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Abstract

Purpose Mental health inequalities across social identities/positions during the COVID-19 pandemic have been mostly
reported independently from each other or in a limited way (e.g., at the intersection between age and sex or gender). We aim
to provide an inclusive socio-demographic mapping of different mental health measures in the population using quantitative
methods that are consistent with an intersectional perspective.

Methods Data included 8,588 participants from two British cohorts (born in 1990 and 2000-2002, respectively), collected
in February/March 2021 (during the third UK nationwide lockdown). Measures of anxiety and depressive symptomatology,
loneliness, and life satisfaction were analysed using Multilevel Analysis of Individual Heterogeneity and Discriminatory
Accuracy (MAIHDA) models.

Results We found evidence of large mental health inequalities across intersectional strata. Large proportions of those ine-
qualities were accounted for by the additive effects of the variables used to define the intersections, with some of the largest
gaps associated with sexual orientation (with sexual minority groups showing substantially worse outcomes). Additional
inequalities were found by cohort/generation, birth sex, racial/ethnic groups, and socioeconomic position. Intersectional
effects were observed mostly in intersections defined by combinations of privileged and marginalised social identities/
positions (e.g., lower-than-expected life satisfaction in South Asian men in their thirties from a sexual minority and a dis-
advantaged childhood social class).

Conclusion We found substantial inequalities largely cutting across intersectional strata defined by multiple co-constituting
social identities/positions. The large gaps found by sexual orientation extend the existing evidence that sexual minority groups
were disproportionately affected by the pandemic. Study implications and limitations are discussed.

Keywords Multilevel modelling - Intersectionality - MATHDA - Multilevel analysis of individual heterogeneity and
discriminatory accuracy - Intercategorical complexity

Introduction

George B. Ploubidis and Jayati Das-Munshi are joint senior authors. The quantitative study of health inequalities has often been
inadequately underpinned by social theory [1]. Quantitative
studies have frequently focused on examining inequalities
in relation to broad social categories such as gender, race/
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position which can include a mix of advantaged and disad-
vantaged identities/positions that are dynamic and context-
dependent [8—10], gets frequently under-recognised.

Intersectionality theory [11] supports a move away from
some of these issues by highlighting that social identities
and positions are “interdependent and mutually constitu-
tive rather than independent and uni-dimensional” [12]. It
acknowledges that, due to interlocking systems of oppres-
sion, the experiences of a person living at a particular
intersection (e.g., Black woman) cannot be understood by
independently looking at the experiences associated to each
of the identities and positions that define it (in the same
example, the experiences associated with being Black and
a woman).

Although intersectional research poses challenges for
both qualitative and quantitative methodological approaches
[12], it has relied mostly on qualitative methods. Quantita-
tive approaches to intersectionality have been criticised for
their potential to unintentionally reinforce the idea that the
observed inequalities may be natural or intractable [13, 14]
and “blunt [the] critical edge and transformative aims” of
intersectionality [3] by simply describing those inequali-
ties. Intercategorical approaches to intersectional complex-
ity [15], where analytical categories (e.g., based on gender)
are used to explore inequalities, and the focus on identifying
significant differences across such categories (a focus that
has been named “intersectionality as a testable hypothesis™)
[11], have also been criticised. By focusing on the differ-
ences between groups, these approaches may dismiss the
differences within those groups, unintentionally reinforcing
the idea that they are homogeneous [11]. Furthermore, the
use of the most privileged categories (e.g., White, male) as
the reference can implicitly maintain the idea of dominant
groups being the standard to which the rest of categories
should be compared [16]. This can also result in a lack of
evidence on intersections defined by combinations of privi-
leged and marginalised identities and positions, which is
essential to understand and address health inequalities [17].

Nonetheless, quantitative approaches provide unique
opportunities to accurately document population health
inequalities [14]. First, many of the above-mentioned cri-
tiques are not inherent to quantitative methods [12, 18]. Cat-
egories can be provisionally adopted to explore inequalities
across intersections [15] and acknowledged as proxies for
the interlocking systems of oppression [14, 17]. Further-
more, aspects such as SEP reflect material conditions rather
than social constructions. In addition, novel quantitative
approaches [18-24] can help overcome some of the cri-
tiques. Multilevel Analysis of Individual Heterogeneity
and Discriminatory Accuracy (MAIHDA) models [17, 23]
constitute a paradigmatic example. Unlike more traditional
quantitative intercategorical approaches (e.g., fixed-effects
regression models with interaction terms), MATHDA models
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open the way to provide evidence at intersections that would
otherwise be overlooked [18, 21]. Moreover, they provide
estimates of the variability/heterogeneity within those inter-
sections and the proportion of variability that is attributable
to differences between them [known as Variance Partition
Coefficient (VPC) or Intra-Class Correlation (ICC)]. Such
estimates can be interpreted as a measure of the “discrimi-
natory accuracy” of the categories provisionally adopted to
define the intersections, and can be relevant to inform public
policy, because targeting interventions at specific intersec-
tions when very little of the variability is attributable to dif-
ferences between intersections (i.e., when discriminatory
accuracy is low) may lead to ineffective interventions [23].

MAIHDA models focus on the difference between the
expected levels at particular intersections, operationalised
as the sum of the effects of each of the categories that define
them (i.e., the “sum of the parts” or the additive effects), and
the observed levels at those intersections. Such “excess” or
residual effect represents what is above and beyond the “sum
of the parts”, what is unique to that particular intersection:
the “intersectional effect”. Intersectional effects represent
the impact of experiences of marginalisation and/or privilege
due to interlocking systems of oppression in the outcomes
under study [25]. The distinction between intersectional
“experiences” and “effects” is crucial: failure to find sig-
nificant intersectional effects does not preclude the existence
of different experiences lived by different intersections [21,
25]. Hence, MAIHDA models provide the opportunity to
study intersectional complexity from one angle, which can
then be complemented by qualitative, experiential, and other
quantitative approaches for a more complete understanding
[18, 26]. This angle is descriptive in the sense that it does
not engage in the statistical analysis of causal processes driv-
ing the inequalities described [13]. However, by explicitly
engaging with social theory, they can situate those inequali-
ties in the context of the underpinning social processes caus-
ing them, thus “maintain(ing) the critical and transformative
edge of intersectionality” [1].

An applied example: mental health inequalities
during the COVID-19 pandemic in the UK

The onset of the COVID-19 pandemic has had unequal
implications for different groups within the population [27,
28]. Evidence suggests disproportional mental health effects
among disadvantaged population groups including adoles-
cents and young adults, women, racialised and ethnically
minoritised groups, sexual and gender minority groups, and
those in more disadvantaged SEP [29]. UK-based research
replicates these findings in outcomes such as anxiety and
depressive symptomatology, psychological distress, loneli-
ness, and life satisfaction [30—43]. In most cases, however,
mental health inequalities by different social identities
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and positions have been reported independently from each
other. Hence, the mutual co-constitution of those broader
social categories has been left unacknowledged (or has been
acknowledged in a very limited way, such as at the intersec-
tion between age and sex or gender) [12, 18].

Using MAIHDA models, this study aims to provide
evidence within the UK on mental health across multiple
intersectional positions defined by categories closely tied to
social power such as age, sex, race/ethnicity, sexual orienta-
tion, and SEP. This will first provide a “socio-demographic
mapping” of the levels of different mental health measures
within the population [14], which in turn will support the
development of hypotheses for further research and suggest
avenues for public health resource allocation.

Methods
Sample

This study focused on the most recent assessment of two
British cohorts: Next Steps (NS) [44] and Millennium
Cohort Study (MCS) [45], with participants born in 1990
and 2000-2002, respectively. This assessment took place in
February/March 2021, during the third nationwide lockdown
[46], as part of the third wave of the ‘COVID-19 Survey’
[47]. Both cohorts implemented oversampling methods to
ensure representation from marginalised populations [44,
45]. We focused on participants who were alive and still
residing in the UK during the third wave of the COVID-19
Survey (February/March 2021). Due to the use of web and
telephone interviews, the largest response rates within the
target population were achieved in this wave of the COVID-
19 Survey: 26.4% (NS) and 23.0% (MCS). Overall, 8588
participants (4167 from NS, 4421 from MCS) were included.
All participants provided informed consent. Further details
on the sample and procedure are available elsewhere [47].

