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SUMMARY 84 

There is an urgent need to improve the understanding of neuroinflammation in Alzheimer´s disease (AD). We analyzed 85 

cerebrospinal fluid inflammatory biomarker correlations to brain structural volume and longitudinal cognitive outcomes 86 

in the DELCODE study and a validation cohort of the ACE Alzheimer Center Barcelona. We investigated whether 87 

respective biomarker changes are evident before onset of cognitive impairment. YKL-40, sTREM2, sAXL, sTyro3, MIF, 88 

complement factors C1q, C4 and H, ferritin and ApoE protein were elevated in pre-dementia subjects with pathological 89 

levels of tau or other neurodegeneration markers, demonstrating tight interactions between inflammation and accumulating 90 

neurodegeneration even before onset of symptoms. Intriguingly, higher levels of ApoE and soluble TAM receptors sAXL 91 

and sTyro3 were related to larger brain structure and stable cognitive outcome at follow up. Our findings indicate a 92 

protective mechanism relevant for intervention strategies aiming to regulate neuroinflammation in subjects with no or 93 

subjective symptoms but underlying AD pathology profile. 94 

 95 

INTRODUCTION 96 

Neuroinflammation represents a pathological hallmark of Alzheimer´s disease (AD) and other neurodegenerative 97 

disorders, though the involved mechanisms are still being investigated (Heneka et al., 2015). No biomarkers of 98 

neuroinflammation are sufficiently established for use in clinical practice or studies. Though several promising candidate 99 

markers have emerged from research, there is still a lack of characterization regarding the exact time course of changes, 100 

interaction with other pathological features and prognostic potential. Only a few studies have investigated the relationship 101 

between cerebrospinal fluid (CSF) inflammatory markers and either gray matter integrity or cognitive decline in AD. 102 

Higher levels of CSF sTREM2 have been related to larger gray matter volume in temporal and parietal regions in patients 103 

with mild cognitive impairment (MCI) and to attenuated hippocampal structure and cognitive decline in AD patients when 104 

adjusting for markers of AD pathology (Ewers et al., 2019; Gispert et al., 2016a). These findings have been interpreted as 105 

a protective effect of inflammation or brain swelling at certain disease stages, which might be in line with potential bimodal 106 

trajectories of sTREM2 levels across disease stages (Suárez-Calvet et al., 2018). Similar results have been described for 107 

CSF YKL-40, whereas another study reported negative correlations between YKL-40 and cortical thickness of AD 108 

signature regions in amyloid positive (A+) but not amyloid negative (A-) controls or MCI subjects (Alcolea et al., 2015; 109 

Gispert et al., 2016b). These findings suggest that biomarkers represent different inflammatory mechanisms and relate to 110 
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increased or decreased brain structure depending on the clinical-pathological stage of disease, indicating the need for 111 

further characterizations of these interactions. 112 

Here, we investigated experimental CSF biomarkers previously described by us and others to be linked to AD pathology: 113 

Inflammation & immune markers sTREM2, sAXL, sTyro3, YKL-40, MCP-1, IP-10, MIF, IL-6, IL-18, CRP, complement 114 

factors C1q, C3, C3b, C4, B, H; non-tau neurodegeneration markers neurogranin and FABP-3; and multifactorial markers 115 

ferritin and ApoE (Brosseron et al., 2019, 2020). The panel was determined in CSF samples from the DELCODE cohort 116 

of the German Center for Neurodegenerative Diseases (DZNE), a longitudinal observational study with focus on subjective 117 

cognitive decline (SCD) subjects, likely to represent patients prior to development of MCI (Jessen et al., 2018, 2020). CSF 118 

biomarker data were analyzed in relation to AD biomarkers beta-amyloid (Aβ) and tau isoforms, to brain structure 119 

(composite scores derived from Braak regions of interest, ROI) and longitudinal cognitive changes over up to 5 years (see 120 

online methods). To improve the current understanding on changes of inflammatory markers during early disease stages 121 

and identify those useful for future clinical trials, we first addressed the following questions in the DELCODE cohort: a) 122 

Which inflammatory markers are related to AD pathology and are these relationships detectable even before the onset of 123 

cognitive impairment; b) How do inflammatory markers relate to brain structure in the context of AD; c) Do these 124 

inflammatory markers predict longitudinal cognitive changes? Ultimately, analyses for the markers with the strongest 125 

relations to AD features were replicated within the framework of the EU-JPND funded PREADAPT project in a cohort of 126 

SCD and MCI subjects of the ACE Alzheimer Center Barcelona (ACE) Alzheimer Center, Barcelona (Boada et al., 2014). 127 

 128 

RESULTS 129 

DELCODE demographics 130 

Descriptive statistics of the DELCODE cohort are provided in Data S1 AT1. We included a total of 309 subjects and 131 

baseline CSF samples from the DZNE DELCODE study (Jessen et al., 2018) consisting of healthy controls (HC), SCD 132 

and MCI subjects, supplemented by patients with dementia of the Alzheimer´s type (DAT) and cognitively normal first-133 

degree relatives of DAT patients. Demographically, relatives were youngest and MCI and DAT subjects oldest. The APOE 134 

ε4 allele was enriched in DAT subjects. Sex was unequally distributed between screening diagnosis groups, and there was 135 

a trend towards differences in body mass index (BMI). All 4 variables (age, sex, APOE status, BMI) related to CSF panel 136 

biomarker levels in marker-specific manner (Data S1 AT2) and were consequently tested as potential covariates in 137 

following analyses. The routine AD biomarkers and their ratios, preclinical Alzheimer´s cognitive composite (PACC5) 138 
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score and Braak ROI structural imaging scores differed strongly between the screening diagnosis groups, always separating 139 

MCI and DAT subjects from the HC, SCD and relatives’ groups (Data S1 AT1). Within the experimental biomarker panel, 140 

only FABP-3 showed elevation in DAT subjects compared to all other groups after correction for multiple testing (details 141 

provided in Data S1 AT3 and AF1). 142 

 143 

Elevated inflammatory markers in pre-dementia tau pathology and neurodegeneration 144 

To determine the inflammatory CSF markers most related to brain structure and cognition, we first examined their 145 

relationship with routine AD markers in DELCODE. We applied binary schematics approximating the 146 

amyloid/tau/neurodegeneration (A/T/N) classification by using DELCODE-specific cut-off values for pathological levels 147 

of Aβ and tau isoforms (see online methods): A/T (using CSF Aβ42/40 ratio and p-tau-181), as well as A/N (using CSF 148 

Aβ42/40 ratio and t-tau as neurodegeneration marker) (Jack et al., 2016). We did not apply the full A/T/N scheme as p-149 

tau-181 and t-tau were highly correlated in the AD-focused DELCODE cohort. Instead, we compared results of A/T to 150 

A/N as complementary confirmative approaches. 151 

Using the A/T scheme and adjusting for multiple testing and the biomarker-specific covariates, both neurodegeneration 152 

markers (FABP-3 and neurogranin), both multifactorial markers (ferritin and ApoE) as well as the inflammation markers 153 

sTREM2, sAXL, sTyro3, YKL-40, MIF and complement C1q were significantly elevated in A-T+ and A+T+, but not 154 

A+T- groups relative to A-T- (Figure 1, further results and details in supplement table S1 and figure S1). Application of 155 

A/T resulted in limited sample size of the A-T+ group (N = 7) which nonetheless showed significant differences compared 156 

to the other groups (N = 63 – 167). When using A/N, the smallest group was A-N+ (N = 20) compared to 51 to 154 subjects 157 

in other groups. All markers that had significant changes in A/T after multiple testing correction showed the same effect 158 

in A/N (Data S1 AT4 and AF2). 159 

As these changes in CSF inflammatory markers were driven by subjects with elevated CSF tau isoform levels within the 160 

whole DELCODE cohort, we next tested whether this persisted in objectively cognitive normal (CN) individuals only 161 

(HC, SCD and DAT relatives). Furthermore, we compared the strength of biomarker level alterations in CN subjects to 162 

those with objective cognitive impairment (MCI or DAT). This resulted in a cognitive staging of CN, MCI and DAT, each 163 

either T+/T- or N+/N-. In this analysis, YKL-40, sTREM2, sAXL, sTyro3, MIF and C1q were again significantly elevated 164 

n all T+ groups (CN T+, MCI T+, DAT T+) against T- (CN T-, MCI T-, DAT T-) groups after correction for multiple 165 

testing (figure 1, supplement table S2 and figure S2). Of the multifactorial markers, ferritin showed the same pattern as 166 
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inflammation and neurodegeneration markers, while ApoE was elevated primarily in the CN T+ subjects against all other 167 

groups except MCI T+. These findings were mirrored when using the cognitive staging plus N schematic, with elevation 168 

of markers in any N+ group against the N- groups (Data S1 AT5 and AF3). The non-tau neurodegeneration markers 169 

neurogranin and FABP-3 were similarly elevated in all T+ and N+ groups, confirming that these groups indeed represent 170 

neurodegenerative phenotypes and are not just subjects with high levels of tau isoforms. In summary, we observed a robust 171 

elevation of specific inflammatory markers (YKL-40, sTREM2, sAXL, sTyro3, MIF and C1q) as well as non-tau 172 

neurodegeneration (neurogranin, FABP-3) and multifactorial markers (ferritin and ApoE) in subjects with pathological 173 

CSF tau isoform levels, even if these subjects by objective criteria were still classified as cognitively normal. 174 

 175 

Continuous relations of inflammatory to sub-threshold AD pathology markers 176 

We next tested interrelations between the different CSF biomarkers in DELCODE. Bivariate Spearman correlation 177 

matrices revealed a high degree of correlation between the experimental panel markers to each other and to the CSF routine 178 

AD markers (Data S1 AF4). We also tested correlations with neurofilament light chain (Nf-L) as an established 179 

neurodegeneration biomarker, with the limitation that Nf-L was determined in plasma, not CSF. Plasma Nf-L levels 180 

showed a weak, positive correlation to various experimental CSF markers. Overall, these correlations were robust against 181 

adjustment for age, sex, APOE status and BMI (Data S1 AF5) and were highly comparable to other cohorts in which we 182 

analyzed interrelations of similar marker panels (Brosseron et al., 2018, 2019). 183 

To further characterize these relations between routine CSF AD biomarkers and the experimental markers, we used 184 

generalized additive models (GAM, figure 2, supplement table S3 and figure S3). GAM hold the advantage of a flexible 185 

modeling of non-linear relationships between variables (see online methods). These analyses revealed a significant relation 186 

of the Aβ42/40 ratio with ApoE, sAXl, sTyro3, YKL-40 and MIF after correction for multiple testing (supplement table 187 

S3). Interestingly, decreased CSF Aβ42/40 ratio was related to slightly lower marker levels when adjusting the model for 188 

levels of p-tau-181. Importantly, the same markers were positively related to p-tau-181. Herein, correlations of ApoE, 189 

sAXl, sTyro3, YKL-40 and MIF as well as ferritin, sTREM2, complement C1q, C4 and factor H withstood correction for 190 

multiple testing. When limiting the sample to cognitively unimpaired individuals, these findings were largely confirmed 191 

