = Differential Emotions Scale, DTS = 
Davidson Trauma Scale, EFI = Enright Forgiveness Inventory, EPQ = Eysenck Personality Questionnaire, ESQ = Eight State Questionnaire, IAS = 
Interaction Anxiousness Scale, LOT = Life Orientation Test, NEO-FFI-S = NEO Five-Factor Inventory-3, OHQ = Oxford Happiness Questionnaire, 
RCMAS = Revised Children's Manifest Anxiety Scale, RSS = Revised Shyness Scale, S-I = Security-Insecurity, SADS = Social Avoidance and 
Distress Scale, SRS = Social Reticence Scale, STAI = The State-Trait Anxiety Inventory, STAXI = State-Trait Anger Expression Inventory, TAI = Trait 
Anxiety Inventory, TAS = Toronto Alexithymia Scale, TRIM = Transgression-related Interpersonal Motivations inventory. 
* Not enough information from the source. 
a Adapted by Alansari (1997). 
b Adapted by Hadi et al. (2006). 
c Adapted by Al-Sammak (1994). 
d The adaptation of Al-Balhan (2006) and Hadi et al. (2006) yielded the same information. 
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Table 12 

Information About Adaptation Procedures Followed in our Retained Studies 

Author Original 
Measure 

Proceduresa Sample 
Size 

Reliability 
Evidenceb 

Validity 
Evidencec 

Abdel-khalek 
& Albana 
(2014) 

TAS FT, EC 527 α, T-RE CRV 

Abdel-Khalek 
& Aljawhary 
(2014) 

BFQ-C FT 374 α, T-RE CRV 

Abdel-Khalek 
et al. (2003) 

OHQ Not Clear* Not Clear* α, T-RE CRV 

Alansari 
(1993) 

IAS FT, BT, FG, EC 345 α, S-Half CST, CRV 
SRS FT, BT, FG, EC 345 α, S-Half CST, CRV 
Shyness 
Scale 

FT, BT, FG, EC 345 α, S-Half CST, CRV 

SADS FT, BT, FG, EC 345 α, S-Half CST, CRV 
Alansari 
(1997) 

NEO-FFI-S FT, EC, PS 3789 α, S-Half CST, CRV 

Alansari 
(1998) 

BDI-IA BT 1744 α CST, CRV 

Alansari 
(2002) 

BHS FT, EC, PS 1107 α, S-Half, T-RE CST, CRV 
DES FT, BT, PS 4395 α CST, CRV 
RSS Not Clear* 1000 α, S-Half, T-RE CST, CRV 
LOT FT, EC, PS 1413 α, S-Half CST, CRV 
STAI- Form 
Y 

FT, BT, EC 416 α, S-Half CST, CRV 

STAXI FT, EC 875 α, S-Half CST, CRV 
ESQ FT, FG 500 α, S-Half CST, CRV 
EPQ FT, EC 535 α, S-Half CST, CRV 

Al-Balhan 
(2006) 

CDI FT, BT, EC, FG, 
PS 

2299 α, T-RE N/A 

Al-Sammak 
(1994) 

STAI-State A FT, BT 150 Not Clear* Not Clear* 
BDI FT, BT 150 Not Clear* Not Clear* 

Al-Sammak 
(2019) 

S-I Test FT 562 α N/A 

Alsalman & 
Alansari 
(2019) 

BSSI FT, EC 5551 α, T-RE CST, CRV 

Hadi et al. 
(2006) 

DTS BT, EC, PS 111 α Not Clear* 
CDI BT, EC, PS 111 α  Not Clear* 
RCMAS BT, EC, PS 111 α  Not Clear* 
BDI BT, EC, PS 111 α  Not Clear* 
TAI BT, EC, PS 111 α Not Clear* 

Scull (2015) EFI BT 220 α N/A 
 TRIM BT 220 α N/A 
 DAQ BT 220 α N/A 

Note. BDI = Beck Depression Inventory, BFQ-C = Big Five Questionnaire – Children, BHS = Beck Hopelessness Scale, 
BSSI = Beck Scale for Suicide Ideation, CDI = Children's Depression Inventory, DAQ = Displaced Aggression 
Questionnaire, DES = Differential Emotions Scale, DTS = Davidson Trauma Scale, EFI = Enright Forgiveness Inventory, 
EPQ = Eysenck Personality Questionnaire, ESQ = Eight State Questionnaire, IAS = Interaction Anxiousness Scale, LOT 
= Life Orientation Test, NEO-FFI-S = NEO Five-Factor Inventory-3, OHQ = Oxford Happiness Questionnaire, RCMAS = 
Revised Children's Manifest Anxiety Scale, RSS = Revised Shyness Scale, S-I = Security-Insecurity, SADS = Social 
Avoidance and Distress Scale, SRS = Social Reticence Scale, STAI = The State-Trait Anxiety Inventory, STAXI = State-
Trait Anger Expression Inventory, TAI = Trait Anxiety Inventory, TAS = Toronto Alexithymia Scale, TRIM = Transgression-
related Interpersonal Motivations inventory. 
* Not enough information from the source. 
a Procedures: FT = Forward Translation, BT = Back-Translation, EC = Expert Committee, FG = Focus Group, PS = Pilot 
Study 
b Reliability approaches: α = Cronbach’s Alpha, T-RE = Test-Retest, S-Half = Split-Half Method. 
c Validity approaches: CRV = Criterion-related validity, CST = Construct validity. 
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3.4–Results 

The general characteristics of measures included in our review are 

presented in Table 13. The measures were adapted between 1993 and 2019, 

and 76.67% of them were adapted 10 or more years before. Much attention has 

been given to measures related to depression and shyness constructs. 

Furthermore, Alansari was first author in 51.85% of the measures included in our 

review. Most measures were published in books (26.67%), peer-reviewed 

journals (53.33%), or as a part of a dissertation (6.67%) while only 13.33 % of 

them were unpublished. Lastly and clearly, all of the adapted measures are 

explicit by nature. 

Table 13 

General Characteristics of the Measures Obtained by our Scoping Review 

Characteristics  Frequency (n=30) Percentage (%) 
Year 2011-2022 7 23.33% 

2000-2010 14 46.67% 
Before 2000 9 30.00 % 

Constructs Anxiety 4 13.33% 
Depression 5 16.67% 
Emotions 2 6.67% 
Personality 3 10.00% 
Shyness 5 16.67% 
Others 11 36.67% 

First Author Alansari 14 46.67% 
Abdel-khalek 3 10.00% 
Al-Sammak 3 10.00% 
Hadi 5 16.67% 
Scull 3 10.00% 
Others 2 6.67% 

Publication Type Book 8 26.67% 
Dissertation 2 6.67% 
Peer-reviewed article 16 53.33% 
Unpublished 4 13.33% 

Measure Type Explicit 30 100% 
Implicit 0 0.00% 
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Concerning the adaptation procedures followed by the researchers in the 

located studies with available information, their general characteristics are 

presented in Table 14. Forward translation, back-translation, and experts’ 

committee were the three most procedures. Focus groups to ensure that 

participants understand the items were consulted only in four studies. 

Furthermore, the majority of studies included in our review fail to pilot the 

measures before applying it for the general use. 

Table 14 

General Characteristics of the Adaptation Procedures Identified Through our 

Scoping Review 

Characteristics  Frequency* Percentage (%) 
Procedure (n=28) Forward Translation 19 67.86% 

Back-Translation 19 67.86% 
Expert Committee 17 60.71 % 
Focus Group 4 14.29% 
Pilot Study 10 35.71% 

Reliability Evidence 
(n=28) 

Cronbach’s Alpha 28 100% 
Split-Half method 12 42.86% 
Test-retest method 7 25.00% 

Validity Evidence 
(n=23) 

Criterion-related 
Validity 

18 78.26% 

Construct Validity 15 65.22% 
Not Assessed 5 21.74% 

Note. n is the number of measures included in the calculations. 
* Article with missing information were dropped from the analysis, therefore, 
these frequencies are based on articles presenting full information. 
 

To assess reliability, Cronbach’s alpha was reported in all studies, while a 

few used either the split-half method or the test-retest method in addition to 

Cronbach’s alpha. Concerning validity, 78.26% of the studies assessed it through 
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criterion-related methods, and 65.22% of them assessed construct validity along 

with it. Only five studies failed to assess the validity, hence, did not report 

anything in the articles. 

3.5–Discussion 

The aim of this scoping review was to map the literature toward the PhD 

thesis and provide an overview of what is currently known about adapted 

measures in Kuwait, constructs that were given much attention, and whether any 

issues were identified during the adaptation process. Indeed, this review serves 

as a systematic way to ensure that the measures we are adapting have not been 

previously adapted within the Kuwaiti context, hence, ensuring the originality of 

this PhD project. 

3.5.1–What personality-related constructs have been researched in Kuwait, 

and what measures have been adapted? 

 The first two questions guiding this scoping review concern the adapted 

tools to measure personality-related constructs within the Kuwaiti context. The 

articles included in this scoping review comprise a wide range of sources such as 

books, peer-reviewed articles, dissertations, and unpublished article. In the 

identified articles, researchers were interested in adapting measures related to 

sixteen different constructs. Depression and shyness were given much attention 

by researchers interested in adapting measures within the Kuwaiti context. 

For instance, three different adult depression inventories and two child-

related versions were adapted for use in Kuwait. Al-Sammak (1994) drafted the 
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first adapted BDI within the Kuwaiti context for her PhD dissertation, and cited 

Beck’s work in 1972. The second adapted BDI version concerned a later 

amended version of the BDI, which is known as BDI-IA (Beck & Steer, 1993), 

was done by Alansari (1997). Whereas Hadi et al. (2006) used one of the very 

first inventories to measure depression constructed by Beck and his colleagues 

(1961) in their study. While for children-specific inventories, two versions of the 

Children’s Depression Inventory (Kovacs, 1978) were adapted within the Kuwaiti 

context (Al-Balhan, 2006; Hadi et al., 2006). 

On the other hand, Alansari worked on adapting five different shyness-

related measures. Four of them were adapted as part of his PhD thesis (Alansari, 

1993), while one was published on his book about the personality measures in 

Kuwait (Alansari, 2002). For his PhD thesis, he adapted the Interaction Anxious 

Scale by Leary (1983), the Social Reticence Scale by Jones and Russell (1982), 

the Shyness Scale by Cheek and Buss (1981), and the Social Avoidance and 

Distress Scale by Watson and Friend (1969). While for his book, he adapted the 

Revised Shyness Scale by Cheek and Melchior (1985). 

Noteworthy, all of the articles identified in this scoping review included 

explicit-nature measures. To our known based on this scoping review, the 

concept of implicit measures has not been presented to the Kuwaiti community, 

neither by constructing new implicit association tests, nor by adapting an existing 

one. Even more clearly, there have been no adaptations of measures of the trait 

emotional intelligence and belief-importance theory. Therefore, this PhD project 
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will focus on adapting a relatively new explicit measures in Kuwait such as the 

Trait Emotional Intelligence Questionnaire – Short Form (Petrides, 2009) and the 

Belief-Importance Theory Questionnaire (Petrides, 2010). Furthermore, the Big 

Five implicit association test (Back et al., 2009) will be adapted and presented to 

the Kuwaiti scientific community. 

3.5.2–What are the test adaptation procedures followed by the 

researchers? 

 The last question guiding this scoping review deal with the technical part 

of the adaptation procedures in order to identify the best practices followed by 

researchers in Kuwait and whether any issues related to a specific design is 

reported. Five adaptation procedures were identified in the articles. Our scoping 

review reveals that the popular forward and back-translation designs were the 

most common adaptation procedures. A few studies used both designs 

simultaneously, while most used either. No issues were reported by the 

researchers regarding these designs. 

 Expert committees were consulted in most of the articles. The role of the 

expert committee was to lead the translation process and revise all translated 

versions and to make sure that the items are culturally accepted and understood. 

Contrary to the proposed ITC (2017) guidelines, none of the articles specified the 

exact number of members in the expert committee, their specialisation, and their 

exact role in the committee. Furthermore, no issues regarding using such 
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practice during the adaptation have been reported by the researchers, neither 

any problems aroused and resolved by the committee. 

 Pilot studies and focus groups were given less attention during the 

adaptation process. In most of the studies where either practice was used, 

amendments to the translated version of the measure were made as a result. 

Based on the empirical data gathered after piloting the translated measure, 

researchers were deleting or amending some items due to the low item-total 

correlations indices (Alansari, 1997; Alansari, 2002; Al-Balhan, 2006; Hadi et al., 

2006). Furthermore, a focus group has been conducted by few studies, where 

they documented the changes made to the misunderstood items due to cultural 

inappropriateness or unclear phrasing. Obviously, pilot studies and focus groups 

are useful practices during the adaptation process as they can reveal more 

subtle issues of concern that cannot be detected by quantitative procedures. 

 For our purposes, we will consider all of the practices suggested by the 

ITC (2017) and document every step taken during the adaptation process in our 

PhD project. Specifically, we will clarify any ambiguity related to the expert 

committee selection. Also, we will be piloting the measures after applying any 

translations or amendments to the measure. Finally, whenever needed, a focus 

group will be conducted to identify any unseen problems during the adaptation 

process. 

 

 



 142 

3.5.3–Theoretical Concerns and Gaps 

 The examination of psychological constructs is crucial for understanding 

human behavior and mental well-being within specific cultural contexts. This 

chapter reports the findings of a scoping review conducted to investigate the 

attention given to the constructs of Depression and Shyness by Kuwaiti 

researchers. Moreover, it highlights the adaptation of different measures for 

these constructs in order to facilitate their study within the Kuwaiti population. 

The prominence of Depression and Shyness in Kuwaiti society has been 

well-documented across various demographic groups. Extensive research has 

consistently indicated the high prevalence of these psychological constructs 

within the Kuwaiti population. Regarding shyness, the Kuwaiti sample in Altawari 

(2018) exhibited higher scores than the theoretical mean for shyness. Similarly, 

Alansari (2001) discovered that approximately 10% of the Kuwaiti sample fell 

within a distribution of +2 standard deviations from the mean. While regarding 

depression, Alhabeb (2017) reported that 12% of participants in his Kuwaiti 

sample exhibited symptoms of depression. 

Despite the prevalence of depression and shyness, the lack of well-

established measures tailored specifically to the Kuwaiti context has hindered 

research in different areas of personality. Consequently, widely accepted models 

such as the trait emotional intelligence model, belimp theory, and implicit 

personality theory have remained unexplored within Kuwait. The absence of valid 
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and reliable measures has posed a significant challenge to studying these 

theories and contributing to their advancement within the Kuwaiti context. 

Recognizing the need for valid measures to study the aforementioned 

theories in Kuwait, we made a strategic decision to adapt existing measures to 

the Kuwaiti cultural context. Specifically, the Trait Emotional Intelligence 

Questionnaire - Short Form (TEIQue-SF), belimp inventory, and Implicit 

Association Test (IAT) were selected for adaptation. These measures were 

chosen based on their established reliability and validity in assessing related 

constructs in other cultural contexts. Clearly, the adaptation of these measures 

allows us to delve deeper into the corresponding theories within the Kuwaiti 

cultural context. This, in turn, contributes to the theoretical development and 

empirical understanding from a cultural perspective. In short, we believe that 

these practical contributions are important to lead to different theoretical 

contributions from the current dissertation. 

Studying Belimp theory in Kuwait is of utmost importance due to its ability 

to enhance our understanding and prediction of behavior beyond traditional 

personality inventories. This theory emphasizes the influence of personality traits 

on the alignment between individuals' beliefs in achieving goals and the 

importance they assign to them. By exploring Belimp theory in the Kuwaiti 

context, we can gain valuable insights into how this framework applies to 

individuals in this specific cultural setting, ultimately improving our ability to 

predict behavior and enhance our overall understanding of human psychology. 



 144 

Studying trait EI in Kuwait holds great significance as it has the potential to 

enhance emotional well-being and productivity among individuals, ultimately 

benefiting organizations as well. While the concept of EI is not new in Kuwait, 

previous studies predominantly focused on two different models: the ability EI 

model and the mixed-model. Therefore, it becomes crucial to specifically 

investigate trait EI, considering its importance in promoting emotional well-being 

and the lack of solid measures that have led to inconclusive findings regarding its 

overall state in Kuwait. By delving into trait EI, we can bridge this research gap, 

gain a deeper understanding of its impact on individuals in Kuwait, and contribute 

to the development of effective strategies to foster emotional intelligence in this 

context. 

The study of implicit personality in Kuwait holds significant importance, 

especially since it has not been explored in this context before. Implicit 

personality refers to unconscious or automatic cognitive processes that shape 

individuals' personalities and investigating it in Kuwait can provide valuable 

insights into the cultural and psychological dynamics unique to this region. By 

conducting the first study on implicit personality in Kuwait, we have the 

opportunity to uncover new knowledge and contribute to the existing literature. 

This can enhance our understanding of how implicit processes influence 

personality formation and contribute to individuals' behavior, attitudes, and 

decision-making in the Kuwaiti cultural context. Moreover, studying implicit 

personality in Kuwait can shed light on the universality or cultural specificity of 



 145 

implicit processes and help us better comprehend the underlying mechanisms 

that link culture and personality traits. Ultimately, this exploration will not only 

broaden our understanding of implicit personality theory but also pave the way 

for future research in Kuwait and the Middle East. 
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Chapter 4: Adapting and Exploring the Psychometric Properties of the 

Kuwaiti Trait Emotional Intelligence Questionnaire – Short Form 

4.1–Abstract 

This chapter aims to cross-culturally adapt and examine the psychometric 

properties of the Kuwaiti-Arabic Trait Emotional Intelligence – Short Form 

(TEIQue-SF) as an explicit personality measure through Structural Equation 

Modelling (SEM). The adapted measure was administered to 1458 university 

students (Study 1) and 314 professionals in Kuwait (Study 2). Reliability 

estimates for all TEIQue-SF variables were within the acceptable range, with the 

exception of certain factors as expected by the literature. In Study 1, SEM results 

suggested that the bi-factor ESEM model fit the data for the TEIQue-SF. 

Evidence for criterion validity was obtained through relationships between the 

TEIQue-SF with the Big Five variables (Study 1) and job-related variables (Study 

2). Thus, retaining the Kuwaiti-Arabic TEIQue-SF and consider it as a reliable 

and valid measure to study trait EI with the Kuwaiti population. Finally, limitations 

and recommendations were discussed throughout the chapter. 
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4.2 – Introduction 

 In this chapter, we aim to adapt and validate the Trait Emotional 

Intelligence Questionnaire – Short Form (TEIQue-SF) in Kuwaiti Arabic for use in 

general population. Adapting this measure in Kuwait is important because it can 

provide insight into the emotional competencies of individuals in the country, 

which can inform decision making in different areas, as well as help to promote 

emotional well-being and productivity in individuals and organizations. An expert 

committee was responsible for translating the measure and preparing it for the 

pilot study. Two pilot samples were recruited comprising 200 participants overall, 

where preliminary reliability indices were computed before using the measure in 

the validation samples. Subsequently, the final Kuwaiti Arabic TEIQue-SF 

version was applied to two Kuwaiti samples: students (n=1458) and professionals 

(n=314). Even though the TEIQue is very widely studied around the world, 

Kuwait has not been part of this research. This is why we are interested in 

obtaining evidence for a) reliability scores, b) factorial structure, c) criterion-

related validity, and d) possible relationships between trait EI variables and 

different sociodemographic variables such as age, citizenship status, gender, 

marital status, and university majors, as shown in section 2.5.8. 

 Our investigation in this chapter lays the foundation for subsequent 

chapters. Accordingly, we investigate the factorial structure of the adapted 

TEIQue-SF on a Kuwaiti sample to ensure it is consistent with the original 

findings from the UK. We also provide evidence of the reliability and validity of 
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scores obtained by our adapted TEIQue-SF. Lastly, we show the results obtained 

by examining the relationship between the TEIQue-SF variables and other key 

sociodemographic variables. 

4.3–Methods 

4.3.1–Cultural Adaptation and Pilot Sampling 

4.3.1.1–Design and procedure. The ITC (2017) test adaptation 

guidelines have been considered to adapt the TEIQue-SF culturally. Each 

guideline is associated with at least one satisfactory checklist proposed by 

Hernández et al. (2020), and we consider these checklists in this chapter. 

First, the measure has been identified through materials published online. 

In addition, the author’s (Petrides, 2009) permission was granted before 

proceeding with adaptation to make sure whether the measure is currently being 

considered for adaptation in Kuwait. 

Second, an expert committee was formed (Table 15) that comprises one 

bilingual psychometrics professor (EC1), two bilingual psychometrics graduate 

students (EC2 and EC3), one bilingual applied psychology graduate student 

(EC4), and one bilingual person who is not familiar with the content (EC5). The 

committee members’ selection is based on Hernández et al.’s (2020) 

recommendations (see criteria assessment TD1-1). 
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Table 15 

Expert Committee Members 

Member Gender Profession Familiar with 
Culture 

Familiar with 
Construct 

Bilingual Psychometrician Role 

EC1 Female Professor ✔ ✔ ✔ ✔ FR 

EC2 Male Graduate 
Student 

✔ ✔ ✔ ✔ FT 

EC3 Female Graduate 
Student 

✔  ✔ ✔ BT 

EC4 Female Graduate 
Student 

✔ ✔ ✔  FT 

EC5 Female Teacher ✔  ✔  BT 

Note. FT= Forward Translation, BT= Back-Translation, FR = Final and Full 
Revision 
 

The translation process was conducted in three stages. In the first stage, 

the TEIQue-SF has been forward translated into Arabic aligned with the Kuwaiti 

culture by EC2 and EC4, resulting in two translated versions. The two versions 

were almost identical except for item 17, “I’m normally able to get into someone’s 

shoes and experience their emotions”. The two committee members responsible 

for the forward translation came up with two different translations for this item, 

leading to two different meanings. The discrepancy forced us to contact the 

original author to double-check the meaning of this item in lay language. The 

original author indicated that “get into someone’s shoes” means being able to 

see the situation from someone’s else perspective. Therefore, the two members 

agreed to amend this item to reflect this meaning. After that, the researcher 

collected the two forms and synthesised a single Kuwaiti Arabic version for the 

next stage. 
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In the second stage, the synthesised version is sent to EC3 and EC5 for 

the back-translation into the English process. The two back-translators came up 

with almost two identical English forms. Item 17 returned as "I can put myself into 

others position and feel their emotions" after the back-translation process. Again, 

the researcher collected the two English forms and synthesised a single form of 

the English version for the final stage. 

In the final stage, EC1 accepted the translation, and the committee 

considered it appropriate in terms of carrying the same meaning. Finally, the 

measure has been approved by the committee to be piloted. 

 The TEIQue was piloted two times to collect sufficient data to enable 

small-scale scale and item analysis. This step is necessary to ensure the 

psychometric quality of psychological measures. During the pilot, participants 

were asked to fill a feedback form whenever they had any comments on items or 

questions. 

After piloting the TEIQue-SF for the first time, the reliability analysis 

showed an unacceptable alpha coefficient for the Emotionality subscale (see 

4.4.1-Descriptive Statistics and Reliability Analysis). Specifically, the researcher 

identified items 17 and 23 to be problematic and sent them back to the expert 

committee for revision. The expert committee revisited the translation of the two 

items and decided to rephrase them and send it back to the focus group and a 

second pilot. 



 151 

In the focus group, all of the participants (n=10) were able to understand 

the meaning of all items in the TEIQue-SF. In addition, no comments were 

received regarding the clarity of any item. Furthermore, the second pilot study 

results were acceptable. Therefore, the last version of the TEIQue-SF was 

retained for use in Kuwaiti pilot sample. 

4.3.1.2–Participants. The first pilot sample of professional adults 

comprises 79 participants. The second pilot sample of university students 

comprises 121 participants. Both sample sizes are complied with the suggestions 

from the measure’s piloting literature (see Perspectives From the Literature in 

Johanson & Brooks, 2009). 

Both samples were invited to voluntary participate in the pilot study 

through online link. The link included information about the pilot study and given 

instructions on how to respond or withdraw from the study at any point. Consent 

to participate was obtained from participants and no further personal information 

were asked to ensure the anonymity and confidentiality of their responses. Taken 

altogether, we believe that our pilot samples are knowledgeable audience who 

can help us to assess the readability and applicability of the pilot Kuwaiti TEIQue-

SF. 

4.3.1.3–Measures. We used the last version of the pilot Kuwaiti-Arabic 

TEIQue-SF which will later evolve into the final adapted Kuwaiti-Arabic TEIQue-

SF. This measure comprises thirty statements responded to a 7-point Likert-

scale, ranging from completely disagree to completely agree. The original 
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TEIQue version was developed in English and compring 153 items and 

measuring 15-facets and four factors: Well-being, Self-control, Emotionality, and 

Sociability (Petrides, 2009). For the short form, two items from each of the 15 

facets have been included for a total of 30 items. All TEIQue instruments are 

available, free of charge, for academic research purposes from 

www.psychometriclab.com. The Kuwaiti-Arabic TEIQue-SF is available in 

Appendix A. 

4.3.1.4–Data analysis plan. We performed descriptive analysis of the 

subscales. Then, Cronbach's alpha coefficient was calculated to assess the 

internal consistency of the measures. Pearson correlation coefficients were 

computed whenever the correlation was concerned. All of the statistical analyses 

were carried out through IBM SPSS Statistics for Macintosh, version 27.0 (IBM 

Corp., 2020). 

4.3.2–Kuwaiti students’ sample (Study 1) 

4.3.2.1–Design and procedure. We used a convenience sample design 

and approached participants via an anonymous Qualtrics link (online). Several 

faculty members within Kuwaiti higher education institutions were contacted 

individually to help disseminate the Qualtrics link. We gave them permission to 

choose the best way to implement the measures with their students without 

providing any access to the responses. Participants did not give any personal 

self-identifying information. Therefore, we can assure the anonymity and 

confidentiality of the participants’ data. Anyways, participants were informed that 
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they had the right to withdraw from the study at any point by simply closing the 

window tab on their computers. 

By clicking on the link, participants were introduced to the study's aims 

and goals. Then, they were asked to confirm that they were 18 years and older 

and consent to participate in this study voluntarily. Subsequently, they were 

asked to consent to voluntarily participate in the study and complete the 

measures included in this study. 

This study was approved by the University College London-Departmental 

Ethics Committee (CEHP/2021/586). 

4.3.2.4–Participants. The first study sample included 1458 university 

students in Kuwait with a mean age of 22.34 years (SD = 7.62 years). Almost 

75% of the sample were female students, which reflects the female-male 

students’ ratio at Kuwait University. Eighty nine percent were Kuwaitis and the 

others were non Kuwaitis without asking them for their nationality for anonymity 

purposes. Fifty three percent were in Art majors and 47% in Science majors. The 

characteristics of our sample can be found in Table 16. We did not identify any 

missing values in our dataset, and therefore, all participants were included in our 

study for further analysis. 
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Table 16 

The Characteristics of Study 1 of Chapter 4 Sample (N=1458) 

Variable  n % 
Nationality    
 Kuwaiti 1301 9.05% 
 Non-Kuwaiti 132 89.23% 
 PNS 25 1.71% 
Gender    
 Female 1110 76.13% 
 Male 336 23.05% 
 PNS 12 .82% 
Marital Status    
 Currently married 235 16.12% 
 Currently unmarried 1192 81.67% 
 PNS 31 2.13% 
Last Degree Obtained    
 Highschool or below 1124 77.09% 
 Post School Diploma 99 6.80% 
 Bachelor 232 15.91% 
 Masters & PhD 3 .21% 
    
Household Income    
 Less than 500 KWD 59 4.05% 
 Between 501-1000KWD 203 13.92% 
 Between 1001-1500 KWD 205 20.92% 
 Between 1501-2000 KWD 247 16.94% 
 More than 2000 KWD 310 21.26% 
 PNS 334 22.91% 
Major    
 Art & Humanities 771 52.88% 
 Science & Engneering 687 47.12% 

Note. PNE = Prefer not to say, KWD = Kuwaiti Dinar 

4.3.2.3–Measures. 

