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BACKGROUND: Body mass index (BMI) shows strong continuity over childhood and adolescence and high childhood BMI is the
strongest predictor of adult obesity. Genetic factors strongly contribute to this continuity, but it is still poorly known how their
contribution changes over childhood and adolescence. Thus, we used the genetic twin design to estimate the genetic correlations
of BMI from infancy to adulthood and compared them to the genetic correlations of height.
METHODS: We pooled individual level data from 25 longitudinal twin cohorts including 38,530 complete twin pairs and having
283,766 longitudinal height and weight measures. The data were analyzed using Cholesky decomposition offering genetic and
environmental correlations of BMI and height between all age combinations from 1 to 19 years of age.
RESULTS: The genetic correlations of BMI and height were stronger than the trait correlations. For BMI, we found that genetic
correlations decreased as the age between the assessments increased, a trend that was especially visible from early to middle
childhood. In contrast, for height, the genetic correlations were strong between all ages. Age-to-age correlations between
environmental factors shared by co-twins were found for BMI in early childhood but disappeared altogether by middle childhood.
For height, shared environmental correlations persisted from infancy to adulthood.
CONCLUSIONS: Our results suggest that the genes affecting BMI change over childhood and adolescence leading to decreasing
age-to-age genetic correlations. This change is especially visible from early to middle childhood indicating that new genetic factors
start to affect BMI in middle childhood. Identifying mediating pathways of these genetic factors can open possibilities for
interventions, especially for those children with high genetic predisposition to adult obesity.
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INTRODUCTION
Obesity is one of the most important modifiable risk factors of
health in the modern world [1]. Especially worrying is the global
prevalence of adiposity in childhood and adolescence, which has
rapidly increased during the last decades [2]. These trends leveled
off in Western countries at a high level at the beginning of the 21st

century but continued in other parts of the world [3]. Childhood
adiposity predisposes for health risks in adulthood [4, 5], and thus
the high level of adiposity in childhood creates an underlying

threat to global health. However, this epidemic may be
preventable since high childhood body mass index (BMI) seems
to affect adult diseases especially through adult BMI [6]. Previous
studies have demonstrated that there is strong continuity of BMI
over childhood [7], and that high childhood BMI is the most
important risk factor for adult obesity [8]. Sustainable weight loss
in adulthood is very difficult to obtain because of several
psychological and physiological mechanisms preventing weight
loss and promoting weigh regain; in contrast, excess body fat in
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childhood can be lost without weight loss as the child grows and
develops [9]. Thus, effective interventions to slow or even
eliminate the development of obesity from childhood to
adulthood are important. To do so, we need to understand the
factors underlying the continuity of BMI during the growth period.
Based on the previous evidence, it is likely that genetic factors

are important in explaining the continuity of BMI during childhood
and adolescence. Twin studies have shown that genetic factors
explain a major proportion of BMI variation during childhood [10]
and adulthood [11]. Environmental factors shared by co-twins
affect BMI in early childhood, but their influence disappears during
middle childhood and is not present at all by adolescence [10].
The importance of genetic factors on BMI is further confirmed by
genome-wide-association (GWA) studies, which have identified a
large number of genetic variants affecting BMI variation in
childhood [12] and adulthood [13]. Previous longitudinal twin
studies from different countries [14–18] have estimated genetic
correlations between BMI at different ages over childhood and
adolescence (rG= 0.32–0.91 depending on the ages at the time of
measurements). Further, a GWA meta-analysis found a strong
genetic correlation of childhood BMI with adult BMI (rG= 0.76)
and somewhat weaker genetic correlations with waist-to-hip ratio
(rG= 0.39) and body-fat percentage in adulthood (rG= 0.46) [12].
Even when the previous studies have reported genetic

correlations between certain ages, a comprehensive set of
estimates is not available because single data files do not include
enough measures for all ages to estimate all these correlations
with adequate power. There is evidence on the changing genetic
variation from early to mid-childhood [19], which can affect
genetic correlations over ages if new genetic variation emerges.