(Data S1 AT6). Notably, the relation between inflammatory markers and tau pathology was steepest at p-tau-181 levels 192 

below the pathological cut-off and leveled off after pathological p-tau-181 levels were reached (figure 2, supplement figure 193 

S3). In line with previous findings, the GAM models indicated that changes of inflammatory markers are primarily 194 
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accompanied by tau pathology. As illustrated by contour plots combining the relations with Aβ42/40 ratio and p-tau-181 195 

(figure 2, supplement figure S3), inflammatory marker levels were highest in subjects with Aβ42/40 ratios close to or 196 

above the threshold for pathological levels. However, this group consisted only of a small number of subjects in 197 

DELCODE. In subjects with pathological Aβ42/40 ratio, inflammatory markers strongly increased with p-tau-181 levels, 198 

too. 199 

The list of AD-related candidate markers identified by GAM included all markers that were found significant in the group-200 

wise analyses of DELCODE described above. Since small group size in the group-wise analyses might have limited our 201 

power, we considered all markers as related to AD pathology that were identified by GAM analyses for further exploration 202 

of correlations to Braak ROI structural imaging scores and cognition. This selection thereby included 10 markers: YKL-203 

40, sTREM2, sAXL, sTyro3, MIF, complement C1q, C4, factor H, ferritin, ApoE. 204 

 205 

Braak ROI structure is positively related to sAXL, sTyro3, ApoE 206 

Next, we assessed whether these AD-related CSF inflammatory markers are associated with brain structure. We utilized 207 

composite scores of six a priori structural ROIs that mirror Braak stages (figure 3A) (Baker et al., 2017; Schöll et al., 208 

2016). In a first step, we performed a multivariate regression in DELCODE. Herein, mean structure (measures of volume 209 

for subcortical and of thickness for cortical ROI) in each Braak ROI was jointly predicted by all the 16 immune / 210 

inflammatory markers, adjusting for age and sex (figure 3B). Multivariate regression models were significant for all Braak 211 

ROI except of Braak VI (Braak I: R2 = 0.12, p < 0.01; Braak II: R2 = 0.09, p = 0.01, Braak III: R2 = 0.15, p < 0.001, Braak 212 

IV: R2 = 0.11, p = 0.017, Braak V: R2 = 0.13, p < 0.001). As shown in figure 3B, the variance in structure (R2) explained 213 

by all neuroinflammation markers was highest in the limbic Braak III region with 15%, followed by Braak V (covering 214 

frontal and parietal regions) with 13% of variance. Notably, when additionally adjusting for AD routine CSF markers 215 

Aβ42/40 ratio and p-tau-181, the results were similar with inflammatory markers explaining up to 13% additional variance 216 

in Braak ROI II – V (figure 3C, supplement table S4). 217 

We further analyzed the individual AD-related experimental biomarker´s (ferritin, ApoE, sAXL, sTyro3, YKL-40, 218 

sTREM2, MIF, C1q, C4, factor H) correlations to Braak ROI I to V. To this end, we assessed bivariate, marker-specific 219 

relationships with structural Braak ROI measures in DELCODE by means of partial Spearman rank correlations using 220 

different models (figure 4). Experimental markers without significant correlation to AD CSF routine measures are depicted 221 

for comparison purposes. Model I used all available DELCODE data, adjusted for age and sex (Data S1 AT7). Model II 222 
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additionally adjusted for CSF AD pathology measures Aβ42/40 ratio and p-tau-181 (Figure 4A, supplement table S5). 223 

Lastly, Model II was run again excluding the MCI and DAT subjects from DELCODE (Data S1 AT8). Figure 4A shows 224 

the correlation strength (Spearman rho) for all correlations that were significant at p < 0.05 (uncorrected) in model II. As 225 

expected, more pathological CSF measures of AD pathology (Aβ42/40, p-tau-181, t-tau) and non-tau neurodegeneration 226 

markers (FABP-3, neurogranin) were correlated to lower structural measures, especially in earlier Braak ROIs I to III. In 227 

strong contrast, for CSF sTyro3, sAXL and ApoE positive relations with structure were found consistently throughout all 228 

Braak ROIs. Other results for both AD-marker related or non-related experimental markers were inconsistent regarding 229 

individual Braak ROIs (figure 4). 230 

In line with this, GAM analyses of AD-related CSF markers confirmed significant positive correlations of ApoE, sTyro3 231 

and sAXL with Braak ROIs that withstood correction for multiple testing (supplement table S6). When excluding MCI 232 

and DAT subjects, sTyro3 ApoE and sAXL were still significantly related to brain structure. The association of sTyro3 to 233 

Braak V structure remained significant after correction for multiple testing (Data S1 AT9). We also tested exclusion of 234 

subjects with suspected non-AD pathophysiology (SNAP), by excluding all A-T+ and A-N+ subjects from the whole 235 

cohort. Again, sTyro3 ApoE and sAXL were significantly related to brain structure. The association of sTyro3 to Braak 236 

ROI II – V, of sAXL to Braak ROI II, IV, V, and of ApoE to Braak ROI IV, V remained significant after correction for 237 

multiple testing (Data S1 AT10). 238 

The regional pattern of brain structure relations to sAXL, sTyro3 and ApoE is visualized in Figure 4B in comparison to 239 

correlations with AD pathology and PACC5 score. Here, the correlations with individual brain regions within the Braak 240 

ROIs are displayed, showing that higher CSF sTyro3 is related to higher structural integrity in temporal, frontal and parietal 241 

regions. A similar pattern of regional relations was seen for Aβ and memory, with lower structural integrity being related 242 

to more advanced Aβ pathology and lower memory performance.  243 

 244 

Elevated sAXL, sTyro3 relate to preserved cognitive performance 245 

To test the correlation of the AD-related markers to cognitive performance, we used linear mixed models with a latent 246 

process in DELCODE to model both baseline differences and 5-year longitudinal changes. The PACC5 score was used as 247 

the outcome in the analyses. Results for the whole DELCODE cohort are depicted in Figure 5, detailed statistics provided 248 

in supplement table S7. We found a significant positive relation of CSF ApoE, sAXL and sTyro3 with cognitive 249 

performance at baseline, but the relation of ApoE did not pass correction for multiple testing. ApoE, sAXL, sTyro3 and 250 
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YKL-40 were associated with longitudinal change of cognition over time, though only the relation of sAXL passed 251 

correction for multiple testing. 252 

Repeating the analysis in CN individuals (excluding MCI and DAT subjects; Data S1 AT11) did not result in significant 253 

associations. In contrast, exclusion of SNAP subjects (any A-T+ or A-N+ subjects) from the whole cohort lead to 254 

significant results for ApoE at follow up, for sTyro3 at baseline, and for sAXL at both baseline and follow up after 255 

correction for multiple testing, with trend level findings for all the three markers at both baseline and follow-up (Data S1 256 

AT12). 257 

 258 

Effect replication in the ACE cohort 259 

To test if the findings made in DELCODE could be replicated in an independent cohort, we utilized samples and data of 260 

the ACE cohort including 59 subjects diagnosed with SCD and 723 MCI subjects. These groups did not differ by 261 

distribution of sex or BMI, but MCI subjects had higher median age and a larger proportion of APOE ε4 carriers (Data S1 262 

AT13). Therefore, the distribution of demographic features in ACE was similar to DELCODE in terms of age and APOE 263 

status, but not for sex or BMI of subjects. 264 

To examine replication of effects in the ACE cohort, we focused on those markers classified as immune- / inflammation 265 

related in the original panel that had a strong interrelation to AD CSF amyloid and tau markers in DELCODE (YKL-40, 266 

sTREM2, sAXL, sTyro3, MIF, complement factors C1q, C4, H) as well as ApoE - which we originally classified as 267 

“multifactorial” marker - due to its multiple correlations to AD routine CSF markers, structural imaging and cognition data 268 

in DELCODE. Of these 9 markers, between the MCI and SCD groups of ACE, only sTyro3 showed a tendency towards 269 

elevation in MCI (p = 0.044 (not adjusted for multiple testing), Data S1 AT13). This trend was not observed in DELCODE 270 

screening diagnosis group comparisons. 271 

In contrast, application of the A/T scheme to the ACE data was consistent with the results from DELCODE, where all of 272 

the nine included markers showed highly significant elevation in T+ subjects (Data S1 AT14 and AF6). In part, there was 273 

a trend towards lower levels in A+ subjects (A+ T- slightly lower than A-T-, and A+T+ lower than A-T+), which is again 274 

in line with DELCODE results. Combination of diagnosis and T+ schematic in ACE (SCD T-, SCD T+. MCI T-, MCI T+) 275 

resulted in limitations of sample size for SCD T+ (N = 7) compared to SCD T- (N = 52) but yielded sufficient sample size 276 

for comparisons in both MCI groups (N > 300 each). Elevated levels were observed in MCI T+ against both T- groups, 277 
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and for sAXL and MIF also for SCD T+ against MCI T- or SCD T-, despite the limited sample size (Data S1 AT15 and 278 

AF7). These findings again were consistent with the results from DELCODE. 279 

Furthermore, we tested GAM models of the correlation between the nine markers and amyloid (measured by CSF Aβ42 280 

in ACE) as well as p-tau-181. In line with group-wise comparisons, GAM models showed lower inflammatory marker 281 

levels with lower Aβ42, but also a strong positive correlation to p-tau-181 levels. These results were highly significant for 282 

all nine markers, replicating DELCODE results (Data S1 AT16, AT17, AF8 and AF9). 283 

We next analyzed the associations between our nine markers of interest with Braak ROI structural measures in the ACE 284 

data. Bivariate Spearman correlations showed again positive correlations of sAXL and sTyro3 throughout Braak ROI I-V, 285 

and for ApoE and C1q with Braak ROIs III – V (Data S1 AT18). With exception of C1q, these were the same associations 286 

as found in DELCODE. Most of these correlations persisted when excluding all SNAP (A-T+ or A-N+) subjects from the 287 

ACE data (Data S1 AT19). GAM models showed similar results for most Braak ROIs for sAXL and sTyro3 at trend level, 288 

while the results for sTyro3 passed multiple testing correction for Braak III and V in both models (Data S1 AT20 and 289 

AT21). Therefore, the DELCODE results on sAXLa nd sTyro3 could be replicated in ACE, while results on ApoE could 290 

not be confirmed in all models. A summary of the Braak ROI analysis in ACE is visualized in Data S1 AF10. 291 

Finally, we calculated a cognitive composite score assessing memory and executive function in ACE. Due to differences 292 

in study design, this score used different items compared to the DELCODE PACC5 but reflected the same cognitive 293 

domains. In contrast to other analyses, we could not confirm cognition relations of sTyro3 and ApoE observed in 294 