Measures
Outcomes

Measures of anxiety symptomatology, depressive symptom-
atology, loneliness, and life satisfaction were collected using
the same assessment tools across the two cohorts. Anxi-
ety and depressive symptomatology were measured using
the 2-item versions of the Generalised Anxiety Disorder
(GAD-2) [48] and Patient Health Questionnaire (PHQ-2)
[49]. These questionnaires enquire about how frequently
the respondent has been bothered by core experiences of
anxiety or depression, respectively, with scores ranging
from O (lowest anxiety/depression) to 6 (highest anxiety/
depression). Loneliness was measured with the University

of California Los Angeles 3-item loneliness scale (UCLA-3)
[50], which enquires about the extent to which the respond-
ent has felt lack of companionship, left out, or isolated from
others, and with scores ranging from 3 (lowest loneliness) to
9 (highest loneliness). Life satisfaction was measured with
the Office for National Statistics (ONS) single question [51],
with scores ranging from 0 (lowest life satisfaction) to 10
(highest life satisfaction).

Indicators/proxies for social identities/positions

Cohort/generation was assigned from the cohort of prov-
enance. NS participants were in their early 30s at the time
of the interview, whereas MCS participants were in their
late teens/early 20s.

Information on birth sex as a binary variable (female or
male) was obtained from the parents in the earlier waves.

Information on race/ethnicity corresponded to the most
recent self-designated racial/ethnic group, complemented by
the parents’ report wherever the former was not available.
Responses were obtained following the ONS criteria [52]
and, due to the small number of participants in some of the
individual groups, grouped into White (including all White
groups), Mixed (including all Mixed groups), South Asian
(including Indian, Pakistani, and Bangladeshi groups), Black
(including Black African, Black Caribbean, and Black Brit-
ish groups), and Other (including all ethnicities not included
in the previous groups).

Self-reported information on sexual orientation was
obtained from participants. Due to the small number of cases
in some of the minority categories, we grouped participants
into heterosexual versus sexual minority (including bisexual,
gay/lesbian, and other) for analyses.

The residential Index of Multiple Deprivation (IMD) was
used as an indicator of the current household SEP. A binary
variable indicating whether the person lived in an area above
(less deprived) or below (more deprived) the within-coun-
try median IMD rank was derived (the methodology used
to generate IMDs varies across UK countries [53]). Self-
reported information on housing tenure, collected during the
COVID-19 Survey and grouped into Owners (including part
owners) and Not owners, was used as an alternative indicator
of the current household SEP. Finally, harmonised data on
parental social class at age 11/14 years were used as an indi-
cator of the household SEP during childhood [54], grouped
into Non-manual/advantaged (including Professional, Mana-
gerial and Technical, and Skilled non-manual groups) and
Manual/disadvantaged (including Skilled manual, Partly
skilled, and Unskilled). Residential IMD was prioritised as
SEP indicator due to the smaller number of missing data.

Intersectional strata were first generated not including
socioeconomic indicators, resulting in 2 (cohorts/genera-
tions) * 2 (birth sex) * 5 (ethnicity groups) * 2 (sexual
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orientation) =40 intersectional strata (stratification 40).
Strata including indicators of SEP were then generated
using either residential IMD rank (stratification 80a), current
housing tenure (stratification 80b), or harmonised childhood
social class (stratification 80c), resulting in up to 80 strata
reflecting the intersection with different aspects of the SEP.

Statistical analysis

We used MAIHDA models [17, 23] to obtain estimates of
the residual/intersectional effects (i.e., what is beyond what
would be expected based on the fixed/main/additive effects,
conceptually similar to interaction effects) and predicted
effects (including both the expected and residual/intersec-
tional effects) at the different intersectional strata in each
outcome. We first estimated intercepts-only (or “null” [17,
25]) models with no predictors to obtain estimates of the
degree of clustering or correlation within the strata (or, anal-
ogously, the proportion of the variance explained by differ-
ences across strata) (VPCipercepis-onty)- Then, main models
were estimated including the variables adopted to define
the intersectional strata as predictors. The fixed effects of
each of those predictors (cohort/generation, birth sex, racial/
ethnic group, sexual orientation, and the appropriate SEP
indicator depending on the stratification used) represent
the main/additive effects of the specific category across all
intersections (non-intersectional effects). The VPC from the
main models (VPC_,,;,) returns information on the degree
of clustering or correlation within intersectional strata (or,
analogously, the proportion of the variance explained by
differences across strata) after accounting for the fixed (or
main, or additive) effects of each of the variables used to
define these (the “sum of the parts”) [17]. The percentage
of between-strata variance accounted for by the inclusion
of those main/additive effects, or Proportional Change in
Variance (PCV), was obtained as

VPCmain ) % 100

pPCcV={1-
VPC

intercepts—only

Models were estimated using the four above-mentioned
stratifications (40, 80a, 80b, and 80c). Following the pro-
cedure and code laid out by Dr Claire Evans [21], models
were first estimated using Bayesian Markov Chain Monte
Carlo (MCMC) procedures [55] with diffuse priors, initiali-
sation values obtained from analogous models estimated
with quasi-likelihood methods, and 50,000 iterations with
a burn-in period of 5000 iterations and thinning every 50
iterations. Stratum-specific residual values (the intersec-
tional effects [25]) and predicted values (including both the
stratum-specific residuals and the fixed effects of each of
the social identities/positions defining the stratum) were
obtained from the main models, and 95% credible intervals
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(CI) were constructed using the 2.5 and 97.5 percentiles of
those values across the MCMC iterations.

Initial checks (Supplementary Appendix S1) suggested
that survey non-response was introducing bias. Based on
these results, Bayesian MCMC MAIHDA models may
be adequate to provide a socio-demographic mapping of
the mental health levels among the survey respondents.
Weighted analyses to account for the survey design and
non-response are not yet implemented in Bayesian MCMC
MAIHDA models. We estimated an identical set of models
with maximum-likelihood (ML) estimation using weights to
account for survey design and non-response, thus increasing
the generalisability of the results beyond the survey respond-
ents to each survey’s target population. One caveat is that
ML estimation does not provide confidence intervals for the
stratum-specific residuals (the intersectional effects).

Fixed-effects multiple regression models including the
interaction across all the variables adopted to define the
intersections were estimated for comparison purposes.
Details on the rationale for these additional analyses are
available in Supplementary Appendix S2.

MCMC MAIHDA models were estimated in MLwiN ver-
sion 3.01 [56], using the runmlwin function [57] in Stata/MP
17.0 [58]. ML MAIHDA models and multivariable regres-
sion models were estimated in Stata/MP 17.0.

Results

Most participants across both cohorts were female, White,
and heterosexual (Supplementary Table S1). Sample sizes
varied across models due to different missingness in the out-
comes and SEP indicators. When accounting for the SEP
indicators, some strata corresponding to intersections with
racial/ethnic and sexual minority groups had no observa-
tions (Supplementary Table S2). There was a large vari-
ability in the number of observations by stratum, ranging
from 1 to 1669, and the percentage of strata with 20 or more
observations ranged from 45.0% to 62.5% (Supplementary
Table S3).