The patterns of genetic correlations can give new information how
genetic factors contribute to the development of BMI from infancy
to adulthood. In this study, we will analyze this by using a very
large twin dataset allowing us to estimate all age-to-age genetic
correlations from 1 to 19 years of age separately for males and
females. We also compare these genetic correlations of BMI to the
genetic correlations of height. We expect that if a new genetic
component affecting BMI emerges, it will modify the age pattern
of BMI correlations but not height correlations. This information
would be important when identifying periods in childhood most
strongly associated with adulthood BMI, which can guide further
interventions to prevent the development of adult obesity and
subsequent health risks.

DATA AND METHODS
The data were derived from the COllaborative project of
Development of Anthropometrical measures in Twins (CODAT-
wins) database described in detail elsewhere [20, 21]. For this
study, we selected those participants having at least two
longitudinal measures between 1 and 19 years of age. Together,
we had 25 longitudinal twin cohorts including 82,080 twin
individuals (51% females) and representing 11 countries (the
cohort names are given in a footnote of Table 1). The large
majority of the participants came from six European countries
(Denmark, Finland, Italy, Netherlands, Sweden and the UK)
representing 79% of participants. Outside Europe, the biggest
representation came from Japan (9% of participants) and the USA
(7% of participants). Other countries having much smaller
representations were Australia (3% of participants), Canada (1%

Table 1. Number of observations and means and standard deviations of body mass index (kg/m2) and height (cm) by age and sexa.