DELCODE in ACE. Higher sAXL levels were related to better cognition at baseline when modelling the whole ACE 295 

cohort, though this effect did not withstand correction for multiple testing (unadjusted p = 0.014). However, when 296 

excluding SNAP subjects from the ACE data, this association of sAXL with higher baseline cognitive performance 297 

withstood correction for multiple testing (Data S1 AT22 and AT23, respectively). 298 

In conclusion, results of striking inflammatory markers could be replicated in ACE for relations to routine Aβ and tau 299 

markers and structural imaging features, but only in part for cognitive decline. 300 

 301 

DISCUSSION 302 

Increasing attention is placed on neuroinflammation as an important pathomechanism of AD and thus target of 303 

pharmacological intervention (Heneka et al., 2015). However, there remains a need for readout biomarkers of the specific 304 

inflammatory processes that might be relevant for such interventions, and to understand their interactions with other disease 305 
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features. We investigated a panel of CSF biomarkers with a focus on different mechanisms of inflammation, immune 306 

regulation and signaling, which we established in previous studies (Brosseron et al., 2018, 2019, 2020). We found specific 307 

biomarkers (YKL-40, sTREM2, sAXL, sTyro3, MIF, C1q, C4, factor H, ferritin and ApoE) to be elevated in subjects with 308 

pathological p-tau and t-tau levels, even in the pre-dementia stages of apparently healthy controls or SCD subjects. The 309 

same subgroup also had higher levels of non-tau neurodegeneration markers FABP-3 and neurogranin, confirming that 310 

these subjects are likely to suffer neuronal damage already. Furthermore, the inflammatory markers positively correlated 311 

to CSF levels of tau isoforms, FABP-3 and neurogranin. This correlation was steepest for tau levels below the pathological 312 

cut-off and became less steep in subjects with pathological tau-profile. At the same time, the most significant markers were 313 

correlated to each other and to levels of Nf-L, which were available in DELCODE as plasma-based data. The relations 314 

between plasma Nf-L and CSF inflammatory markers were slightly weaker in effect and less robust against adjustment for 315 

covariates. Some previous studies found that trajectories of Nf-L throughout the course of disease differ between CSF and 316 

blood, depending on the disorder or subject group investigated (Alagaratnam et al., 2021; Andersson et al., 2020; Fortea 317 

et al., 2018; Meeter et al., 2016; Palmqvist et al., 2019; Pereira et al., 2017). Within these studies, the SIMOA® method 318 

used for our study achieved high plasma to CSF correlations (average r = 0.7), providing a close proxy of CSF Nf-L 319 

concentrations. Therefore, the observed differences between correlations to plasma Nf-L in comparison to CSF 320 

neurodegeneration markers might be due to other reasons, such as partly different cellular events, disease dynamics and 321 

trajectories. 322 

In contrast, the inflammatory profile was less strongly correlated to the Aβ42/40 ratio. Here, higher marker levels were 323 

related to less pathological ratios of Aβ42/40 when adjusting for p-tau-181 levels. Although this seems counter-intuitive 324 

given the strong relations of the inflammatory markers to tau and neurodegeneration markers, the effect was observed in 325 

both cohorts and might be in line with previous findings. Studies using ADNI data found that higher CSF sAXL or 326 

sTREM2 were related to longitudinal reduction or reduced accumulation of Aβ42 (Ewers et al., 2020; Mattsson et al., 327 

2013). Reduction of Aβ pathology has also been observed in combined experimental mouse models of AD and infection, 328 

where invading macrophages – themselves expressing relevant markers such as TREM2 – effectively degrade Aβ peptides 329 

(Möhle et al., 2016). Yet, it is well described that microglial phagocytosis of Aβ is reduced under conditions of 330 

neuroinflammation (Heneka et al., 2015). Hypothetically, at specific disease stages, reduction of phagocytic activity might 331 

coincide with transiently reduced expression of proteins like AXL or TREM2 and increased accumulation of Aβ pathology, 332 

reflected by the observed reduction of these markers CSF levels in A+ subjects. However, this concept is speculative, and 333 
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the respective changes in CSF biomarker levels might only be detectable in large cohorts including several hundred 334 

subjects, which have sufficient power to detect even smallest effects. 335 

Overall, it appears reasonable to assume a pattern of inflammatory response to tau exists in AD and other 336 

neurodegenerative disorders, potentially with modulation related to Aβ accumulation. Tau isoforms have recently been 337 

demonstrated to induce key inflammatory signaling pathways in the context of AD (Ising et al., 2019). While our findings 338 

indicate that this reaction might not be specific to AD – due to the considerable elevation of inflammatory marker levels 339 

in SNAP subjects – we could show that the results were robust against exclusion of such SNAP subjects from the analyses. 340 

Therefore, this inflammatory profile likely represents a stage of neuroinflammation that parallels p-tau accumulation and 341 

onset of neurodegeneration even in asymptomatic or pre-dementia subjects, and continues to be present in later, 342 

symptomatic stages of disease. 343 

When analyzing bivariate correlations between the AD biomarker-related candidate proteins and Braak ROI scores in 344 

DELCODE, levels of the soluble receptors sAXL and sTyro3 – as well as of ApoE protein– showed positive relations with 345 

structural integrity in Braak ROIs covering temporal, limbic and parietal regions, in particular if the model was adjusted 346 

for a given level of AD biomarker pathology. These findings were replicated in the ACE cohort, most of all for sAXL and 347 

sTyro3, and were also robust against exclusion of SNAP subjects in both cohorts. Furthermore, sAXL, sTyro3 and ApoE 348 

were positively related to longitudinal cognitive performance in DELCODE, though this could only be partly replicated 349 

for sAXL in ACE with regard to an effect on baseline cognitive performance. Taken together, this may indicate that sAXL, 350 

sTyro3 and ApoE, even though their CSF levels were elevated in relation to increased tau levels and neurodegeneration, 351 

represent mechanisms that arise in association with brain protection. It is also possible that these three markers relate to 352 

brain reserve (i.e. subjects with higher brain volume bear higher levels these markers while remaining cognitively normal). 353 

How exactly any of the involved pathways is mechanistically involved in neuroprotective process, must be elucidated in 354 

future studies. 355 

The current understanding of Tyro3, AXL and Mertk (TAM) receptor signaling in neurodegeneration points towards a 356 

protective function, regulating inflammation and promoting phagocytosis or other beneficial effects (Tondo et al., 2019). 357 

AXL and Tyro3 have distinct cellular expression profiles and functions in the CNS, with both proteins found in astrocytes 358 

and oligodendrocytes, Tyro3 in neurons and radial glia, and AXL in microglia and Schwann cells (Tondo et al., 2019). 359 

Tyro3 has not been described in microglia, although it is expressed in human monocytes and macrophages and found on 360 

transcript and protein levels in microglia from a murine AD model (Rangaraju et al., 2018; Tondo et al., 2019). Microglial 361 
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toll-like receptor (TLR) signaling is regulated by AXL and its ligand Gas6 (Gilchrist et al., 2020). Recently, it was 362 

demonstrated that AXL and Mertk are essential for phagocytosis of Aβ plaques in murine AD models, resulting in an 363 

increase of dense-core plaques (Huang et al., 2021). The authors suggested that phagocytosed Aβ, after fibrillization in 364 

microglial lysosomes, is released again by microglial cell death or exocytosis, together resulting in densely packed but less 365 

propagative plaques. 366 

At first glance, findings of our study seem to contradict this understanding of TAM biology. Soluble TAM receptors are 367 

usually considered to result from proteolytic cleavage (shedding) of the ectodomains from the membrane-anchored protein 368 

by alpha-secretases, which renders the receptor inactive. Furthermore, the soluble receptors capture free ligands such as 369 

Gas6 or Protein S. This two-sided regulatory mechanism can interfere with the protective functions of TAM receptors and 370 

aggravate inflammatory disorders if dysbalanced towards excessive shedding (Cohen and Shao, 2019; Falcone et al., 2020; 371 

Holstein et al., 2018; Miller et al., 2017). In this case, one would expect that soluble TAM levels correlate to 372 

neurodegeneration markers because excessive shedding renders the TAM signal pathway inactive, resulting in reduced 373 

phagocytosis and cell survival, which does not bode well with the protective relations of higher soluble TAM levels 374 

observed in our study. However, several receptor tyrosine kinases can also undergo regulated intramembrane proteolysis 375 

(RIP) mediated by ADAM10 and gamma-secretase, resulting in shedded soluble receptor ectodomains but also a functional 376 

intracellular domain that promotes cell growth. This mechanism has been demonstrated for AXL, whereas contradictory 377 

observations were made for Tyro3 (Lu et al., 2017; Merilahti et al., 2017). Aside of this, in cancer, cellular over-expression 378 

of TAM receptors results in excessive cell proliferation and contributes to cancerous cells evading clearance by the immune 379 

system (Falcone et al., 2020; Holstein et al., 2018). Importantly, serum sAXL levels reflect the increased cellular AXL 380 

levels found in melanoma and hepatocellular carcinoma, and higher sAXL relates positively to melanoma disease severity 381 

and negatively to treatment outcome (Falcone et al., 2020; Flem-Karlsen et al., 2020; Holstein et al., 2018; Reichl and 382 

Mikulits, 2016). These observations indicate that soluble TAM levels can be proxies of TAM cellular expression and 383 

activity. In this scenario, soluble TAM receptors are derived from shedding by regular receptor turnover, but not from 384 

signal pathway inactivation. In conclusion, we could hypothesize that cellular TAM expression levels are increased as part 385 

of a damage response reaction in neurodegenerative diseases and brain injury. TAM receptor turnover then results in 386 

soluble TAM ectodomains, which can be detected as biomarkers in CSF. The increase of sTAM levels is a proxy of the 387 

cellular danger response to tau pathology and neurodegeneration, and therefore sTAM levels correlate positively to 388 

neuronal damage markers. However, as the soluble TAM levels reflect increased expression of the cellular TAM, those 389 
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subjects with higher levels will be those in which the TAM system exerts stronger immune regulation, promotion of 390 

phagocytosis and cell survival, resulting in preserved brain structure and delayed cognitive decline. While this mechanism 391 

would be in line with both current knowledge on TAM biology and our findings in this study, verification of this hypothesis 392 

will require further investigation in neurodegeneration models. 393 

In DELCODE, the third biomarker associated to protection was ApoE, though without replication in ACE. Previous studies 394 

also found contradictory results for ApoE protein levels in relation to cognitive outcome (van Harten et al., 2017; Toledo 395 

et al., 2014). Similar to our approach, Toledo et al. adjusted their analyses for age, sex, APOE status and AD pathology, 396 

whereas van Harten et al. did not adjust their model in this way. This type of adjustment might be critical to recognize 397 

protective effects at a given stage of AD pathology. However, we utilized the same statistical model on both DELCODE 398 

and ACE data. As both cohorts used in this study contain data of several hundred subjects, it seems unlikely that 399 

discrepancies arise from overfitting or over-estimation of small effects. Speculatively, other factors, such as cohort 400 

composition or stage-dependent effects, could be the reasons behind differences in findings. There is a potential difference 401 

on the effect of APOE as a genetic risk factor in different ethnic backgrounds or ancestries present in the Iberian peninsula 402 

region due to historic population movements, and smaller effects of APOE genotypes have been observed in previous data 403 

of ACE (Beydoun et al., 2021; Bycroft et al., 2019; Ramirez-Lorca et al., 2009; de Rojas et al., 2021). Such differences 404 

might create discordances among DELCODE and ACE results. ApoE has gained increasing attention for its role in 405 

neuroinflammation within the last years, as reviewed in detail by others, and is involved in regulation of microglia-406 

mediated neuroinflammation as well as phagocytosis of toxic protein aggregates (Kloske and Wilcock, 2020; Loving and 407 

