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C Additional Theoretical Results

C.1 Inferring Motives from Beliefs

Agents may have different beliefs because these beliefs reflect past instances of moti-
vated reasoning. In this subsection, we consider motives that depend on the state θq

and an econometrician who observes motivated-reasoning agents’ updating process,
inferring whether their motive function is increasing or decreasing in θq. When mo-
tives are unobservable, an experimenter can learn about agents’ motives by looking
at their initial beliefs µiq. Conceptually, an agent’s error in beliefs can be partly
explained by motivated reasoning, and therefore the direction of the error predicts
the direction of the motive function. Two agents who motivatedly reason in different
directions, and each who receive a signal drawn from the same distribution, will hold
different median beliefs: A motivated reasoner with an increasing motive function
will be more likely to hold a belief that µiq > θq, and a motivated reasoner with a
decreasing motive function will be more likely to hold a belief that µiq < θq. This
implies that an agent who believes µiq > θq is more likely to have an increasing motive
function than is an agent who believes µiq < θq.

When the two agents then make news assessments using the structure above,
agents will trust news that reinforces the error in their beliefs more than news that
mitigates the error. This occurs even though signals are designed exactly so that their
interpretation is distinct from µiq.
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More formally, there is a state θq ∈ R. Consider a Bayesian (she) and a motivated
reasoner (he) with the same prior θq ∼ Fθq and who receive a public signal zq ∼ Fzq(·).
We now assume that motivated reasoners have heterogeneous motive functions miq(θ′

q)
that are strictly monotonic in θ′

q. Specifically, miq(θ′
q) is drawn from a distribution

Fmq(mq(·)) with the properties that: ∂miq(·)
∂θq

exists, either ∂miq(·)
∂θq

> 0 for all θq or
∂miq(·)

∂θq
< 0 for all θq, and that P

(
∂miq(·)

∂θq
> 0 for all θq

)
∈ (0, 1).

The econometrician observes the distributions Fzq(·) and Fmq(mq(·)), as well as
the states θq and reported medians µiq, but not the realizations zq or miq(θ′

q). We
also assume that zq leads the Bayesian’s posterior median µBq to take values close
to θq with positive probability, but that there is no point mass at exactly θq. That
is, for all δ > 0, there exists some δ′ > 0 such that P(|µBq − θq| < δ) > δ′, while
PBq(µBq = θq) = 0.

Without loss of generality, consider what the econometrician infers about a mo-
tivated reasoner who has a strictly increasing miq(θ′

q). Since the log-likelihood of
the motive is strictly increasing, his posterior distribution first-order stochastically
dominates the Bayesian’s posterior distribution. In addition, for every such motive
function, there exists a δ > 0 such that for all signals leading to the Bayesian having
a posterior median µBq ∈ (θq − δ, θq), the motivated reasoner has posterior median
µiq > θq. Since there is a probability of at least δ′ > 0 of such a signal, this high-θq-
motivated reasoner is strictly more likely than the Bayesian to state a median belief
that is greater than θq. By the same argument, a low-θq motivated reasoner is strictly
less likely than the Bayesian to state a median that is less than θq.

If some people have monotonically-increasing motives and others have monotonically-
decreasing motives, then the econometrician will believe that:

Peconometrician(miq(θq) increasing | µiq > θq) > Peconometrician(miq(θq) increasing | µiq < θq).

Recall that message Giq says that θq > µiq and that message Liq says θq <

µiq. Then, for the econometrician, E[a(Giq), µiq > θq] > E[a(Giq, µiq < θq] and
E[a(Liq), µiq > θq] < E[a(Liq), µiq < θq] when motives are heterogeneous. Since Giq

and Liq are equally likely by construction, this means that agents trust the source
of error-reinforcing messages more than the source of error-mitigating messages on
questions when motivated reasoning plays a role.