Age Males Females

N BMI Height N BMI Height

Mean SD Mean SD Mean SD Mean SD

1 14,860 17.1 1.40 73.9 4.43 14,978 16.8 1.42 72.5 4.47

2 12,379 16.5 1.41 86.8 4.31 12,134 16.2 1.42 85.6 4.36

3 14,835 15.9 1.42 96.1 4.40 15,279 15.7 1.48 95.1 4.50

4 7633 15.8 1.69 102.5 4.89 7737 15.7 1.81 101.3 4.86

5 6603 15.2 1.43 111.4 5.91 6564 15.1 1.54 110.7 6.05

6 2233 15.4 1.52 114.1 5.61 2065 15.3 1.60 113.2 5.57

7 11,856 15.4 1.77 124.4 6.50 12,305 15.4 1.98 123.5 6.50

8 5217 15.7 1.79 128.3 6.38 5192 15.7 2.03 127.6 6.40

9 5149 16.4 2.33 133.8 6.78 5120 16.5 2.62 133.0 6.97

10 9687 16.6 2.34 141.0 7.15 9940 16.7 2.62 140.6 7.30

11 7177 17.3 2.65 144.4 7.09 7357 17.5 2.83 144.8 7.47

12 9831 17.8 2.82 151.9 7.98 10,161 18.0 2.93 153.0 8.06

13 3474 18.4 2.90 158.4 8.94 3413 18.7 3.11 158.0 7.49

14 7250 19.5 3.07 165.7 8.84 7800 19.8 3.19 162.1 6.79

15 3270 19.9 3.20 172.1 8.42 3266 20.2 3.23 164.7 7.11

16 5540 20.7 2.89 175.7 7.39 6350 20.7 3.01 164.9 6.50

17 6125 21.2 2.86 177.8 7.12 6904 20.7 2.80 165.7 6.54

18 3692 21.7 2.98 178.8 7.28 3960 21.3 3.34 165.8 6.79

19 2901 22.0 2.87 179.3 7.29 3529 21.4 3.29 166.1 6.71
aIncludes the following individual twin cohorts: Boston University Twin Project, Child and Adolescent Twin Study in Sweden (CATSS), Colorado Twin Registry,
Danish Twin Cohort, FinnTwin12, FinnTwin16, Gemini Study, Guinea Bissau Twin Study, Japanese Twin Registry, Longitudinal Israeli Study of Twins, Michigan
Twins Project, Minnesota Twin Family Study, Netherlands Twin Cohort (children), Netherlands Twin Cohort (adults), Ochanomizu University Twin Project, Peri/
Postnatal Epigenetic Twins Study (PETS), Quebec Newborn Twin Study, Queensland Twin Register, Swedish Young Male Twins Study (children), Swedish Young
Male Twins Study (adults), TCHAD-study, University of Southern California Twin Study, Washington State Twin Registry, Twins Early Developmental Study
(TEDS), West Japan Twins and Higher Order Multiple Births Registry
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of participants), Israel (<1% of participants) and Guinea-Bissau
(<1% of participants). The pooled analysis was approved by the
ethical committee of Department of Public Health, University of
Helsinki, and the methods were carried out in accordance with the
approved guidelines. Only a limited set of observational variables
and anonymized data were delivered to the data management
center at University of Helsinki. All participants were volunteers
and they or their parents gave informed consent when
participating in their original studies. The measures were done
between the years 1959–2022 and 98% of them were done after
1980. Among the participating twins, there were 38,530 complete
twin pairs of which 38% were monozygotic (MZ) pairs, 33% same-
sex dizygotic (SSDZ) pairs and 29% opposite-sex dizygotic (OSDZ)
pairs. For these twins, we had 283,766 longitudinal height and
weight measures together (the number of observations for each
age and sex combination is given in Supplementary Table 1). BMI
was calculated as weight in kilograms divided by the square of
height in meters (kg/m2). The BMI distribution was normalized
using log-transformation producing roughly normal distributions
(skewness parameters from 0.17 to 0.85 at different ages). The
height distribution was close to the normal distribution without
transformation (skewness parameters from −0.14 to 0.14 at
different ages). Further, we adjusted BMI and height for exact age,
birth year and study cohort differences within each 1-year age and
sex group by calculating regression residuals.
The data were analyzed using classical twin modeling based on

the theory of quantitative genetics utilizing the different genetic
relatedness of MZ and DZ twins [22]. MZ twins have virtually the
same gene sequence whereas DZ twins share, on average, half of
the genetic variations in the same way as ordinary siblings. Based
on this design, it is possible to decompose the trait variation into
additive genetic variation (A) including the effects of all relevant
loci on the trait (correlation 1 within MZ and 0.5 within DZ co-
twins), shared environmental variation (C) including the effects of
all environmental factors making the co-twins similar (correlation
1 within both MZ and DZ co-twins) and unique environmental
variation (E) including the effects of all environmental factors
making the co-twins different including measurement error
(correlation 0 within both MZ and DZ co-twins). These compo-
nents were estimated using OpenMx package, version 3.0.2, of R
statistical software, and the 95% confidence intervals (CI) were
calculated using the maximum likelihood estimation [23]. OpenMx
software uses structural equation technique, and thus these
components are defined as random latent factors in the model
having the predefined correlation structure between co-twins. To
be able to estimate these latent components, we needed to
assume similar variances for MZ and DZ twins. We had previously
reported that the standard deviation (SD) of BMI at some ages in
childhood was somewhat higher than in MZ twins [24]. However,
the difference was small, 15% or less, and become statistically
significant because of the very large sample size. Thus, we needed
to assume that the genetic and environmental factors explain a
similar proportion of variation in MZ and DZ twins. For height, no
differences in SD was found. We also found that DZ twins are
slightly taller and heavier than MZ twins and thus used different
means for the zygosity groups [24]. There was some evidence for
sex-specific genetic effects on both BMI [10] and height [25] over
childhood and adolescence, and we therefore allowed for these
effects by estimating the genetic correlation in OSDZ twins, rather
than constraining it at 0.5 expected for SSDZ twins.
In this study, we utilized bivariate Cholesky decomposition,

which is a model free method to decompose all variation and co-
variation in the data into uncorrelated latent factors [26]. This
method was used to decompose the co-variation between the
measures at different ages into genetic and environmental
covariances. Standardizing these covariances provides us the
estimates of additive genetic (rA), shared environmental (rC) and
unique environmental (rE) correlations. The observed (phenotypic)

correlation (r) between two observation (P1 and P2) at different
ages is defined as r(P1, P2)= a1*rA*a2+ c1*rC*c2+ e1*rE*e2, where
a, c and e are the square roots of the variance components A, C
and E. Results for univariate models based on the same
CODATwins database have been reported previously for BMI
[10] and height [25]. Since we have found that shared environ-
mental variation affected BMI variation only in early childhood
[10], we applied an additive genetic/ unique environmental effect
(AE) model as the main model. However, we repeated the analyses
with an additive genetic/ shared environmental/unique environ-
mental effect (ACE) model to test whether estimating the shared
environmental component has an effect on the estimated genetic
correlations.