As shown in Table 1, the degree of clustering into the
intersectional strata (or, analogously, the proportion of vari-
ance explained by differences across strata) before includ-
ing the fixed effects of the variables used to define them
(the VPCiyiercepts-ony) Was generally larger for anxiety and
depressive symptomatology than for loneliness and life
satisfaction. This suggests that the discriminatory accu-
racy of the variables defining the intersections was gen-
erally larger for anxiety and depressive symptomatology.
The discriminatory accuracy varied across outcomes when
using different SEP indicators, being largest for anxiety and
depressive symptomatology when using IMD rank, hous-
ing tenure for loneliness, and childhood social class for life
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Table 1 Number of cases and measures of clustering within strata and percentage of between-strata variance accounted for by the main effects of
the variables defining the strata of each outcome * intersectional strata combination

Markov Chain Monte Carlo estimation,

Maximum-likelihood estimation, weighted

unweighted
Outcome Stratification N obs  VPCiyereepis-onty VPC,uin PCV  VPCiyercepis-only VPC, .in PCV
GAD-2 (anxiety 40 7963  0.114 (0.067, 0.003 (<0.001, 97.2% 0.155 (0.084, 0.007 (0.001, 0.056) 95.4%
symptomatol- 0.187) 0.011) 0.268)
ogy) 80a 7896 0.108 (0.071, 0.003 (<0.001, 97.0% 0.155 (0.101, 0.031 (0.010, 0.092) 80.2%
0.163) 0.011) 0.229)
80b 7325 0.103 (0.066, 0.003 (0.001, 96.7% 0.146 (0.091, 0.016 (0.003, 0.072) 89.3%
0.151) 0.010) 0.227)
80c 7065 0.104 (0.065, 0.004 (<0.001, 96.5% 0.116 (0.075, 0.004 (<0.001, 96.5%
0.153) 0.013) 0.175) 0.033)
PHQ-2 (depressive 40 7962 0.092 (0.052, 0.004 (<0.001, 95.5% 0.128 (0.065, 0.018 (0.003, 0.104) 86.0%
symptomatol- 0.154) 0.014) 0.235)
ogy) 80a 7895  0.098 (0.062, 0.004 (<0.001, 95.5% 0.151 (0.093, 0.060 (0.021, 0.157) 60.5%
0.147) 0.015) 0.235)
80b 7322 0.093 (0.056, 0.005 (0.001, 94.5% 0.138 (0.085, 0.049 (0.021, 0.110) 64.7%
0.141) 0.013) 0.215)
80c 7061 0.090 (0.054, 0.006 (0.001, 93.7% 0.078 (0.048, 0.007 (0.001, 0.043) 91.4%
0.137) 0.018) 0.124)
UCLA-3 (feelings 40 7949  0.056 (0.031, 0.002 (<0.001, 95.9% 0.064 (0.033, 0.004 (<0.001, 93.9%
of loneliness) 0.099) 0.009) 0.119) 0.724)
80a 7882 0.060 (0.036, 0.004 (<0.001, 94.2% 0.073 (0.047, 0.016 (0.004, 0.066) 78.0%
0.095) 0.011) 0.113)
80b 7312 0.062 (0.039, 0.006 (0.002, 90.3% 0.108 (0.069, 0.054 (0.025, 0.113) 50.4%
0.096) 0.014) 0.165)
80c 7053 0.060 (0.034, 0.003 (<0.001, 94.2% 0.052 (0.029, 0.003 (<0.001, 94.1%
0.099) 0.011) 0.093) 0.060)
ONS life satisfac- 40 8005 0.049 (0.024, 0.001 (<0.001, 97.7% 0.075 (0.041, <0.001 >99.9%
tion question 0.085) 0.005) 0.133) (<0.001,<0.001)
80a 7938 0.053 (0.030, 0.002 (<0.001, 96.8% 0.093 (0.052, 0.024 (0.005, 0.113) 74.1%
0.087) 0.007) 0.162)
80b 7359 0.053 (0.029, 0.004 (0.001, 93.0% 0.119 (0.080, 0.048 (0.023, 0.099) 59.5%
0.084) 0.011) 0.172)
80c 7097  0.062 (0.035, 0.001 (<0.001, 98.1% 0.122 (0.064, 0.070 (0.022, 0.200) 42.9%
0.103) 0.006) 0.219)

GAD-2 2-item Generalised Anxiety Disorder questionnaire, N obs number of observations, ONS Office for National Statistics, PCV proportional
change in variance (expressed as a percentage), PHQ-2 2-item depression Patient Health Questionnaire, UCLA-3 3-item University of California
Los Angeles loneliness scale, VPC variance partition coefficient. Stratification 40 are defined by cohort * birth sex * racial/ethnic group * sexual
orientation; stratification 80a include stratification 40 * within-country index of multiple deprivation rank of the residential area; stratification
80b include stratification 40 * housing tenure; stratification 80c include stratification 40 * parental social class during childhood (age 11/14)

satisfaction. PCVs under MCMC (unweighted) were large in
all cases (>90.0%), indicating that the main/additive effects
accounted for most of the variability between clusters. PCVs
were generally smaller under ML (weighted) due to larger
proportions of residual variance between strata (VPC
suggesting larger intersectional effects.

Results from the MCMC (unweighted) models using
40 intersectional strata evidenced large inequalities across
strata in the predicted values of all outcomes (Supplemen-
tary Figure S1). Although most differences were accounted
for by the main/additive effects of the variables defining the
strata, and all intersectional effects overlapped with zero (no

main) ’

effect), some strata had higher- or lower-than-expected levels
(Supplementary Figure S2). Results from the ML (weighted)
models (Supplementary Figures S3-S4) were similar, with
most of the differences across strata being accounted for by
the main effects as indicated by the high PCVs (Table 1).
Figure 1 and Fig. 2 provide a ‘socio-demographic map-
ping’ of the predicted levels in the different mental health
outcomes using residential IMD rank as SEP indicator
according to the MCMC (unweighted) estimation, evidenc-
ing large inequalities across intersectional strata. Fixed
(main/additive) and random effects from these MCMC
models are included in Supplementary Table S4. Most of
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Fig. 1 Ancxiety and depressive
symptomatology predicted
values of each intersectional
stratum using residential Index
of Multiple Deprivation (IMD)
rank as the indicator of socioec-
onomic position. Markov Chain
Monte Carlo (MCMC) estima-
tion, unweighted results. M
male, F female. White includes
all White groups; South Asian
includes Bangladeshi, Indian,
and Pakistani groups; Black
includes Black African, Black
Caribbean, and Black British
groups; Other includes all other
ethnic group not included in the
other categories

Fig.2 Loneliness and life satis-
faction predicted values of each
intersectional stratum using
residential Index of Multiple
Deprivation (IMD) rank as the
indicator of socioeconomic
position. Markov Chain Monte
Carlo MCMC) estimation,
unweighted results. M male,

F female. White includes all
White groups; South Asian
includes Bangladeshi, Indian,
and Pakistani groups; Black
includes Black African, Black
Caribbean, and Black British
groups; Other includes all other
ethnic group not included in the
other categories
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the privileged categories (male, heterosexual, socioeconomi-
cally advantaged) showed better outcome levels, with large
and consistent gaps across sexes, sexual orientations, and
cohorts/generations (participants in their 30s showed better
results than those a decade younger across all outcomes).
Inequalities by IMD rank were comparatively smaller. Black
participants generally showed the lowest levels of anxiety
and depressive symptomatology and loneliness. This was
not the case for life satisfaction, where Black and White
participants showed fairly similar results across intersections
with other variables, and the lowest levels were observed
among those in the “Other” ethnicity group, which were also
among the intersections showing the worst mental health
outcomes. Using different SEP indicators (Supplementary
Figures S5-S6) led to very similar results, although gaps
by SEP were typically larger when using housing tenure as
indicator. The divide by sexual orientation was consistent
across all outcomes, accounting for some of the largest gaps
in all outcomes.

The ‘socio-demographic mapping’ of the predicted values
at each intersection was more heterogeneous when account-
ing for survey design and non-response (Supplementary
Figures S7-S8). The fixed/main/additive effects from these
models (Supplementary Table S5) were, however, largely
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stratum residuals
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similar to those from the unweighted models, and sexual ori-
entation was again associated with most of the largest gaps
across all stratifications and outcomes. Most differences in
fixed effects between weighted and unweighted approaches
were found by racial/ethnic group. Being in the “Other” eth-
nicity group was associated with worse levels in anxiety,
whereas those in the Mixed ethnicity group showed worse
loneliness and life satisfaction outcomes.

Figure 3 and Fig. 4 show the residual values (intersec-
tional effects) of each intersectional stratum using residential
IMD as SEP indicator according to the MCMC (unweighted)
estimation (similar plots using the alternative SEP indica-
tors are available in Supplementary Figures S9-S12). All
intersectional effects’ Cls overlapped with or were very
close to zero (no effect). The only significant intersectional
effect corresponded to the loneliness levels of the stratum
including White heterosexual males in their 30s owning/
part owning a house, which were M, ;;,.,,=— 0.19 (95%
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(e.g., South Asian heterosexual males in their 30s living
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Fig.4 Loneliness and life satisfaction residual values (intersec-
tional effects) and 95% credible intervals of each intersectional stra-
tum using residential Index of Multiple Deprivation (IMD) rank as
the indicator of socioeconomic position. Markov Chain Monte Carlo
(MCMC) estimation, unweighted results. Strata defined by gen-

Asian heterosexual males in their teens/20s living in more
deprived areas) outcomes.