4.3.2.3.1–The Kuwaiti Arabic TEIQue-SF. We used the Kuwaiti Arabic 

TEIQue-SF that was developed and utilised in the pilot study. 

4.3.2.3.2–The Kuwaiti Arabic NEO-FFI. The NEO-FFI is the short form of 

the NEO-PI developed by McCrae and Costa. The inventory comprises 60 items 
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providing scores on the Big Five factors: Neuroticism (N), Extraversion (E), 

Openness (O), Agreeableness (A), and Conscientiousness (C). One limitation is 

that it does not yield scores at the facet level as the NEO-PI. However, we used it 

in our study due to circumstances relating to our project (esp., limited time). We 

used Alansari’s (1997) Kuwaiti-Arabic adaptation, which shows robust 

psychometric properties in Kuwaiti samples (e.g., Alansari & Alali, 2021). 

4.3.2.4–Data analysis plan. We obtained the descriptive statistics for all 

measures using the skimr (Waring et al., 2021) and e1071 (Meyer et al., 2021) 

packages in R, version 4.0.5 (RStudio Team, 2021). We also used R to compute 

Cronbach’s α (Cronbach, 1951) via the ltm package (Rizopoulos, 2006) and the 

psych package (Revelle, 2021) to compute McDonald’s ω (McDonald, 2013). 

Finally, we used MplusAutomation R package (Hallquist & Wiley, 2018) to 

prepare and export our data for analysis in Mplus. 

To assess factorial structure, we relied on the exploratory structural 

equation modelling (ESEM) approach. We started with the simple first-order 

ESEM model for each measure to obtain factor loadings for further modelling. 

Subsequently, we tested different ESEM-within-CFA models (Morin et al., 2013) 

based on the results from the first-order model. All analyses were conducted 

using Mplus, version 8.8 (Muthén & Muthén, 1998-2017), and the corresponding 

parameters were estimated with the robust maximum likelihood estimator (MLR) 

to deal with deviations from normality. 



 156 

Additionally, we computed zero-order correlations between the TEIQue-

SF variables and the Big Five. Along with that, we regressed the global trait EI on 

the Big Five factors to determine the amount of global trait EI scores’ variance 

explained by the Big Five. Further, we modelled the interrelationships between 

the two explicit constructs (i.e., TEIQue-SF and NEO-FFI) through SEM based 

on the relationships reported in Petrides et al. (2010). Our aim of this analysis is 

to assess the criterion validity of our adapted TEIQue-SF. 

Independents samples t-tests and ANOVAs and their corresponding 

assumptions were assessed using SPSS, to examine the TEIQue-SF means 

differences across different sociodemographic groups. Outliers will be assessed 

through the inspection of boxplots. Due to the large sample size in our study (i.e., 

larger than 50), we will assess the normality of our study’s variables through 

normal Q-Q plot along with skewness and kurtosis values. This is because 

normality tests such as Shapiro-Wilk test tend to flag minor deviations from 

normality as statistically significant (i.e., not normally distributed). 

4.3.3–Kuwaiti professionals’ sample (Study 2) 

4.3.3.1–Design and procedure. We used non-proportional quota 

sampling method and approached several Kuwaiti organisations (governmental 

and private sectors) to collect data from their employees. Participants were 

invited to provide their voluntary consent and then complete the measures. 

Participants did not provide any personal information that allow researchers or 

organisations to identify them. Data collection was both online and via paper and 
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pencil. All participations were voluntary, and no compensation were offered to 

both participants and organisations. 

4.3.3.2–Participants. The second study sample included 314 

professionals in Kuwait with a mean age of 33.62 years (SD = 12.24 years). The 

sample comprised 174 males and 135 females, while 5 participants preferred not 

to reveal their gender. Two hundred ninety-two participants were Kuwaitis; the 

rest were non-Kuwaitis, mainly from other Arab-region countries. The sample 

also comprises 154 married participants, 126 single participants, and 26 divorced 

participants, while the rest preferred not to reveal their current marital status. 

The following professions were represented in our sample: Bankers 

(n=36), Engineers (n=72), Healthcare providers (n=33), Lawyers (n=35), Military 

(n=33), Policemen (n=39), and Teachers (n=66). Gender and age information for 

each profession are reported in Table 17. 

Table 17 

Age and Gender Information for Each Profession Represented in our Sample for 

Study 2 of Chapter 4 (N=314) 

Profession Gender Age (Years) 
Males Females PNS Mean (SD) 

Bankers (n=36) 21 15 0 31.89 (17.39) 
Engineers (n=72) 31 38 3 33.26 (10.99) 
Healthcare providers (n=33) 15 17 1 36.85 (7.99) 
Lawyers (n=35) 16 19 0 32.89 (9.55) 
Military (n=33) 33 0 0 35.12 (11.84) 
Policemen (n=39) 35 3 1 34.36 (15.74) 
Teachers (n=66) 23 43 0 32.55 (11.12) 
Overall sample (n=314) 174 135 5 33.62 (12.24) 

Note. PNS = Prefer not to say, SD = Standard deviation 
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4.3.3.3–Measures. 

4.3.3.3.1–The Kuwaiti Arabic TEIQue-SF. We used the Kuwaiti Arabic 

TEIQue-SF that was developed and utilised in the pilot study and Study 1. 

4.3.3.3.2–Job Performance. This was measured with a single self-report 

question as in Petrides et al. (2022). Participants were asked explicitly to 

evaluate how good they were in their job using a single item: “How do you 

evaluate yourself in doing your job out of 100?”. 

4.3.3.3.3–Minnesota Satisfaction Questionnaire (MSQ) – Short Form. 

The MSQ is a 20-item inventory developed by Weiss et al. (1967). It measures 

job satisfaction based on a 5-point Likert response scale, ranging from “very 

dissatisfied” to “very satisfied”. Al-Mutairi et al. (2017) used the MSQ with a 

Kuwaiti sample and reported a coefficient alpha of .93 in their study. 

4.3.3.3.4–Organisational Commitment Questionnaire (OCQ). The OCQ 

is a 15-item inventory measuring employee organisational commitment. It was 

developed by Mowday et al. (1979). The items are responded to a 7-point Likert 

scale, ranging from “strongly disagree” to “strongly agree”. Al-Ajmi (2006) used 

the inventory in Kuwait, reporting a coefficient alpha of .85 in his study. 

4.3.3.4–Data analysis plan. Descriptive statistics and reliability analysis 

were performed as we did in Study 1. 

Further, we discussed earlier how trait EI and job attitudes affect job 

performance. We also discussed how trait EI and job attitudes were related. 

Accordingly, we proposed a mediation model to look at the effect of global trait EI 
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on job performance, and whether job attitudes are going to affect this 

relationship. The model was tested through Structural Equation Modelling (SEM) 

using Mplus, version 8.8 (Muthén & Muthén, 1998-2017). Model parameters 

were estimated with the robust maximum likelihood estimator (MLR) to deal with 

deviations from normality. This will offer evidence for the criterion validity of the 

TEIQue-SF. 

We also examined the incremental validity of trait EI over job attitude 

variables in predicting job performance across different professions. Specifically, 

job performance will be regressed on job satisfaction and organisational 

commitment (Step 1), with the global trait EI score added subsequently to the 

model (Step 2). 

One-way ANOVA and MANOVA was used to compare the trait EI profile 

(i.e., global trait EI and the four factors) for each profession. Accordingly, a post-

hoc analysis was carried out using Tukey HSD post hoc tests (if the assumption 

of homogeneity of variance is met) or Games-Howell post-hoc tests (if the 

assumption is violated). 

We also re-examined the relationships between TEIQue-SF variables and 

other sociodemographic variables as we did in Study 1. We followed the same 

rules to identify any outliers and to assess the normality. 
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4.4–Results 

4.4.1–Pilot sample results 

 4.4.1.1–Descriptive statistics and reliability analysis. Descriptive 

statistics and Cronbach’s alpha coefficients obtained from the first and second 

pilot studies are presented in Table 18. Alpha coefficients ranged between .49 to 

.69 for the subscales and were .84 for the overall measure in the first pilot 

sample. While in the second pilot and after rephrasing the items, the coefficients 

jumped to range between .51 and .74 for the subscales and become .87 for the 

overall measure. 

Table 18 

Descriptive Statistics and Cronbach’s Alpha Coefficients for TEIQue-SF (NPilot 

Study 1 = 79, NPilot Study 2 = 121) 

 Trait EI Variable Min Max M SD Skew Kurt α 
Pilot Study 1 (n=79) Well-being 2.00 7.00 5.50 1.03 -1.06 .93 .69 

Self-control 1.00 6.50 4.14 1.14 -.32 .09 .56 
Emotionality 2.38 6.38 4.66 .91 -.17 -.50 .49 
Sociability 1.17 6.67 4.65 1.18 -.71 -.08 .66 
Global trait EI 2.63 6.13 4.73 .80 -.34 -.45 .84 

Pilot Study 2 (n=121) Well-being 2.00 7.00 5.36 1.13 -.99 .79 .74 
Self-control 1.00 6.50 4.11 1.13 -.29 -.05 .59 
Emotionality 2.38 6.38 4.58 .90 .05 -.51 .51 
Sociability 1.17 7.00 4.54 1.21 -.47 -.43 .69 
Global trait EI 2.10 6.60 4.60 .86 -.35 .13 .87 

Note. Min = minimum, Max = maximum, M = mean, SD = standard deviation, 
Skew = skewness, Kurt = kurtosis, α = Cronbach’s alpha coefficient. 
 
4.4.2–Results in the students’ sample (Study 1) 

4.4.2.1–Descriptive statistics. Descriptive statistics for all variables are 

shown in Table 19 (N = 1458). All skewness and kurtosis values were within the 
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acceptable ranges (-3.00 to +3.00) and (-10.00 to +10.00), respectively (Brown, 

2015). 

Table 19 

Descriptive Statistics for TEIQue-SF and NEO-FFI Variables in Study 1 of 

Chapter 4 (N=1458) 

  Overall sample (N = 1458) Male (N = 336) Female (N = 1110) 
  Rangea M (SD) Skew Kurt M (SD) Skew Kurt M (SD) Skew Kurt 
TEIQue-SF  [1.00–7.00]          
 Global 2.47–6.80 4.65 (.77) .26 -.29 4.75 (.82) .34 -.56 4.61 (.76) .21 -.25 
 Well-being 1.00–7.00 5.26 (1.12) -.38 -.42 5.26 (1.07) -.17 -.57 5.26 (1.14) -.44 -.40 
 Self-control 1.00–7.00 4.24 (.98) .14 .47 4.45 (.97) .32 .28 4.18 (.98) .09 .49 
 Emotionality 1.75–7.00 4.51 (.87) .27 -.02 4.54 (.93) .28 -.04 4.49 (.85) .28 -.03 
 Sociability 1.33–7.00 4.63 (1.10) .08 -.13 4.76 (.98) .15 -.16 4.59 (1.02) .07 -.14 
NEO-FFI  [12.00-60.00]          
 Neuroticism 14.00–60.00 34.00 (5.99) .45 1.88 33.40 (7.32) .79 1.87 34.20 (5.53) .27 1.43 
 Extraversion 16.00–60.00 40.20 (5.13) .09 2.00 41.30 (5.39) .55 1.76 39.90 (5.01) -.11 1.93 
 Openness 15.00–60.00 40.30 (5.33) -.04 2.06 41.40 (5.87) .42 1.53 40.00 (5.13) -.32 2.03 
 Agreeableness 15.00–60.00 39.90 (5.42) .18 1.72 40.20 (5.81) .85 1.26 39.80 (5.32) -.09 1.77 
 Conscientiousness 14.00–60.00 42.50 (5.25) -.44 2.55 42.70 (5.16) .40 1.76 42.50 (5.29) -.67 2.70 

Note. Min = minimum, Max = maximum, M = mean, SD = standard deviation, 
Skew = skewness, Kurt = kurtosis. 

a. Numbers between squared brackets are theoretical ranges. 
 

4.4.2.2–Factor analysis of the TEIQue-SF. We contrasted four different 

ESEM models to evaluate the factorial structure of the TEIQue-SF. 

Model 0: Four First-Order ESEM 

 Model 1: Hierarchical ESEM (H-ESEM) within CFA 

Model 2: Bi-Factor ESEM 

Model 3: Bi-Factor ESEM within CFA 

  Table 20 presents the model fit statistics for each model along with the 

number of free parameters. As can be seen in that table, model fit values were 

generally acceptable for all models. Taking fit indices and the number of free 

parameters for each model into account, we decided to retain Model 2 (shown in 

Figure 7). The standardised factor loadings for each item for Model 2 are 
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presented in Table 21. Most of the items showed significant loadings on their 

keyed factor with some exceptions in the Emotionality factor and global trait EI. 

Additionally, the table indicates a possible issue with the Emotionality factor, in 

which only one item loaded significantly on it. 

Table 20 

Fit Indices for the Proposed Models 

Model Type CFI TLI RMSEA SRMR Free 
Parameters 

Model 0a Four First-Order ESEM .902 .868 .041 [.038, .044] .032 174 
Model 1a H-ESEM within CFA .903 .871 .041 [.038, .043] .033 168 
Model 2a Bi-Factor ESEM .915 .875 .040 [.037, .044] .028 200 
Model 3a Bi-Factor ESEM within CFA .913 .875 .040 [.037, .044] .035 194 

 

Figure 7 

Bi-Factor ESEM Model for the Kuwaiti-Arabic TEIQue-SF (Model 2a) 

 

Note. global = global trait EI, so = Sociability, em = Emotionality, sc = Self-
control, wb = Well-being. Only significant paths are shown in the diagram. 
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Table 21 

TEIQue-SF (Model 2a) Standardised Factor Loadings 

Item Global Well-being Self-control Emotionality Sociability 
5 .45 -.62 

   

20 .03 .73 
   

9 .22 .35 
   

24 .22 .31 
   

12 .51 -.36 
   

27 .19 .57 
   

4 .52 
 

-.35 
  

19 .17 
 

.38 
  

7 .47 
 

-.26 
  

22 .50 
 

-.02 
  

15 .13 
 

.45 
  

30 .23 
 

.29 
  

1 .08 
  

-.25 
 

16 .48 
  

.11 
 

2 .46 
  

-.25 
 

17 .27 
  

.38 
 

8 .56 
  

.11 
 

23 .44 
  

.17 
 

13 .41 
  

-.35 
 

28 .54 
  

-.03 
 

6 .08 
   

.53 
21 .12 

   
.18 

10 .54 
   

-.05 
25 .48 

   
-.09 

11 .25 
   

.37 
26 .41 

   
-.22 

3 .15 
    

14 .49 
    

18 .52 
    

29 .18 
    

Note. Bold values are significant at p < .05. 
 

4.4.2.3–Reliability analysis of the TEIQue-SF. Table 22 shows the 

gender-based reliability estimates for TEIQue-SF. The global trait EI had 
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satisfactory reliability (α = .83, ω	= .86). The corresponding, ω$ value .37, 

meaning that 37% of the data’s variance was accounted for the general factor 

(global trait EI). At the factor level of trait EI, Cronbach’s alpha values ranged 

from .43 to .71, with Well-being consistently showing the highest reliability. 

Table 22 

Gender-Based Reliability Indices for TEIQue-SF and NEO-FFI Variables in Study 

1 of Chapter 4 (N=1458) 

Variable  Overall sample (N = 
1458) 

Males (N = 336) Females (N 
= 1110) 

 Cronbach’s α Cronbach’s α Cronbach’s 
α 

TEIQue-SF     
 Global Trait EI .83 .85 .82 
 Well-being .71 .68 .72 
 Self-control .43 .46 .41 
 Emotionality .44 .53 .41 
 Sociability .52 .49 .53 
NEO-FFI     
 Neuroticism .77 .76 .75 
 Extraversion .66 .61 .67 
 Openness .31 .16 .33 
 Agreeableness .50 .55 .49 
 Conscientiousness .81 .81 .81 

 

4.4.2.4–The relationship between trait EI and the Big Five. The zero-

order correlations between trait EI and the Big Five are presented in Table 23. 

The table includes results from both gender, which allows for efficient 

comparisons, and subsequently assessing the consistency in our results. 
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Table 23 

Trait EI Zero-Order Correlations with the Big Five and sociodemographic variables (Study 1 of Chapter 4; N=1458) 

 Global trait EI Well-being Self-control Emotionality Sociability 
 Overall F M Overall F M Overall F M Overall F M Overall F M 
Age .05 .04 .09 .06* .06 .07 .04 .03 .07 .05 .04 .08 .01 -.01 .06 
Neuroticism -.40*** -.37*** -.48*** -.21*** -.18*** -.32*** -.31*** -.27*** -.41*** -.32*** -.27*** -.43** -.34*** -.32*** -.40*** 
Extraversion .18*** .18*** .16** .23*** .25*** .18*** .09*** .08* .07 .09** .10*** .03 .11*** .10** .11 
Openness .17*** .17*** .17** .22*** .23*** .20*** .09*** .07* .12* .05 .05 .03 .10*** .09** .14* 
Agreeableness -.01 .00 -.03 .07** .09*** .03 -.05 -.04 -.09 -.08** -.08* -.09 .04 .05 -.02 
Conscientiousness .24*** .25*** .21*** .31*** .32*** .28*** .13*** .13*** .12* .11*** .12*** .07 .17*** .17*** .14* 

Note. Overall = Overall sample (n=1458); M = Male sample (n=336); F = Female sample (n=1110); EI = emotional 

intelligence; * p < .05, ** p < .01, *** p < .001
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As can be seen, most correlations are statistically significant. Neuroticism 

was negatively correlated with all TEIQue-SF variables (viz., global trait EI and 

the four factors) across the overall sample and per each gender. In fact, it 

showed the greatest correlation with the TEIQue-SF variables compared to the 

other Big Five variables. Extraversion, Openness, and Conscientiousness also 

showed a consistent positively significant correlations with the TEIQue-SF 

variables. Noteworthy, Agreeableness showed the greatest number of 

nonsignificant correlations with the TEIQue-SF variables among the other Big 

Five factors. 

A multiple regression with enter method was used to predict global trait EI 

scores from the Big Five factors. The model explained a statistically significant 

30.2% of variance in global trait EI scores, F(5, 1216) = 105.29, p < .001, R2 = 

.30, R2adjusted = .30. All of the Big Five factors were significant predictors of global 

trait EI, except Agreeableness. The multiple regression results can be found in 

Table 24. 

Table 24 

Regressions of the global trait EI on the Big Five (Study 1 of Chapter 4; N=1458) 

Dependent Variable R R2 F (df) NEO-FFI β t 
Global trait EI .550 .302 105.29 (5, 1216) N -.07 19.21* 
    E .02 4.40 
    O .02 3.84 
    A .00 .54 
    C .03 6.17 

Note. N = Neuroticism, E = Extraversion, O = Openness, A = Agreeableness, C = 
Conscientiousness. 
* p < .001. 
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Further structural equation model tested the relationships between trait EI 

and the Big Five. The model converged, however is results in a poor fit (CFI = 

.64, RMSEA = .16 [90% CI: .15 - .17], SRMR = .13). 

4.4.2.5–The relationship between trait EI and sociodemographic 

variables. We examined the relationship between trait EI and different 

sociodemographic variables (e.g., age, citizenship status, gender, marital status, 

and university majors). In the following, we will present the results with respect to 

each variable. 

4.4.2.5.1–Age. As can be seen in Table 23, the correlation between 

TEIQue-SF variables and age was not significant for the overall sample and 

across the two genders. The weak correlation between the Well-being factor of 

trait EI and age on the overall sample was the only significant correlation. 

4.4.2.5.2–Citizenship status. There were no outliers in the data for all 

TEIQue-SF variables across the two citizenship status groups (Kuwaitis and 

Non-Kuwaitis), as assessed by inspection of a boxplot. We assessed the 

normality of TEIQue-SF scores across the two groups through normal Q-Q plot 

along with skewness and kurtosis values. Thus, we believe that our TEIQue-SF 

data is not severally deviated from normality, and we will carry out the 

independent samples t-test. 

There was homogeneity of variances for TEIQue-SF scores for Kuwaitis 

and Non-Kuwaitis, as assessed by Levene's test for equality of variances. 

Multiple independent-samples t-test were run to determine if there were 
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differences in TEIQue-SF variables between Kuwaitis and Non-Kuwaitis. On 

global trait EI, the differences between Kuwaitis (M = 4.65, SD = .77) and Non-

Kuwaitis (M = 4.59, SD = .82) were not statistically significant, t(1198) = .77, p = 

.44, d = .08. 

On the trait EI factors level, the differences in Well-being scores between 

Kuwaitis (M = 5.27, SD = 1.13) and Non-Kuwaitis (M = 5.29, SD = 1.15) were not 

statistically significant, t(1372) = .19, p = .85, d = .02. The differences in Self-

control scores between Kuwaitis (M = 4.23, SD = .98) and Non-Kuwaitis (M = 

4.29, SD = 1.00) were not statistically significant, t(1361) = .66, p = .51, d = .06. 

The differences in Emotionality scores between Kuwaitis (M = 4.51, SD = .87) 

and Non-Kuwaitis (M = 4.44, SD = .83) were not statistically significant, t(1359) = 

.85, p = .39, d = .08. The differences in Sociability scores between Kuwaitis (M = 

4.65, SD = 1.00) and Non-Kuwaitis (M = 4.43, SD = 1.04) were the only 

statistically significant differences among the other factors, t(1370) = 2.35, p < 

.05, d = .22. 

4.4.2.5.3–Gender. There were no outliers in the data for all TEIQue-SF 

variables across the two genders, as assessed by inspection of a boxplot. We 

assessed the normality of TEIQue-SF scores across the two groups through 

normal Q-Q plot along with skewness and kurtosis values. Thus, we believe that 

our TEIQue-SF data is not severally deviated from normality, and we will carry 

out the independent samples t-test. 
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There was homogeneity of variances for TEIQue-SF scores (except for 

global trait EI and Emotionality) for both males and females, as assessed by 

Levene's test for equality of variances. Multiple independent-samples t-test were 

run to determine if there were differences in TEIQue-SF variables between males 

and females. On global trait EI, the differences between males (M = 4.75, SD = 

.82) and females (M = 4.61, SD = .76) were statistically significant, t(455.98) = 

2.55, p < .05, d = .18. 

On the trait EI factors level, the differences in Well-being scores between 

males (M = 5.26, SD = 1.07) and females (M = 5.26, SD = 1.14) were not 

statistically significant, t(1385) = .10, p = .92, d = .01. The differences in Self-

control scores between males (M = 4.45, SD = .97) and females (M = 4.18, SD = 

.98) were statistically significant, t(1375) = 4.48, p < .05, d = .29. The differences 

in Emotionality scores between males (M = 4.54, SD = .93) and females (M = 

4.49, SD = .85) were not statistically significant, t(493.75) = .83, p = .41, d = .06. 

The differences in Sociability scores between males (M = 4.76, SD = .98) and 

females (M = 4.59, SD = 1.02) were statistically significant, t(1383) = 2.69, p < 

.05, d = .17. 

4.4.2.5.4–Marital status. There were no outliers in the data for all 

TEIQue-SF variables across the two groups (Married and single), as assessed 

by inspection of a boxplot. We assessed the normality of TEIQue-SF scores 

across the two groups through normal Q-Q plot along with skewness and kurtosis 
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values. Thus, we believe that our TEIQue-SF data is not severally deviated from 

normality, and we will carry out the independent samples t-test. 

There was homogeneity of variances for TEIQue-SF scores for both 

married and single groups, as assessed by Levene's test for equality of 

variances. Multiple independent-samples t-test were run to determine if there 

were differences in TEIQue-SF variables between married and single groups. On 

global trait EI, the differences between married (M = 4.64, SD = .79) and single 

(M = 4.65, SD = .77) were not statistically significant, t(1220) = .17, p = .86, d = 

.01. 

On the trait EI factors level, the differences in Well-being scores between 

married (M = 5.35, SD = 1.15) and single (M = 5.25, SD = 1.12) were not 

statistically significant, t(1397) = 1.23, p = .22, d = .09. The differences in Self-

control scores between married (M = 4.25, SD = .94) and single (M = 4.24, SD = 

.99) were not statistically significant, t(1386) = .08, p = .94, d = .01. The 

differences in Emotionality scores between married (M = 4.55, SD = .84) and 

single (M = 4.50, SD = .87) were not statistically significant, t(1381) = .71, p = 

.48, d = .05. The differences in Sociability scores between married (M = 

4.53, SD = .94) and single (M = 4.65, SD = 1.02) were not statistically significant, 

t(1395) = 1.74, p = .08, d = .13. 

4.4.2.5.4–University majors. There were no outliers in the data for all 

TEIQue-SF variables across the two majors (Art and science), as assessed by 

inspection of a boxplot. We assessed the normality of TEIQue-SF scores across 
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the two groups through normal Q-Q plot along with skewness and kurtosis 

values. Thus, we believe that our TEIQue-SF data is not severally deviated from 

normality, and we will carry out the independent samples t-test. 

There was homogeneity of variances for TEIQue-SF scores (Except for 

Well-being and Sociability) for both university major groups, as assessed by 

Levene's test for equality of variances. Multiple independent-samples t-test were 

run to determine if there were differences in TEIQue-SF variables between Art 

and Science majors. On global trait EI, the differences between Art majors (M = 

4.67, SD = .79) and Science majors (M = 4.61, SD = .75) were not statistically 

significant, t(1220) = 1.56, p = .12, d = .09. 