Using this signal structure, error-mitigating messages come from True News and
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error-reinforcing messages come from Fake News. Therefore, agents give higher as-
sessments to Fake News than True News, with and without controls for observable
party preference:

Proposition 2 (Motivated reasoning leads to over-trusting Fake News)
Suppose that agents motivatedly reason with a strictly monotonic motive as above.
Then:

• a(Fake Newsiq) > a(True Newsiq).

• a(Fake Newsiq; Pro-Party newsiq) ≥ a(True Newsiq; Pro-Party newsiq).

• a(Fake Newsiq; Anti-Party newsiq) ≥ a(True Newsiq; Anti-Party newsiq).

Suppose also that the sign of the slope of the motive function is heterogeneous within
party. That is, the probability of an agent having ∂miq(θq)

∂θq
> 0 is strictly between 0

and 1, conditional on the agent’s party. Then:

• a(Fake Newsiq; Pro-Party newsiq) > a(True Newsiq; Pro-Party newsiq).

• a(Fake Newsiq; Anti-Party newsiq) > a(True Newsiq; Anti-Party newsiq).

The stark result that motivated reasoners will trust Fake News more than True News
is particular to the uninformativeness of the messages. However, the prediction that
agents will trust Fake News more than a Bayesian will is quite general, only relying
on unobservable inputs into current beliefs. This prediction only holds for motivated
states, psychologically differentiating this theory from unmotivated explanations of
over-trusting Fake News (such as confirmation bias). Practically, it suggests that ex-
cessive trust in disinformation is more prominent when people hold motivated beliefs.

C.2 Motivated Reasoning and Overprecision

Under further functional form assumptions, the model of motivated reasoning also
predicts that agents will overestimate the probability that the answers to the ques-
tions are within a subjective confidence interval: overprecision. Unlike other determi-
nants of overprecision, this will be because of miscalibrated beliefs due to motivated
reasoning, and we do not assume a general bias towards overly-narrow confidence
intervals. Unlike the previous subsection, we now assume that Nature draws θq from
N (µq0, 1/τ 2

q0) independently across q, and that Nature gives agents a noisy public
signal zq = θq + ϵqz, where ϵqz ∼ N (0, 1/τ 2

qz).

3



Slightly abusing notation, we assume also that motivated reasoners have motives
linear in θq: miq(θq) = miq · θq.34 In the political context, |miq| can be thought of as
political partisanship. Finally, we additionally assume that the prior probability of
True News is p and is constant for all agents.

After observing zq (but before playing the game in Section 2.1), a Bayesian forms
the posterior:

fBq(θ′
q|zq) = N

(
τq0µq0 + τqzzq

τq0 + τqz

, τq0 + τqz

)
,

and a motivated reasoner forms the posterior:

fiq(θ′
q|zq) = N

(
τq0µq0 + τqzzq + φ · miq

τq0 + τqz

, τq0 + τqz

)
.

Notably, the two agents have the same posterior variance, but the motivated
reasoner’s distribution is miscalibrated. Consider their (1 − Q)/2-quantile and (1 +
Q)/2-quantile beliefs, and call this the Q-confidence interval. Then:
Proposition 3 (Motivated reasoning and overprecision)
Suppose that a motivated reasoner has normally-distributed priors and receives a sig-
nal normally distributed with mean equal to θq, as above. When φ > 0, the probability
that his Q-confidence interval contains θq is equal to Q for miq = 0 and strictly
decreases in |miq|.

Since Bayesian updating is equivalent to motivated reasoning with miq = 0, Bayesians
will appear to be appropriately precise and motivated reasoners will appear overpre-
cise due to their miscalibrated confidence intervals. They will be both be appropri-
ately precise on neutral topics, where miq = 0. Note that the direction of the bias
relies both on linear motives and the normal-normal functional form.35

In the context of politics, I posit that partisanship is a proxy for |miq| on politi-
cized questions. On such questions, the probability that agents’ Q-confidence interval

34We also keep the assumption of constant φ but note that there are many reasons to believe that
φ ought to depend on zq. With normally-distributed signals, one way that φ could depend on zq is
through its precision. For instance, φ(zq, τqz) = min{φcτqz, φ̄}. Using this form, the susceptibility of
two weak signals is equal to the sum of their precisions, but there is a maximum level of susceptibility.