RESULTS
Table 1 presents the means and SDs of BMI and height at each age
in males and females from 1 to 19 years of age. The development
of BMI and height followed the expected patterns. BMI decreased
during early childhood and reached the nadir at 5 years of age
both in boys and girls, and then increased until 19 years of age.
Growth in height was very rapid in early childhood and again in
adolescence indicating the puberty. Mean BMI was very similar in
males and females at all ages. Males were taller than females at all
ages except 11 and 12 years of age indicating the earlier start of
puberty in females.
Figure 1 presents the BMI trait correlations between all age

combinations in males (upper triangular matrix) and females
(lower triangular matrix). The 95% CIs for these correlations are
presented in Supplementary Table 2. When the age difference
between the measures increased, the BMI correlations decreased.
However, there was a clear change in the size of correlations after
5 years of age when the BMI correlations with later ages become
systematically stronger. The size of BMI correlations was roughly
similar in males and females.
Next, we decomposed these bivariate BMI trait correlations into

additive genetic correlations (Fig. 2) and specific environmental
correlations (Fig. 3). The 95% CIs for these correlations are given in
Supplementary Tables 3 and 4, respectively. The additive genetic
correlations formed a similar pattern as the trait correlations, i.e.,
additive genetic correlations increased after 5 years of age, but
they were somewhat stronger than the trait correlations. The
unique environmental correlations were weaker than additive
genetic correlations but, with a few exceptions, positive.
We then conducted similar analyzes for height. Especially in

infancy, the height correlations with the measures at later ages
were stronger than for BMI (Supplementary Fig 1; 95% CIs
presented in Supplementary Table 5) and somewhat
decreased when the age between the measurements increased.
Similar to BMI, the additive genetic correlations of height were
somewhat stronger than the trait correlations (Supplementary Fig.
2; 95% CIs presented in Supplementary Table 6). The unique
environmental correlations were somewhat weaker than additive
genetic correlations but still generally higher than unique
environmental correlations for BMI (Supplementary Fig. 3; 95%
CIs presented in Supplementary Table 7).
Next, we tested whether the estimation of a shared environ-

mental component, i.e. fitting the ACE model instead of the AE
model, would affect the additive genetic correlations. In this model,
the additive genetic correlations both for BMI (Supplementary
Table 8) and height (Supplementary Table 9) were very similar to
those estimated in the AE model. For BMI, the shared environ-
mental correlations were found in early childhood, but after that
they largely vanished and could not be reliably estimated: many of
them were negative and 95% CIs included zero (Supplementary
Table 10). For height, the shared environmental correlations were
generally positive but lower than additive genetic correlations
(Supplementary Table 11). Unique environmental correlations were
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very similar for BMI (Supplementary Table 12) and height
(Supplementary Table 13) in the ACE and AE models.
Finally, we tested the universality of the patterns of genetic

correlations in two geographic areas we had enough data to
estimate most of the genetic correlations: Europe and Japan
representing East Asia. The correlation patterns for BMI were
roughly similar in Europe (Supplementary Fig. 4) and Japan
(Supplementary Fig. 5) showing deceasing correlations when the
age difference increased. Also for height, we did not find systematic
differences between Europe (Supplementary Fig. 6) and Japan
(Supplementary Fig. 7). The additive genetic correlations for height
in both regions were higher than estimated for BMI.

DISCUSSION
In this study based on a very large, pooled twin dataset, we were
able to estimate all age-to-age genetic correlations of BMI from
infancy to the onset of adulthood and compare them to the
corresponding correlations of height. Our results show that the
continuity of BMI and height over childhood and adolescence is
predominantly affected by genetic factors since the year-to-year
genetic correlations were systematically higher than the

corresponding trait correlations. Both for BMI and height, we found
that the genetic correlations decreased when the age difference
between the measures increased indicating that partly new genetic
factors start to act at each age. However, this decrease was stronger
for the genetic correlations of BMI than height. This may suggest
that there are more changes in the genetic regulation of weight
than height over childhood and adolescence. This can result from
the major changes in body composition during the growth period
[27], since it is known that somewhat different sets of genes affect
the development of different body tissues [28]. However, these
lower genetic correlations of BMI can also be affected by
environmental factors if they interact with genetic factors affecting
weight and thus modifying the genetic components [29].
The genetic correlations of BMI systematically increased from