On the trait EI factors level, the differences in Well-being scores between 

Art majors (M = 5.28, SD = 1.18) and Science majors (M = 5.25, SD = 1.06) were 

not statistically significant, t(1396.91) = .58, p = .56, d = .03. The differences in 

Self-control scores between Art majors (M = 4.28, SD = .98) and Science majors 

(M = 4.20, SD = .99) were not statistically significant, t(1386) = 1.62, p = .11, d = 

.09. The differences in Emotionality scores between Art majors (M = 4.52, SD = 

.89) and Science majors (M = 4.49, SD = .85) were not statistically significant, 

t(1381) = .70, p = .48, d = .04. The differences in Sociability scores between Art 

majors (M = 4.68, SD =1.04) and Science majors (M = 4.58, SD = .98) were not 

statistically significant, t(1390.89) = 1.80, p = .07, d = .10. 
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4.4.3–Results in the professionals’ sample (Study 2) 

4.4.3.1–Descriptive statistics and reliability analysis. Descriptive 

statistics for all variables are shown in Table 25 (N = 314). All skewness and 

kurtosis values were within the acceptable ranges (-3.00 to +3.00) and (-10.00 to 

+10.00), respectively (Brown, 2015). 
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Table 25 

Descriptive Statistics for TEIQue-SF, MSQ, and OCQ Across Each Profession in Study 2 of Chapter 4 (N=314) 

Profession Global trait EI MSQ OCQ 

 
Rangea M (SD) Skew Kurt Rangeb M (SD) Skew Kurt Rangec M (SD) Skew Kurt 

Bankers (n=36) 3.80-6.67 5.11 (.66) .13 -.23 48.00-99.00 76.83 (13.26) -.56 -.28 42.00-99.00 66.53 (11.88) .02 .83 

Engineers (n=72) 3.67-7.00 5.10 (.83) .04 -.79 23.00-97.00 67.25 (14.79) -.72 .95 43.00-101.00 63.78 (10.90) .81 1.01 

Healthcare providers (n=33) 3.90-6.47 5.14 (.62) .04 -.12 26.00-92.00 69.45 (15.58) -1.02 .64 15.00-87.00 62.91 (12.33) -1.69 6.30 

Lawyers (n=35) 3.97-6.77 5.48 (.66) -.09 -.55 49.00-100.00 74.86 (12.74) .03 -.42 44.00-84.00 65.31 (9.37) -.11 -.24 

Military (n=33) 3.63-6.53 4.55 (.80) 1.07 -.06 59.00-88.00 71.24 (8.75) .48 -.93 53.00-88.00 65.03 (7.81) .76 .83 

Policemen (n=39) 2.40-6.43 5.19 (.88) -.79 1.13 51.00-97.00 76.77 (10.97) -.55 .19 50.00-102.00 66.69 (10.06) 1.14 2.87 

Teachers (n=66) 3.50-6.77 5.20 (.81) -.03 -.94 38.00-100.00 69.23 (14.87) .17 -.72 45.00-93.00 61.86 (10.25) .81 .97 

Note. EI = Emotional Intelligence, MSQ = Minnesota Satisfaction Questionnaire, OCQ = Organizational Commitment 
Questionnaire, M = Mean, SD = Standard deviation, Skew = Skewness, Kurt = Kurtosis 
a The theoretical range is 1.00 – 7.00. 
b The theoretical range is 20.00 – 100.00. 
c The theoretical range is 15.00 – 105.00
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Table 26 shows the gender-based reliability estimates for TEIQue-SF. For 

the TEIQue-SF, global trait EI had satisfactory reliability (α = .88, ω	= .87). The 

corresponding, ω$ value .56, meaning that 56% of the data’s variance was 

accounted for the general factor (global trait EI). At the factor level of trait EI, 

Cronbach’s alpha values ranged from .53 to .74, with Well-being consistently 

showing the highest reliability. 

Table 26 

Gender-Based Reliability Indices for TEIQue-SF Variables in Study 2 of Chapter 

4 (N=314) 

  Overall sample (N = 
314) 

Males (N = 
174) 

Females (N = 
135) 

TEIQue-SF     
 Global Trait 

EI 
.88 .90 .85 

 Well-being .74 .74 .72 
 Self-control .54 .55 .53 
 Emotionality .58 .59 .58 
 Sociability .69 .71 .65 
MSQ  .90 .89 .91 
OCQ  .87 .85 .89 

 

4.4.3.2–The relationship between trait EI and Job-related variables. 

Overall sample and gender-based correlations are presented in Table 27. 

Pearson correlations between the three variables were all statistically significant 

as following: TEIQue-SF and job performance (r = .38), TEIQue-SF and MSQ (r 

= .29), TEIQue-SF and OCQ (r = .15), and MSQ and OCQ (r = .49). The 

significant correlations between TEIQue-SF and the three job-related measures 

(Job performance, MSQ, and OSQ) supports the criterion validity of the TEIQue-

SF in the Kuwaiti professionals’ sample. 
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Table 27 

Trait EI Zero-Order Correlations with the job-related variables and sociodemographic variables (Study 2 of Chapter 4; 

N=314) 

 Global trait EI Well-being Self-control Emotionality Sociability 
 Overall F M Overall F M Overall F M Overall F M Overall F M 

Age .08 .22* .03 .11 .13 .13 .13* .24** .07 .11 .23** .07 -.06 .07 -.12 
Job performance .38*** .28** .44*** .38*** .22** .50*** .23*** .15 .29*** .30*** .23** .34*** .26*** .17 .34*** 

Job satisfaction .29*** .31*** .29*** .29*** .29*** .32*** .18*** .19* .18* .17*** .19*** .17* .28* .25* .30*** 
Organisational 
commitment 

.15** .23** .09 .26*** .30*** .24** .04 .10 -.02 -.01 .05 -.06 .16** .25** .11 

Note. Overall = Overall sample (n=314); M = Male sample (n=174); F = Female sample (n=135); EI = emotional 
intelligence; * p < .05, ** p < .01, *** p < .001 
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Our mediation model proposed that job attitudes will mediate the 

relationship between trait EI and job performance. Model fit values were 

acceptable for the proposed model (Figure 8), CFI = .94, RMSEA = .09 [90% CI: 

.06 - .12], SRMR = .05. 

Figure 8 

The Mediation Model 

 

Note. The number before the brackets is the estimated effect (associated standard error), g_tei = 

Global trait EI, j_att = Job attitudes, perf = Job Performance, MSQ = Job satisfaction score, OCQ 

= Organizational commitment score, WB = Well-being, SC = Self-control, EM = Emotionality, SO 

= Sociability. 

a: Effect of trait EI on job attitudes. 
b: Effect of job attitudes on job performance. 
c': Direct effect of trait EI on job performance. 
Indirect effect of trait EI on job performance = a x b = 5.62 * .19 = 1.07. 
* p < .05; ** p < .01; *** p < .001 
 

The SEM results indicated that job attitudes significantly predict job 

performance, β = .19, SE = .08, p < .05, accounting for approximately 11.2% of 

the variance, R2 = .112; trait EI significantly predicted both job attitudes, β = 5.62, 
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SE = 1.21, p < .001, as well as job performance, β = 5.10, SE = .95, p < .001. 

The latter constitutes the direct effect of trait EI on job performance in our model. 

The indirect effect, tested using bootstrapped standard errors, was also 

significant, β = 1.07, SE = .45, p < .05. These findings suggest that job attitudes 

partially mediated the relationship between trait EI and job performance. The 

total effect of trait EI on job performance was 6.17. 

4.4.3.3–Incremental validity of trait EI. Hierarchical regression analysis 

summaries are shown in Table 28. In this analysis, job satisfaction and 

organisational commitment were entered together at step 1, while trait EI was 

entered on its own at step 2. We now briefly present the results separately for 

each profession.
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Table 28 

Hierarchical Multiple Linear Regression Results (Study 2 of Chapter 4; N=314) 

  Bankers Engineers Healthcare 
Providers 

Lawyers Military Policemen Teachers 

Step 1 F(2, 33) = 3.29, R² 
= .166, adj. R² = 

.116 

F(2, 67) = 3.93*, 
R² = .105, adj. R² = 

.078 

F(2, 30) = .23, R² = 
.015, adj. R² = -

0.05 

F(2, 32) = 1.11, R² 
= .065, adj. R² = 

.007 

F(2, 30) = 5.53*, 
R² = .269, adj. R² = 

.221 

F(2, 35) = 2.64, R² 
= .131, adj. R² = 

.082 

F(2, 63) = 11.92*, 
R² = .275, adj. R² = 

.252 
Step 2 F(3, 32) = 2.76, R² 

= .205, adj. R² = 
.131 

F(3, 66) = 5.67*, 
R² = .205, adj. R² = 

.169 

F(3, 29) = .92, R² = 
.087, adj. R² = -

0.008 

F(3, 31) = 1.10, R² 
= .096, adj. R² = 

.009 

F(3, 29) = 4.01*, 
R² = .293, adj. R² = 

.220 

F(3, 35) = 4.23, R² 
= .272*, adj. R² = 

.207 

F(3, 62) = 8.95, R² 
= .302, adj. R² = 

.268 
ΔR² 0.039 .100* 0.071 0.031 0.024 .140* 0.028 

Predictor β t β t β t β t β t β t β t 
(Step 1)                             

MSQ .09 .40 .28 2.09* .14 .65 .28 1.44 .56 3.32* .35 2.13* .21 1.73 
OCQ .35 1.62 .08 .62 -.11 -.51 -.06 -.31 -.18 -1.06 .02 .14 .38 3.10* 

(Step 2)                             
MSQ -.40 -.16 .25 1.97 .21 1.01 .20 .97 .37 1.47 .23 1.40 .12 .91 
OCQ .41 1.87 .05 .36 -.18 -.85 -.09 -.46 -.14 -.79 .08 .53 .38 3.09* 

global 
trait EI 

.22 1.26 .32* 2.88* .28 1.50 .20 1.04 .23 .99 .39 2.56* .19 1.57 

Note. β = Standardized Beta estimate, MSQ = Job satisfaction score, OCQ = Organizational commitment score, EI = 
Emotional Intelligence. 
* p < .05.
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At step 1 for Bankers, the model predicted 16.6% of the variance in job 

performance (F(2, 33) = 3.29, p = .05). Both job attitude variables entered in step 1 

were not significant predictor of job performance. Trait EI predicted 3.90% of 

unique variance in job performance after controlling for job attitude variables in 

step 2 (FChange (1, 32) = 1.59, p = .22). However, trait EI was not a significant 

predictor of job performance. 

For Engineers, the model predicted 10.5% of the variance in job 

performance at step 1 (F(2, 67) = 3.93, p > .05), MSQ was found to be a significant 

positive predictor of job performance (β MSQ = .28, t = 2.09, p < .05). At step 2, 

trait EI was found to be the only significant positive predictor of job performance 

(β trait EI = .32, t = 2.88, p < .05). Trait EI predicted a significant 10.0% of unique 

variance in job performance after controlling for job attitude variables (FChange (1, 

66) = 8.28, p < .05). 

For Healthcare Providers, the model predicted 1.5% of the variance in job 

performance at step 1 (F(2, 30) = .23, p = .79). Both job attitude variables entered 

in step 1 were not significant predictor of job performance. Trait EI predicted 

7.1% of unique variance in job performance after controlling for job attitude 

variables in step 2 (FChange (1, 29) = 2.26, p = .14). However, trait EI was not a 

significant predictor of job performance. 

For Lawyers, the model predicted 6.5% of the variance in job performance 

at step 1 (F(2, 32) = 1.11, p = .34). Both job attitude variables entered in step 1 

were not significant predictor of job performance. Trait EI predicted 3.1% of 
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unique variance in job performance after controlling for job attitude variables in 

step 2 (FChange (1, 31) = 1.07, p = .31). However, trait EI was not a significant 

predictor of job performance. 

For Military, the model predicted 26.9% of the variance in job performance 

at step 1 (F(2, 30) = 5.53, p < .05), MSQ was found to be a significant positive 

predictor of job performance (β MSQ = .56, t = 3.32, p < .05). At step 2, trait EI was 

not a significant predictor of job performance, after controlling for job attitude 

variables. Trait EI only predicted 2.40% of unique variance in job performance 

after controlling for job attitude variables (FChange (1, 29) = .98, p = .33). 

For Policemen, the model predicted 13.1% of the variance in job 

performance at step 1 (F(2, 35) = 2.64, p = .09), MSQ was found to be a significant 

positive predictor of job performance (β MSQ = .35, t = 2.13, p < .05). At step 2, 

trait EI was found to be a significant positive predictor of job performance, over 

and above job attitude variables (β trait EI = .39, t = 2.56, p < .05). Trait EI 

predicted a significant 14.0% of unique variance in job performance after 

controlling for job attitude variables (FChange (1, 34) = 6.55, p < .05). 

For Teachers, the model predicted 27.5% of the variance in job 

performance at step 1 (F(2, 63) = 11.92, p < .05), OCQ was found to be a 

significant positive predictor of job performance (β OCQ = .38, t = 3.10, p < .05). At 

step 2, trait EI was not a significant predictor of job performance, and OCQ 

remain a significant predictor of job performance (β OCQ = .38, t = 3.09, p < .05). 
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Trait EI predicted 2.8% of unique variance in job performance after controlling for 

job attitude variables (FChange (1, 62) = 2.45, p = .12). 

4.4.3.4–Trait EI profiles across professions in Kuwait. ANOVA and 

MANOVA are robust and sample size is sufficiently large. The analyses were 

carried out with the seven professions as levels of the independent variable and 

global and four trait EI factors scores as the dependent variable for ANOVA and 

MANOVA, respectively. 

Levene’s tests of equality of variances for the global trait EI score and the 

four trait EI factor was nonsignificant, suggesting that the homogeneity of 

variance assumption was met in all cases. 

The main effect on global trait EI was statistically significant (F(6, 307) = 

4.47, p < .001, η2 = .080). Tukey HSD post-hoc analysis revealed that Military 

scored significantly lower than all other professions. 

There was a significant multivariate main effect of professions on the four 

trait EI factors (namely, Well-being, Self-control, Sociability, and 

Emotionality), F(24, 1228) = 2.25, p < 0.05, ηp2 = 0.04. Follow-up ANOVAs revealed 

significant differences on three of the four trait EI factors: Wellbeing, F(6,307) = 

3.95, p < 0.001, ηp2 = 0.07; Sociability, F(6,307) = 4.01, p < 0.001, ηp2 = 0.07; and 

Emotionality, F(6,307) = 4.97, p < 0.001, ηp2 = 0.09. While Self-control scores were 

not statistically different across professions, F(6, 307) = 1.91, p = .08. 

Tukey’s post-hoc tests indicated that Military, overall, scored significantly 

lower than all other professions on three trait EI factors (viz., Well-being, 
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Sociability, and Emotionality). Notably, Military scored lower than other 

professions on the fourth trait EI factor (i.e., Self-control), although there was no 

main effect of professions on Self-control. Furthermore, Lawyers scored 

significantly higher Sociability scores than Engineers. All other differences were 

nonsignificant between professions. 

4.4.3.5–The relationship between trait EI and sociodemographic 

variables. We examined the relationship between trait EI and different 

sociodemographic variables (e.g., age, citizenship status, gender, and marital 

status). In the following, we will present the results with respect to each variable. 

4.4.3.4.1–Age. As can be seen in Table 27, the correlations between 

TEIQue-SF variables and age were, generally, not significant for the overall 

sample and across the two genders. Only one significant correlation was found 

between the Self-control factor of trait EI and age in the overall sample. We also 

found three significant correlations in the females’ sample between the global 

trait EI, and Self-control and Emotionality factors of trait EI with age. However, all 

these significant correlations were weak. 

4.4.3.4.2–Citizenship status. There were no outliers in the data for all 

TEIQue-SF variables across the two citizenship status groups (Kuwaitis and 

Non-Kuwaitis), as assessed by inspection of a boxplot. We assessed the 

normality of TEIQue-SF scores across the two groups through normal Q-Q plot 

along with skewness and kurtosis values. Thus, we believe that our TEIQue-SF 
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data is not severally deviated from normality, and we will carry out the 

independent samples t-test. 

There was homogeneity of variances for TEIQue-SF scores for Kuwaitis 

and Non-Kuwaitis, as assessed by Levene's test for equality of variances. 

Multiple independent-samples t-test were run to determine if there were 

differences in TEIQue-SF variables between Kuwaitis and Non-Kuwaitis. On 

global trait EI, the differences between Kuwaitis (M = 5.13, SD = .80) and Non-

Kuwaitis (M = 5.03, SD = .82) were not statistically significant, t(312) = .59, p = 

.56, d = .13. 

On the trait EI factors level, the differences in Well-being scores between 

Kuwaitis (M = 5.61, SD = 1.00) and Non-Kuwaitis (M = 5.72, SD = .98) were not 

statistically significant, t(312) = .52, p = .61, d = .12. The differences in Self-

control scores between Kuwaitis (M = 4.84, SD = .93) and Non-Kuwaitis (M = 

4.69, SD = 1.16) were not statistically significant, t(312) = .73, p = .47, d = .16. 

The differences in Emotionality scores between Kuwaitis (M = 5.08, SD = .89) 

and Non-Kuwaitis (M = 4.89, SD = .98) were not statistically significant, t(312) = 

.99, p = .32, d = .22. The differences in Sociability scores between Kuwaitis (M = 

5.02, SD = 1.08) and Non-Kuwaitis (M = 4.82, SD = 1.07) were not statistically 

significant differences, t(312) = .86, p = .39, d = .19. 

4.4.3.4.3–Gender. There were no outliers in the data for all TEIQue-SF 

variables across the two genders, as assessed by inspection of a boxplot. We 

assessed the normality of TEIQue-SF scores across the two groups through 
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normal Q-Q plot along with skewness and kurtosis values. Thus, we believe that 

our TEIQue-SF data is not severally deviated from normality, and we will carry 

out the independent samples t-test. 

There was homogeneity of variances for TEIQue-SF scores for both males 

and females, as assessed by Levene's test for equality of variances. Multiple 

independent-samples t-test were run to determine if there were differences in 

TEIQue-SF variables between males and females. On global trait EI, the 

differences between males (M = 5.13, SD = .83) and females (M = 5.14, SD = 

.75) were not statistically significant, t(307) = .06, p = .95, d = .01. 

On the trait EI factors level, the differences in Well-being scores between 

males (M = 5.58, SD = .98) and females (M = 5.69, SD = 1.00) were not 

statistically significant, t(307) = .94, p = .35, d = .11. The differences in Self-

control scores between males (M = 4.88, SD = .94) and females (M = 4.79, SD = 

.97) were not statistically significant, t(307) = .82, p = .41, d = .10. The 

differences in Emotionality scores between males (M = 5.04, SD = .89) and 

females (M = 5.12, SD = .91) were not statistically significant, t(307) = .79, p = 

.43, d = .09. The differences in Sociability scores between males (M = 5.02, SD = 

1.10) and females (M = 5.04, SD = 1.05) were not statistically significant, t(307) = 

.17, p = .86, d = .02. 

4.4.3.4.4–Marital status. There were no outliers in the data for all 

TEIQue-SF variables across the two groups (Married and single), as assessed 

by inspection of a boxplot. We assessed the normality of TEIQue-SF scores 
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across the two groups through normal Q-Q plot along with skewness and kurtosis 

values. Thus, we believe that our TEIQue-SF data is not severally deviated from 

normality, and we will carry out the independent samples t-test. 

There was homogeneity of variances for TEIQue-SF scores for both 

married and single groups, as assessed by Levene's test for equality of 

variances. Multiple independent-samples t-test were run to determine if there 

were differences in TEIQue-SF variables between married and single groups. On 

global trait EI, the differences between married (M = 5.16, SD = .82) and single 

(M = 5.08, SD = .78) were not statistically significant, t(312) = .88, p = .38, d = 

.10. 

On the trait EI factors level, the differences in Well-being scores between 

married (M = 5.69, SD = .99) and single (M = 5.54, SD = .99) were not 

statistically significant, t(312) = 1.42, p = .16, d = .16. The differences in Self-

control scores between married (M = 4.90, SD = .97) and single (M = 4.77, SD = 

.93) were not statistically significant, t(312) = 1.15, p = .25, d = .13. The 

differences in Emotionality scores between married (M = 5.11, SD = .85) and 

single (M = 5.03, SD = .93) were not statistically significant, t(312) = .82, p = .41, 

d = .09. The differences in Sociability scores between married (M = 4.98, SD = 

1.07) and single (M = 5.03, SD = 1.10) were not statistically significant, t(312) = 

.40, p = .69, d = .05. 
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4.5–Discussion 

4.5.1–Study 1 Discussion 

 The aim of Study 1 was to explore the psychometric properties of the 

Kuwaiti-Arabic TEIQue-SF in a university student sample. Firstly, we assessed 

the factorial structure of the TEIQue-SF through SEM. Further, we provided 

evidence for the reliability and validity of the TEIQue-SF scores. Finally, we 

examined the relationship between the TEIQue-SF variables and several 

sociodemographic variables. 

 4.5.1.1–The factorial structure of TEIQue-SF. We examined the factorial 

structure of the TEIQue-SF through ESEM. This approach integrates exploratory 

(EFA) and confirmatory (CFA) factor analysis such that some factors are 

specified according to the former and others according to the latter (see 

Asparouhov & Muthén, 2009 for details). ESEM introduces technical advantages 

over EFA and CFA to overcome certain of their limitations (Brown, 2015). For 

instance, it is the most appropriate approach to analyse the factorial structure of 

multidimensional measures in large samples, such as our own (Marsh et al., 

2010). 

For the Kuwaiti-Arabic TEIQue-SF, the bi-factor ESEM model showed a 

better fit than alternatives (including the hierarchical model proposed in Petrides, 

2009). In fact, this result from the Kuwaiti adaptation echoed earlier findings in 

Chile (Pérez-Díaz & Petrides, 2021) and Brazil (Perazzo et al., 2020). Hair et al. 

(2010) argued that a good model would be expected to have a significant 𝜒! 
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value, CFI > .92, SRMR < .08, and RMSEA < .07, based on the characteristics of 

our study (sample size larger than 250 and 15 observed variables). Thus, the 

model fit statistics obtained in our study fall within the expected model fit 

statistics for a good model. 

Although most items loaded significantly on global trait EI, it is necessary 

to mention that few loadings were negative on the trait EI four-factor level. This is 

not surprising because negative loadings appeared in the first attempt of bi-factor 

modelling to TEIQue-SF data as reported by Pérez-Díaz and Petrides (2021). 

Even beyond the trait EI personality construct, negative factor loadings appeared 

when bi-factor modelling was used with other personality-related constructs such 

as Burnout (Szigeti et al., 2017), Emotional distress (Hyland et al., 2013), 

Irritability (Burke et al., 2014), and Positive and Negative Affect (Leue & 

Beauducel, 2011). A potential reason for this irregular factor loading could be due 

the fact that fitting a bi-factor model means allowing item to load directly both on 

a global factor as well as one the factors. It is very challenging to interpret these 

negative because there is neither statistical (Heinrich et al., 2021) nor theoretical 

(Eid et al., 2017) reasons for that. 

However, negative factor loadings in bi-factor models can occur for a 

number of reasons. For example, they may indicate a negative relationship 

between an item and the common factor (e.g., global trait EI), which could be a 

result of a floor effect (i.e., low-performing individuals do not perform well on the 
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item). In this case, the negative loading could reflect that the item is not a good 

measure of global trait EI for low-performing individuals. 

Furthermore, factor-loadings suggested a potential issue with the 

Emotionality factor of trait EI, as most of the proposed items did not load 

significantly on it. However, the TEIQue-SF was not designed to be analysed on 

the factor-level, yet we thought about presenting preliminary results with Kuwaiti 

samples. Thus, the results obtained from this study will not be considered as 

conclusive, and we encourage future researchers to consider studying this factor 

using the full form of the TEIQue with Kuwaiti samples. 

4.5.1.2–The reliability of TEIQue-SF scores. Reliability analysis for the 

TEIQue-SF showed acceptable internal consistency for the global trait EI score in 

the overall sample as well as for males and females, separately. There were 

some less-than-desirable internal consistency estimates (e.g., for Self-control 

and Emotionality), but this is a standard finding with the short form of the 

TEIQue, which was originally designed to provide a global trait EI score only 

(Petrides, 2009). The result was consistent with other adaptations, where factor 

reliability was comparatively lower than for global trait EI (Abe et al., 2012; Deniz 

et al., 2013; Jacobs et al., 2015; Stamatopoulou et al., 2016; Feher et al., 2019; 

Hjalmarsson & Dåderman, 2022; Kryukova & Shestova, 2020; Pérez-Díaz & 

Petrides, 2021). 

4.5.1.3–The relationship between trait EI and the Big Five. We 

presented the zero-order correlations between the TEIQue-SF variables and the 
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Big Five. Generally, for the overall sample and both gender groups, all of the Big 

Five variables were significantly correlated to the TEIQue-SF variables, except 

for Agreeableness. 

In line with previous studies, the Big Five factor of Neuroticism, 

Extraversion, and Conscientiousness showed the strongest correlation with the 

TEIQue-SF variables (Freudenthaler et al., 2008; Pérez-González & Sanchez-

Ruiz, 2014; Petrides et al., 2010; Robinson et al., 2020; Siegling et al., 2015; Van 

der Linden et al., 2012; Vernon et al., 2008). As expected, Neuroticism showed 

the strongest correlation among the other Big Five factors with the TEIQue-SF 

variables in our study, followed by Conscientiousness, Extraversion, Openness, 

and Agreeableness, respectively. This was interpreted as evidence for the 

criterion validity of scores obtained from our adapted measure. 

We expected that, at least, 50% of the global trait EI variance will be 

explainable by the Big Five factors. Although the Big Five factors explained a 

significant amount of global trait EI variance in our study (30.2%), this was below 

the expected value of 50%. 

Two potential reasons could explain the aforementioned findings. The first 

reason is related to the short version of the TEIQue we administered in this 

study. The short form of the TEIQue consists of fewer items than the original 

form, and therefore, offers less coverage to the sampling domain of trait EI. 

Accordingly, using the short form will lead to excluding several items that 

theoretically overlap with the Big Five factors. The second reason is due to the 
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low reliability indices from the Big Five factors of Agreeableness and Openness. 

This was not surprising at all, as the Kuwaiti adaptation of the NEO-FFI had 

showed similarly lower alphas for these two factors (Alansari, 1997). Low 

reliability can attenuate the correlation between two variables (Henson, 2001; 

Muchinsky, 1996; Onwuegbuzie et al., 2005). 

4.5.1.4–The relationship between trait EI and sociodemographic 

variables. As TEIQue-related literature is expanding internationally, we aimed to 

contribute to it by presenting the relationship between TEIQue-SF variables and 

key sociodemographic variables in a Kuwaiti sample. 

Age was not correlated with the global trait EI in our Kuwaiti sample. This 

finding is in line with the recent findings merging from four countries in Pérez-

Díaz et al. (2021). The relationship with the Well-being factor of trait EI was the 

only significant one, however the magnitude of this correlation was very weak (r = 

.06). It is necessary to mention that our sample in Study 1 mainly consists of 

university students, and with that being said, this correlation can be restricted by 

the age range in our study. Further studies should consider a wider range of age 

in the sample to understand this relationship. 

Second, considering citizenship status, we examined the TEIQue-SF 

variables differences among Kuwaitis and Non-Kuwaitis living in Kuwait. The only 

significant differences were found in the Sociability factor of trait EI, favoring 

Kuwaitis. Although the effect size was small, the result was not surprising. As 

explained before, Sociability factor of trait EI emphasizes social interactions with 
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the community. Thus, Kuwaitis will find themselves more confident to 

communicate with others within the community, while non-Kuwaitis may find 

themselves more reserved and shyer to avoid any issues while living in the 

country. The results in our study contradict those found in Abe et al. (2013) in a 

Japanese sample, as they found that non-citizens outperformed their citizens 

counterparts. Although both cultures are considered collectivist, the sociability 

factor can be viewed differently in the two countries. In Kuwait, they prioritize 

group harmony and interdependence, while in Japan, they strongly emphasise 

group harmony and conformity. Also, Kuwaitis may exhibit more expressive and 

emotionally open communication, fostering greater social connections. In 

contrast, Japanese culture values indirect and non-verbal communication, which 

may lead to lower self-reported sociability. It is important to note that more 

research is needed in this area to fully understand the potential impact of 

citizenship status on trait EI, in different cultures. 