35For instance, suppose that the state space contains two values and a Bayesian infers from a
signal that either one value has a (1+Q)/2 likelihood of occurring or the other value has a (1+Q)/2
likelihood of occurring. Then, her confidence interval would contain one point, and a motivated
reasoner may have a confidence interval that contains both points.
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contains θq will then be decreasing in their partisanship.

D Replication

I preregistered a replication for the findings from this paper. I ran this in conjunction
with a debiasing treatment; the replication tests whether the control group from
that sample satisfies the hypotheses from this experiment. This section reports all
replication results that were specified in the pre-analysis plan at https://doi.org/
10.1257/rct.4401.

There are a few differences between the replication sample and the original sam-
ple. The replication was conducted approximately one year later, on July 8-9, 2019.
The replication questions included additional topics and variants of the original ques-
tions.36 There were no neutral questions.

The sample includes 1,050 subjects recruited from Amazon’s Mechanical Turk
platform that passed pre-specified comprehension checks that are akin to those in the
original experiment. There are 982 subjects who are either Pro-Rep or Pro-Dem in
the replication sample, and these subjects give 5,314 news veracity assessments on
politicized topics.

D.1 Primary Outcomes

The most important primary outcome results are all strongly replicated. As seen in
the first column of Table 8, subjects give statistically significantly higher assessments
to Pro-Party news than to Anti-Party news (p < 0.001).37 The second column shows
that this gap is increasing in partisanship (p = 0.004).

The next-most important primary outcome results are strongly replicated. Ta-
ble 8 shows that subjects give statistically significantly higher assessments to Fake
News than to True News. This holds both when Pro-Party / Anti-Party news is not

36In particular, two new politicized topics were added: Wage Growth and Healthcare. On six of
the politicized topics, subjects received slightly different versions of the original question.

37The coefficient is smaller in the replication, due in large part to the new added questions.
On the questions with the exact same wording as the original study, the treatment effect is 7.1
percentage points (s.e. 1.2 percentage points). On other politicized questions, the treatment effect
is 3.5 percentage points (s.e. 1.0 percentage points). Of the original questions, the effects on the
following topics were significant at p < 0.05 in the predicted direction: Climate Change, Race,
Refugees, Gun Laws, Party Performance, Own Performance. The effects on the following topics
were not significant at p < 0.05: Obama and Crime, Gender, Media.
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controlled for (column 3) and when Pro-Party / Anti-Party news is controlled for
(column 4); both results are statistically significant at p < 0.001.

The main alternative measure of motivated reasoning is suggestively replicated.
As seen in the first column of Table 9, results suggest that subjects are more likely to
update in the direction of the Pro-Party message compared to the Anti-Party message
(p = 0.034).38 The third column shows that, as in Section 4.4, this difference vanishes
once the news veracity assessment measure is controlled for.

D.2 Secondary Outcomes

The underperformance result (not discussed in the main text) is strongly replicated.
Subjects score 66.3 points (s.e. 0.4 points) on politicized news assessments and 65.5
points (s.e. 1.6 points) on performance news assessments on average. Both of these are
statistically significantly lower than 75 points, the score that subjects would receive
if they had answered “5/10 chance the message came from True News” (p < 0.001).

The result that subjects’ confidence intervals are overprecise is strongly replicated.
On politicized topics, subjects’ 50 percent confidence intervals contain the correct
answer 44.1 percent of the time (s.e. 0.8 percent); this is statistically significantly
different from 50 percent (p < 0.001). As seen in Table 10, the result that this
measure of overprecision is increasing in partisanship is suggestive (p = 0.064).

The two polarization results are replicated. On politicized topics, Table 9 shows
that subjects are statistically significantly more likely to follow Polarizing news than
anti-Polarizing news (p < 0.001).39 Subjects also state initial medians that are more
likely to be in the Pro-Party direction (p < 0.001).