Larger residual values (intersectional effects) at some
intersections were found in the weighted analyses (ML esti-
mation, Supplementary Figures S13-18). Most of the largest
intersectional effects corresponded to strata at the intersec-
tion of privileged and marginalised social identities/posi-
tions. For instance, the largest worse-than-expected levels
were found for anxiety among South Asian heterosexual men
in their thirties living in less deprived areas (M,,;;,,;=0.52);
for depression among heterosexual men in their 30s from
the “Other” ethnicity group living in more deprived areas
M, ,5;aua=1.10) (Supplementary Figure S13); for loneliness
among South Asian heterosexual women in their teens/20s
owning a house (M,,;z,.;=1.05) (Supplementary Figure
S16); and for life satisfaction among South Asian men in
their thirties from a sexual minority and a disadvantaged
social class at childhood (M, ;;,.,=— 1.52) (Supplementary
Figure S18).
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eration/cohort (first digit: 1 Next Steps/1990, 2 Millennium Cohort
Study/2000-2002), birth sex (second digit: 0 Male, 1 Female), ethnic-
ity (third digit: 1 White, 2 Mixed, 3 South Asian, 4 Black, 5 Other),
sexual orientation (fourth digit: 0 Heterosexual, 1 Sexual minority),
residential IMD rank (fifth digit: 0 More deprived, 1 Less deprived)

Comparison with fixed-effects multiple regression
approach

Results from the fixed-effects multiple regression approach
are included in Supplementary Tables S6-S9. Several inter-
action terms were statistically significant. In line with the
differences across the MCMC unweighted and ML weighted
MAIHDA models, the unweighted and weighted regression
models’ results varied in some cases, with some interaction
terms becoming statistically significant after accounting for
the survey and non-response weights, often involving sexual
and ethnic minorities. Many of the significant interaction
terms found under both approaches were based on very few
(down to two) observations and using a specific intersection
(White heterosexual males in their 30s in a disadvantaged
SEP) as reference.

Discussion

We aimed to provide a “socio-demographic mapping” [14]
of the mental health inequalities within the UK population
during the COVID-19 pandemic from an intersectional
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perspective, using MAIHDA models. We documented levels
of anxiety, depression, loneliness, and life satisfaction across
multiple intersecting social identities/positions tied to social
power and explored whether there were intersectional effects
observable above and beyond the effects associated with any
identity/position in isolation. In our first approach, similar to
previous MAIHDA applications [21, 25, 59, 60], we found
that, among the study participants, most of the differences
across intersectional strata were accounted for by the addi-
tive effects of the social identities/positions used to define
those intersections. Our second approach aimed to account
for the biasing effect of differential non-response to make the
results generalisable beyond the study participants. Using
this approach, we found even larger inequalities across strata
and different-than-expected outcome levels in some inter-
sectional strata, defined in most cases by combinations of
privileged and marginalised social identities/positions. Both
approaches evidenced the existence of large inequalities in
all outcomes. Some of the largest inequalities were observed
by sexual orientation, followed by birth sex and cohort/gen-
eration, with sexual minorities, females, and younger people
(in their teens/20s) showing worse levels. These findings
exemplify the multifaceted way in which mental (ill) health
inequalities are socially patterned [5].

From a methodological standpoint, our study showcases
some of the desirable features of MAIHDA models to the
quantitative analysis of inequalities from an intersectional
perspective. All intersections (multiply advantaged and dis-
advantaged, as well as all combinations in between) were
included and voiced in the “socio-demographic mapping”
[14], which prevented reinforcing the idea of reference cat-
egories as the “standard” [16, 17]. Combinations of privi-
leged and marginalised identities were among those with
the largest positive and negative intersectional effects in the
two MAIHDA modelling strategies used, highlighting how
inequalities are not limited to groups with multiply advan-
taged or disadvantaged positions, and that they may also
be contextually contingent [8, 9]. Importantly, the lack of
evidence of significant or large intersectional effects, regard-
less of the quantitative approach used, does not rule out the
existence of different intersectional lived experiences [25],
as they may not necessarily reflect upon differences in the
outcomes under study. Using MAIHDA models also helped
us to further embrace intersectional complexity by acknowl-
edging the existence of heterogeneity not only between but
also within intersections [11]. Discriminatory accuracy lev-
els were similar or larger than those found in most applica-
tions of MAIHDA (where VPCicrcepis-onty OF ICC tend to
be <0.05 [22]), and generally larger for anxiety and depres-
sive symptomatology than for loneliness and life satisfac-
tion. These varied across stratifications using different SEP
indicators, suggesting that the experiences attached to these

SEP indicators may have different impacts across different
outcomes.

From a substantive standpoint, our study covers a gap
in the knowledge about population mental health inequali-
ties during the pandemic from an intersectional perspective
[29], and particularly among young adults who, according
to previous evidence [35, 37, 38, 41, 42], have been most
adversely affected by the pandemic. Women, young adults,
and those in more disadvantaged socioeconomic positions
had worse mental health at the time of data collection (Feb-
ruary/March 2021, during the third UK nationwide lock-
down). These results exemplify the structural, up-stream,
fundamental causes (e.g., sexism, classism, heteronormativ-
ity) of inequality, leading to differential exposures to experi-
ences such as discrimination and stigma [2, 5]. The mental
health inequalities by sexual orientation observed in our
study are a grim example of this, extending recent evidence
from earlier data collection time points in MCS [61-63] and
showing that these inequalities are large and, in most cases,
cut across different mental health outcomes, cohorts/genera-
tions, sexes, racial/ethnic groups, and socioeconomic levels.
Inequalities by sexual orientation may be explained by the
differential exposure to experiences such as reduced peer
support availability and increased exposure to discrimina-
tion or familial rejection (e.g., increased time spent in family
contexts that may have been unsupportive), as well as poorer
pre-pandemic health and mental health [64—67]. Although
disproportionate COVID-19 infection and mortality rates in
minoritised racial/ethnic groups have been documented [68],
we did not find consistent evidence of mental health inequal-
ities by racial/ethnic groups. The weighted results suggested
that some racial/ethnic groups (particularly the Mixed and
“Other” ethnicity groups) had worse levels in multiple out-
comes. This goes in line with previous research suggesting
larger distress levels during the pandemic in the UK gen-
eral adult population using similar groups [42], and adds to
the mixed evidence on loneliness, where coarser ethnicity/
racial groups (White vs non-White) have been used [30, 69].
Estimates of the additive/main effects associated with dif-
ferent racial/ethnic groups were the most variable across the
two MAIHDA modelling approaches used (unweighted vs
weighted), suggesting a larger bias of non-response in these
estimates.

Limitations and future directions

This is, to our knowledge, the first study to document popu-
lation inequalities in different mental health outcomes dur-
ing the pandemic using MAIHDA models, with the already
mentioned advantages of doing so relative to other more
traditional approaches. These results must be interpreted
considering several limitations. Despite the diversity in the
cohorts, the number of participants from racially/ethnically
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minoritised and sexual minority groups was small. This had
multiple implications for our study. We had to group some
of the least frequent categories (e.g., sexual minorities and
ethnic groups), lumping together people with different expe-
riences, perspectives, histories, cultures, and complexity in
relation to experiences of marginalisation and oppression,
thus obscuring (and increasing) the sources of heterogeneity
within intersections. Even after grouping those categories,
some of the intersections had none or very few observations,
which prevented us from mapping the missing intersections
and likely limited our ability to detect intersectional effects
at some of these intersections which may be at risk. The
small sample size at some intersections may also explain
some of the differences across the MAIHDA models and the
multiple regression fixed-effects models: MAIHDA models
introduce a correction (shrinkage) to adjust the estimates of
intersections by their precision (based on their size) [22].
This has been documented to result in smaller number of
statistically significant intersectional effects compared to
fixed-effects approaches [21, 25], which do not include this
correction thus potentially resulting in significant interaction
effects based on very few observations. Surveys designed to
ensure sufficient sizes at all intersections to be studied are
needed to overcome these limitations [12, 18].