Third, we considered gender differences in trait EI. The claim that “EQ is 

female” was not borne out by our data, as males scored significantly higher than 

females on global trait EI. Also, as expected, males scored significantly higher 

than females on both Self-control and Sociability factors of trait EI. Males might 

be encouraged to engage in more social interactions and develop larger 

networks, which could contribute to higher sociability scores. Females, on the 

other hand, may be expected to prioritize family and interpersonal relationships 

within smaller circles, potentially affecting their self-reported sociability scores. 
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Effect sizes for all significant differences were relatively small (i.e., below .30).  

The differences found in our study are not conclusive and could be due to the 

constitution of our sample, and therefore, future researchers should consider 

investigating these differences with different Kuwaiti samples. It is also important 

to consider the possibility of response bias when comparing self-reported data. 

Social desirability biases may influence how men and women in Kuwait respond 

to the TEIQue-SF. This bias could impact the scores obtained, potentially leading 

to variations between genders. 

We expected that females in our sample will score higher than males in 

the Emotionality factor of trait EI as previously found in Canada, Italy, and United 

States (Chirumbolo et al., 2019; McKinley et al., 2014; Siegling et al., 2012). 

However, this was not the case in the Kuwaiti sample, which was unexpected 

because there is a common belief in Kuwait that females are better at perceiving 

and expressing their emotions to sustain relationships with important others. 

Kuwaiti culture, like many other cultures, may have specific gender norms and 

expectations regarding emotional expression. In Kuwait, societal norms and 

values related to gender may lead to females feeling less comfortable or less 

encouraged to express their emotions openly, which could impact their self-

reported emotionality scores. In contrast, in countries where gender equality and 

emotional expression are more accepted, females may feel more comfortable 

expressing their emotions, leading to different results. This can explain why 
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females in Kuwait scored lower than males compared to their counterparts in 

Canada, Italy, and the United States. 

 Fourth, we considered trait EI differences as a function of marital status. 

We examined differences in TEIQue-SF scores between married and single 

participants. None of the differences were significant in our Kuwaiti sample, 

which was consistent with UK findings (Pérez-Díaz et al., 2021). In fact, this can 

imply that trait EI does not play a big role in one's marital status, regardless of the 

culture. 

In conclusion, this psychometric study with the adapted TEIQue-SF in a 

Kuwaiti sample yielded satisfactory results. The Kuwaiti-Arabic TEIQue-SF was 

shown to be reliable and valid. Consequently, we believe that researchers can 

utilize this adaptation as a vehicle to study trait EI in diverse settings in Kuwait, 

including but not limited to, clinical, educational, and organisational. 

4.5.2–Study 2 Discussion 

 The aim of Study 2 was to assess the psychometric properties of the 

Kuwaiti-Arabic TEIQue-SF in samples of Kuwaiti professionals. Firstly, we sought 

to examine the reliability of scores in additional samples. Then, we aimed to 

provide further evidence on the validity of scores obtained from the Kuwaiti-

Arabic TEIQue-SF through assessing its relationship with job-related variables. 

Furthermore, we compared the trait EI profiles across several professions in 

Kuwait. Finally, we examined the relationship between the TEIQue-SF variables 

and several sociodemographic variables as in Study 1. 
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4.5.2.1–Reliability of TEIQue-SF scores. The results obtained by the 

reliability analysis of TEIQue-SF in this study mirrored those in Study 1. In more 

details, the internal consistencies for the global trait EI score in the overall 

sample as well as for males and females, separately, were acceptable. The less-

than-desirable internal consistency estimates were found in the Self-control and 

Emotionality factors of trait EI as those in Study 1. However, this is a typical 

finding on the factor-level of trait EI as explained in Study 1. 

4.5.2.2–The relationship between trait EI and job-related variables. 

We presented the zero-order correlations between the TEIQue-SF variables and 

the three job-related variables: job performance, job satisfaction, and 

organisational commitment. As expected from earlier meta-analytic studies (e.g., 

Miao et al., 2016; O’Boyle et al., 2011), trait EI was significantly correlated with 

all job-related variables included in our study, thus providing additional support 

for the criterion validity of the scores obtained with our adapted TEIQue-SF. 

The causal relationships between the key variables in our study were 

presented earlier in the literature review (see section 2.5.9). Based on meta-

analytic studies, the literature showed that trait EI was a significant predictor of 

job performance (O’Boyle et al., 2011) and job attitudes, including job satisfaction 

and organisational commitment (Miao et al., 2016). Riketta (2008) concluded that 

job attitudes affected job performance. Accordingly, we built our mediation model 

based on the previous findings, in which we wanted to examine whether the trait 

EI effect on job performance will be mediated by job attitudes. We did not find 
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any supporting literature for the possibility that job attitudes affect trait EI, and 

therefore we did not test an alternative model that trait EI will mediate the well-

established relationship between job attitudes and job performance. 

Our SEM results showed that job attitudes, defined by the two indicators 

of job satisfaction and organisational commitment, partially mediated the 

relationship between trait EI and job performance. This indicates that trait EI 

substantially affects job performance, even after adding a job-related variable 

(e.g., job attitudes) to the model. 

Our finding accords with the earlier investigation by Li and colleagues 

(2018), who reported that job satisfaction partially mediated the relationship 

between trait EI and job performance on a large sample of teachers in China. 

The key difference between our study and their study is the role of job 

satisfaction in the mediation model. In their study, they treated job satisfaction as 

a key variable in the model (i.e., a mediator variable), while in our study, job 

satisfaction was modelled together with organisational commitment as an 

indicator of a general factor of job attitudes. Even though the two studies reached 

the same conclusions, we believe that further confirmations in longitudinal 

designs are desirable. 

4.5.2.3–Incremental validity of trait EI. Another aim of Study 2 was to 

assess the incremental validity of trait EI (measured by the Kuwaiti-Arabic 

TEIQue-SF) in predicting job performance over and above job-related variables. 

This is one of a small number of studies to assess the incremental validity of the 
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TEIQue in predicting job performance across different professions (e.g., Petrides 

et al., 2022). 

Our results showed that global trait EI incrementally predicted job 

performance over job attitudes in Policemen and Engineers. In contrast, no such 

effects were observed in other professions (e.g., Bankers, Healthcare providers, 

Lawyers, Military, and Teachers). However, this result should not be taken as 

conclusive owing to the relatively small sample sizes for this kind of analysis. 

A limitation in our research design was the reliance on a single item to 

measure job performance as a criterion variable. On one hand, Fuchs and 

Diamantopoulos (2009) suggested using a single-item scale if: a) the construct is 

referring to a concept that received a global consensus on what does it mean 

(i.e., concrete construct), b) if the population is diverse, and 3) if the sample size 

is relatively small. On the other hand, Credé et al. (2012) argued that using 

abbreviated measures (e.g., 1-item) will affect our estimation of the relationship 

between personality traits with other behavioural constructs. Accordingly, the 

relationship between trait EI and job performance may be greater than suggested 

in our study. Taking into account both views, we used a single-item scale for job 

performance because we believe that: 1) the concept is concrete; 2) our 

sampling population is highly diverse (e.g., several professions); and 3) the 

sample size is small for such a design. Future research could rectify these 

limitations through the use of longer measures or objective job performance 

criteria with larger samples. 
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Another limitation of our study is the use of self-reported measures. One 

problem with this type of measure is related to the participant's responses in 

which they respond in a socially acceptable way (i.e., social desirability bias) or in 

a certain way regardless of the question (i.e., response bias). Another problem is 

related to the clarity of the items to the participants, which can lead to different 

interpretations of the questions. However, we tried to minimize these biases by 

including well-established measures in Kuwait. 

4.5.2.4–Trait EI profiles across professions in Kuwait. We also 

compared the trait EI profiles (global and four factor scores) across different 

professions in Kuwait. Our analysis suggested that the Military sample had lower 

scores on global trait EI and on three of four factors (Self-control being the 

exception where scores were numerically but not statistically lower). Due to the 

serious consequences of potentially emotionally driven decision-making within 

the military sector, it is concerning that members of the military profession in our 

study had lower trait EI scores. Unfortunately, several reports from Kuwait have 

reported criminal and violent incidents involving military personnel (e.g., an army 

person shot and killed his colleague in an army camp; Ibrahim, 2022). 

In fact, the Kuwaiti military participants in our study scored lower than their 

counterparts in the United States (Bond, 2016; Placek et al., 2019 Walters, 

2018), the United Kingdom (MacEwan & Gibson, 2022; Petrides et al., 2022), 

and France (Bourgeon et al., 2015). This result may be because psychological 

and personality-related tests are considered in either selection processes or after 
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employment in the United States (e.g., Global Assessment Tool), in the United 

Kingdom (e.g., Threshold Assessment Grid), and in France (e.g., 

Psychotechnical tests). 

These findings are important for the Military sector in Kuwait as its 

employees may benefit from trait EI training programs, as previous research has 

shown that trait EI can be improved through training (for details, Nelis et al., 

2009; Petrides et al., 2016). In fact, it is helpful to optimize trait EI in all 

employees, as it affects their general well-being, health, social relationships, and 

work performance (Mavroveli et al., 2007; Mikolajczak et al., 2009; Li et al., 2018; 

Sarrionandia & Mikolajczak, 2020). For these reasons, we considered adapting 

the TEIQue-SF to serve as a reliable and valid measure to study trait EI in 

Kuwait. 

Lawyers scored significantly higher than engineers on the Sociability 

factor and numerically higher than all other professions. However, we believe 

that the result of our study is not surprising. This is because the Sociability factor 

emphasises social relationships and social influence in the workplace in this 

case. Petrides (2009) indicated that higher scores on the Sociability factor mean 

that the individual has good listening skills and can communicate with others. We 

believe that these two characteristics are important for Lawyers as their work is 

based on interactions with others (Gerdy, 2013). While for engineers, the nature 

of their profession may prevent them from these interactions, as they mostly deal 

with numbers and machines. 
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The results in Study 2, as well as the wider literature, showed that trait EI 

factors have a substantive effect on other job-related variables. Therefore, we 

believe that it is an important to consider it in most professions.  For example, 

military should have higher Self-control scores, as it is important in this line of 

work to able to regulate external pressures and stress (Dugger et al., 2022). 

What is more, the trait EI profiles in certain professions may indirectly affect other 

individuals. For instance, teachers’ trait EI affects students' academic 

performance (Chamizo-Nieto et al., 2021; Pérez-Díaz et al., 2021). 

Consequently, we call on employers to pay more attention to their employees’ 

trait EI and to offer the appropriate training for the best outcomes. 

To our knowledge, psychological or personality testing are not considered 

for prospective soldiers by the Kuwaiti military (or any other governmental 

sector). Even more, their admission requirements focus on physical fitness and 

health, but not on their mental health as assessed by psychological and 

personality assessments. Even after graduating from the Military Academy in 

Kuwait, military leaders do not consider any psychological or emotional training 

for their soldiers. As reported by the Kuwait News Agency (Aldeqbasi, 2019), the 

focus is exclusively on physical and military-related training, such as Special 

Weapons and Tactics (SWAT) training. Unfortunately, this is true in other 

sectors, as well. For instance, the Ministry of Education in Kuwait offers several 

teacher training courses beginning each academic year. However, these courses 

are mainly focusing on teaching instructions and methods training. 
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Study 2 also explored the trait EI profiles of several professions such as 

policemen, military, teachers, healthcare providers, bankers, engineers, and 

lawyers in Kuwait. Trait EI scores in certain professions (e.g., Military) were 

notably lower than others indicating a need for employee trait EI training because 

higher trait EI scores affect several important job-related variables, such as job 

performance and job attitudes. One potential reason for the low trait EI scores in 

certain professions is that individuals’ emotions are not acknowledged and 

treated with respect. 

According to Smollan and Sayers (2009), employees reported a higher 

organisational commitment and more positive reactions toward their day-to-day 

job events when their emotions were respected by the organisation. 

Consequently, we encourage employers to focus not only on the job-related 

qualifications and degrees of their prospective employees but also on their 

personality traits and, more importantly, on their trait EI. This is not surprising 

because Sackett et al. (2021) showed that trait EI was the first non-job-related 

variable (i.e., personality-related) predictor for job performance. 

Notwithstanding the aforementioned limitations stated in the relevant 

sections (e.g., 4.5.2.2 and 4.5.2.3), we believe that this study makes an important 

contribution, as it is one of the first attempts to study trait EI across different 

professions in a country that has not been adequately represented in the global 

trait EI literature. This will not only encourage Kuwaiti researchers to explore 

these trait EI profiles of professionals in Kuwait but also allow for future cross-
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cultural studies. It presents the only empirical investigation into the mediating role 

of job attitudes in the relationship between trait EI and job performance, in which 

we showed that trait EI still has a substantial effect on job performance even after 

presenting another well-established job-related variables into the path model. 

The present study is the only empirical investigation into the mediating role of job 

attitudes in the relationship between trait EI and job performance. Although the 

results are not definitive due to the small sample size, we also investigated the 

incremental validity of trait EI in predicting job performance over and above job 

attitude variables in several jobs, thus providing an additional validity support of 

the results obtained by the Kuwaiti-Arabic TEIQue-SF. 

Lastly, this study throws up many questions that need further 

investigation. First, researchers should consider a longitudinal design to test our 

proposed mediation model. Second, the incremental validity of TEIQue-SF 

should be assessed using a more comprehensive job-related measure. Third, 

future researchers may consider the effects of trait EI training on both trait EI 

profiles and job performance. 

4.5.2.5– The relationship between trait EI and sociodemographic 

variables. We revisited the relationship between TEIQue-SF variables and 

sociodemographic variables first examined in Study 1. In short, most of the 

findings were consistent with those reported in Study 1. We will discuss the 

present findings in relation to those reported in Study 1, although we have to 

mention the sample of this study was more heterogenous than Study 1’s sample, 
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thus resulting in many confounding variables (e.g., different socioeconomic 

status and educational level). 

Generally, age was not significantly correlated with TEIQue-SF variables 

in our sample of professionals and the exceptions were weak. In Study 1, we 

thought that the sample’s age restricted any correlation between age and the 

TEIQue-SF variables. In this study, the sample comprised a wider age range, but 

there was still a general absence of age effects. 

For citizenship status, the TEIQue-SF variables were not significantly 

different among Kuwaiti and non-Kuwaiti participants. This is not surprising 

bearing the results obtained from Study 1 in mind. 

For gender differences, our present findings did not meet the expectations 

from the literature and Study 1. This is not surprising because the sample in 

Study 2 was heterogenous, and the datasets from various professions were very 

unbalanced with respect to gender. When one group is underrepresented, it can 

create a skewed sample, resulting in incorrect conclusions or interpretations of 

the data. Accordingly, we will discuss the following findings with caution. 

We found that none of the differences were significant, and in some 

cases, females scored numerically higher than males, not like Study 1. This 

discrepancy between the results of the two studies can be because applying the 

same measure to different samples can lead to different results. For example, the 

results from Petrides (2009) and Sánchez-Ruiz et al. (2010) concerning the 

gender differences in UK sample reached to the same results in our studies 
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included in this chapter. Accordingly, the results obtained from this study cannot 

be seen as conclusive and generalisable, yet. We encourage future researchers 

to look carefully into the role of gender in trait EI with different, more 

representative, and larger Kuwaiti sample. 

Lastly for marital status, our findings supported the earlier findings in 

Study 1 with none of the differences between the groups tested reaching 

significance. Studies have shown that married individuals tend to score higher on 

measures of trait EI, compared to their unmarried counterparts (Pérez-Díaz et al., 

2021; Stamatopoulou et al., 2016). This is thought to be due to the increased 

emotional and social demands that come with being in a committed relationship, 

which may require higher levels of emotional regulation and interpersonal skills. 

However, we believe the contradictory findings in Kuwait may be due to the 

cultural effect. It can also be due to the fact that we did not have balanced groups 

between married and unmarried groups in our sample. In conclusion, while there 

is some evidence to suggest that trait EI may differ as a function of marital status, 

the relationship is complex and requires further investigation. 

4.5.3–General Discussion 

 The overall aim of this chapter was to adapt and validate the Kuwaiti-

Arabic TEIQue-SF for use in Kuwaiti samples. 

 We started this chapter by following the ITC (2017) guidelines to culturally 

adapt the TEIQue-SF as a first step to validate the measure within Kuwait. 

Throughout the process of following these guidelines, amendments were made 
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to certain items as discussed earlier to ensure that the final adapted version is 

adequate for use with Kuwaiti samples. It is important to mention that following 

the ITC (2017) did not only allow us to successfully adapt the TEIQue-SF into 

Kuwaiti-Arabic, but also showed the importance of following comprehensive, 

well-documented adaptation guidelines. We encourage researchers to implement 

such comprehensive guidelines for their future measure’s cultural adaptation 

studies and avoid the reliance on a singular step comprising translations alone. 

 As discussed in Study 1, we assessed the factorial structure of the 

TEIQue-SF in a Kuwaiti sample, and the results were promising. We did not 

attempt to assess the factorial structure of the TEIQue-SF in Study 2, because 

the sample comprised participants from several professions. There was no point 

in re-assessing the factorial structure of the instrument on this sample because 

research has shown that trait EI is non-invariant across different professions 

(Pérez-Díaz et al., 2021; Pérez-Díaz et al., 2022). Otherwise, both studies 

included in this chapter also offered evidence for the TEIQue-SF scores’ internal 

consistency and validity. 

 Furthermore, we presented the relationship between TEIQue-SF variables 

and key sociodemographic variables in both studies. The findings contribute not 

only to Kuwaiti Psychology by presenting results obtained from Kuwaiti samples, 

but also to the international literature on trait EI, as these findings can be used for 

cross-cultural comparisons. 
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 Although the aforementioned findings sound promising, we have to 

acknowledge the limitations of the sampling methods used in this chapter. These 

sampling methods (i.e., convenience and non-proportional quota sampling 

methods) limit the generalisability of our findings in the Kuwaiti population 

(Fricker, 2008). Nevertheless, we still believe that the consistency of our results, 

especially as regards of the reliability of scores obtained from the two studies, 

can be seen as an indicator of the measure’s appropriateness for use in Kuwaiti 

samples. However, we encourage future researchers to apply this measure in 

different settings (e.g., clinical) using different Kuwaiti samples to contribute more 

broadly to the trait EI literature in Kuwait. 

 In conclusion, we believe that this chapter makes a contribution by 

developing and securitizing the psychometric properties of a new and important 

personality-related measure in the Kuwaiti context. More specifically, it offers an 

adaptation of one of the leading and most widely used measures of emotional 

intelligence (TEIQue-SF). We consider this adaptation of the TEIQue-SF as a 

suitable, reliable, and a valid measure to study trait EI in Kuwait. We also hope 

that it will inspire, encourage, and support a new wave of scientific and practical 

psychometric applications across all applied settings (esp. clinical, educational, 

and occupational) in Kuwait, specifically, and the Middle-Eastern region, more 

generally. 
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4.5.4–Theoretical Contributions 

The theoretical contributions of the studies included in this chapter are 

manifold. Studying trait EI in Kuwait using the TEIQue-SF for the first time offers 

valuable enhancements to our understanding of this construct within a distinct 

cultural context and contributes to the exploration of its universality. The concept 

of universality in trait personality theory posits that certain psychological traits are 

present across different cultures, highlighting the commonalities in human nature 

(McCrae & Costa, 1997; Triandis, 1994; Triandis & Suh, 2002). Trait EI has been 

extensively studied in Western cultural contexts, predominantly using self-report 

measures (Petrides, 2009). However, there is a need to investigate the 

universality of trait EI by examining its manifestation in non-Western cultures 

(Gökçen et al., 2014), such as Kuwait, which was established in this chapter. 

This is important because cultural variations can influence the understanding, 

expression, and evaluation of emotional intelligence (Matsumoto & Hwang, 

2013). By exploring trait EI in Kuwait, we can determine the extent to which the 

existing models and measures of trait EI hold true across cultures. 

4.5.4.1–Hofstede's Cultural Dimensions and Trait EI. Miao et al. (2020) 

discussed how trait EI differs as a function of Hofstede's four cultural dimensions 

in their meta-analytic study. In cultures characterised by high power distance, 

where hierarchical order and unequal power distribution are accepted, individuals 

in subordinate positions may find value in utilising their trait EI to perceive and 

regulate the emotions of those in power. This ability to navigate power dynamics 



 207 

and conform to authority may contribute to positive emotional appraisals and 

potentially reduce negative behaviors. 

In individualistic cultures, where personal goals take precedence over 

collective goals, individuals with high trait EI may perceive less need to perceive 

and respond to others' emotional needs. The emphasis on self-interest 

maximisation in individualistic cultures may lead to a weaker association between 

trait EI and the consideration of others' emotions. 

In masculine cultures, which prioritise competition and assertiveness, the 

relationship between trait EI and emotional outcomes may be less pronounced. 

The cultural preference for assertiveness and aggressiveness may undermine 

the perceived value and relevance of trait EI in these cultures, potentially 

diminishing its impact. 

In cultures high in uncertainty avoidance, where ambiguity is less 

tolerated, individuals with high trait EI may be more likely to accurately perceive 

and regulate their own emotions. The need for clear emotion expression and 

regulation in these cultures may enhance the activation and utilisation of trait EI. 

Kuwait can be analysed through the lens of Hofstede's four cultural 

dimensions (Hofstede et al., 2010), shedding light on how trait EI may differ 

between cultures. These scores can be accessed through the country 

comparison tool: https://www.hofstede-insights.com/country-comparison-tool, 

which are based on the findings in Almutairi et al. (2020). 
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Firstly, in terms of power distance, Kuwait exhibits a relatively high score (90 

out of 100), indicating a hierarchical society where authority figures are 

respected, and power is distributed unequally. This cultural norm can influence 

the development of trait EI as individuals may be more inclined to defer to 

authority figures and may have a lower sense of agency in expressing their 

emotions. In contrast, Western cultures generally have lower power distance, 

encouraging individuals to express their emotions more freely and assertively 

(Hofstede, 2001). 

Furthermore, Kuwait displays a collectivist orientation, as evidenced by its low 

score in the Individualism dimension (25 out of 100). This signifies a strong 

emphasis on group harmony and collective interests over individual needs. In 

collectivist cultures, the regulation of emotions for the benefit of the group is 

prioritized, which may impact the development and expression of trait EI. 

Conversely, Western cultures tend to prioritize individualism, allowing for more 

personal expression of emotions and a focus on individual well-being 

(Matsumoto & Hwang, 2013). 

In terms of masculinity, Kuwait scores relatively low (40 out of 100), reflecting 

a society that values equality, solidarity, and well-being. In cultures with lower 

masculinity scores, individuals may be more inclined to develop interpersonal 

sensitivity, empathy, and the ability to understand and regulate their own and 

others' emotions. This cultural context may foster the cultivation of trait EI skills, 

such as perceiving and managing emotions effectively, as well as valuing 
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harmonious relationships and supportive behaviors. On the other hand, Western 

cultures, which can vary in their masculinity scores, may place more emphasis 

on individual emotional expression and interpersonal sensitivity, potentially 

shaping trait EI in different ways (House et al., 2004). 

Lastly, Kuwait has a relatively high score in uncertainty avoidance (80 out of 

100), indicating a preference for rules, structure, and a desire to minimize 

ambiguity and uncertainty. This cultural orientation can impact the development 

of trait EI by potentially valuing emotional stability and predictability. In contrast, 

Western cultures with lower uncertainty avoidance may encourage a more open 

and adaptive approach to emotions, potentially influencing the expression and 

regulation of trait EI (Matsumoto & Hwang, 2013). 

As discussed in Study 2 of this chapter, there is a prevailing tendency in 

Kuwaiti culture that places less emphasis on openly expressing emotions, 

especially in public settings (Al-Eidan, 2019a,b). This cultural norm can have a 

profound influence on individuals' ability to recognise and understand emotions 

accurately, consequently affecting their trait EI scores. Accordingly, our findings 

revealed that certain groups in Kuwait, such as the Military group, exhibited lower 

trait EI scores compared to their peers in other Western countries, in which 

emotions were more acknowledged. 

4.5.4.2–Enhancing our Understanding of Trait EI through Bi-Factor 

ESEM Modelling. Furthermore, by examining the theoretical frameworks and 

measurement models developed in Western cultures and assessing their validity 
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in a non-Western context, we gain a deeper understanding of the universality of 

trait EI. Our study specifically contributes to this understanding by retaining the 

bi-factor model of TEIQue-SF, which aligns with the findings from a study 

conducted in Chile (Pérez-Díaz & Petrides, 2021). It is important to note that our 

study represents only the second attempt to assess the factorial structure of 

TEIQue-SF using ESEM approach with a bi-factor interpretation. Using this 

approach to analyse the factorial structure of the TEIQue-SF provides a more 

comprehensive understanding of the trait EI theory compared to other simple 

factor analysis approaches. While traditional factor analysis methods typically 

aim to identify a single general factor and several specific factors, the bi-factor 

ESEM model allows for the examination of both the general factor and specific 

factors simultaneously. 

In the context of trait EI, the general factor represents the shared variance 

among all the items in the TEIQue-SF scale, capturing the overall trait EI 

construct or global trait EI. This general factor reflects the broad perceptions 

related to emotional recognition, understanding, regulation, and management. By 

identifying and quantifying the general factor, the bi-factor ESEM model enables 

researchers to evaluate the overall level of trait EI in individuals, along with their 

perception across the four-trait EI factors. 

This statistical approach helps us to deeply understand the trait EI theory by 

providing insights into the multidimensional nature of EI. It recognises that EI is 

not a singular construct but consists of various interconnected components. By 
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accounting for both the general factor and specific factors, the bi-factor ESEM 

model allows for a more accurate representation of the complex structure of trait 

EI, offering a deeper understanding of its underlying dimensions and their 

relationships. This contribution extends beyond being merely a statistical or 

practical advancement by enhancing our understanding of trait EI theory and 

providing valuable insights into the interpretation of the results (DeMars, 2013). 

Finally, the retention of the bi-factor ESEM model enhances our 

understanding of the relative importance of the general factor (i.e., global trait EI). 

and specific factors (i.e., Trait EI factors of self-control, sociability, emotionality, 

and well-being) in predicting various outcomes. By examining the factor loadings 

and their associations with different criteria or variables of interest, we can 

determine the unique contributions of the general factor and specific factors in 

explaining specific outcomes, such as job performance. This contributes to a 

more comprehensive understanding of how different factors of trait EI impact 

various domains of functioning. 

4.5.4.3–The Impact of Trait EI on Job Performance. Another significant 

contribution of this chapter to the theory of trait EI is the confirmation of its role in 

predicting job performance. Our findings consistently demonstrated that trait EI 

significantly predicts job performance, even after controlling for other strong job-

related variables, such as job attitudes defined by job satisfaction and 

organizational commitment. The relationship between trait EI and job 

performance was only partially mediated by these job attitudes, indicating that 
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trait EI remains a substantial and independent predictor of job performance. The 

mechanism underlying this relationship will be discussed in the following lines. 