D.3 Untested Replications

I did not pre-register replication tests for performance-driven motivated reasoning (or
anything involving neutral topics) given the limited sample size. Results, however,
are broadly similar to those in the main experiment. Subjects assess Pro-Performance
news to be 8.0 percentage points higher than Anti-Performance news (s.e. 2.6 per-

38As with the main effect, the coefficient is smaller in the replication, due in large part to the new
questions. On the questions with the exact same wording as the original study, the treatment effect
is 5.7 percentage points (s.e. 2.6 percentage points). On other politicized questions, the treatment
effect is 2.0 percentage points (s.e. 2.6 percentage points).

39As in Section 4.4, this difference vanishes once the news assessment measure is controlled for.
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centage points; p = 0.003). Demographic heterogeneity, robustness exercises, and
minor results were also not tested. Further work can test whether these results also
replicate with a larger sample.

Replication Tables

Table 8: The Effect of News Direction and Ac-
tual Veracity on Perceived Veracity: Replication

(1) (2) (3) (4)
Pro-Party News 0.053 0.012 0.046

(0.008) (0.016) (0.008)
Partisanship x 0.085
Pro-Party (0.029)
True News -0.043 -0.033

(0.008) (0.008)
Question FE Yes Yes Yes Yes
Round FE Yes Yes Yes Yes
Subject FE Yes Yes Yes Yes
Observations 5286 5286 5286 5286
R2 0.32 0.33 0.31 0.32
Mean 0.581 0.581 0.581 0.581

Standard errors in parentheses

Notes: OLS, errors clustered at subject level. Only Pro-Party /

Anti-Party news observations. Partisanship is the absolute dif-

ference between ratings of the Republican and Democratic par-

ties. In column (2), Partisanship is also interacted with round

and question FE.
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Table 9: Changing Guess to Follow Message: Replication

(1) (2) (3) (4) (5) (6)
Pro-Party News 0.038 0.032 -0.020 -0.021

(0.018) (0.018) (0.016) (0.016)
Polarizing News 0.065 0.062 0.010 0.012

(0.016) (0.016) (0.015) (0.015)
P(True) 1.108 1.100 1.105

(0.050) (0.049) (0.050)
Question FE Yes Yes Yes Yes Yes Yes
Round FE Yes Yes Yes Yes Yes Yes
Subject FE Yes Yes Yes Yes Yes Yes
Observations 5286 5286 5286 5286 5286 5286
R2 0.34 0.34 0.34 0.47 0.47 0.48
Mean 0.657 0.657 0.657 0.657 0.657 0.657

Standard errors in parentheses

Notes: OLS, errors clustered at subject level. Only Pro-Party / Anti-Party news

observations. Polarizing News: tells subjects that, compared to their initial guess, the

answer is in the opposite direction from the population mean. Dependent variable is

1 if subjects change their guess upwards when the message says “Greater Than” or

downwards when the message says “Less Than,” -1 if they change it in the opposite

direction, and 0 if they do not change it.
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Table 10: Overprecision and Partisanship:
Replication

(1) (2)
Partisanship 0.055 0.056

(0.030) (0.030)
Subject controls No Yes
Observations 5314 5314
R2 0.00 0.01
Mean 0.061 0.061

Standard errors in parentheses

Notes: OLS, errors clustered at subject level. Only politi-

cized topics included. Partisanship is the absolute differ-

ence between ratings of the Republican and Democratic

parties. Subject controls are race, gender, age, log(income),

education, religion, and whether home state voted for

Trump or Clinton in 2016.
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E Online Appendix: Further Heterogeneity and
Robustness Analyses

This section presents results on heterogeneity in magnitude of motivated reasoning
and additional robustness checks for the main results in Table 2. Results are similar
for each randomization arm, if I include subjects who fail comprehension checks, and
if the dependent variable is the logit probability of news veracity assessments.

Heterogeneity in Magnitude

Figure 8 plots the coefficients from the regression of news assessments on the interac-
tion of whether the news was “good” or “bad” and partisanship, as well as on binarized
observable demographics. We see that the effect of non-political demographics are
small, and most are statistically insignificantly different from zero.