Bruce, 2020; Perea et al., 2020; Schwabe et al., 2020). ApoE and AXL belong to a cluster of genes co-regulated in AD 408 

disease-associated microglia (Gao et al., 2019; Keren-Shaul et al., 2017; Yin et al., 2017). Recently, it has been shown that 409 

the AXL kinase inhibitor AZ7235 specifically enhances ApoE secretion in microglia, astrocytes and pericytes (Zhao et al., 410 

2020). The same study also found that AXL elevates ApoE expression in astrocytes independent of its kinase domain and 411 

non-responsive to Gas6 stimulation, suggesting a non-canonical mechanism of AXL-dependent ApoE homeostasis. 412 

Therefore, similar (protective) effects observed for AXL and ApoE CSF levels would be in line with current knowledge 413 

on their mechanistic interactions. Yet, if this holds true and if the reasons behind discrepancies between cohorts can be 414 

explained, remains to be resolved. 415 

In contrast to some previous studies, we did not observe significant relations between two of the most frequently 416 

investigated markers, YKL-40 and sTREM2, with structural features or cognition scores in most of the models. These 417 
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discrepancies could be caused by differences in study cohorts, stage of disease and methodology and warrant further 418 

observations, as studies on such interactions are still limited in number (Alcolea et al., 2015; Ewers et al., 2019; Gispert et 419 

al., 2016a, 2016b). 420 

This study is not without limitations. First, our results show that subjects with A+T+ AD biomarker profile, but 421 

symptomatically still within the SCD or even control range, might be the most interesting group to study for inflammatory 422 

marker profiles. The subgroup of subjects in predementia stage that had a positive AD biomarker profile and also showed 423 

elevation of inflammatory markers was still limited in size, including around 10-20% of subjects depending on the cohort, 424 

biomarker and cut-off used. This spectrum of subjects could be investigated in more detail with specific screening and 425 

enrichment strategies to achieve significantly larger cohorts with this type of biomarker-positive, symptomatic pre-426 

dementia profile. Second, it is likely that the same reaction can be observed in the SNAP spectrum of neurodegenerative 427 

disorders. In particular, cohorts with primary tauopathy subjects might be of interest for this question, although these were 428 

not in the focus of this study. Third, DELCODE and ACE cohorts are ongoing and both will be collecting and releasing 429 

biomaterial and follow-up data throughout the next years. Therefore, longitudinal data on cognitive performance from both 430 

cohorts used in this study is not yet complete for follow-up times. This adds uncertainty to the modelling and might limit 431 

the power to detect associations with cognitive change. Likewise, neuroimaging data was not yet available for the follow-432 

up visits of DELCODE and although findings were quite reproducible in ACE, higher values in thickness or volume can 433 

resemble attenuated structure, brain swelling or simply individual differences in brain structure. Within the next years, 434 

longitudinal samples and data will be more complete for the DELCODE cohort and enable improved longitudinal outcome 435 

modelling with the baseline inflammatory marker data described here. 436 

In summary, our study provides evidence that the increase of specific immune biomarkers in the CSF is tightly related to 437 

tau isoform levels and neurodegeneration, that this elevation is steepest before pathology markers reach cut-off value range 438 

and that subjects could reach elevated inflammation levels in biomarker-positive, but still pre-dementia stages of disease. 439 

It is likely that future studies can be enriched for such subjects, e.g. by pre-screening using advanced technologies for 440 

blood-based neurodegeneration marker detection (Alawode et al., 2021). Based on our results, we expect a tight link to 441 

neuroinflammation in these stages of disease, representing a potential intervention target aside of the classical AD 442 

hallmarks amyloid and tau. The biomarkers described in this study – most of all sAXL and sTyro3 - might serve as 443 

established readouts in such trials. Despite this potential, the exact mechanisms behind the inflammatory biomarker 444 

regulation as well as development and approval of effective drugs will require further investigation.  445 
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MAIN FIGURE TITLES AND LEGENDS 483 

 484 

Figure 1. Inflammatory biomarkers are elevated in cognitively normal individuals with tau pathology 485 

Elevation of CSF inflammatory biomarkers in T+ groups when using the A/T scheme on the whole cohort (left column) 486 

and when combining a cognitive staging with p-tau-181 positivity (right column). Violin plots with median and 487 

interquartile range. Groups colored red were elevated against at least one group colored green, as indicated by capped 488 

lines. Groups colored yellow were elevated against at least one group colored green, but still lower than at least on group 489 

in red. Groups colored grey were not significantly different. Significant effects after multiple testing correction are 490 

displayed for sAXL (A, B), sTyro3 (C, D) and ApoE (K, L) as these markers were most relevant in later analyses. Results 491 

for further significant markers and details on statistics are displayed in supplement tables and figures S1 and S2, 492 

respectively. 493 

 494 

Figure 2. Nonlinear interrelation analysis between inflammatory and AD hallmark markers 495 

Nonlinear correlation analysis between key CSF inflammatory markers and AD pathological hallmark markers p-tau-181 496 

and Aβ42/40 ratio. Results are displayed top to bottom for sAXL (A), sTyro3 (B) and ApoE (C), as these markers were 497 

most relevant in later analyses. Further results for other significantly altered markers are displayed in supplement table and 498 

figure S3. Left panel: Heat map displaying inflammatory marker levels by color code (green, lower levels; red, higher 499 

levels; grey, no data for these coordinates) over the spectrum of p-tau-181 levels (y axis) and Aβ 42/40 ratio (x axis). Black 500 

lines indicate cut-offs for Aβ42/40 ratio and p-tau-181 levels. Inflammatory marker levels increased most of all depending 501 

on p-tau-181 levels, but were also influenced to lesser extend by Aβ42/40 ratio. 502 

Middle and right panel: Bivariate nonlinear correlation modelling between inflammatory markers and either Aβ42/40 ratio 503 

or p-tau-181. The GAM models showed nonlinear relations, were most pronounced for p-tau-181 and steeper at sub-504 

threshold levels, before p-tau-181 reached pathological levels. 505 

 506 

Figure 3. Braak region structure predicted by inflammation markers  507 

A) Structural measures were derived from composite regions that follow Braak stages of neurofibrillary tangle pathology. 508 

The six Braak composite regions are color-coded with warmer colour denoting regions earlier affected by AD pathology. 509 

For each Braak composite region, thickness/volume measures were adjusted for head size and averaged across individual 510 
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cortical/subcortical FreeSurfer regions after segmentation of the T1 MR images. B) Relations between CSF inflammatory 511 

markers and brain structure across Braak composite regions in all samples with available MRI data (N=266) of cognitively 512 

normal older adults and impaired subjects.  Multivariate Regression models were run, in which mean structure in each 513 

Braak ROI was predicted by the 16 neuroinflammation markers, after adjusting for age and sex. Models were significant 514 

for all Braak ROI except Braak VI (see Results section). The percental amount of variance in structure (R2) predicted by 515 

inflammatory markers is color coded, with strongest associations seen for the limbic Braak III ROI with 15% (red colors). 516 

C) Relations of inflammatory markers to Braak ROI after additional adjustment for AD pathology markers Aβ42/40 and 517 

p-tau-181. Statistics for this model are provided in supplement table S4. In this model, results were significant for Braak 518 

ROI II – V, with Braak ROI I marginally missing significance threshold (p = 0.058). The percental amount of variance in 519 

structure predicted was slightly lower compared to the model without adjustment for AD pathology markers, with the 520 

strongest association in Braak ROI III reaching approx. 13%. 521 

 522 

Figure 4. Relationships between neuroinflammation markers and regional brain structure. 523 

A) Bivariate Spearman rank correlations were run between each CSF marker and Braak structural measures. The 524 

correlation matrix shows the strength (rho) of all correlations that were significant at uncorrected p-value < 0.05. Detailed 525 

statistics for Braak ROI bivariate correlation models are provided in supplement table S5. 526 

1) Reference panel including routine AD and neurodegeneration markers, adjusted for age and sex. Aβ42/40 ratio was 527 

inverted, displaying increasing pathology negatively related to structure. 2) Panel of inflammatory markers with strong 528 

relation to tau isoform levels, adjusted for age, sex, p-tau-181 and Aβ42/40 ratio. Red boxes indicate results confirmed by 529 

GAM modelling, adjusted for multiple testing for the markers within the respective panel. 3) Panel of inflammatory 530 

markers with no or weak correlation to tau isoform levels, displayed for comparison purposes, adjusted for age, sex, p-tau-531 

181 and Aβ42/40 ratio. Positive relations were found for ApoE, sTyro3 and sAXL with volumetric measures of several 532 

Braak ROIs. 533 

B) Region-specific relations of PACC score, CSF routine AD markers and specific neuroinflammation markers with 534 

structure. Correlation strength (rho) is plotted for each individual Freesurfer ROI (rendered on the brain surface) for 535 

significant correlations at an uncorrected p-value < 0.05. All correlations were adjusted for age and sex. Correlations with 536 

sTyro3, sAXL and ApoE were also adjusted for AD markers and p-tau and Aβ 42/40. Noteworthy, similar brain regions 537 
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showed lower volume/thickness with more AD pathology (temporal, frontal and parietal regions) but higher 538 

volume/thickness with higher levels of sAXL, sTyro3 and ApoE. 539 

 540 

Figure 5. Longitudinal outcome depending on baseline biomarker levels 541 

Available data from baseline and follow-up years 1 to 5 of the DELCODE cohort was used to calculate a Preclinical 542 

Alzheimer disease Cognitive Composite (PACC) score, based on items like FCSRT, MMSE and other neuropsychological 543 

testing features. Baseline CSF biomarker levels were correlated against longitudinal PACC score values and compared 544 

between levels one standard deviation (SD) higher (orange) and lower (green) than the mean standardized biomarker level. 545 