Firstly, trait EI encompasses the individual's perceptions to recognize, 

understand, and regulate emotions, both in oneself and in others. This emotional 

awareness and regulation are crucial in interpersonal interactions, teamwork, and 

effective communication in the workplace. Employees high in trait EI are more 

likely to exhibit empathy, demonstrate effective conflict resolution skills, and 

navigate social dynamics, which ultimately contribute to their job performance 

(Carmeli, 2003; Fernandez, 2007; Martos et al., 2013). 

Secondly, trait EI plays a vital role in managing stress and adapting to 

changing work environments. High levels of trait EI enable individuals to cope 

with workplace challenges, handle setbacks, and maintain resilience in the face 

of adversity. This ability to effectively manage stress and adapt to new 

circumstances enhances job performance, as it allows employees to maintain 

productivity and perform optimally even in high-pressure situations (Nikolaou & 

Tsaousis, 2002; Ogińska-Bulik, 2005; Pandey et al., 2023; Petrides & Furnham, 

2006; Thomas et al., 2018). 

Furthermore, trait EI contributes to the development of positive interpersonal 

relationships and effective leadership skills. Employees high in trait EI are more 

likely to display positive social behaviors, build rapport with colleagues, and 

foster a supportive work environment. These interpersonal skills facilitate 

collaboration, cooperation, and teamwork, which are essential for achieving 



 213 

organizational goals and enhancing overall job performance (Humphrey, 2013; 

Parker et al., 2020; Prati et al., 2003; Siegling, Nielsen, et al., 2014). 

Lastly, trait EI is associated with increased self-motivation and self-regulation. 

Individuals with high trait EI are more likely to set challenging goals, persist in the 

face of obstacles, and exhibit self-discipline and self-motivation. These qualities 

contribute to improved performance and productivity, as employees with high trait 

EI are driven to achieve their objectives and maintain a strong work ethic (Nouri 

& Dehghani, 2019; Tukiman Hendrawijaya et al., 2018). 
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Chapter 5: Adapting and Exploring the Psychometric Properties of the 

Kuwaiti Belimp Inventory 

5.1–Abstract 

Belief-importance (belimp) theory posits that personality traits affect the individual 

tendency to perceive convergences and divergences between their belief that 

they can achieve goals and the importance that they place on those goals. The 

present chapter presents results from two studies aiming to adapt the main 

belimp inventory into Arabic and test the underlying theory in Kuwait. One 

thousand four hundred fifty-eight individuals participated in the study and were 

allocated according to their scores into one of the four belimp quadrants: Apathy, 

Depression, Hubris, and Motivation. A new model to test the belimp theory was 

proposed comprising 3 general life domains labelled Being, Belonging, and 

Becoming. Results from the reliability and factor analyses suggested that our 

proposed model was acceptable. Findings in our study, emerging from three 

broad domain clusters, supported the belimp plane postulations and previous 

findings with British samples. Thus, providing a solid support to the belimp theory 

in a different country and culture. 
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5.2–Introduction 

 The overall aim of this chapter is to adapt the belimp inventory as a 

vehicle to test the belimp theory. The theory itself is still novel and has not yet 

been presented to any Kuwaiti samples. Although, it is an important theory 

because it can help individuals, organizations, and societies to better understand 

and predict human behavior and make more informed decisions. Accordingly, we 

adapted the belimp inventory following the same guidelines and procedures we 

followed in Chapter 4 for adapting the Kuwaiti-Arabic Trait Emotional Intelligence 

Questionnaire – Short Form (TEIQue-SF). 

 In this chapter, we present the psychometric properties of the adapted 

belimp inventory for each belimp dimension. Also, we present evidence of the 

reliability and validity of scores obtained with the inventory. 

 Further, we present the results obtained by testing central hypotheses of 

belimp theory across the life domain clusters of Being, Belonging, and Becoming, 

respectively. Following previous work (Petrides, 2010; Petrides, 2011b; Petrides 

& Frederickson, 2011; Petrides & Furnham, 2015), we advanced and tested the 

following hypotheses: 

H1: The Hubris quadrant will have the highest score on global trait EI 
H2: The Motivation quadrant will have the highest score on Big Five 
conscientiousness 
H3: The Motivation quadrant will have the highest score on the Self-control factor 
of trait EI 
H4: The Depression quadrant will have the highest score on Big Five neuroticism 
H5: The Depression quadrant will have the lowest score on global trait EI 
H6: The Apathy quadrant will have the lowest score on Big Five extraversion 
H7: The Apathy quadrant will have the lowest score on the Sociability factor of 
trait EI. 
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These hypotheses do not indicate that the target quadrant (e.g., Hubris in 

H1 and Motivation in H2) will score statistically higher than the other three 

quadrants. In fact, if a hypothesis is completely supported, the target quadrant is 

expected to have a numerically higher (or lower) score than the other three 

quadrants. While if it is partially supported, then it is expected to score higher (or 

lower) than at least two other quadrants. 

5.3–Methods 

5.3.1–Cultural adaptation and pilot sampling 

5.3.1.1–Design and procedure. Overall, we consulted the same expert 

committee members and followed the same adaptation procedure for the 

purposes of adapting the English TEIQue-SF (See 4.3.1.1 Design and procedure 

for details). The belimp inventory was adapted into Kuwaiti-Arabic and the 

adapted version was considered ready for piloting. 

After piloting the measure, several comments were received by the 

participants. The first comment was about the option “other" when asking about 

gender as only two legal genders are allowed in Kuwait. The second comment 

was about the meaning and the clarity of the item “be physically independent” 

under the health-related goals. The third comment was about the spirituality-

related goals as the participants viewed these goals as if they were religious-

related goals. Finally, we noted that two open-ended demographic questions 

related to nationality and religion yielded more than one expression for the same 

answer. For instance, the following answers were given to indicate the Kuwaiti 
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nationality by participants: Kuwaiti, Kuwait, State of Kuwait, and from Kuwait. 

These were discussed by the committee and proper amendments were made to 

the pilot version.  

5.3.1.2–Participants. The pilot sample of professional adults comprises 

138 participants. 

5.3.1.3–Measures. 

 5.3.1.3.1–Belimp Inventory. The inventory assesses 15 life domains with 

five questions concerning the belief that certain goals can be attained in a 

specific life domain and five matching questions concerning the importance of 

these goals to the individual. Participants responded on a scale ranging from 0% 

(absolutely unimportant or minimum confidence) to 100% (absolutely important 

or maximum confidence). 

5.3.1.4–Data Analysis Plan 

 We performed descriptive analysis for each life domain among the two 

belimp coordinates. Also, we computed Cronbach’s alpha to assess the internal 

consistency of the results obtained by the adapted belimp inventory. The 

analyses were carried out through IBM SPSS Statistics for Macintosh, version 

27.0 (IBM Corp., 2020). 

5.3.2–Main study 

5.3.2.1–Design and procedure. We followed the same design and 

procedure of Study 1 of Chapter 4. 
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5.3.2.2–Participants. We used the same sample as in Study 1 of Chapter 

4. 

5.3.2.3–Measures. 

 5.3.2.3.1–Belimp Inventory. We used the Kuwaiti-Arabic belimp inventory 

that was developed and utilised in the pilot study. 

5.3.2.3.2–Kuwaiti-Arabic TEIQue-SF. We used the same measure as 

adapted in Chapter 4. 

5.3.2.3.3–Kuwaiti-Arabic NEO-FFI. We used the Kuwaiti adapted version 

by Alansari (1997) as we did in Study 1 of Chapter 4. 

5.3.2.4–Data Analysis Plan 

 We conducted CFA with ML estimator and modification indices (M.I.) to 

validate the proposed clustered life domain model discussed earlier. CFA was 

performed using the Lavaan package (Rosseel, 2012) in R. Model fit statistics 

will be obtained to evaluate the model goodness according to Hair et al. (2010). 

Subsequently, 15-specific life domains’ scores were averaged to compute 

scores for our three proposed general life domains of Being, Belonging, and 

Becoming on both belimp dimensions (i.e., 6 average scores: 3 on the belief 

dimension and 3 on the importance dimension). 

We calculated Cronbach’s alphas (Cronbach, 1951) for each of the 30 

belimp subscales (i.e., the belief and importance dimensions for the 15-life 

domains). The indices were computed using the ltm package (Rizopoulos, 2006) 

in R, version 4.0.5 (RStudio Team, 2021). We also used the psych package 
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(Revelle, 2021) to compute McDonald’s omega ω (McDonald, 2013) for 

assessing and interpreting the internal consistency of our proposed 

multidimensional model comprising belief and importance ratings on Being, 

Becoming, and Belonging. The corresponding omega hierarchical (ωh) was also 

computed to know the proportion of scale variance that is due to the general 

factor (i.e., general life domain). 

Further, four groups (viz., Apathy, Depression, Hubris, and Motivation) 

were derived by combining high and low scores on both belimp dimensions using 

mean splits as Petrides (2011b). Skewness values ranged between -2.35 and -

.42, and kurtosis values ranged between .05 and 2.79 with the exception of 8.33 

on the importance dimension of the Becoming domain cluster. All hypotheses 

were tested through the Analysis of Variance (ANOVA) approach, followed by 

Tukey post hoc tests. 

5.4–Results 

5.4.1–Pilot sample results 

 The reliability was assessed through computing Cronbach’s alpha 

coefficient for the importance and the belief dimensions for each of the 15-life 

domains included in the Belmip questionnaire. Cronbach’s alpha coefficients 

ranged between .52 and .93 for the 30-subscales. The descriptive statistics for 

these subscales and Cronbach's alpha coefficients are presented in Table 29. 

These coefficients sounded satisfactory from this pilot based on Taber (2018). 

The analysis showed that the importance of the age-related goals has the lowest 
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internal consistency coefficient of .52. While the coefficient of .93 was the highest 

for both the leisure and spiritual-related goals believes. 

Table 29 

Descriptive Statistics and Cronbach’s Alpha Coefficients for Belimp 

Questionnaire in the Pilot Study (N=138) 

Belimp Measure Min Max M SD Skew Kurt α 
Financial Importance 240 500 419.50 67.10 -.74 -.15 .57 
Financial Belief 160 500 399.05 94.80 -.78 -.38 .87 
Family Importance 0 500 444.00 91.94 -2.99 10.96 .90 
Family Belief 100 500 432.39 92.80 -1.82 3.16 .89 
Health Importance 220 500 445.73 69.09 -1.78 2.77 .78 
Health Belief 140 500 412.70 85.69 -1.03 .74 .83 
Leisure Importance 170 500 417.39 84.01 -1.12 .45 .79 
Leisure Belief 0 500 320.83 139.17 -.40 -.68 .93 
Appearance Importance 150 500 387.23 99.42 -.50 -.97 .75 
Appearance Belief 70 500 417.57 87.07 -1.21 1.54 .82 
Friend Importance 0 500 394.12 103.00 -1.38 1.91 .86 
Friend Belief 96 500 387.47 105.63 -1.09 .36 .87 
Age Importance 300 500 435.08 62.07 -.64 -.78 .52 
Age Belief 190 500 396.63 80.82 -.46 -.44 .72 
Spiritual Importance 0 500 398.21 130.89 -1.58 1.85 .89 
Spiritual Belief 0 500 354.20 150.63 -1.13 .26 .93 
Relationship Importance 0 500 375.07 118.13 -1.47 1.71 .78 
Relationship Belief 0 500 356.18 125.05 -1.23 1.05 .82 
Legacy Importance 0 500 453.06 82.63 -2.88 10.08 .81 
Legacy Belief 0 500 399.94 108.42 -1.42 2.25 .85 
Happiness Importance 0 500 456.89 71.24 -3.60 17.63 .82 
Happiness Belief 0 500 416.32 99.95 -1.42 2.12 .84 
Motivation Importance 0 500 447.03 89.52 -2.84 9.57 .89 
Motivation Belief 5 500 415.21 102.82 -1.55 2.26 .88 
Habit Importance 14 500 463.58 66.43 -3.26 15.96 .89 
Habit Belief 0 500 386.60 129.49 -1.33 1.24 .92 
Social Importance 0 500 268.01 138.79 0.00 -.78 .86 
Social Belief 0 500 309.89 130.33 -.60 -.17 .85 
Success Importance 7 500 467.02 63.80 -3.74 21.17 .83 
Success Belief 5 500 432.66 88.60 -1.69 3.57 .91 

Note. Min = minimum, Max = maximum, M = mean, SD = standard deviation, 
Skew = skewness, Kurt = kurtosis, α = Cronbach’s alpha. 
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5.4.2–Main study results 

 Descriptive statistics for each life domain on the belief and importance 

dimensions are depicted in Tables 30 and 31. As can be observed in both tables, 

there is slight negative skewness in almost all belief ratings. 

Table 30 

Descriptive Statistics for the Life Domain Clusters on the Belief Dimension 

(N=1458) 

  Overall sample (N = 1458)  
    Rangea M (%) SD Skew Kurt α   

[0–100]      
Being  0-100 80.0 13.8 -.63 .52 .89 

 Aging 0-100 82.2 18.3 -1.24 1.97 .75  
Financial 0-100 81.3 18.4 -1.13 1.44 .82  
Health 0-100 86.6 15.8 -1.66 3.94 .81  
Leisure 0-100 76.1 22.8 -.95 .42 .86  
Spirituality 0-100 73.9 27.2 -1.04 .35 .90 

Belonging  0-100 77.6 14.9 -.66 .54 .89 
  Appearance 0-100 83.0 19.3 -1.25 1.25 .79 
 Family 0-100 89.1 15.5 -2.43 8.01 .77 
 Friends 0-100 79.7 21.0 -1.27 1.64 .82 
 Relationships 0-100 72.9 26.2 -1.04 .48 .81 
 Social 0-100 63.4 27.0 -.42 -.64 .82 
Becoming  0-100 85.9 15.1 -1.46 2.77 .95 
 Habit 0-100 86.2 18.7 -1.79 3.72 .88 
 Happiness 0-100 86.9 17.2 -1.92 4.79 .83 
 Legacy 0-100 78.8 24.5 -1.21 .88 .83 
 Motivation 0-100 88.0 16.9 -2.07 5.77 .89 
 Success 0-100 89.4 16.2 -2.10 5.59 .91 

a The theoretical ranges are between the square brackets. 
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Table 31 

Descriptive Statistics for the Life Domain Clusters on the Importance Dimension 

(N=1458) 

  Overall sample (N = 1458)  
    Rangea M (%) SD Skew Kurt α   

[0–100]      
Being  38.7 -100 85.9 10.8 -.85 .68 .84 

 Aging 0-100 87.4 15.2 -1.68 4.07 .63  
Financial 0-100 89.9 14.2 -2.19 6.81 .74  
Health 0-100 89.8 12.9 -1.55 2.91 .71  
Leisure 1.6-100 83.9 17.0 -1.17 1.17 .72  
Spirituality 0-100 78.7 26.1 -1.38 1.22 .89 

Belonging  19.6-100 75.5 14.8 -.42 .04 .87 
  Appearance 0-100 77.5 21.8 -.77 -.39 .78 
 Family 0-100 90.8 13.7 -2.73 10.75 .73 
 Friends 0-100 81.2 20.7 -1.37 1.83 .81 
 Relationships 0-100 74.4 25.0 -1.16 .88 .77 
 Social 0-100 53.6 28.6 .02 -.92 .83 
Becoming  8-100 91.5 10.7 -2.34 8.28 .92 
 Habit 0-100 93.3 13.2 -3.37 15.03 .83 
 Happiness 0-100 92.3 11.6 -2.76 11.96 .67 
 Legacy 0-100 85.7 20.7 -1.96 4.06 .67 
 Motivation 0-100 92.8 12.7 -2.98 12.77 .85 
 Success 0-100 93.2 13.6 -3.23 13.39 .87 

a The theoretical ranges are between the square brackets. 

However, on the importance dimension, the skewness values for the life 

domains of habit and success fall outside of the acceptable ranges. Ditto, the 

kurtosis values for the life domains of family, motivation, habit, success, and 

happiness. 

5.4.2.1–Factor analysis of belimp inventory. We tested our proposed 

model for each belimp dimension by conducting a CFA using ML estimator, 

where three first-order latent constructs (viz., Being, Belonging, and Becoming) 

were pooled in one measurement model. To improve the measurement model, 
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modification indices (M.I.) were applied to identify the correlated items and 

correspondingly amend the proposed model to improve it. 

 Before applying M.I. for the belief dimension, we assessed the model 

without M.I. and the fit indices were as follows: 𝜒! = 607.92 (df = 83, p < .001), 

CFI = .93, RMSEA = .06 [90% CI: .06 - .07], and SRMR = .04. 

 As we did for the belief dimension, we ran the CFA analysis before 

applying M.I. for the importance dimension and the fit indices are as follows: 𝜒! = 

782.46 (df = 83, p < .001), CFI = .88, RMSEA = .07 [90% CI: .07 - .08], and 

SRMR = .06. 

 Modification indices suggested the existence of correlated errors. 

However, we took into consideration both statistical and, more importantly, 

theoretical rationale to include the suggested correlated errors based on Hair’s et 

al. (2010) recommendations. Thus, four more correlated errors were added to the 

CFA model for both belimp dimensions: between family and friends, between 

appearance and habits, between appearance and motivation, and, last, between 

habits and motivation. 

 The final pooled-CFA model with M.I. for the belief dimension is presented 

in Figure 9. Model fit indices for the proposed model improved as follows: 𝜒! = 

526.14 (df = 83, p < .001), CFI = .94, RMSEA = .061 [90% CI: .056 - .066], and 

SRMR = .042. 

 The final pooled-CFA model with M.I. for the importance dimension is 

presented in Figure 9. Model fit indices for the proposed model improved as 
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following: 𝜒! = 603.17 (df = 83, p < .001), CFI = .91, RMSEA = .066 [90% CI: 

.061 - .071], and SRMR = .053. 

Figure 9 

CFA Model with Correlated Errors Corresponding to the Two Belimp Dimensions 

 

 A good model as argued by Hair et al. (2010) would be expected to have a 

significant 𝜒! value, CFI > .92, SRMR < .08, and RMSEA < .07, based on the 
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characteristics of our study (sample size larger than 250 and 15 observed 

variables). Thus, our result, in general, falls within the expected good model fit 

values as indicated above. Taking all together, we believe that both CFA models 

are acceptable. 

5.4.2.2–The internal consistency of belimp scores. On the life domains 

clusters (i.e., Being, Belonging, and Becoming) level, reliability analysis revealed 

that the average scores for each general life domain on both belimp dimensions 

were acceptably reliable: ω = .93 for belief -Being (ωh = .66), ω = .93 for belief-

Belonging (ωh = .61), ω = .97 for belief-Becoming (ωh = .83), ω = .89 for 

importance-Being (ωh = .53), ω = .92 for importance-Belonging (ωh = .55), and ω 

= .95 for importance-Becoming (ωh = .76). 

 Internal consistencies for the 15 life-domains ranged from .75 to .91 on the 

belief dimension, and from .63 to .89 on the importance dimension. Full details 

can be found in Tables 30 and 31. 

5.4.2.3–ANOVA. We will present the one-way ANOVA results for each life 

domain cluster in the following lines. 

 5.4.2.3.1–Domain cluster of Being. Seven one-way ANOVAs were 

performed to test the study hypotheses with reference to the domain cluster of 

Being. Table 32 presents the details for these comparisons. 
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Table 32 

Descriptive Statistics and One-way ANOVA results for the domain cluster of 

Being (N=1458) 

Variable 
Hubris 
(H) 
n=120 

Motivation 
(M) 
n=515 

Depression 
(D) 
n=178 

Apathy 
(A)  
n=409 

F Tukey 
post-hoc 
test 

Hypothesis 
supported? 

Global trait EI 4.71 
(.72) 

4.73 (.79) 4.57 (.81) 4.55 
(.74) 

5.31** h > a, d; 
a < d 

Partially (H1); 
Partially (H5) 

Emotionality 4.56 
(.86) 

4.58 (.91) 4.49 (.95) 4.47 
(.83) 

1.28   

Self-control 4.28 
(.89) 

4.37 (1.04) 4.12 (1.04) 4.16 
(.96) 

6.35*** m > a**, 
d, h** 

Yes (H3) 

Sociability 4.66 
(.95) 

4.77 (1.01) 4.53 (1.11) 4.56 
(1.01) 

5.35** a < h, m** Partially (H7) 

Well-being 5.50 
(1.05) 

5.38 (1.16) 5.27 (1.07) 5.21 
(1.12) 

4.94**   

Agreeableness 40.01 
(6.01) 

40.36 (5.72) 40.06 (4.70) 39.37 
(5.07) 

3.55*   

Conscientiousness 43.02 
(5.25) 

43.49 (5.39) 42.18 (4.43) 41.61 
(4.90) 

12.60*** m > a***, 
d*, h 

Yes (H2) 

Extraversion 40.73 
(5.80) 

41.10 (5.57) 40.01 (3.95) 39.29 
(4.50) 

13.32*** a < d, h*, 
m*** 

Yes (H6) 

Neuroticism 34.66 
(6.31) 

33.70 (6.69) 34.45 (4.99) 33.67 
(5.38) 

1.41 d > a, m Partially (H4) 

Openness 40.30 
(5.52) 

41.07 (5.47) 40.22 (4.31) 39.42 
(5.06) 

12.03***   

Note. Means and (standard deviations); * p < .05; ** p < .01; *** p < .001; 
Degrees of freedom for all ANOVAs were 3 for the numerator and ranged 
between 1218 and 1454 for the denominator, depending on the missing data; EI 
= emotional intelligence. 
 
 Out of the seven hypotheses considering the domain cluster of Being, 

three were fully supported by the data, and four partially. Specifically, the Hubris 

quadrant had the second highest score on global trait EI, thus providing partial 

support for H1. The Motivation quadrant had the highest score on 

conscientiousness and the self-control factor of trait EI, thus supporting H2 and 

H3. The Depression quadrant had the second highest score on neuroticism and 

second lowest score on global trait EI, thus providing partial support for H4 and 

H5. The Apathy quadrant had the lowest score on extraversion and second 
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lowest score on the sociability factor, thus providing full support for H6 and partial 

support for H7. Several post-hoc comparisons between the four quadrants 

reached statistical significance levels as shown in Table 32. 

 5.4.2.3.2–Domain cluster of Belonging. Seven one-way ANOVAs were 

performed to test the study hypotheses with reference to the domain cluster of 

Belonging. Table 33 presents the details for these comparisons. 

Table 33 

Descriptive Statistics and One-way ANOVA results for the domain cluster of 

Belonging (N=1458) 

Variable 
Hubris 
(H) 
n=117 

Motivation 
(M) 
n=550 

Depression 
(D)  
n=100 

Apathy 
(A) 
n=455 

F Tukey 
post-
hoc test 

Hypothesis 
supported? 

Global trait EI 4.80 
(.73) 

4.70 (.79) 4.53 (.75) 4.57 
(.75) 

4.47** h > a*, 
d, m; d < 
a, m 

Yes (H1); 
Yes (H5) 

Emotionality 4.77 
(.83) 

4.57 (.92) 4.44 (.86) 4.43 
(.85) 

5.15**   

Self-control 4.28 
(1.11) 

4.28 (1.00) 4.02 (.92) 4.26 
(1.00) 

3.18* m > a, 
d*; m = 
h 

Yes (H3) 

Sociability 4.94 
(.93) 

4.73 (.99) 4.45 (1.09) 4.53 
(1.05) 

9.80*** a < h***, 
m** 

Partially (H7) 

Well-being 5.47 
(1.00) 

5.33 (1.15) 5.32 (1.09) 5.27 
(1.14) 

1.66   

Agreeableness 40.44 
(4.53) 

40.41 (5.68) 40.00 (5.20) 39.26 
(5.27) 

5.01**   

Conscientiousness 42.79 
(4.49) 

43.21 (5.40) 41.95 (4.83) 42.02 
(4.99) 

5.12** m > a***, 
d, h 

Yes (H2) 

Extraversion 38.51 
(4.29) 

41.48 (5.45) 40.90 (4.77) 39.19 
(4.53) 

28.36*** a < d**, 
m*** 

Partially (H6) 

Neuroticism 32.38 
(4.55) 

34.07 (6.70) 34.89 (6.23) 33.86 
(5.31) 

2.94* d > a, 
h*, m 

Yes (H4) 

Openness 39.90 
(3.97) 

41.07 (5.41) 39.81 (5.88) 39.63 
(5.03) 

9.04***   

Note. Means and (standard deviations); * p < .05; ** p < .01; *** p < .001; 
Degrees of freedom for all ANOVAs were 3 for the numerator and ranged 
between 1218 and 1454 for the denominator, depending on the missing data; EI 
= emotional intelligence. 
 
 Out of the seven hypotheses considering the domain cluster of Belonging, 

five were fully supported by the data, and two partially supported. Specifically, 
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the Hubris quadrant had the highest score on global trait EI, thus providing 

support for H1. The Motivation quadrant had the highest score on 

conscientiousness and the self-control factor of trait EI, thus supporting H2 and 

H3. The Depression quadrant had the highest score on neuroticism and lowest 

score on global trait EI, thus providing support for H4 and H5. The Apathy 

quadrant had the second lowest score on extraversion and second lowest score 

on the sociability factor, thus providing partial support for H6 and H7. Most post-

hoc comparisons between the four quadrants reached statistical significance 

levels as shown in Table 33. 

 5.4.2.3.2–Domain cluster of Becoming. Seven one-way ANOVAs were 

performed to test the study hypotheses with reference to the domain cluster of 

Becoming. Table 34 presents the details for these comparisons. 
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Table 34 

Descriptive Statistics and One-way ANOVA results for the domain cluster of 

Becoming (N=1458) 

Variable 
Hubris 
(H) 
n=92 

Motivation 
(M) 
n=633 

Depression 
(D) 
n=142 

Apathy 
(A) 
n=355 

F Tukey 
post-
hoc test 

Hypothesis 
supported? 

Global trait EI 4.74 
(.74) 

4.76 (.79) 4.65 (.73) 4.41 
(.72) 

16.90*** h > a, 
d**; d > 
a** 

Partially (H1); 
Partially (H5) 

Emotionality 4.62 
(.84) 

4.59 (.90) 4.58 (.87) 4.38 
(.85) 

4.67**   

Self-control 4.40 
(.98) 

4.39 (1.03) 4.13 (1.04) 4.02 
(.90) 

11.40*** m > a***, 
d* 

Partially (H3) 

Sociability 4.62 
(.86) 

4.81 (1.01) 4.60 (1.04) 4.40 
(1.03) 

12.93*** a < d, h, 
m*** 

Yes (H7) 

Well-being 5.50 
(1.14) 

5.44 (1.16) 5.40 (.97) 5.03 
(1.07) 

12.90***   

Agreeableness 39.16 
(5.42) 

40.24 (5.77) 39.91 (4.68) 39.65 
(4.99) 

1.91   

Conscientiousness 42.71 
(5.35) 

43.54 (5.33) 42.37 (3.87) 41.07 
(4.83) 

22.22*** m > a***, 
d, h 

Yes (H2) 

Extraversion 39.03 
(4.40) 

41.27 (5.52) 39.99 (4.11) 39.02 
(4.44) 

22.34*** a < d*, 
h, m*** 

Yes (H6) 

Neuroticism 33.36 
(5.55) 

33.74 (6.73) 33.78 (4.64) 34.36 
(5.18) 

1.68 d > h, m Partially (H4) 

Openness 40.21 
(4.75) 

41.22 (5.56) 40.26 (4.45) 38.77 
(4.64) 

22.91***   

Note. Means and (standard deviations); * p < .05; ** p < .01; *** p < .001; 
Degrees of freedom for all ANOVAs were 3 for the numerator and ranged 
between 1218 and 1454 for the denominator, depending on the missing data; EI 
= emotional intelligence. 
 