Second, the small number of indicators in our outcome
measures contributed towards measurement error, thus arti-
ficially increasing their heterogeneity. This also prevented us
from exploring the equivalence of the measures across the
intersections under study. Future research using longer ver-
sions of these and other instruments may result in more reli-
able/accurate outcome measurements, while also enabling
testing measurement equivalence using suitable methods
[70].

Third, due to differential non-response across groups
[47], the results from the MCMC analyses, which permit
assessing the statistical significance of the intersectional
effects, may only be generalisable to the study participants.
Since weighted analyses have not yet been implemented for
MCMC MAIHDA models, we tried to overcome this limita-
tion by re-estimating the MAIHDA models with ML using
survey and non-response weights, at the cost of not obtain-
ing confidence intervals for the intersectional effects. Both
approaches resulted in remarkably similar main/additive
effects, but both discriminatory accuracy and intersectional
effects were generally larger in the weighted results. Aside
the obvious need for implementation of weighted analysis
in standard MAIHDA models, boostrapping conditioned on
clusters defined by intersections may be a potential solution
to obtain confidence intervals for the intersectional effects
when using weighted ML, but methodological work beyond
the scope of this paper, including formal simulations, is
needed to test this approach.
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Fourth, the “socio-demographic mapping” provided is
only applicable to the social identities/positions under study:
we were, for instance, unable to examine mental health of
transgender and gender diverse groups despite evidence sug-
gesting they were also disproportionately adversely affected
by the pandemic [71, 72].

Finally, the cross-sectional design provides a snapshot of
the inequalities at one time-point, coinciding with a lock-
down period. This may not be generalisable to other pan-
demic periods, as longitudinal UK-based evidence shows
that levels of different mental health measures changed
over the pandemic course [30, 31, 35-43]. Future studies
may cover this gap by extending the MATHDA modelling
approach to longitudinal designs.

Conclusions

We have illustrated how quantitative methods can be used
to study population intersectional mental health inequali-
ties. Our study evidences large mental health inequalities
across (and within) intersectional strata in the population.
Large proportions of these inequalities can be accounted
for by the main/additive effects of the variables used to
define those intersections (cohort/generation, birth sex,
racial/ethnic group, sexual orientation, and SEP), with
particularly large inequalities by sexual orientation across
all studied outcomes. Our analyses also suggest that some
of those inequalities were not strictly equivalent across
all intersections and support the notion (and the impor-
tance of acknowledging) that inequalities are not limited to
groups with multiply advantaged or disadvantaged identi-
ties/positions. The large gaps found by sexual orientation
support and extend existing evidence that sexual minor-
ity groups were disproportionately affected by the pan-
demic. Interventions to provide support, along with further
research aimed at understanding intersectional experiences
of discrimination across different racial/ethnic groups and
socioeconomic levels, are crucial.

Supplementary Information The online version contains supplemen-
tary material available at https://doi.org/10.1007/s00127-023-02424-0.

Acknowledgements We would like to thank all individuals who par-
ticipated in the two cohort studies for so generously giving up their
time over so many years, and all the study team members for their
tremendous efforts in collecting and managing the data. We would also
like to thank Dr Clare R. Evans for her input, for providing very helpful
code to run the analyses used in this study, and for her inspiring work;
and Dr Annie Irvine, Dr Rochelle A. Burgess, Dr Dorte Bemme, Dr
Dominique Behague, and the anonymous reviewers for their feedback
and recommendations to improve the manuscript.

Author contributions D.M. conceived the study and carried out the
analyses. D.M. and C.W. prepared the first draft. G.B.P. and J.D.


https://doi.org/10.1007/s00127-023-02424-0

Social Psychiatry and Psychiatric Epidemiology

supervised the project and provided critical feedback. All authors
reviewed and contributed to the final manuscript.

Funding This paper represents independent research part supported
by the ESRC Centre for Society and Mental Health at King’s College
London [ES/S012567/1]. DM, CW, GBP, and JD are part supported
by the ESRC Centre for Society and Mental Health at King's College
London [ES/S012567/1]. JD is also supported by the National Institute
for Health Research (NIHR) Biomedical Research Centre at South Lon-
don and Maudsley NHS Foundation Trust and King’s College London
and the NIHR Applied Research Collaboration South London (NIHR
ARC South London) at King's College Hospital NHS Foundation Trust.
The views expressed are those of the authors and not necessarily those
of the ESRC, NIHR, the Department of Health and Social Care, or
King’s College London. Next Steps and the Millennium Cohort Study
are supported by the Centre for Longitudinal Studies, Resource Centre
2015-20 grant [ES/M001660/1] and a host of other co-funders. The
COVID-19 data collections were funded by the UKRI grant Under-
standing the economic, social and health impacts of COVID-19 using
lifetime data: evidence from 5 nationally representative UK cohorts
[ES/V012789/1].

Data availability Deidentified data and documentation on Next Steps
[SN 2000030] and MillenniumCohort Study [SN 2000031] are avail-
able from the UK Data Service: https://ukdataservice.ac.uk/.

Declarations
Conflict of interest None to declare.

Open Access This article is licensed under a Creative Commons Attri-
bution 4.0 International License, which permits use, sharing, adapta-
tion, distribution and reproduction in any medium or format, as long
as you give appropriate credit to the original author(s) and the source,
provide a link to the Creative Commons licence, and indicate if changes
were made. The images or other third party material in this article are
included in the article's Creative Commons licence, unless indicated
otherwise in a credit line to the material. If material is not included in
the article's Creative Commons licence and your intended use is not
permitted by statutory regulation or exceeds the permitted use, you will
need to obtain permission directly from the copyright holder. To view a
copy of this licence, visit http://creativecommons.org/licenses/by/4.0/.

References

1. Evans CR (2019) Modeling the intersectionality of processes in
the social production of health inequalities. Soc Sci Med 226:249—
253. https://doi.org/10.1016/j.socscimed.2019.01.017

2. Hatzenbuehler ML, Phelan JC, Link BG (2013) Stigma as a fun-
damental cause of population health inequalities. Am J Public
Health 103(5):813-821. https://doi.org/10.2105/AJPH.2012.
301069

3. May VM (2015) Pursuing intersectionality unsettling dominant
imaginaries. Contemporary sociological perspectives. Routledge,
Taylor & Francis Group, New York

4. Link BG, Garcia SJ (2021) Diversions: how the underrepresen-
tation of research on advantaged groups leaves explanations for
health inequalities incomplete. J Health Soc Behav 62(3):334—
349. https://doi.org/10.1177/00221465211028152

5. Link BG, Phelan J (1995) Social conditions as fundamental causes
of disease. J Health Soc Behav Spec No:80-94

10.

11.

12.

13.

14.

16.

17.

18.

19.

20.

21.

22.

23.