Results are adjusted for age, sex and also AD hallmark markers Aβ42/40 ratio and tau. In this analysis, sAXL (A) and 546 

sTyro3 (B) were most robust in significance and higher baseline levels were related to more stable cognitive performance 547 

in follow up; whereas lower baseline levels related to decrease of cognitive performance over years. A similar effect was 548 

observed for ApoE levels, though this was not robust against adjustment for multiple testing (C). Available subject number 549 

throughout follow-ups were as follows: Baseline, N = 288; Y1, 245; Y2, 213; Y3, 164; Y4, 89; Y5, 20. Statistical details 550 

are provided in supplement table S7. Correlations are displayed with confidence interval. 551 

  552 
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STAR METHODS 553 

Resource availability 554 

Lead contact: 555 

Further information and requests for resources and reagents should be directed to and will be fulfilled by the lead contact, 556 

Prof. Dr. Michael T. Heneka (michael.heneka@ukbonn.de). 557 

 558 

Materials availability 559 

This study did not generate plasmids, mouse lines or unique reagents. There are restrictions to the availability of biomaterial 560 

from the DELCODE study as well as from ACE due to study regulations. For details and contact, please see 561 

https://www.dzne.de/en/research/studies/clinical-studies/delcode/ or contact ACE 562 

(https://www.fundacioace.com/en/contact-us.html), respectively. 563 

 564 

Data and code availability 565 

No code was generated during this study. There are restrictions to the availability of data from the DELCODE study as 566 

well as from ACE due to study regulations. For details and contact, please see 567 

https://www.dzne.de/en/research/studies/clinical-studies/delcode/ or contact ACE 568 

(https://www.fundacioace.com/en/contact-us.html), respectively.  569 

 570 

Experimental model and subject details 571 

Ethics approval and consent to participate 572 

The general study protocol for DELCODE was approved by the ethical committees of the medical faculties of all 573 

participating sites: the ethical committees of Berlin (Charité, University Medicine), Bonn, Cologne, Göttingen, 574 

Magdeburg, Munich (Ludwig-Maximilians-University), Rostock, and Tübingen. The process was led and coordinated by 575 

the ethical committee of the medical faculty of the University of Bonn. The registration number of the trial at the ethical 576 

committee in Bonn is 117/13. Use of data and biomaterial for the specific work described in this manuscript was 577 

furthermore approved by the ethical committee of the medical faculty of the University of Bonn, reference No. 122/18. 578 

Use of data and biomaterial of the Fundacío ACE (ACE) cohort for the work described in this manuscript was approved 579 

by the Ethical Committee of the Hospital Clínic I Provincial de Barcelona (HCB/2014/0494, HCB/2016/0571, 580 

https://www.dzne.de/en/research/studies/clinical-studies/delcode/
https://www.fundacioace.com/en/contact-us.html
https://www.dzne.de/en/research/studies/clinical-studies/delcode/
https://www.fundacioace.com/en/contact-us.html
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HCB/2016/0835, HCB/2017/0125 and HCB/2018/0333). Protocols of ACE had been designed in agreement with the 581 

indications of the Sociedad Española de Neurología (www.sen.es), according to the current regulations for the use of 582 

clinical data and biological material and surplus of the assisted process for the biomedical research of neurodegenerative 583 

diseases. 584 

 585 

Study design 586 

This study included a total of 309 CSF samples from the baseline subject group of the DZNE DELCODE study, for which 587 

general study design and other baseline data have been described elsewhere (Jessen et al., 2018). DELCODE includes 588 

subjects at a minimum age of 60 years, recruited from German residents. The main subject groups by screening diagnosis 589 

were healthy controls (N = 74), subjective cognitive decline (N = 99) and amnestic mild cognitive impairment (MCI) 590 

subjects (N = 75), supplemented by smaller groups of DAT subjects (N = 38) and cognitively normal first-degree relatives 591 

of DAT patients (N = 23). Descriptive statistics on the cohort are provided in Data S1 AT1. CSF samples underwent 592 

biomarker measurement for determination of the inflammatory marker panel. Additional data retrieved from the 593 

DELCODE study included demographic data (age, sex, APOE genotype and body mass index (BMI), previously 594 

determined routine AD biomarker levels (A40, A42 and ratio A42/40, phospho(p)-tau-181, total(t)-tau and the ratio 595 

A42/p-tau-181), neuropsychological test results and structural T1 MRI data. Data analysis was focused on the relation of 596 

inflammatory markers towards structural features as well as cognitive decline, emphasizing those markers that were at the 597 

same time linked to routine AD pathology biomarkers. 598 

For validation of effects observed in DELCODE, we included samples and data of 59 SCD and 723 amnestic and non-599 

amnestic MCI subjects provided by Fundacío ACE (ACE) within the framework of the JPND-funded project PREADAPT 600 

and replicated biomarker measures as well as statistical analyses for those proteins with strongest effects in the DELCODE 601 

dataset. Data obtained from ACE included age, sex, APOE genotype, BMI, CSF A42, p-tau and t-tau, neuropsychological 602 

test results and segmented T1-weighted MR images data (see “Structural measures” section below). General information 603 

on the ACE cohort criteria and procedures has been described elsewhere (Boada et al., 2014; Espinosa et al., 2013; 604 

Rodriguez-Gomez et al., 2017). 605 

 606 

Method details 607 

Biomarker measurements 608 
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The panel of candidate CSF biomarkers consisted of immune- / inflammatory markers (sTREM2, sAXL, sTyro3, YKL-609 

40, MCP-1, IP-10, MIF, IL-6, IL-18, CRP, complement factors C1q, C3, C3b, C4, B, H), non-tau neurodegeneration 610 

markers (neurogranin, FABP-3) and multifactorial markers related to inflammation plus other pathomechanisms (ferritin, 611 

ApoE). The panel was determined by enzyme-linked immunosorbent assays (ELISA) as described previously (Brosseron 612 

et al., 2019, 2020). Details on assay specifications are provided in Data S1 AT24 as well as in the key resources table. In 613 

brief, samples were retrieved from the biorepository of the DELCODE study and initially underwent one additional freeze-614 

thaw-cycle on ice to split samples into smaller aliquots of 10 to 60 µl, depending on the requirements of the respective 615 

immunoassays. For this purpose, samples were processed by a robot, pipetted into 96 well V-bottom storage plates (Greiner 616 

Bio-One, ref. 651101), sealed using a freezing-resistant aluminum foil (Greiner Bio-One, ref. 676090), placed on dry ice 617 

for fast re-freezing and finally stored at -80 °C until analysis. This way, from lumbar puncture to immunoassay 618 

measurement, the samples underwent a total of 2 freeze-thaw-cycles. Samples were processed in arbitrary order using 619 

pseudonymized identification numbers and laboratory personal was blinded to subject groups or any other data relevant 620 

for statistical analysis. All samples were measured in duplicates with a maximum coefficient of variance (CV) of 20%. 621 

Samples with higher CV underwent repeated measurement. An internal, aliquoted reference CSF sample was included in 622 

each immunoassay run to control for inter-run variances. 623 

 624 

Structural measures 625 

Thickness and volume measurements were obtained by segmentation of the T1-weighted MR images with FreeSurfer 6.0 626 

((Fischl, 2012), http://surfer.nmr.mgh.harvard.edu/)  using the Desikan–Killiany atlas (Fischl et al., 2002, 2004). MRI data 627 

with FreeSurfer segmentations were available for 266 subjects (87%). Six measures of “structural integrity” were derived 628 

by combining individual regions into a priori composite regions of interest (ROI) (Baker et al., 2017; Schöll et al., 2016) 629 

that follow Braak stages of neurofibrillary tangle pathology (Braak and Braak, 1991). Earlier Braak regions are expected 630 

to show earlier atrophy in the course of AD and thus should most strongly correlate with AD biomarkers. The six Braak 631 

ROIs covered the following regions: I: Entorhinal Cortex; II: Hippocampus; III: Amygdala, Fusiform, Parahippocampal 632 

Cortex, lingual gyrus: temporal regions, cingulate, retrosplenial cortex, insula; V: frontal and parietal regions; VI: primary 633 

visual, motor and sensory areas; exact list of individual regions described by Baker et al. (Baker et al., 2017). We used 634 

volume measures for subcortical ROIs (Hippocampus, Amygdala), which were adjusted for total intracranial volume and 635 

thickness measures for all cortical regions. For each Braak composite region, individual thickness/volume measures were 636 

http://surfer.nmr.mgh.harvard.edu/
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Z-scored across the whole sample and then averaged. Bilateral means were calculated as we had no hemisphere-specific 637 

hypotheses. 638 

 639 

Cognition score calculation 640 

For DELCODE, we used a preclinical Alzheimer´s cognitive composite (PACC5) to model cognitive performance (Papp 641 

et al., 2017). The PACC5 is a neuropsychological composite measure that was designed to index cognitive changes in the 642 

early phase of AD. To construct the PACC, we z-standardized and averaged the following tests: Free cued and selective 643 

reminding test (FCSRT) total and free recall, symbol digit modalities test (SDMT), logical memory delayed recall, 644 

semantic fluency (sum of animals named in one minute and grocery named in one minute) and the mini mental state 645 

examination (MMSE). 646 

For ACE, not all items required for PACC5 score calculation were available. We therefore constructed a similar composite 647 

using a z-composite score of Wechsler memory scale III immediate and delayed word list recall, semantic fluency (animals 648 

named in one minute) and the automatic inhibition subtest from Syndrom-Kurz-Test (time to complete) (Alegret et al., 649 

2012, 2013). 650 

 651 

Statistical analysis 652 

To address the questions outlined in the study design, we started by screening the CSF inflammatory and multifactorial 653 

markers in DELCODE for those with most significant relations with AD features, with the non-tau neurodegeneration 654 

markers as comparators. Here, we began with group-wise comparisons based on clinical staging, A/T/N schematic and 655 

combinations of both. Cut-off values for A/T/N biomarkers were based on Gaussian mixture modeling of the DELCODE 656 

data independent of any group assignments using the R package flexmix (version 2.3-15) (Bertens et al., 2017): Amyloid 657 

ratio (A) Aβ42/Aβ40 0.08;  tau pathology (T) by p-tau-181 73.65 pg/ml; neurodegeneration (N) by t-tau 510.9 pg/ml. As 658 

T+ and N+ subjects within this AD-focused cohort were largely redundant (96% of T+ also N+; 66% of N+ also T+), we 659 

reduced the schematic to A/T and used A/N as comparator for statistical analysis. For ACE, we replicated this analysis 660 

using an A/T scheme based on available Aβ42 and p-tau-181 CSF level data. ACE contained data obtained by use of 661 

different immunoassays for routine AD CSF markers: Assay 1, manual ELISA (Innotest®); Assay 2, automated CLEIA 662 

assay (LUMIPULSE®). The following study-specific cut-off values were used for ACE data: Assay 1, Aβ42: 676 pg/ml, 663 

t-tau: 367 pg/ml, p-tau-181: 58 pg/ml; Assay 2, Aβ42: 796 pg/ml, t-tau: 412 pg/ml, p-tau-181: 54 pg/ml. In the A/T scheme, 664 
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we did not differentiate between assays, but categorized data according to the assay-specific cut-offs. Prism 8 (GraphPad 665 