 Out of the seven hypotheses considering the domain cluster of Becoming, 

three were fully supported by the data, and four were partially. Specifically, the 

Hubris quadrant had the second highest score on global trait EI, thus providing 

partial support for H1. The Motivation quadrant had the highest score on 

conscientiousness and second highest score on the self-control factor of trait EI, 

thus supporting H2 and partially supporting H3. The Depression quadrant had 

the second highest score on neuroticism and second lowest score on global trait 

EI, thus providing partial support for H4 and H5. The Apathy quadrant had the 
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lowest score on extraversion and the sociability factor of trait EI, thus providing 

support for H6 and H7. Most post-hoc comparisons between the four quadrants 

reached statistical significance levels as shown in Table 34. 

5.5–Discussion 

 The present study feeds into the existing literature of belimp theory in 

three unique ways. Firstly, it is the first to include a non-British sample, as in 

previous published studies (Petrides, 2010, 2011b; Petrides & Frederickson, 

2011; Petrides & Furnham, 2015). Second, it is the first attempt to perform CFA 

on belimp data with 15 life domains. Third, it is the first attempt to test belimp 

theory with the broad domain clusters of Being, Belonging, and Becoming. 

5.5.1–Psychometric properties of the belimp inventory 

 5.5.1.1–Life domain clusters. We proposed a general life domain model 

to study the belimp theory after reviewing the relevant literature (e.g., Cummins, 

2005; King et al., 2000; Raphael et al., 1996; Raphael et al., 2001). This is 

because having many life domains in one study (e.g., 15 in our study) is not 

practical for performing complex analyses, such as structural equation modelling, 

required to dig deeper into the belimp theory. For example, if we treated each life 

domain separately in this paper, it would result in testing 105 hypotheses in total. 

Another reason is related to the findings in Petrides and Furnham (2015), in 

which more hypotheses were fully supported when a global classification was 

derived from four life domains: Appearance, Family, Finance, and Friends. Thus, 

we believe that deriving general clusters based on multiple life domains will help 
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us to: 1) perform complex analyses with belimp data such as CFA; and 2) test 

central belimp theory tenets with fewer hypotheses. 

 Consequently, we came up with three broad domain clusters comprising 

five life domains each. This resultant model is roughly aligned with Raphael et 

al.’s (1996) classifications. For example, the domain cluster of Being included the 

specific life domains of aging, finances, health, leisure, and spirituality in our 

model, which correspond to Raphael’s et al. (1996) physical being, psychological 

being, and spiritual being. 

5.5.1.2–CFA for our proposed model. We started our model assessment 

for both belimp dimensions by running CFA accounting for M.I. in order to 

improve our proposed model theoretically, and not only improving the fit values 

statistically. Theoretically, we only retained correlated errors suggested by M.I. if 

an appropriate literature supports it for both belimp dimensions. Thus, we added 

to the first correlated error between family and friends as previous studies 

highlighted the role of family and friends, together, on one’s life (Buck & Smith, 

2014; Yubero et al., 2018). The second correlated error was between 

appearance and habits. This is because several studies found that there is a 

relationship between one’s appearance and different types of habits, such as 

eating habits (Heiman & Olenik-Shemesh, 2019) and exercise habits (Littrell, 

2017). The third correlated error was between appearance and motivation, as 

some research found that appearance and motives are negatively related (Mroz 

et al., 2018). The last correlated error was between habits and motivation which 
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was based on the findings of some studies (e.g., Gardner & Lally, 2012; Hopkins 

et al., 2022), as they suggested that motivation increases the likelihood of activity 

becoming habitual. 

Subsequently, fit indices results showed that the two models of both 

belimp dimensions improved after adding the aforementioned correlated errors. 

In fact, the pooled CFA after accounting for M.I. for the Belief dimension met Hair 

et al.’s (2010) expectations for such research characteristics. The results were 

not markedly different for the Importance dimension except that the CFI value of 

.91 was .01 below Hair et al.’s (2010) expected value of .92. However, we still 

argue that the two models were acceptable, given the fact that this is the first 

attempt to apply CFA on belimp data. Nonetheless, we encourage researchers to 

consider testing the model with different samples and in different countries in 

their future studies. 

5.5.1.3–The internal consistency of belimp scores. We attempted to 

assess the psychometric properties of the inventory with a reference to each of 

the 15 life domains, as well as our domain clusters of Being, Belonging, and 

Becoming. 

After examining the factorial structure of our proposed model, we 

assessed the internal consistency of the belimp scores for each life domain on 

both belimp dimensions. Alphas for the 15 life domains were computed and were 

generally acceptable as can be seen in Tables 30 and 31. 
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McDonald’s omega was computed to assess the internal consistency of 

belimp scores obtained from the three clustered domains (e.g., Being, Belonging, 

and Becoming). This was because the method of computing alpha values tends 

to either underestimate (Cronbach, 1951; Schmitt, 1996) or overestimate (Reise 

et al., 2013) the reliability of scores obtained by multidimensional measures. 

Revelle and Zinbarg (2008) showed that omega was more accurate than other 

reliability indices (e.g., Cronbach’s alpha) in estimating the reliability of scores 

obtained from multidimensional measures. 

Accordingly, the results in our study showed that the reliability estimates 

based on omega values for the three clustered life domains on both belimp 

dimensions were highly acceptable. In fact, hierarchical omega values showed 

that the proportion of scale variance that is accounted for each cluster on both 

dimensions were high. For the Belief dimension, the proportions of 66%, 61%, 

and 83%, of the scale variance were accounted in the cluster domains of Being, 

Belonging, and Becoming, respectively, while for the Importance dimension, the 

proportions were 53%, 55%, and 76%, for Being, Belonging, and Becoming, 

respectively. 

5.5.2–Testing belimp theory 

 We aimed to test belimp theory with reference to major personality traits 

(e.g., Big Five and trait EI). To this end, we advanced a series of hypotheses that 

we could not practically test with a large number of life domains for several 

reasons. For example, performing ANOVAs with 15 life domains as the 
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dependent variables would result in testing 105 hypotheses (7 per life domain). 

This can lead not only to testing a large number of hypotheses but also to 

presenting inconsistent and inaccurate results. 

In fact, belimp theory suggests that the individual’s position on conditional 

belimp planes (i.e., based on different life domains) can be different from their 

position on the master belimp plane (i.e., the global classification derived from 

pulling data from multiple life domains). Petrides and Furnham (2015) found that 

the relationship between the four quadrants and their corresponding personality 

traits is strengthened when the data are pulled from several different domains 

into a global one. 

 Of the 21 hypotheses based on the three domain clusters, 11 were fully 

and 10 were partially supported by our data. Overall, our results are in line with 

belimp theory, which posits higher confirmation rates for data that are pooled 

over multiple domains as was also observed in Petrides and Furnham (2015). 

 As in Petrides and Furnham (2015), our results showed that 4 out of the 

10 partially supported hypotheses were related to global trait EI. This is not 

surprising since global trait EI is a very general personality trait and empirical 

studies (e.g., Paunonen & Ashton, 2001) found that personality facets perform 

better than general personality constructs in predicting behaviour (which is what 

belimp process offers). As a specific example within belimp theory, Petrides and 

Furnham (2015) argued that the Hubris quadrant would be more closely related 

to the narrow construct of narcissism than to broad construct of global trait EI. 
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Several studies within the organisational settings suggested that the personality 

trait of Narcissism is a key characteristic in Hubristic people (Hiller & Hambrick, 

2005; Tracy & Robins, 2007). In fact, Picone et al. (2014) argued that Narcissism 

can be viewed as a contributory factor in the development of Hubristic 

personality. Even more, Hubris syndrome shares many features with narcissistic 

personality disorder as shown in Asad and Sadler-Smith (2020), and Owen and 

Davidson (2009). Therefore, it seems that a construct other than trait EI and 

rather narrower in scope may provide a better conceptual and empirical fit for the 

first quadrant of the belimp plane. 

 Although this study offers some uniqueness in testing belimp theory, yet 

we appreciate its limitations. First, this study comprises only Kuwaiti students’ 

sample, which is relatively homogeneous in terms of their backgrounds and 

experiences in life. We encourage future researchers to test belimp theory with 

non-students’ samples. Second, this study was done in Kuwait, which limited our 

understanding of the belimp theory across different region of the world. This is 

because belimp theory is affected by personality traits which are perceived 

differently across different cultures and countries. Lastly, as shown in our study, it 

is not easy to distinguish between Hubris and Motivation quadrants using self-

report measures. Therefore, performance-based outcomes should be considered 

in distinguishing the two quadrants as Petrides and Frederickson (2011). We 

encourage future researchers to test belimp theory with non-self-report 

measures. 
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5.5.3–Belimp theory in Kuwait 

 To our knowledge, this study is the first to introduce the belimp theory to 

an Arabic sample, and specifically, Kuwaiti. It is important to introduce this theory 

to the field of Psychology in Kuwait because it would provide us with significant 

efficacy in predicting behaviour more than any other personality inventories. 

Therefore, behaviour modification strategies could be used with individuals to 

manipulate to either increase desirable behaviours or decrease undesirable 

ones. 

 Although our study was not exempt from limitations, the findings, 

emerging from three broad domain clusters, supported the belimp plane 

postulations and previous findings with British samples: a) trait EI is the key trait 

underlying the Hubris quadrant (Petrides, 2010, and two life domains out of three 

in 2011b; the Global life domain in Petrides and Furnham, 2015), b) 

Conscientiousness is the key trait underlying the Motivation quadrant (the Global 

life domain in Petrides & Furnham, 2015), c) Introversion is the key trait 

underlying the Apathy quadrant (Petrides, 2010), and d) Neuroticism is the key 

trait underlying the Depression quadrant (Petrides, 2010; Petrides & Furnham, 

2015). Taking altogether, our findings offer further support to the belimp theory in 

another country (not like previous studies focusing on UK samples only) with a 

different cultural background. This is, however, a call for international 

researchers to expand the belimp theory literature in different countries and 

cultures. 
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5.5.4–Theoretical Contributions 

5.5.4.1–The Role of Domain Clusters in Studying Belimp Theory. The 

findings from this chapter contribute to the theoretical understanding and 

application of the Belimp theory in several ways. Firstly, the inclusion of 

Confirmatory Factor Analysis (CFA) provides valuable insights into the 

measurement model of the Belimp theory, ensuring its validity and improving the 

theoretical alignment with empirical data. Moreover, the use of domain clusters in 

studying Belimp theory offers several advantages over analysing each domain 

separately. By clustering related life domains together based on their conceptual 

similarities, researchers can capture a broader perspective of individuals' beliefs 

and importance ratings across different aspects of their lives. This approach 

reduces complexity by simplifying the analysis process and allows for a more 

focused examination of the underlying constructs. 

As shown in section 5.5.1.1, analysing each domain separately would 

require conducting multiple analyses and testing numerous hypotheses, which 

can be time-consuming and may lead to inconsistent or inconclusive results. That 

said, domain clusters provide a practical approach to studying Belimp theory, as 

it allows researchers to investigate a smaller number of hypotheses while still 

capturing the essential dimensions of individuals' beliefs and importance they set 

on certain goals. This approach becomes particularly valuable when conducting 

more complex analyses, such as structural equation modeling, which require a 

manageable number of variables for meaningful interpretation. 
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Additionally, treating each domain independently may overlook the 

interconnections and interdependencies that exist among different aspects of 

individuals' lives. Belimp theory suggests that these interrelationships play a 

crucial role in shaping individuals' beliefs and importance, and studying domain 

clusters allows for a more holistic understanding of these dynamics. Thus, the 

idea of domain clusters aligns with the theoretical framework of Belimp theory, as 

it emphasizes the central themes and dimensions that influence individuals' 

beliefs and importance ratings. By examining broader domain clusters, 

researchers can identify common patterns and associations across multiple 

domains, providing a comprehensive view of individuals' belief systems and their 

implications for behavior and well-being. 

Overall, the use of domain clusters in studying Belimp theory facilitates a 

more comprehensive and practical approach by reducing complexity, enabling 

focused analysis, and capturing the interdependencies among different aspects 

of individuals' lives. Reducing statistical complexity can greatly benefit the field of 

psychology and personality research by enabling focused analysis. In the study 

of personality traits, researchers often employ techniques like factor analysis to 

simplify complex trait models such as the Five-Factor Model (a.k.a., the Big Five 

Personality; Costa & McCrae, 2008). By identifying the fundamental dimensions 

of personality, researchers can gain a clearer understanding of how traits relate 

to various outcomes. When confronted with complex datasets, the presence of 

numerous variables and interactions can obscure meaningful patterns and 
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relationships. By reducing statistical complexity, researchers can streamline their 

analyses, emphasizing the most relevant variables and reducing noise (Briggs & 

Cheek, 1986; Norris et al., 2014; Streiner, 1994). 

Moreover, the emergence of the proposed life domains within their 

designated and proposed domain clusters in the Kuwaiti data provides interesting 

insights into their interrelationships. The clustering of aspects related to Being, 

Belonging, and Becoming together suggests a holistic perspective on individuals' 

lives, where these domains interact and influence one another. This finding 

aligns with previous research highlighting the interconnectedness of various life 

domains. For example, Gana et al. (2013) found that well-being in one life 

domain, such as social relationships, positively influenced well-being in other 

domains, such as work and health. The interplay among the proposed life 

domains in Kuwaiti individuals may be influenced by cultural factors, as culture 

shapes individuals' values, beliefs, and behaviors. 

5.5.4.2–Hofstede's Cultural Dimensions and Belimp Theory. 

Considering Hofstede's four cultural dimensions (Hofstede et al., 2010), the 

emergence of the proposed life domain clusters in Kuwait can be interpreted in 

light of these dimensions (The cultural dimensions in Kuwait are described in 

section 4.5.4). For instance, the high power distance in Kuwait, indicating a 

hierarchical society, may influence the importance placed on the Belonging 

domain, where individuals strive for fitting into their social and community 

contexts. Similarly, the relatively high uncertainty avoidance in Kuwait may 
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contribute to a focus on the Being domain, as individuals seek stability and 

security in their physical, psychological, and spiritual aspects. The influence of 

cultural dimensions on the emergence and prominence of specific life domains 

provides insights into the cultural context's impact on individuals' perceptions and 

priorities. 

While the present study provides valuable insights into the proposed life 

domain clusters in Kuwait, the question arises as to whether the same model 

would emerge in Western cultures or other cultural contexts. It is important to 

consider the cultural variations in values, norms, and social structures that may 

influence individuals' beliefs and importance regarding different life domains 

(Chen et al., 2006; Elizur et al., 2008), and the domain clusters of Being, 

Belonging, and Becoming, that were proposed in this chapter are not exempt. 

Therefore, it is plausible that the composition and clustering of life domains may 

vary in Western cultures or other cultural contexts due to differences in cultural 

values, individualistic versus collectivistic orientations, and social norms. 

Accordingly, future researchers should focus on studies that explore how domain 

clusters manifest in different cultures. This line of inquiry can shed light on the 

cultural factors that shape individuals' beliefs and importance. 

Comparing domain clusters between Kuwait and a Western culture is 

important because it can shed light on the cultural variations in the prioritisation 

and interrelationships of different life domains. Understanding these differences 

can have implications for various aspects, such as well-being, individual 
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adjustment, and cultural norms. For example, a study by Diener et al. (1995) 

compared life satisfaction between individuals from Western cultures (including 

the United States, Western Europe, and Australia) and individuals from non-

Western cultures (including Kuwait). The findings revealed cultural variations in 

the factors that contribute to life satisfaction. While individuals from Western 

cultures placed more emphasis on individual achievement and personal goals, 

individuals from non-Western cultures, including Kuwait, emphasized the 

importance of social relationships, family harmony, and collective well-being. 

Additionally, cross-cultural research can help elucidate the cultural 

processes that underlie the formation and expression of beliefs. Cultural 

psychologists have emphasized the influence of cultural worldviews, social 

norms, and cultural practices in shaping individuals' cognitive processes and 

belief systems (Oyserman et al., 2002; Zheng et al., 2021). By exploring the 

cultural contexts in which Belimp theory operates, researchers can gain a deeper 

understanding of the underlying mechanisms and processes that link culture, 

beliefs, importance ratings, and personality traits. 

Furthermore, cross-cultural replication studies can provide evidence for 

the robustness, generalizability, and universality of Belimp theory. Replicating the 

domain clusters found in Kuwait within different cultural contexts would 

strengthen the theoretical foundations of Belimp theory and support its validity 

across diverse populations. It would also highlight the importance of considering 
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cultural variations when applying and interpreting Belimp theory in different 

settings. 

5.5.4.3–Role of Personality Traits in Belimp Theory's Plane and 

Quadrants. Another contribution from this chapter is that it provides substantial 

support for the theoretical foundations of Belimp theory, demonstrating the 

associations between specific personality traits and Belimp quadrants. These 

findings align with previous research conducted by Petrides (2010) and Petrides 

and Furnham (2015), which established connections between personality traits 

and Belimp quadrants. For instance, the study confirms the association of 

conscientiousness with the Motivation quadrant, introversion with the Apathy 

quadrant, and neuroticism with the Depression quadrant. This convergence with 

prior research done in western cultures reinforces the robustness of Belimp 

theory in different culture like Kuwait. 

The emergence of similar findings in Kuwait, despite its cultural 

differences, can be attributed to several factors. Firstly, it is important to 

recognise that certain personality traits and their associations with specific 

Belimp quadrants may have universal applicability across cultures. Some 

personality traits, such as conscientiousness, introversion, and neuroticism, have 

been found to have consistent relationships with various psychological constructs 

across different cultural contexts (McCrae & Costa, 1997; Schmitt et al., 2007). 

Additionally, while cultural factors can influence individuals' behaviors and 

expressions, the underlying psychological mechanisms and associations 
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between personality traits and Belimp quadrants may transcend cultural 

boundaries. For example, the association between conscientiousness and the 

Motivation quadrant can be explained by the trait's link to goal-directed behavior, 

self-discipline, and striving for achievement (Roberts et al., 2007). Another 

example is neuroticism's association with the Depression quadrant can be 

understood through its connection to emotional instability, negative affectivity, 

and vulnerability to experiencing negative emotions (Watson & Clark, 1984). 

However, the study included in this chapter also reveals limited support for 

certain hypotheses, particularly concerning the relationship between the Hubris 

quadrant and global trait EI, which has important implications for refining Belimp 

theory. It suggests that the construct of global trait EI might not be the sole 

determinant of the Hubris quadrant, challenging the previous emphasis on its 

significance (Petrides, 2010; Petrides & Furnham, 2015). This finding prompts 

researchers to explore alternative explanations and potential moderators that 

could contribute to a more comprehensive understanding of the Hubris quadrant 

within Belimp theory. 

One possible explanation for the weaker relationship between the Hubris 

quadrant and global trait EI could be the influence of other personality traits or 

individual differences that interact with or mediate the relationship. For example, 

previous studies have identified narcissism as a relevant and related construct to 

Hubris (Hiller & Hambrick, 2005; Tracy & Robins, 2007). It is possible that 

narcissism plays a role in shaping the beliefs and importance associated with 
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hubristic personalities. Therefore, future research could investigate the interplay 

between global trait EI, narcissism, and the Hubris quadrant to better understand 

the underlying dynamics. 

Moreover, exploring contextual factors and situational influences on the 

Hubris quadrant could contribute to the refinement of Belimp theory. Contextual 

variables, such as leadership positions, power dynamics, or social environments, 

may interact with personality traits and trait EI to shape the expression of 

hubristic beliefs and importance. Investigating these factors and their interplay 

with the Hubris quadrant can provide a more nuanced understanding of how the 

context interacts with individual characteristics to influence beliefs and 

importance. 

Lastly, conducting longitudinal studies and examining the developmental 

trajectory of the Hubris quadrant can shed light on its stability or potential 

changes over time. Longitudinal designs would allow researchers to investigate 

whether the relationships between personality traits, trait emotional intelligence, 

and the Hubris quadrant vary across different life stages or in response to 

significant life events. This approach can help identify potential moderators or 

mediators that contribute to the observed relationships and refine the 

conceptualization of the Hubris quadrant within Belimp theory. 
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Chapter 6: Introducing Implicit Association Tests of Personality to Kuwait 

6.1–Abstract 

The main aim of this chapter is to introduce an implicit personality assessment 

method (e.g., implicit association test) to Kuwait. We adapted an existing 

personality-related implicit association test (IAT; Big Five IAT), while also 

constructed the first trait EI IAT based on Petrides’ (2009) four-factor model. We 

investigated the psychometric properties of the implicit association test through 

assessing the reliability of scores and also their relationship with their 

corresponding explicit measures. The measures were administered to 1458 

university students in Kuwait. The zero-order correlations showed that the explicit 

and implicit measurement approaches led to non-converging constructs in the 

case of both trait EI and the Big Five. Lastly, we believe that we were 

successfully able to introduce the concept of personality-related implicit 

association tests to the Kuwaiti sample. Subsequently, the IATs presented in our 

study will allow researchers to study a relatively new personality field, that is the 

implicit personality. 
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6.2–Introduction 

Almost twenty years ago, the concept of implicit personality was 

introduced in psychology by Greenwald and Farnham (2000). However, the 

concept has not yet received much attention in Arab countries like Kuwait. In fact, 

to our knowledge, there has only been a single implicit personality study in an 

Arabic country (Gadelrab, 2018). It investigated aggressive behaviour through 

the Conditional Reasoning Test, in Egyptian samples. Unsurprisingly, the 

measures used to assess the implicit personality have not yet been introduced to 

any Kuwaiti sample as we showed earlier (See Table 11 in Chapter 2). 

In this chapter, we introduce a novel approach to assess implicit 

personality through implicit association test (IAT) in Kuwaiti Arabic for use in 

general population. Specifically, we are interested in a) adapting the Big Five IAT 

and b) constructing the trait EI IAT. For the Big Five IAT, we adapt the English 

Big Five IAT developed by Back et al.’s (2009) into Kuwaiti-Arabic. For the trait EI 

IAT, we follow the IAT construction guidelines presented in Chapter 2, similar to 

Back’s et al. (2009) methodology to construct a personality-related IAT. 

 We assess the reliability of scores obtained by our personality IATs 

through methods used extensively in the IAT literature (e.g., split half and 

Cronbach’s alpha). We also examine the relationship between explicit and 

implicit data in order to look at whether Nosek and Smyth’s (2007) view that 

implicit and explicit personality are two different constructs is supported by the 

Kuwaiti data. Accordingly, we advanced and tested the following hypotheses: 



 247 

H1: There will be low correlations between trait EI scores obtained by the explicit 

(TEIQue-SF) and implicit (trait EI IAT) measures. 

H2: There will be low correlations between the Big Five scores obtained by the 

explicit (NEO-FFI) and implicit (Big Five IAT) measures. 

 Lastly, we discuss the findings of the first IAT implementation in Kuwait. 

Also, we discuss the limitations and strength of our design, in which future 

researchers can benefit from them. 

6.3–Methods 

6.3.1–Cultural Adaptation and Pilot Sampling 

6.3.1.1–Design and procedure. Overall, we consulted the same expert 

committee members and followed the same adaptation procedure for the 

purposes of adapting the English Big Five IAT (See 4.3.1.1 Design and 

procedure for details). We also consulted them to create the list of appropriate 

stimuli for the trait EI concept. A general agreement on the applicability of the two 

IATs was granted by the expert committee, and accordingly, the two IATs were 

developed using Qualtrics for pilot testing. 

For the Big Five IAT, the stimuli were obtained from the English Big Five 

IAT version by Back and his colleagues (2009). After that, two committee 

members translated these stimuli into simple Arabic. The two forms were not 

identical in terms of identifying the same stimuli in Arabic by the two forward 

translators. However, this is due to the existence of several synonyms for every 

word in Arabic. Therefore, these discrepancies were resolved by choosing the 
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most appropriate and cultural-reflective stimuli. Subsequently, a synthesised form 

was sent to the back-translating team, who, in return, constructed two English 

forms of the stimuli. The researcher compared the two forms, and the same issue 

of multiple synonyms, but in English, appeared. The two back-translators 

followed the same procedures followed by the forward translators in identifying 

the most appropriate stimuli considering the two versions. All materials were then 

reviewed by EC1 and approved for piloting without any amends. 

After piloting the Big Five IAT for the first time, the Agreeableness subtest 

showed an unacceptable reliability estimate of .42 through the split-half method. 

We contacted the committee to revise the stimuli, and the same translation 

procedure was followed again. In the forward translation stage, the committee 

members decided to use a different synonym of every problematic stimulus 

within this subtest. After that, the back-translation and the final revision 

procedures were followed. The committee approved the final version of this 

subtest and suggested performing a focus group before piloting the subtest 

again. The participants in the focus group were able correctly to categorise each 

stimulus under the purposed category without any mistakes. Therefore, we 

decided to proceed with the revised version of this subtest for the second pilot of 

the Agreeableness subtest within the Big Five IAT. Accordingly, the final version 

of the Big Five IAT comprised 5 sub-IATs corresponding to the five factors of: 

Neuroticism, Extraversion, Openness, Agreeableness, and Conscientiousness. 
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We also constructed the first trait EI IAT draft following the guidelines by 

Lane and colleagues (2007). We created a list of stimuli through identifying the 

appropriate Arabic synonyms that can be classified under each trait EI factor. 

The list of stimuli was accepted by the expert committee. Thus, four different sub-

IATs were constructed corresponding to the four-factor trait EI model proposed 

by Petrides (2009): Well-being, Self-control, Emotionality, and Sociability. The 

four trait EI sub-IATs were developed using Qualtrics to pilot it. 

After piloting the trait EI IAT, we looked at the reliability estimates obtained 

through split-half and Cronbach’s alpha methods. The estimates suggested a 

possible issue with the Emotionality factor of trait EI, as we will show later. 

Therefore, we decided to revise the list of stimuli following the same procedures 

explained above for the Agreeableness sub-IAT. 

6.3.1.2–Participants. The first pilot sample of university students 

comprises 57 participants completed the trait EI IAT. The second pilot sample of 

university students comprises 64 participants completed the Big Five IAT. The 

third pilot sample of university students comprises 34 participants completed the 

revised Agreeableness sub-IAT. Sample sizes are complied with the suggestions 

from the measure’s piloting literature (see Perspectives From the Literature in 

Johanson & Brooks, 2009). 

6.3.1.3–Measures. 

6.3.1.3.1–Trait EI IAT. The TEI IAT is a four-IAT subtests reflecting the 

four factors model proposed by Petrides, 2009). The first subtest comprises five 
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separate categorisation tasks, represented by seven blocks. In the other 

subtests, the first block is eliminated as the task was already done in the first 

subtest. An illustration of these blocks is presented in Figure 4 using one of the 

sub-IATs from our study. The IAT is developed following the guidelines by Lane 

and colleagues (2007). 