Figure 8: Heterogeneity in the Magnitude of Motivated Reasoning

Good News x Partisanship

Good News x Older

Good News x Male

Good News x White

Good News x College

Good News x High Income

Good News x Red State

Good News x Religious Group

-.2 -.15 -.1 -.05 0 .05 .1 .15 .2
Effect of Good/Bad News on P(True)

Notes: This figure plots the relative treatment effect of seeing Pro-Party / Performance news versus Anti-Party

/ Performance news on subjects’ news assessments by partisanship and demographics. These are OLS regression

coefficients, errors clustered at subject level. FE included for subject, round number, and topic. Partisanship

is from 0 to 1: abs(Republican Party rating - Democratic Party rating). Older: above the median age in the

experiment. High income: above median income in the experiment. Red State: state voted for Trump in 2016.

Religious: subject affiliates with any religion.
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Main Results by Randomization Group

We consider Table 2 for each randomization group. Recall that subjects either give
a second guess or see a WTP page, and subjects are either given a prior P(True)
= 0.5 or are not. Neither arm affects the main results or the average news veracity
assessment substantially.

Table 11: Motivated Reasoning and Perceived Truthfulness of
News: Second-Guess Group

(1) (2) (3) (4) (5) (6)
Pro-Party News 0.090 0.092 0.041 0.031 0.081

(0.009) (0.009) (0.018) (0.009) (0.009)
Partisanship x 0.107
Pro-Party (0.034)
Anti-Party News -0.057

(0.010)
True News -0.061 -0.035

(0.009) (0.009)
Question FE Yes Yes Yes No Yes Yes
Round FE Yes Yes Yes Yes Yes Yes
Subject FE No Yes Yes Yes Yes Yes
Subject controls Yes No No No No No
Neutral News No No No Yes No No
Observations 4085 4085 4085 5455 4085 4085
R2 0.05 0.24 0.25 0.20 0.23 0.25
Mean 0.578 0.578 0.578 0.581 0.578 0.578

Standard errors in parentheses

Notes: OLS, errors clustered at subject level. Neutral News indicates that Pro-Party

/ Anti-Party news assessments are compared to assessments on Neutral topics. These

classifications are defined in Table 1. Controls: race, gender, log(income), years of

education, religion, and state. Partisanship is the absolute difference between ratings of

the Republican and Democratic parties. In column (3), Partisanship is also interacted

with round and question FE. Observations only for Second-Guess group.
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Table 12: Motivated Reasoning and Perceived Truthfulness of
News: Willingness-to-Pay Group

(1) (2) (3) (4) (5) (6)
Pro-Party News 0.094 0.085 0.042 0.043 0.074

(0.009) (0.009) (0.017) (0.009) (0.009)
Partisanship x 0.087
Pro-Party (0.029)
Anti-Party News -0.039

(0.009)
True News -0.056 -0.032

(0.009) (0.009)
Question FE Yes Yes Yes No Yes Yes
Round FE Yes Yes Yes Yes Yes Yes
Subject FE No Yes Yes Yes Yes Yes
Subject controls Yes No No No No No
Neutral News No No No Yes No No
Observations 3817 3817 3817 5097 3817 3817
R2 0.04 0.25 0.26 0.22 0.24 0.26
Mean 0.570 0.570 0.570 0.569 0.570 0.570

Standard errors in parentheses

Notes: OLS, errors clustered at subject level. Neutral News indicates that Pro-Party

/ Anti-Party news assessments are compared to assessments on Neutral topics. These

classifications are defined in Table 1. Controls: race, gender, log(income), years of

education, religion, and state. Partisanship is the absolute difference between ratings of

the Republican and Democratic parties. In column (3), Partisanship is also interacted

with round and question FE. Observations only for Willingness-to-Pay group.
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Table 13: Motivated Reasoning and Perceived Truthfulness of
News: Given 50-50 Prior