Software Inc., La Jolla, USA) and IBM SPSS Statistics 21 (IBM Corporation, Armonk, USA) were used to visualize data 666 

and calculate non-parametric Kruskal-Wallis tests without exclusion of outliers. To control for multiple testing, 667 

Bonferroni-correction was performed. To perform a sensitivity assessment for influence of potential covariates on these 668 

comparisons, biomarker data were log-transformed to approximate normal distribution for use in ANCOVA as described 669 

previously (Brosseron et al., 2018). Associations of marker levels were tested for age, sex, APOE ε4 positivity (carriers of 670 

at least one ε4 allele Vs. non-carriers) and BMI, as these features differed between the subject groups and correlated to 671 

biomarker levels (Data S1 AT1 and AT2). For final ANCOVA models, only those covariates with significant influence on 672 

marker levels were included for each individual biomarker. 673 

As these group-wise comparisons showed that CSF inflammatory markers were primarily changing depending on tau 674 

pathology or neurodegeneration, rather than from Aβ42/40 ratio or clinical staging, we aimed to test if this effect was 675 

driven by late-stage, cognitively impaired subjects or also present in pre-dementia subjects. As T+ or N+ subjects were 676 

less frequent in the pre-dementia groups, we combined all HC, SCD and relatives as “cognitive normal by objective 677 

criteria” (CN) and assessed the difference between T+/-, resulting in a comparison of CN with MCI and DAT subjects, 678 

each either T+ or T-. This approach was repeated using of N+/-, and using the non-tau neurodegeneration markers as 679 

positive controls to ensure that findings for smaller subgroups were representative and not driven by potential artefacts of 680 

tau levels. This approach was reflected in the ACE data by using SCD T+/T- and MCI T+/T-. 681 

We also analyzed the effect of continuous changes in Aβ42/40 ratio and p-tau-181 on inflammatory markers using 682 

generalized additive models (GAM) (Wood, 2011). GAM allows assessing the relationship between two variables without 683 

assuming a specific function form of the relationship, such as linear functions. To estimate the non-linear association, we 684 

used thin plate regression splines and maximum likelihood estimation adjusted for age and sex as implemented in the mgcv 685 

package in R (Wood, 2003, 2011). Analyses were corrected for multiple comparisons using Bonferroni correction. In ACE, 686 

we replicated this analysis considering the two distinct immunoassays used for routine AD CSF markers and their 687 

potentially different dynamics, thereby splitting results for assay 1 and 2, respectively. 688 

As we were interested in the role of inflammatory markers in the context of AD, only those markers showing an association 689 

with either Aβ42/40 ratio or p-tau-181 were further tested for association with a) Braak stages I-V and b) cognitive function 690 

at baseline and cognitive decline over time. GAM modelling, in line with group-wise comparison results, identified a total 691 

of 10 immune / inflammatory and multifactorial markers to be strongly related to tau pathology and neurodegeneration, 692 
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and in part and to lesser extend to Aβ42/40 ratio. These 10 markers (ferritin, ApoE, sAXL, sTyro3, YKL-40, sTREM2, 693 

MIF, complement C1q, C4, factor H) were included for further analysis, whereas others were excluded. Again, Bonferroni 694 

correction for multiple testing was applied. 695 

Next, we screened all inflammatory biomarkers for relationships with structural measures to define which of the six Braak 696 

ROI were most relevant for further analysis. Following this outline, we first tested whether variance in structure in any of 697 

the six Braak ROIs was explained by CSF neuroinflammation markers by calculating a multivariate regression using the 698 

16 immune / inflammatory markers (excluding the non-tau neurodegeneration and multifactorial markers from the panel), 699 

adjusted for age and sex as critical covariates for structure (figure 3). Only those Braak ROI with significant relations to 700 

inflammatory markers were considered for further analysis. 701 

To assess the relations of the AD-related inflammatory markers to Braak ROI structural measures at a given level of AD 702 

pathology, bivariate Spearman rank correlations were run between each of the markers and Braak structural measures, 703 

adjusted for age, sex, Aβ42/40 ratio and tau pathology. The 95% confidence intervals of the correlations were calculated 704 

based on Fisher’s z-transformation using VassarStats (http://vassarstats.net/rho.html). For comparison of effect strength, 705 

this analysis was also performed for the established Aβ42/40, tau and non-tau neurodegeneration biomarkers. This way, 706 

we could also analyze effect of AD pathology adjustment on the modelling (figure 4A). In addition, we estimated the 707 

effects of the inflammatory markers on Braak regions I – V using GAM adjusting for age, sex and Aβ42/40 ratio and p-708 

tau-181. This analysis was repeated using data available for ACE, including ApoE, sAXL, sTyro3, YKL-40, sTREM2, 709 

MIF, complement C1q, C4, factor H. For ACE, we considered the distinct immunoassays used for routine AD biomarkers 710 

by adjusting for the assay in the model. Furthermore, we fitted different smooth functions for Aβ42 and p-tau-181 for each 711 

array, thereby allowing for a differential association of DA biomarkers depending on utilized assay.  712 

Finally, the association of the cognitive function was assessed using linear mixed models with a latent process as 713 

implemented in the R package lcmm (Proust-Lima et al., 2011, 2017). In contrast to standard linear mixed models, linear 714 

mixed models with a latent process allow adjusting for the frequently observed unequal interval scaling cognitive tests by 715 

modeling non-linear link functions. Herein, a beta cumulative distribution function was used as previously recommended 716 

(Proust-Lima et al., 2011). A random intercept and random slope of time from baseline was modeled. We examined the 717 

effect of markers on the PACC5 at baseline (main effect), the interaction of time from baseline and marker controlling for 718 

age, sex and Aβ42/40 ratio and p-tau-181 and their interaction with time. Again, we repeated this analysis with the ACE 719 

http://vassarstats.net/rho.html
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data with additional adjustment for the assay type (assay indicator and interaction of AD biomarker (Aβ42 and p-tau-181) 720 

with assay indicator as well as their interactions with time), and using the cognition score generated for ACE. 721 

Imaging and cognition analyses were repeated for DELCODE excluding patients with MCI or DAT to test if observations 722 

were mainly driven by patients in later stages of AD. Furthermore, cognition and imaging analyses for DELCODE and 723 

ACE were repeated excluding suspected non-AD pathology (SNAP, all A-T+ and A-N+ subjects), to test if effects were 724 

driven by SNAP subjects in the cohorts. 725 

 726 

727 
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SUPPLEMENTAL ITEM TITLES 728 

Data and analyses related to the figures in this article are provided as supplement tables & figures: 729 

Supplement Tables & Figures Page 

Table S1 Biomarkers by A/T scheme, related to figure 1 2 

Figure S1 Biomarkers by A/T scheme, related to figure 1 5 

Table S2 Cognitive staging with p-tau-181 (T), related to figure 1 6 

Figure S2 Cognitive staging with p-tau-181 (T), related to figure 1 9 

Table S3 GAM analysis of biomarker relations, related to figure 2 10 

Figure S3 GAM analysis of biomarker relations, related to figure 2 11 

Table S4 Adjusted Braak ROI regression model, related to figure 3 13 

Table S5 Bivariate Braak ROI correlation model II, related to figure 4 14 

Table S6 Braak ROI GAM analysis for model II, related to figure 4 15 

Table S7 PACC Score analysis whole cohort, related to figure 5 16 

 730 

Additional tables and figures are provided in Data S1: 731 

Additional Data – DELCODE cohort   

AT 1 DELCODE – Demographic, related to results section and STAR methods 2 

AT 2 DELCODE - Biomarker covariates, related to results section 3 

AT 3 DELCODE - Biomarkers by screening diagnosis (statistics), related to results section 4 

AF 1 DELCODE - Biomarkers by screening diagnosis (figure), related to results section 7 

AT 4 DELCODE - Biomarkers by A/N scheme (statistics), related to figure 1 8 

AF 2 DELCODE - Biomarkers by A/N scheme (figure), related to figure 1 11 

AT 5 DELCODE - Cognitive staging with neurodegeneration (N), related to figure 1 12 

AF 3 DELCODE - Cognitive staging with neurodegeneration (N), related to figure 1 16 

AF 4 DELCODE - Biomarker interrelations, related to results section 17 

AF 5 DELCODE - Biomarker interrelations, adjusted, related to results section 18 

AT 6 DELCODE - GAM analysis of biomarker relations in the CN group, related to figure 2 19 

AT 7 DELCODE - Bivariate Braak ROI correlation analysis model I, related to figure 4 20 

AT 8 DELCODE - Bivariate Braak ROI correlation analysis model II, CN group, related to fig. 4 21 

AT 9 DELCODE - Braak ROI GAM analysis in CN group, related to figure 4 22 

AT 10 DELCODE - Braak ROI GAM analysis SNAP exclusion, related to figure 4 23 

AT 11 DELCODE - PACC Score analysis CN group, related to figure 5 24 

AT 12 DELCODE - PACC Score analysis SNAP exclusion, related to figure 5 25 
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Additional Data – ACE validation cohort  

AT 13 ACE - biomarkers by screening diagnosis (statistics), rel. to results section and STAR methods 26 

AT 14 ACE - biomarkers by A/T scheme (statistics), related to figure 1 28 

AF 6 ACE - biomarkers by A/T scheme (figure), related to figure 1 30 

AT 15 ACE - staging with p-tau-181 (T) (statistics), related to figure 1 32 

AF 7 ACE - staging with p-tau-181 (T) (figure), related to figure 1 34 

AT 16 ACE - GAM analysis of amyloid relations (statistics), related to figure 2 35 

AT 17 ACE - GAM analysis of p-tau-181 relations (statistics), related to figure 2 36 

AF 8 ACE - GAM analysis of AD biomarker relations panel 1, related to figure 2 37 

AF 9 ACE - GAM analysis of AD biomarker relations panel 2, related to figure 2 39 

AT 18 ACE - Braak ROI correlation whole cohort, related to figure 4 41 

AT 19 ACE - Braak ROI correlation SNAP exclusion, related to figure 4 42 

AT 20 ACE - Braak ROI GAM analysis in whole cohort, related to figure 4 43 

AT 21 ACE - Braak ROI GAM analysis SNAP exclusion, related to figure 4 44 

AF 10 ACE - Braak ROI correlation (figure), related to figure 4 45 

AT 22 ACE - Cognition composite score whole cohort, related to figure 5 46 

AT 23 ACE - Cognition composite score SNAP exclusion, related to figure 5 48 

   

AT 24 Immunoassay Specifications, related to STAR methods 49 

 732 

 733 

REFERENCES 734 

Alagaratnam, J., Widekind, S. von, Francesco, D.D., Underwood, J., Edison, P., Winston, A., Zetterberg, H., and Fidler, 735 