In general, for each block, a mutually exclusive stimulus that belongs to 

either a left or a right side of the concept will appear in the middle of the 

participant’s screen. The task asks the participant to classify each stimulus by 

pressing two pre-specified keys (a left and a right key) on his keyboard. During 

this classification task, the response time to each stimulus is recorded for further 

analysis. The list of stimulus and categories used in our study can be found in 

Appendix B. 

6.3.1.3.2–Big Five IAT. We used the last version of the pilot Kuwaiti-

Arabic Big Five IAT which will later evolve into the final adapted Kuwaiti-Arabic 

Big Five IAT. The Big Five IAT is a five-IAT subtests reflecting the big five 

personality dimensions proposed by Costa and McCrae (2008). The English 

stimulus were obtained from the English Big Five IAT version by Back and his 

colleagues (2009) and the full list of stimulus and categories can be found in 

Appendix C. As we did in the trait EI IAT, only the first subtest included the first 

block of me + others categorisation task. 

6.3.1.4–Data analysis plan. Descriptive statistics and reliability estimates 

were calculated using R, version 4.0.5 (RStudio Team, 2021). The iatgen 
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package (Carpenter et al., 2019) has been used to perform all analyses. 

Participants were considered button mashers and dropped from the final analysis 

if they had too many fast responses (i.e., more than 10% of their responses were 

below 300 ms). Very slow participants (i.e., trials greater than 10,000 

milliseconds) also dropped from the final analysis as discussed in section 2.7.5. 

The reliability estimates were computed through two different methods 

widely used in the IAT research field. The first method is based on scoring the 

IAT separately based on odd and even trials and compute split-half reliability with 

Spearman-Brown correction (De Houwer & De Bruycker, 2007). The second 

method is based on creating pairs of reaction times from compatible/incompatible 

blocks, calculating their differences, and apply them to Cronbach's alpha analysis 

(Schnabel et al., 2008). 

6.3.2–Main study 

6.3.2.1–Participants. We used the same sample as in Study 1 of Chapter 

4. 

6.3.2.2–Measures. 

 6.3.2.2.1–Trait EI IAT. We used the Kuwaiti Arabic Trait EI IAT that was 

developed and utilised in the pilot study.  

6.3.2.2.2–Big Five IAT. We used the Kuwaiti Arabic Big Five IAT that was 

adapted and utilised in the pilot study. 

6.3.2.2.3–Kuwaiti-Arabic TEIQue-SF. We used the same measure as 

adapted in Chapter 4. 
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6.3.2.2.4–Kuwaiti-Arabic NEO-FFI. We used the Kuwaiti adapted version 

by Alansari (1997) as we did in Study 1 of Chapter 4. 

6.3.2.3–Data analysis plan. Given the nature of the implicit data, we 

followed the same statistical analysis plan as in the pilot study (see 6.3.1.4) to 

obtain descriptive statistics and reliability estimates of the IAT scores. 

Additionally, we modelled the interrelationships between the two explicit-

implicit constructs (i.e., trait EI and Big Five) through SEM following Nosek and 

Smyth (2007) methodology. 

6.4–Results 

6.4.1–Pilot samples results 

 6.4.1.1–Descriptive statistics and reliability analysis. Three pilot 

studies were conducted to look at the descriptive statistics and reliability 

estimates of the scores obtained by the trait EI and the Big Five IATs. 

 The first pilot study comprised 57 participants who completed the trait EI 

IAT. The results can be found in Table 35. 
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Table 35 

Descriptive Statistics and Cronbach’s Alpha Coefficients for the Pilot sub-IATs 

(NPilot Study 1 = 57, NPilot Study 2 = 64, NPilot Study 3 = 34) 

Subtest  N  Button Mashers a  Error Rate  Split-half  α  
First Attribute  Second Attribute  
Pilot Sample 1: Trait EI IAT (n=57)           

Sociability  Bashfulness  57  0  .11  .79  .70  
Self-control  Unrestrainedness  55  2  .08  .61  .66  
Emotionality  Logicality  55  5  .09  .43  .57  
Well-being  Misery  55  4  .08  .53  .70  

Pilot Sample 2: Big Five IAT (n=64)           
Fearlessness  Neuroticism  64  4  .09  .82  .79  
Extraversion  Introversion  60  5  .09  .71  .78  
Openness  Reticence  54  4  .07  .71  .61  

Agreeableness  Reluctance  52  7  .08  .42  .81  
Conscientiousness  Unscrupulous  51  7  .08  .63  .66  

Pilot Sample 3: Revised IATsb (n=34)           
Agreeableness  Reluctance  34  0  .11  .83  .74  

Emotionality  Logicality  30  2  .11  .64  .63  

Note. N = Number of participants completed the test, Split-half = reliability estimate 
through split-half method, α = Cronbach’s alpha coefficient. 

a. Number of fast participants (Dropped from the analysis). 
b. Participants only completed the Agreeableness factor of the Big Five sub-IAT 

and the Emotionality factor of trait EI sub-IAT. 
 

The second pilot study comprised 64 participants who completed the Big Five 

IAT. The results can be found in Table 35. The number of participants who 

completed the test dropped from 64 participants who completed the first subtest 

to 51 participants who completed the last subtest. Also, the number of button 

mashers increased as participants approached the end of the overall test. The 

reliability estimates through the split-half method ranged between .42 and .82. In 

comparison, the estimates through Cronbach's alpha ranged between .61 and 

.81. 
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 The third pilot study comprised 34 participants who only completed the 

revised Agreeableness factor of the Big Five sub-IAT and Emotionality factor of 

trait EI sub-IAT. The results can be found in Table 35. Thirty-four participants 

completed the two revised sub-IAT. The reliability estimate using the split-half 

and Cronbach’s alpha methods jumped to .83 and .74, respectively, for the 

Agreeableness sub-IAT. The reliability estimates using the same two methods 

were .64, and .63, respectively, for the Emotionality sub-IAT. In both cases, the 

reliability estimates were higher in the revised version. 

6.4.2–Main study results 

 6.4.2.1–Descriptive statistics and reliability analysis. Descriptive 

statistics for all variables are shown in Table 36 (N = 1458). All skewness and 

kurtosis values were within the acceptable ranges (-3.00 to +3.00) and (-10.00 to 

+10.00), respectively (Brown, 2015). IAT-related information can be found in 

Table 37. 

Table 36 

Descriptive Statistics for Trait EI IAT and the Big Five IAT Variables in the Main 

Study of Chapter 6 (N=1458) 

  Overall sample (N = 1458) Male (N = 336) Female (N = 1110) 
  Rangea M (SD) Skew Kurt M (SD) Skew Kurt M (SD) Skew Kurt 
Trait EI IAT  [-2.00–2.00]          
 Well-being -.97–1.06 .22 (.32) -.26 .13 .28 (.33) -.52 .96 .21 (.31) -.20 -.06 
 Self-control -.60–1.16 .23 (.30) -.09 -.34 .25 (.33) .23 -.57 .23 (.29) -.20 -.32 
 Emotionality -.89–1.04 .11 (.30) -.02 .18 .06 (.33) .05 -.13 .11 (.29) -.03 .19 
 Sociability -.88–.93 .05 (.31) -.11 -.17 .15 (.33) -.30 -.26 .02 (.30) -.11 -.14 
Big Five IAT  [-2.00–2.00]          
 Neuroticism -1.09–1.31 .27 (.33) -.21 .09 .26 (.36) -.19 .18 .27 (.32) -.22 .02 
 Extraversion -1.45–1.38 -.05 (.43) .07 -.28 .04 (.44) -.07 -.21 -.07 (.42) .11 -.29 
 Openness -.83–1.14 .17 (.34) -.07 -.33 .22 (.35) -.11 -.49 .16 (.33) -.07 -.29 
 Agreeableness -.79–1.22 .32 (.32) -.26 .00 .38 (.35) -.31 -.18 .31 (.31) -.28 .04 
 Conscientiousness -.99–1.21 .30 (.33) -.19 -.02 .35 (.33) .06 -.47 .29 (.33) -.27 .02 

Note. Min = minimum, Max = maximum, M = mean, SD = standard deviation, 
Skew = skewness, Kurt = kurtosis. 

a. Numbers between squared brackets are theoretical ranges. 
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Table 37 

The IAT-Related Information for Each Sub-IAT (N=1458) 

Subtest  N  Button 
Mashers a  

Error 
Rate  First Attribute Second Attribute 

Big Five IAT        
Fearlessness  Neuroticism  1740  275  .12  
Extraversion  Introversion  1671  346  .10  
Openness  Reticence  1622  401  .09  

Agreeableness  Reluctance  1571  424  .09  
Conscientiousness  Unscrupulous  1517  466  .09  

Trait EI IAT        
Sociability  Bashfulness  1457  505  .10  
Self-control  Unrestrainedness  1421  552  .10  
Emotionality  Logicality  1388  563  .09  
Well-being  Misery  1357  565  .08  

a. Number of fast participants (Dropped from the analysis).  
 

Gender-based reliability estimates for implicit measures (trait EI IAT and 

Big Five IAT) are shown in Table 38. Overall, the implicit measures showed 

higher reliability estimates compared to their explicit counterparts in Study 1 of 

Chapter 4. Notably, the discrepancies in the estimates between the two methods 

(Cronbach’s alpha v Split-half method) were minimal for all IATs in the overall 

sample and in each gender group. 
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Table 38 

Gender-Based Reliability Indices for Trait EI IAT and the Big Five IAT Variables 

in the Main Study of Chapter 6 (N=1458) 

  Overall sample (N = 1458) Males (N = 336) Females (N = 1110) 
  Split-Half Cronbach’s α Split-Half Cronbach’s α Split-Half Cronbach’s α 
Trait EI IAT        
 Well-being .70 .68 .74 .70 .68 .67 
 Self-control .65 .69 .72 .69 .62 .68 
 Emotionality .66 .64 .73 .70 .63 .63 
 Sociability .67 .72 .70 .72 .66 .71 
Big Five IAT        
 Neuroticism .73 .74 .80 .77 .71 .74 
 Extraversion .82 .85 .84 .85 .82 .85 
 Openness .75 .73 .79 .79 .75 .72 
 Agreeableness .70 .71 .78 .76 .69 .68 
 Conscientiousness .69 .71 .72 .71 .71 .72 

 

6.4.2.2–The relationship between explicit-implicit constructs. The 

zero-order correlations between the explicit-implicit constructs are shown in 

Table 39. For the trait EI factors, they ranged from -.01 to .11 (overall sample), -

.02 to .16 (males), and .01 to .10 (females). Thus, the results showed that our 

two hypotheses were borne out by our data. 

 

 

 

 

 

 

 

 

 



 257 

Table 39 

Gender-Based Correlations between Implicit and Explicit Constructs (N=1458) 

  Overall sample (N = 
1458) 

Males (N = 
336) 

Females (N = 
1110) 

Trait 
EI 

    

 Well-being .11** .16 .09* 

 Self-control .10** .09 .10** 

 Emotionality -.01 -.08 .01 

 Sociability .03 -.02 .02 

Big 
Five 

    

 Neuroticism .05 .17** .02 

 Extraversion .10*** .17** .07* 

 Openness -.07* -.09 -.08* 

 Agreeableness -.03 -.06 -.02 

 Conscientiousness .08* .09 .08* 

Note. * p < .05, ** p < .01, *** p < .001 

Similarly, low values were observed for the Big Five factors. These 

correlations ranged from - .03 to .10 (overall sample), -.06 to .17 (males), and -

.02 to .08 (females). 

6.5–Discussion 

In this chapter we aimed to introduce the implicit personality concept to 

the Kuwaiti psychology field accompanied by adapting and constructing their 

measurement method. In the literature review chapter, we distinguished between 

the concepts of explicit and implicit personality through their measurement 

methods. For instance, explicit personality is assessed through self-report 

measures by asking the participants to directly choosing a response from a given 
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scale. While implicit personality is assessed indirectly using certain type of tests 

like the IAT. 

Accordingly, we adapted one IAT to assess the Big Five factors indirectly 

(i.e., implicitly) in a Kuwaiti sample. In more details, we adapted the five sub-IATs 

corresponding to the five-factor model of personality proposed by Costa and 

McCrae (2008). The stimuli we used in this test were obtained from Back et al. 

(2009). 

We did not only adapt their stimuli to assess the Big Five using IATs, but 

we also considered their methodology along with Lane’s et al. (2007) guidelines 

to construct the first trait EI IAT in the literature as shown in the present chapter. 

Through these adapted and newly designed measures, we successfully 

measured the implicit constructs to test the hypotheses we advanced earlier. 

6.5.1–The internal consistency of the IAT scores 

Reliability analysis using two different methods (Cronbach’s alpha and 

split-half) yielded satisfactory estimates. Although the results from the two 

methods converged, we believe that the very meaning of internal consistency is 

questionable within the IAT context. This is because these estimates within the 

IAT context refer to whether responses time between trials are consistent or not, 

rather than whether the actual D-scores are consistent (Carpenter et al., 2019). 

Our results showed that, in general, reliability estimates for implicit 

measures were higher than for explicit measures. This is at odds with other 

research showing that explicit measures of personality tend to have higher 
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reliabilities than implicit measures (e.g., Grumm & van Collani, 2007; McDaniel at 

al., 2009; Schmukle & Egloff, 2005). It is hard to tell that this unusual result is due 

to a specific reason. However, the cross-cultural dimension of our study is a 

potential confounding factor as shown in previous studies (Triandis & Suh, 2002) 

and further work will be necessary on this point. Also, as mentioned in Chapter 4, 

the TEIQue-SF was not intended to be analysed on the factor level. Because of 

that, low internal consistencies were expected for the explicit factors of trait EI. 

Even more and as we will show in Chapter 7, the concept of internal consistency 

within the implicit-personality context is also questionable, and the subjective 

meaning of it is still ambiguous in the IAT literature. 

6.5.2–The relationship between explicit-implicit constructs 

We also examined the relationships between the explicit and implicit 

measures of trait EI and the Big Five, separately, through zero-order correlations. 

The results supported our earlier hypotheses that we will find weak correlations 

between the scores obtained by explicit and implicit measures for both the Big 

Five factors and the four trait EI factors. These results are consistent with Lane et 

al. (2007) who reported similarly low correlations between explicit and implicit 

personality measurements across numerous constructs. It appears that these 

two methodologies tap into two distinct aspects of personality. Thus, they can be 

seen as complementary methods offering a full understanding of both personality 

aspects (explicit and implicit) rather than two alternative methodologies for 

assessing a single aspect of personality. 
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Even after our results showed that the two constructs are not correlated 

yet, the meaning of implicit personality is not theoretically clear. In our opinion, 

we believe that implicit personality refers to the unconscious or automatic 

cognitive processes and associations that shape people’s personalities. 

However, we think further research should be done to fit this construct into the 

field of personality to understand its nature and define it properly. 

6.5.3–Respondent fatigue 

 One significant limitation in our study is the length of the included 

measures. Ben-Nun (2008) suggested that long measures can lead to a 

phenomenon called respondent fatigue. This phenomenon occurs when 

participants become exhausted of the measure’s task, and therefore, affects the 

quality of the data provided by them. Perhaps, one way to mitigate it is by 

decreasing the number of tasks without affecting the quality of the measure. 

Accordingly, we only included the first categorisation task in the first sub-IAT of 

both trait EI and the Big Five and eliminated this task from the following sub-IATs 

(See 6.3.1.3.1 and 6.3.1.3.2). 

 We presented the number of participants who completed each sub-IATs 

along with the number of button mashers from pilot and main studies. The results 

from all studies showed that the number of participants was decreasing as they 

approach the end of the IAT. Also, the number of button mashers was increasing 

as the participants approached the end of the IAT. Thus, suggesting that the 

respondent fatigue has occurred in these participants, even though we 
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decreased the number of tasks to mitigate this phenomenon. As a further step, 

we eliminated these participants from our data analyses in order to avoid any 

threats to the validity of our results. 

 Besides the aforementioned attempts to control the respondent fatigue, 

we also ensured that the instructions given to the participants were clear and 

concise. This is also to ensure that participants do not spend much of the study 

time in reading the instructions. 

Given the fact that this type of measure is introduced for the first time to a 

Kuwaiti sample, we expected that the error rate will be relatively high in the first 

sub-IAT of each construct as shown by our results. However, the error rate 

decreased continuously as the participants approached the end of the IAT. This 

suggests that experiencing more IATs can help the participant to perform the 

categorisation tasks more accurately. 

Taking altogether, we believe that this chapter makes a contribution by 

introducing implicit association test as a vehicle to assess implicit personality 

constructs in Kuwait. These implicit personality assessment methodologies are 

highly novel and original in Kuwaiti Psychology field. Not only in Kuwait, but the 

study included in this chapter also contributes to the growing implicit personality 

literature, as we presented results from a relatively large sample. These results 

supported the idea that the implicit aspect of personality should be thought of as 

a distinct aspect of personality. Thus, researchers within the field should view it 
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as a different aspect of human personality rather than only viewing it as another 

method to measure personality. 

6.5.4–Theoretical Contributions 

 The present chapter makes significant theoretical contributions to the field 

of implicit personality theory. Firstly, by introducing, for the first time in the 

literature, and adapting implicit measurement methods for implicit personality 

assessment in Kuwait, our study opens up new avenues for research in this 

region, specifically, and more broadly, the Middle East. As the first study to 

implement these measures in Kuwait, our work provides a valuable resource for 

future researchers who can now apply these measures to further contribute to 

the theory and understanding of implicit personality in this cultural context. 

 Furthermore, the chapter's contribution is amplified by the inclusion of the 

largest dataset to date in the implicit personality literature. In fact, a meta-analytic 

study by De Cuyper et al. (2017) showed that the median was 95 participants for 

the 70-studies included in their final analysis. So, by collecting a substantial 

sample of participants, we have enhanced the robustness and generalisability of 

the findings. This extensive dataset serves as a valuable resource for 

researchers interested in exploring implicit personality constructs and their 

implications in various contexts. 

 One of the key findings in this chapter is the lack of correlations between 

explicit and implicit personality constructs. This lack of correlation aligns with the 

results of a meta-analytic study conducted by De Cuyper et al. (2017), which also 
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reported a low weighted explicit-implicit correlation. These findings suggest that 

explicit and implicit measures of personality capture distinct aspects of an 

individual's personality, indicating the need for a nuanced understanding of 

personality assessment. 

Several explanations have been proposed to account for the lack of 

correlation between explicit and implicit personality measures. One possible 

explanation is that explicit measures primarily capture conscious, deliberative 

processes, where individuals have the opportunity to reflect on and manipulate 

their self-presentation (Greenwald et al., 2002). In contrast, implicit measures tap 

into more automatic, unconscious processes that are less susceptible to 

intentional control. These processes may involve the automatic activation of 

associations or propositions in memory (Gawronski & Bodenhausen, 2014; 

Strack & Deutch, 2004; De Houwer, 2014). 

 Another explanation can be made considering methodological confounds. 

Response biases, for example, can introduce systematic discrepancies between 

the two types of measures. Response bias refers to the tendency of individuals to 

modify their responses based on social desirability concerns or self-presentation 

motives (Hofmann et al., 2005). Participants may consciously or unconsciously 

adjust their responses on explicit measures to present themselves in a more 

socially desirable manner. This response bias can lead to inconsistencies 

between explicit and implicit measures. An illustrative example of response bias 

comes from a study by Nosek and Smyth (2007) on racial attitudes. Explicit 
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measures showed low levels of racial bias, suggesting minimal racial prejudice, 

while implicit measures revealed a substantial implicit bias. This discrepancy 

suggests the presence of response bias, as participants may have been 

motivated to present themselves as less racially biased on explicit measures due 

to social desirability concerns. 

 Measurement context differences also pose a methodological challenge 

when comparing explicit and implicit measures. Explicit measures are typically 

completed through self-report questionnaires, allowing individuals ample time to 

reflect on and deliberate over their responses. In contrast, implicit measures, 

such as the IAT, require individuals to make rapid associations between 

concepts, limiting conscious deliberation. This distinction in measurement context 

can contribute to the lack of correlation between explicit and implicit measures. 

Individuals may provide socially desirable responses on explicit measures to 

align with their desired self-image, while implicit measures tap into more 

automatic, less controlled aspects of personality. As a result, explicit measures 

may reflect consciously endorsed beliefs and attitudes, while implicit measures 

capture more spontaneous and automatic associations (Greenwald et al., 2002). 

Accordingly, implicit personality can be viewed and defined as the set of 

automatic, unconscious cognitive processes that influence an individual's 

perception, judgment, and behavior, without the need for conscious awareness 

or deliberate intention. These processes are typically assessed through indirect 

measurement tasks, such as the IAT, which capture the strength and valence of 
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associations between the self and various attribute concepts (Greenwald et al., 

2002). Implicit personality can reveal underlying biases, stereotypes, and 

attitudes that individuals may not be consciously aware of or willing to endorse, 

providing valuable insights into the automatic cognitive processes that shape 

behavior. 
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Chapter 7: Summary of the Research 

7.1–Introduction 

 In this chapter, we discuss the implications of our findings for theory, 

methodology, and policy and practice. We also explain how this dissertation 

opens new directions for future research. Finally, we discuss the general 

strengths and limitations of the research. Table 40 summarises the contents of 

this dissertation by chapter. 

Table 40 

Summary Listing of the Contents by Chapter 

Chapter 3 Chapter 4 Chapter 5 Chapter 6 
Summary of 
personality-related 
measures in Kuwait. 

Adapting and 
validating TEIQue-SF 
for use in Kuwaiti 
samples. 

Adapting and 
validating belimp 
inventory for use in a 
Kuwaiti sample. 

Introducing the 
concept of implicit 
personality to Kuwaiti 
population. 

Summary of the 
adaptation 
procedures followed 
by researchers in 
Kuwait. 

First investigation of 
the psychometric 
properties of TEIQue-
SF through 
sophisticated data-
analytic approaches. 

First attempt to 
perform factor 
analysis on belimp 
data through CFA. 

Adapting and 
validating the Big 
Five IAT for use in a 
Kuwaiti sample. 

 Examining the 
relationship between 
TEIQue-SF variables 
and sociodemographic 
variables in Kuwaiti 
samples. 

First investigation of 
the psychometric 
properties of belimp 
inventory in a Kuwaiti 
sample. 

Constructing the first 
measurement 
method for trait EI 
through trait EI IAT. 

 Evidence of the role of 
trait EI in 
organisational 
settings. 

Testing the belimp 
theory over 15-life 
domains clustered in 
3-clusters of life 
domains. 

Examined the 
relationship between 
explicit and implicit 
constructs, which 
support the argument 
that the two tap into 
two distinct aspects 
of personality. 

 Presenting a 
preliminary trait EI 
profile across different 
professions in Kuwait 
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7.2–Implications for Theory 

 The implications of the studies included in the dissertation for theory are 

manifold (Table 41). In the following lines, we will discuss them by chapter. 

Table 41 

Summary Listing of the Theoretical Contributions by Chapter 

Chapter 4 Chapter 5 Chapter 6 

Advancing the trait EI using 
TEIQue-SF in Kuwait for the 
first time, which enhances 
the manifestation of trait EI in 
a non-Western culture. 

Validation of the 
measurement model of 
belimp theory through 
Confirmatory Factor 
Analysis, for the first time in 
the literature. 

Introduction of implicit 
measurement methods for 
implicit personality assessment 
in Kuwait, opening up new 
avenues for research in the 
region and the Middle East. 

Enhancing understanding of 
trait EI within a distinct 
cultural context, in light of 
Hofstede’s cultural 
dimensions. 

Advancing the idea of 
domain clusters to the 
belimp theory. 

Refining the definition of implicit 
personality in light of our 
findings. 

Contribution to the 
exploration of the universality 
of trait EI. 

Studying the belimp theory, 
for the first time, in a non-
Western culture. 

Explanation of the lack of 
correlation between explicit and 
implicit personality measures. 

Retention and confirmation of 
the bi-factor model of 
TEIQue-SF in a non-Western 
context. 

Exploring alternative 
explanations and possible 
personality traits for the 
Hubris quadrant. 

 

Confirmation of trait EI's role 
in predicting job 
performance. 

  

 
Chapter 4 of the thesis makes several significant theoretical contributions 

to the understanding of trait EI, as shown in Section 4.5.4. Firstly, the 

advancement of trait EI using the TEIQue-SF in Kuwait for the first time 

represents a significant contribution to the field. This novel application of the 

TEIQue-SF in a non-Western culture allows for a deeper understanding of trait EI 

beyond its origins in Western contexts. In Kuwait, we conducted similar analyses 

to Perazzo et al. (2020) in Brazil and Pérez-Díaz and Petrides (2021) in Chile, 

and our findings were consistent with their findings. This contributes to the 
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broader understanding of the generalisability and robustness of trait EI across 

diverse cultural settings. 

Furthermore, our studies in Chapter 4 enhances the understanding of trait 

EI within the specific cultural context of Kuwait. Cultural factors play a significant 

role in shaping individuals' emotional experiences, expressions, and 

interpersonal interactions. By exploring trait EI in Kuwait, Chapter 4 in our thesis 

acknowledges and investigates the influence of cultural norms, values, and social 

dynamics on the manifestation and development of EI. This adds depth and 

richness to our understanding of trait EI by considering the unique cultural 

context of Kuwait and shedding light on how cultural factors may shape EI 

processes. 

For example, Kuwaiti culture is characterised by a collectivist orientation, 

emphasising strong family ties, social cohesion, and group harmony. In such a 

cultural context, individuals may prioritise interpersonal relationships and the 

well-being of the group over individual needs. This cultural emphasis on 

collectivism may influence the development of trait EI by fostering skills such as 

empathy, cooperation, and conflict resolution. For example, a study by Bhullar et 

al. (2017) examined the role of collectivism in predicting trait EI among 

individualistic-collectivistic orientations and found that collectivistic orientation 

was significantly associated with greater EI. In another study including nine 

countries from different cultural backgrounds, Gunkel et al. (2014) found that 

participants from countries, who considered to be collectivist, had higher EI 
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scores. This suggests that the cultural emphasis on interpersonal relationships 

and group cohesion in Kuwait may contribute to the development and expression 

of EI skills related to understanding and managing emotions in social 

interactions. 

Cultural norms in Kuwait place less emphasis on openly expressing 

emotions, particularly in public settings (Al-Eidan, 2019a,b). There is a cultural 

expectation to maintain composure, avoid displays of strong emotions, and 

handle personal matters privately. This cultural norm may influence the 

recognition and understanding of emotions, which are core components of trait 

EI. For instance, in Study 2 of Chapter 4, we explored trait EI among Kuwaiti 

professionals, and we found that military personnel had relatively lower trait EI 

scores compared to their counterparts in Western countries. We attributed these 

differences to cultural factors that inhibit the acknowledgment and expression of 

emotions in Kuwaiti society, particularly within the military context. This example 

highlights how cultural norms regarding emotional expression can influence the 

development and manifestation of EI in Kuwait. 

Secondly, the retention and confirmation of the bi-factor model of the 

TEIQue-SF in a non-Western context is another important theoretical 

contribution. By confirming the applicability of this model, our finding supports the 

psychometric robustness and validity of the TEIQue-SF in capturing the 

multidimensionality of trait EI in diverse cultural settings. This finding aligns with 

previous research conducted by Pérez-Díaz and Petrides (2021), who retained 
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the bi-factor model of the TEIQue-SF in a sample from Chile. The consistency of 

the factor structure across different cultural contexts strengthens the theoretical 

foundations of trait EI and provides further support for the generalisability of the 

model. 