Tuck E (2009) Suspending damage: a letter to communities. Harv
Educ Rev 79(3):409-428. https://doi.org/10.17763/haer.79.3.
n0016675661t3n15

Butler J (2016) Rethinking vulnerability and resistance. In: Butler
J, Gambetti Z, Sabsay L (eds) Vulnerability in resistance. Duke
University Press, Durham, pp 12-27

McLeod JD (2015) Why and how inequality matters. J Health
Soc Behav 56(2):149-165. https://doi.org/10.1177/0022146515
581619

Rhead RD, Woodhead C, Ahmad G, Das-Munshi J, McManus
S, Hatch SL (2022) A comparison of single and intersectional
social identities associated with discrimination and mental health
service use: data from the 2014 adult psychiatric morbidity survey
in England. Soc Psychiatr Psychiatr Epidemiol. https://doi.org/10.
1007/s00127-022-02259-1

McLeod JD, Lively KJ (2007) Social psychology and stress
research. In: Avison WR, McLeod JD, Pescosolido BA (eds) Men-
tal health, social mirror. Springer, Boston, pp 275-303. https://doi.
org/10.1007/978-0-387-36320-2_12

Hancock A-M (2013) Empirical intersectionality: a tale of two
approaches. UC Irvine Law Review 3:259-296

Bowleg L (2008) When Black + Lesbian + Woman # Black Les-
bian Woman: the methodological challenges of qualitative and
quantitative intersectionality research. Sex Roles 59(5):312-325.
https://doi.org/10.1007/s11199-008-9400-z

Bauer GR, Scheim AI (2019) Methods for analytic intercategori-
cal intersectionality in quantitative research: discrimination as a
mediator of health inequalities. Soc Sci Med 226:236-245. https://
doi.org/10.1016/j.socscimed.2018.12.015

Bauer GR (2014) Incorporating intersectionality theory into popu-
lation health research methodology: challenges and the potential
to advance health equity. Soc Sci Med 110:10-17. https://doi.org/
10.1016/j.socscimed.2014.03.022

. McCall L (2005) The complexity of intersectionality. Signs

30(3):1771-1800

Choo HY, Ferree MM (2010) Practicing intersectionality in socio-
logical research: a critical analysis of inclusions, interactions, and
institutions in the study of inequalities. Sociol Theory 28(2):129—
149. https://doi.org/10.1111/j.1467-9558.2010.01370.x

Evans CR, Williams DR, Onnela JP, Subramanian SV (2018) A
multilevel approach to modeling health inequalities at the intersec-
tion of multiple social identities. Soc Sci Med 203:64—73. https://
doi.org/10.1016/j.socscimed.2017.11.011

Bowleg L, Bauer G (2016) Invited reflection: quantifying inter-
sectionality. Psychol Women Q 40(3):337-341. https://doi.org/10.
1177/0361684316654282

Bauer GR, Churchill SM, Mahendran M, Walwyn C, Lizotte D,
Villa-Rueda AA (2021) Intersectionality in quantitative research:
a systematic review of its emergence and applications of theory
and methods. SSM Popul Health 14:100798. https://doi.org/10.
1016/j.ssmph.2021.100798

Bauer GR, Scheim AI (2019) Advancing quantitative intersec-
tionality research methods: Intracategorical and intercategorical
approaches to shared and differential constructs. Soc Sci Med
226:260-262. https://doi.org/10.1016/j.socscimed.2019.03.018
Evans CR (2019) Adding interactions to models of intersectional
health inequalities: comparing multilevel and conventional meth-
ods. Soc Sci Med 221:95-105. https://doi.org/10.1016/j.socsc
imed.2018.11.036

Evans CR, Leckie G, Merlo J (2020) Multilevel versus single-
level regression for the analysis of multilevel information: the case
of quantitative intersectional analysis. Soc Sci Med 245:112499.
https://doi.org/10.1016/j.socscimed.2019.112499

Merlo J (2018) Multilevel analysis of individual heterogeneity
and discriminatory accuracy (MAIHDA) within an intersectional

@ Springer


https://ukdataservice.ac.uk/
http://creativecommons.org/licenses/by/4.0/
https://doi.org/10.1016/j.socscimed.2019.01.017
https://doi.org/10.2105/AJPH.2012.301069
https://doi.org/10.2105/AJPH.2012.301069
https://doi.org/10.1177/00221465211028152
https://doi.org/10.17763/haer.79.3.n0016675661t3n15
https://doi.org/10.17763/haer.79.3.n0016675661t3n15
https://doi.org/10.1177/0022146515581619
https://doi.org/10.1177/0022146515581619
https://doi.org/10.1007/s00127-022-02259-1
https://doi.org/10.1007/s00127-022-02259-1
https://doi.org/10.1007/978-0-387-36320-2_12
https://doi.org/10.1007/978-0-387-36320-2_12
https://doi.org/10.1007/s11199-008-9400-z
https://doi.org/10.1016/j.socscimed.2018.12.015
https://doi.org/10.1016/j.socscimed.2018.12.015
https://doi.org/10.1016/j.socscimed.2014.03.022
https://doi.org/10.1016/j.socscimed.2014.03.022
https://doi.org/10.1111/j.1467-9558.2010.01370.x
https://doi.org/10.1016/j.socscimed.2017.11.011
https://doi.org/10.1016/j.socscimed.2017.11.011
https://doi.org/10.1177/0361684316654282
https://doi.org/10.1177/0361684316654282
https://doi.org/10.1016/j.ssmph.2021.100798
https://doi.org/10.1016/j.ssmph.2021.100798
https://doi.org/10.1016/j.socscimed.2019.03.018
https://doi.org/10.1016/j.socscimed.2018.11.036
https://doi.org/10.1016/j.socscimed.2018.11.036
https://doi.org/10.1016/j.socscimed.2019.112499

Social Psychiatry and Psychiatric Epidemiology

24.

25.

26.

27.

28.

29.

30.

31.

32.

33.

34.

35.

36.

37.

framework. Soc Sci Med 203:74-80. https://doi.org/10.1016/].
socscimed.2017.12.026

Bauer GR, Mahendran M, Walwyn C, Shokoohi M (2022) Latent
variable and clustering methods in intersectionality research:
systematic review of methods applications. Soc Psychiatr Psy-
chiatr Epidemiol 57(2):221-237. https://doi.org/10.1007/
s00127-021-02195-6

Evans CR, Erickson N (2019) Intersectionality and depression
in adolescence and early adulthood: a MAIHDA analysis of the
national longitudinal study of adolescent to adult health, 1995—
2008. Soc Sci Med 220:1-11. https://doi.org/10.1016/j.socscimed.
2018.10.019

Glymour MM, Rudolph KE (2016) Causal inference challenges in
social epidemiology: Bias, specificity, and imagination. Soc Sci
Med 166:258-265. https://doi.org/10.1016/j.socscimed.2016.07.
045

Marmot M, Allen J, Goldblatt P, Herd E, Morrison J (2020) Build
back fairer: the COVID-19 Marmot review the pandemic, socio-
economic and health inequalities in England. Institute of Health
Equity, London

Bambra C, Riordan R, Ford J, Matthews F (2020) The COVID-19
pandemic and health inequalities. J Epidemiol Commun Health
74(11):964-968. https://doi.org/10.1136/jech-2020-214401
Gibson B, Schneider J, Talamonti D, Forshaw M (2021) The
Impact of inequality on mental health outcomes during the
COVID-19 pandemic: a systematic review. Can Psychol-Psychol-
ogie Canadienne 62(1):101-126. https://doi.org/10.1037/cap00
00272

Bu F, Steptoe A, Fancourt D (2020) Who is lonely in lockdown?
cross-cohort analyses of predictors of loneliness before and during
the COVID-19 pandemic. Public Health 186:31-34. https://doi.
org/10.1016/j.puhe.2020.06.036

Creese B, Khan Z, Henley W, O’Dwyer S, Corbett A, Vasconcelos
Da Silva M, Mills K, Wright N, Testad I, Aarsland D, Ballard C
(2021) Loneliness, physical activity, and mental health during
COVID-19: a longitudinal analysis of depression and anxiety in
adults over the age of 50 between 2015 and 2020. Int Psychogeri-
atr 33(5):505-514. https://doi.org/10.1017/S1041610220004135
Creswell C, Shum A, Pearcey S, Skripkauskaite S, Patalay P,
Waite P (2021) Young people’s mental health during the COVID-
19 pandemic. Lancet Child Adolesc Health 5(8):535-537. https://
doi.org/10.1016/S2352-4642(21)00177-2

Ellwardt L, Prag P (2021) Heterogeneous mental health develop-
ment during the COVID-19 pandemic in the United Kingdom. Sci
Rep 11(1):15958. https://doi.org/10.1038/s41598-021-95490-w
Fancourt D, Steptoe A, Bu F (2021) Trajectories of anxiety and
depressive symptoms during enforced isolation due to COVID-19
in England: a longitudinal observational study. Lancet Psychiatr
8(2):141-149. https://doi.org/10.1016/S2215-0366(20)30482-X
Kwong ASF, Pearson RM, Adams MJ, Northstone K, Tilling
K, Smith D, Fawns-Ritchie C, Bould H, Warne N, Zammit S,
Gunnell DJ, Moran PA, Micali N, Reichenberg A, Hickman M,
Rai D, Haworth S, Campbell A, Altschul D, Flaig R, McIntosh
AM, Lawlor DA, Porteous D, Timpson NJ (2021) Mental health
before and during the COVID-19 pandemic in two longitudinal
UK population cohorts. Br J Psychiatr 218(6):334-343. https://
doi.org/10.1192/bjp.2020.242

Moreno-Agostino D, Fisher HL, Goodman A, Hatch SL, Morgan
C, Richards M, Das-Munshi J, Ploubidis GB. Long-term psy-
chological distress trajectories and the COVID-19 pandemic in
three British birth cohorts: a multi-cohort study. PLOS Medicine.
https://doi.org/10.1371/journal.pmed. 1004145 (in press)
Moreno-Agostino D, Fisher HL, Hatch SL, Morgan C, Ploubidis
GB, Das-Munshi J (2022) Generational, sex, and socioeconomic
inequalities in mental and social wellbeing during the COVID-19
pandemic: prospective longitudinal observational study of five UK

@ Springer

38.