S. (2021). Correlation between CSF and blood neurofilament light chain protein: a systematic review and meta-analysis. 736 

BMJ Neurol. Open 3, e000143. 737 

Alawode, D.O.T., Heslegrave, A.J., Ashton, N.J., Karikari, T.K., Simrén, J., Montoliu-Gaya, L., Pannee, J., O Connor, A., 738 

Weston, P.S.J., Lantero-Rodriguez, J., et al. (2021). Transitioning from cerebrospinal fluid to blood tests to facilitate 739 

diagnosis and disease monitoring in Alzheimer’s disease. J. Intern. Med. 290, 583–601. 740 

Alcolea, D., Vilaplana, E., Pegueroles, J., Montal, V., Sánchez-Juan, P., González-Suárez, A., Pozueta, A., Rodríguez-741 

Rodríguez, E., Bartrés-Faz, D., Vidal-Piñeiro, D., et al. (2015). Relationship between cortical thickness and cerebrospinal 742 

fluid YKL-40 in predementia stages of Alzheimer’s disease. Neurobiol. Aging 36, 2018–2023. 743 

Alegret, M., Espinosa, A., Vinyes-Junqué, G., Valero, S., Hernández, I., Tárraga, L., Becker, J.T., and Boada, M. (2012). 744 

Normative data of a brief neuropsychological battery for Spanish individuals older than 49. J. Clin. Exp. Neuropsychol. 745 

34, 209–219. 746 

Alegret, M., Espinosa, A., Valero, S., Vinyes-Junqué, G., Ruiz, A., Hernández, I., Rosende-Roca, M., Mauleón, A., Becker, 747 

J.T., Tárraga, L., et al. (2013). Cut-off scores of a brief neuropsychological battery (NBACE) for Spanish individual adults 748 

older than 44 years old. PloS One 8, e76436. 749 



 PAGE 31 

Andersson, E., Janelidze, S., Lampinen, B., Nilsson, M., Leuzy, A., Stomrud, E., Blennow, K., Zetterberg, H., and 750 

Hansson, O. (2020). Blood and cerebrospinal fluid neurofilament light differentially detect neurodegeneration in early 751 

Alzheimer’s disease. Neurobiol. Aging 95, 143–153. 752 

Baker, S.L., Maass, A., and Jagust, W.J. (2017). Considerations and code for partial volume correcting [18F]-AV-1451 753 

tau PET data. Data Brief 15, 648–657. 754 

Bertens, D., Tijms, B.M., Scheltens, P., Teunissen, C.E., and Visser, P.J. (2017). Unbiased estimates of cerebrospinal fluid 755 

β-amyloid 1-42 cutoffs in a large memory clinic population. Alzheimers Res. Ther. 9, 8. 756 

Beydoun, M.A., Weiss, J., Beydoun, H.A., Hossain, S., Maldonado, A.I., Shen, B., Evans, M.K., and Zonderman, A.B. 757 

(2021). Race, APOE genotypes, and cognitive decline among middle-aged urban adults. Alzheimers Res. Ther. 13, 120. 758 

Boada, M., Tárraga, L., Hernández, I., Valero, S., Alegret, M., Ruiz, A., Lopez, O.L., Becker, J.T., and Fundació ACE 759 

Alzheimer Research Center and Memory Clinic (2014). Design of a comprehensive Alzheimer’s disease clinic and research 760 

center in Spain to meet critical patient and family needs. Alzheimers Dement. J. Alzheimers Assoc. 10, 409–415. 761 

Braak, H., and Braak, E. (1991). Neuropathological stageing of Alzheimer-related changes. Acta Neuropathol. (Berl.) 82, 762 

239–259. 763 

Brosseron, F., Traschütz, A., Widmann, C.N., Kummer, M.P., Tacik, P., Santarelli, F., Jessen, F., and Heneka, M.T. (2018). 764 

Characterization and clinical use of inflammatory cerebrospinal fluid protein markers in Alzheimer’s disease. Alzheimers 765 

Res. Ther. 10, 25. 766 

Brosseron, F., Kolbe, C.-C., Santarelli, F., Carvalho, S., Antonell, A., Castro-Gomez, S., Tacik, P., Namasivayam, A.A., 767 

Mangone, G., Schneider, R., et al. (2019). Multicenter Alzheimer’s and Parkinson’s disease immune biomarker verification 768 

study. Alzheimers Dement. J. Alzheimers Assoc. 769 

Brosseron, F., Kleemann, K., Kolbe, C.-C., Santarelli, F., Castro-Gomez, S., Tacik, P., Latz, E., Jessen, F., and Heneka, 770 

M.T. (2020). Interrelations of Alzheimer´s disease candidate biomarkers neurogranin, fatty acid-binding protein 3 and 771 

ferritin to neurodegeneration and neuroinflammation. J. Neurochem. 772 

Bycroft, C., Fernandez-Rozadilla, C., Ruiz-Ponte, C., Quintela, I., Carracedo, Á., Donnelly, P., and Myers, S. (2019). 773 

Patterns of genetic differentiation and the footprints of historical migrations in the Iberian Peninsula. Nat. Commun. 10, 774 

551. 775 

Cohen, P.L., and Shao, W.-H. (2019). Gas6/TAM Receptors in Systemic Lupus Erythematosus. Dis. Markers 2019, 776 

7838195. 777 

Espinosa, A., Alegret, M., Valero, S., Vinyes-Junqué, G., Hernández, I., Mauleón, A., Rosende-Roca, M., Ruiz, A., López, 778 

O., Tárraga, L., et al. (2013). A longitudinal follow-up of 550 mild cognitive impairment patients: evidence for large 779 

conversion to dementia rates and detection of major risk factors involved. J. Alzheimers Dis. JAD 34, 769–780. 780 

Ewers, M., Franzmeier, N., Suárez-Calvet, M., Morenas-Rodriguez, E., Caballero, M.A.A., Kleinberger, G., Piccio, L., 781 

Cruchaga, C., Deming, Y., Dichgans, M., et al. (2019). Increased soluble TREM2 in cerebrospinal fluid is associated with 782 

reduced cognitive and clinical decline in Alzheimer’s disease. Sci. Transl. Med. 11. 783 

Ewers, M., Biechele, G., Suárez-Calvet, M., Sacher, C., Blume, T., Morenas-Rodriguez, E., Deming, Y., Piccio, L., 784 

Cruchaga, C., Kleinberger, G., et al. (2020). Higher CSF sTREM2 and microglia activation are associated with slower 785 

rates of beta-amyloid accumulation. EMBO Mol. Med. 12, e12308. 786 

Falcone, I., Conciatori, F., Bazzichetto, C., Bria, E., Carbognin, L., Malaguti, P., Ferretti, G., Cognetti, F., Milella, M., and 787 



 PAGE 32 

Ciuffreda, L. (2020). AXL Receptor in Breast Cancer: Molecular Involvement and Therapeutic Limitations. Int. J. Mol. 788 

Sci. 21. 789 

Fischl, B. (2012). FreeSurfer. NeuroImage 62, 774–781. 790 

Fischl, B., Salat, D.H., Busa, E., Albert, M., Dieterich, M., Haselgrove, C., van der Kouwe, A., Killiany, R., Kennedy, D., 791 

Klaveness, S., et al. (2002). Whole brain segmentation: automated labeling of neuroanatomical structures in the human 792 

brain. Neuron 33, 341–355. 793 

Fischl, B., van der Kouwe, A., Destrieux, C., Halgren, E., Ségonne, F., Salat, D.H., Busa, E., Seidman, L.J., Goldstein, J., 794 

Kennedy, D., et al. (2004). Automatically parcellating the human cerebral cortex. Cereb. Cortex N. Y. N 1991 14, 11–22. 795 

Flem-Karlsen, K., Nyakas, M., Farstad, I.N., McFadden, E., Wernhoff, P., Jacobsen, K.D., Flørenes, V.A., and 796 

Mælandsmo, G.M. (2020). Soluble AXL as a marker of disease progression and survival in melanoma. PloS One 15, 797 

e0227187. 798 

Fortea, J., Carmona-Iragui, M., Benejam, B., Fernández, S., Videla, L., Barroeta, I., Alcolea, D., Pegueroles, J., Muñoz, 799 

L., Belbin, O., et al. (2018). Plasma and CSF biomarkers for the diagnosis of Alzheimer’s disease in adults with Down 800 

syndrome: a cross-sectional study. Lancet Neurol. 17, 860–869. 801 

Gao, T., Jernigan, J., Raza, S.A., Dammer, E.B., Xiao, H., Seyfried, N.T., Levey, A.I., and Rangaraju, S. (2019). 802 

Transcriptional regulation of homeostatic and disease-associated-microglial genes by IRF1, LXRβ, and CEBPα. Glia 67, 803 

1958–1975. 804 

Gilchrist, S.E., Goudarzi, S., and Hafizi, S. (2020). Gas6 Inhibits Toll-Like Receptor-Mediated Inflammatory Pathways in 805 

Mouse Microglia via Axl and Mer. Front. Cell. Neurosci. 14, 576650. 806 

Gispert, J.D., Suárez-Calvet, M., Monté, G.C., Tucholka, A., Falcon, C., Rojas, S., Rami, L., Sánchez-Valle, R., Lladó, 807 

A., Kleinberger, G., et al. (2016a). Cerebrospinal fluid sTREM2 levels are associated with gray matter volume increases 808 

and reduced diffusivity in early Alzheimer’s disease. Alzheimers Dement. J. Alzheimers Assoc. 12, 1259–1272. 809 

Gispert, J.D., Monté, G.C., Falcon, C., Tucholka, A., Rojas, S., Sánchez-Valle, R., Antonell, A., Lladó, A., Rami, L., and 810 

Molinuevo, J.L. (2016b). CSF YKL-40 and pTau181 are related to different cerebral morphometric patterns in early AD. 811 

Neurobiol. Aging 38, 47–55. 812 

van Harten, A.C., Jongbloed, W., Teunissen, C.E., Scheltens, P., Veerhuis, R., and van der Flier, W.M. (2017). CSF ApoE 813 

predicts clinical progression in nondemented APOEε4 carriers. Neurobiol. Aging 57, 186–194. 814 

Heneka, M.T., Carson, M.J., El Khoury, J., Landreth, G.E., Brosseron, F., Feinstein, D.L., Jacobs, A.H., Wyss-Coray, T., 815 

Vitorica, J., Ransohoff, R.M., et al. (2015). Neuroinflammation in Alzheimer’s disease. Lancet Neurol. 14, 388–405. 816 

Holstein, E., Binder, M., and Mikulits, W. (2018). Dynamics of Axl Receptor Shedding in Hepatocellular Carcinoma and 817 

Its Implication for Theranostics. Int. J. Mol. Sci. 19. 818 

Huang, Y., Happonen, K.E., Burrola, P.G., O’Connor, C., Hah, N., Huang, L., Nimmerjahn, A., and Lemke, G. (2021). 819 