early to middle childhood whereas for height we did not see a
clear age pattern and they were high even between infancy and
adulthood. In our previous study, we found that the genetic
variation of BMI increased after 5 years of age indicating that new
genetic factors start to affect BMI after that age [10]. This new
genetic component emerging after 5 years of age is consistent
with the decreasing year-to-year genetic correlations showing
partly different genetic factors affecting weight in early and
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Fig. 1 Trait correlations of BMI between different ages from 1 to 19 years in males (upper triangular matrix) and females (lower triangular matrix).
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middle childhood. There is also molecular level genetic evidence
on changing genetic factors affecting weight from early to middle
childhood. A GWA study of 300,000 participants found that the
associations between the polygenic score of BMI and measures of
BMI become stronger from early to middle childhood [19]. Further,
the variants in the first intron of the FTO gene – the most
important genetic variants associated with BMI in adulthood – are
not associated with BMI in infancy and this association emerges
after 4 years of age [30–32].
It is possible that the new genetic variation affecting BMI after 5

years of age is related to behavioral factors becoming more
important for the individual variation of weight in middle childhood
and later ages when children can more independently decide about
their eating and physical activity behavior affecting the develop-
ment of weight. Previous large-scale GWA studies of adult BMI have
found that the expression of genetic variants associated with higher
BMI are enriched in the brain – especially in the hypothalamus,
pituitary gland, hippocampus and limbic system [33, 34]. These brain
areas have important roles in appetite regulation, learning,
cognition, emotion and memory [35]. Thus, this new genetic
component can reflect the changing interaction between new

environments, such as school and participation in leisure time
activities, and the genetic background of the child. This is suggested,
for example, by the correlations in eating behavior and physical
activity between friends in childhood and adolescence [36]. For
eating behavior, there is also some direct evidence for this since the
polygenic risk score of BMI was found to be associated with
increasing tendency of overeating over childhood measured by
parental worries [37]. Also for physical activity, a common genetic
component affecting at different ages was found [38]. However,
there is only little direct evidence yet how physical activity is related
to genetic variants associated with BMI, and the association between
BMI and physical activity can also be reciprocal so that high BMI can
lead to physical inactivity [39].
Interestingly, this change in the genetic correlations coincides

with the timing of adiposity rebound at the age of 5 in our data.
Previous studies have associated early adiposity rebound with
higher risk of adult obesity [40]. A recent large GWA study found
strong genetic correlations of adult BMI with the timing of
adiposity rebound and BMI at that age, but much weaker
correlations with timing of infancy adiposity peak at the end of
the first year and BMI at that age [41]. It is thus possible that
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Fig. 2 Additive genetic correlations of BMI between different ages from 1 to 19 years in males (upper triangular matrix) and females (lower
triangular matrix).
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different developmental trajectories are associated with adult BMI,
and these associations are contributed by genetic factors.
However, we cannot study this hypothesis directly since it would
have needed more detailed longitudinal measures for same
individuals than available in our data.
We did not find any evidence that environmental factors shared

by co-twins would have affected the continuity of BMI after early
childhood. This is consistent with our previous study showing that
shared environmental factors have an effect on BMI only in early
childhood [10]. However, for height, shared environmental correla-
tions were found. This finding may be because nutritional deficit,
especially the lack of protein, during the two first years of life has
influence on height lasting until adulthood and is thus not fully
compensated if nutrition will improve later in life [42]. We have
previously reported that shared environmental factors explain nearly
40% of height variation in early childhood and from 10% to 20% in
middle childhood and adolescence [25]. Thus, shared environmental
factors contribute to the continuity of height even when their role is
weaker than for genetic factors. The lack of shared environmental
effects on BMI may be surprising when considering that there is
good evidence that socio-economic characteristics of childhood