39.

40.

41.

42.

43.

44,

45.

46.

47.

48.

49.

50.

cohorts. Psychological Medicine. https://doi.org/10.1017/S0033
291722003348

Niedzwiedz CL, Green MJ, Benzeval M, Campbell D, Craig
P, Demou E, Leyland A, Pearce A, Thomson R, Whitley E,
Katikireddi SV (2021) Mental health and health behaviours
before and during the initial phase of the COVID-19 lockdown:
longitudinal analyses of the UK household longitudinal study.
J Epidemiol Commun Health 75(3):224-231. https://doi.org/10.
1136/jech-2020-215060

O’Connor RC, Wetherall K, Cleare S, McClelland H, Melson AJ,
Niedzwiedz CL, O’Carroll RE, O’Connor DB, Platt S, Scowcroft
E, Watson B, Zortea T, Ferguson E, Robb KA (2021) Mental
health and well-being during the COVID-19 pandemic: longitu-
dinal analyses of adults in the UK COVID-19 mental health &
wellbeing study. Br J Psychiatr 218(6):326-333. https://doi.org/
10.1192/bjp.2020.212

Patel K, Robertson E, Kwong ASF, Griffith GJ, Willan K, Green
MlJ, Di Gessa G, Huggins CF, McElroy E, Thompson EJ, Mad-
dock J, Niedzwiedz CL, Henderson M, Richards M, Steptoe A,
Ploubidis GB, Moltrecht B, Booth C, Fitzsimons E, Silverwood
R, Patalay P, Porteous D, Katikireddi SV (2022) Psychologi-
cal distress before and during the COVID-19 pandemic among
adults in the United Kingdom based on coordinated analyses
of 11 longitudinal studies. JAMA Netw Open 5(4):6227629.
https://doi.org/10.1001/jamanetworkopen.2022.7629

Pierce M, Hope H, Ford T, Hatch S, Hotopf M, John A, Konto-
pantelis E, Webb R, Wessely S, McManus S, Abel KM (2020)
Mental health before and during the COVID-19 pandemic: a
longitudinal probability sample survey of the UK population.
Lancet Psychiatr 7(10):883—-892. https://doi.org/10.1016/S2215-
0366(20)30308-4

Pierce M, McManus S, Hope H, Hotopf M, Ford T, Hatch SL,
John A, Kontopantelis E, Webb RT, Wessely S, Abel KM (2021)
Mental health responses to the COVID-19 pandemic: a latent class
trajectory analysis using longitudinal UK data. Lancet Psychiatr
8(7):610-619. https://doi.org/10.1016/S2215-0366(21)00151-6
Zaninotto P, Iob E, Demakakos P, Steptoe A (2021) Immediate
and longer-term changes in the mental health and well-being of
older adults in England during the COVID-19 pandemic. JAMA
Psychiat. https://doi.org/10.1001/jamapsychiatry.2021.3749
Calderwood L, Sanchez C (2016) Next steps (formerly known as
the longitudinal study of young people in England). Open Health
Data. https://doi.org/10.5334/0hd.16

Connelly R, Platt L (2014) Cohort profile: UK millennium cohort
study (MCS). Int J Epidemiol 43(6):1719-1725. https://doi.org/
10.1093/ije/dyu001

Institute for Government (2021) Timeline of UK government cor-
onavirus lockdowns. https://www.instituteforgovernment.org.uk/
charts/uk-government-coronavirus-lockdowns. Accessed 4 Nov
2021

Brown M, Goodman A, Peters A, Ploubidis GB, Sanchez A, Sil-
verwood R, Smith K (2021) COVID-19 survey in five national
longitudinal studies: Waves 1, 2 and 3 User Guide (Version 3).
UCL Centre for Longitudinal Studies and MRC Unit for Lifelong
Health and Ageing, London

Kroenke K, Spitzer RL, Williams JB, Monahan PO, Lowe B
(2007) Anxiety disorders in primary care: prevalence, impairment,
comorbidity, and detection. Ann Intern Med 146(5):317-325.
https://doi.org/10.7326/0003-4819-146-5-200703060-00004
Kroenke K, Spitzer RL, Williams JB (2003) The patient health
questionnaire-2: validity of a two-item depression screener. Med
Care 41(11):1284-1292. https://doi.org/10.1097/01.MLR.00000
93487.78664.3C

Hughes ME, Waite LJ, Hawkley LC, Cacioppo JT (2004) A short
scale for measuring loneliness in large surveys: results from two


https://doi.org/10.1016/j.socscimed.2017.12.026
https://doi.org/10.1016/j.socscimed.2017.12.026
https://doi.org/10.1007/s00127-021-02195-6
https://doi.org/10.1007/s00127-021-02195-6
https://doi.org/10.1016/j.socscimed.2018.10.019
https://doi.org/10.1016/j.socscimed.2018.10.019
https://doi.org/10.1016/j.socscimed.2016.07.045
https://doi.org/10.1016/j.socscimed.2016.07.045
https://doi.org/10.1136/jech-2020-214401
https://doi.org/10.1037/cap0000272
https://doi.org/10.1037/cap0000272
https://doi.org/10.1016/j.puhe.2020.06.036
https://doi.org/10.1016/j.puhe.2020.06.036
https://doi.org/10.1017/S1041610220004135
https://doi.org/10.1016/S2352-4642(21)00177-2
https://doi.org/10.1016/S2352-4642(21)00177-2
https://doi.org/10.1038/s41598-021-95490-w
https://doi.org/10.1016/S2215-0366(20)30482-X
https://doi.org/10.1192/bjp.2020.242
https://doi.org/10.1192/bjp.2020.242
https://doi.org/10.1371/journal.pmed.1004145
https://doi.org/10.1017/S0033291722003348
https://doi.org/10.1017/S0033291722003348
https://doi.org/10.1136/jech-2020-215060
https://doi.org/10.1136/jech-2020-215060
https://doi.org/10.1192/bjp.2020.212
https://doi.org/10.1192/bjp.2020.212
https://doi.org/10.1001/jamanetworkopen.2022.7629
https://doi.org/10.1016/S2215-0366(20)30308-4
https://doi.org/10.1016/S2215-0366(20)30308-4
https://doi.org/10.1016/S2215-0366(21)00151-6
https://doi.org/10.1001/jamapsychiatry.2021.3749
https://doi.org/10.5334/ohd.16
https://doi.org/10.1093/ije/dyu001
https://doi.org/10.1093/ije/dyu001
https://www.instituteforgovernment.org.uk/charts/uk-government-coronavirus-lockdowns
https://www.instituteforgovernment.org.uk/charts/uk-government-coronavirus-lockdowns
https://doi.org/10.7326/0003-4819-146-5-200703060-00004
https://doi.org/10.1097/01.MLR.0000093487.78664.3C
https://doi.org/10.1097/01.MLR.0000093487.78664.3C

Social Psychiatry and Psychiatric Epidemiology

51.

52.

53.

54.

55.

56.

57.

58.

59.

60.

61.