(1) (2) (3) (4) (5) (6)
Pro-Party News 0.091 0.088 0.067 0.046 0.078

(0.011) (0.010) (0.020) (0.011) (0.011)
Partisanship x 0.049
Pro-Party (0.035)
Anti-Party News -0.040

(0.012)
True News -0.056 -0.029

(0.011) (0.011)
Question FE Yes Yes Yes No Yes Yes
Round FE Yes Yes Yes Yes Yes Yes
Subject FE No Yes Yes Yes Yes Yes
Subject controls Yes No No No No No
Neutral News No No No Yes No No
Observations 2674 2674 2674 3568 2674 2674
R2 0.05 0.27 0.28 0.22 0.25 0.27
Mean 0.573 0.573 0.573 0.572 0.573 0.573

Standard errors in parentheses

Notes: OLS, errors clustered at subject level. Neutral News indicates that Pro-Party

/ Anti-Party news assessments are compared to assessments on Neutral topics. These

classifications are defined in Table 1. Controls: race, gender, log(income), years of

education, religion, and state. Partisanship is the absolute difference between ratings of

the Republican and Democratic parties. In column (3), Partisanship is also interacted

with round and question FE. Observations only if Given 50-50 Prior.
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Table 14: Motivated Reasoning and Perceived Truthfulness of
News: Not Given 50-50 Prior

(1) (2) (3) (4) (5) (6)
Pro-Party News 0.093 0.088 0.025 0.033 0.077

(0.008) (0.008) (0.015) (0.008) (0.008)
Partisanship x 0.131
Pro-Party (0.027)
Anti-Party News -0.052

(0.008)
True News -0.061 -0.037

(0.007) (0.007)
Question FE Yes Yes Yes No Yes Yes
Round FE Yes Yes Yes Yes Yes Yes
Subject FE No Yes Yes Yes Yes Yes
Subject controls Yes No No No No No
Neutral News No No No Yes No No
Observations 5228 5228 5228 6984 5228 5228
R2 0.05 0.24 0.24 0.20 0.22 0.24
Mean 0.575 0.575 0.575 0.577 0.575 0.575

Standard errors in parentheses

Notes: OLS, errors clustered at subject level. Neutral News indicates that Pro-Party

/ Anti-Party news assessments are compared to assessments on Neutral topics. These

classifications are defined in Table 1. Controls: race, gender, log(income), years of

education, religion, and state. Partisanship is the absolute difference between ratings of

the Republican and Democratic parties. In column (3), Partisanship is also interacted

with round and question FE. Observations only for Not Given 50-50 Prior.
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Results Without Comprehension Checks

The main results do not include subjects who fail attention and comprehension checks.
As such, 313 of 1300 subjects are removed from the analysis. This table repeats the
analysis without removing subjects; results do not significantly change.

Table 15: Motivated Reasoning and Perceived Truthfulness of
News: Including Subjects Who Fail Comprehension

(1) (2) (3) (4) (5) (6)
Pro-Party News 0.076 0.071 0.027 0.031 0.064

(0.005) (0.005) (0.010) (0.005) (0.005)
Partisanship x 0.097
Pro-Party (0.018)
Anti-Party News -0.038

(0.006)
True News -0.043 -0.026

(0.005) (0.005)
Question FE Yes Yes Yes No Yes Yes
Round FE Yes Yes Yes Yes Yes Yes
Subject FE No Yes Yes Yes Yes Yes
Subject controls Yes No No No No No
Neutral News No No No Yes No No
Observations 10478 10478 10478 13991 10478 10478
R2 0.03 0.30 0.31 0.27 0.29 0.30
Mean 0.561 0.561 0.561 0.562 0.561 0.561

Standard errors in parentheses

Notes: OLS, errors clustered at subject level. Neutral News indicates that Pro-Party

/ Anti-Party news assessments are compared to assessments on Neutral topics. These

classifications are defined in Table 1. Controls: race, gender, log(income), years of

education, religion, and state. Partisanship is the absolute difference between ratings of

the Republican and Democratic parties. In column (3), Partisanship is also interacted

with round and question FE. Observations include subjects who failed comprehension

checks.
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Results Using Logit Veracity Assessments