family affect BMI [43]. However, this result can be because the family
environment may not affect BMI directly but rather interact with
genetic factors; if the environmental exposure is shared by co-twins,
the gene-environment interactions are modeled as additive genetic
factors since MZ twins react to the environmental exposure in a more
similar way than DZ twins [29]. There is previous evidence for the
interaction between genetic factors and parental education based
both in twin [44] and GWA studies [45]. However, in general, more
research in this area is needed to estimate how much of the genetic
influences involve interactions with environmental exposures.
It is also noteworthy that while specific environmental

correlations were much weaker than additive genetic correlations,
they were still moderate for BMI and even higher for height. As we
have reported earlier, unique environmental factors explain from
10% to 20% of BMI variation in childhood and adolescence [10],
and thus they do pay a role when considering factors important
for BMI. These correlations demonstrate that there can be long
lasting environmental exposures in childhood and adolescence
affecting BMI and differing between co-twins. Identifying these
factors may offer interesting opportunities to find possible targets
for early life interventions. However, it is also possible that these
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Fig. 3 Specific environmental correlations of BMI between different ages from 1 to 19 years in males (upper triangular matrix) and females
(lower triangular matrix).
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factors reflect random variation leading to co-twins to different
paths. For example, it is possible that higher BMI leads to physical
inactivity that further leads to higher BMI thus reinforcing these
differences [39]. Since measurement error is modeled as part of
unique environmental factors in our statistical model, it could, in
principle, contribute to these correlations as well. However, this
would require a correlated error of measurement affecting the
measures of the same twin individual done over several years.
The main limitation of our data was that we had only information

on weight and height and thus could only calculate BMI. When
considering heritability, BMI is conceptually problematic since it is a
combination of height and several tissues contributing to weight.
Thus, the genetic variation of BMI reflects the genetic variation of all
these different body tissues, which are affected by partly different
sets of genes [28]. This is an especially important issue for children
since the body composition changes over the growth period [27].
However, BMI has found to correlate strongly with direct measures
of body fat from 10 to 18 years of age [46], and a substantial amount
of genetic variation is shared by BMI and waist circumference [47].
BMI can thus be regarded as a surrogate measure of direct measures
of body fatness in large scale epidemiological studies. This
complexity of BMI can explain why the genetic correlations of BMI
in our study are lower than the genetic correlations of height. Thus,
our results should be regarded as lower limits of genetic correlations
of body fatness, and if using direct measures of body fat, higher
estimates may be found.
Our data have also other limitations but also certain strengths. Our

data did not have detailed longitudinal measures of the same
individuals from infancy to adulthood. Thus, we were only able to
calculate correlations but not apply, e.g., parametric growth models
to analyze the growth curve patterns, which can also be associated
with adult obesity [40]. Thus, our very large data do not compensate
the need of repeated measures of same individuals over the growth
period. Since we did not have information on adopted twins or non-
twin relatives, we needed to assume random mating. There is
evidence suggesting non-random mating both for BMI and height,
which can lead to inflated shared environmental component if it
generates a genetic correlation between spouses [48]. However,
even though we found a shared environmental effect for height, we
did not find it for BMI after early childhood. A limitation was also that
the large majority of our datasets came from European countries and
nearly all other data represented North America, Australia and East
Asia. Thus, our results can be generalized only for higher-income
countries and mainly for Caucasian populations. However, to study
possible ethnic heterogeneity, we repeated all analyses on data from
Japan representing East Asia and could not find systematic
differences in the patterns of correlations as compared to European
cohorts. Our main strength is the very large sample size of
genetically informative data allowing us to estimate the genetic
correlations for all age and sex specific combinations, i.e., 342
correlation coefficients altogether. Thus, we were able to analyze the
pattern of BMI correlations from infancy to early adulthood and
compare this pattern to the pattern of height correlations. This is
especially important since there is no a priori hypothesis on how
these correlations would vary over the growth period.
In conclusion, genetic factors are the key determinants of the

continuity of BMI from childhood to the onset of adulthood. The
genetic correlations decreased after middle childhood; this may
indicate that new genetic factors start to affect BMI and suggests that
middle childhood is an important time to prevent adult obesity. We
need better understanding of the behavioral and biological pathways
through which these genetic factors affect BMI thus enabling
interventions for children having high genetic risk to obesity.
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