62.

population-based studies. Res Aging 26(6):655-672. https://doi.
org/10.1177/0164027504268574

Office for National Statistics (2018) Personal well-being user
guidance. https://www.ons.gov.uk/peoplepopulationandcommun
ity/wellbeing/methodologies/personalwellbeingsurveyuserguide.
Accessed 28 Sep 2021

Office for National Statistics (2022) Ethnic group, national iden-
tity and religion. https://www.ons.gov.uk/methodology/classifica
tionsandstandards/measuringequality/ethnicgroupnationalidenti
tyandreligion. Accessed 02 Feb 2022

Noble S, McLennan D, Noble M, Plunkett E, Gutacker N, Silk
M, Wright G (2019) The English indices of deprivation 2019.
Research report. Ministry of Housing, Communities and Local
Government, London

Dodgeon B, Morris T, Crawford C, Parsons S, Vignoles A, Old-
field Z, O’Neill D (2011) CLOSER work package 2: Harmonised
socio-economic measures user guide (revised). CLOSER, London
Browne WJ (2012) MCMC estimation in MLwiN, v2.26. Centre
for multilevel modelling. University of Bristol, Bristol

Rasbash J, Charlton C, Browne WJ, Healy M, Cameron B (2009)
MLwWiN Version 2.1. Centre for multilevel modelling. University
of Bristol, Bristol

Leckie G, Charlton C (2013) runmlwin: a program to run the
MLwiN multilevel modeling software from within stata. J Stat
Softw 52:1-40

StataCorp (2021) Stata statistical software: release 17. StataCorp
LLC, College Station

Axelsson Fisk S, Mulinari S, Wemrell M, Leckie G, Perez Vicente
R, Merlo J (2018) Chronic obstructive pulmonary disease in Swe-
den: an intersectional multilevel analysis of individual heterogene-
ity and discriminatory accuracy. SSM Popul Health 4:334-346.
https://doi.org/10.1016/j.ssmph.2018.03.005

Persmark A, Wemrell M, Zettermark S, Leckie G, Subramanian
SV, Merlo J (2019) Precision public health: Mapping socioeco-
nomic disparities in opioid dispensations at Swedish pharmacies
by multilevel analysis of individual heterogeneity and discrimina-
tory accuracy (MAIHDA). PLoS ONE 14(8):e0220322. https://
doi.org/10.1371/journal.pone.0220322

Becares L, Kneale D (2022) Inequalities in mental health, self-
rated health, and social support among sexual minority young
adults during the COVID-19 pandemic: analyses from the UK
millennium cohort study. Soc Psychiatr Psychiatr Epidemiol.
https://doi.org/10.1007/s00127-022-02291-1

Amos R, Manalastas EJ, White R, Bos H, Patalay P (2020) Men-
tal health, social adversity, and health-related outcomes in sexual
minority adolescents: a contemporary national cohort study.

63.

64.

65.

66.

67.

68.

69.

70.

71.

72.

Lancet Child Adolesc Health 4(1):36-45. https://doi.org/10.1016/
$2352-4642(19)30339-6

Patalay P, Fitzsimons E (2021) Psychological distress, self-harm
and attempted suicide in UK 17-year olds: prevalence and soci-
odemographic inequalities. Br J Psychiatry 219(2):437-439.
https://doi.org/10.1192/bjp.2020.258

Ormiston CK, Williams F (2022) LGBTQ youth mental health
during COVID-19: unmet needs in public health and policy. Lan-
cet 399(10324):501-503. https://doi.org/10.1016/S0140-6736(21)
02872-5

Salerno JP, Devadas J, Pease M, Nketia B, Fish JN (2020) Sexual
and gender minority stress amid the COVID-19 pandemic: impli-
cations for LGBTQ young persons’ mental health and well-being.
Public Health Rep 135(6):721-727. https://doi.org/10.1177/00333
54920954511

Salerno JP, Doan L, Sayer LC, Drotning KJ, Rinderknecht RG,
Fish JN (2021) Changes in mental health and well-being are asso-
ciated with living arrangements with parents during COVID-19
among sexual minority young persons in the US. Psychol Sex
Orientat Gender Divers. https://doi.org/10.1037/sgd0000520
Fish JN, Mclnroy LB, Paceley MS, Williams ND, Henderson
S, Levine DS, Edsall RN (2020) “I’m kinda stuck at home with
unsupportive parents right now”: LGBTQ youths’ experiences
with COVID-19 and the importance of online support. J Adolesc
Health 67(3):450-452. https://doi.org/10.1016/j.jadohealth.2020.
06.002

Katikireddi SV, Hainey KJ, Beale S (2021) The impact of COVID-
19 on different population subgroups: ethnic, gender and age-
related disadvantage. J R Coll Physicians Edinb 51(S1):S40-S46.
https://doi.org/10.4997/JRCPE.2021.240

Bu F, Steptoe A, Fancourt D (2020) Loneliness during a strict
lockdown: Trajectories and predictors during the COVID-
19 pandemic in 38,217 United Kingdom adults. Soc Sci Med
265:113521. https://doi.org/10.1016/j.socscimed.2020.113521
Muthen B, Asparouhov T (2018) Recent methods for the study of
measurement invariance with many groups: alignment and ran-
dom effects. Sociol Methods Res 47(4):637-664. https://doi.org/
10.1177/0049124117701488

Hawke LD, Hayes E, Darnay K, Henderson J (2021) Mental health
among transgender and gender diverse youth: an exploration of
effects during the COVID-19 pandemic. Psychol Sex Orientat
Gend Divers 8(2):180-187. https://doi.org/10.1037/sgd0000467
Wang Y, Pan B, Liu Y, Wilson A, Ou J, Chen R (2020) Health care
and mental health challenges for transgender individuals during
the COVID-19 pandemic. Lancet Diabetes Endocrinol 8(7):564—
565. https://doi.org/10.1016/S2213-8587(20)30182-0

@ Springer


https://doi.org/10.1177/0164027504268574
https://doi.org/10.1177/0164027504268574
https://www.ons.gov.uk/peoplepopulationandcommunity/wellbeing/methodologies/personalwellbeingsurveyuserguide
https://www.ons.gov.uk/peoplepopulationandcommunity/wellbeing/methodologies/personalwellbeingsurveyuserguide
https://www.ons.gov.uk/methodology/classificationsandstandards/measuringequality/ethnicgroupnationalidentityandreligion
https://www.ons.gov.uk/methodology/classificationsandstandards/measuringequality/ethnicgroupnationalidentityandreligion
https://www.ons.gov.uk/methodology/classificationsandstandards/measuringequality/ethnicgroupnationalidentityandreligion
https://doi.org/10.1016/j.ssmph.2018.03.005
https://doi.org/10.1371/journal.pone.0220322
https://doi.org/10.1371/journal.pone.0220322
https://doi.org/10.1007/s00127-022-02291-1
https://doi.org/10.1016/S2352-4642(19)30339-6
https://doi.org/10.1016/S2352-4642(19)30339-6
https://doi.org/10.1192/bjp.2020.258
https://doi.org/10.1016/S0140-6736(21)02872-5
https://doi.org/10.1016/S0140-6736(21)02872-5
https://doi.org/10.1177/0033354920954511
https://doi.org/10.1177/0033354920954511
https://doi.org/10.1037/sgd0000520
https://doi.org/10.1016/j.jadohealth.2020.06.002
https://doi.org/10.1016/j.jadohealth.2020.06.002
https://doi.org/10.4997/JRCPE.2021.240
https://doi.org/10.1016/j.socscimed.2020.113521
https://doi.org/10.1177/0049124117701488
https://doi.org/10.1177/0049124117701488
https://doi.org/10.1037/sgd0000467
https://doi.org/10.1016/S2213-8587(20)30182-0

	A quantitative approach to the intersectional study of mental health inequalities during the COVID-19 pandemic in UK young adults
	Abstract
	Purpose 
	Methods 
	Results 
	Conclusion 

	Introduction
	An applied example: mental health inequalities during the COVID-19 pandemic in the UK

	Methods
	Sample
	Measures
	Outcomes
	Indicatorsproxies for social identitiespositions

	Statistical analysis

	Results
	Comparison with fixed-effects multiple regression approach

	Discussion
	Limitations and future directions

	Conclusions
	Acknowledgements 
	References