Microglia use TAM receptors to detect and engulf amyloid β plaques. Nat. Immunol. 22, 586–594. 820 

Ising, C., Venegas, C., Zhang, S., Scheiblich, H., Schmidt, S.V., Vieira-Saecker, A., Schwartz, S., Albasset, S., McManus, 821 

R.M., Tejera, D., et al. (2019). NLRP3 inflammasome activation drives tau pathology. Nature 575, 669–673. 822 

Jack, C.R., Bennett, D.A., Blennow, K., Carrillo, M.C., Feldman, H.H., Frisoni, G.B., Hampel, H., Jagust, W.J., Johnson, 823 

K.A., Knopman, D.S., et al. (2016). A/T/N: An unbiased descriptive classification scheme for Alzheimer disease 824 



 PAGE 33 

biomarkers. Neurology 87, 539–547. 825 

Jessen, F., Spottke, A., Boecker, H., Brosseron, F., Buerger, K., Catak, C., Fliessbach, K., Franke, C., Fuentes, M., Heneka, 826 

M.T., et al. (2018). Design and first baseline data of the DZNE multicenter observational study on predementia Alzheimer’s 827 

disease (DELCODE). Alzheimers Res. Ther. 10, 15. 828 

Jessen, F., Amariglio, R.E., Buckley, R.F., van der Flier, W.M., Han, Y., Molinuevo, J.L., Rabin, L., Rentz, D.M., 829 

Rodriguez-Gomez, O., Saykin, A.J., et al. (2020). The characterisation of subjective cognitive decline. Lancet Neurol. 19, 830 

271–278. 831 

Keren-Shaul, H., Spinrad, A., Weiner, A., Matcovitch-Natan, O., Dvir-Szternfeld, R., Ulland, T.K., David, E., Baruch, K., 832 

Lara-Astaiso, D., Toth, B., et al. (2017). A Unique Microglia Type Associated with Restricting Development of 833 

Alzheimer’s Disease. Cell 169, 1276-1290.e17. 834 

Kloske, C.M., and Wilcock, D.M. (2020). The Important Interface Between Apolipoprotein E and Neuroinflammation in 835 

Alzheimer’s Disease. Front. Immunol. 11, 754. 836 

Loving, B.A., and Bruce, K.D. (2020). Lipid and Lipoprotein Metabolism in Microglia. Front. Physiol. 11, 393. 837 

Lu, Y., Wan, J., Yang, Z., Lei, X., Niu, Q., Jiang, L., Passtoors, W.M., Zang, A., Fraering, P.C., and Wu, F. (2017). 838 

Regulated intramembrane proteolysis of the AXL receptor kinase generates an intracellular domain that localizes in the 839 

nucleus of cancer cells. FASEB J. Off. Publ. Fed. Am. Soc. Exp. Biol. 31, 1382–1397. 840 

Mattsson, N., Insel, P., Nosheny, R., Zetterberg, H., Trojanowski, J.Q., Shaw, L.M., Tosun, D., Weiner, M., and 841 

Alzheimer’s Disease Neuroimaging Initiative (2013). CSF protein biomarkers predicting longitudinal reduction of CSF β-842 

amyloid42 in cognitively healthy elders. Transl. Psychiatry 3, e293. 843 

Meeter, L.H., Dopper, E.G., Jiskoot, L.C., Sanchez-Valle, R., Graff, C., Benussi, L., Ghidoni, R., Pijnenburg, Y.A., 844 

Borroni, B., Galimberti, D., et al. (2016). Neurofilament light chain: a biomarker for genetic frontotemporal dementia. 845 

Ann. Clin. Transl. Neurol. 3, 623–636. 846 

Merilahti, J.A.M., Ojala, V.K., Knittle, A.M., Pulliainen, A.T., and Elenius, K. (2017). Genome-wide screen of gamma-847 

secretase–mediated intramembrane cleavage of receptor tyrosine kinases. Mol. Biol. Cell 28, 3123–3131. 848 

Miller, M.A., Sullivan, R.J., and Lauffenburger, D.A. (2017). Molecular Pathways: Receptor Ectodomain Shedding in 849 

Treatment, Resistance, and Monitoring of Cancer. Clin. Cancer Res. Off. J. Am. Assoc. Cancer Res. 23, 623–629. 850 

Möhle, L., Israel, N., Paarmann, K., Krohn, M., Pietkiewicz, S., Müller, A., Lavrik, I.N., Buguliskis, J.S., Schott, B.H., 851 

Schlüter, D., et al. (2016). Chronic Toxoplasma gondii infection enhances β-amyloid phagocytosis and clearance by 852 

recruited monocytes. Acta Neuropathol. Commun. 4, 25. 853 

Palmqvist, S., Insel, P.S., Stomrud, E., Janelidze, S., Zetterberg, H., Brix, B., Eichenlaub, U., Dage, J.L., Chai, X., 854 

Blennow, K., et al. (2019). Cerebrospinal fluid and plasma biomarker trajectories with increasing amyloid deposition in 855 

Alzheimer’s disease. EMBO Mol. Med. 11, e11170. 856 

Papp, K.V., Rentz, D.M., Orlovsky, I., Sperling, R.A., and Mormino, E.C. (2017). Optimizing the preclinical Alzheimer’s 857 

cognitive composite with semantic processing: The PACC5. Alzheimers Dement. N. Y. N 3, 668–677. 858 

Perea, J.R., Bolós, M., and Avila, J. (2020). Microglia in Alzheimer’s Disease in the Context of Tau Pathology. 859 

Biomolecules 10. 860 

Pereira, J.B., Westman, E., Hansson, O., and Alzheimer’s Disease Neuroimaging Initiative (2017). Association between 861 



 PAGE 34 

cerebrospinal fluid and plasma neurodegeneration biomarkers with brain atrophy in Alzheimer’s disease. Neurobiol. Aging 862 

58, 14–29. 863 

Proust-Lima, C., Dartigues, J.-F., and Jacqmin-Gadda, H. (2011). Misuse of the linear mixed model when evaluating risk 864 

factors of cognitive decline. Am. J. Epidemiol. 174, 1077–1088. 865 

Proust-Lima, C., Philipps, V., and Liquet, B. (2017). Estimation of Extended Mixed Models Using Latent Classes and 866 

Latent Processes: The R Package lcmm. J. Stat. Softw. 78, 1–56. 867 

Ramirez-Lorca, R., Boada, M., Saez, M.E., Hernandez, I., Mauleon, A., Rosende-Roca, M., Martinez-Lage, P., Gutierrez, 868 

M., Real, L.M., Lopez-Arrieta, J., et al. (2009). GAB2 gene does not modify the risk of Alzheimer’s disease in Spanish 869 

APOE 4 carriers. J. Nutr. Health Aging 13, 214–219. 870 

Rangaraju, S., Dammer, E.B., Raza, S.A., Gao, T., Xiao, H., Betarbet, R., Duong, D.M., Webster, J.A., Hales, C.M., Lah, 871 

J.J., et al. (2018). Quantitative proteomics of acutely-isolated mouse microglia identifies novel immune Alzheimer’s 872 

disease-related proteins. Mol. Neurodegener. 13, 34. 873 

Reichl, P., and Mikulits, W. (2016). Accuracy of novel diagnostic biomarkers for hepatocellular carcinoma: An update for 874 

clinicians (Review). Oncol. Rep. 36, 613–625. 875 

Rodriguez-Gomez, O., Sanabria, A., Perez-Cordon, A., Sanchez-Ruiz, D., Abdelnour, C., Valero, S., Hernandez, I., 876 

Rosende-Roca, M., Mauleon, A., Vargas, L., et al. (2017). FACEHBI: A Prospective Study of Risk Factors, Biomarkers 877 

and Cognition in a Cohort of Individuals with Subjective Cognitive Decline. Study Rationale and Research Protocols. J. 878 

Prev. Alzheimers Dis. 4, 100–108. 879 

de Rojas, I., Moreno-Grau, S., Tesi, N., Grenier-Boley, B., Andrade, V., Jansen, I.E., Pedersen, N.L., Stringa, N., 880 

Zettergren, A., Hernández, I., et al. (2021). Common variants in Alzheimer’s disease and risk stratification by polygenic 881 

risk scores. Nat. Commun. 12, 3417. 882 

Schöll, M., Lockhart, S.N., Schonhaut, D.R., O’Neil, J.P., Janabi, M., Ossenkoppele, R., Baker, S.L., Vogel, J.W., Faria, 883 

J., Schwimmer, H.D., et al. (2016). PET Imaging of Tau Deposition in the Aging Human Brain. Neuron 89, 971–982. 884 

Schwabe, T., Srinivasan, K., and Rhinn, H. (2020). Shifting paradigms: The central role of microglia in Alzheimer’s 885 

disease. Neurobiol. Dis. 143, 104962. 886 

Suárez-Calvet, M., Capell, A., Araque Caballero, M.Á., Morenas-Rodríguez, E., Fellerer, K., Franzmeier, N., Kleinberger, 887 

G., Eren, E., Deming, Y., Piccio, L., et al. (2018). CSF progranulin increases in the course of Alzheimer’s disease and is 888 

associated with sTREM2, neurodegeneration and cognitive decline. EMBO Mol. Med. 10, e9712. 889 

Toledo, J.B., Da, X., Weiner, M.W., Wolk, D.A., Xie, S.X., Arnold, S.E., Davatzikos, C., Shaw, L.M., Trojanowski, J.Q., 890 

and Alzheimer’s Disease Neuroimaging Initiative (2014). CSF Apo-E levels associate with cognitive decline and MRI 891 

changes. Acta Neuropathol. (Berl.) 127, 621–632. 892 

Tondo, G., Perani, D., and Comi, C. (2019). TAM Receptor Pathways at the Crossroads of Neuroinflammation and 893 

Neurodegeneration. Dis. Markers 2019, 2387614. 894 

Wood, S.N. (2003). Thin plate regression splines. J. R. Stat. Soc. Ser. B Stat. Methodol. 65, 95–114. 895 

Wood, S.N. (2011). Fast stable restricted maximum likelihood and marginal likelihood estimation of semiparametric 896 

generalized linear models. J. R. Stat. Soc. Ser. B Stat. Methodol. 73, 3–36. 897 

Yin, Z., Raj, D., Saiepour, N., Van Dam, D., Brouwer, N., Holtman, I.R., Eggen, B.J.L., Möller, T., Tamm, J.A., 898 



 PAGE 35 

Abdourahman, A., et al. (2017). Immune hyperreactivity of Aβ plaque-associated microglia in Alzheimer’s disease. 899 

Neurobiol. Aging 55, 115–122. 900 

Zhao, W., Fan, J., Kulic, I., Koh, C., Clark, A., Meuller, J., Engkvist, O., Barichievy, S., Raynoschek, C., Hicks, R., et al. 901 

(2020). Axl receptor tyrosine kinase is a regulator of apolipoprotein E. Mol. Brain 13, 66. 902 

 903 