Thirdly, our finding confirms the role of trait EI in predicting job 

performance, contributing to the growing body of literature on the practical 

implications of trait EI in the workplace. Previous research, such as the meta-

analysis by O’Boyle et al. (2011), has shown that trait EI is positively associated 

with job performance across various occupations and industries. By 

demonstrating this relationship in the Kuwaiti context, our findings in Chapter 4 

adds to the evidence base supporting the relevance and importance of trait EI in 

the workplace. 

The link between trait EI and job performance can be understood through 

the deep mechanisms that underlie this relationship. One important mechanism 

is emotional self-awareness. Individuals with higher levels of trait EI possess a 

greater self-awareness and understanding of their own emotions, which in turn 

affect their performance (Gómez-Leal et al., 2021; Krén & Séllei, 2020). They 

have the ability to accurately perceive, label, and reflect upon their emotional 

states, strengths, weaknesses, and triggers.  

This heightened self-awareness allows them to recognise how their 

emotions impact their thoughts, behaviors, and interactions in the workplace. By 

understanding their emotional experiences, individuals can make more informed 
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decisions, regulate their emotions effectively, and adapt their behaviors to 

different work situations. This self-awareness facilitates better self-management 

and self-control, ultimately contributing to improved performance (Frayne & 

Geringer, 2000; Job et al., 2015). 

Another mechanism is social perception and relationships. Trait EI is 

associated with individuals' perceptions of others' emotions and their ability to 

navigate social interactions. Individuals high in trait EI are more attuned to social 

cues, such as facial expressions (Austin, 2004). They have a heightened ability 

to accurately interpret and understand the emotions of their colleagues, clients, 

and other stakeholders in the workplace. This enhanced social perception 

enables them to respond empathetically, communicate effectively, and build 

positive relationships. Such positive social interactions and relationships 

contribute to a conducive work environment, teamwork, collaboration, and 

ultimately, improved job performance (Zhenjing et al., 2022). 

Stress management is another significant mechanism linking trait EI and 

job performance. Individuals high in trait EI have a better understanding of their 

own stress triggers, coping strategies, and emotional reactions to any 

psychological distress (Sanchez-Ruiz et al., 2021). They possess the ability to 

recognise and regulate their emotions in high-pressure situations, allowing them 

to maintain composure and make rational decisions. Moreover, individuals with 

higher trait EI are more likely to engage in adaptive stress management 

techniques, such as seeking social support, engaging in problem-solving, and 
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utilising relaxation techniques. Effective stress management is crucial for 

maintaining optimal job performance as it helps individuals minimize the negative 

impact of stress on their cognitive abilities, decision-making processes, 

productivity, and overall well-being (Cherniss & Goleman, 2001). 

Additionally, trait EI influences job performance through its impact on work 

motivation (Dissou, 2010). Individuals high in trait EI tend to have a stronger 

sense of purpose and meaning in their work. They are more likely to derive 

intrinsic satisfaction from their tasks, demonstrate enthusiasm, and display a 

positive attitude. This positive emotional outlook and self-motivation contribute to 

increased job satisfaction, engagement, and perseverance in the face of 

challenges. Individuals with higher trait EI are driven to achieve their goals, 

maintain focus, and exhibit higher levels of effort and commitment in their work. 

Their motivated and dedicated approach translates into enhanced productivity, 

performance, and overall job success (Cardoso-Pulido et al., 2022; Urquijo et al., 

2019). 

Chapter 5 presents several significant theoretical contributions to the 

understanding of Belimp theory, as demonstrated in Section 5.5.4. One notable 

theoretical contribution is the validation of the measurement model of Belimp 

theory through the application of Confirmatory Factor Analysis (CFA). This study 

marks the first instance of validating the measurement model in the literature. By 

employing CFA on the Belimp inventory, we have provided empirical evidence 

supporting the underlying factor structure and psychometric properties of the 
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measurement model, known as the domain clusters. The introduction and 

exploration of domain clusters extend the theoretical framework of Belimp theory 

beyond individual domains, allowing for the consideration of interrelationships 

and coherence among various life domains. This conceptualization recognizes 

that different aspects of individuals' lives are interconnected and mutually 

influence one another. For example, our study reveals that domains such as 

aging, financial, health, leisure, and spirituality can be categorized within the 

Being domain cluster, illustrating the interconnections among these domains and 

their collective impact on individuals' self-perception and well-being. This 

advancement in understanding domain clusters provides a comprehensive 

framework for investigating individuals' experiences and perceptions across 

multiple life domains, thereby offering a more holistic approach to the study of 

Belimp theory. 

Furthermore, our study in Chapter 5 contributes to the literature by 

examining the belimp theory in a non-Western culture, marking the first time it 

has been studied in this context. By investigating the applicability and relevance 

of belimp theory in a different cultural setting, we have expanded our 

understanding of how cultural factors may shape individuals' perceptions across 

various life domains. This exploration of a non-Western culture, such as Kuwait, 

provides insights into the universality and cultural adaptability of belimp theory. 

For instance, previous research has primarily focused on Western cultures 

(Petrides, 2010; Petrides, 2011b; Petrides & Frederickson, 2011; Petrides & 
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Furnham, 2015), and ours adds to the literature by examining the theory's validity 

and relevance in a distinct cultural context, enhancing the cross-cultural 

applicability and generalisability of the belimp theory. 

Perceptions about life domains can differ across cultures, reflecting the 

influence of cultural norms, values, and social dynamics on individuals' 

experiences and interpretations. For example, in individualistic cultures, such as 

Western societies, there tends to be a greater emphasis on personal 

achievement, autonomy, and self-expression. This cultural context may shape 

perceptions in life domains such as legacy and success, where individuals may 

prioritise individual aspirations and personal growth (Markus & Kitayama, 1991). 

In contrast, in collectivistic cultures, such as many the Kuwaiti culture, there is a 

stronger emphasis on group harmony, interdependence, and social relationships. 

This cultural context may influence perceptions in domains such as family, 

friends, and relationships, where individuals may prioritise fulfilling societal 

expectations, maintaining interpersonal harmony, and contributing to the welfare 

of the group (Triandis, 1994). 

Lastly, our study in Chapter 5 contributes to belimp theory by exploring 

alternative explanations and possible personality traits for the Hubris quadrant. 

The Hubris quadrant represents a distinct pattern of perceptions related to 

inflated self-importance, arrogance, and excessive pride. By investigating 

possible personality traits associated with this quadrant, we delve deeper into 
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understanding the underlying mechanisms and psychological factors contributing 

to these perceptions. This can be found in Section 5.5.2. 

Chapter 6 makes several significant theoretical contributions to the 

understanding of implicit personality, as shown in Section 6.5.4. One such is the 

introduction of implicit measurement methods for implicit personality assessment 

in Kuwait, which opens up new avenues for research in the region and the Middle 

East. Implicit measures provide a unique approach to assess personality traits by 

tapping into automatic and unconscious processes that may not be fully captured 

by traditional self-report measures (Greenwald & Banaji, 1995). By introducing 

implicit measures of personality in Kuwait, we extend the methodological toolkit 

available to researchers in the region and offer opportunities for exploring implicit 

aspects of personality that may be influential in various settings. 

Furthermore, our thesis contributes to the field by including the largest 

dataset to date in the implicit personality literature, enhancing the robustness and 

generalisability of the findings. With a sizable dataset, our study not only 

strengthens the empirical evidence supporting the utility of implicit measures but 

also allows for more precise estimations of the relationships between implicit and 

explicit personality. This large dataset also enhances the comparability of 

findings across studies and facilitates future meta-analytic efforts to gain a 

deeper understanding of the explicit-implicit relationships across different 

personality traits. 
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In Chapter 6, we addressed an important aspect of the explicit-implicit 

personality relationship by finding a lack of correlation between explicit and 

implicit measures. Previous research (see the meta-analytic study by De Cuyper 

et al., 2017) reported that explicit and implicit measures of personality often yield 

divergent results, with weak or no correlations between them. By examining this 

discrepancy in the Kuwaiti context, our thesis sheds light on the underlying 

mechanisms that contribute to the dissociation between explicit and implicit 

measures. 

For example, cultural factors, social desirability biases, and self-

presentation concerns may influence explicit measures, while automatic and 

unconscious processes may drive implicit measures, as we showed in Section 

6.5.4. Understanding the factors that contribute to the lack of correlation between 

these measures provides valuable insights into the complex nature of personality 

assessment and highlights the need to consider multiple assessment methods 

for a comprehensive understanding of one’s personality traits. 

Lastly, our thesis contributes to the theoretical understanding of implicit 

personality by refining the definition of implicit personality in light of the findings. 

By examining the patterns and associations between implicit measures and their 

corresponding explicit ones, our thesis adds to the existing body of knowledge on 

implicit personality and provides a conceptual framework for interpreting implicit 

personality scores. This conceptualisation helps to clarify the nature of implicit 

personality and its relevance to different settings. 
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7.3–Methodological and Statistical Implications 

With respect to methodology, this dissertation introduces four innovations 

that we will now present, organised by chapter. 

First, the aims of the present dissertation were advanced based on the 

scoping review methodology presented in Chapter 3. This methodology offers a 

comprehensive overview of the existing literature on a topic and can help ensure 

the originality of ensuing studies in three ways. First, it can help researchers to 

focus on areas where original contributions can be made by identifying research 

gaps. Second, it can help researchers to avoid duplicating work that has already 

been done. Third, it can highlight areas for further exploration and provide 

inspiration for new ideas and approaches to the research topic. Thus, we 

encourage future researchers, and especially, PhD students, to follow this 

methodology to ensure the originality of their projects. 

Second, the blend of qualitative and quantitative approaches implemented 

throughout the dissertation to adapt and validate the measures in Chapters 4, 5, 

and 6 proved useful and appropriate. We showed the importance of following 

comprehensive guidelines, such as those of ITC (2017) for the purposes of 

cultural adaptation. These guidelines are also accompanied by checklists 

proposed by Hernández et al. (2020), which helped us assess the readability and 

general applicability of our adapted measures. 

Third, we proposed a mediation model to understand the role of trait EI in 

organisational settings in Study 2 of Chapter 4. Based on the literature, we 
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wanted to examine whether job attitudes will mediate the well-established 

relationship between trait EI and job performance. To our knowledge, this is the 

first study to explore this relationship with mediation methodology. We believe 

that this approach is important to understand the crucial role of trait EI on job 

performance. 

Lastly, for the first time in the literature, we used a factor-analytic statistical 

technique (i.e., CFA) to analyse belimp data. The findings supported our 

proposed model, that is, the 15-life domains can be clustered into three domain 

clusters: Being, Belonging, and Becoming. This approach helped us to study the 

belimp theory effectively, as shown in Chapter 5. 

7.4–Implications for Policy and Practice 

           One of the issues in the international personality psychology field is the 

lack of reliable measures in certain countries. Kuwait is not exempt from that. Our 

scoping review showed that most adapted personality measures are outdated or 

focused on personality traits that are less useful for policymakers (e.g., shyness). 

This could partly explain why policymakers pay less attention to personality traits, 

as demonstrated in Study 2 of Chapter 4. 

           Consequently, we wanted to develop and test personality measures that 

would be valuable for policymakers. One measure we selected was the TEIQue-

SF, which is used to assess trait EI. Trait EI has been shown to play a significant 

role in areas such as academic achievement (Petrides et al., 2004 Petrides et al., 

2018), psychopathology (Petrides et al., 2017), and job performance 
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(Hjalmarsson & Daderman, 2022; Li et al., 2018) in various settings such as 

education, clinical and organizational settings. Therefore, it is important to have a 

valid measurement tool for trait EI to determine if training is necessary and 

effective. 

In addition, we adapted the belimp inventory as the measurement vehicle 

for belimp theory. This theory is important to policymakers and in different 

practices because it offers significant utility and incremental validity in predicting 

an individual’s behaviour over standard personality inventories (Petrides, 2011a). 

It also allows them to understand the public beliefs and attitudes toward a certain 

life domain so that they can tailor their policies to address the needs and 

concerns of the individuals. Policymakers can apply behaviour modification 

strategies to benefit their constituents, for example, by influencing the latter’s 

standing on one or both belimp coordinates. According to the theory, if the 

policymakers can help magnify the belief and importance of education in the 

individual, they could enhance his or her motivation and eventually their overall 

attainment. For example, policymakers can leverage the belimp theory to change 

the attitudes of students, teachers, and parents toward cheating in education 

through emphasising the negative consequences of cheating and encouraging 

them to develop a sense of personal responsibility for their own actions. This 

could be done by launching a public awareness campaign that focuses on the 

consequences of cheating and the importance of academic integrity. 
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We also introduced a novel implicit personality measurement method, 

which can help us to identify personality traits that people are unwilling to report 

through self-report measures (i.e., explicit measures). The contributions in 

Chapter 6 will benefit policymakers in Kuwait as well as the international context 

because several organisations rely on psychological measures and other job-

related qualifications to hire certain staff members (e.g., leaders). In fact, this is 

not surprising as certain personality traits (e.g., trait EI) showed significant 

predictive effects on job performance (Sackett et al., 2021). Accordingly, some 

participants may provide desirable responses to obtain higher trait EI scores 

(Siegling, Nielsen, et al., 2014) in order to secure a position in a certain job. 

Therefore, there is a need for an indirect measurement tool that can offer another 

view of one’s personality traits, which was offered in Chapter 6 of this 

dissertation. 

           Clearly, it is difficult for policymakers to consider the importance of 

personality traits in different settings if no valid measurement tools are provided. 

We believe that the measures adapted in this dissertation can help policymakers 

to study people’s personality traits, make decisions based on them, and provide 

training where needed. Unsurprisingly, research showed that certain personality 

traits are important for certain jobs. For example, research showed that trait EI 

plays a significant role in the selection and advancement of managers with 

different samples (Siegling, Nielsen, et al., 2014; Siegling, Sfeir, et al., 2014). 
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7.5–Implications for Future Research 

Several directions for future research can be identified based on our 

findings, which go beyond the promotion of cross-cultural comparative studies. 

           In Chapter 3, we summarised the current status of personality-related 

adapted measures in Kuwait. This summary can guide researchers in two 

potential directions. The first direction is similar to the one followed here: the 

need to adapt well-established measures to Kuwaiti-Arabic culture. The second 

direction is to revisit the psychometric properties of the current adapted 

measures, as most of them are outdated. 

           In Chapters 4, 5, and 6, we provided comprehensive tools to assess trait 

EI, belimp theory, and implicit personality, respectively. The measures presented 

in these chapters were adapted and validated following the most comprehensive 

and updated cross-cultural adaptation guidelines. This, in fact, is also a big 

contribution to Kuwaiti psychology, as it promotes the research of these novel 

constructs across different settings in the country. 

           Two more important directions can also be pinpointed from the results of 

Chapter 6. As we discussed earlier in the chapter, one is the need to rethink 

about the concept of reliability (esp., internal consistency) of implicit data. That 

said, future researchers should revisit the meaning of the reliability in this 

context. Also, they should consider coming up with a better methodology to 

assess and interpret the internal consistency of the scores. Another direction is 

the study of the meaning of the implicit aspects of the Big Five and trait EI. Our 
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results clearly indicated no correlation between explicit and implicit measures, 

which raises the question of what implicit personality reflects. We believe that 

they refer to the unconscious and automatic aspects of a person's personality, 

which are deeply ingrained in an individual and unconsciously influence their 

behaviour and thought patterns. Frankly, we believe that these two directions can 

be thought of as PhD projects in their own night. 

7.6–Limitations and Strengths of the Research 

           The detailed limitations of the studies included in our dissertation are 

discussed in their respective chapters. They mainly related to sampling methods, 

sample characteristics, and measurement methods. 

           The sampling method restrictions apply to all studies included in our 

dissertation. As discussed earlier, we relied on non-probability sampling methods 

(e.g., convenience and non-proportional quota sampling methods). However, 

these sampling methods were appropriate for our study design, as we wanted to 

recruit as large as possible a sample size with a restricted time frame and funds 

(Galloway, 2005). Yet, these methods have a high degree of bias, which 

threatens the validity of the results obtained in our studies. In addition, it limits us 

from generalising our findings to the general population. 

           As shown earlier, some of the samples included in this dissertation were 

highly heterogenous regarding participants characteristics (e.g., Study 2 of 

Chapter 4), while in others they were highly homogenous (e.g., Study 1 of 

Chapter 4). We justified in Chapter 4 why we did not perform a factor analysis 
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with the professional sample of Study 2, which was due to the heterogeneity of 

the sample, as they comprise several professions, and also because there is trait 

EI non-invariance across different professions. With that being said, we were 

confident to proceed with some analyses (e.g., factor analysis of TEIQue-SF in 

Study 1 of Chapter 4) when the sample was less heterogenous, and the 

construct showed invariance among key demographic variables (e.g., age and 

gender) as recommended in the literature. However, due to the dearth of 

literature on construct invariance in implicit personality (Chapter 6), the argument 

that other sociodemographic variables may possibly confound the obtained 

results cannot be eliminated. Hence, we encourage future researchers to fill this 

gap in the implicit personality assessment literature. 

           Undoubtedly, self-report measures are the most common and simple way 

to collect data from participants. In this dissertation, we relied on this 

measurement method to validate our adapted measures. This method can 

threaten our findings' validity, especially if the criterion's psychometric properties 

are problematic. Clearly, the Kuwaiti NEO-FFI was one of the key criteria in this 

dissertation, and unfortunately, the internal consistency of two of its dimensions 

were less than desirable. These low reliabilities affect the correlations between 

this criterion and our target-adapted measures throughout the present 

dissertation. Accordingly, we conducted another study (i.e., Study 2 of Chapter 4) 

with different criteria to assess the criterion-related validity of the Kuwaiti-Arabic 

TEIQue-SF. 
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 Furthermore, relying on self-report measures may threat the validity of our 

findings due to the common-method variance (Kock et al., 2021). The common-

method variance issue refers to a potential bias or error in research studies that 

arises from the shared method or measurement used to collect data. It occurs 

when the variance in responses is primarily attributed to the method of 

measurement rather than the constructs being studied. However, to minimise the 

effect of the common-method variance, the self-report measures were presented 

in certain way. That said, we used different scales and answer formats for Belimp 

inventory (a 0 to 100 percentage), NEO-FFI (5-Likert-type scale), and TEIQue-SF 

(i.e., 7-Likert-type scale). Also, we presented each measure in separated 

sections on Qualtrics. 

On the other hand, the strengths of this dissertation are multiple. Clearly, 

Kuwait is an underrepresented country in the international personality literature. 

One reason for this is the dearth of valid and reliable instruments to measure the 

corresponding constructs presented in the current dissertation. Hence our first 

aim was to adapt and validate personality instruments that allow researchers to 

study personality in Kuwait. This contributes to the international psychology 

literature in general and to the personality literature specifically, opening the 

possibilities for the intensive research of these constructs in the Kuwaiti context. 

           Second, we applied relatively modern and sophisticated data-analytic 

approaches throughout this dissertation. For instance, we implemented the bi-

factor ESEM approach to study the factorial structure of the TEIQue-SF as 
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presented in Study 1 of Chapter 4. In addition, we proposed a mediation model to 

study the role of trait EI in organisational settings, presented in Study 2 of 

Chapter 4. Also, we performed factor analysis with belimp data in Chapter 5, 

which, as far as we know, is the first attempt in the literature. 

Third, the sample size was sufficiently large to carry out all statistical 

analyses as intended. We believe that our implicit personality dataset is amongst 

the largest in the literature, especially in the Arabic world. Large sample sizes are 

considered an advantage in statistical analysis as they result in increased 

precision and stability of the estimates obtained (Polit & Beck, 2012). In turn, this 

reduces the risk of type I and type II errors and improves the statistical power of 

the tests (Cohen, 1988). 

           Lastly, it is important to mention that although the main aim of this study 

was to adapt personality-related measures, we additionally contributed to two 

important personality paradigms. Briefly, we retained the four-factor model of trait 

EI as originally proposed by Petrides (2009) in Chapter 4, while we also 

presented the relationship between TEIQue-SF variables and other measures, 

such as the Big Five factors of personality and job-related variables. Additionally, 

we showed that there is no relationship between the explicit and implicit aspects 

of the Big Five personality factors and the four trait EI factors, which suggests 

that these two distinct methodologies tap into different concepts. 

In conclusion, this dissertation has identified and addressed the limitations 

and strengths of the studies included in it. While limitations related to sampling 
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methods, sample characteristics, and measurement methods were discussed in 

their respective chapters, the strengths of this dissertation included the 

adaptation and validation of personality instruments for Kuwait, the application of 

modern data-analytic approaches, and the use of sufficiently large sample sizes 

to carry out all statistical analyses as intended. Furthermore, the present 

dissertation also made important contributions to the personality paradigms of 

trait EI and the Big Five personality factors, highlighting the need for future 

research to fill gaps in the literature and continue to advance the understanding 

of personality in different cultural contexts. 
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Appendices 

Appendix A 

 .دنبلا عم قافتلاا مدع وا قافتلاا ةجرد لثمی مقر لضفأ ىلع ةرئاد ةملاع عضوب ةیلاتلا دونبلا ىلع ةباجلإا ىجری :تامیلعتلا
 عبس كانھ .ةئطاخ وا ةحیحص ةباجإ يأ دجوی لا .عاطتسملا ردق ةقدبو ةعرسب ةباجلااو دنبلا ىنعم يفً اریثك ركفت لا نا بجی
.)٧ مقر(ً امامت قفاوأو )١ مقر(ً امامت )قفاوم ریغ( ضراعا نیب نیابتت ةنكمم تاباجتسا  

 
 

7 6 5 4 3 2 1 

ً امامت قفاوم ًامامت قفاوم ریغ       

 
 1. ً.ایظفل يرعاشم نع ریبعتلا يف ةبوعص دجأ لا 1 2 3 4 5 6 7
 2. .نیرخلآا رظن ةھجو نم روملأا مھف يف ةبوعص دجأ ،بلاغلا يف 1 2 3 4 5 6 7
 3. ً.ادج ریبك لكشب زفحتم صخش انا ،ماع لكشب 1 2 3 4 5 6 7
 4. .يفطاوع میظنت يف ةبوعص دجأ ،بلاغلا يف 1 2 3 4 5 6 7
 5. .ةعتمم ةایحلا نأ ىرأ لا ،ماع لكشب 1 2 3 4 5 6 7
 6. .لاّعف لكشب نیرخلآا عم لماعتلا يننكمی 1 2 3 4 5 6 7
 7. ً.اریثك يیأر رییغت ىلا لیمأ 1 2 3 4 5 6 7
 8. .نایحلأا نم ریثك يف يرعاشم ىلع فرعتلا يننكمی لا 1 2 3 4 5 6 7
 9. .ةنسحلا تافصلا نم دیدعلا يدل نأب رعشأ 1 2 3 4 5 6 7
 10. .يقوقح نع عافدلا يف ةبوعص دجأ ،بلاغلا يف 1 2 3 4 5 6 7
 11. .نیرخلآا رعاشم ىلع ریثأتلا عیطتسأ ،بلاغلا يف 1 2 3 4 5 6 7
 12. .ءایشلأا مظعم لوح ةمئاشتم رظن تاھجو يدل ،ماع لكشب 1 2 3 4 5 6 7
 13. .رركتم لكشب مھل ةئیسلا يتلماعم نم نوبرقملا يكتشی 1 2 3 4 5 6 7
 14. .يتایح يف ةدیدجلا فورظلا عم ملقأتلا يف ةبوعص دجأً ابلاغ 1 2 3 4 5 6 7
 15. .طوغضلا عم لماعتلا يننكمی ،ماع لكشب 1 2 3 4 5 6 7
 16. .ينم نیبرقملا هاجت يفطاوع راھظا يف ةبوعص دجأ ،بلاغلا يف 1 2 3 4 5 6 7
 17. .مھرعاشمب رعشأو نیرخلآا ناكم يسفن عضأ نأ عیطتسأ 1 2 3 4 5 6 7
 18. ً.ازفحتم يسفن ءاقبإ يف ةبوعص دجأ 1 2 3 4 5 6 7
 19. .كلذب بغرأ امدنع يرعاشمب مكحتلل قرط دجأ 1 2 3 4 5 6 7
 20. .يتایح نع ضٍار انا ،ماع لكشب 1 2 3 4 5 6 7
 21. .دّیج ضوافمك يسفن فصأ 1 2 3 4 5 6 7
 22. .اھنم صلختلاً اقحلا ىنمتأ رومأ يف يسفن طروأ 1 2 3 4 5 6 7
 23. .يرعاشم يف ریكفتلل تاظحلل فقوتا ،بلاغلا يف 1 2 3 4 5 6 7
 24. .ةیصخشلا ةوقلا طاقنب ءيلم يننأب نمؤأ 1 2 3 4 5 6 7
 25. .قح ىلع يننأب ملعا تنك ول ىتح يفقوم نع عجارتلا ىلا لیمأ 1 2 3 4 5 6 7
 26. .نیرخلآا رعاشم ىلع ةطلس يأ يدل سیل ھنأب يل ودبی 1 2 3 4 5 6 7
 27. .يتایح يف ماری ام ىلع ریستس روملأا نأب نمؤأ ،ماع لكشب 1 2 3 4 5 6 7
 28. .يل سانلا برقأ عم ىتح طابترلاا يف ةبوعص دجأ 1 2 3 4 5 6 7
 29. .ةدیدج ةئیب يأ عم ملقأتلا يننكمی ،ماع لكشب 1 2 3 4 5 6 7
 30. .ءاخرتسلاا ىلع يتاردق نم نورخلآا بجعتی 1 2 3 4 5 6 7
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Appendix B 

List of stimuli used for the Trait EI IAT 

Me: I, me, my, mine, self 

Others: Others, they, them, their, it 

Emotionality: sociable, talkative, active, impulsive, outgoing 

Logicality: rigorous, reticent, passive, deliberate, reserved 

Self-control: stable, calm, cautious, flexible, motivated 

Unrestrainedness: irritable, stressed, impetuous, inflexible, demanding 

Sociability: leaders, influencers, confident, social 

Bashfulness: followers, overwhelmed, uncertain, shy 

Well-being: positive, optimistic, cheerful, happy 

Misery: negative, pessimistic, gloomy, sad 
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Appendix C 

List of stimuli used for the Big Five IAT 

Me: I, me, my, mine, self 

Others: Others, they, them, their, it 

Neuroticism: anxious, nervous, fearful, uncertain, afraid 

Fearlessness: calm, relaxed, restful, at ease, balanced 

Extraversion: sociable, talkative, active, impulsive, outgoing 

Introversion: shy, reticent, passive, deliberate, reserved 

Openness: imaginative, civilized, well-educated, interested, gifted 

Reticence: unimaginative, primitive, uneducated, indifferent, limited 

Agreeableness: trusting, well-meaning, friendly, helpful, goodnatured 

Reluctance: obstinate, quarrelsome, hostile, hard-hearted, resentful 

Conscientiousness: meticulous, reliable, neat, fussy, thorough 

Unscrupulous: careless, unreliable, chaotic, frivolous, erratic 