The model suggests that the relevant dependent variable is logit(P(True)) instead
of P(True). Table 16 is the same as Table 2 but with this new dependent variable.
Technically, since logit(0) and logit(1) are undefined, they are replaced here with
logit(0.025) and logit(0.975).40

Table 16: Motivated Reasoning and Perceived Truthfulness of
News: Logit Veracity Assessments

(1) (2) (3) (4) (5) (6)
Pro-Party News 0.473 0.453 0.206 0.173 0.396

(0.033) (0.033) (0.065) (0.034) (0.034)
Partisanship x 0.515
Pro-Party (0.117)
Anti-Party News -0.263

(0.037)
True News -0.306 -0.178

(0.032) (0.032)
Question FE Yes Yes Yes No Yes Yes
Round FE Yes Yes Yes Yes Yes Yes
Subject FE No Yes Yes Yes Yes Yes
Subject controls Yes No No No No No
Neutral News No No No Yes No No
Observations 7902 7902 7902 10552 7902 7902
R2 0.04 0.25 0.25 0.21 0.23 0.25
Mean 0.374 0.374 0.374 0.383 0.374 0.374

Standard errors in parentheses

Notes: Dependent variable is logit(P(True)). OLS, errors clustered at subject level.

Neutral News indicates that Pro-Party / Anti-Party news assessments are compared to

assessments on Neutral topics. These classifications are defined in Table 1. Controls:

race, gender, log(income), years of education, religion, and state. Partisanship is the

absolute difference between ratings of the Republican and Democratic parties. In column

(3), Partisanship is also interacted with round and question FE.

40Subjects choose P(True) = 0 to maximize expected earnings if and only if they believe P(True)
∈ [0, 0.05]. 0.025 is the midpoint of this range. Results are similar if 0.05 is chosen or if these
observations are removed.
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Figure 9: Round-by-Round Effects of News Direction on Perceived Veracity

Pro-Party x Round 1

Pro-Party x Round 2

Pro-Party x Round 3

Pro-Party x Round 4

Pro-Party x Round 5

Pro-Party x Round 6

Pro-Party x Round 7

Pro-Party x Round 8

Pro-Party x Round 9

Pro-Party x Round 10

Pro-Party x Round 11

Pro-Party x Round 12

Pro-Performance x Round 13

Pro-Party x Round 14

-.2 -.15 -.1 -.05 0 .05 .1 .15 .2
Effect of Good/Bad News on P(True)

Notes: OLS regression coefficients, errors clustered at subject level. FE included for subject, round number,

and topic. Pro-Party (vs. Anti-Party) and Pro-Performance (vs. Anti-Performance news is defined in Table 1.

Performance news is only seen in Round 13. Error bars correspond to 95 percent confidence intervals.
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F Study Materials: Experiment Flow and Pages

F.1 Flow of Experiment

Subjects see a series of pages in the following order:

• Introduction and Consent

• Demographics and Current Events Quiz

• Opinions

• Instructions for Question Pages

• Question 1

• Instructions for News Assessment Pages

• News Assessment 1

• Question 2, News Assessment 2, . . . , Question 14, News Assessment 14

• Feedback

• Results and Payment

Screenshots for each of the pages are in the following subsection. Red boxes are not
shown to subjects and are included for illustration purposes only. Results pages here
are cut off after three questions, but all results are shown to subjects. Choices on the
Demographics page and statements on the Opinions page are randomly ordered.

Subjects in the Willingness-To-Pay group see the News Valuation page between
Question 12 and News Assessment 12. They see the black bar page if their elicited
valuation is lower than the random number.

Subjects in the Second Guess group see the version of the News Assessment page
with the message “After seeing this message and assessing its truthfulness, what is
your guess of the answer to the original question?”
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F.2 Screenshots of Study Materials
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Figure 10: Crime Under Obama question page.
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Figure 11: Crime Under Obama news assessment page.

26



Figure 12: Crime Under Obama news assessment page: Second Guess question.
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